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CHAPTER 0 


On Statistics and Statistical 
Methods 


This book deals with a mode of inquiry — a method of investi- 
gating social and natural processes and of providing bases for de- 
cisions in research and administration. Seen in detail, statistical 
techniques are numerous and varied, but in sum they constitute a 
unified, systematic, and logical approach to the study of the affairs 
of man and the order of nature. In their workaday applications 
they furnish investigators and administrators with succinct de- 
scriptive summaries of masses of observations. But we should miss 
the essence of this mode of inquiry if we saw it merely as a collec- 
tion of techniques for summarizing experience, in the form of aver- 
ages, standard deviations, coefficients of correlation, index num- 
bers, trend lines, and seasonal and cyclical patterns. For its use 
does not end with the perhaps prosaic tasks of simple description. 
In broad as well as in narrow spheres it can provide a foundation 
for rational action when a choice must be made among alternative 
procedures. And, perhaps most important of all, in the statistical 
approach we have a means for the advancement of knowledge that 
seems to accord in fundamental ways with the nature of things in 
the world we are seeking to understand. 

In their most significant aspect modern 'statistical techniques 
are procedures for the making of what Dewey has termed war- 
ranted assertions. Such assertions, when statistically based, may 
be estimates or generalizations that go beyond the sample of ob- 
servations immediately studied; they may be decisions that accept 
or reject hypotheses. Inference, in these forms, is the heart of mod- 
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em statistics. In the detailed development of methods of statistical 
inference we shall examine the nature and role of random samples; 
we shall be concerned with populations of persons, things, events, 
and measurements, and with means of estimating the attributes 
of such populations on the basis of samples drawn from them. 
We shall discuss techniques adapted to the testing of hypoth- 
eses. 

These various methods, we have said, seem to accord with reality 
— with the ways of men and of nature in the world about us. To 
explore this subject in detail would take us beyond the direct con- 
cerns of the working statistician. And yet this working statistician 
may properly ask whether his techniques are adapted to the raw 
materials with which he deals. There is much evidence to indicate 
that they are, wliether the statistician he dealing with the mass 
attributes of human beings or of other organic forms, or with the 
behavior of assemblages of physical entities. More than eighty 
years ago Clerk Maxwell wrote, . . our actual knowledge of con- 
crete things is of an essentially statistical nature Those uni- 

formities which we observe in our experiments with quantities of 
matter containing millions of molecules are uniformities . . . arising 
from the slumping together of multitudes of cases each of which is 
by no means uniform with the others.^’ The emphasis Maxwell here 
placed upon aggregates, as opposed to individuals, and upon uni- 
formities in group behavior, is the emphasis that characterizes all 
statistical inquiry. For although omnipresent chance may shape 
the behavior of individuals, making it unpredictable, valid state- 
ments may still be made about aggregates. 

Maxwell was concerned with molecular theory. The statistical 
view of nature that he first made explicit now shapes the approach 
of physical scientists in studies that go far beyond the field of mo- 
lecular phenomena. Indeed, such a view is mandatory wherever 
an element of probability enters into our knowledge of the physical 
world — and there are few areas into which it does not enter. In 
the realms of organic nature and of human relations our present 
funds of useful knowledge rest largely upon conceptions of the same 
statistical character. Such knowledge deals with things that are 
individually indeterminate; the behavior of John Jones, the precise 
yield of corn in a given plot, the transmission of the quality repre- 
sented by a particular gene, the price of w^heat on a given day in a 
competitive market — these are individually unforeseeable and 
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unpredictable. But when each of the entities of which we are speak- 
ing is combined with similar entities we have aggregates in which 
clear uniformities are discernible. It is with such uniformities in 
the behavior of aggregates, whether they be aggregates of mol- 
ecules, of neutrons and protons, of genes, or of human beings, that 
statistical generalizations deal. Because these uniformities are 
nearly always imperfect, although definable and in some degree 
predictable, statistical generalizations are always couched in terms 
of probabilities. Statistical knowledge is thus imperfect, and always 
marked by uncertainty. But it is knowledge that is usable in the 
world of natural and human events. 

Procedures by which such knowledge is established and extended 
are discussed in the pages that follow. They rest, at bottom, upon 
the rational and informed use of data of observation. Since accurate 
and relevant observations are the building blocks of statistical 
inquiry, a word is in order, in this introductory note, about the 
character of the data available to workers in the fields of human 
affairs with whi(;h this hook deals. These data are numerous. They 
often fall short of specific needs, it is true, but they are more ac- 
curate and vastly more comprehensive than those that were avail- 
able a short quarter century ago. For immediate purposes these 
data may be regarded as of two types — those acquired by random 
sampling, and those not so acquired. 

In deriving the statistical generalizations we have spoken of 
the investigator seeks to employ randomly acquired data. What 
this means, in detail, we shall discuss later. Here we shall say, only, 
that sample data drawn from a stated population are randomly 
acquired when the sampling process gives each individual ele- 
ment of that population a definable probability of inclusion in the 
sample. Some of the data available to statisticians today havevbeen 
obtained by procedures that yield truly random samples. Indeed, 
one of the most encouraging of recent developments in the improve- 
ment of social, economic, and business “intelligence” (using that 
word in its military sense) is the growing lise of closely controlled 
survey techniques for obtaining random samples. This is true of a 
number of current compilations made by federal agencies. Private 
investigators, too, in increasing degree, design field studies to yield 
random samples adapted to specific purposes. When randomness 
is thus realized, the methods of generalization and of testing that 
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will be described in the discussion of statistical inference are ap- 
plicable. 

But vast collections of data available for use in social, economic, 
and business research liave not been randomly obtained. They may 
be nonrandom because of the way they were compiled. Statistical 
agencies, both governmental and private, sometimes gather sta- 
tistics that are readily available rather than those that are de- 
sirable for the purpose in hand. (In fact, the truly desirable may be 
quite unavailable.) Or a given set of data may be nonrandom be- 
cause of inevitable interdependence among successive observations, 
a condition usually true of statistics making up time series. In 
dealing with such nonrandom samples probability concepts, and 
modes of inquiry and generalization involving such concepts, do 
not apply, or apply only with important reservations. When these 
methods are misapplied, serious error may result. This is not to 
say that nonrandom observations are of no value. There is much 
information to be gleaned from such data, perhaps all the informa- 
tion needed for particular purposes. In some tasks purely descrip- 
tive statistics may play a pre-eminent role in providing brief and 
effective summaries of varied experience, and may serve as an in- 
dispensable aid to rational judgment. But the careful investigator 
will be scrupulous in limiting the uses to which nonrandom data 
are put, and cautious in generalizing from them. 

These brief introductory remarks anticipate ideas and concepts 
that will l)e developed in the page^ that follow, but they may serve 
a purpose in suggesting to the student of statistics something of 
the nature of the tools we shall be talking about, and of the method 
of inquiry these tools implement. It is a poAverful method, widely 
applicable today in administration and research. Yet, as goes with- 
out saying, it is not all-powerful or all-sufficient. As cautionary aids 
in the application of the metJiods discussed in this book, two gen- 
eral points may be left in the mind of the reader. 

We have spoken of statistical techniques as tools, or instruments, 
and the terms are appropriate. But it is obvious that tools must be 
used with judgment. In statistical work the investigator must have 
the benefit of guiding principles and rational concepts. For the 
.statistician, as statistician, faces tAAo occupational hazards - the 
danger that he Avill overemplia.size tJie accumulation of data, and 
the danger that he will be overconcerned with techniques of ma- 
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nipulating data. The piling up of evidence, quantitative or other- 
wise, is not the object of investigation, nor does indiscriminate 
accumulation necessarily provide a basis for wise decisions. The 
warranted assertions that are sought in all inquiry are achieved 
through the rational use of evidence — the use of empirical data 
in making generalizations that go beyond the limits of observation, 
in testing hypotheses, in modifying hypotheses when they fail 
to accord with relevant observations. The plaj’^ of reason in formu- 
lating theories is checked by reference to the data of observation ; 
the accumulation and manipulation of such data are controlled and 
guided by reason. 

The second general warning may sound equally obvious, but it 
is no less pertinent to the work of the statistician. Techniques can 
never be given priority over substantive knowledge of the field of 
inquiry, over what J. L. Henderson has spoken of as “ . . . intimate, 
habitual, intuitive familiarity with things.^^ Sharp tools may be 
grievously misused without this deep familiarity with reality in 
the area of investigation — and this statement applies with special 
force to the use of statistical techniques. If such techniques are to 
be well and wisely employed they must be adapted, with under- 
standing, to the materials under study. 
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Aspects of Graphic Presentation 


Some Relevant Principles and Basic Procedures 

The explanation of methods of condensing, analyzing, and inter- 
preting quantitative observations must start with the discussion of 
some fundamental considerations that are mathematical rather 
than statistical in character. In doing so it is deemed advisable, 
even at the risk of treading quite familiar ground, to discuss cer- 
tain simple mathematical conceptions to which constant reference 
will be made in later chapters. 

Statistical analysis is (concerned primarily with data based upon 
measurement, expressed either in pecuniary or physical units. The 
methods of coordinate geometry, developed first by the philosopher 
Descartes, greatly facilitate the manipulation and interpretation of 
such data. We briefly summarize some relevant principles of co- 
ordinate geometry. 

Rectangular Coordinates. If two stiaight lines intersecting each 
other at right angles are drawn in a plane, it is possible to describe 
the location of any point in that plane with reference to the point 
of intersection of the two lines. We will call one of the lines (a 
vertical line) Y'Vy the other line (horizontal) X'X, and the point 
of intersection (or origin) 0 (see P'ig. 2.1). If P be any point in the 
plane, we may draw the line PM, parallel to Y'Y and intersecting 
X'X at My and the line PN, parallel to X'X and intersecting 
at N. If we set OM equal to g units and ON equal to h units, 
g and li constitute the coordinates of P, describing its location 
with reference to the origin 0. Thus, in Fig. 2.1, g equals 6 and h 
equals 5. The distance g along the a:-axis is termed the abscissa of 
the point P , while the distance h along the ^/-axis is termed the or- 
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dinate of the point P. (It is a rule of notation always to give the 
abscissa first, followed by the ordinate.) The coordinates of any 
other point in the same plane may be determined in the same way. 
Conversely, any two real numbers determine a point in the plane, 
if one be taken as the abscissa and the other as the ordinate. 


Y 



Y' 

FIG, 2.1. Location of a Point with Reference to 
Rectangular Coordinates. 


A point maj" lie either to the right or left or above or below the 
origin, O. It is conventional to designate as positive abscissas laid 
off to the right of the origin, and as negative abscissas laid off to 
rhe left of the origin, while ordinates are positive when laid off 
above the origin and negative when laid off below the origin. In 
general, the values to be dealt with in economic and social statistics 
lie in the upper right-hand quadrant, where both abscissa and or- 
dinate are positive. 

This conception of coordinates is fundamental in mathematics 
and of basic importance in statistical work. A very simple example 
will illustrate the utility of this device in representing economic 
observations. The figures presented in Table 2-1 may be em- 
ployed. 

These data may be represented graphically on the coordinate 
system, months being laid off along the x-axis and number of auto- 



GRAPHIC PRESENTATION 


mobiles along the !/-axis, as in the accompanying diagram (Fig. 
2.2). In plotting the abscissas, December, is considered as 

located at the point of origin. The x-value of the entry for January, 



FIO. 2.2. Factory Sales of Piissenger Automobiles, by Months, during the 
Year 1954.* 

* Source. Automobile Manufacturers Amociation. 


is thus 1, of the February figure 2, etc. The coordinates of the 
point representing the number of cars sold in January, are 

1 and 454,562; for February the values are 2 and 446,676. The co- 
ordinates for December are 12 and 669,778. The movement of 
automobile sales during the year may be more easily followed if 
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the points are connected by a series of straight lines, as is done in 
the figure. 

TABLE 2-1 

Factory Sales of Passenger Automobiles in the United States, 
by Months, during the Year 1954 * 



Number of 

Month 

pass<*nger cars 


sold 

.January 

-15J,5t)*2 

February 

4 HI, (>70 

Mai eh 

5;i 1,520 

April 

534,007 

May 

407,002 

June 

507,055 

July 

451,(503 

August 

445,300 

September 

300,008 

October 

221,105 

November 

498,218 

December 

000,778 


* Source'* Automobile ManufactuieiH Association. 


Functional Relationship. In the location of any point by means 
of coordinates, it has been pointed out, two values are involved; 
every point ties together and (‘xpresses a relation between two 
factors. In the above case these are months and number of passen- 
ger automobiles sold at factories. With the passage of time the 
volume of automobile sales changes, and the broken line shows the 
direction and magnitude of tJiese changes. Both time and numlx'r 
of cars sold are variablcH, that is, they are (piantities not of constant 
value but characterized by variations in value in the given dis- 
cussion. Thus in Fig. 2.1 tlie abscissa has a fixed value of (i, while 
the ordinate has a fixed value of 5, but in Fig. 2.2 both abscissa 
and ordinate have varying values, the one varying from 1 to 12, 
the other from 221,195 to 009,778. The symbols x and y are, by 
convention, used to designate such variable (luantities as these, 
the former in all cases representing the variable plotted along the 
horizontal axis, the latter representing the variable plotted along 
the vertical axis.' 

Independent and dependent variables. In Fig. 2.2, which depicts 

1 It should be noted that letters at the end of the alphabet are used as symbols for 
variables, while lottiirs at the beginning of thi' alphabet are usi'd as symbols for con- 
slants, i.e., quantities the values of which do not change in the given discussion. 
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the changes^ taking place in automobile sales with the passage of 
time, it will be noted that the latter variable changes by an ar- 
bitrary unit, one month. Having made an independent change in 
the time factor we then determine the change in output taking 
place during the period thus arlntraril}’' chopped out. The variable 
which increases or decreases by increments arbitrarily determined 
is called the independent variable, and is generally plotted on the 
a:-axis. The other variable is termed the dependent variable, and is 
plotted on the //-axis. This dependence may be real, in the sense 
that the values of (he second variable are dc^finitely determined 
by the values of the independent variable, or it ma^^ be purely a 
conventional dei)en(lence of the type described. Time, it should 
be noted, is always plotted as independent, wlien it constitutes one 
of the variables. 

When two variables // and x are so related that the value of y 
is determined by a given value of x, y is said to be a function of x. 
The general (‘xpression for such a relationship is // = fix). Thus the 
speed at. a given moment of a body falling in a vacuum is a function 
of the time it has been falling, the pressuie of a given volume of 
gas is a function of its tem/)erature, the increase* of a given principal 
sum of money at a fix(‘d rate of interest is a fnnetion of time, if the 
values of the independent variable be laid off on the a^-axis of a 
rectilinear chart and the* corn'sponding values of the function (i.e., 
the dependent variable) be laid otf on tlie //-axis, a graphic repre- 
sentation of tlie function wdl be secured, in tlie form of a curve. - 
This concept of functional relationship is a very important one in 
statistical work. Some of the simpler functions may be briefly dis- 
cussed. 

The sii'aiyhf line. The simplest case of relationship between vari- 
a))les is that in which // = x. As an example, the relation between 
the age of a tree and the number of rings in its trunk may be cited. 
A tree (i years old will have (i tings, one 20 years old will have 20 
rings, and so on. This relationship may be represented on a co- 
ordinate chart, several sample values of .r and // being taken. When 
these points are plotted aiul a line drawn through them, we secure 
a straight line passing through the origin (see Tig. 2.3). 

Similarly, any eipiation of the first degree (i.e., not involving xy, 
or powers of x or // other than the fii*st) may be represented by a 

* The KCMioral U'tin “cuivt*” is uw'd to closigruitr anv lino, straight or curved, when 
located with rcfcn'inr to a cooidiiiate system. 
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straight line. The generalized equation can be reduced to the form 
2 / » a + 6a;, where a is a constant representing the distance from 
the origin to the point of intersection of the given line and the 3/- 
axis, and 6 is a constant representing the slope of the given line 
(that is, the ^angent of 
the angle which the line 
makes with the hori- 
zontal). The constant 
term a is called the y- 
intercept. It is clear from 
the generalized equa- 
tion of the straight line 
that when x has a value 
of zero, y will be equal 
to this constant term. 

In the example reprtv 
sented by Fig. 2.3 a is 
equal to 0, and 6 to 1. 

The location of a given 
line depends upon the 
signs of a and b as well 
upon their magni- 



FIO. 2.3. Gmi)h of the Kquution jj — x. 


ludes. The practical problem involved in the determination of 
any straight line is that of finding the values of a and b from the 
data, a problem that will appear in various forms in the discussion 
of statistical methods. 

These points may be illustrated by the plotting of a simple equa- 
tion of the first degree. Thus, to construct the graph of the function, 
// = 2 -f- 3x, various values of x are assumed, and corresponding 
values of y are determined. These may be arranged in the fo^m of 
a table: 


y 

(2 + 3a;) 

- 10 . 
- 4 
2 
8 
14 


Plotting these values and connecting the plotted points, the graph 
illustrated in Fig. 2.4 is secured. It will be noted that since this 
function is linear (that is, the graph takes the form of a straight 
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line) any two of the points would have been sufficient to locate the 
line. The 7/-intercept is equal to the constant term 2, and the tan- 
gent of the angle that the given line makes with the horizontal (the 

slope of the line) is equal to 3, 


8 
7 
6 
5 
4 
3 
2 
I 

X"0 
-1 
-2 
-3 

-4 

-2 -1 0. 1 2 3 4 

y' 

FIG. 2.4. Gni])li of the Kij nation v = - 
+ 3a;. 



the coefficient of x. That this 
curve represents the equation 
is proved by the fact that the 
equation is satisfied by the 
coordinates of every point on 
the curve, and that every pair 
of values satisfying the equa- 
tion is represented by a point 
on the curve. It is character- 
istic of a linear relationship 
tliat if one variable be •in- 
creased by a constant amount, 
the corresponding increment 
of the other variable will be 
constant. In the above case as 
X grows by constant incre- 
ments of 2, for example, the 
constant increment of the y- 
variabl(‘ is h. Series that in- 
crease in this way by constant 
increments are termed arith- 
metic scries. 

Many examples of linear 
relationship between varia- 
bles are found in the physical 
sciences. An example from the 


(‘(ronomic world is found in the growth of money at simple interest, 
that is, interest which is not compounded. If we let r represent the 
rate of simple interest, x the number of years, and y the sum to 
whicli one dollar will amount at the end of x years, the equation of 
relationship is of the form 


y = \ rx 


Since in a given case r will be constant, this is of the simple linear 
type. In statistical work precise relationships of this type rarely if 
ever occur, but approximations to the straight line relationship are 
found constantly. 
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Nonlinear relationship. Nonlinear functions are of many types, 
of which only a few of the more common will be discussed here. 
The student should be fa- jg 
miliar with the general char- 
acteristics of the chief non- 
periodic curves, of which the 
parabolic and hyperbolic 
types, on the one hand, and 
the exponential type on the lo 
other, are the most impor- 
tant. Polynomials are men- 
tioned as a more general 
form of rather wide utility. 

Of periodic functions the sine 
curve is briefly described, 5 
as a fundamental form. 

Functional relationships 
of the parabolic or hyperbolic 
form are quite common in 
the physical sciences, and ^ 
such curves are found to fit 
certain classes of social and ^.5. Pmabola. (.liaph of tho Equation 

economic data. The general ^ ^ ' 

equation, when there is no constant term, is of the form y = ax^\ 
The curve is parabolic when the exponent h is positive, and hyper- 
bolic when b is negative. The two following examples will serve to 
illustrate these types: 

Problem: To construct the graph of the function y = x~. 

X y 

{P) 

- .5 25 

- 4 16 

- :i 9 

- 2 4 

- 1 J 

0 0 

1 1 

2 4 

3 9 

4 16 

5 25 

Tho graph is shown in Fig. 2.5. 
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Problem: To construct the graph of the function y - x"*, for posi- 
tive values of x. 

X y 

ix-^) 

i 3 

1 2 

1 1 

2 i 

3 i 

4 i 

3 i 

The graph of tlie function, an equilateral hyperbola, is shown in 
Fig. 2.0. It should be noted that this equation may also be written 

y = ^ or xy = 1 . 



0 .5 1.0 ^ 1.5 2.0 2.5 3.0 

FIG. 2.6. Ktjui lateral Hyperbola. Graj)h of the Equation 
// = i' ‘ (for positive values of x). 


It is characteristic of relationships of this type that as x changes 
in geometric progression, y also changes in geometric progression. 
Thus, in the example of the parabola given above {y = x-), if we 
select the x values which form a geometric series,*’’ the correspond- 
ing y values form a similar series: 

’ A geomt'trir si‘ra*.s is one each term of which is derived from the preceding term by 
the application of a ijonstaut multiplier 
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r I 2 4 8 16 32 

V 1 4 16 64 256 1,024 

Another class of functions is of the form represented by the equa- 
tion y « a6*. In equations of this type one of the variable quantities 
occurs as an exponent; graphs representing such equations are 
called exponential curves. The example that follows illustrates the 
type. 

Problem: To construct the graph of the function y - 2*, for posi- 
tive values of x. 


y 

( 2 ') 

1 

2 

4 

8 

16 

32 

64 


This graph is plotted in 
Fig. 2.7. 

It has been noted that 
the relationship between 
two variables that increase 
by constant increments 
(constituting arithmetic 
series) may be represented 
by a straight line, and that 
the relationship between 
variables changing in geo- 
metric progression may be 
represented by either a 
parabola or a hyperbola. 
The exponential curve con- 
stitutes a hybrid type. It 



FIG. 2.7. Exponential Curve: Graph of the 
Equation // = 2' (for positive values of x). 


describes a relation in which one variable increases in arithmetic 
progression while the other increases in geometric progression. The 
figures given above illustrate this relationship. 

Extensions of the simple linear form y = a + bXj employing 
higher powers of x, give polynomial expressions of the type 
y - a + bx + co;* + da;® + • • • 
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Here we have a polynomial in one variable; y is & function of x 
alone. In a relationship of this type a specific value of y is given by 
the sum of a finite number of terms, each of which consists of a 
power of X multiplied by a constant. (The constant a may be 
thought of as ax^\) If y is a function of more than one variable, say 
of Wy X, and z, we should have a polynomial in several variables. 
Both forms are extensively applied in statistical practice. 

Periodic functions constitute another distinct type, a class 
represented notably by electrical and meteorological relations, 
though not confined to these fields. The characteristic feature of 
such relations is that values of the dependent variable repeat them- 
selves at constant intervals of the independent variable. The sine 
curve, the liasic type of this class, is illustrated in the following 
example. 

Problem: To construct the graph of tlie function y = sin x. 


X 

U 

(angle in degree's) 

(sin x) 

0° 

.000 

30° 

.500 

00° 

.800 

00° 

1.000 

120° 

.800 

ir)0° 

.500 

180° 

.000 

210° 

- .500 

240° 

— .800 

270° 

- 1 000 

3(K)° 

- .800 

330° 

- 500 

300° 

.000 

300° 

.500 


etc. 


Tlie graph is shown in Fig. 2.8. 

riie full importance in statistical work of securing a mathe- 
matical expression for the relation between two variables cannot 
bo demonstrated until the subject has been further developed. One 
fundamental object is the determination of physical or economic 
regularities underlying observed phenomena. More specifically, 
equations defining such a relation are used in estimating values 
of one variable from given values of the other. Examples through- 
out the book will serve to illustrate how these objects are attained. 
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Logarithms and Their Use in Graphic Presentation. Logarithms, 
wliich play such an important part in general mathematical opera- 
tions, are of equal importance in the manipulation of the raw ma- 
terials of statistics. The characteristics of logarithms, and the 
methods by which they are employed to facilitate arithmetic proc- 
esses, may he briefly reviewed. The detailed discussion is con- 
cerned only with the common system of logarithms of which the 
base is 10. 

The nature of logarithms. Any positive number may be expressed 
as a power of 10. Thus 

1,000 = lOx lOx 10 = 10=’ 

10,000 = 10 X 10 X 10 X 10 = 10^ 

In each case the exponent of 10 (the small number written above 
and to the right) indicates the number of times the figure 10 is 
repeated as a factor. For the integral powers of 10 the exponent is a 
whole number, but for other numbers the ^exponent will contain 
a fractional value. Thus 100 is equal to 10 raised to the power 2, or 
10=^; 110 Is equal to 10 raised to the power 2.04139, or 10^°^*^®. 

The exponent of 10, or the index of the power to which 10 must 
be raised to equal a certain number, is called the logarithm of that 
number. The logarithm of 100 is 2, the logarithm of 110 is 2.04139, 
the logarithm of 998 is 2.99913. These figures all have reference to 
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the base 10, though a system of logarithms might be developed on 
any base. In general, if 

a - 6* 
logb a = c 

which may be read “the logarithm of a to the base b is equal to 
The relation between the given number, the base and the log- 
arithm, when the common system of logarithms is employed, may 
be easily remembered if the following relations are kept in mind: 

100 = 10 -^ 
logio 100 = 2 

The logarithm of any number has two parts, the integral and 
the decimal. The whole number is called the characteristic y and the 
decimal portion is termed the mantissa. The former is determined 
in a given case by inspection, while the mantissa may be obtained 
from logarithmic tables. The characteristic varies with the loca- 
tion of the decimal point, while the mantissa remains the same for 
any given combination of numbers. This fact is illustrated by the 
following figures: 

log of 8,450 = 3.92686 

log of 845 = 2.92686 

log of 84.5 = 1.92686 

log of 8.45 = 0.92686 

log of 0.845 = 9.92686 - 10 

log of 0.0845 = 8.92686 - 10 

In hnding the natural number to which a given logarithm cor- 
responds (such natural numbers are termed antilogarithms), the 
mantissa determines the sequence of figures, while the whole num- 
ber, or characteristic, determines the location of the decimal point. 
For example, in seeking the antilogarithm of 2.17609 it is found 
that the decimal .17609 follows the natural number 1500 in a table 
of logarithms. Since the characteristic is 2, the natural number 
desired must lie between 100 and 1,000, and must therefore be 150. 

A brief study of the following figures, showing the progression 
of numbers corresponding to certain powers of 10, will help to fix 
in mind the relations between the multiples of 10 and their loga- 
rithms, and will enable the characteristic of a desired logarithm to 
be readily determined. 

.0001 .001 .01 .1 1 10 100 1,000 10,000 

10-^ 10-3 10-2 iQ-i iQo iQi 102 103 10^ 
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The exponents of 10 in the lower row are the logarithms of the 
numbers in the upper row. 

It should be noted that the logarithms of all numbers from 0 to 
1 are negative. Thus the logarithm of 0.845 is - 1 + .92686; this 
is written 9.92686 - 10. In covering the range of all positive natural 
numbers from zero to infinity, logarithms traverse all positive and 
negative values. A negative natural number, therefore, can have 
neither a positive nor a negative logarithm. 

The advantage of thus expre.ssing numbers as powers of 10 lies 
in the fact that the ordinary arithmetic operations of multiplica- 
tion, division, raising to powers, and extracting roots are greatly 
facilitated by this procedure. 

To multiply numbers, add their logarithms. The sum of the loga- 
rithms of the factors is the logarithm of their product. In general 
terms : 

a* X 


Specifically, putting a = 10, 5 = 2, c = 3: 

102 X 10 ’ = (10 X 10) X (10 X 10 X 10) = 10" = 100,000 
100 X 1,000 = 100,000 

To divide one number by another, subtract the logarithm of 
the latter from the logarithm of the former. The remainder is the 
logarithm of the desired quotient. 

In general terms: 

a" -i- 


Specifically, putting a = 10, 6 = 5, c = 2: 

, 10x10x10x10x10 

^ ■ 10 X 10 

100,000 ^ 100 


1,000 

1,000 


To raise a given number to any power, multiply the logarithm 
of the number by the index of the power. The product is the loga- 
rithm of the desired power. 

In general terms: 

(a^y = 

Specifically, putting a = 10, 6 = 3, r = 2: 

(10»)2 = (10 X 10 X 10) X (10 X 10 X 10) = 10« = 1,000,000 

1,0002 = 1,000,000 
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To extract any root of a given number, divide the logarithm of 
the number by the index of the root. The quotient is the logarithm 
of the desired root. 

In general terms: 

Spec-ifically, putting a = 10, 6 = 3, = 0: 

= 10 ^ = 10 “ = 100 
1 , 000,000 = 100 

In summary: 

log (a X 6) = log a + log b 
log (a 6) = log a - log b 
log a'* = 6 X log (I 
log Vn = log a b 

Logarithmic equations. The graphic representation of data by 
means of a system of re(d-angular coordinates has been described 
above and some of the advantages of this method have been out- 
lined. For many purposes it is desirable to plot logarithms rather 
than the natural numbers themselves. This may result in bringing 
out significant, relations more distinctly, or it may serve greatly to 
simplify and facilitate the manipulation of data. In particular, 
wlum it is possible tliroiigh the use of logarithms to reduce a com- 
plex curve to the straight line form, a distinct gain has been made 
in the direction of simplicity of treatment and interpretation. 

A linear ecpiation, it will be recalled, is of the general form 
// = r? + b.v, where a and b are constants t hat measure, respectively, 
the //-intercept of the given line and the slope. The simplification 
of equations through the use of logaritluns involves in all cases 
the substitution of log x or log //, or both, for the x or y variables, 
thereby reducing an equation of a higher order to a simpler form. 

This process may be illustrated with reference to the equation 
y - J-. When plotted on rectangular coordinates this equation 
gives a curve of the parabolic type (see Fig. 2.5). Reduced to loga- 
rithmic form this becomes log y = 2 log x. This equation, in which 
the variables are log y and log x, is linear in form. It is plotted in 
Fig. 2.9, for positive values of log x. To indicate the relations in- 
volved, natural numbers corresponding to the logarithms are given 
on scales to the right and at the top of the figure. The natural num- 
bers appearing on the scales constitute geometric series, while their 
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Natural Numbers 



Scale of Logarithms 

FIG. 2,9. Graph of the Equation log // = 2 log j 
( logarithmic form of the equation // = x^). 


logarithms form arithmetic series. It will be noted that equal dis- 
tances on the chart, vertical or horizontal, represent, equal absolute 
increments on the scale of logarithms and equal percentage incre- 
ments on the scale of natural numbers. 

The equation y = can be reduced in the same way to log y = 
log 5 + 3 log X, a linear form. Similarly, all equations of the type 
y = that is to say, all simple parabolas and hyperbolas, can 
be reduced to the straight line form log y = log a + h log x. (Graph- 
ically this means plotting the logarithms of the ^’s against the 
logarithms of the x’s. 

A different problem is presented by an equation of the type y = 
the graph of which is termed an exponential curve. Expressed 
in logarithmic form, we have log y = log a + x log 6. This also is of 
the linear type, the two constants being log a and log 6, while the 
variables are x and log y. If we plot the natural x’s and the logs of 
the ?/\s with such an equation, a straight line will be secured. A 
curve of this type is discussed and illustrated below. 

Logarithmic and semilogarilhmir charts. There are certain dis- 
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advantages to the plotting of logarithms, however. If a considerable 
number of points are being plotted the task of looking up the loga- 
rithms may be tedious, and, in addition, the original values, in 
which chief interest lies, will not appear on the chart. These diffi- 
culties may be avoided by constructing charts with the scales laid 
off logarithmically, but with the natural numbers instead of the 
logarithms appearing on the scales. This is an arrangement identi- 
y cal with that employed in 

^ the construction of slide 

9 > rules. Thus, although the 

^ J natural numbers are given 

^ on the scales, distances are 

6 -f- proportional to the loga- 

5 / rithms of the numbers 

J thereon plotted. In Fig. 

4 2.10 such a chart is pre- 

/ sented, showing the graph 

2 / of the equation y = 

7 A variation of this type 

/ of chart which is of great 

/ importance in statistical 

2 work is one that is scaled 

/ arithmetically on the hori- 

/ zontal axis and logarith- 

/ mi cally on the ver ti cal axis. 

/ This is equivalent, of 

I— lx course, to plotting the x’s 

^ 2 3 4 5 on the natural scale and 

of the Equation y = plotting the logarithms of 
the 1 / s. As was pointed out 
above, such a combination of scales reduces a curve of the expo- 
nential type to a straight line. Plotting paper of this semiloga- 
rithmic or “ratio” type may be constructed with the aid of a slide 
rule or of logarithms, or may be purchased ready-made. It is of 
particular value in charting social and economic statistics when 
time is one of the variables, time being plotted on the arithmetic 
scale. 


As an example of this type of curve the compound interest law 
may bo used. If r be taken to represent the rate of interest, x the 
number of years, p the principal, and y the sum to which the prin- 
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cipal amounts at the end of x years (interest being compounded 
annually), an equation is secured of the form 

2/ * p(l + tY 

Expressed logarithmically this becomes 

log 2 / « log p + X log (1 + r) 
the equation to a straight line. 

In Fig. 2.11 a curve representing the growth of $10 at compound 
interest at 6 percent is plotted on the natural scale. This is the 
graph of the exponential 
equation 

y - 10(1 + .06)- 

y representing the total 
amount of principal and 
interest at the end of x 
years. Figure 2.12 shows 
the same data plotted on 
semilogarithmic paper, 
the exponential curve 
being reduced to a 
straight line. 

The use of semiloga- 
rithmic paper is not con- 
fined to cases in which 
an exponential curve is 
straightened out, for the 
significance of many 
types of data is most 
effectively brought out 
when charts of this type are used. These advantages are more fully 
explained below. 

Types of Graphic Presentation 

When the results of observations or statistical investigations 
have been secured in quantitative form, one of the first steps to- 
ward analysis and interpretation of the data is that of presenting 
these results graphically. Not only is such procedure of scientific 
value in paving the way for further investigation of relationships, 



0 10 20 30 40 50 60 70 80 90 100 


Years 

FIO. 2.11. The Compound Interest Law: Growth 
of 810.00 at Compound Interest at 6 Percent for 
100 Years (plotted on arithmetic scale). 
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Dollart 



FIG. 2.12. The Compound Interest Law: (irowth of $10.00 at Com- 
pound Interest at 0 Percent for 100 Years (plotted on semilogarithmic 
or ratio scale). 


but it serves an immediate practical purpose in visualizing the re- 
sults. The interpretation of a column of raw figures may be a diffi- 
cult task; the same data in graphic form may tell a simple and 
easily understood story. 

It is beyond the scope of this book to present any detailed ac- 
count of (he multiplicity of graphs employed by engineers and stat- 
isticians today. Certain of the more important principles of graphic 
presentation may be briefly explained, however, and some of the 
chief types of graphs in daily use may be illustrated. Other ex- 
amples appear in later chapters of this book. 

The selection of (he type of chart to be employed in a given case 
will depend upon the character of the material to be plotted and the 
purpose to be served. While the data of a given problem may fre- 
quently be presented graphically in several different forms, there 
is generally one type of chart best adapted to that material. It 
may be true, also, that certain types would be quite inappropriate 
to the data in question. The selection of a type of chart to employ, 
therefore, must be made with the characteristics of the data clearly 
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in mind. Perhaps more important is the purpose the given chart is 
designed to serve. Each of the many types of charts in common use 
is appropriate to certain specific purposes. It will bring out certain 
characteristics of the data or will emphasize certain relationships. 
There is no chart that is sovereign for all purposes. Until the pur- 
pose is clearly defined the best chart form cannot be selected. The 
following descriptions of a few standard types will facilitate the 
selection of an appropriate form. 

The Plotting of Time Series. In the graphic presentation of a 
time series, primary interest attaches to the chronological varia- 



1929 31 33 35 37 39 41 43 45 47 49 51 1953 

FIG. 2 . 13 . Annual Expenditures for Producers’ Durable Equipment, United States, 
1929 - 1953 .* 

* Source Office of Buainess Economics, U S. Department of Coininoroe 

tions in the values of the data — to the general trend and to fluc- 
tuations about the trend. If the purpose is to emphasize the abso- 
lute variations, the differences in absolute units between the values 
of the series at different times, a simple chart of the type illustrated 
in Fig. 2.13 will serve the purpose. This chart depicts total annual 
expenditures for producers^ durable equipment in the United States 
during the period 1929-1953. Expenditures for such equipment are, 
of course, one of the major components of gross private domestic 
investment. Both scales are arithmetic. Points representing the 
various annual values are shown and, to facilitate interpretation, 
these points are connected by a series of straight lines. The chart 
traces clearly the drop in equipment purchases that came with the 
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1929 recession, the fluctuations of the following decade, and the 
rise to unprecedentedly high levels in the years following the war. 

With respect to general make- 
INDUSTRIAL PRODUCTION following points should 

100 noted : 

\/ ^ 1. The title constitutes a clear 

description of the material plot- 
/ \ ted and indicates the period 

"construction/ \ covered. 

/ \ 2. The vertical scale begins at the 

jQQ /L enabling a true im- 

/ \ pression to be gained of the 

/ \ magnitude of the fluctuations. 

90 - / 3. The zero line and the line 

/ joining the plotted points are 

ftn A / ruled more heavily than the co- 

ordinate lines. 

— — 4. Figures for the scales are placed 

MANUFACTURERS' SALES at the left and at the bottom of 

100 \ the chart. The vertical scale 

^ may be repeated at the right to 

=sr V == facilitate reading. All figures are 

I so placed that they may be read 

_ / from the base as bottom or from 

/ the right hand edge of the chart 

RETAIL SALES / as bottom. 

100 

f Figure 2.14 is a line chart 

2 Q.\ / serving a different purpose. 

\J Here are shown patterns of 

, seasonal variation in five basic 

— economic series. The plotted 

NON-AGRICULTURAL employment • j i. i. 1 X V 

indexes fluctuate about a base 

j F M A M J J A s oITd' 100, which represents. 


MANUFACTURERS' SALES 


non-agricultural employment 


J F M A M J 


Fio. 2.14. Seasonal Movements of Five for each series, an average an- 
EeoDoinic Indicators.* nual value.^ The sharp con- 

* Sl-vc among seasonal rhythms 

i«ue or the Ba of that Bank 

clearly revealed by the paralleling of graphs in this arrangement. 

Advantages of the ratio chart. If relative rather than absolute varia- 
tions are of chief concern, the chart employed should be of the 
semilogarithmic type, scaled logarithmically on the 2 /-axis and 

♦ The construction of index numbers of seasonal variation is discussed in Chapter 11, 
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arithmetically on the x-axis. In such a chart, as we have noted, 
equal percentage variations are represented by equal vertical dis- 
tances, as opposed to the ordinary arithmetic type in which equal 
absolute variations are represented by equal vertical distances. 
The argument for the use of the semilogarithmic or ratio chart for 
the representation of time series is that, in general, the significance 
of a given change depends upon the magnitude of the base from 
which the change is measured. That is, an increase of 100 on a base 
of 100 is as significant as an increase of 10,000 on a base of 10,000. 



100 -- 

1929 31 33 35 37 39 41 43 45 47 49 51 53 1954 

FIO. 2 . 15 . Average Weekly Production of Steel Ingots and Castings 
in the United States, 1929-1954 * (plotted on semilogarithmic scale). 

* Source: Amerioan Iron and Steel Institute. 

In each case there is an increase of 100 percent. The absolute in- 
crease in the second case is 100 times that in the first case, and the 
two changes would show in this proportion on the arithmetic chart. 
They would show as of equal importance on the semilogarithmic 
chart. 

Such a chart is presented in Fig. 2.15, which shows the course of 
steel production in the United States from 1929 to 1954. The abso- 
lute magnitudes are plotted, but the vertical scale is so constructed 
as to represent variations from year to year in proportion to their 
relative magnitude. 

Certain distinctive advantages of the ratio or logarithmic ruling 


28 


ORAPHIC PRESENTATION 


are brought out by a comparison of Fig. 2.16 and Fig. 2.17. Here 
are shown exports of the United States, from 1939 to 1953, to four 
broad continental divisions. If the six series are to be presented on 
a single chart, sealed arithmetically, a scale must be selected that 
will include the largest item recorded, which is for $9,344,000,000 



* Sotirrp BwriMiii of thf Coiwm, U S Department of Commerce (summarized in the Statiahcal Abatraet 
of the U S , 1953 and tlie Economic Almanac of the National Industrial Conference Board, 1953-1964) 


worth of exports to Europe, in 1944. Such a scale reduces the rela- 
tive importance of all the smaller magnitudes. Fluctuations in ex- 
ports to Europe during this period were much greater, in absolute 
terms, than the fluctuations in trade with other divisions. Varia- 
tions in trade with Oceania, at the other extreme, seem insignifi- 
cant. If one is interested in relative variations such a picture is 
quite misleading. When the data are plotted on the ratio scale, in 
Fig. 2.17, the picture is placed in truer perspective. Movements at 
the lower end of the scale are discernible, and the relative ampli- 
tudes of changes in the ^'olume of exports to different divisions may 
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FIO. 2.17. Exports of the United States to Selected Continental Divisions, 1929- 
1953. Semilogarithmic Plotting, with Scales of Increase, Decrease, and Comparison. 
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be determined. For the comparison of series that differ materially 
in magnitude, the ratio ruling has distinct merits. 

The scales printed below Fig. 2.17 emphasize certain very useful 
features of the logarithmic ruling. The scale of increase may be used 
to measure with a fair degree of accuracy the increase in a given 
series between any two dates. A given vertical distance on the 
chart, it will be recalled, represents a constant percentage increase 
at all points on the chart. Thus the distance from 1 to 10, along the 
vertical scale, is the same as the distance from 100 to 1,000. Any 
vertical distance may he measured, and the percentage of increase 



1944 1945 1946 1947 1948 1949 1950 1951 1952 1953 1954 
FIO. 2.18. New Nonfarai HousinR Starts iii the United States, 1944- 
54, ^^ith Lines Defininj; Uinfoiin Hates of Growth.* 


• SiMircc* e S Siirenu of LiiUir StHtiHtiiw 


wdiich it represents mav be det,ermined by laying off the given dis- 
tance along the scale of increase, which is alw^ays read from the 
bottom up. For example, to determine, for exports to Europe, the 
degree of increase from 1939 to 1941, we measure the vertical dis- 
tance between the points plotted for these two years. Laying off 
this distance along the scale, it is found to represent an increase 
slightly in excess of 40 percent. 

The scale of decrease is used in a similar fashion. The vertical 
distance between any two points is measured, and the percentage 
decrease which it represents is determined by laying off the given 
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distance on the scale from the top downward. The arrows indicate 
the direction in which the various scales are to be read. 

By means of the scale of comparison the percentage relation of 
one series to another at any time may be determined. For example, 
we may wish to know the percentage relation between exports to 
Northern North America and exports to Latin America in 1951. The 
vertical distance between the two plotted points is measured, and 
laid off on the scale of comparison, reading from the top downward. 
We find that exports to Northern North America in that year 
amounted to about 70 percent of exports to Latin America. 

Scales of the type illustrated above may be readily constructed 
on a given chart by using the ratio ruling for the scale intervals. 
When a series of charts is prepared on semilogarithmic paper of a 
standard type it is convenient to construct such scales in a more 
permanent form, in the shape of special rulers. 

A ratio chart is particularly useful when interest attaches to 
rates of growth (or decline) over a considerable period of time. In 
such a case, the reading of the chart is facilitated by the plotting of 
straight diagonal lines indicating uniform rates of change. These 
should radiate from a single point of origin. The procedure is illus- 
trated in Fig. 2.18. Each of the several diagonal lines there shown 
indicates changes at a uniform annual rate. By reference to these 
lines the user of the chart may readily determine the approximate 
rate of growth of the plotted series between any two years. 

The chief advantages of the semilogarithmic ruling in chart con- 
struction may be briefly summarized: 

1. A curve of the exponential type becomes a straight line when plotted 
on a semilogarithmic chart. For example, a curve representing the growth 
of any sum of money at compound interest takes the form of a straight 
line when so plotted. 

2. The graph will be a straight line so long as the rate of increase or ^de- 
crease remains constant. 

3. Equal relative changes are represented by lines having equal slopes. 
Thus two series increasing or decreasing at equal rates will be repre- 
sented by parallel lines. 

4. Comparison of the rates of change in two or more series is effected by 
comparison of the slopes of the plotted lines. 

5. The semilogarithmic ruling permits the plotting of absolute magnitudes 
and the comparison of relative changes. 

6. Comparison of series differing materially in the magnitude of individual 
items is possible with the semilogarithmic chart. 

7. Percentages of change may be read and percentage relations between 
magnitudes determined directly from the chart. 
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The Use of Bar Charts for the Comparison of Magnitudes and of 
Relative Values. A simple column diagram may be useful in the 
comparison of aggregates, when attention is to be drawn to abso- 
lute differences. The eye readily distinguishes such differences as 
those represented in Fig. 2.19, showing total income payments to 
individuals in six New England states in 1952. The bars may be 
drawn vertically, as in the example just cited, or horizontally, as 
in Fig. 2.20. The latter diagram gives the ranking of ten leading 



FIG. 2.19. Total Income Payments to Individuals, New England 
States, 1952.* 


* Sijuroo U S, Dopurtiiiont of Comiiierfp 

cities of the United States, by population in 1950. The horizontal 
representation is particularly advantageous when the chart-maker 
wishes to present the data with the corresponding bars. 

Columns may be employed effectively in setting forth, for com- 
parison, the relativ^e values of several time series for a stated period 
or date. Fig. 2.21 shows the standing of six elements of the price 
system in October, 1954, with reference to 1939 as base. The wide 
range of variation is well brought out by this presentation. 

Further examples of column diagrams, as employed in the repre- 
sentation of frequency distributions, are contained in the next 
chapter. It is there shown how a frequency polygon or frequency 
curve may grow out of the simple bar diagram, when data of cer- 
tain kinds are being handled. Such frequency curves constitute very 
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important graphic types, but it will be apprc^riate to treat them 
in full at a later point. 

Representation of Component Parts. Bar diagrams are well 
adapted to the showing of the component parts of a given aggre- 
gate. These parts may be given in absolute terms, as in Fig. 2.22. 
This particular illustration shows the same aggregate, the total in- 
vestment funds of state and local governments’ in the United States 

Population in Millions 

0 2 4 6 8 

City Population 

New York 7.891.957 

Chicago 3,620.962 

Philadelphia 2.071.605 

Los Angeles 1,970,358 

Detroit 1,849,568 

Baltimore 949,708 

Cleveland 914,808 

SLLouls 856,796 

Washington 802,178 

Boston 801,444 


FIG. 2.20. Ranking of Ten l^eading Cities of the United States according 
to Population as of April 1. 1950.* 

* Source of data' Bureau of the Census, U S Department of Commerce (as presented in the 
Economic Almanac, National Industrial Conference Board, 1953-1004) 



during the six-year period 1948-1953, broken up in two ways, to 
show the sources of these funds and the uses to which they have 
been put. In another form, exemplified by Fig. 2.23, the diagrams 
may show the percentage distribution of an aggregate among its 
parts at a given date, or at different times. This figure defines the 
changing industrial composition of the work force of the United 
States over the period 1870-1950. 
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FIO. 2.21. Itelations ainon^ Klementfi of the f’rice Structure, November, 
1954* (1939 = 100). 

* Sourof* U H Him>ai of Lalw • StatiHtioM, U S Dcr>artinent of Com erre, U H, Department of 
Agnenlttn-e, Eiii)i7i«4 tug AVmn Record 
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FIO. 2.22. Sources and Uses of the Investment Funds of State 
and Local Governments AggreRated for the Period 1948-1953.* 

* Business Economics, U B Department of Commerce 

^nnitions (It terms are given in Private and Public Debt m 1053 " by H D 
^borne and J. A. Qorman. .Survey oS CwrwnX Bunntta, October lOM.'from which 


the chart le reproduced. 
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FIG. 2.23. The Clianging Industrial Composition of the Work Force of the United 
States, 1870-1950.* Percentage Distribution in Each of Five Census Years. 


“Industrial Classes in the United States, 1870 to 1950,” by Tillman M. Sorkc, Journal o] tkr 

American Statiahcal Asauciation, June, 1954 F< the period 1870-1030, the aRRreiratc to .which the plotted 
percentuRes relate is the total of Rainful workei i, for 1950 the aRRrogate is the lalior force of the country. 



1945 1946 1947 1948 1949 1950 1951 1952 1953 1954 
FIG. 2.24. Expenditures for New Construction in the United 
States, and Three Components Thereof. Monthly Averages, 
1945-1954.* 

* Source of data- Compiled by various federal agencies, published in Beonomie 
Tndteatore bv the Joint Committee on the Economic Report. 
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Shifts, over time, in the absolute magnitude of a given aggregate 
and in its composition may also be shown by a modification of the 
ordinary line chart. New construction in the United States in- 
creased materially during the nine years following the end of World 
War II; the elements of the total advanced at varying rates. The 
record is graphically depicted in Fig. 2.24. 


YEARS 



I I I I I I I I I 1 1 1 r 

76 54321012345 


Percentage Percentage 

FIG. 2.25. Stnicture of the Population of the UnittMl States, 

1950, Showing Percentage Composition by Age and Sex.* 

* Sourpc BuroHii of the Ceiutus, U*S Department of Commerce 

Representation of Population Structure. A distinctive type of 
chart has been used to define the age structure of the population, 
by sexctf. The characteristics of the population of the United 
States, in 1950, in these respects, are shown by Fig. 2.25. (Those 
85 years old or over are not included.) These diagrams change 
their shape over time, of course, as age structure varies, but ordi- 
narily these changes occur slowly. A picture of a violent alteration 
in botli sex and age structure is given by Fig. 2.26. The ravages of 
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May, 1939 Aug., 1945 


FIG. 2.26. Struotur e of the Population of Berlin, 1939 and 1945, Showing Composi- 
tion by Age and Sex.* 

* Source Staltshaehe Praxis, Monatfizutschrift den StatiKtischen Zcntralamto, Berlin, Octol>er 1048. 

war on the population of Berlin during the brief period of six years 
from 1939 to 1945 are here dramatically depicted. 

Note on Procedures in Graphic Presentation. The various illus- 
trations given above will serve as examples of the methods em- 
ployed in the graphic representation of observations. Much, of 
course, has been left uncovered concerning the art of graphic por- 
trayal. Principles of effective, pleasing, and honest design have 
been developed in recent decades, and progress has been made in 
the standardization of practices in chart making. Although we 
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cannot here set forth these principles in detail, the interests of the 
beginner may be served by a summary statement of certain recom- 
mended procedures in the plotting of time series. 

1. Grids should be so proportioned as not to distort; the facts. (Grid is 
the term used to define the area or field composed of coordinate rul- 
ings.) It is perhaps obvious, but worthy of emphasis, that the relation 
between the a:-scale (time) and the y-scale (amount) used in portraying 
a given series of observations has a determining influence on the ap- 
pearance of a plotted curve, and on the impression given to the chart 
reader. 

2. The amount scale should normally include the zero value or other 
principle point of reference. In plotting relatives on a stated base, 
taken to be 100, the point of reference is of course the 100 value. 

3. When the zero value or other principle point of reference is omitted, 
the fact should be clearly indicated in a manner that will attract notice. 
This omission may be indicated by a wavy line across the bottom of 
the grid, or by means of a straight line waved at one end. 

4. The horizontal axis, zero line, or other line of reference should be ac- 
c^entuated so as to indicate that it is the base of comparison of values. 

5. It is advisable not to show any more coordinate lines than are necessary 
to guide the eye in reading the diagram. 

fi. The curve lines of a diagram should be sharply distinguished from the 
ruling. C'urves should be sufficiently heavy to attract immediate at- 
tention and to impress a visual image on the mind of the reader. 

7. Numerals defining the amount scale (the ^-scale) should be so written 
and placed that they will clearly indic^ate the value of the horizontal 
rulings. 

8. A caption should always accompany the scale numerals unless the 
scale units are othenvise indicated. 

9. Time scale designations should b(* so arrang(^d as to facilitate the 
mading of the time values for all plotted points on the curves. 

10 When more than one curve appears on a chart, each curve should be 
clearly identified by an appropriate label or key. 

11. The title of a diagram should he made as clear and complete as pos- 
sible, The main title should give the reader a quick understanding of 
what the chart is about. Matenal serving to complement or supple- 
ment the main title should be placed in a subtitle.'^ 




CHAPTER 


The Organization of Statistical 
Data: Frequency Distributions 


Our systematic discussion of statistical procedures opens here, 
with the investigator possessed of the body of observations that 
make up a sample. It is assumed that these observations relate to 
a quantity that may take different numerical values ~ that is, 
that we are dealing with a variable. The data may have been com- 
piled in the first instance by the statistician himself,’ or they may 
have been obtained from primary or secondary sources. Before 
generalizations or tests may be based upon these materials, organ- 
ization of the observations is usually necessary. 

Preliminary Considerations and Operations 

At the outset we should distinguish between problems arising in 
the analysis of observations ordered in time and problems involved 
in the treatment of o])servations not so ordered, or for which the 
time order is not relevant to the object of inquiry. In studying a 
time series the primary objecd is to measure and analyze the chron- 
ological variations in the value of the variable. Thus one may study 
variations in sides over a period of years, fluctuations in the pro- 
duction of bituminous coal, changes in the level of wholesale prices, 
or the movements of national income from year to year. Quite 
different is the procedure in the study of such a problem as income 
distribution at a given time. Here we are desirous of knowing how 
many income recipients in the United States fall in each of a num- 

* PractiCTP ompl()v<*tl iii Iho field work of tttimpliiig, and some sampling DrinciDles 
ai'c treutcd ui Chapter 19 . ^ * 
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ber of income classes. The general prol^lem of organization in this 
latter class of cases is to determine .hgw many times each value of 
a variable is repeated and how thesWvalues are distributed. Data 
of this sort, when organized, constitute a frequency series ^ as op- 
posed to the time or historical series. The methods appropriate to 
these two types of data differ fundamentally and will therefore be 
treated separately. In the present section we are concerned with 
the organization and preliminary treatment of data not arranged 
in order of time. 

We may here recall the distinction drawn in Chapter 1 between 
statistical description and statistical inference. The present chap- 
ter and the two next following are concerned solely with problems 
of description. In the consideration of these problems, however, we 
should bear in mind their relation to the processes of inference that 
constitute the heart of statistical method. We shall open the dis- 
cussion of these processes in Chapter h. One minor but practical 
aspect of the distiii(;tion between description and inference should 
be noted here, since it bears upon tlie language and symbols we 
shall employ. We shall speak of a measure derived from a sample 
as a statistic. Such a statistic may be an end in itself, as a quantita- 
tive description of an attribute of the sample. More often the sta- 
tistic is of use to us as a basis for an estimate of the corresponding 
attribute of the parent population. A measure defining such a popu- 
lation attribute is called a parameter. It is a useful general rule (al- 
though there are exceptions to it) to use Latin letters as symbols 
for statistics, Greek letters as symbols for parameters. 

Raw data. When quantitative data of the type with which the 
statistician works are presented in a raw state they appear as 
masses of unorganized material, without form or structure. They 
may have been drawn from tlie records of family saving, or from 
the production or sales records of a business establishment; they 
may represent a miscellaneous collection of price quotations. If 
the data have been gathered by other agencies they may already 
have been arranged in the form of a general table, but this form 
may be entirely unsuited to the particular object in the mind .of 
the investigator. The first task of the statistician is the organiza- 
tion of the figures in such a form that their significance, for the 
purpose in hand, may be appreciated, that comparison with masses 
of similar data may be facilitated, and that further analysis may 
be possible. Data, the results of observation, must be put into defi- 



FREQUENCY DISTR»UnONS 


4R 

nite form and given coherent structure before the generalizations 
and tests that constitute the process of inference are possible. 

The figures that follow, representing the earnings during a given 
week of 220 individuals engaged in piece work in textile manu- 
facturing, will serve as an example of such data in their raw state. 


Weekly Earnings of 


149.86 

859.85 

8 ♦4,40 

867.10 

48.66 

50.50 

53.80 

51 .05 

50.55 

48.40 

.50.40 

45.10 

50.10 

51.65 

.55.40 

.50.30 

58.20 

60.50 

48 35 

48.50 

47.55 

42.60 

52.65 

45.30 

51.45 

♦6.05 

46.95 

46.40 

45.30 

♦8.65 

.50.15 

51 .35 

49.20 

50.45 

.56.<K) 

49.55 

49.60 

54.50 

,50.45 

♦5.85 

52.25 

54.10 

50 20 

,51.25 

60.35 

50 66 

40 45 

.58 15 

45.66 

35.65 

43.30 

47.70 

62.00 

49.65 

48.65 

52 60 

48.10 

46.00 

52 95 

51.25 

46.45 

.50.70 

40.40 

50.30 

50.00 

46.60 

47.60 

53.10 

56.70 

55.25 

.52.30 

41.85 

42.20 

50.25 

♦7.00 

55.95 

53,45 

46.45 

49.15 

.58,95 

64.75 

5:1 35 

64.05 

49.40 

48.65 

48.70 

48.46 

51.70 

61.70 

47.30 

54.70 

49.30 

54. 15 

♦9.75 

43.60 

44.86 

49.45 

.50 70 

46.. 50 

50 00 

45.75 

♦6.46 

40.10 

54.65 

6I.1H) 

,52.90 

57.30 

57.75 

46.80 

50.85 

42 05 

51 95 


220 Textile Workers 
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The array. If these figures are arranged in order of magnitude 
something will have been done tovvard securing a coherent struc- 
ture. The range covered and the general distribution throughout 
this range will then be clear, and the way will be prepared for 
further organization. When s6 arranged the array on page 43 is 
secured. 


The Construction of Frequency Tables 

General Feahires. While the array presents the figures in a shape 
much more suitable for study than is the haphazard distribution 
first shown, there is still something to be desired before the mind 
can readily grasp the full significance of the data. The factory man- 
ager may see that the smallest amount earned during the week was 
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Array: Weekly Earnings of 220 Textile Workers 
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47.85 

49.25 

50.15 

51.25 

52.90 

67.30 

43.60 

46.30 

47.95 

49.30 

50.20 

51.25 

52.95 

57.30 

43.85 

46.35 

48.10 

49.40 

50.25 

51.30 

53.00 

57.75 

44.10 

46.40 

48.10 

49.40 

50.30 

51.35 

53.10 

58.15 

44.25 

46.45 

48.15 

49.45 

50.30 

51.45 

53.20 

58.60 

44 40 

46.45 

48.25 

49.45 

50.35 

51.55 

53.35 

58.95 

14.40 

46.50 

48.30 

49 45 

50 40 

51.65 

53 45 

59.30 

44.55 

46.60 

48.35 

49.50 

50.40 

51.65 

53.66 

59.85 

44.70 

46.65 

48.35 

49.55 

50.45 

51.70 

53.65 

59.95 

44.75 

46.65 

48.40 

49.55 

50 45 

51.70 

53.80 

60.40 

44.85 

46.70 

48.45 

49.55 

50.50 

51.75 

54.10 

60.50 

45 00 

46.80 

48.45 

49 60 

50 55 

51 85 

54.45 

61.25 

15.10 

46.85 

48.50 

49.60 

50.55 

51.90 

54.50 

61.90 

45.25 

46 95 

48 50 

49 65 

50.60 

51.95 

54.65 

62.10 

45.30 

46.95 

48 55 

49 65 

50.65 

51.95 

54 70 

63.86 

15 30 

47 00 

48.60 

49 65 

50 70 

52 00 

54.70 

64.05 

45 40 

17. JO 

48 65 

49 70 

50.70 

52.05 

55.10 

64.75 

45 45 

47 15 

48.65 

49 75 

50.70 

52.05 

56.25 

67.60 

45.55 

47.30 

48.65 

49 75 






Ji^38.80, that the largest amount earned was $07.00, and that most 
of the employees earned between $40.00 and $53.00, but this is 
still a vague description of the data. By a process of grouping, that 
IS, by putting into common classes all individuals whose earnings 
fall within certain limits, a simplified and more compact presenta- 
tion of the wage distribution may be obtained. Table 3-1 shows the 
results of this grouping process when the range of each class (the 
class-interval) is five dollars. 

This table presents a condensed summary of the original figures,^ 
a summary which not only gives us the approximate range of the 
earnings, but shows, also, how the earnings of the 220 workers are 
distributed throughout this range. There has been a considerable 
loss of detail, it will be noted. From the table we may learn that 
there are 58 persons who earned, during the given week, between 
$43.00 and $48.00 (the class extends to but does not include 
$48.00), but we cannot learn how the earnings of the 58 individuals 
were distributed throughout this range of five dollars. All may have 
earned exactly $43.00, so far as we may know from the figures 
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shown in the table. This loss of detail is an inevitable accompani- 
ment of the condensation and simplification which the process of 
dassification involves. 

If the size of the class-interval be decreased the loss of detail is 
less pronounced, tJiouKh the increase in the number of classes means 
a more cumbersome table and one that presents a more complex 
picture to the ey(i. Tables 3 2, 3- 3, and 3-4 present the same data, 
classified with intervals of three dollars, two dollars, and one dollar. 

TABLE 3-1 

Frequency Distribution of Employees 
(Classified on the basis of weekly earnings; class-interval = $5) 


,,, , , Number earning Htated amount 

W..,.klv™r>„„Ks 


00 t<i $42 00 0 

4;i 00 t(. 47 00 r)8 

48 00 to 52 00 no 

5000 to 57 00 28 

58(M)lo 62 00 n 

00 00 to 67 00 1 


220 


The four tables we have thus constructed represent four different 
degrees of condensation of the same data. Tables 3-1, 3-2, and 3-3 
present the same general characteristics: a small number of cases in 
the extreme classes and a more or le.ss regular increase in the fre- 
quencies as the center of each of the distributions is approached. 
The departure from n'gularity becomes greater the greater the 
number of classes. Table 3-4, in which the class-interval is one 
dollar, has 30 classes. In this table the distribution of cases through- 
out the range is irregular, with noticeable departures from sym- 
metry. The structure of each of the other tallies is orderly and 
approaches more closely a condition of' symmetry. Each presents 
the wage data in condensed and compact form, so that one con- 
sulting the tables may learn of the size and distribution of weekly 
earnings in the factory in (|uestion much more readily than by ref- 
erence to the chaotic collection of figures first shown. Such organ- 
ized collections of data are \ermi^,d frequency distributions^ and their 
purpose, as the term implies, is to show in a condensed form the 
nature of (lie distribution of a variable quantity throughout the 
range (‘overed by the values of the variable. The construction of 
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Frequency Dish’ibutions of Employees 
(Classified on the basis of weekly earnings) 

TABLE 3-2 TABLE 3-3 TABLE 3-4 

(Class-interval = $3) (Class-interval = $2) (Class-interval = $1) 


Weekly Fre- Weekly Fre- Weekly Fre- 

earnings quency earnings quency earnings quency 


$38.00 to $40.99 

4 

41.00 to 

43.99 

8 

44.00 to 

46.99 

40 

47.00 to 

49.99 

63 

50.00 to 

52.99 

62 

53.00 to 

55.99 

21 

56.00 to 

58.99 

10 

59.00 to 

61.99 

7 

62.00 to 

64.99 

4 

65.00 to 

67.99 

1 


220 


$38.00 to $39.99 

2 

40.00 to 

41.99 

4 

42.00 to 

43.99 

6 

44.00 to 

45.99 

22 

46.00 to 

47.99 

33 

48 00 to 

49.99 

48 

50.00 to 

51.99 

48 

52.00 to 

53.99 

22 

54.00 to 

55.99 

13 

56.00 to 

57.99 

7 

58.00 to 

59.99 

6 

60.00 to 

61 .99 

4 

62 00 to 

63.99 

2 

64.00 to 

65.99 

2 

66.00 to 

67.99 

I 


220 


$38.00 to $38.99 

1 

39.00 to 

39.99 

1 

40.00 to 

40.99 

2 

41.00 to 

41.99 

2 

42.00 to 

42.99 

3 

43.00 to 

43.99 

3 

44.00 to 

44.99 

8 

45.00 to 

45.99 

14 

46.00 to 

46.99 

18 

47.00 to 

47.99 

15 

48.00 to 

48.99 

20 

49.00 to 

49.99 

28 

50.00 to 

50.99 

28 

51.00 to 

51.99 

20 

52.00 to 

52.99 

14 

53.00 to 

53.99 

8 

54.00 to 

54.99 

6 

55.00 to 

55.99 

7 

56.00 to 

56.99 

3 

57.00 to 

57.99 

4 

58.00 to 

58.99 

3 

59.00 to 

59.99 

3 

60.00 to 

60.99 

2 

61.00 to 

61.99 

2 

62 00 to 

62.99 

1 

63 00 to 

63.99 

1 

64 00 to 

64.99 

2 

65.00 to 

65.99 

0 

66.00 to 

66.99 

0 

67.00 to 

67.99 

1 


220 


such a table is the first step to be taken in the organization and 
analysis of quantitative data of the type represented above. 

This general introduction to the subject of frequency tables has 
left untouched many important matters in connection with their 
construction. It remains to present a summary statement of these 
details. It will be clear that the first step here taken, the arrange- 
ment of the items in order of magnitude, is unnecessary in the 
actual construction of such a table. Having determined the upper 
and lower limits through an inspection of the data, one has but to 
decide on the num])er of classes desired, write (he class-intervals 
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on an appropriate blank sheet, and proceed to tally the cases falling 
in each of the classes thus set off. When this process is completed 
the frequencies are computed and the totals arranged in tabular 
form of the type illustrated above. These simple operations involve 
decisions on a number of points, however. 

Size of Class-Interval. In deciding upon the size of the class- 
interval (which is equivalent to deciding upon the number of 
classes) one fundamental consideration should be borne in mind, 
namely, that classes should be so arranged that there will be no 
material departure from an even distribution of cases within each 
class. This arrangement is necessary because, in interpreting the 
frequency table and in subsequent calculations based upon it, 
the mid- value of each class (the class mark) is taken to represent the 
values of all cases falling in that class. Thus, in basing calculations 
upon Table 3-3, it is assumed that the 33 cases falling between 
$46.00 and $48.00 may all be represented by the mid-value of that 
class, $47.00. This assumption will seldom be strictly valid. In the 
case just cited reference to the original figures will show that it is 
not a correct assumption. Absolute accuracy would only be' ob- 
tained by having a class for every value represented in the original 
figures. Since condensation is necessary, an arrangement of classes 
should be secured whicli will minimize the error involved, without 
transgressing other requirements. Table 3-1 furnishes an example 
of class-intervals too wide for the material. 

The requirement that has just been described clearly calls for a 
large number of classes. A second requirement, which ordinarily 
conflicts with this, is that the number of classes should be so deter- 
mined that an orderly and regular sequence of frequencies is se- 
cured. If the classification is too narrow for the data, regularity 
will not be attained in this respect, and a table without structure 
or order will be secured. It is desirable, also, that the number of 
classes be limited in order that the data may be easily manipulated 
and their significance readily grasped. 

A useful procedure for approximating a suitable class-interval 
has been suggested by II. A. Sturges (Ref. 154). Given a series of N 
items of which the range (the difference between the smallest item 
and the largest item) is known, a suitable class-interval i may be 
approximated from the formula 

Range 

^ * 1 + 3.322 log N 
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The specific figure secured in a given instance is likely to be a frac- 
tional' value, quite unsuited to actual use. An appropriate round 
number close to the theoretical value, may be chosen.^ Thus, in 
the example cited above, with a range of $28.80 and N equal to 
220, the use of a class-interval of $3.28 is indicated by the formula. 
The nearest round number, suitable with reference to other con- 
siderations as well, is $3.00. Table 3-2, in which this class-interval 
is employed, seems to conform most thoroughly to all the require- 
ments we have set forth. 

Location of Class Limits. The location of class limits is a matter 
of considerable importance, for attention to this matter will sim- 
plify tabulation and facilitate later calculation. Tabulation of data 
is easiest when class limits are integers and the class-interval itself 
is a whole number. Calculation of averages and other statistical 
measures is facilitated when the mid-values of classes are integers. 

Some types of data show a tendency to cluster or concentrate 
about certain values on the scale along which they are distributed. 
This is illustrated by the following figures, which form part of a 
table showing business loans outstanding on the books of a com- 
prehensive sample of member banks of the Federal Reserve Sys- 
tem on November 20, 1940. The loans are distributed according to 
the rate of interest charged. 

Interest rate 

(percent 
per annum) 

2.1 to 2.9 

3.0 

3.1 to 3.9 

4.0 

4.1 to 4.9 

5.0 

5.1 to 5.9 


Num))er of loans 
(in thousands) 

13.7 

34.8 
13.2 

117.2 

26.6 

141.1 

3.6 


Here is quite obvious bunching about the integers. The original 
classified data would show, also, a secondary concentration at each 
half of one percent. It is clear that in classifying measurements of 
this sort the midpoints of the various classes shoultj fall at those 
values about which the observations are concentrated, and class 
limits must be located with this end in view. For in calculations 

* The use of this formula rests on the assumption that the proper distribution into classes 
is given, for all numbers that are powers of 2, by a series of binomial coefficients. The 
relation of the terms in the binomial expansion to the theory of frequency distributions 
is discussed below, in Chapter 6. 
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based upon a frequency table the assumption is made that all the 
items in each class are concentrated at the midpoint of that class. 
Thus if a standard class-interval of one half of one percent were to 
be employed in classifying data of the type represented above, the 
classes should extend from Ij to (but not including) 2J, to 2f, 
2| to Si, ratber than from 2 to 2^, 2J to 3, etc. 

Accuracy of observations and the definition of classes. In the con- 
struction of frequency tables it is essential that there be a clear 
definition of classes, so that there may be no uncertainty as to their 
range and no question as to the precise class in which a given case 
falls. A table with an arrangement similar to the following is some- 
times encountered: 


C/laflH-Hit4»rvsil Frequency 


OioJO 

10 to 20 8 

20to:i0 15 

:u) to 40 () 

40 to 50 2 


In the absence of explanation, a question arises at once as to 
whether a case with a value of 10 would fall in the first or in the 
second class. It is highly desirable that the range of each class be 
indicated in some such way as the following, in order that this am- 
biguity may be avoided: 

t^liiss-intcrval Frequency 

0 to 0 0 3 

KJtolO.O 8 

20 to 20 0 15 

30 to 30 0 

40 to 40.9 2 

This procedure solves the difficulty, liowever, only in case the ob- 
servations are accurate to the nearest tenth. If the observations 
are accurate only to the nearest unit'.(that is, if the cases recorded 
as having a value of 10 actually lie between 9.5 and 10.5) a mere 
change in the description of tlie class range does not solve the prob- 
lem of allocating a case at the class limit. In such a case an observa- 
tion falling at a class boundary may be cut in two, one half being 
allocated to each of the adjacent classes. 

Yule and Kendall lay down the useful principle that in fixing a 
class boundary the limit should be carried to a farther place in dec- 
imals, or a smaller fraction, than the values of the individual cases 
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as originally recorded. Thus, in the preceding example, if observa- 
tions were correct to the nearest tenth, it would mean that a value 
recorded as 9.9 actually lay between 9.85 and 9.95. In accurately 
describing the classes, therefore, the intervals should be given as 0 
to 9.95, 9.95 to 19.95, etc. (Since the observations to be tabulated 
are recorded only to the first decimal place no ambiguity arises 
from the apparent overlapping of these class limits.) It should be 
noted that the values of the midpoints, or class marks, with these 
class limits, would be 4.95, 14.95, etc. In presenting and using the 
table as given above the real meaning of the class limits should be 
borne in mind. In all cases class boundaries must be fixed with 
reference to the accuracy of the observations, and exact class marks 
must be used to ensure accuracy in subsequent calculations. 

The work of tabulation is simplified if, in designating a class, 
both limits are stated, as above. Errors are likely if only the lower 
limit of each class is given, or if the midpoint alone is designated. 
It is desirable, however, particularly if calculations are to be based 
upon the table, to include a separate column showing the values 
of the midpoints of the various classes. 

Other requirements. Class-intervals should be uniform throughout 
the table in order that all classes may be comparable. Occasionally 
tables are published with varying class-intervals, so that on one 
section of the scale the number of items falling within a class having 
an interval of 5 is given, and on another section of the scale the 
number of items falling within a class having a range of 10 is given. 
Obviously, comparison of classes is impossible. It may be desirable 
to show in more detail the cases falling within certain ranges on 
the scale, but this end is best achieved by the construction of a 
supplementary table relating only to the cases falling within this 
restricted section. The utility of the main table is not lessened 
thereby. 

Similar in nature is the requirement that there should be no in- 
determinate classes, that is, classes the ranges of which are not de- 
fined. Had all the individuals making $50.00 and over in the illus- 
tration of piece-w'ork earnings been entered in a class with the des- 
ignation “$50.00 and over,” the upper limit of this class would 
have been quite uncertain. This fault in a table is a vital one when 
it is desired to base calculations upon the data contained in the 
table. When there are several extreme cases the inclusion of such 
classes is sometimes unavoidable, but when this is done the actual 
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values of the cases included in such “open end” classes should be 
given in a footnote to the table. 

The errors described in the two preceding paragraphs are ex- 
emplihed in Table 3-5. 

TABLE 3-5 

Frec|uency Distribution of Rented Dwellings in Reno, Nevada, 1934* 
(Classified on the basis of rental value) 


Monthly roiital 

Number of dwellirigH 
HI each (‘laH8 
(frequency) 

Under #10.00 

327 

#10.00 to #14.99 

349 

15.00 to 19.99 

521 

20.00 to 29.99 

1,039 

30.00 to 49 99 

1,075 

60.00 to 74.99 

189 

75.(K)to 99.99 

2-1 

#100.00 and over 

9 




* The table im taken from Heal Property Inventory, Summary and Stxly-Four Cities 
Combined, Department of Oommeree, WaHhiugU)!!. Figures for 265 rented dwellings 
in Ileno were not reported 

III this case the ranges of the two “open end” classes are not 
known. The ranges of the intermediate classes vary, being $5.00 
for two classes, $10.00 for one class, $20.00 for one class, and $25.00 
for two classes. The purposes of a special investigation may some- 
times be served by the use of .such a form, but a table of this type 
is poorly adapted to the requirements of statistical calculation. 

A statistical table, in the form presented to u.sers, should be 
adapted to the special purpose it is de.signed to serve. It is not 
enough tliat it should meet technical requirements of the kind out- 
lined in the preceding pages. It should have an orderly structure 
and clear and unambiguous column headings and title; it should be 
self-sufficient and self-explanatory. 

Graphic Representation of Frequency Distributions 

Frequency distributions of the type illustrated above serve a 
v^ery important statistical function in presenting a compact sum- 
mary of data, and in preparing these data for further manipulation. 
Such distributions may be presented not only in tabular form, but 
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graphically, utilizing the general principles of the coordinate sys- 
tem which were explained above. Many of the characteristic fea- 
tures of a frequency distribution are most clearly revealed when 
the graphic method is adopted. 

Table 3-1, presenting the weekly earnings of 220 employees, 
with a class-interval of five dollars, is depicted graphically in Fig. 
3.1. In this figure class-intervals are plotted along the x-axis and 
the corresponding class-frequencies along the y-axis, appropriate 
scales being selected. The fact should be noted that the scale of 
abscissas starts not with zero, but with $33. For convenience in 
presentation, that part of the scale extending from 0 to $33 is 



33 38 43 48 53 58 63 68 


Dollars 

FIG. 3.1. Column Diagram: Distribution of 220 Em- 
ployees Classified on the Basis of Weekly Earnings 
(Class-interval = $5.00). 

omitted. The student should bear this in mind in seeking to secur** 
a correct impression of the relations between the two variables 
plotted. In constructing such a figure, which is termed a column 
diagram or histogram^ short horizontal lines are drawn connecting 
the points plotted to represent the upper and lower limits of each 
class-interval. In interpreting this diagram it should be noted that 
the areas of the different rectangles are proportional to the number 
of cases represented, the total area representing the entire 220 
cases. This device thus presents to the eye a very clear picture of 
the distribution, showing quite unmistakably the relative number 
of workers falling in each of the wage classes. 

The classes in this case are so large, however, that some violence 
is done to the facts. So many details are lost that a true conception 
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of the disposition of the items is not given. Fig. 3.2 is a histogram 
depicting the distribution of cases when a class-interval of three 
dollars is used. In this case, with smaller steps, we approach more 



35 38 41 44 47 50 53 56 59 62 65 68 71 
Dollars 


FIG. 3.2. Column DiaRram • Distriljution of 220 Em- 
))lovo(‘s Classified on the Basis of Weekly learnings 
(( ’lass-interval = $3.00). 

closely an orderly and symmetrical distribution. The same is true 
of Fig. 3.3, wliieh shows the distribution when the class-interval is 
two dollars. The distribution represented in Fig. 3.4 has a class- 
interval of one dollar which, as has been pointed out, is too narrow 
for the data, with the result that a somewhat irregular structure is 



FIG. 3.3. Column Diagram Distiihiition of 220 Employees 
Classified on the Basis of Weekly Eainings (Cla.ss-interval 
= $ 2 . 00 ). 
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FIG. 3.4. Column Diagram : Distribution of 220 Employees Classified on 
the Basis of Weekly l^^arnings (Class-interval — $1.00). 


secured. (It should be noted that the vertical scale is not the same 
in these four figures, so that comparison with respect to class fre- 
quencies is only possible by reference to the scale figures.) 

Frequency polygons corresponding to the histograms of Figs. 3.1 
and 3.4 are shown in Figs. 3.5 and 3.6. Each of these polygons has 
been constructed by plotting as abscissas the midpoints of the class- 
intervals, and as ordinates the class frequencies, the points thus 
secured being connected by a broken line. In completing such a 



33 38 43 48 53 58 63 68 73 


Dollars 

FIG. 3.5. Frequency Polygon: Distribution of 220 Em- 
ployees Clnssified on the Basis of Weekly Earnings 
(Class-iiiteivjil = $.5.00). 
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figure the class next below the lowest one on the scale and the class 
next above the highest one on the scale are included, the class fre- 
quency being zero in each case. The ends of the polygon thus con- 
nect with the base line at the midpoints of these two extra classes. 
For the frequency polygon the entire area under the curve repre-^ 
sents the entire number of cases, but the area of a given interval 
cannot be taken to be proportional to the number of cases in that 
interval, because of irregularities in the distribution on either side 
of the given class. The heights of the ordinates at the midpoints of 
the various classes are, of course, scaled to represent the class 
frequencies. 

30 
25 
20 

I" 

JU 

10 
5 
0 

37 39 41 43 45 47 49 51 53 55 57 59 61 63 65 67 69 
Dollars 

FIG. 3.6. Frequency Polygon: Distribution of 220 Employees 
Classified on the Basis of Weekly Earnings (Class-interval = $1.00). 

The Smoothing of Curves. Attention is again called to the re- 
sults secured with varying class-intervals. As the class-interval is 
decreased, up to a certain point, the histograms and polygons be- 
come smoother and more regular. Beyond that point breaks begin 
to appear in the data ; the regular change in class frequencies which 
was found when the classes were larger is broken by the appearance 
of irregular classes which seem to depart from the rule. Fig. 3.4 
reveals some of these lireaks. Such irregularities, it is obvious, are 
exceptions to a general rule which seems to prevail, the rule that 
the numbers of workers falling within the different wage classes 
increase from the lower limit of earnings up to a maximum in the 
neighborhood of $50.00 and then decrease till, in the topmost class 
from $67.00 to $67.99, but one worker is found. Since all the 220 
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individuals are engaged in the same work, and since their earnings 
depend only upon their rapidity and skill, one would expect a quite 
regular increase and decrease. If we had figures not for one week 
only, but for 52 weeks, and took the average weekly earnings of 
each of the 220 workers for the year, we should expect greater regu- 
larity with the smaller class-intervals than is actually found, since 
the accidental fluctuations peculiar to one week alone would thus 
be eliminated. Or, if we had earnings during one week for 11,440 
workers (52 times 220), the same result would be secured. Thus, 
if regularity and smoothness are to be secured, it is essential not 
only to decrease the size of the classes but also to increase the num- 
ber of cases, in order that the accidental irregularities that affect 
a small number of observations may be eliminated. A refined classi- 
fication with a small number of cases leads to the condition exempli- 
fied in Figs. 3.4 and 3.6. But such an increase in the number of cases 
is, in general, a practical impossibility. We wish, if possible, to de- 
velop a feasible method of approximating the distribution that 
would be secured with very small class-intervals and a very large 
number of cases. Such an approximation is possible through the 
device of curve smoothing. By this method we may secure a smooth 
frequency curve that lacks the irregularities occasioned by minor 
fluctuations. 

Such a smooth frequency curve represents what is taken to be 
the true underlying distribution of the members of the population 
from which the sample was drawn. It was pointed out that areas 
in the frequency polygon are not proportional to the number of 
cases included, the cause lying in the irregularities of the data. In 
a smoothed frequency curve these irregularities have been elimi- 
nated, and the area between ordinates erected at given points on 
the scale of abscissas is assumed to be proportional to the theoreti- 
cal frequency of cases between the given values. Moreover, a 
smooth progression having been established, frequencies for in- 
termediate values not shown in the original table may be deter- 
mined by interpolation.* 

The data of Table 3-6 representing the distribution in 1918 of 

* The limitations of practical statistical work are such that there must of necessity be 
many gaps in the data. The given values of the variables are not continuous. Interpola- 
tion is the process of estimating values of a variable quantity between given values, 
or of locating a point on a curve between given points. That interpolation is most ac- 
curate which lei^B to estimated values having the highest degree of consistency with 
the given values. 
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personal incomes below $4,000, will serve to exemplify the smooth- 
ing process/ 

TABLE 3-6 

Distribution of Income among Personal Income Recipients in 1918 
(Including all personal incomes below $4,000) 


Income clasH * Number of persons t 


$ 0 

to 

$100 

62,809 

100 

to 

200 

103,704 

200 

to 

300 

209,087 

300 

to 

400 

489,963 

400 

to 

600 

961,991 

600 

to 

COO 

1,519,974 

600 

to 

700 

2,154,474 

700 

to 

800 

2,668,466 

800 

to 

900 

3,013,034 

900 

to 

1,000 

3,144,722 

1,000 

to 

1,100 

3,074,351 

1,100 

to 

1,200 

2,850,526 

1,200 

to 

1 ,300 

2,535,285 

1,300 

to 

1,400 

2,205,728 

1,400 

to 

1,500 

1,832,230 

1,500 

to 

1,600 

1,512,649 

1,600 

to 

1,700 

1,234,397 

1,7(K) 

to 

1,800 

999,996 

1,8(H) 

to 

l,9(K) 

811,236 

1,900 

to 

2,000 

663,789 

2,000 

to 

2,100 

549,787 

2,100 

to 

2,200 

463,222 

2,200 

to 

2,300 

395,115 

2,300 

to 

2,4t)0 

340,141 

2,400 

tt) 

2,500 

295,490 

2,500 

to 

2,600 

258,650 

2,600 

to 

2,700 

227,731 

2,700 

to 

2,800 

201,488 

2,800 

t,o 

2,900 

178,901 

2,900 

to 

3,000 

154,499 

3,000 

to 

3,100 

J 42,802 

3,100 

to 

3,200 

128,217 

3,200 

to 

3,300 

115,583 

3,3(X) 

to 

3, KM) 

104,504 

3,400 

to 

3,500 

94,803 

3,500 

to 

3.600 

86,405 

3,600 

to 

3,7(K) 

79,023 

3,700 

to 

3,800 

72,562 

3,800 

to 

3,9(MJ 

66,900 

3,*K)0 

to 

4,(KK) 

61,894 


• The definition of classes used is equivalent to "SO to and not including $100," etc. 
Thus an individual with an income of $100 would fall m the second class. 

t Mitchell’s report states "The numbers below are given to the nearest unit. It is not 
pretended that such arithmetic accuracy is anything more than technical.” 

* Prom Mitchell, King, Macaulay and Knauth, Ref. 108. The graduated income estimates 
are those of Frederick R. Macaulay. 
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FIO. 3.7. Column Diagram : Distribution of Personal Income Recipients 
in the United States, 1918. Including All Recipients of Incomes Below 
$4,000 (Class-interval = $500). 


Figures 3.7, 3.8, and 3.9 present column diagrams of these in- 
come data, grouped with class-intervals of $500, $200, and $100. 
As the class-interval is decreased the histograms become more 
regular and uniform, but our original data permit us to carry this 
process only to the point where the class-interval is $100. Our 
problem is to determine the underlying distribution which the data 



FIO, 3.8. Column Diagram: Distribution of Personal Income Recipients 
in the United States, 1918. Including All Recipients of Incomes Below 
$4,000 (Class-interval = $200). 





fl FREQUENCY DISTRIBUTIONS 

approximate more and more closely as the class-interval is lessened. 
If we replace the broken line of the histogram by a smooth curve 
enclosing the same total area as the histogram and so drawn through 
the points of the histogram that the area cut from each rectangle is 
approximately equal to the area added to the same rectangle hy the 
curve, we will have a frequency curve representing the desired dis- 
tribution. The requirement that the same total area be enclosed is 
fundamental. Exceptions to the rule concerning the area of in- 
dividual rectangles will frequently occur because of the existence 
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FIG. 3.9. Column Dia^riim: Distribution of Peisonal Income Recipients 
in the United States, 191S. Including All Recipients of Incomes Below 
$4,000 ((Miiss-interval = $100). 


of quite irregular classes, hut as a general working principle it is 
helpful. (More refined method.s of fitting a smooth curve to data 
will be discussed at a later point, but a process of smoothing by in- 
spection su(^h as that described above gives a fairly close approxi- 
mation to tlip required curve.) 

Figure 3.10 illustrates the result of smoothing the histogram of 
income distribution shown in Fig. 3.9. Here the quite artificial 
jumps between income classes are smoothed out, and we secure the 
graduation by infinitesimal increments which we should expect 
to find when the incomes of so many millions of persons are in- 
cluded. Here we have that which we desired — an approximation 
to the true underlying distribution, with the sharp breaks resulting 
from the method of classification eliminated. 



CURVE SMOOTHIfl0 


59 


Note on the contemporary distribution of income. The preceding 
detailed estimates of income distribution in the United States for 
1918 serve well the immediate purpose — that of exemplifying the 
passage from a broken column diagram to the smooth curve ap- 
proximating the distribution of incomes in the parent population. 
Macaulay^s figures constitute, indeed, the most comprehensive 
set of graduated income estimates available. They do not, however, 
provide an accurate representation of income distribution in the 
United States today. The economic changes of the last thirty years 



FIO. 3.10. Frequency Curve: Distribution of Personal Income Recipients 
in the United States, 1918. Including all Recipients of Incomes Below 
$4,000. (Derived from the column diagram with class-interval of $100.) 


have brought major shifts in the division of income by size-classes. 
Estimates of income distribution in a more recent year, 1950, are 
given in Table 3-7. 

In this discussion of curve smoothing we have been dealing with 
a major aspect of statistical work — the estimation of the attri- 
butes of a population. In particular, we have here been concerned 
with the manner in which the members of a population of income 
recipients are distributed, with reference to income size. The pres- 
ent quite preliminary approach to this problem, through the 
smoothing of an observational distribution, is essentially mechan- 
ical. But the problem is one that will enter into much of the sub- 
sequent discussion. The precise definition of the manner in which 
the values of a variable are distributed — the determination of the 
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TABLE 3-7 

Distribution of Family Personal Income 
by Families and Unattached Individuals, United States, 1 950 * 
(Incomes before deduction of income taxes) 


Income claBH 

Number of families and 
unattached individuals 
(m thousands) 

liCHB Uiaii $l,0(H) 

3,704 

$ 1,000 to 1,999 

7,328 

2,000 to 2,999 

8,044 

3,000 to 3,999 

8,403 

4,000 to 4,999 

0,980 

5,000 to 5,999 

4,459 

0,000 to 0,999 

2,909 

7,000 to 7,999 

2,036 

8,000 to 8,999 

1,212 

9,000 to 9,999 

728 

10,000 and over 

2,727 

Total 

48,590 


• Source: “Income Distribution in the United States,” a supplement to the Survey of 
Current HuHinees, Office of liusiiiess Economics, U S. Department of (’ommercc, 1953. 
Table 3-7 is derived from the absolute and relative freiiuencies given in Appendix 
Tables 2 and 24 of this publication. 

The estimates m Table 3 -7 are based upon Federal income tax returns (projected 
from earlier yciars, since 1950 returns were not available when these estimates were 
prepared) and on samiile held surveys if 1950 family income conducted by the Census 
Bureau and tin* Hcwird of Covernors >f the Fcdc'ial Reserve System. These returns 
were related to estimates of total family personal income made by the Office of Busi- 
ness Economics as a jiart of the national income acirounts. 

The reader will note that the income-receiving unit in Table 3 7 is the family. 
In preceding income tables in the text it was the individual income recipient. (In the 
Commerce Department definition, a “family” is a gioup of two or more related 
persons living in the same household. An “unattached individual” is a person living 
alone or with persons not related to him.) ^ablc 3-7 dilTers, also, from the preceding 
text tables in that the entire range of incomes is included 

law of distribution prevailinp; in the case in question — is the ob- 
jective of scientific work in many fields. Statistics as a scientific 
discipline has developed and streiiKthtned as our knowledge of the 
sampling distributions of statistical characteristics has grown. With 
this we shall deal in greater detail at later points. 

Continuous and Discrete Variables. The logical validity of the 
smoothing process is dependent on the nature of the data being 
manipulated. From this point of view frequency series of the type 
discussed above may be divided into two classes, those that relate 
to continuous variables and those that relate to discontinuous vari- 
ables. A continuous variable is one that may take any numerical 
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value within a specified range. When observations on such a vari- 
able are ranked in order of magnitude, successive values may differ 
by infinitesimal increments. A discontinuous variable takes only 
discrete values. Observations on such a variable, ranked in order, 
change in value only by definite amounts. The curve of underlying 
values does not rise smoothly, as for the continuous series, but by 
jumps. 

The fact should be emphasized that in making this distinction 
we are speaking of the values as they would be found in the under- 
lying universe of phenomena from which the actual bodies of ma- 
terial we study are drawn. Any given sample, whether representing 
continuous or discrete series, will be marked by breaks in the values 
of the variable. This will be true, in the case of a continuous series, 
because of the limitations of the instruments and senses we use in 
measuring. Thus if we measure the heights of individual persons, 
we may do so to the nearest inch, or perhaps to the nearest eighth 
or sixteenth of an inch. Yet if ten million men were arranged in 
order of height the differences between successive individuals 
would be much smaller than the smallest measurable interval. 
Height is a continuous variable, even though the observations that 
enter into a given sample are marked by discontinuity. 

Quite different is the distribution of such a variable as interest 
or discount rates. If one were to secure 100 such quotations and 
rank them in the order of size the variations would be discontinu- 
ous, as in a sample of men whose heights are measured. But in 
the case of heights the underlying values, if they could be deter- 
mined for a large population, would be marked by continuous var- 
iation, whereas, were an infinite number of discount rate quota- 
tions secured, there would still be breaks in the sequence. Discount 
rates increase or decrease by one quarter or one half of one percent, 
not by infinitesimal amounts. Such a series is termed discrete, or 
noncontinuous. 

A good example of a discrete series, which also serves as an ex- 
ample of a J-shaped distribution, is provided by Table 3-8 (see 
Fig. 3.11). This is a classification of machine-tooL makers, based 
upon the number of types of machine tools produced by each. 

The series is, of course, discrete since the number of types of 
tools made by each producer is necessarily defined by an integer. 
The high degree of specialization in the industry is shown by the 
concentration of machine-tool makers at the lower end of the scale. 
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FIO. 3.1 1 . Column Diagram : Distribution of 137 Ma- 
chine Tool Builders, Classified by Number of Tool 
Types Ihoduced. 


More than half of the total number made but one style of machine 
tool. 

The smoothing process provides a means of securing an approxi- 
mation to the distribution of values as they would be found if a 
sample could be increased indefinitely in size. It is based upon the 
a.ssumption that the irregularities found in the sample actually 
.studied are accidental, and that the underlying values would .show 

TABLE 3-8 

Classification of Membership of National Machine Tool 
Builders' Association according to Number of 
Types of Machine Tools Produced * 


'Types of tools 
Number 

, Number of 
'manufacturers 

1 

80 

2 

33 

3 

13 

4 

8 

5 

2 

More than five 

1 

137 


' From "Trends in Manhours Expended iier Unit, Selected Machine Tools, 1939-1945.” 
U.S Bureau of Ijabor Statistics, June, 1947, p. 44. 
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continuous and unbroken variation. Obviously, therefore, it is only 
fully* justified when applied to a continuous series. A histogram of 
human heights may be smoothed in order to secure a representation 
of the true underlying distribution in the population at large, and 
interpolation based upon this smoothing process is valid. But 
smoothing is quite illogical for a markedly discontinuous series. It 
would be meaningless to construct a smooth curve showing the dis- 
tribution of discount rates for the purpose of securing the theo- 
retical frequency of rates between 4.3675 percent and 4.3850 
percent. In practical statistical work, however, it is frequently 
helpful to handle discrete series as though they were continuous, 
and in these cases the smoothing device may be employed. But in 
the interpretation and use of the smoothed curve the logical dis- 
tinction between continuous and discontinuous variation should be 
kept in mind. 

A U-shaped frequency distribution. In sharp contrast to the 
customary frequency distributions, in which frequencies increase 
to a maximum and then decline, is the type represented by the data 
in Table 3-9. In this distribution commodities are classified on 

TABLE 3-9 

Distribution of 206 Commodities Classified according 
to Frequency of Monthly Price Changes 
in Wholesale Markets, 1890-1925 * 


Class limits 

Measure of frequency 
of change f 

Number of 
commodities 

.00- 10 

45 

.11- .20 

25 

.21- .30 

16 

.31- .40 

19 

.41- .50 

14 

.51- .60 

7 

61- 70 

() 

.71- .80 

15 

.81- .90 

15 

.91-1.00 

44 

206 


* Excluding 1914-21 

t The range of the first class in the above table (in actual values .00 to .105, the original 
measures being recorded to the second decimal place) is slightly greater than the range 
of any other class, and the range of the last class (in actual values .005 to 1 .000) is 
slightly less than the range of any other class. The error introduced is negligible, 
however. 
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the basis of the frequency of price change; in wholesale markets. 
An index of frequency of change was constructed for each of 206 
commodities for which average monthly prices were available for 
the period 1890-1925 (the disturbed years 1914-21 were omitted). 
The index was simply the ratio of the number of months in which 
prices changed (frorp the price of the preceding month) to the total 
number of months less one covered by a continuous price record. 
Thus for a record covering 120 successive months, the index would 
be 0 (0/119) for a commodity marked by no price changes; the 



Index of frequency of price change 


FIG. 3.12. (loluinn Showiiij; Disti ibiition f)f 

Meiisures uf FKMjuenev of J^iioc Chancres, 1.S90-1925 
(1914 -1921 excluded) ‘ 

index would be 1.00 (119/119) for a commodity for which the price 
changed every month.-’ The graphic representation of this distribu- 
tion, in Fig. 3.12 reveals the remarkable clustering of commodities 
at the two extremes of the .r-scale, with frequencies at a minimum 
near the median position on the scale. This rather rare distribution 
type has special interest for economists, in this case, for the light 
it throws on the movement of prices. High inflexibility and high 
flexibility Averc the two dominant types of price behavior in the 
period (covered by this record. 

* See Mills, Ref. 100, pp. 50 00, 379 -81 for a fuller diHuussion. 
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Cumulative Arrangement of Statistical Data 

For certain purposes it is desirable to arrange data cumulatively, 
rather than in exclusive classes of the type illustrated in the fre- 
quency tables presented above. The accompanying tables will illus- 
trate some of the advantages of this arrangement. 

In a study by Kurtz of the durability of telephone poles the re- 
sults given in Table 3-10 were secured. The table shows that 1,150 

TABLE 3-10 

Frequency Distribution of 248,707 Telephone Poles, Classified 
according to Length of Life 


Length of life 
( years) 

Number of pol(‘8 
(frequency) 

0- 0.9 

1,150 

1-19 

4,221 

2- 2.9 

10,692 

3 - 3.9 

13,966 

4- 4.9 

16,633 

5- 5.9 

18,211 

()- 6.9 

19,011 

7- 7.9 

19,260 

8- 8.9 

20,909 

9- 9 9 

19,879 

10 10 9 

20,764 

11-11.9 

15,454 

12 12.9 

14,237 

13 13.9 

13,779 

14-14.9 

9,764 

15-15 9 

8,534 

16-16.9 

7,659 

17-17 9 

6,918 

18-18.9 

4,591 

19-19 9 

1,798 

20-20.9 

815 

21-21.9 

313 

22-22 9 

102 

23-23.9 

47 


poles were scrapped during the first year of use, that 4,221 were 
scrapped after reaching the age of one year and before reaching the 
age of two years, and so on. This is simply a frequency table of 
The ordinary type. A much more significant arrangement for many 
purposes is secured when the figures are assembled cumulatively, 
as in Table 3-11. 
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TABLE 3-11 

Cumulative Distribution of 248,707 Telephone Poles, Classified 
according to Length of Life 
(Cumulated upward with reference to life scale) 


Length of life 

Number of poles Hurviving 
(freciuency) 

than 1 year 

1,150 

“ “ 2 yearH 

5,371 

a u 

16,063 

“ “ 4 “ 

.30,029 

If If rj II 

46,662 

II II (i u 

64,873 

it It y ti 

83,884 

11 II ^ It 

103,144 

ti it <1 it 

124,0.53 

.< II IQ .1 

143,932 

II ‘‘11 “ 

164,696 

<1 II 12 “ 

180,150 

II II III If 

194, .387 

II II 1^ If 

208,166 

If <1 1 II 

217,930 

I. II ,Q II 

226,464 

1. II 17 II 

234,123 

II IJ^ II 

211,041 

II II IQ II 

245,632 

II 11 20 “ 

247,430 

II II 21 “ 

248,245 

1. II 22 “ 

248,558 

11 II 23 “ 

248,660 

<1 II 24 “ 

248,707 


We should note that it is possible to eumulate a frequency series 
in two different ways. From Table 3-11 we may determine readily 
the number failing to attain any given age. It is often more con- 
venient to reverse the process, so that the table will enable the 
total number above any given value to be immediately determined. 
When the telephone pole figures are thus vnmidated downward Table 
3“ 12 is secured. 

Cumulative tables such as those given above have distinct ad- 
vantages in the handling of many types of data. Life tables are 
generally presented in this form. The scientific study of deprecia- 
tion will lead to the construction of elaborate “mortality tables’^ 
for various types of equipment, and these will be most useful in the’ 
cumulative form. It is frequently desirable to reduce the frequen- 
cies to percentages, as in column (3) of Table 3-12. Cumulated 



TABLE 3-12 


Cumulative Distribution of 248,707 Telephone Poles, Classified 
according to Length of Life 
(Cumulated downward with reference to life scale) 


(1) 

Length of life 

(2) 

Number of poles surviving 
frequency 

(3) 

Peroent 

0 and more 

248,707 

100.0 

1 year “ “ 

247,557 

09.5 

2 years “ “ 

243,336 

07.8 


232,644 

03.6 

^ H 41 44 

218,678 

88.0 

5 “ “ “ 

202,045 

81.2 

6 “ “ “ 

183,834 

73.8 

^ it ti a 

164,823 

66.3 

g (4 44 14 

145,563 

58.5 

Q if tt ti 

124,654 

60.1 

10 “ “ “ 

104,775 

42.1 


84,011 

33.8 

12 “ “ “ 

68,557 

27.6 

13 “ 

54,320 

21.8 

j4 << “ “ 

40,541 

16.3 

15 “ " 

30,777 

12.4 

16 “ '' 

22,243 

8.9 

ly 4 4 4 4 4 4 

14,584 

5.9 

18 “ “ 

7,666 

3.1 

19 “ “ 

3,075 

1.2 

20 “ “ “ 

1,277 

0.5 

21 “ “ “ 

462 

0.2 

22 * ‘ 

149 

0.06 

23 “ 

47 

0.02 

24 “ “ “ 

0 

0.00 


percentages are particularly helpful when frequency distributions 
are to be compared. 

The Ogive, or Cumulative Frequency Curve. The general utility 
of such cumulated data is limited by the classification system nec- 
essarily adopted in condensing the material. Unless we interpolate 
mathematically we are limited to the points on the scale actually 
noted in Tables 3-11 and 3-12. For this reason, a generalized cu- 
mulative curve similar to the smoothed frequency curve described 
in the preceding section is desirable. If the values given in Table 
3-11 be plotted on coordinate paper (the length of life in each case 
as abscissa, and the corresponding number of poles as ordinate) 
and a smooth curve drawn through the points thus plotted, the 
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Number 
of Poles 



FIO. 3.13. (’umuhitive Frecjuency CUirvo- Distrihutioii of T(;l()phone 
Polen CljiHsihod according to Length of Life (cumulated upward). 


Number 
of Poles 



FIO. 3.14. Cuinulative Frecpienev Cuivc: Distribution of Telephone 
Poles (Ma.ssihed according to Lengtli of Life (cumulated do\vin\ard). 




cumulative frequency curve shown in Fig. 3.13 is secured. In Fig. 
3.14 the data of Table 3-12 are plotted. 

Such a curve constitutes one of the most effective and useful 
representations of a frequency series. It is obvious that the limita- 
tions of the particular class-interval adopted are in large part re- 
moved; the shape of the curve will be fundamentally the same, 
though the class-interval and number of classes may vary. Fre- 
quency curves of the usual type may not be compared unless the 
groupings are the same, but cumulative frequency curves are sub- 
ject to no such restriction. Moreover, uneven class-intervals do 
not distort the ogive^ or cumulative curve, as they do the ordinary 
frequency curve. 

The cumulative curve is particularly well adapted to interpola- 
tion. Thus if it is desired to know the number of poles surviving 
less than 15J years, the value of the ordinate of the curve havihg 
15 J as abscissa may be approximated from Fig. 3.13. A value of 
222,000 is secured. If the number surviving 8J years or more is 
desired, a similar estimate may be made from Fig. 3.14. The inter- 
polated figure in this case is 135,000. 

Another type of interpolation possible with such a curve is the 
determination of the number of cases falling within any given in- 
terval. One is not limited to the class-intervals marked out in the 
original tables. For instance, it may be desirable to know the num- 
ber of poles surviving more than 10^ but less than 15 years. Read- 
ing from the table or from the chart we find that 217,930 poles sur- 
vived less than 15 years. Interpolating on the chart in the manner 
described above a figure of 154,000 is secured for the number sur- 
viving less than 10 J years. Subtracting the latter figure from the 
former we have 63,930 as the number of poles falling within the 10^ 
to 15 years interval. The figure is, of course, an approximation to 
the true value, as are all values secured through such smoothing 
and interpolation. 

It should be noted that the ogive may be derived directly from 
the array, without the formation of a frequency table as an inter- 
mediate step. This curve, in fact, may be looked upon as merely a 
graphic representation of the array. It represents one of the sim- 
plest forms of statistical organization, as well as one of the most 
effective methods of manipulating quantitative data. 

Relation between the ogive and the frequency curve. The ogive and 
the frequency curve are merely two different arrangements of pre- 
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ci»ely the same material, each arrangement having certain dis« 
tinrtive advantages. The characteristics of each may be more 
clearly apparent if the structural relationship between these two 
curves is understood. This relationship is graphically portrayed in 
Fig. 3.15. 



225 375 525 675 825 975 1125 1275 1425 1575 1725 1875 2025 


Transverse Strength * Pounds per Square Inch 

FIO. 3 . 15 . Distribution of Bricks Classified according to Transverse Strength. 

Illustrating the Structural Relation between the Ogive and the Frequency 

Curve. 

This figure is based upon the data in Table 3-13, showing the 
results of certain tests of the transverse strength of bricks. The 
upper part of Fig. 3.15 indicates the method by which the ogive is 
built up. Just as in the histogram, the area of each rectangle is pro- 
portional to the number of cases falling in the given class. Since 
the operation is a cumulative one, however, the base of each rec- 
tangle is the cumulated frequencies of all preceding classes. Thus 
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TABLE 3-13 

Frequency Distribution of Bricks Ctdssifled 
according to Transverse Strength * 


Transverse strength 
(lbs. per sq. inch) 

Number of bricks 
having strength 
within given 
limits 
(frequency) 

225- 374.9 

1 

375- 524.9 

1 

525- 674.9 

6 

675- 824 9 

38 

825- 974.9 

80 

975-1124.9 

83 

1125-1274.9 

39 

1275-1424.9 

17 

1425-1574.9 

2 

1575-1724.9 

2 

1725-1874.9 

0 

1875-2024.9 

1 

Total 

270 


* The data are from the A.S.T.M, Manual on Presentation of Data, publiuhed by the 
American Society for Testing Materials, Philadelphia, 1933. 

the t/-value (frequency) of the first rectangle is 1, erected from 0 
as a base, the i/-value of the second class is 1 , erected from 1 as a 
base, the 2 /-value of the third class is 6, erected from 2 as a base, 
and so on. The slope of the curve connecting these rectangles is 
gradual at first when the frequencies are low, then steeper as the 
frequencies become greater, and finally tapers off as the frequencies 
decrease near the upper limit of the distribution. 

When the various rectangles representing the class frequencies 
are dropped to the zero line as a common base, the x-values remain- 
ing the same throughout, the histogram or column diagram de- 
scribed in an earlier section is secured. From this the frequency 
polygon or smoothed frequency curve may be derived. 

The Lorenz Curve. Another arrangement of cumulative frequen- 
cies is particularly useful in studying income distribution. The data 
recorded in Table 3-14, taken from the 1949 midyear report of the 
President's Council of Economic Advisors, will serve to exemplify 
the procedure. 

This arrangement, in which the basis of classification (column 1) 
and the frequencies (columns 2 and 3) are in corresponding rela- 
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TABLE 3-14 

Cumulative Distribution of Spending Units in the United States Ranked 
according to Percentage of Total Money Income Received in 1948 
before and after Deduction of Federal Income Tax * 


Spending units f ranked Cumulative percentage of 

by size of income total money income received 


(1) 

(2) 

Before tax 

(3) 

After tax 

Lowest tenth 

1 

1 

Second tenth 

4 

5 

Third tenth 

9 

10 

Fourth tenth 

15 

17 

Fifth tenth 

22 

25 

Sixth tenth 

.31 

34 

Seventh tenth 

41 

44 

Eighth tenth 

53 

56 

Ninth tenth 

68 

71 

Highest tenth 

100 

100 


* Hased on data from the 1949 Survey of Consumer Finances, conducted for the Board 
of (lovernors of the Federal Reserve System by the Survey Research Center of the 
University of Michigan The figures given are, of course, estimates. They aie based 
on a sample survey cov(;nng 3000 to 3500 spending units For an account of the 
methods used see the Federal Reserve Bulletin, June 1949. 
t A spending unit consists of related persons who live together and pool their incomes 
for their major items of expense. 

tive terms, permits the type of graphic portrayal illustrated by 
Fig. 3.16. An absolutely equal distribution of income, cumulatively 
expressed, would be represented by a straight line inclined at an 
angle of 45 degrees. One tenth of the number of spending units 
would receive one tenth of the income, three tenths of the number 
of spending units would receive three tenths of the income, etc. 
The greater the departure from equality (the greater the concentra- 
tion of income in upper income groups) the more widely will the 
curve of cumulative relative frequencies depart from the line of 
equal distribution. Effective comparison of degrees of concentra- 
tion at different times or under different conditions is facilitated by 
the use of such graphs as these, wljicli are known as Lorenz curves. 
Of the two distributions here compared, one relating to the distri- 
bution of income before deduction of Federal income taxes, one 
to income distribution after taxes, the latter shows a closer ap- 
proach to equality of distribution. This is, of course, the natural 
result of the application of a graduated income tax. 
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0 10 20 30 40 50 60 70 80 90 100 

Percentage of spending units cumulated from lowest 

FIO. 3.16. Lorenz Curves Showing the Distribution 
of Income in the United States in 1948 before and 
after Deduction of Federal Income Tax.* 

*Ah eHtnnatcd by the Survey Research Center for the Board of 
Quvernors of tlu* Federal Rx'aerve Syatem, 
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CHAPTER 




Some Characteristics of Frequency 
Distributions: Averages 


Tlie classification of quantitative data and the construction of a 
frequency distribution are a first stage in the task of organization 
and examination. By means of classification the underlying struc- 
ture of the data may be revealed and the essential unity of a mass 
of material may be brought out. But this is only the beginning of 
the processes of description and inference. It remains to develop 
methods of measuring and expressing more concisely the significant 
(‘haracteristics of a body of data. For certain purposes the fre- 
quency distribution itself must be summarized and condensed, 
must be boiled down until its essence has been distilled into three 
or four significant figures. 

If each frequency distribution constituted a novel and unique 
phenomenon, obeying a law peculiar to itself, the task of studying 
and describing such distributions would be a difficult one. Fortu- 
nately this is not so. Quantitative data in widely different fields, 
when assembled in frequency distributions, show certain common 
characteristics, obey certain general laws. Experience in one field, 
therefore, constitutes a guide to work in others. Uniformity in the 
behavior of masses of data makes possible the development of a 
generalized method of organizing, analyzing, and comparing meas- 
urements drawn from many fields of scientific study. 

Exomples of Frequency Distributions from Diverse Fields 

This fact of a common law of arrangement running through the 
universe of quantitative facts may be brought home most effec- 
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58 61 66 71 76 


Height in Inches 

FIO. 4.1. Frequency Curve: Distribution of 67,995 Soldiers 
Classified by Height. 

lively by a comparison of distributions illustrative of various types 
of data. The characteristics of the frequency distributions and of 
the frequency curves which follow should be noted, and the dis- 
tributions compared. 

TABLE 4-1 

Distribution of Soldiers Classified by Height, 1943 * 


Height in inches 

Number of soldiers 

60 

136 

61 

340 

62 

748 

6S 

1,632 

M 

3,264 

65 

5,676 

<i(i 

8,227 

67 

0,791 

68 

10,675 

60 

9,519 

70 

7,343 

71 

5,100 

72 

3,060 

73 

1,428 

74 

680 

75 

272 

76 

136 

77 

68 

Total 

67,995 


• Source: Report No. 1-BM, Army Service Forces, Office of Surgeon General, Medi(!al 
Statistics Division, “Height and Weight Data for Men Inducted into the Army and 
for Rejected Men." Classification of inductees by height is based on the whole num- 
ber of inches reported, disregarding any fractional parts of an inch. 
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Some Characteristics of Frequency 
Distributions: Averages 


The classification of quantitative data and the construction of a 
frequency distribution are a first stage in the task of organization 
and examination. By means of classification the underlying struc- 
ture of the data may be revealed and the essential unity of a mass 
of material may be brought out. But this is only the beginning of 
the processes of description and inference. It remains to develop 
methods of measuring and expressing more concisely the significant 
characteristics of a body of data. For certain purposes the fre- 
quency distribution itself must be summarized and condensed, 
must be boiled down until its essence has been distilled into three 
or four significant figures. 

If each frequency distribution constituted a novel and unique 
phenomenon, obeying a law peculiar to itself, the task of studying 
and describing such distributions would be a difficult one. Fortu- 
nately this is not so. Quantitative data in widely different fields, 
when assembled in frequency distributions, show certain common 
characteristics, obey certain general laws. Experience in one field, 
therefore, constitutes a guide to work in others. Uniformity in the 
behavior of masses of data makes possible the development of a 
generalized method of organizing, analyzing, and comparing meas- 
urements drawn from many fields of scientific study. 

Examples of Frequency Distributions from Diverse Fields 

This fact of a common law of arrangement running through the 
universe of quantitative facts may be brought home most effec- 
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Helgftt In Inches 

FIO. 4.1. Frequency Curve: Distribution of 67,995 Soldiers 
Classified by Height. 

tively by a comparison of distributions illustrative of various types 
of data. The characteristics of the frequency distributions and of 
the frequency curves which follow should be noted, and the dis- 
tributions compared. 


TABLE 4-1 

’ Distribution of Soldiers Classified by Height, 1943 * 


Height in inches 

Number of soldiers 

60 

136 

61 

340 

62 

748 

6:i 

1,632 

(i4 

3,264 

(i5 

5,576 

(i6 

8,227 

67 

0,791 

68 

10,675 

61) 

9,519 

70 

7,343 

71 

5,100 

72 

3,060 

7:j 

1,428 

74 

680 

75 

272 

76 

J:36 

77 

68 

Total 

67,995 


• Source: Report No. 1-BM, Army Service Forces, Office of Surgeon General, Medi(!al 
Statistics Division, “Height and Weight Data for Men Inducted into the Armv and 
for Rejected Men.” Classification of inductees by height is based on the whoh* niiiu- 
ber of inches reported, disregarding any fractional parts of an inch. 
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FIO. 4.2. Fiequenry Curve: Distribution of Knors of Observa- 
tion in Astronomical Measurements. 

The curve in Fir. 4.1 is based upon the data classified in Table 
4-1, relating to the heights of a sample of 07,995 men inducted into 
the U.S. Army in 1943. 

Figure 4.2 depicts a frequency curve based upon 1,000 observa- 
tions made at Greenwich, of the right ascension of Polaris.^ The 

TABLE 4-2 

Distribution of Errors of Observation in Astronomical Measurements 
(1,000 observations of the Right Ascension of Polaris) 


Magnitude of deviation, 
ill HiToiids of time, from origin 

Number of obHcrvalions 

- 11.5 

2 

- 3.0 

12 

- 2.5 

25 

- 2 0 

43 

- 1 5 

74 

- 1 0 

J26 

- 05 

150 

0 

1(>8 

0.5 

148 

l.O 

120 

1 5 

78 

2 0 

33 

2.5 

10 

3.0 

2 


1,000 


• From VVhiUnkci and Holnnson, Ucl UM) 
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values on the abscissa define deviations, in seconds of time, from an 
origin near the mean of all the observations. Frequencies of oc- 
currence of given values on the a;-scale are measured, of course, as 
ordinate^ on the y-scale. The distribution plotted in Fig. 4.2 is given 
in Table 4-2. 


2 

7 

16 

25 

25 

16 

7 

2 


FIG. 4.3. Zone of Dispersion, Artillery Firing, Showing the Theoretical 
Percentage Distribution of Shots. 


If a piece of artillery be accurately adjusted on a given target 
(a point) and 100 shots be fired, it will be found that the points of 
impact of the hundred shots will be dispersed about the target. No 


TABLE 4-3 

Distribution of 1,000 Shots from a Single Gun 


Division 

Number of shots recorded 

1 (top) 

1 

2 

4 

3 

10 

4 

89 

5 

190 

6 

212 

7 

204 

8 

193 

9 

79 

10 

IG 

11 (bottom) 

2 

1 ,000 


matter how accurate the piece or the adjustment only a small per- 
centage of the shots will fall upon the exact point at which they 
were directed. The points of impact will be scattered about the 
target in a quite regular fashion, however. If a rectangle be so 
drawn as to include all the points of impact, and this rectangle (or 
zone of dispersion) be divided into eight equal parts,, the distribu- 
tion of shots within these sections will be as indicated in Fig. 4.3. 
(In any given case there are likely to be slight departures from this 
order, but in the long run this distribution will prevail.) 

This general rule holds for all classes of guns. The more accurate 
the gun the smaller will be the zone of dispersion, but the distribu- 




AVEIlAOeS 


T$ 

tion within this ^one is theoretically the same in all cases. Rules 
of fire used in artillery adjustment are based upon this fact. 

The results of actual firing may be contrasted with this theoreti- 
cal distribution. Table 4-3 presents a record of one thousand shots 
fired from a l^attery gun at the middle of a stationary target 200 
yards distant.* The target was divided by horizontal lines into 
eleven ecjual divisions. These results are presented graphically in 
Fig. 4.4. 



Divisions 


FIG. 4.4. Column Diagram Distribution oi 1,000 Shots Ironi a Single 
Ctun. 

The zone of dispersion being divided into eleven divisions in- 
stead of the eight referred to in describing the theoretical distribu- 
tion, a direct comparison cannot be made. We have here, however, 
the same general type of distribution found in the other examples 
given. A tendency toward concentration in tlie lower half of the 
target reflects a slight departure frgm symmetry. 

When coins are tossed the distribution of heads and tails is as- 
sumed to be determined by pure chance. In a single experiment ten 
coins were tossed 100 times. Table 4 -4 shows the frequencies wdth 
which given numbers of heads appeared. (The greatest number of 
heads possible in a given throw under such conditions is, of course, 
10; it is also possible tliat no heads should appear.) Figure 4.5 
depicts the corresponding frequency distribution. 


^ From Merriiniiii, Hef. 98. 
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TABLE 4-4 

Distribution of Results in Coin Tossing Experiment 
(Ten coins tossed 100 times) 


Number of heads 

Frequency of occurrence 

10 

0 

9 

1 

8 

4 

7 

7 

6 

2.? 

5 

:io 

4 

20 


0 

2 

5 

1 

1 

0 

0 


UK) 


We find in these four widely different fields something approach- 
ing a uniform law of arrangement of quantitative data. Do eco- 
nomic data show the same general characteristics? If reference be 
made to examples given in Chapter 3, comparisons with the four 
preceding illustrations may be made. The frequency distributions 
referred to are those relating to weekly earnings of employees, the 



FIO. 4.5, Frequency Polygon: Distribution of Heads in a Coin Tossing 
Experiment. 
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length of life of telephone poles, and the size-distribution of income 
in the United States. (The curve of the 1918 distribution, it should 
be noted, would show a long tail extending far to the right if the 
incomes above $4000 were included.) Several additional examples 
of economic data may be given. 

Figure 4.(5 illustrates the order in wdiich price variations are dis- 
tributed. It is based upon a study made by W. C. Mitchell of 5,578 
individual cases of change in the w'holesale prices of commodities 
from one year to the next.'* Thus, for example, the average price of 



Percentage of Fall Percentage of Rise 


FIG. 4.6. Froquency DiKtribution of 5,540 Chkok of Change in 

Whol('sfik* Prices of ('lommodities from One Year to the Next (after 
Mitclidl). 

middling upland cotton in New York in a given year was $0,115 
per pound. In the following year the average price was $0,128 per 
pound, an increase of 1 1 .3 percent. This would constitute one entry 
in the table of rising prices, falling m the class “10-11. 9%. The 
entire table consists of 5,578 such entries. These data are presented 
in Fig. 4.0 in the form of a frequency polygon, no attempt being 
made to smooth the curve. 

Table 4-5 shows the distribution of London-New York exchange 
rates (sterling exchange) from 1882 to 1913, inclusive. This was a 

* From Mitchell, Ref 106 4'he figure shows the price changes only within the range of a 
51 percent fall and a 51 percent nse. One ease of a price fall of 55 percent is not shown, 
and 37 cases of price increases ranging from 52 percent to 104 percent have not been 
included. 
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TABLE 4-5 

Distribution of London-New York Exchange Rates as Recorded by 
Months during the Period 1882-1913 


Frequency 

Class-interval (number of months given 

rate prevailed) 


S4.8273-S4.8324 

1 

4.8325- 4.8374 

6 

4.8375- 4.8424 

11 

4.8425- 4.8474 

21 

4.8475- 4.8524 

23 

4.8525- 4.8574 

24 

4.8575- 4.8624 

25 

4.8625- 4.8674 

40 

4.8675 4.8724 

45 

4.8725- 4 8774 

49 

4.8775- 4 8824 

35 

4.8825- 4 8874 

45 

4.8875- 4 8924 

33 

4.8925 4 8974 

16 

4 8975- 1 9024 

8 

4 9025 4.9074 

1 

4 9075- 4 9124 

384" 



FIG. 4.7. Frequency Polygon* Distribution of London-New York Ex- 
change Rates (as recorded over a period of 384 months). 


t2 


AVERAGES 


period when both currencies were freely convertible into gold, at 
fixed ratios, with customary market forces operating to keep ex- 
change rates between the two “gold points.” Observations covering 
recent decades would show quite different characteristics. In the 
distribution shown graphically in Fig. 4.7 monthly rates have been 
classified according to the frequency of their occurrence over the 
32 years of prewar experience.^ 

A distribution of slaughtering and meat-packing plants, classified 
according to the average hourly earnings of employees, is shown in 
Table 4-6 and graphically in Fig. 4.8. The data relate to 309 estab- 



40 60 80 100 120 140 160 180 200 220 


Earnings (in cents per hour) 

FIO. 4.8. Fie(|ueiu’\ l^olvf^on. Distribution of Etitiiblishmeiits Eiiguj^ed 
in SlaupflitcnriK and Meat Parking, liy Aveiage Hourly Piainmgs of 
JOniployoas, Maicli, 194(). 

lishinents, cinployiiig 122,269 production workers in 1946. There is 
a clear cgnceiitra-tion of frequencies between 80 and 120 cents on 
the scale of liourly earnings, with the heaviest grouping between 
100 and 110 cents. As is customary in income and wage distribu- 
tions this one is skew, with a tail extending to the right. The range 
of hourly earnings, like that of incomes in general, is greater above 
the mode than below.- 

The frequency curves and histograms based upon economic data, 
it will be noted, do not all show the symmetry and regularity that 
seem to characterize the curves representing physical data. Some 
are nonsymmetrical, showing a preponderance of cases on one side 

* “The figures are . . . the averages of those quoted at the beginning of eacjh month 
in the Economist: on and after .July, 1886, the exehange is the ‘telegraphic transfer,* 
before that date, ‘short at interest.”' The data are taken from Peake, Ref. 126. 
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TA8LC 4-6 

Frequency Distribution of Establishments Engaged in Slaughtering 
and Meat Packing, by Average Hourly Earnings of &nployees 
in March, 1946 * 


Hourly Earnings 

Plant Average 

Number of Reporting 
Establishments 

50- 69.9 cents 

4 

60- 69.9 cents 

12 

70- 79.9 cents 

17 

80- 89.9 cents 

41 

90- 99.9 cents 

63 

100-109.9 cents 

73 

110-1 19.9 cents 

37 

120-129.9 cents 

25 

130-139.9 cents 

10 

140-149.9 cents 

14 

150-159.9 cents 

6 

160-169.9 cents 

5 

1 70 1 79,9 cents 

1 

180-189.9 cents 

0 

190 -199.9 cents 

0 

200-209.9 cents 

1 

Total 

309 


• RoportH cover any part of the pay period ending nearest March 15, 1946, on both 
full-time and partr-time basis. 

of the point of greatest concentration. In some there are breaks in 
the regularity of the increase or decrease of frequencies. But in 
spite of these differences there is obviously a family resemblance 
between the measurements drawn from the fields of economics, 
astronomy, anthropometry, ballistics, and pure chance.^ Certain 
of the common characteristics may be noted. 

Some General Characteristics. There is, in the first place, varia- 
tion in the values of the measurements secured. Human heights 
vary, astronomical measurements of the same quantity differ, pro- 
jectiles fired under conditions as nearly constant as it is humanly 
possible to make them fail to land at the same spot, incomes vary 
as between individuals, and hourly earnings vary from man to 
man and from plant to plant. The various observations or values 

* ExampleH of more extreme deviatiorin from Htaiidard types have been cited. Thus 
there are J-shaped distributions with maximum frequencies at one end of the scale 
of or-values; there arc U-shuped distributions in which the concentrations of frequen- 
cies come at the tails rather than toward the center of the range of i-values. For 
distributions of these types the descriptive measures to be discussed in this and the 
following chapter lose some of their power and significance. But such distributions, 
although of special interest w'hcn they occur, are rare. 
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secured in a given case are distributed along a scale, between two 
extreme values. 

The distribution of these values along the scale (the a;-axis) is 
such that, moving from one extreme value towards the other, the 
number of cases found at successive points along the scale (the 
successive class frequencies) increases with more or less regularity 
up to a maximum, and then decreases in much the same way. In 
spite of variation, therefore, we find a central tendency ^ a massing 
of cases at certain points on the scale of values. This is the second 
notable characteristics that all the frequency distributions appear 
to possess in common. 
y 

.400 

.300 

.200 


.100 

000 

-3 “2 -1 0 +1 +2 H-3 

FIG. 4.9. The Noiiiial Curv'c of Krror. 

If we measure, for each of the successive classes, tlie amount of 
deviation along the scale from the point of greatest concentration 
it will be noted that small deviations are much more frequent than 
large ones, that extreme deviations are rare, and that deviations 
on both sides of the point of concentration reach perfect (or almost 
perfect) eciiiality in the examples taken from the physical sciences 
and from the field of pure chance, and approximate equality in the 
economic distributions. (Exceptions to this rule of approximate 
equality on the two sides of the point of greatest concentration are 
not infrequent, the example of income distribution being a striking 
case in point.) 

Figure 4.9 is a grapli of wdiat is called the normal distribution. 
The traditional term for the curve is “normal curve of error.” Its 
characteristics, and the nature of the scales used in its representa- 




DESCRIPTIVE MEASURES 


BS 

tion, will be discussed in greater detail in a later section. At this 
point it is presented merely as a basic type which some of the above 
examples approach closely, and from which others represent more 
or less pronounced deviations. Departures from this type, let it be 
emphasized, are numerous and significant, but as a basic form this 
normal curve of error is extremely important in statistical work. Its 
existence and our knowledge of its qualities are a main justification 
for the use of a generalized method of describing frequency distribu- 
tions. Distributions of quantitative data vary, and their variations 
from each other and from certain standard types are of the greatest 
significance, but in spite of their variations a family resemblance 
runs through them all. Each new frequency distribution is not an 
isolated phenomenon, but a member of a large family. Accordingly, 
the task of describing a given distribution and generalizing from 
it may be approached with confidence in methods that have been 
found applicable in other cases. 

Given this more or less common type, how may a given distribu- 
tion be described and differentiated from others? Certain methods 
will have been suggested by the preceding discussion. 

Descriptive Measures: General 

The values of all the observations, it has been noted, are spread 
along a scale. The frequency distribution may be described by the 
selection of a single value on that scale which is thoroughly repre- 
sentative of the distribution as a whole. Since the frequencies vary, 
an obvious choice is the selection of tliat value which occurs the 
greatest number of t imes, or, in other w^ords, that point on the scale 
at which the concentration is greatest. This value constitutes a 
measure of the central tendency of the distribution. Thus, one might 
find the income class in which the greatest number of families fall, 
and let the midpoint of that class (which is $3,500 in the distribu- 
tion presented in Table 3-7) serve as the representative of the dis- 
tribution. This most common value, it should be noted, is only one 
of several possible measures of the central tendency of a given 
distribution. All such measures are termed averages. They are some- 
times spoken of as measures of location^ since they locate the dis- 
tribution, or important elements of it, on the x-scale. 

A single representative value of this type has many uses but, by 
itself, it obviously leaves out many facts concerning the distribu- 
tion. Of great importance is the character of the distribution about 
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the average. Are the values of all tabulated cases closely concen- 
trated, or is there pronounced dispersion over a wide range? The 
representative character of any average depends upon how closely 
the other values cling to it, upon the degree of concentration about 
the central tendency. The average, therefore, must be supple- 
mented by a measure of variation y a measure of the “scatter^’ about 
the central value. 

An adequate description should include also an account of the 
degree of symmetry of the distribution. It is highly important to 
know' whether there are equal distributions of cases on the tw'o 
sides of the point of greatest concentration, or whether the fre- 
quency curve is skewed to one side, as in the case of incoine dis- 
tribution illustrated above. If the curve is not symmetrical the 
degree of a symmetry should be determined, and for this purpose 
measures of skewness liave been developed. 

Statisticians have employed, also, a measure of the degree of 
peakedness of frequency curves, derived by comparing given curves 
with the normal curve of error as a standard. It is obvious that the 
frequency polygon representing price clianges from year to year 
(Fig. 4.0) would, if smootlied, yield a curve much more peaked 
than the normal curve, and this fact of pronounced concentration 
at the central value is highl 3 ' significant. This characteristic of fre- 
quency curves is called knriosiSy or pcakednessy or excess. The meas- 
urement of kurtosis, when suitable, constitutes the final step in 
the description of the frequency distribution. 

When these various measures have been secured the task of sta- 
tistical inquiry will be w^ell under way. The chaotic assortment of 
data with which we started will have been reduced to workable 
form in the shape of a frequency table, and the essential facts that 
the table reveals will have been distilled into three or four signifi- 
cant measures. This process not onl^' reveals the characteristics of 
the given distribution, but also facilitates comparison with similar 
distributions. For example, it is impossible to compare some tens 
of millions of unorganized personal income figures for the United 
States with similar data for Great Britain. But if we secure a value 
for the average or most representative income for each country, to- 
gether with a description of the distribution of personal incomes 
about that central value, w'e have a legitimate basis for compara- 
tive study. Finally, by the determination of these descriptive meas- 
ures a foundation wdll have been laid for the processes of inference 
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— whether the purpose be to estimate population characteristics 
or to test hypotheses — that are usually the main concern of scien- 
tific inquiry. 

The succeeding section is devoted to a discussion of one phase 
of this descriptive process, that involving the measurement of cen- 
tral tendencies. After the development of this subject of averages, 
problems relating to measures of variation and of skewness will be 
dealt with. 

Measures of Central Tendency 

We have seen that the representation of a frequency distribution 
by an average, a single typical figure, is justified because of the 
tendency of large masses of figures to cluster about a central value, 
from which the values of all observed cases depart with more or less 
regularity and smoothness. It is because of the concentration of 
cases about a central point on the scale that such representative 
figures have significance. The average represents the distribution 
as a whole because it is a typical value. If the individual items en- 
tering into a distribution vary widely in value and show no tend- 
ency toward concentration, no single value can represent them. 
Thus the arithmetic mean of the three numbers 3, 125, 1,000 is 376, 
but 376 is of limited usefulness as a substitute for the three values 
on which it is based. This fundamental requirement, that there be 
a tendency toward concentration about a central value, should be 
met if an average is to be representative. 

If the general character of a frequency distribution be recalled, 
the logic of one sort of average will be clear at once. It was sug- 
gested above that that point on the a;-scale at which the concentra- 
tion is greatest, the value that occurs the greatest number of times, 
might be taken as typical of the entire distribution. This value is 
termed the mode, and the group in which it falls is called the modal 
group. If a frequency curve be drawn to represent a given distribu- 
tion, the mode will be the x-value corresponding to the maximum 
ordinate.^ The maximum ordinate itself measures the frequency of 
the modal group. Students frequently confuse these two values in 
determining the mode. It is not the distance along the y-scale 
but the distance along the x-scale that defines the value of the 
mode. Each ordinate merely measures the number of cases falling 
in a given class, not the value of the cases falling in that class. 

” Strictly speaking, the mode is the :r-value corresponding to the maximum ordinate 
of the ideal frequency curve that has been fitted to the given distribution. 
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As typical of a given distribution we might also select that point 
on the scale of x-values on each side of which one half the total 
number of cases falls. This value, which is called the median, is that 
which exceeds the values of one half the cases included, and is in 
turn exceeded by the values of one half the cases. Thus it has been 
estimated that in 1947 the median family income in the United 
States was $3,027 ; one half of the 37,000,000 families received less 
than this sum, while one half received more. When a distribution 
is represented by a frequency curve, the area under the curve is 
divided into two equal parts by an ordinate erected at that point 
on the x-axis corresponding to the median value. This follows, of 
course, from the definition of the median, and from the fact that 
the area under a frequency curve represents the total number of 
cases included in the distribution. 

The arithmetic mean is a third type of average that may be used 
to represent a distribution. This is a caLcuLated average, affected by 
the value of every item in the distribution. Herein, obviously, it 
differs from the mode and median, which depend primarily upon 
the relative position of the items in the frequency table and arc not 
affected by the values of all individual items. The arithmetic mean 
is the center of gravity of a distribution; it would be the x-value of 
the point of balance of a frequency curve, if the curve could be 
blocked out and manipulated in solid form. 

The geometric mean and the harmonic mean are two other aver- 
ages; the characteristics of these will be discussed at a later point. 

Notation. The computation or location of these various averages 
may involve somewhat lengthy processes if the number of cases in- 
cluded is great, [f appropriate methods are employed, however, the 
labor of computation may be materially cut dowm. The use of the 
following symbols will simplify the explanation of these methods: 

A”: the value of an individual observation; a series of ob- 
st^r\"ations on a variable quantity is represented by 
A'l, A’a, A '3 ■ • • Xn’f X is also used as a general symbol 
for a variable 

Af, X or the arithmetic mean of a sample ' 

’ In later sectionB uao will also be made of the symbol (the Greek letter mu) to repre- 
sent the arithmetic mean As has lieen noted, letters from the English alphabet are 
conventionally used to represent attributes of a sample, Greek letters for the corre- 
sponding attributes of the population that is being sampled. Thus Af, the mean 
height of a sample of male college students, might be 5 feet 10 inches. This is taken 
to be an estimate of the unknown mean height of the entire population of twaU 
college students. 
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dor x: the deviation of an individual observation from the 
mean; the deviation of a class midpoint from the mean 
A or M ' : an arbitrary origin other than the mean 

c: the deviation of the mean of a sample from the arbi- 
trary origin 

d' or ; the deviation of an individual observation or a class 
midpoint from an arbitrary origin 
/ : the number of items (observations) in a given class in a 
frequency distribution 

N : the total number of items in a given series, or in a fre- 
quency distribution 
Mo\ the mode 
Md: the median 
Mg', the geometric mean 
H : the harmonic mean 
h: class-interval 

S (Sigma): a symbol for the process of summation, meaning “the 
sum of' 

The Arithmetic Mean. Using the above notation, the formula for 
the arithmetic mean is: 



Thus the mean of the measures 2, *5, 6, 7, is equal to the sum of 
these measures divided by 4, which is or 5. The computation of 
the arithmetic mean when each measure is reported at its true value 
is thus a simple process of summation and division. The weekly 
earnings of 220 textile workers were listed in an earlier section. If 
these figures be added and the total divided by 220, the mean 
weekly wage is found to be $50.16841. In this case the task of add- 
ing 220 items is somewhat tedious; it is a task which would become 
almost impossible if one were dealing with the 37,000,000 family 
income figures, for example. For practical reasons, therefore, it is 
usually necessary to compute the required averages from the fre- 
quency distribution rather than from the original ungrouped data. 
To exemplify this process we may utilize data relating to the hourly 
earnings of workers in industrial chemical plants in 1946. 

The importance of certain of the precautions mentioned in the 
section on classification, in connection with the choice of a class- 
interval, will be clear from this example. When the mean of a 
distribution is calculated from classified observations, we must as- 
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Bume an even distribution of cases within each class. The class- 
interval should be selected with this in mind, in order that errors 
introduced by the assumption may be minimized. If the items in 
each class are evenly distributed, the mid-value of each class may 
be taken as representative of all the observations included; when 
such a mid- value is multiplied by the number of items in the class, 
the product is approximately equal to the sum of all the individual 
items in the class. The formula for the mean thus becomes X * 

Table 4-7 illustrates the procedure in detail. 

TABLE 4-7 

Calculation of the Arithmetic Mean of Straight-Time Average 
Hourly Earnings of Workers in Industrial Chemical Plants 
in the Southeastern States, January, 1946 * 


( UasB-interval 
(cants per hour) 

Midpoint 

A' 

Frequency 

/ 

fX 

40- 49.9 

45 

2 

90 

60 59.9 

55 

326 

17,930 

60- 69.9 

65 

500 

32,500 

70- 79 9 

75 

368 

27,600 

80- 89.9 

85 

202 

17,170 

90- 99.9 

95 

174 

16,530 

100-109 9 

105 

150 

15,750 

110-119.9 

115 

151 

17,710 

120-129 9 

125 

72 

9,000 

130 139 9 

135 

22 

2,970 

140-149.9 

145 

(> 

870 

150-159.9 

155 

4 

620 

160-169.9 

165 

8 

1,320 

170-179.9 

175 

4 

700 

180-189.9 

185 

2 

370 



1,994 

161,130 


y _ 2(/A) 

^ 161,130 
“ 1,994 

80 ^74 cents 



• 'Phoso figures aiui sinnliir data appearing in subwMiuent tallies uere eonipiled by the 
Wage Analysis Hranish of the United States Bureau of Ubor Statistics. See Monthly 
Labor Hmew, Novembei, 1946. I'he detailed statistics were provided through the 
courtesy of Dr. Kwan Ulague, Commissioner of Labor Statistics, and Mr. II. M. Douty 
Chief of the Wage Analysis Branch, Bureau of Labor Statistics. ’ 

The value secured in this way is sometimes called a weighted 
arithmetic mean. Wiiat we do, in effect, is to secure the arithmetic 
mean of the 15 figures in the column headed X. We do not take a' 
Simple average of these figures, however, but weight each one in 
proportion to the number of cases falling in the class-interval of 
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which it is the mid-value. It is precisely the procedure we should 
follow in calculating the mean of five men’s incomes, two of whom, 
let us say, have incomes of $2,000 and three of whom have incomes 
of $3,000. Clearly it would not do to add the figures $2,000 and 
$3,000, dividing the sum by two. The figure $2,000 is given a weight 
of two, the figure $3,000 is given a weight of three, and the re- 
sultant sum, $13,000, is divided by five. Though the procedure in 
working from the frequency distribution is thus a form of weighting, 
the term “weighted average ” has in general a more restricted mean- 
ing, to be explained at a later point, and should not be applied to 
an average computed from a frequency distribution. 

Short method of computing the arithmetic mean. The calculation 
of the arithmetic mean from the frequency table is much easier, 
in general, than from the ungrouped data, but when the number of 
cases included is large even the computation from the frequency 
table by the method illustrated above may be laborious. The pro- 
cedure may be greatly simplified. 

From the method of computing the arithmetic mean it follows 
that the algebraic sum of the deviations of a series of individual 
magnitudes from their mean is zero. This may be readily demon- 
strated. We represent the series of magnitudes by Xi, X2, X3, . . . 
Xny their arithmetic means by X, and the deviations of the various 
magnitudes from the mean by di, ^2, ds, . . . d„. 

Then 


X, + X2 + X, + • • • + = iVX (4.4) 

The number of terms, of course, is equal to N. Therefore, sub- 
tracting X N times from each side of the equation, 

(Xi-X)+(X2-X)-h(X8-X)H- • • • +(Xn-X)=0 (4.5) 

But 

Xi - X = di, X2 - X = d2, etc., and formula (4.5) may be written 
Sd - 0 (4.6) 

Knowing this to be true we may measure the deviations of a series 
of magnitudes from any arbitrary origin, secure the algebraic sum 
of the deviations, and from this sum ascertain the difference be- 
tween the arbitrary origin and the actual mean of the distribution. 
In effect, a constant has been added to (or subtracted from) each 
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deviation, when the deviation is measured from the arbitrary origin 
instead of from the actual mean. This constant is the difference be- 
tween the mean and the arbitrary origin. Since the constant is 
introduced N times, its value may be readily determined by divid- 
ing by N the sum of the deviations from the arbitrary origin. 

If we let A represent the arbitrary origin, while c = Y - A, and 
d[, di, di, . . . dft represent the deviations of the various magnitudes 
from A (i.e., d( = Xi - A, di = - A, etc.) then 

d\ = d\ + c, ^2 = d'i + c, dj = da + c, . . . = d„ + c 

and 

Sd' = 2d -f 

But 


2d = 0 
.•.2d' = Nc 



From the known values of .4 and c the value of the actual mean 
may be obtained, for X = A + r. The procedure is illustrated in 
tlie simple exaniph* given in Table 4 S. 

TABLE 4-8 

Computation of the Arithmetic Mean (Short Method) 

(Ungrouped data) 


A 

f 

d' 

5 

1 

- 15 

15 

1 

- 5 

25 

J 

+ 5 

:i5 

1 

+ 15 

45 

1 

+ 25 


5 

+ 25 


-1 = 20 


c 

X 


A' 


+ 25 


- = + 5 


.1 + r = 20 + 5 = 25 


The work of computation may be still further abbreviated, for 
observations arranged in the form of a frequency distribution, by 
measuring the deviations in terms of the class-interval as a unit. 
Then, in finally applying the necessary correction, the difference 
between the true mean and tlie arbitrary origin may be again ex- 
pressed in terms of the original units. The method may be illus- 
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trated in detail with reference to the wage data for which the mean 
has already been calculated (see Table 4-9). 


TABLE 4-9 

Calculation of the Arithmetic Mean of Straight-Time Average 
Hourly Earnings of Workers in Industrial Chemical Plants 
in the Southeastern States, January, 1946 (Short method) 


Class- 

interval 

Mid- 

point 

X 

Frequency 

d' 

(in class- 

fd> 




({!ents per 

/ 

interval 



-j- 



hour) 



units) 





40 - 49.9 

45 

2 

- 4 

8 



Calculations 

50- 59.9 

55 

32(i 

- 3 

978 



A = 85^ 

60- 69.9 

65 

500 

- 2 

1,000 



70- 79.9 

75 

368 

- 1 

368 


1. 

Algebraic sum of devia- 

80- 89.9 

85 

202 

0 




tions from A 

90- 99.9 

95 

174 

+ 1 


174 


- 2,354 
-H 1,518 

- 8.36 

100 109.9 

105 

150 

+ 2 


:ioo 


110-119.9 

115 

154 

+ 3 


462 


120 129 9 

125 

72 

+ 4 


288 


130- 139.9 

135 

22 

4- 5 


no 

2. 

Calculation of c (in 

140-149.9 

145 

6 

-H 6 


36 


class-interval units) 

150-159 9 
160-169.9 

155 

165 

4 

8 

+ 7 
+ 8 


28 

64 


c = - - .41926 

170-179.9 

175 

4 

+ 9 


36 


1,994 

180- 189.9 

185 

2 

+ 10 


20 

3. 

Reduction of c to origi- 

Total 


1,904 


~ 2,354 + 1,518 


nal units 


Class-intorval =10^ 
c (in original units) 

= - .41926 X 10^ 
= - 4.1926^ 

4. Dete'rmination of X 

X = A -Hr 
= 85 - 4.1926 
= 80.8074^ 


The steps in this process of calculating the arithmetic mean by 

the short method may be briefly summarized: 

1 . Organize the data in the form of a frequency distribution. 

2. Adopt as the arbitrary origin the midpoint of a clas6 near the center 
of the distribution, 

3. Arrange a column showing the deviation (d') of the items in each class 
from the arbitrary origin, in terms of class-interval units. This deviation 
will be zero for the items in the class containing the arbitrary origin, 
— 1 for the items in the next lower class, + 1 for the items in the next 
higher class, and so on. 
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4. Multiply the deviation of eaeh class by the frequency of that class, 
taking account of signs. The>8e products are entered in the cohunn fd*. 

5. Get the algebraic sum of the items entered in the column fd'. 

6. Divide this sum by the total frt^quency (N). The quotient is the cor- 
rection (c) in (* hiss-interval units. 

7. Multiply the correction (c) by the class-interval. The product is the 
correction in terms of the original units. 

8. Add this correcitiori (algebraically) to the arbitrary origin {A); the sum 
is the mean (X). 

Location of the Median. The median is a value of a variable so 
selected that .50 percent of the total number of cases, when ar- 
ranged in order of magnitude, lie below it and .50 percent above it. 
For many frequency distributions this is a useful and significant 
figure. 


$2,750 $2,975 $a 

\ _j 1 

$ 

,128 $3,451 

3,475 

$3,825 $3,950 

t II 

“00 3000 ^ 

3500 40'00 

r* incQint! duaie in uuiiai^ ^ 


FIG. 4.10. Illustrating the Location of the Mo(liaj;i with 
Ongroupcd Data (personal incomes of seven individuals). 


Ungrouped data. When an investigator is handling unclassified 
observations the location of tlie median is a simple matter. The 
data having been arranged in order of magnitude, it is necessary 
only to count from one end until that point on the scale of values is 
readied that divides the number of cases into two equal parts. As 
a simple example we may assume that the following seven figures 
represent the annual incomes of seven individuals: 

$2,7.50 $2,97.5 $.3,128 $3,4.50 $.3,47.5 .$.3,825 $3,9.50 

The scale of values extends from $2,7.50 to $3,9.50, and seven 
items are arranged along this scale. The value $3,000 has two items 
on one side and five items on the other, so obviously does not con- 
form to our definition of the median. The value $3,4.50, which coin- 
cides with the income of one of the seven individuals, is the median 
in this case. Three items lie on each side of this value; or, if we 
assume the central item to be cut in two, 3i items lie on each side 
of this point. This case is illustrated in Fig. 4.10. This diagram may 
help to bring out the fact that the median is a point on a scale so 
located that it cuts the frequencies in two. 




THE MECHAN 


99 


The problem is slightly different when an even number of cases 
is included. This condition is exemplified in Table 4-10 which shows 

TABLE 4-10 

Average Hourly Earnings in Selected Industries, 

January, 1947 * 


Industries 

Cents 

per 

hour 

Hotels (year-round) 

64.8 

Fertilizers 

81.0 

Cotton manufactures, except smallwares 

91.4 

Sawmills and logging camps 

93 6 

Retail trade 

9.5.1 

Canning and preserving 

97.5 

Silk and rayon goods 

97.5 

Boots and shoes 

99.8 

Cigarettes 

104.1 

Furniture 

104.5 

Cement 

107.9 

Radios and phonographs 

108.4 

Flour 

110.1 

Clocks and watches 

110.6 

Paper and pulp 

112.9 

Telephone 

113.3 

Ijcather 

117.4 

Paints, varnishes, and colors 

118.1 

Wholesale trade 

119.7 

Slaughtering and meat packing 

120.3 

Aluminum manufactures 

121.3 

Textile machinery 

122.7 

Electrical eciuipmeiit 

123.2 

Machinery and macdiine-shop products 

126.2 

Refrigerators and refrigeration equipment 

126.7 

Steel (;astings 

129.8 

Machine tools 

1.32.6 

Blast furnaces, steel works, and rolling mills 

133.3 

Aircraft engines 

135.8 

Engines and turbines 

130.8 

Automobiles 

138.9 

Locomotives 

139.7 

Shipbuilding and boatbuilding 

142.1 

Forgings, iron, and steel 

143.0 

Petroleum refining 

146.3 

Bituminous coal mining 

149.0 

Newspapers and periodicals 

' 157.2 

Anthracite coal mining 

158.9 


* From Monthly Labor Review, April, 1947. 

the average earnings per manhour in each of 38 selected indus- 
tries in January 1947. 
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In this case the median must be a value on each side of which 19 
industries lie. Therefore any value exceeding 119.7 cents (average 
earnings in wholesale trade) and less than 120.3 cents (average 
earnings in slaughtering and meat packing) will satisfy the defini- 
tion of a median. Under these conditions, where the median is 
really indeterminate, a value half-way between two limiting values 
is accepted, by convention. The median of the 38 figures would thus 
be 120.0 cents. 

Grouped data. The task of locating the median is essentially the 
same when the data are in the form of a frequency distribution. 
The fact that the real values of the individual items are not known. 


because of the groupings by classes, complicates the problem 
slightly. We may illustrate the procedure with reference to data 
on the distribution of family income, as classified in Table 4-11. 

TABLE 4-11 

Distribution of Money Income among Families in 1947 * 

Jncoine cIiibh 

Numb(‘r of familica 
(in thousanda) 


Under $5(X) 

1,640 

N :i7,279 

% 500 to $ 999 

2,386 

2 - 2 ‘ ® 

l,(KX)to 1,499 

2,908 

/223 5 \ 

Md = #3,000 4- X $500 

1,600 to 1,999 

2, OCX) to 2,499 

3,280 

4,213 

\4,213 / 

2,5(X)t,o 2.999 

3,989 

= $3,000 -f #27 

3,CXK)to 3,499 

4,213 

= $3,027 

3,5(X)to 3,999 

3,131 


4,0(X) to 4,499 

2,572 


4,5(X)to 4,999 

1,752 


5,0(K) to 5,999 

2,870 


6,000 to 9,999 

3,318 


10,000 and over 

1,(X)7 


Total 

37,279 



• U.S. Bureau of the Census, (^urrent Population RejiortB: Consumer Income, Senes 
P“(K), No. 5, I'Vb 7, 1941) I'he jiresent table iS derived from the percentage distribu- 
tion given in the CeiiHUH publication. 

This example is especially appropriate because the median may be 
accurately determined, whereas the mean could not be. 

In the present case the location of the median involves the de- 
termination of that value on each side of which 18,639.5 items lie. 
We may assume that we start at the lower end of the scale and 
move through the successive classes. When we reach the upper 
limit of the first class (that including items having values from 0 
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to S500) we have left behind us 1,640 cases, while 35,639 lie in 
front of us. (The counting unit is 1,000 families). When the upper 
limit of the second class is attained, 4,026 items have been passed. 
The upper limit of the sixth class has below it, 18,416 items while 
below the upper limit of the seventh class are 22,629 items. Some- 
where between the lower and upper limits of this seventh class lies 
the desired point, that which has 18,639.5 items on each side of it. 
How far must we move through this class, from $3,000 to $3,500 
in order to reach this point? 

It will be recalled that, for purposes of calculation, the assump- 
tion is made that there is a uniform distribution of the items lying 
within any given class. Since before we reach the seventh class 
18,416 cases have been counted, only 223.5 of the 4,213 included 
in this class are needed to complete the desired number, 18,639.5. 
On the assumption of even distribution the required 223.5 cases 
will lie within a distance on the scale equal to fffir of class- 
interval. The class-interval is $500; fffif of $500 is equal to $27. 
As we move up the scale, then, having reached $3,000, we proceed 
an additional distance equal to $27. At a point on the scale having 
a value of 3,027 is the dividing line on each side of which lie 18,639.5 
cases. This is the value of the median. 

The process of computation is shown at the right of the fre- 
quency table. The following is a summary of the steps involved in 
the location of the median: 

1. Arrange the data in the form of a frequency distribution. 

2. Divide the total number of measures by 2; this gives the number that 
must lie on each side of the point to be located. 

3. Begin at the lower end of the scale and add together the frequencies 
in the successive classes until the lower limit of the class containing 
the median value is reached. 

4. Determine the number of measures from this class which must be added 
to the frequencies already totaled to give a number equal to N/2. 

5. Divide the additional number thus required by the total number of 
cases in the class containing the median. This indicates the fractional 
part of the class-interval within which the required cases lie. 

6. Multiply the class-interval by the fraction thus set up.^ 

7. To the lower limit of the interval containing the median add the result 
of the multiplication process indicated in (6). This gives the value of 
the median. 

The last three steps constitute merely a simple form of inter- 
polation. 



AVERAGES 


The entire process may be reversed by beginning at the upper 
end of the scale and counting downwards. In this case the final 
operation is one of subtraction from the upper limit of the interval 
containing the median. 

A^/2 may be a fractional value, as in the example given, or a 
whole number. The operation is precisely the same in the two cases. 

Location of the Mode. The mode is the value of the x-variable 
corresponding to the maximum ordinate of a given frequency curve. 
The concept of a modal value is a thoroughly easy one to grasp. 
It is the most common wage, the most common income, the most 
common height. It is the point where the concentration is greatest, 
a characteristic whicli is effectively brought out by Fechner^s term 
for this average, dichtester wert^ or thickest value. It is not so easy, 
however, to locate tlie true mode in a given case. In general sta- 
tistical work an approximate value only is secured for the mode. 

The method of determining this approximate modal value may 
be illustrated by reference to the distribution shown in Table 4-12. 

TABLE 4-12 

Frequency Distribution of 5- Percent Bonds 
(This table is based upon quotations on the New York Stock Exchange 
on December 31, 1948, on domestic bonds with coupon 
rate of 5 percent) 


Quoted price 

C 'lass-interval 

Midpoint 

X 

Frequency 

/ 

Less than SO 


11 

80- 80.9 

85 

7 

90- 99.9 

95 

14 

J 00 -109.9 

105 

29 

110-119.9 

115 

7 

120-129.9 

125 

3 

130 and more 


2 


• 

73 


• Bonds of corporations in default or in bankruptcy or receivership are excluded. 

There is wide dispersion of the 11 cases falling below 80; the exist- 
ence of this ‘^open-end” class and another at the top of the scale 
makes it impossible to compute the mean, as the table stands. 
The mode is therefore an appropriate average to employ. 

The class having limits of 100-109.9 contains the greatest num- 
ber of cases. This appears to be the modal group, and the midpoint 
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of this class, 105, may be tentatively accepted as the value of the 
approximate mode. But with different classifications quite different 
values might be secured for the mode. When the original bond quo- 
tations are tabulated with varying class-intervals the results in 
Table 4-13 are secured. (Only the frequencies of the central classes 

TABLE 4-13 

Selected Class Frequencies 
Distribution of 5*Percent Bonds 


(a) (b) (c) (d) 


CluHS-interval = 6 
Class-interval f 

85- 89.9 4 

90- 94.9 7 

95- 99.9 7 

100-104.9 17 

105-109.9 12 

110-114.9 3 


Class-interval = 5 
Class-interval / 

82.5- 87.4 4 

87.5- 92.4 3 

92.5- 97.4 7 

97.5- 102 4 14 

102.5- 107.4 16 

107.5- 112.4 7 


Class-interval = 2.5 
Class-interval / 

97.5- 99.9 5 

100.0- 102.4 9 

102.5- 104.9 8 

105.0- 107.4 8 

107.5- 109.9 4 

110.0- 112.4 3 


Class-interval I 
Cxlass-interval f 

100- 100.9 3 

101- 101.9 5 

102- 102.9 2 

103- 103.9 5 

104- 104.9 2 

105- 105.9 3 

106- 106.9 5 

107- 107.9 4 


are shown. It is not necessary, for this purpose, to present each of 
the tables as a whole.) With a class-interval of 5 a value of 102.5 
is secured for the mode; a class-interval of 5, again, but with differ- 
ent class limits, yields a mode of 105. With a class-interval of 2.5 
a value of 101.25 is obtained. Finally, a class-interval of 1 gives 
three modes: 101.5, 103.5, and 106.5. Further changes in classifica- 
tion would give still other values. The mode thus appears to be a 
curiously intangible and shifting average. Its value, for the same 
data, seems to vary with changes in the size of the class-interval 
and in the location of the class-limits. 

These difficulties arise primarily from limitations to the size of 
the sample being studied. The true mode, that value which would 
occur the greatest number of times in an infinitely large sample, 
could be located exactly if we could increase indefinitely the num- 
ber of cases included. For, given sufficient cases, the approximate 
mode approaches the true mode as the class-interval decreases. 
Grouping in large classes obscures details, and as these classes are 
reduced in size more of the details are seen and a truer picture of 
the actual distribution is secured. But since most practical work is 
necessarily based upon relatively small samples, the increase in the 
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number of classes reveals gaps and irregularities, and causes such 
a loss of symmetry and order that doubt arises as to where the point 
of greatest concentration really lies. The different tabulations of 
bond prices furnish an excellent example of this. 

By mathematical methods it is possible to estimate the value of 
the true mode without securing an infinite number of cases. The 
smoothing process has been briefly explained. One sort of smooth- 
ing involves the fitting of an appropriate type of ideal frequency 
curve to the data of a given frequency distribution. This gives, 
theoretically, the distribution which would be secured by the proc- 
ess first indicated, that of decreasing indefinitely the size of the 
class-interval and increasing indefinitely the number of cases. The 
value of the x-variable corresponding to the maximum ordinate of 
this ideal fitted curve is the estimated mode.“ 

For most practical purposes approximate values of the mode are 
adequate, and these may be secured by much simpler methods. A 
first and rough approximation may be obtained by taking the mid- 
value of the class of greatest frequency, a method suggested above. 
If the general rules for classification which were outlined in an 
earlier section have been followed, this procedure will not gen- 
erally involve a gross error. 

It is possible, given a fairly regular distribution, to secure, by 
a process of interpolation within the modal group, a closer approx- 
imation than is obtained by accepting the mid-value of this group 
as the mode. Referring again to the tabulation of bond prices in 
Table 4-12 it will l)e noted that the distribution on the two sides 
of the modal class is not symmetrical. The modal class is that with 
a mid-value of 105. The class next below, with a mid-value of 95, 
contains 14 cases, while that next above, with a mid-value of 115, 
contains but 7 cases. The disproportion is continued in the suc- 
ceeding classes below and above, more cases being bulked below 
the modal class than above. For other purposes we have assumed 
an even distribution of cases between the upper and lower limits 
of each class, but it is probable that this is not true of the modal 
class in the present case. Judging from the distribution outside this 
class, it is likely that the concentration is greater in the lower half 
of the class-interval, that is, between 100 and 105. The mode, there- 
fore, probably lies below the mid-value 105, rather than precisely 
^t that point. We may attempt to locate it within the group by 

• A mothod of approxiauitint; the line mode is discussed in (’haplei (i. 
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weighting, assuming a pull toward the lower end of the scale equal 
to 14 (the number in the class next below) and a pull toward the 
upper end of the scale equal to 7 (the number in the class next 
above). This may be expressed by a formula, employing the follow- 
ing symbols : 

I = lower limit of modal class 

/i = frequency of class next below modal class in value 
/2 = frequency of class next above modal class in value 
h = class-interval 

The interpolation formula is 

Applying this formula to the bond price data presented in Table 
4-12, we have 

Mo ^ 100 + (~X 10^ = 100 + 3.33 = 103.33 

A closer approximation may sometimes be secured by basing the 
weights (represented by /o and/i) upon the total frequencies of the 
two or three classes next above the modal class and the same num- 
ber below. If two classes on each side are included in the present 
case, a value of 103.23 is secured for the mode of bond prices. 

In some (;ases the problem of locating the mode is complicated 
by the existence of several points of concentration, rather than the 
single point which has been assumed in the preceding explanation. 
A distribution of this type is called bi-modal ; when plotted, a fre- 
quency curve having two humps is obtained. If the data are homo- 
geneous such a distribution is the result of paucity of data and of 
the method of classification employed. It may be due to the use of 
a class-interval too small, with respect to the number of cases in- 
cluded in the sample. An approximate mode may be determined in 
such cases by shifting the class-limits and increasing the class- 
interval, carrying on this process until one modal group is definitely 
established. This reverses the process by which the true mode may 
be located when the number of cases is infinitely large. With a lim- 
ited number of cases the location of the point where the concentra- 
tion is greatest necessitates increasing the size of the class-interval, 
in order to get away from the irregularities due to the smallness 
of the sample. 
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If the diHtributrioii remains bi-modal in spite of changes in the 
<^lasH-iiitervalH and class-limits, it is probable that the data reflect 
the influence of quite different sets of forces. Thus if hourly wage 
data for a sample of anthracite coal miners and for a sample of 
hotel workers were combined in a single frequency distribution, 
two modal points would be expected (see averages in Table 4-10, 
p. 95). The significance of a frequency distribution is lost if it con- 
tains a mixture of observations relating to essentially different 
groups. 

Determination of modal value from mean and median. Another 
method of securing an approximate value for the mode, a method 
based upon the relationship between the values of the mean, me- 
dian, and mode, may be employed in certain cases. In a perfectly 
symmetrical distribution mean, median, and mode coincide. As 
the distribution departs from symmetry these three points on the 
scale are pulled apart. If the degree of asymmetry is only moderate 
the three points have a fairly constant relation. The mode and 
mean lie farthest apart, with the median one third of the distance 
from the mean towards the mode. (If the asymmetry is marked, 
no such relationship may prevail.) Having the values of any two 
of the averages in a moderately asymmetrical frequency distribu- 
tion, therefore, the other may be approximated. In fact, however, 
the method should only be employed in determining the value of 
the mode, as the other two values may be computed more accu- 
rately by other methods. The value of the mode itself should only 
be determined in tliis way when more exact methods are not ap- 
plicable oj are not called for. 

Tbe following formula is based upon this relationship: 

Mo = Mean - 3(Mean - Md) (4.8) 

Applying this formula to the telephone pole data shown in Table 
3-10, the following result is secured:* 

Mo = 9.33 - 3(9.33 - 9.015) = 8.385 

This value is slightly below the mid-value of the modal class, 8.5, 
and is also less than the value 8.49 which is secured by weighting 
within the modal group (using four classes on each side). 

For some purposes, particularly those that involve the averaging 
of rates or ratios rather than quantities, none of the averages that 
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have been described is suitable. The geometric and the harmonic 
means are types of averages that should be familiar because they 
are particularly appropriate for such purposes. 

The Geometric Mean. The geometric mean is the nth root of 
the product of n measures; its value thus is represented by: 

• flta • ffls * • * CLn (4.9) 

The geometric mean of the numbers 2, 4, 8, is 

Mg = v^2 X 4 X 8 

= 

- 4 

It is obvious from the method of computation that if any one of 
the measures in the series has a value of zero the geometric mean is 
zero. 

The actual computation of the geometric mean is greatly facili- 
tated by the use of logarithms. In this form 

Log = loK «. + (4.10) 

The logarithm of the geometric mean is equal to the arithmetic 
mean of the logarithms of the individual measures. 

When the measures, of which the geometric mean is desired, are 
to be weighted, the separate weights are introduced as exponents 
of the terms to which they apply. Thus if we represent the sum of 
the weights by N and the weights corresponding to the terms ai, 
a 2 , tta, . . . ttn, respectively, by Wi^ Wzj , Wn, the formula for the 
geometric mean is 

Mg = • a7 • an* • • . (4.11) 

This is equivalent to repeating each term a number of times, the 
number corresponding to the amount by which it is weighted. 
(This, of course, is precisely what is done in securing a weighted 
arithmetic mean.) When logarithms are employed the formula for 
the weighted geometric mean becomes 

Log M « 02 + log fla H + Wn log an ^ 2 ) 

A method of computing the geometric mean may be illustrated 
with reference to Table 4-14, which shows the distribution of the 
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TABLE 4-14 

Computation of the Geometric Mean of Preferred Stock Prices 


Cloflft-iriterval 

X 

/ 

log.Y 

S\ogX 

$ 20 $ ;io.9 

30 

3 

1.47712 

4.43136 

40- 50.9 

50 

5 

1 .69897 

8 49485 

60- 79.9 

70 

10 

1.84510 

18 45100 

80- 99 9 

90 

18 

1.95424 

35.17632 

HK) 119 9 

no 

19 

2 04139 

38 78641 

120 139.9 

130 

3 

58 

2.11394 

6.34182 

111 68176 


^ 111.08176 , 

Log Mg = - — = 1.02555 

on 

Mg = $84.25 


prices of 58 preferred stocks with a .^-percent dividend rate. The 
table is based upon closing prices on the New York Stock Exchange 
and the New York ('urb Excliange on December 31, 1948. 

CharacteriMics of the geometric mean. The nature of the geometric 
mean may be understood by considering its relation to the terms 
it represents, as an average. 

If the aritlimetic mean of a series of measures replace each item 
in the series, the sum of tlie measures will remain unchanged. Thus, 
the sum of the numbers 2, 4, 8 is 14. The arithmetic mean of these 
three numbers is 4?; if this value be inserted in the place of each 
of the three measures (he sum remains 14. It is characteristic of 
the geometric mean that the product of a series of measures will re- 
main unclianged if the geometric mean of those measures replace 
each item in the series. Thus the product of 2, 4, 8 is 64. The geo- 
metric mean of the three numbers is 4; if this value replace each 
Pf the three measures the product remains 64. 

Again, it is true of the arithmetic mean that the sum of the de- 
viations of the items above the mean equals the sum of the devia- 
tions of the items below the mean (disregarding signs). The sums 
of the differences between the individual items and the mean are 
equal. In the case of the geometric mean the products of the cor- 
responding ratios are equal. If the ratios of the geometric mean to 
the measures which it exceeds be multiplied together, the product 
will equal that secured by multipljung together the ratios to the 
geometric mean of the measures exceeding it in value. For example, 
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the geometric mean of the numbers 3, 6, 8, 9 is 6. The following 
equation may be set up: 

3 6 6 6 

The last example brings out the most important characteristic' 
of the geometric mean. It is a means of averaging ratios. Its chief 
use in the field of economic statistics has been in connection with 
index numbers of prices, where rates of change are of major con- 
cern, and where equal relative changes should usually be regarded 
as of equal importance. An example frequently cited is that of two 
cases of price change, one a ten-fold increase, from 100 to 1,000, 
the other a fall to one tenth of the old price, from 100 to 10. The 
ar ithmetic m ean of 1,000 and 10 is 505, the geometric mean is 
V 1,000 X 10, or 100. When the average is of the latter type it is 
seen that the two equal ratios of change have balanced each other. 
The arithmetic mean, 505, is quite incorrect as a measure of aver- 
age ratio of price change. This subject is discussed at greater length 
in the chapter on index numbers. 

What has been said in an earlier section in regard to the advan- 
tages of logarithmic charting for certain purposes bears upon the 
use of the geometric mean. This average is sometimes called the 
logarithmic mean, as its logarithm is simply the arithmetic mean 
of the logarithms of the constituent measures. Wherever percent- 
ages of change are being averaged, where ratios rather than abso- 
lute differences are significant, the use of the geometric mean is 
advisable. 

A problem involving the use of the geometric mean arises in com- 
puting the average rate of increase of any sum at compound in- 
terest. If po represent the principal at the beginning of the period, 
Pn the principal at the end of the period, r the rate of interest, and 
n the number of years in the period, the sum to which Po will 
amount at the end of the n years, if interest is compounded an- 
nually, is represented by the equation : 

Pn = Po{l +r)^ ^ (4.13) 

It follows from this that : 

(4.14) 

Thus, if $1,000 at compound interest amounts to $1,600 at the 
end of 12 years, there has been an increase of 60 percent. The arith- 
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me tic mean is 5 percent, but this is not the rate at 
increased. The true rate is: 


r 


‘yr;^ 

V 1,000 


- 1 


whicli the money 




= 1.04 - 1 
= .04, or 4% 

Precisely the same problem arises whenever rates of increase or 
decrease are io be averapjed. The use of the arithmetic mean gives 
an incorrect result. 

The geometric mean aft a measure of central tendency. A question 
arises as to tlie typo of frequency distribution the central tendency 
of which would l)e best represented by the geometric mean. When 
the absolute measures, plotted on the arithmetic scale, give a fairly 
symmetrical distribution, the arithmetic mean is clearly preferable 
to the geometric mean. But when the absolute figures thus plotted 
give an asymmetrical frequency curve of such a type that the asym- 
metry would be removed and a symmetrical curve secured by plot- 
ting the logarithms of the measures, the geometric mean would 
appear to be preferable. Such a distribution would be one in which 
not the absolute deviations about the central tendency but the rela- 
tive deviations, the deviations as ratios, were symmetrical. The 
arithmetic mean of the logarithms of the various measures (which 
value is, as has been shown, the logarithm of the geometric mean of 
the original measures) would be the best representative of the cen- 
tral tendency in such a distribution. The curve thus plotted would 
be symmetrical about the logarithm of the geometric mean. A fre- 
quency curve representing the logarithms of percentage changes 
in prices would tend to show this symmetry about the logarithm 
of the geometric mean of these changes. These percentage changes, 
as natural numbers, group themselves in an asymmetrical form, 
with the range of deviations above the arithmetic mean greatly ex- 
ceeding the range below. This arises, of course, from the fact that 
prices of given commodities may increase 1,000 percent or more 
from a given base, but cannot fall more than 100 percent from any 
given base. The section on index numbers contains a fuller discus- 
sion of this particular phase of the subject.® 

• Walah, Rf*f. 187, lays down the following criteria for the use of averages: 

(a) When there are no conceivable or assignable upper or lower limits to the values 
of the terms in a series, the arithmetic average should be employed. 
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The construction of a frequency distribution in which logarithms 
are tabulated would be laborious, if the logarithm of each item to 
be entered had to be determined, before tabulation. It is possible, 
however, with no great trouble to construct a true logarithmic dis- 
tribution, with class-interval constant in terms of logarithms. The 
58 quotations on preferred stocks tabulated in Table 4-14, range 
from $23.00 to $124.50. The logarithm of 23.00 is 1.36173; the loga- 
rithm of 124.50 is 2.09517. The range in logarithms is 0.73344. We 
may select 0.12 as a suitable logarithmic class-interval for the pres- 
ent purpose. For convenience in tabulating the data we set up two 
series of class limits, one in terms of logarithms, one in terms of the 
corresponding natural numbers. In constructing the distribution 
natural numbers may be tabulated, utilizing the class limits de- 
fined in natural terms. All subsequent calculations may be carried 
through in terms of logarithms. The distribution appears in Table 
4-15. 

If the geometric mean is considered appropriate for a given 
series, the type of distribution represented by Table 4 -15 is more 
logical than that shown in Table 4-14, and the descriptive measure- 
ments secured from Table 4-15 have correspondingly greater va- 


TABLE 4-15 

Distribution of 5-Percent Preferred Stocks on the Basis of Market Price 


Class-interval 
(natural numbers) 

Class-interval 

(logarithms) 

Midpoint 

(logarithms) 

.V 

Frequency 

/ 

fX 

# 22 39 4; 29.51 

1.35-1.40999 

1.41 

1 

1 41 

29.52' 38.90 

1 47-1.58999 

1 53 

1 

1 .53 

38.91 - 51 28 

1 59-1 70999 

1.05 

3 

4.95 

51.29- 07 00 

1 71-1.82999 

1 77 

10 

17.70 

()7.(U- 89.12 

1 .83-1 .94999 

1 89 

12 

22 08 

89.13- 117.49 

1 95 2.00999 

2.01 

27 

54.27, 

117.50- 154.88 

2.07-2.18999 

2.13 

4 

8.52 




58 

111.00 


(6) When there is a dehnite lower limit at or above zero and no upper eoiieeivable or 
* aHsignable limit, the geometric average should be empUjy(‘d. >Ih*cauHe this is true 
of price changes Walsh believes the geometric average to be the correct one Ui use 
ill making index numbers of prices. 

(c) When in practice, or in the nature of things, irertain upper and lower limits arc 
found to exist and the above criteria cannot be employed, a study of the actual 
dispersion of the data is necessary. In this case, if the mode is found nearer to the 
arithmetic average, that average should be employe<I, if the mode is found nearer 
to the geometric average, that average should be used. 
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lidity. We may derive the mean of the logarithms of the preferred 
stock prices by dividing XfX of Table 4-15 (111.06) by 58. The de- 
rived value is 1.91483. The antilog of this is $82.19, which is the 
geometric mean of the distribution. This differs somewhat from the 
value $84.25 secured from Table 4-14. The difference is due, in part, 
to the use of different class-intervals and class limits in the two 
cases. With a relatively small number of observations such differ- 
ences would be expected to lead to different results. Differing as- 
sumptions concerning the internal distribution of items within the 
several classes would also contribute to a discrepancy between the 
two results. The value obtained from Table 4-15 is probably a 
closer approximation to the actual geometric mean than is that ob- 
tained from Table 4-14. 

A frequency curve based upon the logarithms of the measures 
included, rather than upon the natural numbers, has been employed 
to advantage in plotting data relating to iiicorne distribution. When 
natural numbers are plotted, the range of income distribution is so 
large that it is physically impossible to prepare a chart that will 
reveal the characteristic features of all sections of the curve. The 
process of plotting on double logarithmic paper (which is, of course, 
equivalent to plotting the logarithms of both j’s and /y’s) me^ets this 
difficulty, giving a true impression of the whole distribution and 
the relations between its parts, and, at the same time, brings out 
certain important features that are obscured in the natural scale 
chart. In particular, this device appears to smootJi into a straight 
line that part of the curve lying above the mode, a fact which led 
Vilfredo Pareto to enunciate what has been known as Pareto's Ija\v 
concerning income distribution. An intensive study of the distribu- 
tion of income in the United States has led the staff of the National 
Bureau of Economic Hesearch to call into (juestion certain conclu- 
sions drawn from Pando’s generalizations, though the value of the 
double logarithmic scale for the presentation of income data has 
been recognized. 

The Harmonic Mean. The harmonic mean is a type of average 
capable of application only within a restricted field, but which 
should be employed to avoid error in handling certain types of data. 
It must be used in the averaging of time rates and it has distinctive 
advantages in the manipulation of some t^^pes of price data. As 
will be seen in Chapter 13, on Index Nurnbeis, the harmonic mean 
is subject to certain biases that correspond iinersely to those to 
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which the arithmetic mean is subject. A mutual offsetting of biases 
is thus possible. The following example will illustrate the method 
of employing the harmonic mean. 

A given commodity is priced, in three different stores, at ‘‘four 
for a dollar,” “five for a dollar,” and “twenty for a dollar.” The 
average price per unit is required. The arithmetic average of the 
figures given (4, 5, and 20) is 9f. If we take this to be the average 
number sold per dollar, the average price would appear to be $1.00 
■h 9§, or 10^^ cents each. But the original quotations are equivalent 
to unit prices of 25 cents, 20 cents, and 5 cents ; the arithmetic aver- 
age of these prices is 16§ cents apiece. The discrepancy between 
10i§ cents and 16f cents is due to a faulty use of the arithmetic 
mean in averaging quotations in the “so many per dollar” form. 
Such a mean is, in effect, a weighted average, with greater weight 
being given to quotations involving a larger number of commodity 
units. 

The correct result may be secured by taking the harmonic mean 
of the three original quotations. The harmonic mean of a series of 
numbers is the reciprocal of the arithmetic mean of the reciprocals of 
the individual numbers. Thus if we represent the numbers to be aver- 
aged by fi, r 2 , . . . Tnj the formula for the harmonic mean, //, is 


1 r, r .2 n 
H N 

Using the figures just quoted: 

1 4 ^ 5 ^ 20 

H~ 3 

^ 10 ^ 1 
60 6 
// = 6 


(4.15) 


The harmonic mean of 4, 5, and 20 is 6, the average number of units 
sold per dollar. The average price per unit is 16§ cents. 

The computation of the harmonic mean of a series of magnitudes 
is greatly facilitated by the use of prepared tables of reciprocals.^® 

Barlmv*s Taides of Squams, Cubes, Square Roots, Cube Roots and Reciprocals, New York, 
Spar and Chamberlain. 
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Relations among Different Averages 

When different averages are located or computed for a given 

series of observations, certain relationships are found to prevail 

among them. 

1. The arithmetic mean, the median, and the mode coincide in a sym- 
metrical distribution. 

2. In a moderately asymmetrical distribution the median lies between the 
mean and the mode, approximately one third of the distance along the 
scale from the former towards the latter Hence, for this type, of distri- 
bution there is ar] approximation to the following relationship: 

Mo = M - 3(A/ - Md) 

3. The arithmetic mean of any series of magnitudes is greater than their 
geometric mean. 

4. The geometric mean of any series of magnitudes is greater than their 
harmonic mean. Th(‘ only exception to the last two rules is found when 
all the measures in the series are e(|ual, in which case arithmetic mean, 
geometric mean, and harmonic mean arc c(|ual. 

5. The geometric mean of any two terms is equal to the geometric mean 
of the harmonic and arithmetic means of those terms Thus if the terms 
be 2 and 8, the harmonic mean is 3^, the geometric mean 4, and the 
arithmcitic mean 5 But 4 is also the geomt'tric moan of 3j and 5. This 
relationship d(K*s not hold when the series includes more than two 
terms, unless the terms constitute a geometric sc'ries 

0. If the disp(*rsion of data tends towards symmetry when the data are 
plotted on an a-scalc in natural lumibers, the mode and median will 
generally bt' found closer to the arithmetic than to the geometric 
average. If t.h(» dispersion tends toward symmetry when data are plotted 
on a logarithmic (or ratio) x-scale, the mode and median will generally 
be found closer to the geometric than to the arithmetic average. 


Characteristic Features of the Chief Averages 

The arithmetic mean 

1. The value of the arithmetic mean is affected by every measure in the 
series. For certain purposes it is too much affected by extreme deviations 
from the average. 

2. The arithmetic mean is easily calculated, and is determinate in every 
case. 

3. The arithmetic mean is a computed average, and hence is capable of 
algebraic manipulation. 

4. The arithmetic mean is a stable statistic, in a sampling sense. (The 
meaning of this important statement will be developed more fully at a 
later point.) 
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The median 

1 . The value of the median is not affected by the magnitude of extreme 
deviations from the average. 

2. The median may be located when the items in a series are not capable 
of quantitative measurement. 

3. The median may be located when the data are incomplete, provided 
that the number and general location of all the cases be known, and 
that accurate information be available concerning the measures near 
the center of the distribution. 

The mode 

1. The value of the mode is not affected by the magnitude of extreme 
deviations from the average. 

2. The approximate mode is easy to locate but the determination of the 
true mode requires extended calculation. 

3. The mode has no significam^e unless the distribution includes a large 
number of measures and possesses a distinct central tendency. 

4. The mode is the average most typical of the distribution, being located 
at the point of greatest (concentration. 

The geometric mean 

1. The geometri(c mean gives less weight to extremely high values than 
does the arithmetic mean. 

2. It is strictly determinate in averaging positive values. 

3. The geometric mean is the form of average to be used when rates of 
change or ratios between measures are to be averaged, as equal weight 
is given to equal ratios of (change. It is particularly wtcll adapted to the 
averaging of ratios of pri(ce (change. 

4. The geometric mean is capable of algebraic manipulation. 

The harmonic mean 

1. The harmonic mean is adapted to the averaging of time rates and certain 
similar terms. It has been employed in the field of e(!onomic statistics in 
the measurement of price movements. 

2. The harmonic mean is capable of algebraic manipulation. 

This summary has been designed to show that each type of aver- 
age has its own particular field of usefulness. Each one is best for 
certain purposes and under certain conditions. The characteristics 
and limitations of each one should be understood in order that it 
may be appropriately employed. A complete description of a fre- 
quency distribution often calls for the determination of two or three 
of the chief averages, as well as other statistical measurements. The 
arithmetic mean is perhaps the most useful single average. The 
simplicity of its computation, the possibility of employing it in al- 
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gebraic calculations and the fact that its meaning is perfectly defi- 
nite and familiar make it highly serviceable in statistical work. Its 
sphere of usefulness is not universal, however, and it should only 
be employed when the given conditions render it suitable. A fuller 
appreciation of the distinctive virtues of the geometric mean is 
leading to a wider employment of that measure in many types of 
statistical work. 
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CHAPTER § 


Some Characteristics of Frequency 
Distributions: Measures of 
Variation and Skewness 


In the preceding chapters we have been concerned, first, with 
methods of reducing a mass of quantitative data to a form in which 
the characteristics of the mass as a whole may be readily deter- 
mined and, in the second place, with methods of describing the as- 
sembled data. The first object is accomplished with the formation 
of a frequency distribution. The second is partially accomplished 
when there has been obtained a single significant value in the form 
of an average which represents the central tendency of the distribu- 
tion. But any average, by itself, fails to give a complete description 
of a frequency distribution. Other values are needed before the 
chief characteristics of a given distribution have been defined and 
effective comparison with other distributions made possible. The 
first of these is a measure of the degree to which the items included 
in the original distribution depart or vary from the central value, 
the degree of ‘'scatter ” variation or dispersion. The second is a 
measure of the degree of symmetry of the distribution, of the bal- 
ance or lack of balance on the two sides of the central value. A third 
measure sometimes employed to define the pattern of variation 
takes account of the distribution of observations as between classes 
near the mean and classes at the tails of a distribution. This attri- 
bute, termed kurtosis, will be discussed at a later point. The present 
chapter deals with measures of variation and skewness. 
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Nature and Significance of Variation 

The fact of variation in collections of quantitative data has been 
pointed out in earlier sections and the bearing of this fact upon the 
work of the statistician indicated. Practically every collection of 
quantitative data, consisting of measurements from the social, bio- 
logical, or economic field, is characterized by variation, by quan- 
titative differences among the individual units. And this fact of 
variation is as important as the fact of family resemblance. Bio- 
logical variation has been a fundamental factor in the evolutionary 
process. No measurement of a physical characteristic of a racial 
group, such as height, is complete without an accompanying meas- 
ure of the average variation in the group in this respect. The ma- 
terial well-being of the people of a country depends upon the degree 
of variation in income among income recipients, as well as upon 
the size of the average income. The price movements that are char- 
acteristic of economic changes arc not uniform throughout the price 
system. They are unequal from sector to sector, and it is the in- 
equalities that both reflect and necessitate economic adjustments. 

The whole body of statistical methods may, indeed, be regarded 
as a set of techniques for the study of variation. It is variation that 
creates various types of frecjuency distributions. The powerful tools 
of correlation analysis have been constructed for studying relations 
among variations in different quantities. Comparisons of measures 
of variation provide means of testing hypotheses. When we gen- 
eralize statistical measures we attempt to define tlie limits of ac- 
curacy of such generalizations, and for this purpose use still other 
measures of variation. When we deal with observations that are 
ordered in time, and for which the chronological sequence is sig- 
nificant, we face new aspects of variation. Changes from month to 
month and from year to year in national income, in the level of 
wholesale prices, in the physical volume of production, have pro- 
found economic significance. Products of a manufacturing process 
are marked by variation, no matter how fine the tolerance limits 
imposed. A new and important body of statistical techniques has 
been developed to distinguish between those variations in quality 
that are due to assignable causes (and are thus open to control) and 
those that are due to chance — “chance meaning the mass of 
floating or random causes that cannot be separately defined. 

Accurate and sensitive measures of variation are thus necessary 
at all levels and for all t3^pes of statistical work. For our immediate 
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purposes, which have to do with the description of observations 
organized in frequency distributions, the need of such measures as 
supplements to measures of central tendency is to be emphasized. 
An average by itself has little significance unless the degree of var- 
iation in the given frequency distribution is known. If the variation 
is so great that there is no pronounced central tendency an average 
has limited significance. With a decrease in the degree of variation 
an average becomes increasingly meaningful. 

Variation may be expressed in terms of the units of measurement 
employed for the original data, or may be expressed as an abstract 
figure, such as a percentage, which is independent of the original 
units. When the original units are employed absolute variability is 
measured; when an abstract figure is secured we have a measure 
of relative variability, more suitable for comparison than the former 
type. Measures of absolute variability are first considered. 

Notation,. A few symbols not hitherto employed will be used in 
this chapter. Explanations will come later, but it may be helpful 
to present the more important of these at this point: 
s\ the standard deviation of a sample 
S'*: the variance of a sample 

55 : the mean-square deviation from an arbitrary origin 
s': an estimate of the standard deviation of a population (this 
symbol used chiefly with small samples) 
s'*: an estimate of the variance of a population (this symbol 
used chiefly with small samples) 

<r: the standard deviation of a population 
O'*: the variance of a population 
M.D . : the mean deviation 
Qi : the first quartile 
Q.D . : the quartile deviation 
D%\ the eighth decile 
V : the coefficient of variation 
sk: the skewness of a distribution 

Measures of Variation 

The Range. A rough measure of variation is afforded by the 
range, which is the absolute difference betw^een the value of the 
smallest item and the value of the greatest item included in the dis- 
tribution. From the array in Chapter 3, showing the weekly earnings 
of textile workers, we may note that the smallest observation ie 
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$38.80, the largest $67.60. The range, therefore, is $67.60 - $38.80, 
or $28.80. If the original data were not to be had the range could 
he approximated from the frequency table. It would be the differ- 
ence between the lower limit of the low'est class and the upper limit 
of the highest class. Thus for bricks classihed according to trans- 
verse strength (Table 3-13 in Chap. 3), the range is from 225 to 
2025, or 1800 (pounds per square inch). 

The magnitude of the range, it is obvious, depends upon the values 
of the twf) extreme cases only. A single abnormal item would change 
the range materially. It is, therefore, a somewhat erratic measure- 
jnent, likely to be unrepresentative of the true distribution of items. 
For small samples, however, particularly when the sampling opera- 
tion is repeated and an average of successive results utilized, the 
range has certain distinct advantages. These have led to its rather 
extensive employment in inspections designed to maintain the qual- 
ity of industrial products. 

The Standard Deviation and the Variance. The standard and 
most widely used measure of variation, the standard deviation^ is 
the sfpiare root, of the mean of the squared deviations of the in- 
dividual observations from tlieir mean. Sucli deviations are termed 
residuals. The deviations are always measured from the arithmetic 
mean, since the srm of their s(|uarcs is a minimum under these con- 
ditions. We may nolc that in statistical work extensive use is made 
also of the square of the standard deviation (i.e., 5 - for a sample, 
for the population). This quantity is termed the variance. 

TIlc standard deviation of a sample. The procedure employed in 
computing s- and s is illustrated by a simple example in Table 5-1. 

TABLE 5-1 


Computation of the Standard Deviation 


A' 

(1 




- (i 


y =» <) 

(1 

- 

a 

.S* = ^(P/N 

i) 

0 

0 

= V = 18 

12 

+ 

•) 

= V^(P/N 

15 

+ 0 


= Vis = 4.24 



in) 



The sum of the squared deviations from the mean of the five ob- 
servations here shown is 90. The mean of this quantity is 18, the 
variance. The square root of 18 is 4.24, the standard deviation. 
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The symbol s will be used throughout to represent the standard 
deviation of a sample, taken as the square root of Id^/N. However, 
the student should at this stage be introduced to a slight modifica- 
tion of this procedure which yields a measure we may represent by 
s', derived from 


V at- 1 


In the present case s' 



4.74. This quantity is of importance 


in the theory of sampling, and becomes of practical concern when 
samples are small. It is to be preferred to s when the investigator 
is using sample results as bases for estimates concerning the popula- 
tion from which the sample was drawn. To make the distinction 
clear we may at this point briefly anticipate certain ideas which 
will be discussed more fully in later chapters. 

Estimating the standard deviation of a population. In general, in 
deriving a statistical measurement from a sample, we do so as a 
step preliminary to an estimate of a population characteristic. The 
mean of a sample is of value to us as an approximation to the mean 
of a parent population; the standard deviation of a sample is an 
approximation to the population a. Our problem, in the latter case, 
is that of estimating the variation prevailing in a population of 
which both the mean and the standard deviation are unknown to 
us. Regarding the problem in this light, let us consider the nature 
of the information provided by successive observations. A single 
observation provides the basis of an estimate of the mean of the 
parent population. It provides no basis for an estimate of the degree 
of variation in that population. For all that we know when we have 
but one observation, all the members of the parent population may 
have a single uniform value. When we have two observations, how- 
ever, we have a basis for an estimate of the variation in the popula- 
tion; when we have three observations we have an added basis for 
such an estimate. In the language of Statistics, two observations 
provide us with one degree of freedom for estimating the variation 
in the parent population, three observations provide us with two 
degrees of freedom for such an estimate, etc. One degree of freedom 
is lost, for an estimate of variation, when we have only the informa- 
tion about the parent population that is provided by the observa- 
tions in our sample. If, in some independent way, we knew the 
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mean of the parent population, there would be no loss of degrees 
of freedom for such an estimate. A single observation, the devia- 
tion of which from the known mean of the parent population could 
be measured, would provide the basis for an estimate of variation. 
But we seldom have such independent information. In effect, in 
default of such information, we use up one degree of freedom in 
estimating the mean. This leaves — 1 degrees of freedom for the 
estimate of the standard deviation. The sum of the squared devia- 
tions is divided, thus, not by Ny but by the number of degrees of 
freedom available for the given purpose. (As we shall see, the prob- 
lem of determining degrees of freedom enters in various forms into 
later procedures.) When this is done in deriving s'^, we may, from 
obtain an unbiased estimate of a} 

For practical purposes it is convenient and permissible to use N 
as the divisor, rather than W - 1, when N is large, say in excess of 
100. The difference between N and iV - 1 is then negligible; either s 
or s' provides a satisfactory estimate of cr. (In general, with large 
samples we shall make no distinction between s and s'.) Even with 
a small sample N may be used as the divisor of if the derived 
measure is to be thought of as simply descriptive of a given set of 
observations, rather than as an estimate of a population charac- 
teristic. 

Computation of the standard deviation. In the example given in 
Table 5-1 the five observations were ungrouped. When data are 
grouped in a frequency distribution the task of computing the 
standard deviation takes a slightly different form. The measure- 
ment of deviations from an arbitrary origin is essential in this case, 
as it greatly simplifies the calculations. In this process, the sample 
being quite large, the formula for an estimate of the standard de- 
viation may be written 



where /represents a class-frequency, d the deviation of the midpoint 
of that class from the arithmetic mean, and N' the total number of 
cases included. For the square of the standard deviation we have, 
of course, 

* N 

^ The problem of eetimatioii is discussed more fulfil in Chapter 7. 



STANDARD DEVIATION AND VARIANCE 


fl9 

If a deviation from an arbitrary origin be represented by d! and 
the mean-square deviation from this origin be represented by si, 
we have 

,2 mdv 

“■ N 

The mean-square deviation from the mean (s^) is less than the 
mean-square deviation from any other point on the scale. Hence 
si is greater than We may represent by c the difference between 
the true mean and the arbitrary origin. It may be readily estab- 
lished * that 

8^ - s? - c2 (5.5) 

The value of the standard deviation may be most easily deter- 
minedj therefore, by computing s* and The operations involved 
are illustrated in detail in Table 5-2, showing the distribution of 
83,114 chemical workers, classified on the basis of average hourly 
earnings in January 1946. 

The entire calculation, it will be noted, is carried through in 
terms of class-interval units, the result being reduced to the original 
units in the final operation. In computing c, the difference between 
the true mean and the arbitrary origin, the algebraic sum of the 
deviations is divided by the number of cases. The arithmetic mean 
could be determined by reducing c to original units and adding this 
value (algebraically) to the value of the arbitrary quantity selected 
as origin, but this is not an essential step. The actual value of the 
mean need not be known in the computation of the standard de- 
viation. 

The variance of the distribution in Table 5-2 is, of course. 


$2 = (23.5357)2 = 553.93 

This can be obtained directly from the figures given below Table 
5-2, by multiplying S“ in class-interval units (5.5393) by the square 
of the class-interval (100). 



(jy = d* + 2cd + c* 
X(dy - 4- 2cSd + JVc» 


but Sd = 0 

2:(d')» - Sd* + JVC* 
S(d')* Sd* 

- .* + c« 

- 4 - <? 
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TABLE 5-2 

Computation of Standard Deviation 
Straight-Time Average Hourly Earnings of Workers in Industrial 
Chemical Plants, United States, January, 1946 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

(7) 

(8) 

Class- 
interval 
(cents per 
hour) 

Mid- 

point 

(cents) 

A'«. 

Fre- 

quency 

/ 

Deviation 

from 

arbitrary 

origin 

d' 

fd' 

f(dy 

(d' + 1)» 

fid' 4- 1)« 

30.0 39.9 

35 

1 

- 8 

- 8 

64 

49 

49 

40.0 49.9 

45 

5 

- 7 

- 35 

245 

36 

180 

50 0- 59.9 

55 

422 

- 6 

- 2,532 

15,192 

25 

10,550 

60.0- 69.9 

65 

1 ,600 

- 5 

- 8,(KK) 

40,000 

16 

25,600 

70.0- 79.9 

75 

3,661 

- 4 

- 14,644 

58,576 

9 

32,949 

80.0 - 89 9 

85 

6,004 

- 3 

~ 18,012 

54,036 

4 

24,016 

90.0 - 99 9 

95 

10,564 

~ 2 

- 21,128 

42,256 

1 

10,564 

100.0 lt)9.9 

105 

13,136 

— I 

- 13,136 

13,136 

0 

0 

110 0 119.9 

115 

15,048 

0 

0 

0 

1 

15,048 

120.0 129.9 

125 

13,116 

1 

13,116 

13,116 

4 

52,464 

130.0' 139.9 

135 

8,219 

2 

16,438 

32,876 

9 

73,971 

140.0 149.9 

115 

4,565 

3 

13,695 

41.085 

16 

73,040 

150.0-159.9 

155 

4,519 

4 

18,076 

72,301 

26 

112,975 

160,0 169 9 

165 

1,051 

5 

6,255 

26,275 

36 

37,836 

170.0-179 9 

175 

988 

0 

6,928 

35,568 

49 

48,412 

180.0 189.9 

185 

82 

7 

574 

4,018 

64 

5,248 

190 0- 199,9 

195 

91 

8 

728 

5,824 

81 

7,371 

2tK).0^ 209,9 

205 

17 

9 

153 

1,377 

KK) 

1,700 

210 0-219 9 

215 

10 

10 

KK) 

1,000 

121 

1,210 

220.0-229.9 

225 

6 

11 

66 

726 

144 

864 

240.0 -249 9 

245 

2 

13 

26 

338 

196 

392 

250.0 259.9 

255 

2 

14 

28 

392 

225 

450 

270.0-279.9 

275 

I 

16 

16 

256 

289 

289 

310 0-319.9 

315 

2 

20 

40 

800 

441 

882 

340.0-349 9 

345 

2 

23 

46 

1,0.58 

576 

1,152 



83,114 


- 3-,21() 

460,518 


537,212 


N * 83,114 

Cla8H-interval = 10 cents 


c (in class-interval units) = ■■ 

8ol 1 4 


- 03862 


c* (in class-interval units) 
(in class-interval units) 


.00149 

460518 


83114 

«• (in class-interval units) = sj — c* 

8 (in class-interval units) = 2.35357 
8 (in original units) = 2.35350 X 10 cents 


5 54080 

5.54080 - .00149 = 5.53931 
23.5357 cents 
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Correction for errors of grouping. We have pointed out in an ear- 
lier section that in basing computations on a frequency table we 
usually assume that the observations in each class may be treated 
as though they were concentrated at the midpoint of that class or, 
which is equivalent to this, that the observations grouped in a 
given class are distributed evenly between the class limits. Of 
course, this assumption is not strictly true. If one considers the 
structure of Table 5-2 it will be clear that the density of the items 
increases as one moves from either tail toward the modal class. It 
is a fair inference that, if the data relate to a continuous variable, 
this increase in density will characterize the observations within 
any class, as well as the items grouped in different classes. In gen- 
eral, that half of each class-interval that lies toward the mode will 
contain more observations than the other half, lying away from the 
mode. Thus the actual mean of the observations in a given class 
will not usually coincide with the midpoint of that class, but will 
deviate from the midpoint in the direction of the mode. 

If the distribution is reasonably symmetrical, this fact will not 
lead to a systematic bias in the calculation of the mean, for there 
will be a tendency for positive errors in deviations measured in one 
direction from the mean to be offset by negative errors in devia- 
tions on the other side. But when the deviations are squared, as 
they are in computing the standard deviation and the variance, 
the error is systematic. The square of the deviation (from the mean 
of the total distribution) of a class midpoint will in general be 
greater than the square of the deviation of the actual mean of the 
observations in the given class from the mean of the distribution. 
Under these conditions the sum of the squared deviations derived 
from the grouped items, as in Table 5-2, will be greater than the 
true sum of the squared deviations, as this sum might be derived 
from ungrouped data. 

W. F. Sheppard (Ref. 139) has established that the error in the 
variance due to the use of grouped data in computations amounts 
to about one twelfth of the square of the class-interval. This will 
be the case when two conditions prevail : 

1. When the data tabulated are observations on a continuous variable. 

2. When the frequencies taper off gradually at the two extremes. This 
latter condition is often defined as one in which the frequency curve 
fitted to the given distribution is characterized by “high contact” 
at both tails. 
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The application of Sheppard's correction is a simple process. If 

is the uncorrected variance derived from deviations in class- 
interval units (the variance thus measured is 5.53931 for the data 
in Table 5-2), we may write 

Corrected variance * 

When the deviations are in original units of measurement, and h is 
the class-interval in such units, we have 

Corrected variance = J 2 

Applying this correction to the measures given in Table 5-2 we ob- 
tain a corrected variance, in class-interval units, of 5.45598, a cor- 
rected standard deviation, in original units, of 23.3580 cents. 

The point should be stressed that the application of Sheppard’s 
correction when the basic conditions are not fulfilled (e.g., when a 
U-shaped distribution, a J-shaped distribution, or any very skew 
distribution is being studied) may lessen rather than increase the 
accuracy of the estimate of the variance or the standard deviation. 
Moreover, the correction should be avoided when the number of 
observations tabulated is small, say below 500, with customary 
grouping. 

The Charlier check. A check upon the accuracy of the calcula- 
tions in Table 5-2 (the Charlier check) is afforded by the figures in 
columns (7) and (8). If deviations be measured, not from the arbi- 
trary origin employed in computing the standard deviation, but 
from an origin one class-interval below, we secure a set of values 
equal to d' + 1. The squares of these values are given in column 
(7). Multiplying by the corresponding frequencies we have the 
quantities recorded in column (8), the sum of which is 537,212. This 
total stands in a definite relationship to the values secured in com- 
puting the standard deviation. For 

Xf(d' + 1)2 = Xflidr- 4- 2d' -f 1] 

- S/(d')2 + 2S/d' + 2/ 

or S/(d' + l)^- = 2/(d')2 + 2S/d' + AT (5.8) 

Inserting in this last equation the values secured from the cal- 
culations shown in Table 5-2, we obtain this check : 

537,212 * 460,518 - 6,420 + 83,114 
« 537,212 
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The following is a summary of the steps in the process of com- 
puting the standard deviation of items grouped in a frequency dis- 
tribution : 

1. Select as arbitrary origin the midpoint of a class near the center of the 
distribution. 

2. Measure the deviations from this point of the items in each class, in 
class-iiitcr\'al units. Multiply the deviations by the corresponding class 
frequencies. 

3. Divide the algebraic sum of the deviations by N. This gives c, in class- 
interval units. Compute c^. 

4. Square the deviations and multiply by the corresponding class fre- 
quencies. 

5. Divide the sum of the s(|uared deviations by N. This gives si, in class- 
interval units. 

6. From the formula, s® = sj — c®, compute s*. Extract the square root of 
this value, securing in class-interval units. 

7. Multiply s, as thus computed, by the class-interval. The result is « in 
the original units of measurement. 

If the population variance is to be estimated, derive the estimate 
from the relation 


s'" 


N-l 


Alternatively the estimate may be made from 




'2 




N 

N-l 


Certain of the characteristics of the standard deviation and its 
relation to other measures of dispersion are described in a later 
section. 

The Mean Deviation. An alternative hut less useful measure of 
the dispersion of items about the central value of a sample is 


TABLE 5-3 


Computation of Mean Deviation 


X 

f 

d 


3 

1 

6 

M ^9 

6 

1 

.3 

18 

9 

J 

0 

M.D. = = 3.6 

12 

1 

3 

5 

15 

1 

6 

18 
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afforded by the device of measuring the deviation of each item 
from this central value, in absolute terms, and averaging these 
deviations. A simple example is given in Table 5-3. The average 
(the mean and median coincide in this case) is 9. The deviations 
are added, taking no account of algebraic signs, and the total 
divided by the number of items. This procedure is described by 
the expression 

M.D. (5.9) 

where | | indicates that no account is taken of signs. 

In general terms, the mean deviation of a series of magnitudes is 
the arithmetic mean of tlieir deviations from an average value, 
either mean or median. In the process of summation and averag- 
ing the algebraic signs of the deviations are disregarded. It is good 
practice to take the deviations from the median when the mean 
deviation is to be used as a measure of dispersion, for the mean de- 
viation is a minimum when the median is the point of reference. 

When the observations are many the task of computing the mean 
deviation is less simple. With the data grouped in a frequency dis- 
tribution, deviations may be measured from the median (or mean) 
and multiplied l)y class frequencies. Alternatively, deviations may 
be measured from the midpoint of the class containing the median 
(or mean), a later correction being made to offset the error resulting 
from the use of the class midpoint as origin, rather than the median 
(or mean). The mean deviation is useful in dealing with small num- 
bers of observations wlien no elaborate analysis is called for. For 
extensive use it has certain logical and mathematical limitations 
(e.g., the disregard of plus and minus signs in adding the deviations 
is algebraically illogical). It is seldom employed when data have 
been organized in a fre(juency distribution. 

Quantiles. The character of the variation (diaracteristic of a 
given distribution of the variable x miiy be elTectively indicated 
by selected quantiles. This is a general term for quantities defining 
points on the x-scale which divide the total frequencies in specified 
proportions. The median is a central quantile which, as we have 
seen, divides the total frequencies into two equal groups. Quartiles, 
as the term implies, are values which divide the total number of 
observations in a distribution into four equal groups. Thus the first 
quartile is that point on the scale of x-values below which lie one 
quarter of the total number of cases and above which lie three 
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quarters of the total. (The second quartile and the median are, ob- 
viously, identical). The deciles divide the total frequencies into 10 
equal groups; the percentiles divide them into 100 equal groups. 
Quantiles are simple and easily understood measures which may be 
used effectively in defining the degree and character of dispersion. 
In studies of the distribution of price relatives and other variables 
Wesley C. Mitchell made extensive use of such measures (Refs. 105 
and 106). 

In locating quantiles the count begins in all cases at the lower 
end of the x-scale. The two following examples will illustrate the 
procedure : 

Location of the First Quartile (Qi), Family Incomes (See Table 4-11) 
N/4 = 9,319.75 

Qi = $1,500 + (2,385.75/3,280) X $500 
= $1,863.68 

Location of Eighth Decile {D»), Family Incomes (See Table 4-11) 

N/IO = 3,727.9 D, = $4,500 -f (1,491.2/1,752) X $500 

8iV/10 = 29,823.2 = $4,925.57 

As is true of the median, the other quantiles will be indeterminate 
when a quantile value falls between given (ungrouped) values of 
the variable. In such a case, a value half-way between the two lim- 
iting values is conventionally employed. 

The Quartile Deviation. In studying dispersion by means of quan- 
tiles one does not have a single measure, such as the standard or 
mean deviation. Such a single measure of variation may be com- 
puted readily from the quartiles, however. Within the range be- 
tween the two quartiles, of course, one half of all the measures are 
included. The greater the concentration the smaller this interval, 
hence a fairly accurate measure of dispersion may be obtained from 
the relationship between these two quartiles. The quartile devia- 
tion is the semi-interquartile rangCy half the distance along the scale 
between the first and third quartiles. Thus if Q.D. represent the 
quartile deviation, Qi the first quartile and Qs the third quartile, 

Q.D. = (5.10) 

If the value of a point on the scale half-way between the first 
and third quartiles is represented by K, one half of all the measures 
in a frequency distribution will fall within the range K ± Q.D, For 
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the data in Table 5-2, relating to the hourly earnings of workers in 
industrial chemical plants in 1946, we have (in cents) : 

Q, - 98.60 

Q, = 129.07 
^ 129.07 -98.60 

ij.U. — 2 

= 15.235 

K = 98.60 + 15.235 
= 113.835 

Thus one half of all the measures lie within the range 113.835 =t 
15.235. This statement, together with the arithmetic mean of the 
hourly earnings of chemical workers in the year in question, con- 
stitutes a useful (lescriplion of the distribution. In a perfectly sym- 
metrical distribution the value of K will coincide with the value 
of the median (that is, the median will lie half-way along the scale 
from Qy to Q^). The distribution of wage rates is almost symmetri- 
cal, the value of the median being 113.89 cents, as compared with 
113.835 cents for K. 

The probable error. In studying the results of astronomical and 
other physical measurements it has been found that the values se- 
cured by different observers for the same constant quantity vary. 
In such cases there is an obvious need of a measure of variation 
which may be used as an index of the reliability of given results. 
The traditional measure employed in such cases is termed the prob~ 
able error. The probable error (or P.E.) is that amount which, in 
a given case, is exceeded by the errors of one half the observations. 

For the normal distribution, which is the ideal type to which 
many observed distributions of errors of measurement tend to con- 
form, the probable error is equal to 0.6745(r. For the normal dis- 
tribution, that is, a distance equal to tlie probable error laid off 
on each side of the arithmetic mean wjH define limits within which 
one half of the total number of cases will fall. 

This measure of variation has been employed in fields other than 
that in which it was originally applied, fields in which the name 
probable error is somewhat misleading. In such cases it is better to 
think of it as the probable devintiou, that distance from the mean 
which will be exceeded by one half of the total deviations. 

The probable error is a measure of dispersion which is fully sig- 
nificant only when it applies to a distribution following the normal 
law' of error. In such cases it has a definite and precise meaning. 
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This is not so when it is applied to skew distributions, and its use 
in such cases is not advisable. 

Relations among Measures of Variation 

An understanding of the significance of the various measures of 

dispersion described above may be facilitated by a general com- 
parison and a summary statement of the relations among them. 

1. The range is a distance along the scale within which all the observations 
lie. 

2. The quartile deviation or semi-interquartile range is a distance along the 
scale which, when laid off on each side of the point midway between 
the two quartiles, includes one half the total number of observations. 

3. The mean deviation from the mean, in a normal or slightly skew distribu- 
tion, is e(]ual to about f of the standard deviation. A range of 7i times 
the mean deviation, centering at the mean, will include approximately 
99 percent of all the cases. 

4. When a distance equal to the standard deviation is laid off on each side 
of the mean, in a normal or only slightly skew distribution, about two 
thirds of all the cases will be included. (In the normal distribution 
68.27 percent of the observations will be included.) When a distance 
equal to twice the standard deviation is laid off on each side of the mean 
approximately 95 percent of the (;ases will be included (95.45 percent 
in a normal distribution). When a distance equal to three times the 
standard deviation is laid off on each side of the mean about 99 percent 
of all the observations will be included (99.73 percent in a normal 
distribution). This general rule that a range of six times the standard 
deviation, centering at the mean, will include about 99 percent of all 
the measures furnishes a useful check upon calculations. 

A study of Fig. 6.5 may help to make clear the significance of the 
standard deviation in a normal distribution. 

5. The probable error^ in a normal distribution, is equal to 0.6745(r. A 
range of twi(!e the probable error, centering at the mean, will include 
50 percent of all the obscrv^atioiis. A range of eight times the probable 
error, centering at the mean, will include approximately 99 percent of 
all the observations. 

Characteristic Features of the Chief Measures of Variation 

The range 

1. The range is easily calculated and its significance is re6.dily understood. 
As a rough measure of the degree of variation the range is useful. 

2. The value of the range is determined by the values of the two extreme 
cases. It is thus a highly unstable measure, the value of which may be 
greatly changed by the addition or withdrawal of a single figure. 

3. This measure gives no indication of the character of the distribution 
within the two extreme observations. 
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The quartile deviation 

1. The quartile deviation is a measure of dispersion that is easily computed 
and readily understood. It is superior to the range as a rough measure 
of variation. 

2. The quartile deviation is not a measure of the variation from any 
specific; avcirage. 

3. This measure is not affcc-ted by the distribution of the items between 
the first and third quartiles, or by the distribution outside the quartiles. 
'"J’he values of the quartile deviation might be the same for two quite 
dissimilar distributions, provided the quartiles happened to coincide. 
Becjause it is not affected by the deviations of individual items it cannot 
be accepted as an acicuratc mc'asure of variation. 

4. The quartile deviation is not suited to algebraic treatment. 

The mean deviation 

1. The mean deviation is affected by the value of every observation. As the 
average difference bc'tween the individual items and the median (or 
mean) of the distribution it has a prcicise significance. 

2. 1'he mean deviation is less affected by extreme deviations than the 
standard deviation. 

3. Mathematically, the mean deviation is not as logical or as convenient 
a measure of dispersion ius the standard deviation. 

The standard deviation 

1. The standard deviation is affectc'd by the value of every observation. 

2. The process of sciuanng the deviations before adding avoids the algebraic 
fallacy (3f disregardirtg signs 

3. The standard deviation has a definite mathematical meaning and is 
perfectly adapted to algebraic treatment. 

4. The standard deviation is, in general, less affecjted by fluctuations of 
sampling than the other measures of dispersion. 

5. The standard deviatic^n is the unit customarily used in defining areas 
under the* normal curve of error. (See (Chapter 0.) The standard deviation 
has, thus, great prac'tical utility in sampling and statistical inference. 

The probable error 

1. The probable error has a definite meaning in the case of a distribution 
following the normal law. It has not this precise meaning for other 
distributions, and should not be employed in describing them. 

2. The definite relationship between the probable error and the standard 
deviation, for a normal distribution, permits the value of the probable 
error to be readily determined. 

3. Traditionally, the pfobable error has been used as an index of the 
magnitude of sampling errors. It has now been generally displaced by 
the standard error (which will be discussed in Chapters 7 and 8). Its 
use is not recommended. 
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All the measures of variation described above may be utilised 
for particular purposes. The standard deviation, however, is the 
best general measure and should be employed in all cases where a 
high degree of accuracy is required. The probable error is, in effect, 
merely a fractional part of the standard deviation, with a definite 
but restricted field of usefulness. 

The Measurement of Relative Variation 

We have been dealing in the preceding section with absolute var- 
iability. The various measures of dispersion secured by the methods 
outlined describe the variability of the data in terms of absolute 
units of measurement. The standard deviation of a distribution of 
workers classified according to hourly wage rates would be in cents; 
that of a distribution of steel plants according to the tonnage of 
steel produced would be in tons. If the object in a given case is the 
description of a single frequency distribution it is desirable that 
the original unit be employed throughout, but if measures of var- 
iation of two different distributions are to l)e compared, difficulties 
are encountered. This is clear if the units are unlike, but even if the 
units are identical the same difficulty arises. Thus measures of var- 
iation in the weights of dogs and in the weights of horses might 
both have been computed in pounds. Because the standard devia- 
tion of horse weights is greater than the standard deviation of dog 
weights, it does not follow that the degree of variability is greater 
in the former case. A measure of absolute variation is significant 
only in relation to the average from which the deviations are meas- 
ured. For comparison, therefore, it must be reduced to a relative 
form, and the obvious procedure is to express a given measure of 
variation as a percentage of the average from which the deviations 
have been measured. The quantity thus become^? an abstract num- 
ber, a measure of the relative variability of the given observations, 
and may be compared with similar terms computed from other dis- 
tributions. 

The Coefficient of Variation. The measure of relative variation 
lAost commonly employed is that developed by Pearson, termed 
the coefficient of variation, and represented by the letter F. It is 
simply the standard deviation as a percentage of the arithmetic 
mean. Thus 
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Applying this formula to the results secured from the analysis of 
the distribution of workers in industrial chemical plants in 1946, 
classified according to average hourly earnings (Table 5-2), we 
have 


V 


23.54 

114.61 


X 100 


= 20.54 percent 


This measurement may be compared with a similar coefficient re- 
lating to the distribution of steel workers in open hearth furnaces 
in 1933, classified according to average hourly earnings. For steel 
workers the standard deviation of hourly earnings was 18.68 cents. 
This indicates smaller dispersion than that found among chemical 
workers in 1946. However, the average hourly earnings of steel 
workers in 1933 (a depression year) was 50.14 cents. For the co- 
efficient of variation we have 


V 


18.68 

50.14 


X 100 


= 37.26 percent 


The relative variation of hourly earnings for steel workers in 1933 
was substantially greater than that of hourly earnings for chemical 
workers in 1946, although tlie absolute variation was much smaller 
for the steel group. 

The coefficient of variation is affected, of course, by the value 
of the mean, as well as by the size of the standard deviation. If 
the mean should coincide with the origin (i.e., if il/ = 0), V would 
be equal to infinity for all values of the standard deviation other 
than zero. For distributions with mean values close to zero (e.g. 
distributions of corporations, in a year of depression, classified on 
the basis of net operating revenue) V is thus a somewhat am- 
biguous statistic. 

When the median is the average employed, a measure of rela- 
tive variation analogous to V may be obtained from the relation 
M,D,/Md; similarly, when the quantity K is used to define central 
tendency, relative variation may be measured by Q,D,/K, These 
measures may be put in percentage terms if desired. 


Measures of Skewness 

Methods have been developed in the preceding sections for de- 
scribing the central tendency of a frequency distribution and for 
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measuring the degree of concentration, or degree of dispersion, 
about that central tendency. One further measure is needed, and 
that is one which indicates the degree of skewness or asymmetry 
of a given distribution. For it is essential to know, in regard to a 
given distribution, whether the observations are arranged sym- 
metrically about the central value, or are dispersed in an uneven, 
asymmetrical fashion about that value. Having such a figure it will 
be possible effectively to summarize the characteristics of a fre- 
quency distribution in three simple terms — an average, a measure 
of dispersion, and a measure of skewness. There are two measures 
of skewness in current use. 

If a frequency curve is perfectly symmetrical, mean, median, and 
mode will coincide. As the distribution departs from symmetry 
these three values are pulled apart, the difference between the mean 
and the mode being greatest. This difference may be used, there- 
fore, as a measure of skewness. It is desirable in this case, as in 
measuring relative variability, to secure an index in the form of an 
abstract number, which may be compared with similar figures de- 
rived from other distributions. To this end, Pearson has proposed 
dividing the absolute difference between mean and mode by the 
standard deviation of the given distribution. His formula for the 
measure of skewness is 


sk = 


M - Mo 
s 


( 5 . 12 ) 


In a symmetrical distribution, where mean and mode coincide, the 
value of this measure will be zero. Under other conditions the value 
may be positive or negative, depending upon the relative positions 
of the two averages on the scale.® 

For moderately skew distributions the degree of skewness may 
be estimated more readily from the formula 


S(M-Md) 

s 


( 5 . 13 ) 


This corresponds approximately to the other formula, because of 
the fact that in a moderately as^^mmetrical distribution the median 
lies between the mean and the mode, about one third of the dis- 
tance from the former towards the latter. 

Because it is difficult to locate the mode by simple methods, a 

’ A meaDB of approximating sk from sample data is given in Chapter 6. 
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measure of skewness more easily computed than Pearson *s is de- 
sirable in some cases. Bowley has proposed such a method, based 
upon the relationship between the first and third quar tiles and the 
median. If the distribution is symmetrical these two quartiles will 
be equidistant from the median; with an asymmetrical distribu- 
tion this is not so. Therefore, if we let represent the difference 
between the upper quartile and the median and q\ represent the 
difference between the median and the lower quartile, we may use 
the formula 


q2 4- qi 


( 5 . 14 ) 


as a means of securinp; a measure of skewness. This value will vary 
between 0 and ± 1. For with perfect sj^mmetry q 2 = qi, and the 
measure is 0; with asymmetry so pronounced that the median and 
one of the quartiles coincide, either q 2 or qi becomes equal to 0, 
and t he formula gives a value of -I- 1 or - 1. Bowley suggests that 
a value of 0.1 indicates a moderate degree of skewness, while a 
value of 0.3 indicates marked skewness. 

The values secured from this measure are not, of course, com- 
parable witli the values secured from the application of Pearson's 
formula for measuring skewness. 

Peakedness y or Excess.’^ Reference has been made to a fourth 
measurable characteristic of grouped data. This characteristic has 
to do with the degree to which observations are concentrated in 
the neighborhood of the mean and at the tails of a given distribu- 
tion. The measurement of peakedness, or kurtosis, is discussed in 
Chapter C (pp. 172-3). 
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CHAPTER 


Introduction to Statistical Inference 
and Probability: Binomial and 
Normal Distributions 


In the opening chapter of this book we emphasized the significant 
distinction between sample and population, and noted that the 
central concern of statistics, as a method of impiiry, is with 
inferences that go beyond the observations that make up a given 
sample. In dealing with the organization and description of 
fre(|uency distributions in the three i)receding chapters, only 
incidental mention has been made of populations and their charac- 
teristics. These chapters dealt, in the main, with the problems 
faced in reducing masses of quantitative data to orderly form and 
in defining the attributes of the resulting distributions. But the 
organization and description are but a beginning of the statistician's 
task. These steps merely pave the ;vay for processes of generaliza- 
tion aimed at knowledge transcending the immediate observations. 
We turn now to this central problem. 

Deduction and Induction 

The logical process by which one arrives at generalizations from 
a study of particular cases is termed induction, as opposed to 
deduction, which involves the drawing of specialized conclusions 
from general propositions. The distinction is familiar, but its 
bearing on the logical issues we here face is so direct as to warrant 
a brief review of the subject. 
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The syllogisin of deductive reasoning, running from major premise 
and minor premise to conclusion, takes such a form as the following 
(to cite an example that is sanctified by immemorial usage): 
Major premise: All men are mortal 
Minor premise: Socrates is a man 
Conclusion: Socrates is mortal. 

Or the following 

Major premise: All the beans in this (specified) bag are white 
Minor premise; These beans (i.e., a specific handful) are from this 
bag 

Conclusion: These beans (the specific handful) are white. 

In noting the necessary formal validity of such syllogisms, three 
points may be made: 

1. There is complete internal consistency 

2. The conclusions flow from the premises; they are consequences of 
universal propositions 

3. In employing such a syllogism we are working with a closed system. 
All the relevant circumstances are before us, or are implied in the 
premises. 

Inductive arguments corresponding, in subject matter, to the 
above illustrations would take the following form: 

Premise: Socrates, Xenophon, Democritus {et al ) — are men 

Premise: Socrates, Xenophon, Democritus {et al ) — are mortal 

Conclusion: All men are mortal* 

Or: 

Premise: These beans Xa specific handful) are from this (specified) bag 

Premise: These beans (the specific handful) are white 

Conclusion: All the beans in this (specified) bag are white. 

One sharp contrast between the two modes of reasoning is to be 
emphasized. The conclusions of the deductive arguments are 
implied in the two statements that introduce each argument. If 
the premises are true, the conclusion may not be questioned. 
Nothing is added by the conclusion, although the chains of reason- 
ing may be highly valuable in revealing truths that are only 
implicit in the premises. The conclusions of the inductive argu- 
ments, however, are broader than the premises. Something new 
has been added. If the conclusions are true, human knowledge has 
been extended. But there is a price to be paid for this potential 
extension of knowledge. Inductive reasoning may be fruitful, but 
it is dangerous. There can be no certainty that the conclusions of 
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inductive reasoning are true. Invalid, indeed quite false, conclusions 

may be drawn by the inductive process. 

Certain of the essential qualities of inductive reasoning are 

summarized by the following statements: 

1. The conclusions of an inductive argument hold only in terms of prob- 
abilities, never with certainty. For such conclusions, by the very 
definition of induction, apply to cases not included in the observations. 
When all the cases to be covered by a conclusion are included in the 
observations, the conclusion ceases to be an induction. Accordingly, 
although induction is a highly fruitful moans of adding to human 
knowledge, it is always hazardous. A leap in the dark is always involved 
when we apply conclusions to cases not yet observed. 

2. There is a necessary reference to circumstances outside the facts inherent 
in the promises. Wo arc not working with a closed system, but with an 
open system, only part of which has been directly observed. Many of 
the unobserved parts are relevant to our argument and conclusions. 
Facts not always sot forth in the premises are relevant to our confidence 
in the conclusions, e.g., the method employed in making the observations 
that enter into the promises. (How w^re the beans making up the hand- 
ful selected?) Since no comprehensive account of all the circumstances 
that boar upon an inductive argument is ever possible, one who accepts 
the conclusions of indiujtive reasoning places dependence on the personal 
disc<‘rnment and int(‘grity of the persons making the observations and 
completing the argument. One may witli justice paraphrase the adver- 
tising slogan, and say, ^^The priceless ingredient of every induction is 
the honor and integrity of its maker.’' One might be tempted to go 
further and say that it is less dangerous to have a scoundrel among 
deductively reasoning mathematicians than to have a scoundrel among 
statisticians! 

3. We must assume that there exists some uniformity in the system of 
facts to which the pn^mises and the conclusion of inductive reasoning 
relate. Hero is the rational justification for the leap in the dark that 
induction always entails. This assumption, which has been termed, 
variously, the uniformity of nature, the routine of experience, “a 
limitation to the amount of independent variety" found in nature, is 
always present as an unspoken premise in induction. If there were not 
some uniformity in natural processes, if nature were marked by utter 
chaos, no amount of piling-up of evidence could justify an induction. 
We could say nothing about conditions beyond the limits of observation. 
It is clear that we must go beyond the immediate evidence in accepting 
this assumption of uniformity. That compound of judgment and of 
accumulated but unspecified experience that we use in distinguishing 
the "rational" from the "irrational,” and which may give us confidence 
in the assumption of uniformity in a given situation, contains a priori 
elements. It is here that deduction (which is never really divorced from 
induction) enters into our empirical reasoning. 
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4. The verification of induction calls for objective reference. The formal 
validity of deduction (e.g., of a chain of mathematical reasoning) rests 
purely on internal consistency. “Mathematical truth,” it has been said, 
“is the absence of contradiction.” But the conclusions of inductive 
reasoning must be tested finally against observation; if they stand, it 
must be on the basis of consistency with the facts of nature in the 
given sphere. 


Statistical Inference 

The statements just made relate to induction as a general 
logical process. Our concern here is with statistical induction, or 
statistical inference. Such inference, which involves the generali- 
zation of statistical results, is akin to the more general process, in 
all respects covered by the four summary statements. It has, in 
addition, distinctive characteristics of its own. The problems with 
which it deals take two forms — estimation, and the testing of 
hypotheses. 

Estimation. The problem of estimation may be put in the 
following form: A statistical measurement — an arithmetic mean, 
a standard deviation, a coefficient of variation — has been derived 
from the study of sample data drawn from a given population. At 
an earlier point the reader was introduced to the concept of a 
“population,” as the statistician employs that term. In general, 
let us recall, a sample is assumed to have been drawn not from a 
finite population — the population that might be covered by actual 
enumeration — but from the infinite population, or universe, that 
would be generated if the forces or system of causes that brought 
this sample into being were to operate without limit. A population 
may be an aggregate of persons, things, or measurements; R. A. 
Fisher speaks of a population of “possibilities,” referring to the 
possible results of an experiment many times repeated. The 
measurement derived from the sample — such a measurement is 
termed a statistic — defines some characteristic of that sample. The 
task of inference, in such a case, is to provide us with an estimate 
of the measurement defining the corresponding characteristic of 
the population. The measurement relating to the population is 
termed a parameter. Such an estimate may specify a particular 
value of the parameter (this is point-estimation). Alternatively, this 
form of inference may take the form of a statement defining limits 
within which the parameter may be expected to lie, together with 
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a measure, in probability terras, of the reliability of this conclusion 
(this is intervnl^estimation), A sigjnificant feature of interval- 
estimation is this: The uncertainty that attaches to the conclusions 
of all inductions holds for the conclusion of such an inference, but 
in basing estimates upon statistical data we are able to provide a 
measure of the degree of uncertainty attaching to the conclusion. 
How this is done will be our concern in the following chapter. At 
this point we reiterate: Our certain knowledge is limited to statistics 
- -to measurements of the characteristics of samples. We use this 
knowledge to the best of our ability to provide us with approxima- 
tions to the true parameters which we can never know. 

The other general statements made about inductive reasoning 
apply, also, to statistical inference. The assumption of uniformity 
in nature, or of a limited amount of independent variety in nature, 
is usually spoken of in the statistical world as the stability of 
large nunibers. Regularities in birth rates and death rates, in price 
movements, and in seasonal processes are familiar examples of 
such stability. 

The uniformity that statistical stability indicates is, of course, 
of supreme practical importance. If we could not be assured of a 
certain degree of stability in the results obtained from successive 
samples it would be quite invalid to generalize from the examina- 
tion of a limited number of cases. No weight would attach to any 
study except one covering the entire universe of things or measure- 
ments composing the given population. Yet such all-inclusive 
studies are practically impossible. Index numbers of prices, of 
wages, of living costs, and of production; monthly counts of the 
labor force ; surveys of corporate profits and of consumer spending 
— all must of necessity be based on the study of samples, and all 
must postulate stability. Therefore, when we generalize such a 
measure as an index of wholesale prices we do so on some such 
assumption as this: It is reasonable to suppose that, in the larger 
population to which this result is to be applied, there exists 
uniformity with respect to the characteristic we have measured. 
As a result of this uniformity we should expect that inferences 
based upon successive samples of the same size drawn from this 
population would belong to a family with common, stable, and 
definable characteristics. On this assumption we are able to attach 
measures of reliability to statistical inferences. 

It is evident that in making this assumption, in saying ‘Tt is 
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reasonable to suppose we are introducing a hypothesis that 

is incapable of complete verification by purely statistical methods. 
There is thus, as we have already pointed out, an a priori element 
in every statistical induction. The statistical conclusion can never 
stand completely on its own feet. It must be endorsed by reason 
and judgment if it is to carry conviction. 

The problem of statistical inference, in the words of Oskar 
Anderson, is that of so utilizing samples as to arrive at the best 
possible approximation to the characteristics of universes. In the 
task of estimation that is here entailed we must assume that these 
universes are stable, and that all their attributes are stable. Of 
course, an attribute of such a stable universe may not be exactly 
determined from the attribute of a single sample. However, 
measures defining the attributes of numerous samples drawn from 
the same universe (i.e., the same parent population) will be 
distributed in a systematic fashion about the universe parameter 
of which they are estimates. The precise determination of the 
characteristics of such a distribution of estimates is essential to the 
determination of the reliability of estimates. The power of sta- 
tistical techniques has grown as our detailed knowledge of such 
distributions has expanded. 

Tests of hypotheses. In testing hypotheses, the other form of 
statistical inference, there is also reference to a “population,^* but 
here the task is that of determining whether a sample yielding a 
given statistic (e.g., a stated arithmetic mean) could have been 
drawn from a population for which the corresponding parameter 
is known, or is given by hypothesis. Is the difference between the 
actual statistic and this parameter one that the chance fluctuations 
of sampling might bring about, or is the difference too great to be 
attributed to sampling fluctuations? This is the form taken by 
most tests of hypotheses, or tests of significance. The question is 
one that is always answered in terms of probability. If the proba- 
bility that chance factors could account for the observed difference 
is very slight, the hypothesis is rejected. The difference is signifi- 
cant. If the probability is great enough to justify an explanation 
in terms of chance, we say that the observations are not inconsistent 
with the hypothesis. The difference is not significant. The hypoth- 
esis is not rejected. 

These rather abstract statements will become much more 
definite when we discuss concrete instances of statistical inference, 
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in Chapters 7 and 8. At this stage we would emphasize the following 
in summary of part of the preceding argument: 

The conclusions of all inductive reasoning hold in terms of 
probability. The logician Charles S. Peirce used the words 
'^uncertain inference” to describe induction — a suggestive phrase 
that points to a key aspect of induction. 

Statistical inference, which is concerned with the generaliza- 
tion of quantitative results, is distinctive in that it is possible in 
such inference to provide measures of the probabilities attaching 
to conclusions. This is true whether the conclusions are estimates 
of limits within which population parameters fall, or statements 
relating to tests of significance. The task of the statistician in 
this major field of statistical endeavor is to provide the tools 
for defining these probabilities, and to set up working rules for 
the use of these tools.* 

It is clear that the concept of probability lies at the very heart 
of the theories and practices of modern statistics. We turn now to 
a discussion of some elementary principles of probability. A de- 
tailed treatment of the theory of probability would carry us beyond 
the limits of the present volume. The discussion that follows is 
presented only as an introduction to the subject, with emphasis 
on certain ideas and distributions having a special bearing on 
statistical procedures. 

Notation. For convenience of reference we here list the symbols 
that will be introduced in this chapter. Explanations will be given 
in the text. 

p: the probability of the successful outcome of an event 
q: the probability of the unsuccessful outcome of an event 
n\ the number of ways in which an event can occur; the 
number of events in a trial 

n\\ factorial n\ the product of the integers from 1 to n 
p (mu): the mean of a population 

p': the mean of a population of relative frequencies 
a' (sigma): the standard deviation of a population of relative 
frequencies 

y: an ordinate of a frequency curve 
yo: the maximum ordinate of a frequency curve 

'In the present discussion of st^itistical inference no attempt is made to develop the 
general theory of statistical decision functions The foundations of this general 
theor>', which comprehends the problem of estimation and the testing of hypotheses 
as sp(‘cial caws, were laid by the late Abraham Wald in a series of brilliant contributions 
made during the yi'ars imniiMliatelv preciHling his untimely death in 1950. (See Wald, 
IM. 18J). 
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m' (with subscripts 1 , 2, 3, . . .): moments about an arbitrary 

origin 

m (with subscripts 1 , 2, 3, . . .)• raw moments about an arith- 
metic mean; central moments 

m (with subscripts 1 , 2, 3, . . .): central moments, after the appli- 
cation of Sheppard's corrections 
fjL (mu) (with subscripts 1, 2, 3, . . .): central moments of a popula- 
tion 

(beta) : a criterion of curve type (Pearsonian) 
ft- a criterion of curve type (Pearsonian) 

X (chi) : a measure of skewness 

d: the modal divergence; x X <t 
7 i (gamma) : a measure of skewness 
7-1 (gamma): a measure of peakedness 


Elementary Theorems in Probability 

If an event can occur in n mutually exclusive and equally likely 
ways, a of which are to be considered as successful and b as un- 
successful, the probability p of a successful outcome may be 
written 


a 

V = 

^ n 

and the probability q of an unsuccessful outcome may be written 

b 

^ fi 

It will be understood that the words “successful" and “unsuccess- 
ful" are used in a neutral sense, (Alternatively we might say that 
we include in the a group only outcomes marked by the possession 
of a certain property, in the b group outcomes marked by the 
absence of this property. But it will be convenient to use the 
traditional terms.) Since the sum of the successful and unsuccessful 
outcomes is equal to the total number of events, we have 

a h = n 


Dividing by /i. 


(I 

n 



so that 


f, + q = I 

A probability, therefore, may be written as a ratio. The numer- 
ator of the fraction corresponding to this ratio represents the 
number of successful (or unsuccessful) outcomes, while the de- 
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nominator represents the total number of possible outcomes. If 
the outcome or outcomes represented by a should be, in fact, 
impossible, this ratio would be zero. On the other hand, if only 
the outcome or outcomes represented by a were possible, a would 
equal n, and the ratio would be unity. The scale of probability 
thus extends from zero, representing the impossible, to unity, 
representing certainty. 

The idea that a '^probability^^ corresponds to a. frequency ratio is 
one that is generally accepted today. However, for purposes of 
mathematical reasoning it is desirable that the concept have a 
precision and a generality that would be denied it if it were tied 
to empirically observable ratios. These purposes are served if a 
probability number be regarded, in C'rarner^s words, as “the 
conceptual counterpart^^ of an empirical frequency ratio. A prob- 
ability is, ill the last analysis, an abstract conception. Perhaps no 
die could be so flawlessly constructed that the probability of getting 
a 6 spot on a given throw is exactly 1 (i. But we may conceive of, 
and build theorems on, an abstract entity for which p is exactly 
l;f). It is these abstract entities, and the abstract probabilities 
attaching to them, that provide the foundation of the theory of 
probabilit 3 ^ This theory in turn provides the conceptual frame- 
work for the study of the results of random experiments which are 
the direct concern of modern statistics. 

If we toss a coin there are two possible outcomes, the turning 
up of a tail and the turning up of a head. If we regard these two 
possibilities as equally likely (as they are if we think of the con- 
ceptual counterparts of the frequency ratios we should get from 
numerous tossings) we have, as the probability of a tail 

P ^ i 

and of a head 



If we roll a die, regarding a 6 spot as a favorable outcome. 


and 


P = 6 

q = I 


If a card be drawn from a pack of 52 the chance of drawing the 
ace of spades is A, of failing in that endeavor, H. 

The addition of probabilities. What is the chance of securing 
either an ace of spades or a two of spades in a single draw from a 
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pack of 52 cards? In such a case^ where any one of several nvutually 
exclusive outcomes will be considered favorable, the probability of a 
gucxess is th£t sum of the separate probabilities. In this example 

P = irV + 

The chance of drawing either a heart or a spade from a pack of 
playing cards is given by 

P = M + M ^ 

The multiplication of probabilities. Two events are said to be 
independent when the outcome of one does not affect the outcome 
of the other. Thus the result of one throw of a die does not, pre- 
sumably, affect the result of the next toss. The probability of a 
compound event (i.e., a combination of two events, independent of one 
another) is the product of the probabilities of the separate events. Thus 
the chance of securing an ace, followed by a 2 spot, in two successive 
throws of a die, is given by 

p = I X 6 = 

In computing the probability of a given outcome it is frequently 
necessary both to multiply and to add probabilities. For example, 
we wish to determine the chance of securing the total 5 from two 
dice thrown simultaneously. We may label the dice a and h to 
distinguish them. This total may be secured from any one of the 
four following combinations- 

Die G Die h 

1 4 

2 3 

3 2 

4 1 

The chance of securing an ace with die a is J, of securing a 4 with 

die 6 is |. The chance of the two in combination is Similarly, 
the probability of each of the other three combinations is uV- But 
any one of these four results will give a total of 5, and will b(^ 
considered successful. Hence 

P = + + = i 

We have in this example answered the question: What is the 
probability of securing exactly 5 in the toss of two dice? We might 
put the question: What is the chance of securing at least 5 in the 
toss of two dice? In this case a total of 5 or more will be considered 
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a favorable outcome. Just as in the preceding example, we may 
work out the probability of securing each of the results that will 
be accepted as successful. The following summary indicates the 
probability of each of these totals: 

* -I 


Probability of throwing 12 with two dice 

1 

"" 36 

u u u 

11 

u 

ti 

u 

II 

u u a 

10 

u 

u 

u 

3 

“ 36 

u u u 

9 

u 

u 

u 

II 

u a u 

8 

u 

a 

a 

II 






6 


7 




“ 36 

u u u 

6 

u 

u 

u 

T) 

"" 36 

u u u 

5 

a 

u 

u 

4 

“ 36 

Sum of above probabilities 

30 
“ 36 


The chance of throwing at least 5 in the toss of two dice is, there- 
fore, M or f . 

The Binomial Expansion and the Measurement of Probabilities. 

It is possible to express certain of these fundamental relations in 
a generalized form. A simple illustration may be employed to 
exemplify the derivation of the desired general expression. 

If two coins are tossed simultaneously there are four possible 
outcomes 

ah ah ah ah 
T T T H H T H H 

(The two coins are represented, respectively, by the letters a and 
6.) In the first of these possible outcomes we get two tails {TT), 
This, which we may here regard as two successes, represents the 
compound probability p-p = p*. In the present case, where p = J, 
the probability of this compound event is i - ^ The fourth of 
the four possible outcomes {HH) represents two failures (i.e., no 
tail with either coin). The probability of this result is also 
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} (5- (7= i*i)- Each of the two other outcomes (the second and 
third) represents a combination of one success (T) and one failure 
(H). The probability of the second of these combinations, TH^ is 
4 (= p-q = §-i); the probability of the third outcome, HT, is 
1 ( = q.p = J.J). For the probabi ity of such mixed result, one 
success and one failure (the order being here of no concern), we 
mtist add the probabilities of the separate outcomes, getting, in 
the present case, 2pg, or 1. 

The generalization of this process of estimating the probabilities 
of various combinations of independent events, when the prob- 
abilities of these events are known, rests upon the fact that the 
probabilities of the several combinations are given by the suc- 
cessive terms of a binomial expansion. Thus, for the simple case of 
two events, we have 

(p + qy = P^ + "^pq H- q^ 

The student will note that p^ is the probability of two successes as 
has been demonstrated above; 2pq is the probability of a com- 
bination of one success and one failure; is the probability of two 
failures. For the case in which p (e.g., the probability of throwing 
a tail) = g = 2 ) the probabilities of the several different outcomes 
are given by 

(§ + = 4 + 5 + i 

If three coins, represented by the letters ri, 6, and c, are tossed 

simultaneously, we have eight possible outcomes 

ahe ahe nbc ahe abc abc abc abc 

TTT TTH THH THT HTT HTH HHT HHH 

A count of the possible outcomes will show that the chance of 
getting 3 tails in a single toss of 3 coins is 1/8. The chance of 
getting 2 tails (combined with 1 head) is 3/8; the chance of getting 
1 tail (combined with 2 heads) is 3/8; the chance of getting no 
tails is 1/8. Here, since we have three independent events, the 
exponent of the binomial is 3. The probabilities of the several 
possible outcomes are given by the successive terms of 

ip 4- g)'* = p* -h 3p*g + 3/>g2 + g^ ' 

With p = g = 5 , we have 

(I -b i)^ = i + i + i 4" 8 

These arc the probabilities shown by direct count in the example 
cited above. 
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This procedure applies generally. It may be shown that if there 
are n independent chance events, the probability of a “successful'^ 
outcome of a given event being p and the probability of an “un- 
successful” outcome being, q the probabilities of n successes, of 
rt'l successes, of n-2 successes, etc. are given by successive terms 
in the binomial expansion (p -f g)”. 

If we wish to know not the separate probabilities but the prob- 
able frequencies of the various outcomes in a given number of 
trials, these may be compute<i from the expression 

N( p-f qr (6.1) 

where N represents the number of trials and n the number of 
independent events in a trial. Thus if there are 200 trials and there 
are two independent, events in each trial, the probable frequencies 
are given by 

200(p -f g')“ = 200(p^ + 2pq -f q-) 

With p - q ~ 2 this gives us 

^^>(4) + -^^*(2) + -*^(4) = "0 + 

which indicat(*s the probable frequencies of 2 successes, 1 success, 
and no s\iec(‘sses. 

If there are three independent events, the probable frequencies 
in trials are determined from the binomial expansion of 

•V(P H- qY 

If N equals 200, we have 

200(p‘^ H- :\p-q -h :^pq~ + q^) 

If p equals we have 

200 Q + 200(') + 2()oQ + 2()oQ = 25 + 75 + 75 + 25 

These terms indicate, in order, the probable freqiiencies of 3 
successes, 2 successes, 1 success, and no successes. The total fre- 
quencies secured by carrying through the process of multiplication 
will be eipial to the number of trials, for all possible outcomes are 
covered by the expansion. 



THE BINOMIAL DISTRIBUTION 147 

Thus when we know in advance* the probabilities attaching to 
similar but independent events, we may determine the probable 
frequencies of any given number of successes or failures. This is 
true whether p and q be equal or unequal. It is necessary only that 
p and q remain constant. There is here a fact of great significance 
in the development of statistical theory. 


The Binomial Distribution 

Certain points of importance may be made clear by comparing 
some experimental results with the theoretical frequencies given 
by the binomial expansion. Twelve dice were thrown a number of 
times. Each 4, 5, or 6 spot appearing was considered to be a 
success, while a 1, 2, or 3 spot was a failure. (In a typical throw we 
might have the following spots up: 3, 1, t5, 1, 2, 4, 4, (i, 3, 2, 3, 5. 
In this lot there are five successe^s, and the result is so tallied.) In 
a classical example recorded by W. F. R. Weldon^ twelve dice 
wore thrown in this way 4,096 times, a success being defined as 
above. The results are recorded in Col. (2) of Table 6.1, and the 
distribution is shown in Fig. 6.1. By computation we find the 
arithmetic mean and the standard deviation of this distribution 
to be, respectively, 6.139 and 1.712. 

Let us compare with these results those we might expect, from 
given conditions, with 12 flawless (i.e., evenly balanced) dice. 
Twelve dice wen* thrown each time, hence we are dealing with 12 
independent events. There were 4,096 trials. Since either a 4, 5, or 
6 is considered a success, p — q = h 


* A distinrtu)!) is somot lines drawn between a pnon probaliilities of the tyfie doHcriiied 
above, which are assumed to be know'ii apart from exjierieiKje, and empirical proba- 
bilities, which are derived from observation. As an example of the hitler type w^e have, 
as the probability that a man aged .‘}5 will live 10 years, the ratio 7-1,173/81,822. 
This is based upon the American Expenenite Table of Mortality, which shows that ol 
81,822 men living at age 35, there are 71,173 living 10 years lat;fir. (This particular 
table, we should note, is now sonMwvhat out-dated, as a result of recent improvements 
in mortality experience.) Siniie the idea of a priori jirobabilities is a somewhat nebulous 
one, it would be preferable to distinguish between conceptual probabilities and em- 
pincal probabilities, the former being the conceptual counterparts of the frequency 
ratios that provide measures of empirical probabilities. (Cf. Cram6r, Refs. 22, 23 and 
Neyman, Refs 118, 119) 

® Cited by F. Y. I'Mgeworth, Encyrl Bnt , Hth ed., Vol. XXII, 394. 
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For the terms in the binomial expansion we have 
(p + ?)" = P” + »p"“'9 + - j-;2“ P"~Y 

+ P-Y + ---+9” 

In the present case we have 

4,09gQ + ‘)" 

Expanding 

Amc( ^ ^ 4- 220 , 49.^ , 792 924 

» \4,090 4,096 4,096 4,096 4,096 4,096 4,096 

792 495 ^0 66_ 1^ 1 \ 

4,096 4,096 4,096 4,096 4,096 4,096;/ 

Completing the indicated multiplication we have the theoretical 
frequencies of the various possible successes in 4,096 throws of 
12 dice. These are sliown in column (3) of Table 6.1. 

The distribution of the theoretical frequencies is shown in 
Fig. 6.1, with that of the observed frequencies. The relationship 



0 1 2 3 4 5 6 7 8 9 10 11 12 


Number of Successes 

FIO. 6.1. A Comparison of Actual ami Theoretical Frequen- 
cies in a Dice-Rolling Experijnent. 
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of the two distributions appears to be close. (What is a *^close” 
relationship will be considered at later points.) 

TABLE 6-1 

Comparison of Actual and Theoretical Frequencies in Dice-Rolling 
Experiment 


(1) 

Number of 

successes 

(2) 

Observed 

frequencies 

(3) 

Theoretical 

frequencies 

0 

0 

1 

1 

7 

12 

2 

00 

00 

:i 

198 

220 

4 

4.10 

495 

5 

731 

792 

0 

948 

924 

7 

847 

792 

8 

530 

495 

9 

257 

220 

10 

71 

CO 

11 

11 

12 

12 

0 

1 


4,096 

4,096 


The distribution defined by the entries in columns (1) and (.S) of 
Table 6.1, and shown graphically by the broken line in Fig. 6.1, is 
a binomial distribution, one of central importance in statistical 
theory and in the applications of statistical methods. The general 
formula for the binomial distribution is 

where n is the number of independent events in a trial, p is the 
probability of success in a single event, q is the probability of a 
failure, i is a stated number of successes, and y is the probability 
of obtaining the stated number of successes. The symbol n\ stands 
for “factorial n”, which is the product of the integers from 1 to n; 
x! is factorial x. To exemplify the use of this formula: we wish to 
determine the probability of obtaining just 3 heads in a single 
trial consisting of the toss of 4 coins. Substituting in the above 
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equation the given values (i.e., for n substitute 4; for 3; for p, 
1/2; for g, 1/2), we have 


y = 


4 . 3 . 2.1 

(3“-2:1)(1) 


= y a-i) = 4/16 


The probability of getting 3 heads in a toss of 4 coins is 4/16. 

(Certain of the characteristics of the binomial distribution may 
be briefly summarized: 

It is a discr(!te distribution. Its graphic roprosentatioii is marked by 
discoid imiitics of the type shown in Fig. (3.1 

Its form doponda, in a particular case, on the parameters p and n {q, being 
equal to 1 — p, is not. counted as a separate parameter). The parameter n 
is always a positive integer. 

The distribution will be symmetrical if p and q are (^(lual, asymmetrical 
if p and q are unequal. However, as n increases, p and q (unequal) being 
unchanged, the degrt'c of skewness decreases sharply. This approach to 
symmetry as n increas(‘s is graphically portrayed in Fig. (>.2. Here we have 
plotted the distributions dc'rived by expanding (0.8 + 0.2), i.e., {q + p) 
with 71 equal, successively, to (>, 12, and 48. The Ireipiencies shown on the 
jy-axis are percentages of the total, for eacli distribution. With increasing 
values of n tlu'n* is a notable increase in symmetry, even though p and q 



FIG. 6.2. Binomial Distributions. Graphic Representation of the 
Binomial (0.8 + 0.2)" for n = 6, w =12. and n = 48. 
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are far from equal. There is also apparent a decline in the discontinuities 
that are so marked with low values of n. This point will call for further 
comment in the next section. 

For the mean^ of a binomial distribution we have 

M = rip (6.3) 

The variance^ of a binomial distribution is given by 

<r‘^ = npq (6.4) 

and the standard deviation^ by 

a - \/npq (6.5) 

Substituting in the above equations the values of n, p, and q for the 
theoretical distribution represented in Table 6.1, we have 

/i = 12 X 0.5 = 6 

and = Vi 2 X 0.5 X 0.5 = VS = 1.732 

These may be compared with the mean of the observed frequencies, which 
is 6.139, and with the standard deviation of these frequencies, which is 
1.712. The differences may reflect the influence of sampling fluctuations, 
or imperfections in the dice actually used by Weldon. At a later point we 
shall discuss methods by which these two effects may be distinguished. 

Occasion often arises to deal with relative frequencies, or 

frequency ratios, when handling data entering into a binomial 
distribution. Thus the “successes^^ listed in column (1) of Table 
6-1, might be measured as ratios to the total number of events in 
each throw of 12 dice, i.e., as 0/12, 1/12, 2/12, etc. Thq class 
frequencies would, of course, be the same. The mean (p) of such 
frequency ratios binomially distributed, would be given by 

p' = p 

and the standard deviation (o-') by 



For the theoretical relative frequencies represented in Table 6.1 
we would have, therefore, a mean of 0.5, a standard deviation of 
0.144. 

The binomial distribution is one of a number of mathematical 
models that enter into statistical theory. Each of' these models is 
an abstract generalization; its attributes and the axioms from 
which its qualities may be deduced may be defined with precision. 
These abstract conceptions may be built up without reference to 

* DerivationH of these formulas, which enter into BubHequent discusaion of sampling 
errors, are given in Appendix D. 
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events in the real world, and may have no bearing on such events. 
Of course, it may be found that natural events in some spheres 
correspond in some degree to a model thus built up. In the latter 
case, the model may contribute materially to an understanding of 
these events and to generalizations concerning such events. As the 
preceding example will have suggested, distributions of data in a 
number of fields correspond closely to the model provided by the 
binomial expansion. Such models, accordingly, provide working 
tools of high value in dealing with observational material. 

The Normal Distribution 

We may return to a consideration of the curve in Fig. 6.1 which 
represents the theoretical frequencies in the dice-throwing experi- 
ments. It is a perfectly symmetrical 12-sided polygon, the number 
of sides (excluding the base) corresponding to the number of 
independent events in the particular problem considered. With 6 
events we should have a G-sided figure, with 20 events a 20-sided 
figure, and so on. It is obvious that, as n increases, the number of 
sides to the polygon increasing correspondingly in number, the 
graph representing the expansion of the binomial (p + O')" ap- 
proaches more and more closely a smooth curve. 

This approach to continuity in binomial distributions as n 
increases will be found whether p and q be equal, as in the distri- 
butions represented in Fig. G.l, or unequal, as in the distributions 
represented in Fig. G.2. Moreover, if p and q be unequal, the 
skewness marking distributions corresponding to low values of n 
will decline as ii increases. We have already noted (Fig. 6.2) the 
movement toward symmetry as n increased from 6, to 12, to 48, 
with p and q constant. As n approaches infinity, such a graph 
approaches a smooth, symmetrical curve. The limit which the 
binomial distribution thus approaches^ is called the normal 
distribution. Its graphic representation, which is called the normal 
curve of error, is shown in Fig. 6.5, on page 158. 

The normal distribution has long occupied a central place in the 
theory of statistics and in applications of this theory. It was first 
defined over 200 years ago by De Moivre, who recognized it as a 

® 111 the exceptional case, when p approache.s zero as n approaches infinity (the quantity 
np being constant), the limiting distribution la not the normal distribution but a 
discrete tyjie called the Foiaaoii diatribution. Thia diatnbution has been found useful 
as a population model when the observed frequencies relate to the occurrence of 
very rare events, i.e., when p is very small. 
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continuous form marking the limit of the discrete binomial dis- 
tribution. It was independently rediscovered by C. F. Gauss and 
P. S. Laplace in the early years of the nineteenth century. The 
rediscovery, which came from work on the distribution of errors 
of observation, led to great emphasis in the succeeding half century 
on the normal '4aw’’ as a model to which distributions of obser- 
vations on all natural phenomena were supposed to conform. 
Correction of this excessive emphasis (a correction largely due to 
Karl Pearson and his co-workers in the Galton Laboratory of the 
University of London) served to place the normal distribution in 
proper perspective, as one among many distribution types occur- 
ring in nature. However, as Kendall remarks, “as the importance 
of the (normal) distribution declined in the observational sphere it 
grew in the theoretical, particularly in the theory of sampling.” 
And as the theory of sampling has developed, to become the 
fundamental concern of statisticians, the normal distribution has 
retained its place as one of the pillars of modern statistics. 

In writing the equation to this curve we express the frequency 
2 / as a function of the variable x. For convenience, the origin of the 
independent variable is taken at the mean; a given x stands, 
therefore, for a stated value of that variable expressed as a devi- 
ation from the mean x. This equation is written in several forms. 
The expression 

y = — 7 -- (6.7) 

W2Tr 

is a basic form, relating to a curve having unit area. In this equa- 
tion <7 is the standard deviation of the given normal distribution, 
TT is the constant 3.14159, and e is the constant 2.71828 (the base 
of the system of natural logarithms). When we say that the curve 
has unit area we mean that the total frequency, Ny is equated to 1, 
for convenience in representation and calculation. To obtain 
ordinates for a particular distribution, the ordinates given by 
formula (6.7) are multiplied by N. The equation to a normal 
curve corresponding to a particular distribution is thus given by 


y = 


N 


xy2ff 


( 6 . 8 ) 


N 

We may note that the quantity — -7=- in formula (6-8) is equal 

<^v27r 

to the maximum ordinate (yo) of the normal curve corresponding 
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to a distribution of stated total frequency (N) and stated standard 
deviation (<r). Thus if N is 1000 and <r is 10, we should have 

1000 

Substituting 3.14159 for ir we derive the value 39.894 for 2 / 0 . 
Having jt/o we may use the following form of the equation to the 
normal curve 

y = 2/06-72-^^ ( 6 . 9 ) 

Thus the ordinate at any stated distance x from the maximum 
ordinate may be determined by multiplying the maximum ordinate 
by the quantity (In a normal distribution mean, median 

and mode coincide. The maximum ordinate is, therefore, the 
ordinate at that point on the A"-scale at which these three identical 
values fall). An ordinate 20 units above the mean, on the X-scale, 
would, for the above distribution, have the value 

y = 39.894 X 2 . 71828 -‘«o/“o 

= 39.894 X 2.7f8^ 

= 5.399* 

Finally, we may have an equation that refers to a curve of unit 
area, and with deviations from the mean of the X-variable ex- 
pressed not in the original A-units, as in formulas (0.7), (0.8), and 
(0.9), but in units of the standard deviation of A^. That is, the 
unit of measurement on the A" -scale will be x/a, where x is the 
deviation (A' — ju). We obtain then an equation like (0.7) above, 
but with a equal to 1. That is 

= :^ c-v* (6.10) 

This gives us an expression for the normal distribution in standard 
form, with zero mean, unit standard deviation, and unit area. 
Reversion to the original units of measurement for any variable, 
and to absolute frequencies, may be accomplished by simple 
adjustments, using given values of a and N. 

The curve plotted in Fig. 0.5 on p. 158, which shows frequencies 
rising to a maximum at the mean (which is also the mode and 

• Tabled values greatly facilitate the calculation of ordinates. See Pearson and Hartley, 
Ref. 126; Fisher and Yates, Ref. 51. 
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median) and declining symmetrically for values of x above the 
mean, is called the normal frequency function. The corresponding 
cumulative distribution (cp. Fig. 3.13, p. 68), with frequencies 
cumulated upward, is termed the normal distribution function. 
This is shown graphically in Fig. 6.3. The cumulated frequency is, 



“3<r -2a -\a 0 +1(7 +2a +3a 

FIG. 6.3. The Cumulative Normal Curve: 
The Normal Distribution Function. 


of course, zero at the lower end of the range, N (or unity, for the 
standardized normal form) at the upper end. 

Properties of the Normal Distribution. Some of the major 
properties of this distribution have already been noted. The 
distribution is symmetrical (skewness = 0) and continuous. The 
range extends theoretically from an a: of — to an x of + 00 . 
Actually, 0.997 of the area under the curve falls between ordinates 
at X = ~ 3a and x = + 3<r. The general distribution is completely 
defined by the parameters fx and a. That is, when the location of 
the mean has been established (as a base from which x is measured) 
and the standard deviation has been specified, the distribution of 
frequencies for a curve having unit area (i.e., with ^” = 1) may be 
determined. (See formula 6.7 above.) To determine the absolute 
frequencies corresponding to a specific set of observations the 
quantity N ’ must be known, in addition to m and <7 (see equation 
6.8 above). 

If the normal curve be regarded geometrically, we may note 
that points of inflection occur at /u + o' and at /x — ' a. 

The usual representation of the normal curve of error in its 
standard form gives the impression that all normal frequency 
curves are exactly alike (apart from variations in N). It is useful to 
consider the effect on the curve of changes in the two parameters 
and a (N being constant). The effect of a change in m is merely 
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to shift the curve along the ar-scale, with no change in form. A 
change in <r affects the representation on both scales, and thus 
modifies the relative proportions of the plotted curve. The effect 
on the a:-scale is obvious. But the 2/-scale is also affected, because 
the value of the maximum ordinate in a curve of unit area depends 

on the value of <r (for yo = — V=^). The effect of varying a from 

<^V2t 

6 to 10, and then to 20, with N constant at unity and with y, 
constant at 0, is shown by the curves plotted in Fig. 6.4. 

Y 
.08 

.06 

.04 

.02 


-60 -48 -36 -24 -12 0 +12 +24 +36 +48 +60 

X 

FIG. 6.4. Coiuparisoii of Normal Frequency 
Curves with V^arying Standard Deviations. 

The equation to the normal curve of error may be derived in 
several ways. It can be oi)tained as the equation to the limit curve 
of the binomial distribution.® Clauss’s deduction of the error equa- 
tion may b(* found in standard works on least squares. We have 
given the equation here without proof. At this stage the student 
will, perhaps, accfcpt this model on an intuitive basis, as the limit 
of the binomial distribution. We may, however, throw light on 
reasons for the emergence of the normal distribution in varying 
observational fields by noting four -basic conditions that must 
prevail among the factors affecting the individual events that 
make up a given population, if the distribution of observations is 
to be normal; 

1. The causal forces must be numerous and of approximately equal weight. 

2. These forces must be the same over the universe from which the obser- 
vations are drawn (although their incidence wiU vary from event to 
event). This is the condition of homogeneity. 

• Cf. Cramer (Ref 23, 198-203) for a proof of the limit theorem for the binomial dis- 
tribution, obtained by De Moivrc in i733. 
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3. The forces affecting individual events must be independent of one 
another. 

4. The operation of the causal forces must be such that deviations above 
the population mean arc balanced as to magnitude and number by 
deviations below the mean. This is the condition of symmetry. 

Areas Under the Normal Curve. Practical applications of our 

knowledge of the normal distribution are greatly facilitated by 
prepared tables giving ordinates of the standardized normal curve 
for stated values of xja, and specifying fractional parts of the total 
area under the curve that lie between ordinates erected at stated 
distances from the mean. By simple computations these standard 
values of ordinates and areas may be modified for the 'N and the 
a of any given distribution. Greater use is made of the tabulated 
areas than of the tabulated ordinates. Selected values from a table 
of areas are given in Table 0.2. The more detailed measurements 
needed for accurate computation are given in Appendix Table I. 
Areas as well as ordinates of the normal curve ar(‘ given in Pearson 
and Hartley (Ref. 120) and Fisher and Yates (Ref. 51). 

TABLE 6-2 

Areas under the Normal Curve, in Terms of Abscissa 
(Giving fractional parts of the total area between /o and ordinates 
erected at varying distances from /o) 


x/a 

a 

x/<r 

a 

0.0 

00000 

2 0 

47725 

0.1 

03983 

2 1 

48214 

0.2 

07920 

2 2 

.48010 

0.3 

.11791 

2 3 

.48928 

0.4 

. 15542 

2.4 

.49180 

0.5 

.19140 

2 5 

49379 



2 5758 

49500 

O.G 

2257.’» 

2 0 

49534 

0 7 

25804 

2 7 

49053 

0 8 

.2881 1 

2 8 

49744 

0 0 

31594 

2 9 

49813 

1 0 

34134 

3 0 

.49805 

1 1 

30433 

3 1 

.49903 

1 2 

38493 

3 2 

.49931 

1.3 

40320 

3 3 

.49952 

1 4 

.41924 

3 4 

.49900 

1.5 

43319 

3.5 

.49977 

1 6 

.14520 

3 0 

.49984 

1.7 

45543 

3 7 

.49989 

1.8 

.40407 

3 8 

.49993 

1 9 

.47128 

3.9 

.49995 

1.90 

.47500 

4.0 

.49997 
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Since the normal curve is symmetrical about the maximum 
ordinate^ the values given in Table 6-2 apply to observations on 
either side of the mean. In using such a table, deviations from the 
mean are first expressed in units of the standard deviation. (The 
term normal deviate is applied to such a quantity, that is, to a 
deviation from the mean of a normal distribution expressed in 
units of the standard deviation of that distribution.) The propor- 
tion of the total area lying between any two ordinates may then 
be readily determined. For example: What proportion of the cases 
in a normal distribution lies between the maximum ordinate and 
an ordinate erected ati a distance from the mean equal to -h lo-? 
Reading down the x/a column to 1.0, we find the value .34134 
opposite it. This, in ratio form, is the proportion of cases falling 
within the limits indicated. Expressing this ratio as a percentage, 
we have 34.134 percent as the answer to our (luestion. 

Fig. 6.5 shows the relation of this area (the shaded area i4) to 



FIG. 6.5. An Illustration of the Mea.suremerit of Areas 
Under tlie Noiniiil Curve. 


the total area under the curve. (The ordinate values measured on 
the 2 /-scale of Fig. 6.5 are those given by the standard formula 
(6.10), when N = 1 and <t = 1.) 

What proportion of the total number of cases in a normal 
frequency distribution will fall between an ordinate erected at a 
distance from the mean equal to — lAa and one erected at — 2<t? 
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From the table we find that 41.924 percent of the total area will 
lie between 2/0 and the ordinate at — 1.4o’; 47.725 percent will 
lie between yo and the ordinate at — 2a. The difference, 5.801 
percent, will fall between the ordinates at — 1.4o- and at — 2a. 
This may be converted into actual frequencies by taking this pro- 
portion of the total number of cases in the given distribution. The 
shaded segment B in Fig. 6.5 represents the area thus marked off. 

For certain purposes we wish to know the proportion of the 
total number of cases deviating by a stated amount or more in 
either direction from the mean of a normal distribution. If we wish 
to know the proportion of all cases deviating from the mean by 
1.96<r or more, we must add to the area between -f 1.96(7 and the 
upper limit of the curve the area between — 1.96(7 and the lower 
limit of the curve. Each of these areas equals 0.50000 — 0.47500, 
or 0.025. The percentage of cases deviating from the mean by 
-f 1.96(7 or more is 2.5; the percentage deviating by — 1.96(7 or 
more is 2.5. The percentage deviating above or below the mean by 
1.96(7 or more is 5.0. Similarly, it may be determined from the 
entries in Table 6-2 that just one percent of all the cases in a 
normal distribution will deviate from the mean, positively or 
negatively, by 2.5758(7, or more. This “one percent’^ area is 
represented by the sum of the shaded portions at the two tails of 
Fig. 6.5. The ordinates defining the inside limits of these segments 
are erected at -f 2.5758(7 and at — 2.5758(7, while the outer limits 
are at infinity. 

Special significance attaches to the two limits last mentioned, 
because of the uses made of them in interpreting errors of sampling. 
This topic is developed at a later point. Here we may note that 
the figures defining proportions of the total area under the normal 
curve falling in given areas may also be interpreted as probabilities. 
The probability that a given observation, made at random in a 
population distributed according to the normal law^ of error, will 
fall between the mean and a value one standard deviation above 
the mean is 0.34134; the probability that a given observation will 
deviate from the mean by 1.96(7 or more is 0.05; the probability 
that a given observation will deviate from the mean by 2.5758(7 
or more is 0.01. 

The method by which probabilities of occurrence may be 
determined from a table of areas under the normal curve, and by 
which the significance of a given normal deviate may be estab- 
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lished, should be clearly understood. These methods enter in many 
ways into the work of a statistician. 

A general theorem on dispersion. The statements made above, concerning 
the proportion of cases that will fall between ordinates erected at stated 
distances from the mean, or beyond ordinates erected at stated points, 
hold of course only for normally distributed observations. A useful general 
rule, relating to the proportion of cases falling beyond stated limits in a 
distribution of any type, is given by a theorem of Tchebychefif, known as 
Tchebycheff's ineqnalily. We let k define a given distance from the mean of 
a frequency distribution, this distance being expressed in standard deviation 
units. Tchebyf^helT’s theorem states that the proportion of the total area 
under the curve defining the distribution (i.e., the proportion of all cases) 
falling beyond ordinates erected a distance k from the mean will be equal 
to or less than l/Zc^. Thus we should expect that for a given distribution 
the proportion of cases dcwial.ing Irom the mean (in either direction) by 4 
standard deviations or more would be eiiual 1o or less than 1/16 of the 
total; the proportion deviating by 2 standard deviations or more would be 
c(iual to or less than 1/4. Conci*et(4y: In a population of income recipi- 
ents with mean 16,000 and standard deviation $300, the proportion of 
persons with incomes that deviate from $6,000 by $600 or more will be 
equal to or less than one fourth oi the total. Su(;h a statement as this may 
be made without r(‘ference to the form of distribution. It is only necessary 
that the sample be large. 

Tcheby(!h(‘fr’s inequality provides a somewhat crude instrument. More 
pn'cise statements may be made if the exact form of the distribution is 
known, or oven if \Ne know only tha^ the distriiiution is unimodal and 
continuous. But the value of the Tchebycheff theorem lies in its complete 
generality. It may be used in a particular situation, whore we have no 
knowledge of the form of distribution, to give an immediate and concrete 
indication of the degri'c of dispersion to be expected.’ 

The uses of the normal curve of error, and of the table of areas 
based thereon, are too varied to be enumerated at length here. A 
simple example may serve to introduce the subject. 

Fitting a Normal Curve. The process of fitting a normal curve to 
a set of observations involves the computation of theoretical 
frequencies corresponding to the observ(id frequencies. This may 
be done from a table of areas under the normal curve (see Appendix 
Table I). Using such a table, in the manner indicated in the 
preceding section, the areas between the maximum ordinate and 
ordinates erected at the various class limits may be determined. 
By the simple process of subtraction the area within each class, 
and hence the theoretical frequencies, may then be computed. 

’ See Smith, Ref. 145, Cram<*r, Ref. 2li, and Mood, Ref. loa, for diHous.sion8 of the Tche- 
bycheff theorem. 
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To illustrate the fitting procedure we make use of a frequency 
distribution based upon the annual number of telephone calls made 
by members of a sample of 995 residence telephone subscribers in 
Buffalo, New York.® It is a tenable preliminary assumption that 
the conditions giving rise to a normal distribution prevail among 
a population of residence telephone subscribers, although this 
assumption must be tested against the actual observations. Of 
course, the actual range of message use is not infinite; there is, 
indeed, a definite lower limit at zero on the scale of message use. 
But within the actual range of the observations the tailing off of 
frequencies is so pronounced that the existence of a boundary at 
zero does nbt, in fact, conflict with the theoretical conditions. 

The actual distribution of telephone subscribers is given in 
Table 6-3. We shall require estimates of the iqean and standard 
deviation of the assumed parent population; calculations of these 
two quantities are shown below the table.^ 

The computations shown in Table 6-3 yield 476.96 as the sample 
mean, 147.65 as the standard deviation of the sample. The sample 
mean may be used as an estimate of the population mean /i, but, 
as we have seen, the sample standard deviation s requires a modifi- 
cation if we are to have an unbiased estimate of the population a 
(see p. 117 above). The correction is made in the variance. For an 
unbiased estimate of the population variance we have 


In the present case in class-interval units, is 8.7182. Thus 

X 8.7182 = 8.7270 
and s' = 2.954 

To obtain s' in original units we multiply this value by the class- 
interval, 50. The unbiased estimate of the standard deviation 
of the population is then 147.70. (With a sample as large as the 
present one there is no difference, for practical purposes, between 
s and s'. With small samples s' is definitely superior to s.) 

" The study from which this distribution was derived was made by the statistical 
division of the American Telephone and Telegraph Comparty. See “Introduction to 
Frequency Curves and Averages." Staltstical Bulletin, Statistical Methods Series, No. t. 
Issued by Chief Statistician, American Telephone and Telegraph Co. 

• The entries in columns (7) and (8) are discussed at a later point m this chapter. They 
may be disregarded at this stage. 
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Our next task is to determine theoretical class frequencies, i.e., 
the frequencies to be expected for class-intervals of 0-50, 50-100, 

TABLE 6-3 


Annual Message Use of 995 Telephone Subscribers 
(Illustrating the computation of the moments of a frequency distribution) 


(I) 



“ (2) 

■ ■ (8) 

(4) ‘ 

(5) 

(6) 

■'17) 

(8) 

Int<!rval 
of message 

US(’* 

Mid- 

l>oint 

Kie- 

fiuencv 

/ 

Deviation 
of class 
rai<lpoint 
from arbi- 
tiaiy origin 
in class-in- 
terval unit.'' 
r' 

P' 

/PT 

/(yy 

fuy 

0- 

50 

25 

0 

- 10 

0 

0 

0 

0 

50- 

100 

75 

1 

- 0 

0 

81 

720 

6,561 

KXh- 

150 

125 

0 

- 8 

- 72 

576 

- 4,608 

36,864 

150- 

2(K) 

175 

10 

. 7 

- 188 

081 

- 6,517 

45,610 

21HV 

250 

225 

88 

- () 

- 228 

1 ,8()8 

- 8,208 

49,248 

250 

8(M) 

275 

50 

— 5 

- 250 

1,250 

- 6,250 

81 ,250 

3(Kt 

850 

825 

05 

- 4 

- 880 

1,520 

- 6,080 

24,320 

850- 

4(X) 

875 

85 

- 8 

- 255 

765 

- 2,205 

6,885 

4(M)- 

450 

425 

115 

- 2 

- 280 

460 

020 

1,840 

450- 

5(M) 

175 

182 

- 1 

-- 182 

182 

182 

132 

5(K)- 

550 

525 

1 14 

0 

0 

0 

0 

0 

650- 

(iOO 

575 

116 

J 

116 

116 

116 

116 

600- 

650 

625 

70 

2 

158 

816 

682 

1,264 

050 

700 

675 

51 

8 

162 

486 

1,458 

4,374 

mh 

750 

725 

81 

1 

124 

406 

1,084 

7,936 

750- 

8(H) 

775 

11 

5 

55 

275 

1 ,875 

6,875 

8(M>- 

850 

825 

5 

6 

80 

180 

1,080 

6,480 

850- 

000 

875 

t; 

7 

42 

201 

2,058 

14,406 

000- 

050 

025 

2 

<S 

16 

128 

1,024 

8,102 

050-1 

,000 

075 

1 

0 

0 

81 

720 

6,561 

1,(HK)-1 ,050 

1 .025 

1 

10 

10 

100 

1,000 

10,000 

1 ,050 1 , KM) 

1,075 

1 

1 1 

M 

121 

1,881 

14,641 




005 


- 056 

0,676 

- 22,952 

28;l,564 


.1/' --= 

c = 

525 
~ ‘)56 

005 


rM.rrL.\Tio.\s 

0676 
^ 005 
- 0 7240 

■ (- 0.0608)* 

- 0.0281 



= - OOOOS . 8 8015 

r (in oriRiiiHl units) ^|»pl' mu Shnppard’s corrections t 

- - ().0(»{)8 X 50 s-i = 8 8015 - 0 08118 

= - 48 01 - 8 7182 

s = 2 058 

= 525 — 48 01 s (in original units) 

- 470.00 = 2 058 X 50 

= 147.65 

• As here classified an item having a value of 50 was ])ut in the class having 50 as an 
upper limit Items falling on other class limits were similarly disposed of. 
t \t this point no use the same symbol .*t* lor the uncorrected and corrected variances 
In a latei more general application ot Sheppard’s ('orrections different symbols will 
be einployerl 
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etc., in a distribution of 995 observations drawn from a normal 
population having a mean of 476.96 and a standard deviation of 
147.70. The computations shown in Table 6-4 are based upon a 
table of areas under the normal curve similar to that given in 
Appendix Table 1. (Sheppard’s table, which was used, gives 

TABLE 6-4 

Illustrating the Computation of Theoretical Frequencies from a Table 
of Areas 


(1) 

('lass 

limit 

(2) 

Deviation 
from mean 
in unith 
of a 

X 

a 

(3) 

Pi*oportion of 
area botw'c*en //« 
and ordinate 

atf 

a 

(4) 

Number ol 
liases between 

Vo and ordi- 
nate 

at*^ 

a 

(5) 

Theoretieal frequencies, 
bv clasHpH 

0 

- 3 23 

4993810 

496 88 




50 

- 2 89 

1980738 

495 58 

0- 

60 

1.92* 

100 

- 2 55 

1946139 

492 14 

50- 

100 

3.44 

150 

- 2 21 

4864471 

484 02 

100- 

160 

8.12 

200 

- 1.88 

1699460 

467 60 

150- 

200 

16 42 

250 

- 1 54 

4382198 

136 03 

2(X)- 

250 

31.57 

300 

- 1 20 

3849303 

383 01 

250- 

300 

53.02 

350 

- .86 

3051055 

303.58 

300- 

360 

79. 4:^ 

100 

- .52 

1984682 

197.48 

350- 

400 

106.10 

450 

- .18 

0714237 

71.07 

400- 

450 

126.41 

500 

+ .16 

0635595 

63 24 

150- 

500 

134.31 

550 

+ 49 

1879331 

186 99 

500- 

550 

123.76 

600 

+ .83 

2967306 

295 25 

550- 

m) 

108.26 

650 

+ 1 17 

3789995 

377 10 

(iOO- 

650 

81.85 

700 

+ 1 51 

434 1783 

432 31 

650 

700 

56.21 

750 

4- 1 85 

1678432 

465.50 

700- 

750 

33.19 

800 

4- 2.19 

JS57379 

ia3.3I 

750- 

81K) 

17.81 

850 

+ 2 53 

4942969 

191 83 

800- 

850 

8.52 

900 

+ 2 87 

4979476 

495 4(i 

850- 

900 

3.63 

950 

+ 3 20 

4993129 

496 82 

9(M)- 

950 

1.36 

1,000 

4- 3.54 

4997999 

197.30 

950- 1 

,000 

.48 

1,050 

4-3.88 

4999478 

497.45 

1,000-1,050 

.16 

1,100 

4- 4 22 

4999878 

497.49 

Kreater than 



1 ,050 .05 


995.00 


* The theoretical diHtribution shows 62 of a case below — 3.23 a. To preserve formal 
consistency this amount has here been added to the theoretical ^frequency between 
0 and 50. 

areas to two more decimal places than does Appendix Table I.) 
The procedure employed should be clear from the previous illus- 
tration. For the lower limit of the class falling between 50 and 100 
on the x-scale, the deviation from the mean in standard deviation 
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FIG. 6.6. Illustrating tho Fittiiij; of a Normal ('urve to 
FreqiK'iicy Distribution of Telephone Subsdiibers, Class- 
ihcd acfordiuK to Mossaj^e Use. 


. 50 
units IS - - 


- 47().9(> 
147.70" ’ 


or — 2.89. From tlie table of areas we find 


that the proportion of the total area falling between an ordinate 
at the mean and an ordinate 2.89 standard deviations below the 
mean is .4980738. Nlultiplying by 995, this proportion is expressed 
in terms of total irequeneies for a sample of 995 eases drawn from 
the assumed normal poj)ula(i()n. This gives 495.58 eases as the 
number to be expeeted between the mean and an ordinate at 
50 on the j’-seale. A similar ealeulation gives us 492.14 as the num- 
ber of eases lo be expeeted between the mean and an ordinate at 
100 on the j-seale. The difference between 495.58 and 492.14, or 
3.44, is the theoretieal freipjeney in the class whose limits are 50 
and 100 on the a*-seale. This process, 'repeated for each of the other 
classes, gives us the theoretical distribution by classes shown in 
column (5) of Table 0-4. 

This theoretical distribution may be compared, class by class, 
with the distribution of actual frequencies as given in column (3) 
of Table 0-3. (For more convenient comparison, see columns (2) 
and (3) of Table 15-9.) Or the comparison of the actual distribution 
and fitted curve may be made graphically, as in Fig. 0.0. It is 
apparent by inspection that the normal curve gives a fairly good 
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fit to the data, although there are several classes in which the 
differences are marked. A natural question arises as to the reason 
for the failure of the normal curve to fit at all points. There are 
two possible answers to such a question. The failure to fit may be 
due merely to chance fluctuations such as are found in any sample. 
We may have an underlying law of distribution of residence 
subscribers, classified by message use, which accords perfectly 
with the normal law of error, but the particular sample selected 
may be marked by certain irregularities which would be ironed 
out if a very large number of cases were included. On the other 
hand, the differences may be due to the fundamental failure of 
such a distribution to accord with the normal law of error. Such 
a law may not describe the distribution of telephone calls, in which 
case the normal curve should not be employed. 

At this stage we may note, without discussion, that the differ- 
ences between theoretical and observed frequencies in the present 
example are small enough to be attributed to chance fluctuations 
of sampling. The reasoning that supports this conclusion is 
presented in a later section (( chapter 15). The evidence is clear, 
however, that the discrepancies between the observed frequencies 
and those in the corresponding normal distribution are not ex- 
cessively large. The observed facts are not inconsistent with the 
hypothesis that residential telephone subscribers, classified ac- 
cording to frequency of telephone use, are distributed in accordance 
with the normal law of error. 

This conclusion gives generality to the results of our study. We 
know the attributes of distributions following the normal law of 
error, and once the identification of an actual distribution with 
this standard type has been effected we may draw upon this 
knowledge. In using the original frequency table we are limited to 
the classes there established. We may now go beyond this and 
determine how many cases may be expected within stated limits. 
We may compute the probability of a case falling between any two 
points on the a;-scale, or above or below any given value. The 
observed results, standing alone, are restricted in their significance 
to the particular observations recorded, but the theoretical 
frequencies have no such limitations. They apply generally, to the 
entire population from which the sample was drawn. In so far as 
we are assured of the representative character of our sample we 
have a basis for inference that would be afforded by no amount of 
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Htudy of the particular distribution as a thing apart. This fact, 
that a knowledge of the theoretical frequencies permits generaliza- 
tion beyond the limits of direct observation, is perhaps the most 
important of the advantages derived from the identification of an 
actual distribution with an ideal type, such as the normal distri- 
bution, 


The Moments of a Frequency Distribution 

It is appropriate at this point to introduce certain concepts and pro- 
(jodiires that make possible a straightforward and systematic desiTiption 
of the characteristics oi a freiiucncy distribution, and that facilitate 
inferiMices conci'rning jiarent populations. The method to be discussed 
involves th(' computation of the “moments’^ of a frequency distribution. 

“Moment'’ is a familiar mechanical term for the measure of a force with 
refereru'c to its tendency to prrKluce rotation. The strength of this tendency 
liepends, obviously, upon the amount of the force and upon the distance 
Irom the origin of the point at which the force is exerted. The (concept is 
illustrated in Fig. 6.7. Here we show’ a force* of 8 pounds being exerted at 

a distance 1 foot above the origin 
at zero. This is exactly balanced 
by a for(5(* of 2 pounds exerted 
4 feet below the origin. The con- 
dition of e(|uil]bnum isdefined by 
the equality of positive and neg- 
at 1 ve products. If either force were 
ex(*rted elsewhere on the scale, 
or if the origin WTre shifted, the 
sum of the pressures which are 
measured by the moments w^ould 
not be zero. 

The term “moment” is used in .statistics in a (luite analogous sense, the 
class frequencies being looked upon as On* forces in (luestion. The column 
diagram shown in the upper panel of Fig. 6.8 may be n-garded as a solid 
figure, w’ith each column exerting a pressure on the j-axis measured by the 
number of observations in the class in que.stion.The “moment” contribution 
of each column is measured l)y the prcxluct of the class freiiuency and the 
corresponding deviation {x') from M' (.U' being the origin— indicated by the 
arrow— which is 100 on the original j*-scale). The sum of the fx' products, di- 

III this ('haplfi w<; havp disruswcHl only two of u number of theoietical dintributions 
that are used by stati.'^tirian.s Other distributions of special importance in the theory 
of sampling will be discussed in subsecpient chapters. Explanations of the Poisson 
distribution will be found in standard works. A comprehensive system of ideal 
frequency distributions, developicd by Karl Pearson, is described by Elderton, 
Ref. 35. For a discussion of the Pearson and other distribution functions see also 
Kendall, Ref. 78. Vol. I, Chapters ^-6 and Mood, Ref 109, Chapter 6. 



8 lbs 

X 'F'-. 


-4 -i -i 6 +1 +2 

Feet 


FIO. 6.7. Illustrating the Concept of 
Moments. 
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vidcd by the total frequencies, gives a net measure termed the first moment. 
(See the computations below the diagram.) It is obvious that the value of 
the moments depends upon the location of the origin. In the present 
illustration thci first moment, with reference to an origin at 100 on the 
original scale, is +4. This quantity is called the first moment of the fre- 
(luency distribution because the first powers of the deviations from the 
origin are used in its computation. The squares of the deviations yield the 
second moment, the cubes of the deviations the third moment, etc., as we 
shall see. 

In the lower panel of F"ig. 0.8 the origin is shifted to 104 on the original 
x-scal(*, which is the midpoint of the central class and, in the present case, 
the arithmetic mean, M . Here we use the symbol x for a deviation. With 
reference to this origin the first moment is zero. 

7''he momerds of a disfnbution about any origin may be computed by 
multiplying the class frecpiency, for eacdi class, by a given power of its 
distance along the a:-axis from the origin, summing tlic resulting products, 
and dividing by the number of cases. These moments (constitute sensitive 
mccasurcs of the attributes of fnujuency distributions. In particular, the 
degree and charactcT of variation are defined by these moments with great 
accuracy. Slight ditT(*rences in patterns of variation are reflected in the 
moments. These moments yi(‘ld, moreover, the basic descriptive measures 
alrciady discuss(*d, and otluT highly serviceable measures. 

We now set forth a systematic proc(‘dure for (computing the moments of 
a frequency distrilaition and for (h'riving from them various descriptive 
statistics. I'^ir the moments of a sample we shall use the symbol m, for the 
moments of a parent population the symbol g. In each case subscTipts will 
indicate the order of tin* moments defined by a particular measure (the 
order being the same as the power to which the (h'viations are raised). In 
a practical problem it is convenient to (compute, first, the moments about 
an arbitrary origin, corn'cting the.se later to obtain moments abemt the 
iu-ithmetii* mean, wliich are most .significant lor statistical purposes. The 
computation of moments may be carried to any reijuircd order; the first 
four moments give all the refinements of mc'asurement needed in most cases. 

For the lir.st calculations, therefore, we have 


nr - 


mi = 




mi = 


A' 


mi = 


= first, moment of the distribution about 
the arbitrary origin. 

= second monuMit of the distribution about] 
the arbitrary origin ' 

= third moment of the distribution about 
the arbitrary origin ' 

= fourth moment of the distribution about 
the arbitrary origin i 


( 6 . 11 ) 


77ie central moments, or moments about the mean as origin, may be 
represented by the same symbol, but with a bar. These central moments 
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may be derived by simple algebraic processes from the moments about the 
arbitrary origin. Thus 


mi = 0 

m2 = mj — ml* 

m3 = ml — Sm[m^ -f 2ml® 

m^ = m\ — 4mlm3 + 6ml* - 3ml< 


(G.12) 


If these moments are calculated, as they usually are, from data organized 
in the form of a frequency distribution, the assumption is made that the 
items in each class can be treated as though they were concentrated at the 
midpoint of that class. We have called attention at an earlier point to the 
errors of grouping that may be involved in this procedure, and to Shep- 
pard's corrections for such errors (see p. 121). We there noted, in particailar, 
that the standard deviation computed from grouped data is subject to a 
systematic bias when the distribution relates to a continuous variable, and 
when the frequency curve of the distribution is characterized by “high 
contact" — that is, when the curve tapers off gradually in both directions. 
Under these conditions this bias will affect all even moments — the second, 
fourth, sixth, etc. Thus if wo wish to avoid errors of grouping, and ap- 
proximate the moments of the continuous distribution that corresponds to 
the broken distribution we actually have, all even moments must be 
adjusted. For present purposes we need coiH^ern ourselves only with 
corrections for the second and fourth moments. 

We shall employ the symbol m, with suitable subs(;ript, to represent a 
corrected moment about the sample mean. (The uncorrccted moments, 
represented by rn! and in, are called “raw" moments.) The application of 
Sheppard’s corrections gives us the following final formulation, which 
applies to central moments: 

mi = 0 

m.2 = m 2 — 1/12 

Wg = m;, 

m4 = — m<i/2 + 7/240 


(6.13) 


In applying the corrections 1/12 and 7/240, the corresponding decimal 
values, 0.08333 and 0.02917, will generally be employed. It is assumed in 
making these corrections that the class-interval unit has been employed 
in measuring deviations from the mean. For moments in original units the 
corrections take the following form [h standing for the clas,s-interval) : 

m2 = m2 — 
m^ = mi — \m2h^ + 

We may illustrate the computation of moments with reference to the 
distribution of telephone subscribers, classified by number of calls made 
per year, that was given in Table 6-3. We use the sums of columns (5), (6), 
(7), and (8) of that table for this purpose. Calculations are shown below. 
Sheppard’s corrections are applied, since the curve is marked by reasonably 


(6.14) 
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high contact. It is a discontinuous distribution, hut the unit (1) is so small 
in comparison with the range that it may be treated as continuous. 




9ob 

995 


- 0.960804 


= 


9^676 

995 


= 9.724623 


22,952 

995 


23.067337 


7n\ = 


283,564 
“ 995 


284.988945 


mj = 0 

m2 = = 9.724623 - 0.923144 = 8.801479 

m., = ///i - 3mlm^ + = - 23.0()7337 + 28 030370 - 1.773922 

= 3.189111 

m\ = — 4mlmJ + 6mi‘ m^ — 3wi^ 

284.988945 - 88 (552760 + 53.863384 - 2.556586 = 247.642983 

mi = 0 

mj = ma - 1/12 = 8.801479 - 0.083333 = 8.718146 
ma = ma = 3.1891 11 

m4 * m4 - W 2/2 4- 7/240 = 247.(542983 - 4 400739 + 0.029167 
= 243.271411 


The Use of Moments in Defining the Characteristics of a 
Frequency Distribution 


Those final values, m 2 , mj, an* llu* first four central moments of 
(he sample distribution. They are approximations to /xj, ^ 2 , Ms, and m 4 , the 
central moments of the population from which the sample was drawn. 
From the sample moments we may derive th(* major measurements that 
describe the .sample distribution and that indicate the distribution type to 
which it belongs. 

Criteria of curre type. Two fundamental criteria, represented by the 
letter beta, \Mth subscripts 1 and 2, are derivable from the second, third, 
and fourth moments about the mean For the distribution of tdephone 
subscribers we have 


/3,*= 


nil 

nil 


(6.15) 


J(K 170429 
662 632015 


0.015349 


ni2 

243.271411 

76.006070 


= 3.200683 


(6.16) 


Each of these is an abstra(;t measure, for the moments in numerator and 
denominator liave been raised to the same order. (The order of mj — where 
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h defines the moment and o defines the power to which mb is raised — is 
given by a X h.) Thus for /3i, the numerator is the third moment squared, 
the denominator is the second moment cubed. In deriving fit the fourth 
moment has been divided by the square of the second moment. 

The criterion di is, essentially, an index of the skewness of the distri- 
bution. Its square root, indeed, is a standard measure of skewness. This 
quantity is equal to zero for the normal distribution, and will be zero for 
any symmetrical distribution. (The student will note that the third moment, 
which in squared form is the numerator of the fraction giving di, is derived 
from the sum of the cubed deviations from the mean. This sum will be 
zero if plus and minus deviations are perfecitly symmetrical.) /3i will be 
plus (it is given the sign of mean minus mc'dian) if the distribution is 
asymmetrical with a tail extending to the right. It will be minus for an 
asymmetrical distribution with the longer tail to the left. 

The formula for the criterion fiz may also be written rn^/s* or, for popu- 
lation characteristics, For the normal distribution this ratio is equal 

to 3. Values in excess of 3 have been taken to indicate a relatively heavy 
concentration of frequencies near the central tendency, while values below 
3 have been taken to indicate a relative deficiency of tre(]uencies near th(‘ 
central tendency. (The comparison in cac^h case is with a normal distribution 
having the same standard deviation.) However, as we shall note* again 
below, this particular interpretation of 02 is not altogether safe. 

I'liese criteria have* th(‘ir greatest usefulness in connection with Karl 
P(*arson’s system of ideal IrcHpUMicy curves. They enable the invesl-igator 
to identify the ideal typo, normal or otherwise, to w^hich a given sample 
distribution appears to belong. This subject, which will not be explored 
here, is dcv(?lop(id by Elderton (Ref 35); basic tables and charts relevant 
to this family of curve types, and of w'ide general utility, will be found in 
IVarson’s Tabk^afor Stdiiahnafiti and Biometric urns. 

Derivation of Descriptive Measures. We now briefly summarize the 
op(‘rations by which descriptive measure's are derived from the sample 
moments. Illustrative data relate' to the distribution of telephone sub- 
scribers (see Tables (1-3 and ()-4, and computations on pages 102 and 105). 
The symbols have been previously explained. 

Central tendency. 

M = M[ -b (m' X h) (6.17) 

= 525 + (- 0.9008 X 50) 

= 470.90 

Variation. The standard deviation is the square root of tlie second 
moment. Since the moments cited above are in class-interval units, appro- 
priate modification is needed' 

s = \/m2 X ^ 

= \/8.71815 X 50 
* 147.65 


(6.18) 
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Skevmess. The basic measure of skewness is — However, the 

O ’ 

modal value of a sample cannot be rigorously defined. Pearson derives the 
quantity x (tJhi) from jSi and ^ 2 , in the following relation: 

Skewne.^ = x = 

We liave noted that \/^, is sometimes used as a measure of skewness. The 
fuller expression (formula (i.H)) is more satisfactory in that, for the 

Pearson curves, it gives a quantity ecpial to Substituting the 

(T 

values of fii, / 32 , and <r for the tel(‘phone distribution, we have 
X = ~ 0.05558 

('Fhe sign of the skewness is given by the sign of mean minus median. The 
mean is 47(i.0fi, the median is 482 89, hene(‘ the skewness is negative.) 

The measure of skewness givcMi above is used in general in connection 
with the Pearson sy.slem ol Ireciueney (*urves. An alternative measure 
repri'sented by the (I reek gamma with subscript 1 has also been used as 
a coefficient ol skewness, 'i'his is given by 71 = nts/s^; for population 
values 7 i = 

The modal diverqnm.. The distance d between the mean and the mode 
may be delermine'd from 

d = X X 0- 

= - 0.05558 X 147.05 (6.20) 

= - 8.21 

IjocuIwk of tin }uodc. We have noted above that the mode is an elusive 
value, impossible to define rigorously from sample data. Having the mean 
and the modal divergiaiei', however, we may derive a value for the mode. 
(We should note that what we thus derivi^ is the jr-value of the maximum 
ordinate of the idea! Ireijueney curve, ot the Pearson family, that could be 
fitted to the .samph' distribution.) The iikkIc as thus estimated is the mean 
less the modal divergence. 

AJo = M ~ d (6.21) 

= 470.90 - (- 8.21) 

= 485.17 

This gives a truer approximation to the modal value than any of the 
methods discussed in Chapter 4. 

]*c(jkrdn(’)Hi or excels ” The quantity ^2 — 3 is a traditional measure of 
an at.t,ribut(‘ oi a frequency distribution, or frequency curve, which goes 
l>y various names— peaked ness, kurtosis, excess, or concentration. Its 
value is zero for the normal cur\’e. In general, positive values indicate 
relatively high concentration of frequencies near the central tendency — 
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high, that is, in comparison with the distribution of frequencies in a normal 
distribution with the same standard deviation. In general, negative values 
indicate a deficiency of cases near the central tendency, in comparison 
with a normal distribution of the same standard deviation. The measure 
of peakedness is represented by the Greek gamma with subscript 2. In the 
present case we have 

Ta = - 3 (6.22) 

-= 3.201 - 3 
= -b 0.201 

This would indicate a distribution slightly more p(^aked than the normal 
(Cp. Fig. 6.6). However, those relations are not invariable. Certain patterns 
of variation can show pcakedness with the quantity 02 — 3 negative, and 
conversely. Accordingly, 02 — S is not to be taken as a clear-cut index of 
peakedness, or the reverse. 

The methods of utilizing moments discussed in this section provide a 
straight-forward procedure for defining the essential a( tribute's of a frequency 
distribution. The mean and mexle as measures of etmtral tendency, the 
standai^ deviation as a measure of dispersion, x ^ measure of skewness, 
and /Ja — 3 as a measure of degree of concentration (the interpretation of 
this measure must be somewhat qualified) may be computed directly from 
the first four central moments of a frequency distribution. Ih'cause of their 
uses for these and other purposes, moments an' tools of high value in 
statistical analysis. 
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CHAPTER ^ 


Statistical Inference: Problems 
of Estimation 


At various stages in the preceding discussion we have spoken of 
the problems involved in passing from the known facts provided 
by a sample to generalizations about the population from which 
the sample was drawn. In particular, our concern in such general- 
izations is with the unknown values of the 'parameters that define 
attributes of such a parent population. In estimating a parameter 
(a mean, a median, a standard deviation) we may wish to obtain 
a single figure which, in some sense, represents the best guess we 
can make as to the actual value of the parameter in question. 
Alternatively, our estimate may take the form of a statement 
specifying limits within which, with a given degree of confidence, 
we may expect the actual value of the parameter to fall. The 
estimate of a single figure is called a point estimate] the statement 
that presents limits, rather than a single figure, is called an interval 
estimate. In the present chapter we shall deal with certain criteria 
and methods that have to do with point estimation, and shall then 
proceed to a more extended discussion of interval estimates and 
of the probabilities that attach thereto. But first the basic idea of 
randomness calls for brief discussion. For the samples to which the 
theory of probability may be applied must be random samples. 

Random Variables and Random Samples 

We think of a variable as a quantity that may take any of a 
number of different values. The addition of the word random 
modifies the concept materially. A random variable may take any 
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of a number of values; the individual values will be marked by 
irregularity in their occurrence, but w^hen many individual values 
are brought together regularity of arrangement will appear. The 
regularity may be of many types, for different random variables, 
but for any one such variable there is orderliness in its mass 
behavior. Another way of putting this is to say that when many 
individual values of a random variable are organized (as in a 
frequency distribution) orderliness that takes the form of a 
definite distribution function will emerge. The separate values will 
be members of a “population” with definable attributes. 

We should stress that randomness is the key to the orderliness 
that thus appears. Tlie practical importance of this fact is very 
great. As She wh art has said, “The ability to randomize a set of 
numbers or a set of objects by means of some distinguishable 
physical op('ration provides the scientist with a powerful technique 
for making valid predictioris.” For the prediction that is impossible 
wdth reference to individual members of a population of random 
variables is possible with reference to members of such a population 
in the mass. Souk* of the* conditions under which random series 
appear have been suggested in discussing the normal distribution. 
Here the forces affecting individual events must be independent; 
each event must be affected by a multiplicity of forces; there must 
be equality of forces tending to generate values above and below 
the mean value. Such a distribution is, of course, just one of many 
possible random distributions. The conditions noted may be 
modified rather substantially, and randomness may remain. The 
regularities represented by distribution functions are of diverse 
types. Ill all cases individual events are unpredictable, but the 
stability of large numbers generates regularity, and makes possible 
prediction (in piobability terms) concerning mass behavior. 

As we shall see, deliberate achievement of the randomness that 
makes valid prediction possible calls for design and most careful 
planning (see C'hapter 19). At this stage we may note that if we 
are to have a random samplCj which is the necessary basis of a valid 
inference, we must have a sample the elements of which are in- 
dependent events, that all these events must come from the same 
population, and that the method of drawing the sample must be 
such that the probability of being chosen is definable for each 
member of the population (by “element of a sample” we here 
mean a single observation). In the actual field work of sampling 
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elaborate techniques are often necessary to ensure that these 
conditions are in fact met in a given case. 

We may here note a special term used for distributions of random 
variables. When we have specified for any distribution the relative 
frequency with which values of a random variable fall within each 
of a number of defined classes, we have a probability distribution. 
(Relative frequencies, as we have seen, may be interpreted as 
probabilities.) The binomial and normal distributions are proba- 
bility distributions; there are many others. Every random variable 
has its distinctive probability distribution. Such a distribution may 
be defined by a frequency function of the familiar type, with 
frequencies rising to a maximum and then declining, or by a 
distribution function showing cumulative frequencies or proba- 
bilities. 

Notation. The symbols employed in this chapter accord in general 
with the system previously outlined. Wo may note the following: 
s': an unbiased estimate of o* 
m: the mean of a distribution of sample means 
Cm’ the standard deviation of a distribution of sample means; 

the standard error of a mean ; also written 
Sm'- the estimated standard error of a sample mean; also 
written ss 

0 (theta) : a population parameter (a general symbol) 
tc’. a statistic regarded as an estimate of 0 
S', the maximum likelihood estimate of 0 
a,: the standard deviation of a distribution of sample s's; 

the standard error of the standard deviation 
5 *: the estimated standard error of a sample s 
(Tmd'> the standard error of the median 
Smd‘- the estimated standard error of a sample median 
o-g,: the standard error of the first quartile 
(Td,: the standard error of the first decile 
/«: the number of successful outcomes out of n events 
n-/*: the number of unsuccessful outcomes out of n events 
Sp*. the estimated standard error of a proportion, or of a 
relative frequency 
pe: a percentage 

Spe'. the estimated standard error of a percentage 
Np\ the total number of cases in a finite population 



PROBLEMS OP ESTIMATION 


17i 

Sompling Distributions: Preliminary Discussion 

When a sample has been drawn, by random processes, from a 
fpven population, we may from the sample (which is composed of 
Xi, Xif Xij , , . Xn) estimate any characteristic of the parent 
population. The mean of the sample is an estimate of the mean of 
the population; the standard deviation of the sample can be 
corrected to give an unbiased estimate of the standard deviation 
of the population; a measure of skewness of the sample provides 
an estimate of the skewness of the population. If we should draw 
many random samples from a given population, all sample^being 
of the same size, the means of the various samples (Xi, X 2 , X 3 , 
etc.) would give us a series of varying estimates of the population 
mean. These varying estimates would constitute a random variable. 
Every sample mean may be regarded as an observed value of this 
new random variable (new in that the unit of observation here is 
not one member of the original population of A"’s, but one member 
of a new population of A"’s). These means may be organized in a 
frequency distribution. Similarly, a series of standard deviations 
derived from successive samph^s may be put in the form of a 
frequency distribution. Such a distribution, composed of the means 
of successive samples, or of the standard deviations of successive 
samples, would have the general characteristics of the distributions 
discussed in earlier chapters. In each distribution observations 
would tend to c-onccaitrate about a centTal value ; frequencies w^ould 
tail off, symmetri (rally or asymmetrically, about this central value. 
As the number of obs('rvations was increased, discontinuities that 
might be present when the number of observations was small 
would be reduced; there would be a clear tendency toward a 
continuous frequency curve as the total frequencies increased. The 
smooth frequency curve which would thus be approached w^ould 
be the graphic representation of what is called a sampling distri- 
but 1071. 

The attributes of such sampling distributions are of supreme 
importance in the theory and practice of statistics. The power of 
statistical inference derives from the knowledge we now possess 
of the sampling distributions of standard deviations, coefficients 
of correlation, and other statistical measurements. For knowledge 
of such distributions — which are probability distributions — enables 
us to specify the probabilities that attach to the conclusions of 
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statistical inferences. To understand how this is done we must 
know something about the sampling distributions of the chief 
statistical measurements. As a basis for the discussion that is to 
follow we first briefly note the characteristics of the sampling 
distribution of the arithmetic mean. 

We have seen above that the means of successive random 
samples of size Nj all drawn in the same way from the same parent 
population, constitute a random variable. Observations on this 
random variable (i.e., the various mean values) can be organized 
in a frequency distribution. This distribution — and this is a fact 
of central importance in theoretical and practical statistics — will 
be normal, or will tend toward the normal type, whether the 
population from which the samples have been drawn be normally 
distributed or not. If the parent population is normal, the dis- 
tribution of sample means will be normal ; if the parent population 
is not normal, the distribution of sample means will be asymp- 
totically normal, that is, will approach the normal form as N 
increases.* Moreover, the mean and the standard deviation of the 
distribution of means will bear definite relations to the parameters 
of the parent population. The mean of the sampling distribution, 
which we may represent by the symbol rrimy will be equal to jtt, the 
population mean. Or, more precisely, as the number of samples 
increases the mean of the distribution of means will approach g or 
converge in probability to n. The standard deviation of the 
sampling distribution, which we may represent by Sm or, in the 
limit, arr,j will in the same sense be equal to the population a 
divided by the sciuare root of the number of observations in each 
sample; that is <rm = <r/\'S . The mean and the standard deviation 
completely define a normal distribution; the sampling distribution 

* This approHch fo iioinuihty of distributions of iiiriiiis has boon ostablishod for samplos 
drawn from iiifinito populations with liiiilo standard (U'viationH, roKardless of distri- 
bution t^'pc; il holds also lor samplos drawn from finiU* populations under quite 
Ki'iioral conditions For a discussion of tlio validity of the normal approximation soo 
Cochran (Ref 17, pp 22-28) aiifl the roforoncos there oitod, 

W. A. Showhart gives a striking illustration ol the emergence of the normal distribu- 
tion among means of samples drawn from parent distributions of diverse typos. Show- 
hart drew many samplos, each containing four observations, from a normal parent 
population, from a rootangiilai parent population fi.o , one for which the frequency 
distribution w'as rectangular in shape), an<l from a right triangular parent population 
(i e., one for w'hich the freijuencv distribution took the form of a right triangle). In 
each of the three cases the distnbiition of sample means was acceptably normal. 
See Shewhart, Ref 140, 179-184. 

^ For the mathematical meaning of convergence in probability see Cram6r, Ref. 23, 
p. 252. 
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of means of samples drawn from a population of given mean and 
standard deviation is thus completely determined. 

Since we are normally concerned about the degree of dispersion 
to be found among a series of means, standard deviations, or other 
statistics derived from successive samples from a given parent 
population, our chief interest, in respect of measures descriptive of 
sampling distributions, is usually in those that define the degree 
of variation in such distributions. For the sampling distribution 
of the mean this, as just, noted, is <t„,. The knowledge that <Tm = 
al\/N suffers from one important practical limitation. We do not 
usually know (t, the standard deviation of the parent population. 
However, for large samf)les the standard deviation s of the sample 
may be accej)te(l as a good estimate of a, for s tends to approach a 
(i.e., “converge in probability^' to a) for such samples. (For small 
samples it is v\ell to use the unbiased estimate of o-, in preference 
to .s. See p. 117.) If we use s or .s' as an approximation to a we em- 
ploy the symbol ,s„,, instead of <r,„, for the standard deviation of the 
sampling distribution of the mean. (We may note that this measure, 
a„, or .s‘„„ is called the standard error of ike m,ean.) Having Sm and 
knowing that it measures the dispersion of sample means in a 
distribulion that is normal, or acceptably so, we may interpret it 
with confid(*nce as a measure of sampling reliability. We shall see 
shortly how such measunss ar(‘ u.^ed in estimation. 

Each sampling distribution may be thought of as a population 
of estimates. We are interested in such distributions because of 
their basic role in the process by which we estimate population 
parameters, or seek to define the limits within which such param- 
eters may be expected to fall. It is the process of estimation which 
is our central concern. 


Point Estimation 

Criteria. Before further discu.s.sion of the characteristics of 
specific sampling distributions it will be w^ell to note certain 
general criteria that may be applied in evaluating estimates, and 
to coiLsider methods that may be open to us in the making of 
estimates. For we wish to employ methods that will give us good 
estimates. How may we distinguish good methods of estimation 
from poor ones? What standards of judgment are appropriate? 

Statisticians have developed four major criteria that are applied 
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in the appraisal of estimates, and thus in the evaluation of methods 
of estimation. They distinguish unbiased horn biased estimating 
methods, consistent methods from those that are not consistent, 
efficient from inefficient methods, sufficient methods from methods 
that are not sufficient. We do not here attempt to present the 
mathematical reasoning behind these various criteria. Our purpose 
will be served by brief statements of the nature of these criteria 
and by a summary indication of the considerations that have led 
students of the logic of statistics to define these principles.® 

A given statistic is an unbiased estimate of the corresponding 
population 6 ii 6 is the mathematical expectation of t„. To say that 
6 is the mathematical expectation of is to say that as the number 
of samples increases the arithmetic mean of the te values obtained 
from the samples approaches (or converges in probability to) 6. 
(It is here assumed that all th^ are derived from samples of 
fixed size N.) A sample mean X is an unbiased estimate of /u, the 
corresponding population^parameter. A sample variance s®, com- 
puted from = S( A — X^/N, is not an unbiased estimate of the 
population variance for the mean of the sampling distribution 
of s^ will be smaller than (This fact has been noted in Chapter 5 
in discussing the method of deriving from a sample an estimate of 
the population An unbiased estimate of <r^ may be obtained by 
dividing 2:(A — X)'^ by N — 1 instead of by N. 

A given statistic 4 is a consistent estimate of the parameter B if, 
as the sample size X increases without limit, the values of U 
converge in probability to 6. This criterion differs from the pre- 
ceding in that N was taken to be fixed in the preceding case, 
whereas N is thought of as tending to infinity in the present case, 
A sample mean X is a consistent, as well as an unbiased, estimate 
of ju, the population mean. The sample statistic s®, computed 
from = v(A — xy/N, is a consistent although not an unbiased 
estimate of the population variance cr^. For as N gets larger and 
larger the difference between s® and <7^ tends to get smaller and 
smaller; s^ approaches cr^. This is not incompatible with the fact 
that from samples of fixed size we would get a distribution of s® 


* Hatiic \\oik in the development of systemiitie melho<lh of eHtimution wuh done by 
U. A. Fisher in two pjilh-breakiiiK papers that appealed in the nineteen-twenties. 
^See Fishei , Ref. 47, papeis 10, II The criteria employed in evaluating point estimates, 
and the method of in^iximum iikelihcKxl foi obtaining point estimates, are due to 
Fisher. 
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values the mean of which would not be <r\ but something less than <r*. 

In considering the idea of efficiency in estimates we may revert 
to the concept of sampling distributions. Estimates such as sample 
means, standard deviations, or measures of skewness, when derived 
from many samples of the same size drawn from the population 
whose parameters are to be estimated, form frequency distribu- 
tions. In the limit, each of these constitutes a population of 
estimates. In the long run we may expect to get better estimates 
from statistics the distribution of which is concentrated about the 
parameter we are estimating, than froni statistics having a distri- 
bution marked by extreme dispersion. For the reliability of the 
estimate (if it be an unbiased estimate) depends on the degree of 
concentration found in its sampling distribution. This concentra- 
tion, as measured by the variance {a~) of the sampling distribution, 
a (juantity which is termed the sampling variance, is the quality 
to w'hich the term efficiency applies. Of two estimates, that wdth 
the smaller variance is the more efficient. An estimate marked by 
minimum variance is an efficient estimate. 

When we consider the attributes of specific sampling distribu- 
tions we shall be i)articularly interested in their variances, or their 
standard deviations. These indexes of efficiency and of reliability 
are of central impoilance in statistical inference. 

The final criterion used in evaluating methods of estimation is 
the standard of sufficiencg. If a statistic derived from a sample 
contains all the information that the sample contains, relevant to 
the parameter in question, that statistic provides a sufficient 
estimate. Sufficiency i> a very desirable attribute of an estimate, 
but a somewhat exceptional one. The statistic A’^ as an estimate of 
the mean of a normal population is sufficient, as well as efficient; 
the variance com])uted, for a sample, from s'^ — SCA" — pY/M , 
where the population mean, p, is known, is also both sufficient and 
efficient. But few statistics embody all the relevant information 
contained in a giv'en sample. 

Methods of Estimation. 'The problem of point estimation, w-c 
may recall, is that of determining single numbers w^hich, for given 
reasons, may be regarded as acceptable estimates of the unknown 
values of specified parameters, llie preceding statements indicate 
certain qualities that good estimates should have, and other 
qualities that may characterize poor estimates. Having decided on 
criteria, there remains the important question: What methods of 
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estimation may be employed in estimating population parameters 
from the data of actual samples? How shall we proceed to estimate 
a population mean or standard deviation, or any other parameter, 
with confidence that the number obtained will meet some or all of 
our criteria? Three methods of estimation may be noted. 

The nature of the method of least squares is suggested by its name. 
When we employ this method for estimating, say, a population 
mean, we find that value from which the sum of the squares of the 
deviations of the observed values (i.e., the squares of the residuals) 
is a minimum. The arithmetic mean of a series of observations 
meets this condition; the mean of a sample is a least squares 
estimate of the mean of the population from which the sample has 
been drawn. A least sfjuares fit of a straight line to scattered points 
is that line for which the sum of the squares of the deviations is 
a minimum. The least squares principle is one with a long tradition, 
and one that has been extensively employed in practice. It has a 
practical advantage in that the procedures followed in applying it 
are relatively simple. As we shall see, this method is widely used 
in correlation studies, and in defining the trends of time series. 
However, except, in the important special case of a normally 
distributed variate the justification for its use is largely one of 
convention and expediency. For normally distributed observations 
the results obtained when estimates are based on least squares 
procedures have logical validity. 

When the method of moments is used in estimation, we assume 
that a certain number of the moments of the parent population 
(e.g., the first two, or the first four) are equal to the moments of 
the sample. Tlie desired parameters are then estimated from the 
assumed population moments. This method, which is due to Karl 
Pearson, is generally used in fitting frequency Curves of the Pearson 
family. The practical procedures involved have the advantage of 
simplicity, in most cases, but the method is not an efficient one 
except for distributions of the normal type. 

The principle of least squares and the method of moments are, 
thus, of limited validity when generally applied. The method which 
is now standard has wider applicability and sounder logical 
foundations. This is the method of maximum likelihoody developed 
by R. A. Fisher.^ P'or present purposes we shall indicate the basic 

* Ref. 47, papery 10, 11, 24, 26. The procsedure is cxplaiued, with applications, in stand'' 

ard works on matliematicaJ statistics. 
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characteristics of this method, without attempting to set forth the 
details of its application in specific cases. 

The essence of the method of maximum likelihood may be ex- 
plained in the following terms: We are working with a sample of 
n observations, from a population of known form. The drawing of 
this sample is the observed event. On the basis of the information 
given us by this sample we are to estimate a certain population 
parameter, B (it is assumed that only one parameter is here in- 
volved). P'rom the many possible estimates of 0 we choose that 
one Of if it exists, that renders the probability of the occurrence of 
the observed event as great as possible. (Back of this procedure 
lies, of course, the basic assumption that the sample is representa- 
tive of the population from which it has been drawn.) This principle 
lends itself to a straightforward mathematical procedure by which 
may be derived the maximum likelihood estimates of parameters 
of the standard distribution functions. 

It will be of interest at this point to cite a few examples of 
estimates that meet the maximum likelihood condition. For a 
jmmple of observations drawn from a normal population, the mean 
X, estimated from SA7A^ is the maximum likelihood estimate of g, 
the mean of the parent population. (In the case of a normally 
distributed variate the least s(piares method of estimating g _and 
the maximum likelihood method are equivalent.) The mean X of 
a sample from a Poisson distribution is, similarly, the maximum 
likelihood estimate of the population mean. The maximum likeli- 
hood estimate of the variance of a normally distributed variate 
is given by 


_ 2(X - 
® “ .V 


(7.1) 


However, this is not an unbiased estimate. The best unbiased 
estimated of is given by the quantity 


s'2 = ::(X - Xy/{N - 1) (7.2) 

We may, obviously, derive the best unbiased estimate of the 
variance from the relation 



• This term, which is employed b\ J. Neyman, defines that one among several possible 
unbiased estimates (if they exist) that has minimum variance. 
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The point should be stressed that there is no definitive argument 
in favor of any one method of estimation. The method of maximum 
likelihood has, however, strong practical claims in its support. The 
estimates it yields are consistent. If in a given case an efficient 
estimate exists, the method of maximum likelihood will give it. 
For large samples maximum likelihood estimates tend toward 
normality. Maximum likelihood estimates will be sufficient, if 
sufficient estimates exist for a given parameter. Estimates given 
by the method of maximum likelihood are not necessarily unbiased, 
as the above illustration has indicated. That is, the parameter we 
may be seeking to estimate in a given case is not necessarily equal 
to the arithmetic mean of the population of maximum likelihood 
estimates that make up the given sampling distribution. However, 
corrections to eliminate bias may be made (as was indicated in the 
case of the variance). In most cases in which estimates of popula- 
tion parameters are sought, the method of maximum likelihood 
provides the standard of reference (i.e., the standard against which 
results obtained by other methods are appraised), if not the 
standard procedure.^’ 

For many problems maximum likelihood estimates are readily 
arrived at. When samples arc drawn from normal populations 
maximum likelihood estimates are identical with least squares 


‘ The nature of this procedure may he briefly noted, although applieationH of the method 
of maximum likelihood are not developed in this hook We are to derive from a sample 
of n observations {X\, X 2 . X,,) an estimate of a population parameter 6. The method 

entails two steps; 

1 Set down the likelihood func.tion of the samjile This is the function that defines 
the probability of obtaining that |jartieuJar sample (wdaui the sample relat/es to a 
continuous variable this is spoken of as the |>robabiIity density at the sample 
point;. The observed samfile values and the unknown parameter d enter into the 
expression for the fun(;tion W'hen there is but one parameter to be estimated wc 
may write for the likelihood function 

L == /(A'„ A„ . . . A„; d) 

Since the n sample values are known, the likelihood function L becomes a function 
of d alone. 

2 Determine that estimate of d among the many possible estimates which will 
maxiimzi' L fi e., which will make as great as possible the prolmbility of obtaining 
the particular sample) This is done bj' a process of differentiation that locates the 
point at which the likelihood function has a maximum. The equation to be solved 
can be wTitten 111 the form 


dL 

dS 


0 


The solution gives the maximum likelihood estimate of 6. 
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estimates for arithmetic means, standard deviations, and measures 
of correlation. For other problems the maximum likelihood tech- 
nique may be more complex and more demanding of time and 
effort. In such cases the simpler least squares technique is custom- 
arily used, particularly if the populations being sampled are 
believed to depart only moderately from the normal form. Under 
these conditions least squares estimates provide good approxima- 
tions to maximum likelihood estimates. 

Interval Estimation: Confidence Limits 

The object of point estimation is to pick out a single value 
which, in some specified sense, may be regarded as the ^^best'' 
estimate of some unknown parameter. But an estimate of this sort, 
while pinpointed on a uni(|ue value, is quite unlikely to coincide 
with the true value of the parameter that concerns us. If we are 
dealing with a continuous variable there is an infinity of possible 
wrong estimates, and but one right estimate. Perhaps we have 
studied a sample of income recipients in the United States in a 
given year, and on the basis of the information provided by the 
sample reach the coiu^lusion: The true mean income of income 
recipients in the United States in the year X was $4,244. Although 
this may be the “best'’ estimate that we can make, it is almost 
certainly not the correct figure (which may fall at any point over 
a wide range). To the conclusion as it stands no probability 
statement may be attached. But for logical and practical reasons 
(he information given by our sample wdll be of greatest use to us 
if a conclusion summarizing the relevant information given by the 
sample can be put in a form to which a probability statement may 
be attached. Since we shall be generalizing from a sample the 
conclusion will be an uncertain one, in any event, but we should 
like to be able to put some measure to the degree of uncertainty 
involved. 

The theory of interval estimation leads to a conclusion of the 
following sort: The true mean income of income recipients in the 
United States in the year A' lay between $4,146 and $4,342. This 
is a statement that may be true or false, for the true mean income 
of the population in question was either between the stated limits 
or it was not. Whether it is true or false we do not know. But the 
merit of the method of interval estimation is that it enables us to 



mTEtVAL eSTIMATION 


isr 

attach a specific probability to a family of statements of the type 
just cited, and thus to define the degree of confidence we may have 
in any single statement of this sort. 

An Example : estimation of ^ when u is known. The method of 
interval estimation now generally employed may be explained, 
first, in terms of a hypothetic example. We shall assume that an 
investigator is seeking to estimate the mean /x of a normal popu- 
lation having a standard deviation <t equal to 40. That is, the 
investigator knows that the distribution is normal, and knows the 
standard deviation of the distribution, but does not know its mean. 
We assume now that the investigator has drawn 1,000 samples from 
this population, each including 400 observations. For each of these 
samples he has calculated X. I-»et us say that the calculated values 
of X are 99.5, 102.1, 95.8, 98.7, 101.4 . . . , etc., to a total of 1,000 
figures. We have seen above that the means of samples of fixed 
size N ^ drawn from a given population, will be distributed normally, 
with a standard deviation equal to <r/\/ A". Thus we know that the 
1,000 means, of which 5 have been given above, will make up a 
normal distribution, with standard deviation 40/\/400, or 2. We 
know, therefore, that the investigator is drawing from a population 
that may be represented by the graph shown in Fig. 0.5. The mean 
of this population, M; unknown to the investigator, but he does 
know the limits within which stated proportions of the population 
of means will fall. Sixty-eight percent will fall within m ± 2; 95.45 
percent will fall within /u 4; 99.7 percent will fall within m ± 9- 

We must now permit the investigator to draw the inference that 
is possible on the basis of the information given him by each 
successive sample. We do so at this point without explanation, 
other than to note that 95 percent of the area under a normal curve 
falls within ordinates erected l.QOa below the mean and 1.96 (t 
above the mean. This is to say that in using the multiples of a 
indicated below, the investigator is working with a 95 percent 
“confidence interval,” a phrase that will be explained shortly. 

After drawing the first sample, of which the mean is 99.5, our 
investigator makes the statement: 

1. ‘The mean ix of the population from which I am drawing 
falls between 95.58 and 103.42.” 

After drawing each of the succeeding samples he makes a statement 
similar in form, but different in the limits it specifies. The four 
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succeeding statements, corresponding to the second, third, fourth, 
and fifth sample means given above, are: 

2. “The mean g falls between 98.18 and 106.02.” 

3. “The mean g falls between 91.88 and 99.72.” 

4. “The mean g falls between 94.78 and 102.62.” 

5. “The mean g falls between 97.48 and 105.32.” 

The reader will observe that the limits set in each statement are 
derived by subtracting 3.92, i.e., 1.96 X 2, (2 being the standard 
deviation of the distribution of means), from the given sample 
mean, and by adding 3.92 to the given sample mean. Thus 95.58 = 
99.5 - 3.92; 103.42 = 99.5 + 3.92. 

If, now, we may assume that we (the author and the reader) 
have a piece of information not available to the investigator, we 
may check the accuracy of his several statements. This added 
information is that the true mean of the population from which the 
samples have been drawn is exactly 100. We note that four of the 
five statements are true, and that one (the third) is false. The 
mean g does not fall between 91.88 and 99.72. The relation of each 
statement to the facts may be more clearly apparent in Fig. 7.1. 



FI6. 7.1. Normal Curve Showing Distiibiition of 
Siiiiiple Means, ^Mth 0.95 Confulenoe Intervals Based 
on Five Samples.* 

* ParainpteiH of poi>iiIution from whu li Hnniple^ wpn* druwti Mean = 
100 (not kiumn to iii\ratiKutoi ) Siaiulurd deviation — 40 (known 
to mveatiiiator) ICai'li 8uiii|ile N - •«M) 


The statements, in order, are represented by the numbered lines 
drawn below the graph of the normal curve representing the 
distribution of means. Each of these lines indicates the location of 
ordinates at the limits of the specified interval. Four of these 
intervals include the true mean, g; one does not. 
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The ordinates a and h are erected at points on the a?-scale falling 
1.96(r below and 1.96a above the mean ju. The area between them 
is 95 percent of the area under the curve. It will be noticed that 
if a point corresponding to a sample mean falls anywhere within 
the area between ordinates a and 5, the interval X ± 1.96a will 
include the mean jjl. In all such cases statements of the type given 
on page 187 will be true. If _a sample point falls outside ordinate a 
or ordinate 6, the interval X db 1.9Ga will not include the mean ju. 
In all such cases, statements ^f the type cited in the examples 
above will be false. But since X’s of the type here considered will 
be normally distributed, 95 percent of them, in the long run, will 
fall within the limits ii rt 1.96a. Thus for 95 percent of all cases, 
statements of the type here discussed will be true, while 5 percent 
will be false. If our investigator were to base upon each of his 
1,000 X’s statements similar to the 5 cited above, we should 
expect that about 950 of them would be true, while about 50 
would be false. (We say ^^about,’’ because 1,000, although a large 
number, is finite, and the chances of sampling could easily lead to 
some departure from these figures.) In an actual inquiry the 
investigator would probably draw but one sample. Thus the only 
generalization he would make would be, say, “The mean /x falls 
between 95.58 and 103.42.^^ This is true or false. The investigator 
does not know which. He does not say that the probability is 0.95 
that it is true. The actual probability that it is true is either 1 
(i.e., the statement is in fact true) or 0 (i.e., the statement is in 
fact false). But he does know that of many statements of this 
type, based upon operations of the same kind, 95 out of 100 would 
be true. In other words, this particular statement belongs to a 
family of statements of which 95 out of 100 would be true. His 
confidence in the statement is measured by a “probability co- 
efficient” of 0.95. Hence the term confidence interval, used to describe 
the interval between 95.58 and 103.42. 

This mode of phrasing a statistical inference departs from the 
method 'that was prevalent several decades ago. In particular, the 
reader will note, the parameter g, which is to b6 estimated, is 
regarded as a constant, not as a variable quantity. In most practical 
problems we are trying to e.stimate a value that is clearly a con- 
stant, although an unknown one. Thus we may not use language 
(such as, “The probability is 0.50 that the true mean falls between 
such and such limits”) that implies that a parameter is variable. 
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Since the parameter is a constant, statements specifying limits 
within which it is said to lie are either true or false. ProhaMlitiei 
attach to the family of statements ^ all made in the same way, but 
specifying varying intervals. What is variable in such a family of 
statements is the location of the interval, not the parameter that is 
being estimated. 

We must note, finally, that the example cited above illustrates 
a special situation — that in which the a of the parent population 
is known. Because <t is known, the intervals specified in the various 
statements are all of the same width. Where a is not known the 
procedure and the interpretation of the conclusions are similar, but 
the ranges set forth in different statements will be unequal. This 
case calls for brief attention. 

An example : estimation of m when g is not known. We shall now 

assume that an investigator has drawn ten samples, with n = 101 
in each case, from a given population, which may or may not be 
normal. The population mean and standard deviation, which are 
not known to the investigator, are, in fact, SO and 20, respectively. 
From the observations in each sample the investigator computes 
the mean, X, and the standard deviation, s' js' being regarded as 
anestimat^of a, is derived from s' = \'tx^/(N — 1) [. The several 
values of A" and of s' are given in Table 7-1. The standard error of 

TABLE 7-1 

Illustrating the Estimation of a Population Mean 

Means and Standard Deviations derived from Ten Samples from a given 
Population, with 0.95 Confidence Intervals Based Thereon 


(1) 

Samplt‘ 

numbt'r 

(2) 

Mean 

(.•1) 

Slundiird 
deviat ion 

(4) 

Estimated 
standard error 
of A' 

(5) 

Confidence 
interval for P = 0.95 


X 

s' 


X ^ 1.96 8* 

1 

81.2 

19.8 

1.9S 

77 32 to 85.08 

2 

79.0 

21 A 

2 1 1 

75 41 to 83.79 

3 

84.0 

19.2 

1.92 

80.24 to 87.76 

4 

82.1 

22. (. 

2.20 

77.67 to 86.53 

5 

80.0 

20 2 

2.02 

76.64 to 84.56 

6 

78.2 

17.3 

1.73 

74.81 to 81.59 

7 

78.8 

20 9 

2.09 

74.70 to 82.90 

8 

81.4 

18.5 

1.85 

77.77 to 85.03 

9 

79.1 

19.5 

1.95 

75.28 to 82.92 

10 

80.3 

21.1 

2.11 

76.16 to 84.44 

(Population parameters: /* = 80, 

a = 20. Each sample N = 101) 
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the mean of each of the ten samples is now estimated (from 
ff- = sy\/N).On the basis of the information given by each sample 
the investigator now estimates an interval within which the mean 
may be expected to fall. Since he has decided to work with a 
confidence coefficient of 0.95 the confidence limits are derived, in 
each case, by subtracting from and by adding to the sample mean 
the quantity l.Ofisj. Thus from the data of sample No. 1 the 
conclusion reached is: 

“The mean n falls between 77.32 and 85.08.” 

(The lower limit, 77.32 is, of course, 81.2 — (1.96 X 1.98) while 
the upper limit, 85.08, is 81.2 + (1.96 X 1.98). These limits appear 
as the entries in column (5) of Table 7-1). This statement may be 
true or it may be false. On the theory of interval estimation the 
investigator believes that of 100 statements, each based on an 
operation similar to that which yields the first statement, 95 will 
he true and 5 false. The “confidence intervals” specified in 10 such 
statements, each based on the information given by a sample of 
101 observations drawn from the same parent population, are 
shown in column (5) of Table 7-1. They are shown graphically in 
Fig. 7.2." 

The ten confidence intervals thus set forth differ in location. 
The central point of each is the mean of one of the ten samples. In 
this respect they are like the (confidence intervals cited in the 
preceding example (p. 188). But they differ from those previously 
cited in that their ranges differ. Thus the range of the first confi- 
dence interval in Table 7-1 is 7.76, that of the second is 8.38. The 
smallest interval is (>.78, given by sample No. 6; the greatest is 
8.86, given by sample No. 4. The ranges differ, of course, because 
the investigator has to use the standard deviations of the several 
samples as e.stimates of the population a, which he does not know. 
Some of these sample standard deviations are below the true <t 
(in sample No. 6, s' is but 17.3, as compared with the a value 20); 
some are above. There are two factors, therefore, in the variations 
among the confidence intervals estimated from the several samples 
— varying central points and varying ranges. But the notable fact 
is that in spite of the two varying factors, 95 percent of the ranges 

' This graph is of a type first suggested by Walter Shewhart. See Fig. 8.4 which gives 
a reproduction of an illuminating chart from Shewhart’s Statistical Method from the 
Viewpoint of Quality Control. 
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74 
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Sample Number 

FIG. 7.2. Showing; the RanRe of Each of Ten 
Interval lOstiinates of a ropulation M(5an, with 
(‘onhdence Coefhcicnt of 0 95 (Population para- 
meters, fi — SO, <r = 20, not known to investi- 
gator. ICach sample Af = 101). 

thus specified will in the long run include the true mean.® In the 
illustration here given, in Table 7-1 and Fig. 7.2, nine of the ten 
confiden(!e intervals cited do in fact include the mean, 80. Only 
for sample No. 3, which gave a mean value well in excess of the 
population g, does the confidence interval fail to include g. It will 
be understood, of course, that in both this example and the one 
preceding, the investigator who is estimating the location of the 
population mean is without the information we possess, in studying 
Fig. 7.1 and Fig. 7.2. He does not*know where any interval falls, 
with respect to the true mean g. To make clear what is actually 
happeiiiing, the reader has here been given information not avail- 
able to the investigator. The latter possesses only the information 
needed for defining each of the confidence intervals and the 
corresponding probability coefficient, together with the knowledge 
that each statement asserting that g falls within a given confidence 

® No formal proof of this statement is here given. The memoirs by J. Neyman (Refs. 
117 and 121) and other references given at the end of this chapter should be consulted 
by the interested student. 
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interval belongs to a family of statements of which, in the long 
run, 95 percent will be true. In a particular case this is not exact 
information, it is true, but it is information of high practical 
importance, and information on the basis of which decisions may 
be made and action taken. 

We should note that the choice of the confidence coeflftcient 0.95 
is in some respects arbitrary. If the investigator chooses to make 
statements that he would expect to be true, in the long run, only 
1 time out of 2, he would choose a confidence coefficient of 0.50. 
The multiplier of the standard error of the mean (vsee heading to 
column (5), Table 7-1) would then be 0.0745 instead of 1.96. If 
he chose to make statements that he would expect to be true, in 
the long run, 99 times out of 100, he would choose a confidence 
coefficient of 0.99, and use a multiplier of 2.570. Thus, with the 
coefficient 0.99, the conclusion reached on the basis of the first 
sample drawn, for which the mean is 81.2 and the standard devi- 
ation 19.8, would be: 

“The mean ju falls between 76.1 and 86.3.” 

Raising the confidence coefficient in this way, from a level of 
0.95 to 0.99, increases the range of the confidence interval, of 
course, thus making the conclusion less precise. But it raises one’s 
confidence in the truth of the statement, elevating it into a family 
of statements which may be expected to be correct 99 times out 
' of 100. In defining confidence limits we may choose to have greater 
precision with less confidence, or less precision with greater 
f’onfidence. The choice of confidence coefficients in given cases 
will depend on the nature of the problem faced, and to some extent 
on the temperament of the investigator. Coefficients of 0.95 and 
0.99 are most commonly used. 

In practical employment of the method of interval estimation 
the essential element is knowledge of the sampling distribution of 
the particular statistic — mean, standard deviation, coefficient of 
correlation — that is to be generalized. Is the sampling distribution 
normal for such a measure (e.g., a mean) computed' from samples 
drawn from a normal parent population? for a measure computed 
from samples drawn from non-normal populations? Most impor- 
tant in such knowledge of sampling distributions is knowledge of 
the character of dispersion to be expected and of means of estimating 
the degree of dispersion. If we know that a given distribuiion is 
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normal, or not too far removed from the normal type, and if we 
may make a reaf<onable estimate of the standard deviation of such 
a distribution, the specific information to be had from a single 
sample will give us the basis for setting the limits of a confidence 
interval and for assorting with a specified degree of confidence that 
the population parameter falls writhin this interval. If the sampling 
distribution departs significantly from the normal type the 
procedure is somewiiat less sijnple, but inference is still possible. 
Important non-normal sampling distributions have been defined 
in detail, often in tabular form. Such tables, to which we shall 
have later roferenc(*, make it possible to estimate parameters and 
to test hypotlieses with definable degrees of precision. 


Some Standard Errors and Their Uses in Estimation 


In the present section we shall give examples of procedures 
employed in defining confidence intervals, setting forth at the same 
time characteristics of the sampling distributions of various 
statistical measures. 

The Arithmetic Mean. Tabl(» 5-2 in Chapter 5 shows the distri- 
bution of S3, 114 workers in industrial chemical plants, classified 
according to their average hourly earnings in January, 1940. The 
arithmetic mean of this distribution is 114.()1 cents; the standard 
deviation if is 23.54 cents. Accepting this standard deviation as an 
approximation to the standard deviation of the population from 
which this saini)le was drawn,*' we have 




V A - I "" \/83,ll^ 


0.082 


The true mean of the hourly earnings of wage workers in 
industrial chemical plants in January, 1940, is not known. The 
figure 114.01 cents is our best approximation to it. If we should 


•We have derived s from the formula s 



. Accordingly, in estimating the stand- 


ai-d error of M it is logicjil t,o use the formula * s/\/ iV — 1. That is, N should be 
roducc'd by 1 either in the estimation of <r or in the derivation of (For samples as 
large !is the one here eonsidertHl the reduction of S by 1 ia purely formal. It does not 
affect the result aigniheantly.) If Hm is denved from the d’e of the original data, the 
single operation la summed up in Besael’a formula 





N(N - 1) 
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draw man^ samples, each the size of the one we have here, we 
should have many mean values normally distributed and centering, 
we may assume, at the true value. The standard deviation of this 
normal distribution we estimate as 0.082 cents. If we wish to work 
mth a probability coefficient of 0.95 we have as the lower limit of 
the desired confidence interval 114.61 — (1.96 X 0.082), or 114.45. 
As the upper limit we have 114.61 -f- (1.96 X 0.082), or 114.77. 
Our statistical inference, therefore, takes the following form: “The 
mean hourly earnings of the universe of industrial chemical workers 
in January, 1946, lay between 114.45 cents and 114.77 cents. 
This particular statement may be true or false. Of an infinitely 
large number of such statements, based upon similar operations, 
95 percent will be true, 5 percent false. 

If we should choose to work with a probability coefficient of 
0.99 we should set the lower limits of the confidence interval at a 
point 2.576 Sm below the sample mean, the upper limit at a point 
2.576 Sm above the sample mean. In this case our conclusion would 
be: “The mean hourly earnings of the universe of industrial 
chemical workers in January, 1946, lay between 114.40 cents and 
114.82 cents.“ 

The confidence intervals are narrow, of course, with samples as 
large as the one here considered. Means of samples of this size 
would be very closely concentrated — a fact that permits very 
accurate estimation. 

When a measure derived from a sample is presented as an 
estimate of a population parameter it is customary to give the 
statistic in question with its standard error, rather than to write 
out the formal conclusion. Thus we would write, for the estimated 
mean of hourly earnings of industrial chemical workers, M =■ 
114.61 cents it 0.08. The user of the statistic may then set up his 
own confidence interval, choosing the probability coefficient that 
he deems appropriate. It was the practice in earlier years to present 
the probable error of a statistic (i.e., 0.6745 the standard error) in 
this fashion, but the standard error is now generally employed. 
To avoid confusion, however, it is well to indicate that it is the 
standard error which is given. 

In setting up confidence intervals for population means on the 
basis of information derived from samples, we have made iwe of 
three important facts — that the sampling distribution of is 
normal, or asymptotically normal, that the standard deviation of 
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the sampling distribution of means may be defined in terms of the 
standard deviation of the parent population and of the sample Nj 
and that when a sample is large the standard deviation of the 
parent population may be estimated with confidence from the 
standard deviation of the sample. By procedures somewhat 
similar to those that lead to the standard error of the mean, the 
standard errors of a number of other statistical measurements 
have been derived. It is true, under very general conditions, that 
the distributions of sample characteristics computed from sample 
moments tend toward normality as n approaches infinity.'® The 
standard deviations of such sampling distributions are usually 
definable, as was true in the case of the mean, in terms of the 
parameters of the parent population and of sample A^’s. The 
standard errors of these measurements are generally approximated 
by substituting the known sample characteristic (e.g., the standard 
deviation of the sample, as in the proceeding example) for the 
corresponding unknown j)opulation parameter. Thus it is true, 
remarkably, that by virtu(‘ of behavior characteristics of large 
numbers we are able* to utilize information given by samples 
themselves in generalizing the r(‘sults obtained from samples." 

Sampling a finilv population. The procedures discussed above 
all relate' to sample's drawn from infinite populations. This is the 
assumi)tion usually made m statistical inference. Even when the 
population sampled is in fact limited in size, we usually take our 
results to aiijdy to the infinite population that would be generated 
if the force's that gaAx* rise to the population actually in existence 
were to ope'iate indefinitely without change in charactcir. But the 
investigator sometimes washes to work in terms of a population of 
limited and known size. The standard error of the mean of a sample 


Tlu‘ centnil limit thvmnu l)\ which this tact is dcnionslratcd is one ol tlie iiotablo 
mathematical iliscdvciics and one ot t,hc most iundamcntal jiropositions m theoretical 
statistics This tlieorcm states th;it umier (jijite geneial conditions the sum ol any 
numhei of independent random varial)h*s tends toward noimalit> in its distribution 
as n tends to iii/initi The .striking fjeiieral leaturc of this fheoieni is that the separate 
components of the sum neial not be normally distiibuted themselves The fundamental 
role ol tlu* iiormfil distribution in statistical theory derives in good part from the 
reinarkabl(> iaet stated in this theorem For proof of this theorem and discussion of 
its implications lor statistics, .s(‘e C’ramer, Uel. 23, pp. 198-203, 213-220, and Kendall, 
Kef. 78, Vol. I, pp. 180-183. 

The procedures here discusseil are applicable to laige samples For most purposes a 
saiiifile ol 100 nun be considtTed “large” iSainples lor which V is less than 30 are 
always coiisideret) “small ” (ISpeeial procedures appropriate to small samples are 
discussed below ) 
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drawn from such a population may be estimated from a modifica- 
tion of the customary formula. Using N as the number of cases in 
the sample and N'p for the total number in the population, we 
may write 



The effect of the modification is to reduce the sampling error of 
the mean. If Np is very much greater than N the reduction is very 
slight; in effect the drawing in such a case has been made from an 
infinite population. If the sample has covered every case in the 
population, A'p and N will be equal and the standard error of the 
mean will be zero. 

The Standard Deviation. The standard deviation 5 , treated as a 
random variable as was X above, has an asymptotically normal 
distribution. (For small samples, as we shall see, the departure 
from normality is gn^at enough to call for distinctive treatment.) 
For large samples, say with A' in excess of 100, we may treat it as 
a normally distributed variate. If the parent population is normal, 
the standard deviation of a distribution of .s’s will be given by 

a. = <r/V2X (7.4) 

Not knowing the standard deviation of the population we substi- 
tute for (T (in the right-hand term above) the sample «. (No dis- 
tinction is drawn between s and s', for we are dealing with large 
.samples.) Thus we have 

s« = S/V2N (7.5) 

As an illustration of the process of estimating the standard 
deviation of a normal population w(‘ may use the data on residence 
telephone subscribers (see Table (i-II). As an estimate of a we have 
s = 147.7; N = 995. We have, therefore, 


s„ 


147.7 
V 1,990 


3.31 


If we wish to work with a confidence interval of 0.99, we set 
confidence limits below and above 147.7 by 2.570 X 3.31, or 8.5. 
Thus our conclusion is: “The standard deviation of the population 
of residence telephone subscribers lies between 139.2 and 150.2.” 
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Our confidence that the 8tatement is true is measured by a co- 
efficient of 0.99. 

For samples drawn from a non-normal universe the standard 
deviation of the distribution of is given by 

V 4m2-A 

where the m’s represent the moments of the parent population. If 
we let the symbol m 2 represent the sc^eond moment of the sample, 
and m 4 represent, tin; fourth moment of the sample, we have as our 
estimate of the standard deviation of ,s, for a sample from a non- 
normal universe* 


= 



ml 

A' 


(7.7) 


This formula is to be applied and the results interpreted in the 
usual fashion. For large samples it may he taken as an estimate of 
the standard deviation of a normal distribution, since the distribu- 
tion of the s’s tends toward normality as n tends toward infinity. 

We may note that the* general formula for reduces to the 
simpler formula <t/ \ '2\ for .samples drawn fiom a normal parent 
])Opulation. For in the ease of a normal distribution = 3jU2. 

The Quantiles. We liave used (piantile as a generic term for 
measures such as the median, the quartiles, or the deciles, that 
divide the total frecpiencies in a distribution into specified pro- 
portions. Since <*very sample quantile may be regarded as an 
estimate of a corres]K)nding population quantile, the usual prob- 
lems of inference arise in the use of such measures in research. 
The sampling distributions of all quantiles tend toward normality 
as the samph* size .V increases. Thus for large samples we regard 
such sampling distributions as effectively normal, with means 
equal to the })opulation quantiles that correspond to given sample 
quantiles. The standard deviations of the sampling distributions 
of the various quantiles (i.e., the standard errors of the quantiles) 
vary, as is to be expected. The following summary gives the 
standard errors of various quantiles, derived from samples drawn 
from normal parent populations. If the samples are large, the 
stated measures give good approximations to the standard errors 
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of quantiles for samples from non-normal parent populations, 
provided that the parent distributions are not extremely skew. 

Quantile Standard error 


Median 

<Tnid = 1. 25330- /v A’ 

P'irst quartile 

(Jii^ = 1.3()2()o-/\/y 
(o-vg identical) 

P’irst decile 

(T,/, = 1.7094cr/vA^ 
(o-rffl identical) 

Second decile 

= \A2ma/\/N 
identical) 

Third docil(‘ 

= 1.31S0o-/\/V 
((T,^^ identical) 

Fourth dccih' 

o ^,/4 = 1 .2()80o^/v A' 
(o-./g identical) 


The a of each foninila stands, of course, for the standard deviation 
of the parent pojnilation. If this is not known the sample s (or s') 
will be substituted for it, with a corresponding chanj^e in the 
symbol for the standard error. 

It will be noticed that the sampling error of the median is some 
25 percent greater than tiie sampling error of the mean of a sample 
of similar size*. The mean is, ordinarily, a more stable statistic than 
the median. (For a distribution with heavy concimtration of 
observations near the modal value, i.e., a veiy peaked distribution, 
the stability of the median would be greater.) Quantiles near the 
center of the scale of a:-values are marked by sampling errors 
smaller than those characteristic of quantiles near the limits of 
the range. 

The Standard Error of a Proportion. In discussing the binomial 
distribution (Chapter 6) we noted that the standard deviation of 


a distribution of relative frequencies is given 



This fact 


is very useful in generalizing results that take the form of frequency 
ratios, or relative freciuencies, whether these are cited as propor- 
tions (e.g., 8/12) or as percentages. If we let /, represent the 
number of “successful’ outcomes out of n events, the relative 
frequency or proportion of successes will be/«/n; the proportion of 
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n — f 

nonsuccesses will be . Since fa/n corresponds to p, of the 

n 

71 “■ f 

general formula given above, and - corresponds to q, the for- 
mula for the standard error of the proportion /*, /n may be written 



n —fa 
n 


n 


(7.8) 


which reduces to 



Thus we may regard /«/m as a random variable, normally distrib- 
uted with standard deviation given by formula (7.9) above. For 
accurate approximation by these processes 7i should not be small, 
and neither p nor q should be very small. 

To illustrate this procedure we shall assume that a sample poll 
has been taken of (‘l(‘ctiori pnd’erences in a given community. Of 
400 voters interviewed .'t20 ( - f.) favor candidate A, while 80 
a — fa) favor candidate H. W’e are ixHjuired to estimate the 
proportion of all the voters favoring .1. The sample proportion, p, 
of successes is 320/400 or O.SO. The standard error of this propor- 
tion is 


. /' 320 ( 4 ()() - 320 ) 
T 400'^ 


The proportion and its standard error may be presented thus: 
fa/ n = O.SO ± 0.02 

If we wish to generalize, using 0.9.5 as the probability coefficient, 
the limits of the desired confidence interval will lie 1.96 Sp below 
and above the given proportion, O.SO. The f)roduct 1.96 Sp is equal 
to 0.0392, which we round off to 0.04. VVe may then say 'The 
proportion of all voters favoring candidate A falls between 0.76 
and 0.84.” We make this assertion with confidence measured by 
the indicated probability coefficient. 

For proportions, as for arithmetic means, standard errors vary 
inversely with the square root of n. Thus if we had covered only 
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100 cases in the above poll, the proportions being as they were in 
the larger sample, we should have 


Sp - 


80(100 - 80) 
100 =* 


= 0.04 


In the first example cited n wi g four times as great as in the second; 
the standard error in the first case Avas one half as large as in the 
second case. 

It is frequently convenient to work with percentages, rather 
than with frequency ratios or proportions. When this is done, the 
standard error of the percjentage is derived from a slight modifica- 
tion of equation (7.8). If we let P, = 100(/s/a) and 100 — = 

100(n — /«)/w, equation (7.8) becomes 


_ .//V16()-7^) 

~ V 


(7.10) 


^20 

For the first example cited we should have Pr = 100 X -.-Rr. = 80. 

400 

For the standard error of P,. we should liave 


,/8() X (100 - 80) 


- 1 / 


400 


- - / = 2 


The result would be given as 

P.. = 80 ± 2 

Sampling errors and significant figures. In deciding upon the 
number of figures to be recorded as significant, measures of sam- 
pling errors are, of course, pertinent. A useful general rule laid down 
by Truman L. Kelley follows: In a final published consianty retain 
no figures beyond the position of the first significant figure in one 
third of the standard error ^ keep two more places in all computations. 
Its application may be illustrated with reference to the figures on 
hourly earnings of 83,114 chemical workers (Table 5-2). The mean, 
to four places, is 114.6138 cents. The standard error of the mean 
is .082 cents. One third of this is .0273. The first significant figure 
is in the column of hundredths. By the rule, therefore, the arith- 
metic mean should be given as 114.61 cents. Two more places, or 
four decimal places in all, should be retained in calculations. 

Some Limitations to Measures of Sampling Errors. The im- 
portance of such measures of reliability as have been discussed 
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above is, of course, great. With their aid we may give precision to 
our judgments concerning the margins of error involved in extend- 
ing statistical results beyond the limits of actual observation. Yet 
limitations attach to them, and these must not be forgotten in a 
purely mechanical application of statistical tests. 

Reference has been made to limitations arising out of the size 
of samples. We have noted the striking fact that many of the 
sampling distributions that concern statisticians are only ^'asymp- 
totically normal,” tending toward normality as n increases. When 
this is the case procedures that may be justified in handling large 
samples may be invalid for small samples. "... asymptotic ex- 
pressions,” as Cramer says, “are sometimes grossly inadequate 
when we are dealing with small samples.'^ Here we should like 
to have knowledge of the exact form of sampling distributions. 
However, knowledge of exact sampling distributions is limited. The 
exact distribution of the mean, A', has been established for very 
general conditions. Distributions of other statistical measures 
defining attributes of samples from normal universes have been 
systematically studied, and some generally applicable findings 
obtained. For measures other than the mean, derived from samples 
drawn from non-normal universes, knowledge of exact distributions 
is limited. Fortunately, however, the tendency toward normality 
as n increases enables us tn generalize with a fairly high degree of 
confidence when w(* are dealing with many of the statistics that 
are currently employed in handling mass data, provided that our 
samples be large. When this is so, the methods discussed in the 
present chapter may be used in drawing warranted conclusions. 
Moreover, exact distributions have been defined for certain small 
sample characteristics, and techniques have been developed for 
the practical application of this information. These will be dis- 
cussed in the following chapter. 

In deriving and using the measures of sampling error discussed 
in this chapter we make certain assumptions about the character 
of the samples employed and about the nature of the sampling 
process that has generated these samples. A basic assumption is 

CYam^r, K«l. 23. See pp 378-9 for a geiieial statement on the Jimitations of our 
knowledge in this field 

In general, as we have noted, should regard a sample as small when N is less 
than 30; we regard a sample as large when .V is greater than 100. Under certain 
circumstances, however, (see Chaptei 0 on correlation for examples) a sample of 100 
may not be considered large. 
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that our samples are random. Only when we generalize from 
random samples may we speak in terms of probabilities. (Means 
of assuring randomness have been mentioned in Chapter 1; they 
are more fully discussed in Chapter 19.) A sample is drawn under 
random conditions if the separate events (the selections, or draw- 
ings of sample elements) are independent, and the probability of 
inclusion in the sample is known, or definable, for all members of 
the population. We have conditions of simple random sampling if 
the events (the selections) are independent and if the probability 
of inclusion in the sample is the same for all members of the 
population. (The condition of independence, strictly interpreted, 
would mean that in sampling from a finite population a given 
drawing would have to be replaced before the next drawing were 
made. If the finite numbc'r is reasonably large sin^h replacement 
may be neglected.) The various measures of sampling error de- 
scribed in this and the following chapter are applicable when the 
conditions of simple random sampling have been realized.^® 

The degree to which the stated conditions of random sampling 
are fulfilled, in a given case, is in part subject to conscious control. 
F]laborate techniques have been developed to improve the approxi- 
mations to these conditions that arc achieved in actual field 
investigations. In particular, much may be done to ensure random- 
ness in the sample, and something can be done io ensure the 
independence of individual events. Perfect fulfillment of all the 
conditions is, however, difficult to realize in the handling of social 
and economic data. The standard errors we have discussed in this 
chapter, we must emphasize, can give no indication of the possi- 
bility of fluctuations in successive samples arising from errors 
unrelated to random sampling. Fluctuations due to bias and faults 
arising from lack of representativeness of the sample quite elude 
this method of measuring the reliability of statistical inferences. 
The reduction of such biases and the avoidance of such faults must 
be the constant concern of the statistical investigator. 

The element of time adds one serious difficulty to the problem 
of statistical induction in the realm of economics, and'in the social 
sciences generally. A universe that extends over time is subject to 

“ In Chapter 19 we develop an additional, though relat-ed, condition, bearing on Hampie 
design in simple random sampling. If a sample of n elements is to be regarded as a 
simple random sample, the conditions of selection must be such that every possible 
set of n elements in the population has the same chance of being chosen. 
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elements of change that are not present among data relating to a 
cross-section of time. Conditions of pig iron production, of banking, 
of foreign trade, of income distribution change from year to year, 
even from month to month. We may hardly assume that data 
relating to different time periods reflect the play of identical forces. 
When we deal with data from diff(‘rent periods we are, as Oskar 
Anderson has pointed out, drawing from different universes. The 
structural changes that occur in economic organization are mani- 
festations of this state of never-ending transition. Accordingly the 
homogeneity of all populations extending over time is suspect. In 
particular are hazards faced when an induction extends to a time 
period no! covered by the data of observation. 

In the application of statistical methods proper choice of 
objectives, wise planning, and (‘ff(‘ctive field work arc of at least 
equal importance with skill in the use of statistical techniques. 
This is especially true as regards problems of sampling. Here chief 
emphasis falls on soundness and accuracy in the field work. The 
problems of field work are sp(‘cializ(‘d and particular, arising out 
of specific problems and conditions. Aiipropriate special knowledge 
is needed for the sele(d/ion and validation of the sample. 

Much may be done to strengthen a statistical induction by 
making actual statistical tests of the homogeneity of the population 
and of the stability of sampling results. By the study of successive 
samples tiie representativeiu'ss of statistical measures may be 
determined; and by testing the subordinate elements of a given 
sample, wlicn broken up into significant subgroups, the inherent 
stability of a sample may be checked. The uniformity of nature 
in a given field is assumed in every induction. The induction is 
strengthened by every piece of evidence tliat supports the as- 
sumption. 
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CHAPTER 


Statistical Inference: Tests 
of Hypotheses 


In introducing the subject of statistical inference we drew a 
distinction between estimation, the object of which is to locate a 
population parameter at a point or within stated limits, and the 
testinj*: of hypotheses. We concern ourselves now with the theory 
of such tests and with their application. 

The testing of hypotheses that refer to the actual world involves, 
in one form or another, the setting of hypotheses against data of 
observation. If observed facts are clearly in(?onsistent with a given 
hypothesis, it must be rejected. If the facts are not inconsistent 
with the hypothesis, the hypothesis is tenable. These simple state- 
ments require elaboration, of course, but they contain essential 
truths about the ])roc(*ss by which scientific theories are tested, 
prior to acceptance or rejection. So far as the immediate evidence 
is concerned acceptance is always qualified; rejection often is. In 
the tests here in question decisions are made in terms of proba- 
bilities. 

The pro{;edures here to be discussed relate to statistical hy- 
I)othescs. .V ^latistical hypothesis is one that specifies properties of 
a distribution of a random variable. These properties (or param- 
eters) are the hypotlu'tical values with which we compare measures 
derived from an actual sample. The difference between an observed 
statistic and the corresponding hypothetical parameter is the 
central quantity with which the test deals. If this difference is 
small (what constitutes a “small” difference will be considered 
below') we may say that the facts are not inconsistent with the 
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hypothesis; if the diflFerence is great, we conclude that the facts 
are not consistent with the hypothesis. 

The techniques and theory of statistical tests have been de- 
veloped over the last half century, the greatest progress having 
been made in the last thirty years. Karl Pearson, “Student,” R. A. 
Fisher, Jerzy Neyman and E. S. Pearson have made major contri- 
butions. The argument that is here briefly sketched deals with the 
theories of Neyman and E. S. Pearson.* 

Notation. Certain symbols not hitherto used will be introduced 
in this discussion. The more important of these are given below: 
Hdf Hii hypotheses 

T: a deviation from the mean of a normal distribution 
expressed in units of the standard deviation; a normal 
deviate 

D: the difference between two arithmetic means 
.So', the standard error of the difference between means; 
written also as s? 

the standard error of the difference between two 
standard deviations 

Sp^^p^: the standard error of the difference between two pro- 
portions 

t: the ratio of a normally distributed variable with zero 
mean to the square root of an independently distributed 
estimate of the variance of that variable 

On the Theory of Statistical Tests 

The theory of statistical tests may be introduced by citing two 
general principles: 

1. In testing a particular statistical hypothesis Hq we imply that 
it may be wrong. That is, we admit that there are hypotheses 
alternative to the one being tested. These alternative hypoth- 
eses should be considered explicitly in choosing an appropriate 
test. 

2. When we test a hypothesis w^e should like to avoid errors. In 
the choice of a test we therefore try to minimize the frequency 
of errors that may be committed in applying it. 

The Neyman-Pcarson theory thus recognizes the hypothesis Hq, 

* See Neyman and Pearson, Refs 122, 123; Neyman, Refn 116, 121. 
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the one explicitly defined as the subject of the test, and a family 
of alternative hypotheses, a member of which may be represented 
by H\. When a test has been chosen (on principles to be referred 
to below) and applied, the investigator faces the possibility of two 
kinds of errors: 

1. An error of the first kind (Type I) is committed when two 
conditions prevail: 

(a) The hypothesis //o, which is being tested, is in fact true; 

(b) The result of the test leads to the rejection of the hy- 
pothesis //(). 

2. An error of the second kind (Type II) is committed when two 
conditions prevail: 

(a) The hypothesis //o, which is being tested, is in fact false 
(some alternative hypothesis Hi is true); 

(b) The result of the test leads to the acceptance of the 
hypothesis //(>. 

The existence of two kinds of possible errors is distinctive of the 
problems faced in testing hypotheses. In interval estimation, one of 
the forms of statistical inference discussed in the preceding chapter, 
the investigator makes the fiat statement that a given parameter 
falls within stated limits. The statement is false if the parameter 
in question does not fall within those limits. The investigator faces 
the possibility of but one type of error. A new theoretical problem 
is faced, thus, when we pass from interval estimation to the testing 
of hypotheses. The solution of this problem gave new power* to 
statistical tools. In the present discussion we deal briefly with the 
general nature of the solution, before passing to applications. 

In general terms, it is obviously desirable that tests should be 
employed that make the chances of both kinds of errors as small 
as possible. Since it is generally considered more important to 
avoid an error of the first kind than it* is to avoid an error of the 
second kind, the test employed should be one that leads very 
infrequently to the rejection of a true hypothesis. This leads to 
the following working principle, in selecting among possible tests: 
An attempt is made, first, to control errors of Type I. That is, the 
probability of a Type I error is fixed arbitrarily at a level of 
significance, say a (alpha), which would ordinarily be one of the 
conventional limits 0.05 or 0.01. In comparing two tests for both 
of which the probability of a Type I error is a, we would choose 
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that one for which the probability of a Type II error is the smaller. 

Any test of this sort is in effect a rule that specifies “properties'* 
the observations should possess if the hypothesis to be tested is to 
be accepted. If they do not possess these properties, the hypothesis 
is rejected. The crucial properties are usually defined in terms of 
regions (in n-dimensional space — the number of dimensions de- 
pending on the number of coordinates of the sample point E), If 
the point E, which is defined by the observations included in the 
sample, falls within the acceptance region j the hypothesis is judged 
to be tenable; i.e., it is accepted. If the point E falls within the 
critical region^ which is also termed the rejection region^ the hy- 
pothesis is rejected. Using the symbol W to denote the whole 
sample space (i.e., the region within which points derived from all 
possible samples will fall), we may represent by w the region of 
rejection, by W-w the region of acceptance. The two regions are 
complementary. As we have noted, the probability that E will fall 
within Wy the region of rejection, when the hypothesis is in fact 
true is called the significance level of the test. Where the significance 
level is to be set in a given case must be determined by the in- 
vestigator, with reference to the possible consequences of errors of 
each of the two types. ^ 

An example. We may illustrate the procedure by reference to a 
simple example (after Mood), involving a choice between two 
alternative hypotheses. The test will be based upon a single 
observation. Let us assume that a given population of a;'s is de- 
scribed by either the probability function A or the function J5, 
which are shown in Fig. 8.1. We are to test Ho, which is the 
hypothesis that the population in question has the distribution A, 
We set the significance level at 0.05. The single alternative hy- 
pothesis is Hi, which specifies that the population has the distri- 
bution B. One or the other is true. 

The single observation Xi on which the test is to be based will 
give us a point on the x-axis. Our problem is to define on this axis 
intervals of acceptance and of rejection (these correspond, of course, 
* A logical burglar, pondering possible professional operations on a certain bank, might 
set up the hypothesis: 

The bank is equipped with a burglar alarm. 

He commits an error of Tyiie I if, the hypothesis being in fact true, he rejects it and 
tries to rob the bank. The conse(iu»*nee is his arrest. If the hypothesis is, in fact, false, 
and he accepts it, abstaining from the attempt, he commits an error of Type II. In 
consequence he foregoes a possibly fruitful operation. An error of Type 1 might well 
Beem to him to be more serious in its adverse consequences. 
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FIO. 8.1. An IlluHtmtioii of Tetitn of Hypotlieses 
Location of lieRionK of Acceptance anrl Rejection 
in a Simple Test 


to the regions set up for tests involving more dimensions). Having 
the information here assumed, i.e., information ooneerning the two 
distributions A and /?, the problem is solved by locating on the 
x-axis the point a at which an ordinate of distribution A will 
divide the area under curve .4 into two segments including, 
respectively, 0.05 and 0.95 of the total (see Fig. 8.1). The region of 
acceptance w411 be the interval on the ar-scale lying to the right of 
the point a; the region of rej(*ction will be the interval to the left 
of a. Ho will be accepted if the observation X] falls in the interval 
of acceptance, rejected if it falls in the interval of rejection. 

It is clear that if Ho is in fact true, the probability of Xi falling 
to the right of point a is 0.95, of falling to the left, 0.05. Hence the 
possibility of an error of Type I (i.e., of rejecting Ho when it is 
true) is 0.05. The location at point a of the division between the 
intervals of acceptance and rejection leaves open the possibility of 
an error of Type II (i.e., the acceptance of a false hypothesis). 
For if Ho is in fact false (H, being true), there is a probability, 
though a small one, that an observation which is really drawn 
from distribution B will fall in the iiiterval of acceptance for Ho. 
This probability is measured by the proportion of the total area 
of distribution B that falls in the interval of acceptance shown in 
Fig. 8.1. 

The probability of an error of Tyi)e 1, in respect of hypothesis 
Ho, may be modified at will. Thus if we wish to reduce the proba- 
bility of such an error to, let us say, 0.0001, we could do so by 
setting at point h on the x-scale the dividing line between the 
intervals of acceptance and rejection for Ho> Point h has been so 
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located as to divide the area under curve A into segments including, 
respectively 0.9999 and 0.0001 of the area under the curve. In so 
doing, of course, we increase the probability of a Type II error, 
for we increase the portion of the area under curve B that lies in 
the interval of acceptance for H^. Conversely, we could move the 
point of division to c (see Fig. 8.1), which would, under the con- 
ditions here pictured, reduce to a negligible figure the probability of 
an error of Type II, but would increase materially the probability 
of an error of Type I. 

A major criterion for choosing among possible tests has to do 
with their relative effectiveness in avoiding errors of Type II. It 
is, of course, desirable that when a given hypothesis is in fact 
false, the sample point E should fall in the critical region w, which 
is the region of rejection. When this occurs, the test is successful 
in detecting a false hypothesis. The probability that the test will 
do this is the measure of its power. Of two tests that are alike in 
respect of the probability of a Type I error, that one is the more 
powerful which is the more effective in detecting false hypotheses. 

Neyman and Pearson have stressed one other criterion for use 
in evaluation of tests of hypotheses-- that of bias. A stated hy- 
pothesis Ho, being tested, is cither true or false. We should not 
like to reject it if it is true; we should like to reject it if it is false. 
If a given test is less likely to reject //o when it is true than when 
it is not true, the test is said to be unbiased. This is to say, for an 
unbiased test the probability that a stated hypothesis will be 
rejected is always a minimum when the hypothesis tested is true. 

The object sought in the application of these various criteria is, 
of course, to minimize the chance of making a mistake, whether of 
Type I or of Type II. To this end, we wish to employ a technique 
that has high powers of discrimination — that will enable us to 
identify and thus to accept true hypotheses, and to identify and 
thus to reject false hypotheses. 

The problem is not a simple one, nor have definitive solutions 
been reached for all problems of this sort. One important com- 
plexity arises out of the fact that in a particular case there may be 
many alternative false hypotheses, not merely one that may be 
set against a single true hypothesis. Thus we face a series of 
comparisons: Ho the true hypothesis versus /// a given false hy- 
pothesis; Ho against H/', another false hypothesis; Ho against 
H/", a third false hypothesis, etc. For a fixed probability of a 
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Type I error, critical regions may vary from comparison to com- 
parison. 

Consider, as an example of this situation, the problem that is 
faced when one wishes to test the hypothesis that a sample yielding 
a given mean, say X = 38, has been drawn from a parent popula- 
tion with mean n = 40. That is, the hypothesis //o, which is true, 
is that n = 40. Actually there are a great many possible alternative 
hypotheses — that // = 25, that /x = 39, that /x = 52, etc. If, in fact, 
the hypothesis Ha is true, a Tj^pe II error would be committed if 
the false hypothesis /// that /x = 25 were accepted. But the Type 
II risk is very slight in this case, the difference between the true 
hypothesis and the false one being great. But for the alternative 
hypotheses Hq — 40 and H/' = 39, the situation is different. The 
difference bc^tween the true and the false hypotheses is very small. 
The danger of a Type II error (w'hich would be committed if the 
false hypothesis //j" were accepted) is very much greater than in 
the first example. Similarly, for other possible false hypotheses 
probabilities of a Type II error will vary. Which is to say, the 
critical region w/ for one test will not be the same as the critical 
region w" for another test. 

It will be true, under rare circumstances, that there is one 
(jritic.al region that provides the best test for all admissible alter- 
natives. That is, for a given Type I risk the test corresponding to 
this particular critical region reduces to a minimum the probability 
of a Type II error regardless of wdiich alternative hypothesis is 
considered. Such a test is called a uniformhj most powerful test. It 
is the most powerful in detecting all false hypotheses. This, of 
course, is a happy situation for the investigator. It is rarely 
encountered, however, unless the family of alternative hypotheses 
is deliberately restricted. I'snally the statistician must content 
himself with tests that fall short of being '‘best,” in this sense. 
This being so, the choice of tests calls for discrimination, and for 
the utilization of all information relevant to a given situation. 

The examples that follow’ illustrate procedures that are employed 
in testing various statistical hypotheses. (.Applications of other 
tests will be given in later chapters.) These specific examples will 
give a measure of concreteness to the general statements about 
tjbe theory of tests of significance. The examples to be cited are 
simple, intended only to indicate the nature of such tests and to 
suggest their fruitfulness. 
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Some Tests of Significance 

Significance of a Mean. Weldon’s data (see Table 6-1), relating 
to results obtained from tossing dice, present a typical problem. 
It will be recalled that since the appearance of a 4, 5, or 6 spot was 
counted as a success, p = 0.5, and q = 0.5; 12 dice were tossed 
on each throw, hence n = 12; the number of throws, 4096, gives 
us the value of N. The theoretical value of the mean result is 
6 (= np); the theoretical valu^ of the standard deviation is 1.732 
(= y/npq). The actual mean X was 6.139. Could this mean value 
have been obtained if the dice were actually true? Could our 
sample of 4096 tosses come from a population for which /x = 6 and 
for which a = 1.732? 

At an earlier point wc have discussed the sampling distribution 
of the arithmetic mean. We know that many means, derived from 
samples of size N drawn from a given parent population, will 
constitute a distribution having a mean (jjl) equal to the mean of 
the parent population, and with standard deviation (am) equal to 
alVX (where a is the standard deviation of the parent population 
and N is the sample size). With reference to our present problem, 
we know that the means of many sam})les drawn from a parent 
population with /x = 6.00 and a = 1.732 would be distributed 
normally with mean = 6.00 and am = 1.732/\/4096 = 0.027. May 
we regard the mean we have actually obtained, 6.139, as a random 
member of such a distribution of arithmetic jrneans? 

The central measure in such a test is X — p, the difference 
between sample mean and hypothetical mean. We set up the 
hypothesis Ho that the true difference is zero. (In this form the 
hypothesis is often called the 7uill hypothesis.) Our question is: Are 
the observed facts consistent with this hypothesis? 

In the application of the test we express the deviation of sample 
mean from hypothetical mean in units of the standard deviation 
of the distribution of the means. Thus we have 



6.139 - 6.00 
" 0.027 " 


( 8 . 1 ) 


Since the distribution of .sample means to which am relates is 
normal (see p. 179), the (luantity T, which measures a deviation 
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from the mean of a normal distribution in units of the standard 
deviation of that distribution, is to be interpreted as a normal 
deviate. In the present case we have a deviation (from the mean of 
a normal distribution) equal to 5.1 standard deviations. Is such a 
deviation a likely occurrence? The answer, of course, is No. If our 
sample mean ().139 is to be regarded as actually a member of a 
population of moans having an average value of (i.OO and a standard 
deviation of 0.027, it represents an event that is to be expected less 
than 1 time in 1,000,000. Such an event is so improbable that we 
must dismiss it as a possibility. Chance could not have accounted 
for such a large deviation. We conclude: The observed facts arc 
not consistent with the null hypothesis, which must therefore be 
rejected. This leaves us with the positive conclusion that the mean 
of the parent population from which the sample was drawn was 
not ().00; the dice were not balanced and true. The rejection, it is 
to be noted, must be in terms of probability. It is not impossible 
that true dice would, in a very rare combination, yield results of the 
kind we have observed. But when the probability of such results 
is so small (if the hypothesis in (|uestion were in fact true) that 
only a miracle, in effect, w'ould account for them, we may with 
high confidenc(‘ reject the hypothesis. 

A (luestion of central importance must be faced here: How small 
should be the probability (corre.spoiiding to a particular deviate T) 
to warrant rejection of a stated hypothesis? Where should we set 
the significance level? We must answer, first, that the setting of 
such a boundary must be in part arbitrary. What one investigator 
would regard as highly improbable might be regarded by a tem- 
peramentally more optimistic man as not unlikely. However, as 
we have noted on earlier pages, there is a general consensus that 
sets the limit of customary rejection at either P = 0.05 or P = 
0.01. In using the lower of the tw'o as the limit, we w’ould say: 
The event that can happen only 1 tinu; out of 100, or less frequently, 
does not happen in ordinary experience. Therefore, if T is equal to 
or greater than 2.570 the hypothesis is to be rejected. The same 
type of reasoning would be used for a limit set at P = 0.05 (for 
which the normal deviate T would equal 1.90), except that an 
event happening only 1 time in 20, or less frequently, would be 
regarded as too unlikely to warrant acceptance of the hypothesis. 

When w^e say that a T of 2.570 represents a deviation that will 
be reached or exceeded only 1 time in 100, we are taking account 
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of deviations above and below the hypothetical true mean. In the 
particular case we are dealing with, the sample mean 6.139 exceeds 
the hypothetical mean 6.00, but in testing the significance of such 
a difference it is usually proper to ask whether such an absolute 
difference, regardless of sign, may be attributed to chance. We 
have no reason in this case to expect bias in one direction, rather 
than the other, or to formulate a hypothesis involving deviations 
in one direction only. In other words, the appropriate test in this 
instance is a two-tailed test, meaning that in interpreting T we 
take account of areas in both tails of the normal distribution. The 
region of rejection includes both extremes of that distribution. 
There are cases in which deviations in one direction only are of 
concern; in these cases a one-tailed test is appropriate. 

We have suggested above that it is well to consider the possible 
consequences of errors of Type I and Type II, in choosing bounda- 
ries of the region of rejection. If one believes that an error of the 
first kind (i.e., the rejection of a true hypothesis) is particularly 
undesirable, the significance level of the test may be pushed out. 
Thus one might decide to reject a stated hypothesis only in case of 
a divergence between observed and hypothetical values so great 
that it would occur only 1 time out of 1,000, or less frequently. 
That is, the value of T in such a test as that cited above would 
have to be 3.291, or greater, to warrant the conclusion that the 
observations were inconsistent with the hypothesis. On the other 
hand, if the danger of accepting a false hypothesis were particularly 
to be avoided, one might work with a significance level of 0.10 
(corresponding to a T of 1.645). By this means we would reduce 
the likelihood of accepting a false hypothesis, although we should 
thereby increase the probability of rejecting a true hypothesis. 
Thus the selection of the significance level is a problem that is in 
some ways peculiar to each test, to be solved by the individual 
investigator. The Weldon problem that has served as our illus- 
tration above involves no special considerations one way or the 
other, since its interest is historical. But to one making professional 
use of dice the matter would be of particular concern. For the 
acceptance of dice as accurate when they are not (a Type II error) 
would affect the hazards of play to the presumed disadvantage of 
one party. 

A somewhat different example is provided by data relating to 
the financial experience of buyers and sellers of securities. Table 
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8-1, which is taken from the report of an exhaustive study by 
Paul F. Wendt, shows the distribution of customers of a New York 
Stock Exchange firm, classified by amounts of realized profits, or 
losses. The sample here represented was chosen by random 
processes from among all customers whose invested capital 
amounted to less than $5,000. The trading experience recorded 
fell between 1933 and 1938. The mean of the distribution shown in 
Table 8-1 is -f $135.44. The estimated standard deviation of the 
population, s', is $1,214.90. 

The universe of which this is a random sample is the total of all 
small investors (a group defined as those whose capital investment 
did not exceed $5,000) purchasing securities through member firms 
of the New York Stock Exchange during the period 1933-38. It is 
of some interest to know whether such investors gained or lost, on 
the whole, in this period. We may set up the null hypothesis that 
the true mean of realized profits and losses of this group was zero. 
Are the sample results consistent with this hypothesis? It seems 
appropriate to use a probability level of 0.01 in this test. 

The test to be made is similar in form to that applied in the 
preceding case, except that we now have no information about the 
degree of dispersion in the parent population except that which is 
afforded by the sample. Accordingly, in estimating the standard 
error of the mean, we must use s' as an estimate of the population 
<7. Thus 


s' _ 1214.90 
VN ^ \ 395" 


61.13 


For the measure 7\ which expresses the difference between sample 
mean and hypothetical mean in units of the standard error of the 
mean, we have, 


y, ^ A- ^ 135.44 ^ 

G1.13 

This is to be interpreted as a normal deviate; a distribution of 
arithmetic means of samples of the size here considered would be 
normal. Moreover, we should use a two-tailed test, since in testing 
the hypothesis we should take account of the possibility of de- 
viations on the loss side as well as on the profit side. A deviation 
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Frequency Distribution Showing the Investment Experience of 395 Customers 
of a New York Stock Exchange Firm, 1933-1938* 

(Realized profits and losses in a random sample of accounts having 
invested capital of less than $5,000) 


ClasH-intorvalf 

Midpoint 

Freque 

(dollarB) 

(dollars) 


- 9,(KK) to - 8,000 

- 8,500 

1 

- 4,(KK) to - 3,000 

- 3,5(K) 

2 

- 3,0(K) to - 2,()(M) 

- 2,5(M) 

7 

- 2,(K)0 to - 1 ,000 

- 1,500 

15 

- 1,0(K) to 0 

- .5(K) 

147 

0 to + 1,0(K) 

+ 500 

187 

1,(K)0 to + 2,000 

-h 1,5(K) 

23 

+ 2,000 to + 3,000 

+ 2,5(K) 

5 

+ 3,000 to -H 4,000 

4 3, 5(H) 

2 

f 4,000 to 4- 5,(M)0 

-1- 4, 5(H) 

3 

+ 5,000 to -h 6,000 

4- 5,5(K) 

1 

+ 6,000 to + 7, 0(H) 

4- 6, 5(H) 

1 

+ 9,000 to + 10,000 

4- 9,500 

1 




* Wendt, Ref. 189, p M 

t An entry exactly at the upper limit of any class, say with profits of ^,000, was put 
in the class next above. 

of the magnitude here observed would occur, in a normal distribu- 
tion, about 2.0 times in 100 trials. At the significance level we 
have set up, a difference as great as the one here recorded between 
the sample mean and the hypothetical value zero could occur as 
the result of random sampling fluctuations. We must conclude that 
the observations are not inconsistent with the hypothesis that 
small investors, on the whole, neither gained nor lost in the period 
1933-38; we therefore accept the hypothesis. 

Significance of a Difference between Two Means. A problem 
that arises frequently in statistical investigations is that of deter- 
mining whether two samples could have been drawn from the 
same parent population, or from parent populations which are 
alike in respect of some stated parameter. There would, of course, 
solely as a result of sampling fluctuations, be some difference 
between corresponding measurements derived from two samples 
drawm by random methods from the same universe. Arithmetic 
means would differ; measures of dispersion or of skewness would 
differ. This problem may be approached by comparing any two 
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statistics (e.g., standard deviations of two samples), or by com- 
paring the frequency distributions of the two samples, in full. 
Usually interest attaches to particular statistics. Do the mean 
incomes of doctors and lawyers differ significantly? Is the standard 
deviation of hourly earnings greater among textile workers than 
among steel workers? At this point we consider the procedure 
employed in testing the significance of the difference between two 
arithmetic means. 

The office of the Surgeon (.General of the United States Army has 
recorded the heights of a sample of army inductees in 1943 and of 
a similar sample in 1917.^ Summary measures follow: 


1943 sample 

N 67,995 

Mean height 68.11 inches 

Standard deviation 2.59 inches 


1917 sample 
868,445 
67.49 inches 
2.71 inches 


Are these results consistent with the hypothesis that the 1943 and 
the 1917 samples came from parent populations with equal arith- 
metic means? The null hypothesis is a statement, in effect, that 
no change occurred between 1917 and 1943 in t he average height 
of American males of service age. 

The measure that concerns us is 1), the difference between the 
two arithmetic means, in the present case JJ = 68.11 — 67.49, or 
-h 0.62. The null hypothesis specifies that the true difference 
between the means is zero. If we were in fact, drawing successive 
pairs of samples from parent populations with the same mean we 
should obtain a series of values of D, some i)lus, and some minus. 
The sampling distribution of D's thus deprived has been established. 
The O’s would be distributed in accordance with the normal law 
about a mean value zero. The parameter of this sampling distri- 
bution of immediate concern to us is its .standard deviation. How 
great would the dispersion of these sample D’s be? It has been 
determined that under these conditions the dispersion of D's 
would be measured by 

V .V, .Vs 

where <ti is the standard deviation of the population from which 
the first sample comes, is the standard deviation of the popula- 


* **Height and Weight Data for Men Inducted into the Army und for Rejected Men.” 
Report No. 1-BM, Army Service Forces, Office of the Surgeon General, Medical 
Statistics Division. 
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tion from which the second sample comes, and the two define 
the numbers of observations in the two samples. In fact we do not 
know the two a*s. We substitute for them the $’s of the correspond- 
ing samples. We have, therefore, as our estimate of aj. 


H 


n ~~ 




(8.3) 


(In view of the size of the samples we may neglect the loss of one 
degree of freedom in estimating s.) Formula (8.3) may be put in 
the form 




\ Sm. + 8l 


(8.4) 


where each Sm is the standard error of the mean of a given sample. 

In testing the null hypothesis in this case we shall use a confi- 
dence level of 0.01. The measurement needed for this test, derived 
from formula (8.3), is 


_ / 


.59" 2.71"^ 

995 868,445 


= \ 0.000106 

= 0.01 


The test is made in terms of 7’, the discrepancy between the 
observed D and the hypothetical value zero, expressed in units of 
the standard error of D. Thus we have 


T 



= 0-6^ -_P 
b.ol” 

= 62.0 


(8.5) 


This value of T, regarded as a normal deviate, represents an 
infinitely small probability. The observed difference between the 
sample means of 1943 inductees and 1917 recruits is far too great 
to be attributed to the play of chance. We may reject the null 
hypothesis with a very high degree of confidence. The two samples 
did not come from populations with equal arithmetic means.'* 


* If wp had been testing the hypothesis that the two samples cnme from the same 
parent population, wc should have regarded the two samfile vanaiices s? and as 
estimates of the same population variance It would be appropriate in this case to 
use deviations from the two sample means as bases for a single fiooled estimate of the 
population variance, using this single vanance as the numerator of each of the terms 
under the radical sign in formula (8.3). See formulas (8.16) and (8.17) for a similar 
procedure with small samples. 
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In the example just cited the test relates to the standard error 
of the difference between independent random variables. As in 
earlier illustrations, we treat the mean of the 1943 sample as one 
value of a random varia])le. Other values of the variable would be 
the means of similar samples draw'ii from the same parent popu- 
lation. Similarly, tlie mean of the 1917 sample is regarded as an 
observed value of a random variable. The following general 
rule holds: The standard error of the difference between two independ- 
ent random variables is equal to the square root of the sum of their 
variances. This is precisely what we have in formula (8.4). (The 
standard error of the sum of two independent random variables is 
also equal to the square root of the sum of their variances.) 
Emphasis should be placed on the word independent. If the random 
variables compared (in this case the means) are not independent, 
the standard error of t heir difference w'ill be reduced by an amount 
depending on the degree of (correlation between the two variables, 
wdiile the standard error of th(*ir sum will be correspondingly 
increased.*^ In the j)resent instance the variables are completely 
independent. As an (‘\ample of related varial)los we may cite the 
discount rates of (commc'rcial banks and of Federal Jieserve banks, 
discussed in the following chapter. Th(‘se rates are not independent 
random variables, for commercial bank rates in a given district 
are immediately affected by changes in Federal Reserve rates in 
that district. The standard error of the difference betw^cen the 
means of these tw'o sets of rat(\s would not be given by formula 
( 8 . 2 ). 

For tests of this sort, when samples arc large, it is not necessary 
that the parent populations from wdiich the samples come be 
normal in their distribution. For samples of the size here considered 
the distributions of means would be normal, and the distribution 
of D’s W'ould be normal, whether parent populations were normal 
or not. For the full accuracy of such tests, equality of the variances 
of the parent populations from which the samples come is a 
necessary condition when samples are small and unequal in size. 
(Other considerations enter also w'hen samples are small, as we 
shall see.) For large samples, how^ever, a difference between 
population variances will not invalidate the test. 

* The general concept of correlation will he introduced in Chapter 9. In the meantime 
the fltudent unfamiliar with the concept may simply take the term to be synonymous 
with nonindependent. 
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Significance of a Difference between Two Standard Deviations. 

In Table 8-2 we have distributions of workers in industrial chemical 
plants in New England and in southeastern states, the workers 
being classified on the basis of straight-time hourly earnings in 
1946. The average hourly wages in the two districts differ sub- 
stantially; for New England plants the average rate was 104.50 

TABLE 8-2 

Distributions of Workers in Industrial Chemical Plants by Straight-Time 
Average Earnings, January, 1 946, New England and the Southeast* 


(1) 

(2) 

iV 

Average 

Number of workers 

hourly earningst 

New England 

Southeast 

((•ents) 



.SO 39 9 

1 

0 

40 0 19 9 

0 

2 

50 0 .59 9 

23 

320 

GO ()-- 09 9 

74 

.5(M) 

70 0 " 79 9 

184 

308 

80 0— 89 9 

174 

202 

90 0— 99 9 

119 

174 

1(K) 0 -109 9 

312 

1.50 

110 0 -119 9 

428 

1.54 

120 0—129 9 

145 

72 

130 0-139 9 

117 

22 

140 0--149 9 

22 

0 

150 0-1.59 9 

9 

4 

100 0-109 9 

0 

8 

170 0 ~ 179 9 

5 

4 

180 0—189 9 

2 

2 

190 0—199 9 

2 


2(M) 0 209 9 

5 


210 0 219 9 

2 


220 0 229 9 

1 


Total 

1,025 

1,994 


• Source; Wage Analyaia Branch, U S Bureau of Labor Statiatica. 
t l^xcludea premium pay for overtime and night work. 

cents per hour, while in the Southeast it was 80.81 cents. Are the 
standard deviations of the distributions of wages in the two 
districts significantly different? 

We have cited above the general rule that the standard error of 
the difference between two independent random variables is equal 
to the square root of the sum of their variances. The random 
variables we here deal with are standard deviations; the standard 
deviation of each of the two distributions is regarded as a member 
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of a population of such measures, a population that could be 
derived from successive samples from the same parent population. 
The variance of each of the standard deviations is, of course, the 
square of its standard error. This rule is applicable to the present 
problem. 

Using the symbol for the standard error of the difference 
between two standard deviations, and and for the respective 
variances of these standard deviations, we have 

s. = VsJ, +“< (8.6) 

When the parent populations are normal the variance of each 

g2 

standard deviation may be estimated from the relation .sj = 

where the .s of the right-hand member is the standard deviation of 
the sample, used as an estimate of the population standard devi- 
ation. Since we may not assume that the two distributions given 
in Table 8-2 are normal, we shall derive estimates of the variances 
of the two standard deviations from the more general relation 
previously cited 

4 ot 2 • N 

The m’s in this e(|uation are moments about the mean. 

Following ar(' the rel(*vant measures for wage earners in the two 
groups of industrial chemical plants: 

New England Southeast 

,s = s = 22.72 

s't = O.m si = 0.193 

The difTerenc(‘ l)(*tween the standard deviations is 0.44. For the 
standard error of this difference we have 

= \ 0.336 + O.m = 0.727 


Expressing the difference in units of its standard error, 


T = 


0.44 

0.727 


0.605 


The difference between the two standard deviations is clearly 
nonsignificant.® 

• In Chapter 10 we shall deal with a broad range of problems involving the comparisons 
of standard deviations and variances, and shall develop other methods of analysis. 
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Significance of a Difference between Proportions* Another test 
of great practical utility involves the comparison of proportions, 
or percentages. We may have for samples for each of two industries 
the percentage of workers unemployed at a given time. Is an 
observed difference attributable to chance, or does it provide 
evidence of a real difference between the industries in the incidence 
of unemployment? The percentage of short business cycles recorded 
for the United States is smaller than the percentage of short cycles 
in the experience of Great Britain. Is the observed difference in 
relative frequencies indicative of a real difference between the 
forces determining cycle durations in the two countries? 

For the standard error of a proportion, such as/«/r< (/« being the 
frequency of successes and n the total number of independent 


(8.7) 


events), we have _ 

— \/pqln 

where p is the proportion in question and ^ is 1 — p. 

In a problem of the type here in (luestion, the critical figure is the 
difference between relative frequencies, or proportions. If two 
measures of relative freciucncy are independent of one another wo 
may apply the general rule cited above for the standard error of 
the difference between two independent random variables (p. 220). 
Each of the two proportions is here regarded as a member of a 
series of random variables. In testing the relevant null hypothesis, 
the variance of tlie first random variable is pq/n\; the variance of 
the second is pqhH. (Here p, the weighted mean proportion 
(rjipi + n^ip^^jitix -f- r^a), is our })est estimate of the population p.) 
The tw'o variances differ only in respect of n, for by hypothesis the 
samples come from the same universe. Thus we have 





+ 


pq 


( 8 . 8 ) 


where is the estimated standard error of tfi(‘ difference 

between two proportions. 

To illustrate the use of this test we may use data cited by Wendt 
in his study of the financial experience of customers of a Stock 
Exchange firm for the period 1933-38. W>ndt divided the members 
of a sample of 285 customers into an “investment” group, whose 
dealings were largely in bonds and in dividend-paying common and 
preferred stocks, and a “speculative” group, whose dealings w^ere 
largely in low-priced, speculative shares.’ Of 98 customers in the 


Wendt, Ref. 189, pp. 149-158. What I have here termed the “speeulative” K^^up is 
W«ndt’8 “full-lot Hpe<'ulntive.’' 
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investment group 68 showed profits while 30 showed losses. (These 
are realized profits and losses. The record was less favorable after 
adjustment for book profits and losses.) Thus we have p\ = 68/98, 
or 0.694; g'l = 1 — 0.694 = 0.306. In the speculative group 105 
customers out of 187 showed profits, while 82 showed losses. 
Therefore — 105/187 = 0.561, q 2 = 0.439. The investment 
group, as here sampled, fared better in respect of realized gains 
than did the speculative group. For the difference between pi and 
P 2 we have 0.694 — 0.561, or 0.133. Is this difference indicative of 
a real differencie between the ‘^populations^’ from w'hich the 
investment and speculative samples come? In this test we shall 
use an 0.01 level of significance. 

On the assumption that the conditions of simple sampling (see 
p. 203) prevailed in Wendt’s operations, we may estimate the 
standard error of the difference between the two proportions from 
the relation shown in formula (S.8) on page 223. The weighted 
mean proportions are ;; = 0.607, q - 0.393. Thus we have 

/().‘238() o;238() 


= 0.0(il 


The observ('d difference between the two proportions is 0.133. We 
setup the null hypothesis, that the true difference between the two 
relative frecpamcies in the populations from which they come is 
zero. In applying the U'st for significance we are asking, therefore, 
whether the (juantity 0.133 may be regarded as a single observation 
on a normally distributed variate with a mean of zero and a stand- 
ard deviation of 0.061. (The distribution of the (juantity pi — 
will ajiproach normality for large samples. We may therefore 
assume normality in the jiresent instance, although with small 
samples this assumption would not be warranted.) Expressing the 
deviation of the observed difference frpm the h 3 pothetical differ- 
ence in units of the standard error of the difference, we have 


0.133 - 0 
0.061 


2.18 


A deviation as great as this, or greater, might be encountered about 
2.9 times in 100 trials as a result of chance fluctuations. Since we 
are working with an 0.01 criterion in this case, we are not justified 
in rejecting the hypothesis. The difference is large enough, it is 
true, to suggest that the parent population of which the investment 
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group was a sample fared somewhat better in realized gains than 
did the “speculative” population. But the difference is not clearly 
significant. 

In the following example we have “population” values for the 
p^s and q's, together with values from a sample drawn from the 
parent population. The World Alma?iac has reported that 8.28 
percent of all males in the United States are named John; 0.43 
percent are named Clarence. Of a sample of 400,000 males having 
common surnames (such as Smith, Brown, or Jones) 5.48 percent 
were named John, 1.04 named Clarence. These proportions suggest 
that parents whose surnames arc common are less likely than are 
parents with uncommon surnames to select a common given name 
for their sons, and more likely to select a relatively uncommon 
giv(*n name. In this case, since we have a population value, we 
may estimate the standard error of a proportion from the general 
expression for th(^ standard deviation of a distribution of relative 
frequencies, \/'pqln. We may ask: Does the proportion of males 
in the sample who are named John, 0.0548, differ materially from 
the universe proportion, 0.0828? For a sample of this size 


S;, = j/^-' 


0828 X 0.9172 


= 0.000436 


400,000 

We here use the universe values of p and of g, and the N of the 
sample for the n (the number of independent events) of the formula. 
The test then takes the form 


T = (8.9) 

Sp 

where po is the observed proportion of males named John in the 
sample of 400,000, is the anticipated proportion, on the hypoth- 
esis that the probability of a male having the given name of 
John is the same in the sample of 400,000 as in the general popu- 
lation, and Sp is the standard error of the proportion in question 
for samples of 400,000. In this case 

rn _ 0.0548 - 0.0828 _ „ . « 

0.000436 ^ ' 

This value of T, interpreted as a normal deviate, represents, of 
course, a deviation so extreme as to be impossible. The probability 
of being named John is significantly smaller for the members of 
the group with common surnames than it is for members of the 
population of males at large. A similar test applied to the sample 
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propoTtioQ named Clarence also indicates a clearly significant 
difference, the sample proportion this time being in excess of the 
universe proportion. 

Generalizing from Smoll Somples; the f*Dtstribution 

In applying the tests discussed in preceding pages we have made 
use of the fortunate fact that the sampling distributions of many 
statistics tend toward normality as n increases. This condition of 
asymptotic normality makes it possible to test for significance 
many measurements derived from large samples without special 
attention to the exact form of the sampling distributions in 
question, or to the form of the parent populations from which the 
samples were drawn. But when samples are small, procedures 
valid for large samples may be very crude and inaccurate. If one 
must make a decision on a sample including only 6 or 8 observations 
it is of little help to know that a statistic derived from a sample of 
1,000 observations would be a normally distributed variable. If 
rational action is to be taken in such a case we need more exact 
knowledge of distributions of sample characteristics, for samples 
drawn from specified parent populations. Pioneer work in this 
field has been done by “Student’^ (W. S. (iosset), R. A. Fisher, 
and others, but our knowledge of exact sampling distributions is 
still limited in scope. Within certain not/ unimportant areas, 
however, we can generalize from small samples with a fair measure 
of confidence. At this point we shall discuss one such sampling 
distribut ion, the first to be accurately defined, and shall. exemplify 
some of its uses. 

We have made use in earlier pages of the fundamental fact that 
the deviation of a sample mean from the mean of a parent popu- 
lation, when t-his deviation is expressed in units of the standard 
error of the sample mean, gives a .quantity T which may be 
interpreted as a normal deviate.^ That is 

r = ^ (8.10) 

T may be taken to be a normal deviate for large samples even 
when we have to approximate <7„, with s,„, the latter being an 

“ I nhoukl cmplmtuze that the sx'mbol 7\ an hen* UHcd, in not to he confuseti w'lth Hotel- 
ling’s T, the generalized Student ratio. 
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estimate of the standard error of the mean based on the information 
provided by the sample alone. The formula for T, thus derived, is 


T = 


s/\/N - 1 


( 8 . 11 ) 


where s is the standard deviation of the sample. T may be_regarded 
as a ratio — the ratio of a normally distributed variate, X — /x, to 
its estimated stan dard error, s/\''N — 1. If in place of s we should 
use s' (= — 1), we should have 


r = 


s7Vn 


When N is as large as 30 the error involved in interpreting T as a 
normal deviate is not appreciable, except for extreme deviations; 
if is as large as 100 the error is very small indeed. But when N 
is small the expression given above for T does not yield a normal 
deviate. A consistent bias is introduced, one that leads to a 
persistent and, for very small samples, a very considerable de- 
parture from normality. For such small samples a method appro- 
priate to large samples breaks down badly. Asymptotic normality 
then becomes a very weak reed on which to lean. 

The Work of “Student.” In the first decade of this century 
W. S. Gosset, who wrote under the pseudonym “Student,” became 
aware of the deficiencies of the conventional ratio (which we have 
termed T above), when it was applied to small sample results. His 
studies indicated that the difficulty lay in unsuspected aberrations 
of s, the standard deviation derived from the sample.® The distri- 
bution of s for small samples, he discovered, departs systematically 
from the normal form. This leads to inaccuracy in the estimation 
of ( 7 , and hence to faulty estimates of the standard error of the 
mean when the procedure appropriate to large samples is applied 
to small samples. Student was able to define the sampling distri- 
bution of He then investigated the distribution of the ratio 
{X — /x)/,s, a quantity which has been termed z] in establishing its 
exact distribution Student made one of the great forward steps in 
sampling theory. (See Student, Ref. 153, 1908). Seventeen years 
later R. A. Fisher provided a more rigorous theoretical foundation 


• F. R. Helmert had eHtablishcd th<; Hampling dihtnbution of ^ some thirty years 
earlier, hut this fact was not known to Gosset. See Doming and Birge, Ref. 31. 
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for Student^s ratio, and at the same time put the ratio in the form 
in which it is now generally employed. This is 


t 


s/v'.V - 1 


( 8 . 12 ) 


where X is the mean of a sample, is the mean of the parent 
population from whi(!h the sample has been drawn, s is the standard 
deviation of the sample (derived*" from and N is the 

number of observations in the sample. (The distinctive feature of 
the formula for t, as will be brought out later, is that the s in the 
denominator is the sample s, used as such and not as an estimate 
of the population a. The standard deviation of the population 
does not enter into the determination of t.) The quantity t, it is 
olivious, equals z\/N — 1, where z is Student’s original ratio 
(X — The sampling distribution of t (which is sometimes 

spoken of as Student’s sometimes as Fisher’s i) is one of the 
fundamental instruments of sampling today. In considering this 
distribution and its uses we may first give attention to the nature 
of the bias that is pnvsent in s when sampl(‘s are small. 

The essential feature of the sampling distribution of s is effec- 
tively revealed by the results of an interesting experiment con- 
ducted by W. A. Shewhart.** Shewhart drew 1,000 samples, each 
consisting of four observations, from a normally distributed parent 
population with a known standard deviation, equal to unity. The 
standiird deviation, ,s, of each sample was comi)uted, with 4 as the 
divisor of "^d-. The distribution of these 1,000 values of s is repre- 
sented by the dots in Fig. 8.2.^- (The line rumiing through the dots 
defines the theoretical distribution of the s’s to be expected, with 
samples of 4, on the basis of Student’s theory. There is a notably 
close agreement betwe(*n the theoretical and observed distribu- 
tions.) Traditional sampling concepts would lead us to expect a 
normal distribution of s’s, centered at 1, the value of a in the 
parent population. Instead, the distribution is definitely skew, with 
the measurements clustering about a central tendency well below 


Tf iiislt'iid of « w(' have (U’Mvrd fioin \ — 1, / A^ould he given by 


X -i 


^'/\/N 


\V. A Shewhart, liel IK), 103-17.% IR-Vti 
The hgure im luae rej>r<Mlueed with the )»eiinis>.;ion ol Dr Shewhart and hi.s publishers. 
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FIG. 8.2. Distribution of Stiimlard Deviations in Samples 
of Four J^rawn fiom a Normal Universe. 


unity. The mode of the 1,000 values of s here represented is, in 
fact, 0.717 and the arithmetic mean is 0.801. There is a clear 
tendency for these s’s, based on samples of 4, to understate the 
true value. As estimates of <t they are clearly biased.^® 

The degree of error involved in u.sitig as an ai)proximation to a, for nmall samples, 
is indicated by the following figures, taken from W. A. Shewhart (/or. ciL, 185). 
They define the relation betvM'en the moilal .s, for sanijiles of size N drawn from a 
l>opulation ot which the standard deviation is known, and the true a of that population. 

Size of sample Modal .s as a decimal fraction of true <7 


N 



577 

4 

707 

5 

775 

0 

.817 

7 

845 

S 

.80fi 

<1 

882 

10 

804 

15 

.981 

20 

949 

25 

.959 

ao 

.9(>(> 

50 

980 

KM) 

.990 


The fractions given above define relation.^ that are to be expected on the basis of 
error theorv, as modified by Student to take account of conditions affecting small 
samples. The modal value of the 1,000 standard deviations obtained by Shewhart in 
his empirical test of this theory was, as w'e have seen, .717 of the standard deviation 
of the universe This result is very close indeed to the expected value of .707, for 
samples in w'hich A' = 4. 
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The Distribution of L The nature of i and the form of its dis- 
tribution call for brief comment. The numerator of the ratio 


(8.13) 


•Vv/.V - 1 

which defines i is a normally distributed variable with mean zero; 
the denominator is the square root of an independently distributed 
estimate of the variance of that variable. (We speak of the de- 
nominator as the square root, of the variance of the variable in 
question, not as the standard error of that variable. The term 
“standard error” would suggest that the ratio is f o be interpreted 
as a normal deviate. This is not so, as has been noted, when is 
small.) Attention is called to the phrase “independently distrib- 
uted.” This means that the distributions of the variables in 
numerator and denominator of expre.ssion (8.13) are independent 
of one another. This is an essential condition. Only when X and 
are independent variabh's is the ratio given by formula (8.13) 
distributed in the form defined by Student and Fisher. This 
condition holds only for samples drawn from a normal parent popu- 
lation, In a single sample thus drawn, X may be small (i.e., well 
below p in viable) and large (i.e., well above in value); in 
another sample A" may be large and small; in a third sample 
both may be small, or both large. The sampling distribution of t 
is restricted, in its fully accurate applications, to samples from 
normal parent distributions. 

We have noted abov(‘ that no population parameter is involved 
in the derivation of the I ratio. In the (ioinj^utation of 7’, for testing 
the deviation of a sample mean from an assumed population mean 
(formula 8.10), vsc use <j; when we do not know’ a w^e use s', a 
quantity derived from the sample but used as an approximation 
to a. But in the computation of /, only the sample mean and the 
standard deviation of the samjde (and,. of course, .V) are employed. 
Herein lies its great value. The theoretical disfnbntion of t relates 
to a. quantity derivable from observations. 

The distribution of t may be defined by the equation 


// = 



(8.14) 


In this expression y is an ordinate at a stated distance t from an 
origin at zero on the /-scale; yo is the maximum ordinate at / = 0 ; 
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n is the number of degrees of freedom of L This will be 1 in 
a problem of the type here discussed; in other cases more than 
one degree of freedom may be lost. It will be clear that from the 
maximum ordinate at zero on the ^-scale the ^curve falls away 
symmetrically for plus and minus values of L For very small values 
of n the curve is flat-topped, with a larger proportion of the area 
in the tails than is found in a corresponding normal distribution. 
Since areas under the curve are to be interpreted as relative 
frequencies, or probabilities, this fact means that large deviations 
from the mean are more probable for the ^-distribution than for 
the normal distribution. As n gets larger the ^distribution ap- 
proaches the nonnal form. With n as large as 30, as wc have noted, 
the difference is small. Relations between /-distributions and the 
normal form are shown in Fig. 8.3, in which are plotted /-curves 
for n = 2 and ii = 25, together with a normal frequency curve. 



FIG. 8 . 3 . Frequency Curves of the Xorinal I)i.stribution und of i-I-)istnbutJonB for 
?i = 2 and n = 25. 


Tabulations of the /-distribution greatly facilitate the use of this 
measure in practice. Extracts from two such tabulations are given 
in Table 8-3. The entries in i^art A of that table define the per- 
centile values of / for varying values of n. As has been indicated 
above, the form of the distribution varies as n changes. There is a 
specific distribution of / for every value of n. 

We may briefly explain the entries in Part A of Table 8-3. If 
we had a graph of the /-distribution for n = 10, an ordinate 
erected on the horizontal scale (the /-scale) at a point 2.764 units 
to the left of the mean would cut off a tail that included. 0.01 of 
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the total area under the curve. As for the normal distribution, such 
a proportion is to be read as a probability. There is only 1 chance 
out of 100 that a random drawinj; from such a distribution would 
give a measure falling in this tail of the distribution. The figure 
cited, 2.764, which is the first percentile value of / for a distribution 
with 10 degrees of freedom, is found in the column headed 
(the subscript to t defines the percentile) in the line for which 
n = 10. Since the distribution is symmetrical, the 99th percentile 
value oil {t 99) is also 2.764, but this represents a point to the right 
of the mean. (Deviations to the left of the mean, corresponding to 
percentiles below 0.50, are, of course, negative; those corresponding 
to percentiles above 0.50 are positive. These signs are not given 
in the table, but will be understood.) 

Since the form of the ^distribution varies with n, the percentile 
values of ^ in a given column of Part A of Table 8-3 change from 
line to line. Thus, at the 99th percentile, t is 31 .821 when n is 1 ; 
it is 6.965 when n is 2, drops to 2.457 when a is 30, and to 2.326 
when n is infinitely large. These nKluctions mean, of course, that 
large deviations become less and less likely, as a increases. 

The entries in Part B of Table 8-3 arc those given in most 
presentations of the /-distribution. These are the measures that 
would be used in a two-taiI(‘d test, the kind usually made in 
employing the /-distribution. In making such a test wc are asking: 
What is the probability of a given d(‘viatioii (or one that is greater) 
above or below the mean of the /-di.stributioii? This question could, 
if desired, be answered with reference to Part A of Table 8-3. For 
example, with a sample for which n = 10, the chance of a deviation 
of 3.169 (or more) behnv the mean is 0.005 (see column for Zoos in 
Part A); the chance of a deviation of 3.169 (or more) above the 
mean is 0.005 (see column headed / .,<,5 of Part A.) The sum of these 
probabilities, or O.Ol, measures the probability of a deviation of 
3.169, or more, in either direction, Bqt we may obtain this com- 
1 ined probability more directly from the entries in Part B of 
'Fable 8-3. In the column headed 0.01 in the line for n = 10, we 

In using subscripts for iierctMitilcs, with the mc.ming indicated in the text, I am 
einplovinga notMtionid scluaiK* introduced i)\ Dixon and Massey (Ilci. 32) and followed 
1)\ Walker and I..cv (Ucf 18t>) This scheme differs from current practice (which is 
exemplified in Part H of Table 8-3) but is to be preferred as a simpler and more 
straightforward representation of the /-distribution Strictly speaking, only the 
columns in Table 8-3 that give 01, 05, 05. and 00 values of / define percentiles; 
however, the fractional percentile values given, for t oob etc, are of special interest, 
as will ap}X‘ur. 
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n 

^.006 

t 01 

t 024 

t 06 

t 06 

t 1175 


t.m 

1 

63.657 

31.821 

12 706 

6 314 

6 314 

12 706 

31.821 

63.657 

2 

9.925 

6.965 

4 303 

2 920 

2 920 

4 303 

6.965 

9.925 

3 

5.841 

4.541 

3.182 

2 353 

2 353 

3 182 

4 541 

5.841 

4 

4.604 

3 747 

2 776 

2 132 

2 132 

2 776 

3 747 

4.604 

5 

4.032 

3 365 

2 571 

2 015 

2 015 

2 571 

3 365 

4.a32 

() 

3.707 

3.143 

2 447 

1.943 

1 943 

2 447 

3 143 

3.707 

7 

3 499 

2 998 

2 365 

1 895 

1 895 

2 365 

2 998 

3 499 

8 

3.355 

2.896 

2 306 

1 8()0 

1 860 

2 306 

2 896 

3.355 

9 

3 250 

2 821 

2 262 

1 8;i3 

1 833 

2 262 

2.821 

3.250 

10 

3 169 

2 764 

2 228 

1 812 

1.812 

2.228 

2 764 

3.169 

20 

2.845 

2.528 

2 086 

1.725 

1 725 

2.086 

2 528 

2.845 

30 

2 750 

2.457 

2 0-12 

1 697 

1.697 

2 042 

2 457 

2.750 

00 

2 576 

2.326 

1.960 

1 645 

1.645 

1.9()0 

2.326 

2.576 

Part 

B: Values 

of t Corresponding to Stated Probabilities in 

Two-Tailed Test 


n 

0 80 

0 50 

1 

325 

1 000 

2 

.289 

816 

3 

.277 

765 

4 

.271 

741 

5 

.267 

727 

6 

265 

718 

7 

263 

711 

8 

.262 

706 

9 

.261 

.703 

10 

.260 

.7(K) 

20 

.257 

687 

30 

256 

683 

00 

253 

674 


Probability 


040 

0 20 

010 

1 376 

3 078 

6 314 

1 061 

1 886 

2 920 

978 

1 638 

2 353 

941 

1 533 

2 132 

920 

I 476 

2 015 

906 

I 410 

1 943 

896 

1 415 

1 895 

889 

1 397 

1 860 

883 

1 383 

1 833 

879 

1 372 

1 812 

860 

1 325 

1 725 

854 

1 310 

1 697 

842 

1 .282 

1 645 


0.06 

0.02 

0.01 

12 706 

31.821 

63.657 

4 303 

6.965 

9.925 

3 182 

4 541 

5.841 

2 776 

3 747 

4.604 

2 571 

3.365 

4.032 

2 147 

3 143 

3.707 

2 3()5 

2 998 

3.499 

2 306 

2 896 

3.355 

2 262 

2 821 

3.250 

2 228 

2 764 

3.169 

2 086 

2 528 

2.845 

2 042 

2 457 

2.750 

1 960 

2 326 

2.576 


The entries in Pari B are extracts from a mon; detailed table (Table IV) in R. A. 
Fisher’s Stalishcal Methods for Research Werrkers, lOdinburgh, Oliver and Boyd. The 
table iH printed here through the courtesy of Dr. Fisher and his publishers. (See also 
Fisher and Yates, Statistical Tables, Ref. 51. 


find 3.169, the deviation that will be reached or exceeded 1 time 
in 100. The entries in Part B all refer to absolute deviations, i.e., 
without regard to sign. They are thus directly adapted for use 
in applying a two-tailed test, whereas the entries in Part A are 
adapted to a one-tailed test. 

It will be noted that the several entries in Part B of Table 8-3 
in the column for which the probability is 0.01 are the same as 
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the correHponding entries in Part A in the columns headed ^.oos and 
/. 996 ; that the entries in Part B in the column for which the prob- 
ability is 0.05 are the same as the corresponding entries in Part A 
in the columns headed t m and t m. The reason for the identities 
has been indicated: the probability of a stated absolute deviation, 
as given in Part B, is the sum of the probabilities corresponding 
to the same deviation, plus and minus, as given in Part A. 

The table of areas under the normal curve is usually given in a 
form comparable to that used in Part B of Table 8-3. In the last 
line (for which the entry in the n column is oo ) we have the familiar 
values of T (a normal deviate) corresponding to probabilities of 
0.01, 0.05, etc. Thus for a probability of 0.01 the corresponding 
normal deviate is 2.57582. These entries in the last line of Part B 
of Table 8-3 are the limiting values of /, the values which t ap- 
proaches, for stated probabilities, as n increases. For an n infinitely 
large, t and T coincide. Even for n as large as 30 the approach to 
the normal values is fairly close. Which means, of course, that we 
need resort to the /-distribution only when dealing with small 
samples. 


Some Uses of the f-Distribution 

Significance of a Mean : Small Samples. In detei inining whether 
the mean of a sample drawn from a normal population deviates 
significantly from a stated value (the hypothetical value of the 
population mean), we compute t from the ratio previously given: 



In interpreting t when the arithmetic mean of a sample is being 
tested for significance, // = -V — 1. 

A study of interest rates paid on business loans by various 
classes of borrowers'-’ revealed that large borrowers (i.e., those 
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with assets of $5,000,000 or more) in five retail trade groups paid 
the following average rates; 

Average interest rate 

Retail trade on business loans 

Percent 


Food, liquor, tobacco, and drugs 1.8 

Apparel, dry goods, and dept, stores 1.9 

Home furnishings, metal products, and 

building materials 2.0 

Automobiles, parts, and filling stations 1.7 

All other 2.2 


The arithmetic average of these five group rates is 1.92 percent; 
the standard deviation s (derived with N as the divisor of the sum 
of squared deviations) is 0.172. Our problem is to determine whether 
the mean rate paid by these groups of large retail merchants differs 
significantly from the mean rate paid by all business borrowers in 
the United States. We shall here use 2.9 percent, the weighted 
mean of the average rates paid by 100 groups of business borrow- 
ers, as the population mean. It is appropriate to use a significance 
level of 0.01 in testing the null hypothesis in this case. For ( we have 

^ ^ X - n ^ 1.92 - 2.9 ^ - 0.98 

^?/v A' - 1 “ 0.172/ v/5 _ 1 “ 0.080 
= - 11.4 

This test of significance should be a two-tailed test, since we are 
concerned with the probability of a deviation as great as 0.98 
above or below the population mean. From Part B of Table 8-3 
(or from Appendix Table III), we find that for n = 4, the value of t 
corresponding to a probability of 0.01 is 4.604. The observed value 
of / is far greater than this. On the level of significance here em- 
ployed, we should reject the null hypothesis. The interest rates 
paid by large retail borrowers are significantly lower than those 
paid by business borrowers as a whole. 

Setting Confidence Limits: Small Samples. The examples just 
cited have involved tests of hypotheses using small sample results. 
We revert briefly to estimation, with reference to the special 
problems that are faced when estimates of population parameters 
are based on small samples. The procedure employed is similar to 
that outlined in Chapter 7, for large samples, but use is made of 
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the ^distribution rather than the normal distribution in setting 
limits corresponding to a chosen confidence level. 

We have the following observations on the yield of alfalfa, in 
tons per acre, on four plots each of which received 18 inches of 
irrigation water during the growing season.^® 

5.69; 6.46; 7.02; 8.02 

We are required to set confidence limits for the mean of the 
population from which this sample comes. For the sample we have 

X = 6.7975 






= 0.849 


Consider the relation 

s/VX - 1 

We have the values of s and .V, hence the degrees of freedom 
n ( = N — 1). Let us say that the confidence level for the estimate 
is to be 0.95. Knowing P and 7i we may readily determine from 
the stable the appropriate value of t. For a P of 0.05 and an n 
of 3, < = 3.182. The unknown (|uantity in the above equation is 
the numerator of the right-han(l_term, the range X — fi. We wish 
to set limits on either side of A" within which we may, with the 
i^tated degrees of confidence, expect ji to fall. The desired range 
/may be written (from the equation nijie lines above) 

X - = tX (8.15) 

= 3.1S2 X (0.849/\/3“) 

= 1.5592 

The desired limits of the confidence interval are thus 6.7975 dz 
Lfi502. Hounding off tlie fractions we may write tliis: 6.80 ± 1.56. 
We may say, with confidence measured by a probability of 0.95, 
that the mean of the population from which the sample comes 
falls between 5.24 tons and 8.36 tons. 

We may take opportunity at this point to give an example of 
estimation from small samples that will serve, at once, to demon- 
strate modern procedures in interval-estimatioirand to illustrate 
the use of the /-distribution in .such estimation. The data employed 
are from W. A. Shewhart (Hef. 140) and the graphic illustration 
*• Beckett and llobert.son, Ref. 10. 



USES OF THE ^DISTRIBUTION 


237 


given is taken, with permission, from the same author (Ref. 141, 
p. 59). Shewhart set up a normal universe with mean zero. From 
this universe he drew 100 samples, wit^four observations in each 
sample; for each sample he computed X and 5 (the latter derived 
wdth 4 as the divisor of Sd*). On these two statistics for each 
sample he then based a statement setting confidence limits cor- 
responding to a confidence level of 0.50. That is, each statement 
belonged to a family of statements of which, in the long run, one 
half would be expected to be true and one half false. The 100 
samples thus provided bases for 100 estimates of confidence 
intervals. 

The two following hypothetical sets of drawings will illustrate 
the procedure: 

Sample A + 0.5, - 0.3, - 0.0, -h 0.8 

Sample B - 2.1, + 0.5, - 2.0, - 0.2 

In the first sample the mean X = -f 0.10, s = 0.570. For a F of 
0.50 and an n of 3, f = 0.705. Following the method employed in 
the preceding example, we compute 

t X s/y/TT^l = 0.765 X 0.570/>/l.732 = 0.25 

Limits of the 0.50 confidence interval for an estimate of the 
population mean, based on this sample, are — 0.15 and + 0.35. 
(These, of course, are derived from -f 0.10 — 0.25 and + 0.10 + 
0.25). The second sample, of which the mean is — 1.0 and s is 
1.366, provides the ba.sis of a similar estimate. By an identical 
procedure we set 0.50 confidence limits at — 1.60 and — 0.40. 

The evidence of the first sample warrants the statement, *^The 
mean of the parent population lies between — 0.15 and + 0.35.” 
The evidence of the second sample warrants the statement, “The 
mean of the parent population lies between — 1.60 and — 0.40.” 
Since Shewhart’s illustration was experimental, we know the 
parent mean. It is zero. Thus the first statement is true, the second 
is false. Shewdiart’s data provided him with bases for 100 such 
statements. The range and location of each of the 100, confidence 
intervals thus set up are shown in the left-hand panel of Fig. 8.4, 
which is reproduced from Shewhart 's Statistical Method from the 
V lew point of Quality Control. 

This figure is an illuminating representation of statistical 
inference. The lieavy horizontal bar is drawn at zero on the 
vertical s(‘al(‘, that is, at the value of the population mean. Each 
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FIO. 8 . 4 . Showing Confidence Intervals Based uiK)n Samples Drawn from a 
Normal Universe with Mean Zero and Standarrl Deviation Unity.* 

* R«pro(luml with pciiiiuiHioii from W. A Hhewhnit, Stalittlteal Method from the Viewpoint of Quality 
Control, WtudhitiRiori, D, V , The (iraduato School, IT S Depurtmont of AKnculture, 1939 


vertical line depicts a confidence interval based on one of the 100 
samples. The center of each vertical line is located at the value 
of a sample mean. The range of tlie corresponding confidence 
interval above and below that sample mean is determined by an 
operation similar to that represented by formula (8.15) above.*^ 
The vertical lines differ greatly, it is clear, in the location of their 
midpoints, and in their range. If a sample mean fell close to the 
true mean of the population the center of the corresponding bar 
would be close to the heavy central bar; if not, the center of the 
line would be far from the central bar. If the sample s were small 
the range of the corresponding vertical line would be narrow; if 
the sample .s were large, the length of the corresponding vertical 
line would be great. In the diverse locations and varied lengths 


” For the entries in this panel the range of each confidence interval is given by 
X ^ 0.4417s, where a is the sample standard deviation. The coefficient 0.4417 is 
derived from 1/ V — 1 (i.e., from 0 705/1.732 ) For present purposes it isconvenient 
to divide by 1.732, the first term of the right'-hand member of formula (8.15) instead 
of the first factor in the second term That is, we divide t, instead of s, by \/ iV — 1, 
since s varies from s ample to sample, while the other quantities do not. We may 
note that i/\/ N — I is Student’s original z (see p. 228). 
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of these vertical lines we have a vivid picture of the play of chance 
in shaping the results of sampling operations. 

Yet, despite the diversity of sample results, a soundly based 
procedure makes rational estimation possible. According to sample 
theory approximately half of the confidence intervals set up by 
Shewhart should include the population mean (his confidence level 
was 0.50). If a given vertical line in Fig. 8.4 cuts across the heavy 
central line this means, of course, that the confidence interval in 
question does in fact include the population mean. It is of interest 
to note that 51 of the 100 confidence intervals represented on the 
diagram do in fact include the parent mean; 49 do not. The 
agreement with expected results is very close indeed. 

The fact that small sample theory makes rational estimation 
possible when we have but a few observations does not, of course, 
remove the uncertainties from sampling procedures. Nor does it 
mean that small samples are as good as large ones. Apart from the 
consideration that the use of the ^-distribution is fully accurate 
only with samples drawn from normal universes, the investigator 
who works with very small samples must know that his estimates 
will vary widely from sample to sample. Moreover, he must content 
himself with relatively wide confidence intervals. Precision of 
statement is less, of course, the wider the intervals employed. 
Large samples are more stable than small ones (in the sense that 
the means of large samples wdll be clustered much more closely 
about the population mean), and they permit more precision in 
inferences based on them. 

These attributes of large samples, and their great superiority to 
small samples, are well illustrated by the right-hand panel of Fig. 
8.4. This presents confidence intervals relating to the same parent 
population as does the left-hand panel. Here, however, each 
vertical line defines the limit of a confidence interval (at confidence 
level 0.50) designed to include the population mean, but based 
upon a sample of 100 observations.^* The vertical scale is the same 
as for the left-hand panel, so the results may be compared. The 
centers of the vertical lines in the right-hand panel (these centers 
are located, as we have noted, at the sample means) are much 
more closely concentrated about the population mean. More 
striking, however, is the fact that the ranges of the confidence 

The range of each confidence interval in this case ih given by A” **= 0.0769* (the value 

0.0769 being denved from t/\/ N — 1, or 0.765/\/ 99). 
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intervals based on samples of 100 are much smaller. Each inference 
drawn from large sample results is far more precise, in the limits 
it sets up, than is an inference based on a much smaller sample. 
(Of the 40 confidence intervals based on large samples, we may 
note, 45 percent include the population mean, while 55 percent do 
not. These percentages stand reasonably close to the long-run 
expectation of 50 percent right and 50 percent wrong.) The mean- 
ing of this is obvious, of course. Inferences based on small samples 
are inherently less reliable than inferences based on large samples. 
However, when we must infer from small samples, under the 
conditions set forth, we can have a trustworthy procedure. 

Significance of a Difference between Two Means : Small 
Samples. The method we have employed above for testing the 
significance of the mean of a sample from a normal universe may 
be applied in determining whether the means of two samples differ 
significantly. This very important extension of vStiident’s procedure, 
which is due to R. A. Fisher, is applicable in testing the hypothesis 
that the two samples whose means are compared are from the 
same normal parent population. Here, as in the previous example. 
Student’s distribution gives us an unbiased test. 

In form, this test follows that discussed above in dealing with 
the same problem for large samples. On the assumption that the 
samples are from the same population it is appropriate to pool the 
.sums of the squared deviations from the respective means of the 
two samples in deriving a single which is our best estimate of 
the standard deviation of the population. Thus we have 


y A'l + As - 2 


(8.16) 


Having this estimate s', we compute the standard error of the 
difference between means from the customary formula 


= 


+ • 


A. + Aj 
A,.Vj 


(8.17) 


(8.18) 


The ratio of — X 2 to s'WVi -|- N 2 )/NiN 2 is distributed in the 
^-distribution. That is 


X, - X 2 X, - X2,/J^N2 
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The quantity t, in this case, is to be interpreted with n, the degrees 
of freedom, equal to A^i + A ^2 — 2. (We may think of one degree 
of freedom being lost in the calculation of each of the two com- 
ponents of s', in formula (8.16) above.) 

We may illustrate the application of a test of this sort by 
comparing a sample of six small cities with a sample of five large 
cities, in respect of average family expenditures on current con- 
sumption (Table 8-4). The unit observation for present purposes is 

TABLE 8-4 

Average Family Expenditures on Current Consumption in Samples of 
Small and Large Cities* 


Smull Cities 

Average laniily 
expenditures on 
consumption 


Large Cities 

Average family 
expenditures on 
consumption 


Grand Junction, Colo. 

$3,538 

Providence, R I. 

$3,916 

Madill, Okla 

3,190 

Milwaukee, Wis 

4,331 

Camden, Ark. 

3,094 

Youngstown, Ohio 

4,106 

Garrett, Tnd. 

3,099 

Kansas City, Mo. 
Cincinnati, Ohio 

3,989 

Pulaski, Va. 

3,320 

4,180 

Dalhart, Texas 

3,548 



Average 

3,399.17 


4,117.60 


* The data are from U. S. Bureau of Labor Statistics Bulletin 1097 (revised June, 1953), 
Family Income, Expenditures and Savings m 1950 In the present illustration cities 
with population of 2,5(K) to 30,5(K) are classed as small; those with population of 
240, (MX) to 1,000,000 as large Cities and metropolitan areas with populations of 
1,000,000 and over arc not included. 


a city average of consumption expenditures by a sample of indi- 
vidual families resident in that city. (The number of families in 
such a sample ranged from 65 in small cities to 250 in the group of 
large cities.) 

The figures cited in Table 8-4 indicate that family expenditures 
on current consumption arc less in small cities than' they are in 
large cities, but an objective test is needed. Again we shall use a 
significance level of 0.01. For the computation of s' (using the 
relations shown in formula 8.16) we have 

. ^J75,557 + TO,7n . 2 ^ 4 
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For ( (from formula 8.19) 


. _ 4,117.60 - 3,399.17 /so 
206.4 V Ti 


= 5.75 

Consulting the ^-tahlc* (Part B of Table 8-3, or Appendix Table III) 
we find that for r? = 9 the value of i corresponding to a probability 
of 0.01 is 3.250. Tlie present value is clearly significant. The two 
samples of cities could not have come from one homogeneous 
parent population. Average family expenditures for purposes of 
current consumption appear to be clearly higher in large cities 
than in small cities. 

The hypothesis here tested is that two samples, the means of 
which are compared, come from the same normal universe. The 
direct test is applied to the difference between means, but since 
the sample 5\s enter into the calculations their values obviously 
affect the outcome. It is possible that a significant value of t might 
appear in a test of this sort, because samples were drawn from 
populations with different standard deviations, rather than 
different means. This would lead, properly, to the rejection of the 
hypothesis, although the factor responsible for the rejection would 
not be a difference in means. But this possibility, as Fisher suggests, 
is not great. If there is reason to believe that the sample standard 
deviations differ significantly, their difference may be tested. 


Some General Considerations Bearing on Tests 
of Hypotheses 

Our chief concern in this chapter has been with the testing of 
statistical hypotheses (in dealing wdth small samples we reverted 
briefly to an aspect of the subject of estimation). This discussion 
has touched upon some of the more general aspects of the theory 
of inquiry, but it has dealt, in the main, with methodology. In 
concluding the discussion it is proper to stress certain logical 
considerations that were not fully developed in the preceding 
pages. Three points of central importance are to be made. 

1. A generalization (a hypothesis) suggested by the observations 
in a given sample cannot be tested against that sample. There 
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must be predesignation of the hypothesis, or of the population 
parameter, that is to be tested.^* If a given saniple of business 
cycles should suggest that the mean duration of business cycles 
in the United States is 40 months, we could hardly use the mean 
of that sample in testing the hypothetical mean of 40 months. 
The fallacy of such a test is obvious, yet this type of circularity 
is not uncommon. A technique for forecasting the level of 
wholesale prices, the prices of securities, or the state of business 
is often tested against the historical record that suggested the 
technique. Of course, this is not to say that an investigator 
should not be open-minded to theories that may be suggested 
by observations. But when a theory is thus suggested, it must 
be tested against a new set of observations. (We have already 
referred to the rule that an investigator should, before he applies 
a test of significance, designate the confidence level according 
to which he will accept or reject the hypothesis in question. 
The principle here is the same.) 

2. Statistical evidence never provides positive proof of the truth 
of a hypothesis. The essence of statistical testing is that the 
facts are given a chance to disprove hj/potheses; the facts do 
not prove hypotheses. The reader will have noticed the form of 
the conclusion reached after a test is applied. One may say, 
“The observations are not inconsistent with the hypothesis,” 
or, “The observations are not consistent with the hypothesis.” 
The second statement, it is clear, is more decisive than the first. 
When we reject a hypothesis we may be able to do so with a 
high degree of confidence. If the difference between an observed 
statistic and a hypothetical parameter is so great that chance 
might be expected to lead to such a divergence only 1 time in 
10,000,000 trials, the investigator may be reasonably sure that 
there is a true difference, and so reject the hypothesis. (But 


“ A player miKhl draw (with replacement) from a pack of earde a four of diamonds, a 
king of spudeH, a five of clubs, and a nine of clubs, and then exclaim at the remarkable 
fact that just these four cards should have turned up — ^a combination to be expected 
only 24 times in 7,311,616 trials (the order of draw is not assumed "to matter). This 
IS not remarkable after the event. It would only have been remarkable had the 
player predesignated the result by announcing liefore his draw that these four par- 
ticular cards would appear. Without this predesignation the player is, in effect, 
setting up the hvpothesis that he will draw a four of diamonds, a king of spadcis, a 
five and a nine of clubs after he has drawn those precise cards. 

In an incident famous in baseball history Babe Ruth, being heckled by the opposing 
team, pointed to a spot in the right-field bleachers and then proceeded, on the next 
piteh, to hit a home run to that precise spot. This was predesignation. 
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there will always remain a slight probability that the rejection 
was unjustified.) However, acceptance of a hypothesis can never 
carry the degree of confidence that would attach to a rejection 
based on a 1/10,000,000 probability. Indeed, these facts are 
more likely to be consistent with a false hypothesis (of which 
there will be legion) than with the true hypothesis. Choice 
among hypotheses with which the facts are consistent must be 
based on rational grounds, not on empirical evidence. This last 
statement carries us to the third of our three points. 

3. If we arc to have confidence in a hypothesis it must have 
support beyond the statistical evidence. It must have a rational 
basis. This phrase suggests two conditions: The hypothesis 
must be “reasonal)l(i,” in the sense of concordance with a priori 
expectations. Secondly, the hypothesis must fit logically into 
the relevant body of established knowledge. Reference to 
statistical evidence is essential and important in determining 
the degree of confidence we may have in a hypothesis, but the 
support we get from this side is of a negative sort. We say of it 
that it does not disprove the hypothesis. Positive elements of 
support (!ome from the side of reason.'-*^ 
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CHAPTER 


The Measurement of Relationship: 
Linear Correlation 


Introduction 

The problems we have discussed in the preceding chapters have 
dealt primarily with the behavior of a single variable. The arrange- 
ment of the values of a single variable along a scale may be 
described by measures of central tendency, or of location, and by 
accompanying measures that define the pattern of variation about 
a central value. The examples of statistical inference so far con- 
sidered have dealt with the estimation of parameter values for a 
single variable, or to tests involving hypothetical values of such a 
variable. In dealing with theoretical distributions in Chapter 6 we 
introduced the concept of frequency, measured along the vertical 
or i/-axis of a coordinate system, as a function of a variable x, 
usually measured as a deviation along the horizontal axis. That is, 
the frequency of occurrence of a single value is presented as 
dependent upon the magnitude of the deviation of that value from 
a specified origin. The mathematical expression for such a theo- 
retical distribution is a statement of a functional relation between 
a dependent and an independent variable. Such relations of a 
simple type were briefly considered in Chapter 2. We now open a 
more systematic discussion of methods employed in the measure- 
ment of relations among variable quantities. Our concern here will 
be with the manner in which two (or more) variables fluctuate 
with reference to one another. A suggestive general term for such 
joint behavior is covariation', the term commonly employed in 
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statistical literature is correlation. In the present chapter we deal 
with the simplest form of covariation, linear correlation between 
two variables. 

As a familiar example of simple correlation we may refer again 
to the relation between the number of rings in the trunk of a tree 
(F) and the age of the tree (X). For an X-value of 3, Y will be 
equal to 3; for an X-value of 5, Y will be equal to 5. This relation 
is shown in Fig, 2.3, on p. 11. Here we have a perfect relationship; 
X determines Y completely. All the plotted points lie on a straight 
line that can be drawn through them. Fig. 9.1 (based on Table 9-1) 
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FIG. 9.1. Personal Net Savings and Disposable 
Personal Income in the United States, 1948-1963. 
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TABLE 9-1 

Personal Net Savings and Disposable Personal Income in the 
United States, 1948-1953 (in billions of dollars) 



Personal 
net Havings 

DiHpoHable 
personal income 

1948 

10.0 

188 

1949 

7.6 

188 

1950 

12.1 

206 

1951 

17.7 

226 

1952 

18.4 

237 

1953 

20.0 

250 


shows a different situation. Here are plotted aggregate personal 
net savings, in billions of dollars, as estimated for the United States 
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for the years 1948-53, and corresponding figures for aggregate 
disposable personal income (i.e., personal income less personal 
taxes). It is to be expected that personal savings will be affected 
by the magnitude of personal income. It is also to be expected that 
the relationship will be imperfect, since factors other than size of 
income affect consumers^ decisions on the division of income 
between consumption and saving. These expectations are borne 
out by Fig. 9.1. (The period covered is, of course, too short to 
provide evidence of anything like a consistent relationship; these 
fragmentary data are here used merely for illustrative purposes.) 
The general tendency of savings to rise as disposable income rises 
may be defined by a line drawn through the plotted points, but 
it is clear that what is defined is a tendency, not an invariant 
relationship. 

The first task in a problem of this sort is that of defining the 
relationship between dependent and independent variables,whether 
it be perfect, as in the tree example, or merely a tendency to which 
there are exceptions, as in the other example. In general terms, 
for the linear case, we must establish the values of a and h in the 
equation to a straight line, Y — a bX. For the first example 
given above this presents no problem. It is obvious that the 
equation desired is F = The first constant on the right hand 
side of the general expression disappears, i.e., a = 0; the constant 
b is equal to 1 . But the simplicity of this problem is quite excep- 
tional. Tlie situation represented in Fig. 9.1 is the usual one. Any 
two of the six points here plotted would define a straight line; 
fifteen different lines might be obtained. But no one of these lines 
would be accepted as satisfactorily defining the relationship that 
concerns us. What we want is the single straight line that best 
describes the average relationship between Y and A, that best 
defines the tendency for Y and X to vary together. We wish to 
determine values of a and b in the general equation to a straight 
line that may be regarded as best in the light of the evidence we 
have. 

A simple illustration will serve to demonstrate an approximative 
method and the preferred method of doing this. Nine points 
(1,3; 2,4; 3,6; 4,5; 5,10; 6,9; 7,10; 8,12; 9,11 — the X-value being 
given first in each pair of coordinates) are plotted in Fig. 9.2. Our 
problem is the fitting of a straight line to these points. By inspec- 
tion, rough values of a and b may be determined. A transparent 
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FIG. 9.2. Illustrating the Fitting of a Straight Line to Nine 
Points. 

ruler may be used in approximating the desired function. The 
slope of the line thus laid out may be measured, the ^-intercept 
determined, and the desired equation thus approximated. Obvious- 
ly this is a loose and uncertain method; the results obtained by 
different individuals may be expected to differ widely. We need a 
more objective procedure for selecting a line that may be considered 
“best.” One such procedure for determining the constants a and h 
for such a line of best fit is the method of least squares. Reference 
has been made to this method in preceding chapters, in connection 
with the problem of estimation. Some of its limitations were there 
noted. We here deal with it in simple terms as a generally useful 
procedure for estimating the values of constants when observations 
conflict.' 

The Method of Least Squares. Assume that we have a number 
of observed values of a certain quantity, and that these observed 
values differ. We wish to obtain the most probable value of the 
quantity being measured. It is capable of demonstration that the 
most probable value of the quantity is that value for which the 
sum of the squares of the residuals is a minimum. (A “residual” is 
of course a difference between an estimated value and an observed 

‘ See Appendix C for a more detailed discuHsion of least squares procedure, together 
with a desenption of certain checks upon the calculations. 
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value.) This is true of the arithmetic mean of the observed values. 
Thus, if a given distance be measured by a number of individuals, 
with varying results, the most probable value is the arithmetic 
mean of the different measurements. The process of computing 
the mean involves the following steps, which are enumerated for 
the purpose of simplifying the later explanation. We seek a result, 
a statement of the most probable value of the distance being 
measured, which will take the form: 

A/ = (a constant) 

Let us say we have three approximations to this value: 

M = 5,672 feet 

M = 5,671 feet 

M = 5,676 feet 

adding, 3M = 17,019 feet 

Since there is but one unknown, Af, it may be derived directly 
from this equation, and we have 

M = 5,673 feet 

This is the value for which the sum of the squares of the deviations 
is a minimum. 

A similar problem arises when the relation between two variables 
is being measured. Our goal in this case is an equation describing 
this relationship. However, we have secured varying results that 
do not agree precisely as to the constants in the equation of 
relationship. 

In other words, our plotted points do not all lie on the same 
line. What are the most probable values of the constants in the 
required equation? The answer is analogous to that given when a 
single quantity was being measured. We seek the constants which, 
when the resulting equation is plotted, will give a line from which 
the deviations of the separate points, when squared and totaled, 
will be a minimum. Assuming that each pair of measurements 
gives an approximation to the true relationship between the 
variables, we wish to find the most probable relationship, and this 
is given by the line for which the sum of the squared deviations is 
a minimum. 

We have, in the present example, nine pairs of values for X and 
F. Substituting these values in the generalized form of the linear 
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equation, F = a -h 6X, we secure the following observation 
equations: 

3 *= a + 16 

4 = a + 26 

6 = a H- 36 

5 = a 4- 46 
10 = o + 56 

9 = a + 66 

10 = a + 76 
12 = a -|“ 86 

11 = o -f 96 

Any two of these equations could be solved as simultaneous 
equations, and values of a and 6 secured. But these values would 
not satisfy the remaining equations. Our problem is to combine 
the nine observation equations so as to secure two normal equations ^ 
which, when solved simultaneously, will give the most probable 
values of a and 6. The first of these normal equations is secured by 
multiplying each of the observation equations by the coefficient 
of a, the first unknown in that equation, and adding the equations 
obtained in this way. Since the coeflficient of a in the present case 
is 1 throughout, the nine observation equations are unchanged by 
the process of multiplication. The second of the normal equations 
is secured by multiplying each of the observation equations by 
the coefficient of 6, the second unknown in that equation, and 
adding the equations obtained. Thus the first equation is multiplied 
throughout by 1, the second by 2, and so on. The process of 
securing the two normal equations is illustrated in Table 9-2. 

TABLE 9-2 

Derivation of Normal Equations from Observation Equations 


3 = 

a + 

16 

3 = 

la 4- 

16 

4 = 

o + 

26 

8 * 

2a + 

46 

6 - 

a + 

36 

18 - 

3a 4“ 

96 

5 - 

a -h 

46 

20 = 

4a 4- 

166 

10 = 

a + 

56 

50 - 

5a 4- 

256 

9 = 

a 4- 

66 

54 » 

6a -1- 

366 

10 - 

® + 

76 

70 - 

7a 4- 

496 

12 - 

a 4- 

86 

96 

8a 4" 

646 

11 - 

a + 

96 

99 - 

9a 4“ 

816 

70 - 

9a + 456 

418 - 

45a + 2856 
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The two normal equations are 

70 = 9a + 456 
418 = 45a + 2856 

It remains to solve these equations for a and 6. By multiplying 
the first equation by 5 and subtracting it from the second, a may 
68 

be eliminated; a value of or 1.133, is found for 6. Substituting 

this value in cither of the equations, a value of 2.111 is secured 
for a. The equation to the best fitting straight line is, therefore, 

Y = 2.111 + 1.133Z 

In the actual application of the method it is not necessary to 
write out and total the equations, as is done above. We need only 
insert the proper values in the two equations,* 

2(}') = iVa + b^iX) (9.1) 

^(XY) = aX(X) + 6S(X*) (9.2) 

where indicates a summation process. 

The work of computation is facilitated by a tabular arrangement 
similar to that shown in Table 9-3. The normal equations for a 

TABLE 9-3 

Computation of Values Required in Fitting a Straight Line 


A' 

)' 

A’r 

A* 


1 

:i 


1 

N=\) 

2 

4 

8 

4 

nX)=45 

;i 

(> 

J8 

9 

s(y)=7o 

4 

5 

20 

10 

21 A'*) =285 

f) 

10 

50 

25 

2:(A')') = 4I8 

(i 

0 

54 

30 


7 

10 

70 

49 


8 

12 

00 

04 


0 

II 

00 ' 

81 


45 

70 

418 

285 



specific problem are secured by substituting in the standard 
equations (9.1) and (9.2) above the values given at the right of 
that table. The results are of course identical with those obtained 
from the observation equations. 

‘ General rules for the formation of normal equations are given in Appendix C. 
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When the equation to the best fitting straight line has been 
obtained the values of Y corresponding to given values of X may 
be computed and compared with the observed values. Table 9-4 
presents the results secured. 


TABLE 9-4 

Comparison of Observed and Computed Values of a Variable Quantity* 


X 

Yo 

(observed) 

y. 

(computed) 

(Yo - y.) 


Xv 

1 

3 

3 2^ 

- n 

.0597 

- .2L 

2 

4 

4.35 

- 

1427 

- .7L 

:i 

G 

5 

+ 4E 

23m) 

+ 1.4| 

4 

5 

0 (4 

- 

2 7041 

- 6.5j 

5 

10 

7 75 

+ 2.25 

1 9381 

+ 11-li 

() 

9 

8 (►i 

+ OS 

(M)79 

+ .5^ 

7 

10 

10 Of, 

- 0/, 

0020 

- H 

8 

12 

U l5 

+ H 

G7()0 

+ G.5S 

0 

11 

12 34 

- 1 H 

1 7190 

- 11.8 




0 0 

10.4885 

0.0 


• The common fractions arc retained in ceitain columns in order that the sum of the 
deviations may be exactly zero. 

The sum of the deviations of the plotted points from the line is 
zero. The sum of the deviations when each is multiplied by the 
corresponding value of A"' is also zero. The accuracy of the actual 
calculations involved in fitting may be tested in this way. The 
sum of the squares of the deviations, 10.4885, is a minimum. Any 
change in the value of a or 6 would give a line for which the sum 
of the squared deviations would exceed 10.4885. 

We have discussed the technique of least squares because of its 
bearing on the problem of defining relations between variables. 
This problem is faced in all fields of inquiry. In some cases in the 
realm of the physical sciences the relations that prevail are in- 
variant. Thus the speed of a body falling in a vacuum is a direct 
function of the time it has fallen. In a perfect ''^acuum the relation- 
ship is perfect; there are no departures from the relation specified 
by the equation y — gi (where y is the speed, t the time of fall, and 
g the gravitational constant). But in the social and biological 
sciences perfect mechanical relationships are not found. We find 
tendencies, relationships that hold on the average. Observations 
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do not accord without exception to a mathematically definable 
'law.*’ Causal forces are complex, not single, and isolation of one 
or two factors is usually impossible. Thus the height and weight 
of individuals are related, but not in a mechanical way; the price 
of cotton is related to the supply of cotton, but other factors also 
influence the price; earnings are influenced by the productivity of 
labor, but are not determined by this factor alone. In all such cases 
as these the determination of an equation of relationship calls for 
an averaging process by which "most probable^ ^ values of the 
constants in the equation may be estimated from varying observa- 
tions. The method of least squares is an instrument appropriate 
to this problem. This method, we should note, is fully justified as 
a means of estimating "most probable’’ values of desired constants 
only when the distribution of deviations is normal. Practically, 
the method is used as a convenient and simple procedure for 
approximating the desired values even when more complex 
procedures (maximum likelihood for non-normal cases) would give 
more defensible results. 

Notation. In general the system of notation employed in this 
chapter on correlation follows the practice of earlier chapters. 
Certain new symbols are introduced. 

Sj , the standard error of estimate of P, as estimated from 

the standard error of estimate of A", as estimated from 
Y 

r\ the coefficient of correlation; often with subscripts, as 
r„,, the first subscript indicating the dependent variable, 
the second the independent variable 

p (rho) : a population value of a coefficient of correlation 

by^: a coefficient of regression, subscripts indicating de- 
pendent and independent variables 

liyx'- (beta with subscript yx) the population value of byx 
)’ or yc. a value of Y or of y computed from a regression equation 
dy^: the deviation of a value of Yr from the mean Y 
v: a residual; the deviation of Y from Yc 
Syei the standard deviation of a series of 1% values 
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p or pxy: the mean product of the paired values of two variables, 
the origin being at the point of averages; this quantity 
is sometimes called the covariance 
8 xu- the covariance of a sample; p^ 

Cgy’. the population covariance; the population equivalent 
of P^y 

p': the mean product of the paired values of two variables, 
the origin being elsewhere than at the point of averages 
dyx'. a coefficient of determination, subscripts indicating 
dependent and independent variables; a quantity equal 
to rlx 

2': a logarithmic transformation of r 
f (zeta) : the population value of 2' 

Sr', an estimate of the standard error of r; when written Cry 
the population value of Sr 
St', the estimated standard error of 2' 

Sh' an estimate of the standard error of the coefficient of 
regression; when written <r 6 , the population of 
Tr'. a value of Spearman^s coefficient of rank correlation 
obtained from a sample 

Pr' a population value of Spearman^s coefficient 
Srr'. the estimated standard error of Tr 
T (tau): Kendall’s coefficient of rank correlation (the symbol 7 
is used for a sample measure, the practice thus depart- 
ing from the general rule that Greek letters stand for 
population parameters) 

S: the total score, indicative of the degree of concordance 
of two rankings (Kendall) 

P: the positive component of S 
Q: the negative component of S 
s*c* the estimated standard error of the score S 

As in earlier chapters, capital letters (A, Y) are used to represent 
original values of the variables, as measured from the zero points 
on the scale of actual values. Small letters {x, y) are used for values 
of variables expressed as deviations from their respective arithmetic 
means. Small letters with prime marks (a:', y') are used for devi- 
ations from arbitrary origins. 
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Th« Rdotion between Family Expenditures for Current 
Consumption and Family Income after Taxes: 
Averages by Cities 

As a typical example, illustrating the derivation of descriptive 
measures, we consider the relation between expenditures for 
purposes of current consumption and current family income after 
taxes. The data, which relate to income and expenditures in 
are averages for 33 small cities which constitute a representative 
sample of United States cities with populations from 2,500 to 
30,500.* These averages are given in columns (2) and (3) of Table 
9-5. (In interpreting conclusions the reader will bear in mind that 
the city, not the individual family, is the unit of observation.) 

These data arc plotted in Fig. 9.3, each dot defining the position 


I 

Average 

consumption 

expenditures 



Average family income after taxes 
Thousands of dollars 

FIO. 9.3. Family Corisuiiiption Expendi- 
tures and Family Income: Averages by 
Cities,* 1950, with Line of Average Rela- 
tion. 

• A aamplo of 33 cities with populttiions of 2,5(X) to 
30,600 


FAMILY EXPENDITURES AND INCOME 

TABLE 9-5 
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Average Current Family Income after Taxes and Average Family 
Expenditures for Current Consumption in Cities with Populations of 
2,500 to 30,500 United States, 1950* 

(Both variables in thousands of dollars) 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 


Average 

Average 





Currcnt 

Family 





Family 

Expenditures 



City 

Income 

for Current 





Consumption 




X 

Y 

XY 

Y* 

F» 

Anna, 111. 

3.60 

3.40 

12.24t)0 

12 96tX) 

11.5600 

Antioch, Calif. 

5.10 

4 52 

23.0520 

26 0100 

20.4304 

Barre, Vt. 

3 78 

3 90 

14.74^0 

14.2884 

15.2100 

Camden, Ark. 

3 04 

3 09 

9.3936 

9.2416 

9.5481 

Cheyenne, Wyo. 

5 04 

4 58 

23.08,32 

25.4016 

20.9764 

Columbia, Tenn. 

3 15 

3 22 

10 1430 

9.9225 

10.3684 

Cooperstovs'ii, N. Y, 

3 55 

3 47 

12 3185 

12 6025 

12.0409 

Dalhart, Tex. 

4 00 

3 55 

14 2000 

lO.OlKH) 

12.6025 

Demopolia, Ala. 

2.93 

2 85 

8 3505 

8 5849 

8.1225 

Elko, Nev. 

5 33 

5 05 

26 9165 

28 4089 

25.5025 

Eayetteville, N C. 

3.47 

3 40 

li.7980 

12.0409 

11.5600 

Garrett, Ind. 

4 03 

3.70 

14 9110 

16.2409 

13.6900 

(ilendale, Anz. 

3.40 

3.69 

12 5460 

11.5600 

13.6161 

Grand Forks, N. Dak 

4 02 

3.95 

15 8790 

16.1604 

15.6025 

Grand Island, Nobr. 

3.97 

3 96 

15.7212 

15 7609 

15 6816 

Grand Junction, Colo. 

3.58 

3.54 

12.6732 

12 8164 

12.5316 

Grinnell, Iowa 

3 59 

3.28 

11.77,52 

12.8881 

10.7584 

Laconia, N H. 

3 55 

3.78 

13 4190 

12.6025 

14.2884 

Lodi, Calif. 

1 07 

4.10 

16 6870 

16.5649 

16.8100 

Madill, Okla. 

3 18 

3.19 

10.1442 

10.1124 

10.1761 

Middlesboro, Ky. 

3 02 

3.26 

9 8452 

9.1204 

10.6276 

Nanty-Glo, Pa. 

3 78 

3.78 

14 2884 

14.2884 

14.2884 

Pecos, Tex. 

3 82 

3.73 

14.2486 

14.5924 

13.9129 

Pulaski, Va. 

3 45 

3 33 

11 4885 

11.9025 

11.0889 

Ravenna, Ohio 

3 88 

3.72 

14 4336 

15.0544 

13.8384 

Rawlins, Wyo. 

4.71 

4 26 

20 0646 

22.1841 

18.1476 

Roseburg, Ore. 

4.58 

4.04 

18., 5032 

20 9764 

16.3216 

Balina, Kan. 

3.60 

3.40 

12 2400 

12.9600 

11.5600 

Sandpoint, Idaho 

3 28 

3.32 

10.8896 

10.7584 

11.0224 

Santa Cruz, Calif. 

3.69 

3 34 

12.3246 

13.6161 

11.1556 

Shawnee, Okla. 

3 08 

3.19 

9.8252 

9.4864 

10.1761 

Shenandoah, Iowa 

3 97 

3.67 

14.5699 

15.7609 

13.4689 

Washington, N. J. 

4.06 

4.15 

16.8490 

16.48,36 

17.2225 

Total 

125 30 

121.41 

469.5635 

487.3518 

453.9073 


♦ Readers should note the following comment by the Bureau of I^bor Statistics: “Ex- 
perience suggests that average family income is usually understated. ... It is therefore 
quite incorrect to interpret the entire difference between reported income and ex- 
penditure as saving or dis-saVing." 
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of a single city in respect of average family expenditure for con- 
sumption and average current income. Such a figure is termed a 
“scatter diagram.’’ It is clear from this diagram that there is a 
relationship between the two variables. In general, the cities with 
high average family incomes are also those with high average 
family expenditures for consumption. The relationship, however, 
is not perfect. Two cities with almost the same average family 
income may differ materially in average expenditures for con- 
sumption. Thus for Dalhart, Texas, with average family income 
of $4,000, average consumption expenditures were $3,550, while 
for Washington, New Jersey, where average family income was 
$4,060, average expenditures for consumption were $4,150. Were 
the relation between the two variables perfect, cities having the 
same average family income would have the same average ex- 
penditures for consumption. 

The Equation of Average Relationship. (3ur first problem is the 
derivation of an equation to describe this relationship which, while 
not perfect, is clearly existent. We shall assume that the relation- 
ship is linear, and shall employ the method of least squares in 
estimating the best values of the constants a and h in an appropriate 
equation. This calls for the solution of the normal equations 

S(r) = Na + 5S(X) 

Z(XY) = aZ{X) + bZ(X^) 

The values required for the solution of these equations may be 
derived from the data as arranged in Table 9-5. Substituting, 
we have 

121.4 = 33o -h 125.306 
469.5635 = 125.30a -f 487.35186 

Solving, 

a = 0.8707 
6 = 0.7396 

The required equation is 

= 0.8707 + 0.7396X 
This line is plotted in Fig. 9.3. 

A mathematical expression has now been secured for the relation 
between the two variables being studied, average family expendi- 
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tures for consumption and average family income after taxes. The 
former is the dependent or y-variable in the equation, the latter 
the independent or X-variable. This equation constitutes a 
measure of the functional relationship between these two variables, 
but it is only an expression of average relationship. How significant 
is the equation? If the relationship were perfect, and the plotted 
points all lay on the line describing this relationship, the equation 
could be used with confidence as an accurate instrument for 
determining the value of one variable from a value of the other. 
But a line with a definite equation may be fitted to points that 
depart very widely from it, that are widely dispersed. In such a 
case the equation may have the appearance of describing a precise 
relationship but the variation is so great that it cannot be used 
with confidence. It is the same problem as that which arises when 
an average is employed. We must know liow significant the average 
is, how great the concentration about it, before we may use it 
intelligently. So the equation of relationship between variables 
means little unless we know to what extent it holds in practical 
experience. We must have a measure of the dispersion about the 
line we have fitted. 

In describing the frequency distribution, the standard deviation 
is used as the best general measure of variation. It is, obviously, 
the measure we need in determining the reliability of the equation 
of average relationship. The standard deviation about this line 
will not only serve as a general index of the significance of this 
equation but will enable us to measure the degree of accuracy of 
estimates based upon the equation. 

Computation of the Standard Error of Estimate. The standard 
deviation about a line of average relationship, being a measure of 
the accuracy of estimates, may be termed the standard error qf 
estimate. (The term standard deviation is generally confined to the 
root-mean-square deviation about the arithmetic mean.) The 
standard error of estimate is represented by the symbol 
usually written with subscripts to indicate dependent (first sub- 
script) and independent variables. 

In the computation of Sy.x we must know the computed value of 
Y that corresponds to each given value of X. By substituting the 
given values of X in the equation 

Y = 0.8707 + 0.7396X 

normal Y values may be computed. The deviations of the actual 
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V values from the computed may be determined. The root-mean- 
square of these deviations, or residuals, which are represented by 
the symbol v, is the required measure. A method of computation 
is illustrated in Table 9-6. From this table we have 





0.8868 

33 


= 0.164 (in thousands of dollars) 

The measure Sy i is to be interpreted in precisely the same way 
as the standard deviation about an arithmetic mean, (liven a 
normal distribution of items about the line of relationship, 68 
percent of all the cases will lie within a range of ± s (in this case 
0.164), 95 percent will fall within d= 2s (in this case 0.328) and 
99.7 percent will fall within ± 3s (here, 0.492). If there were no 
scatter about the line fitted to the points representing the corre- 
sponding values of .V and Yy Sy i would have a value of zero, and 
the value of Y could be estimated from the value of .Y with perfect 
accuracy. The less the dispersion about the line, the smaller the 
value of Sy The value of Sy serves, therefore, as an indicator of 
the signihcance and usefulness of the line that describes the 
relation between the two variables. The standard error of estimate, 
it should be noted, is expressed in the same units as the original 
F- values.'*’ 

The making of estimates. We may, for the moment, consider the 
significaiKX* of these results. Let us assume that, not knowing the 
average family expenditures for current consumption in a given 
city, we are under t he nc'cessity of estimating it. Two methods are 
open to us. We may, in the first place, base the estimate upon our 
knowledge of the ) -variable alone. The arithmetic average of the 
33 city entries for X, siven in Table 9-6, is 3.679 (the unit, it will 
be remembered, is $1,000). With no specific information as to 
average expenditures for consumption in a particular city, the 


3 For doscriptivo purposes, iind for eonsiHt<*?icv in the various calculations illustrated in 
this part, of Chapter 9, we derive the standard errorof estimate from\/ Hoviever, 
if we lire thinking of r as an estimate* of a population value, the divisor in the 
expression under the radical sign should he .V — 2, not jV. The reasoning that justifies 
this is similar to that which l(*ads to the use of A' — 1 rather than N in estimating a 
population tr. In deriving an estimate of the standard eiror of estiiuaU' from obser- 
vations we use up two degrees of liecKlom, in effect, when we use these observations 
in the fitting ot the straight line Hence there are only N — 2 degrei^s of frwdom for 
the observations to deviate from the line It will be desirable to use A' — 2 as the 
divisoi in dealing with ciTtain pioblems of inleienee in later sei tions ol this I'hapte^r. 
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TABLE 9-6 


Illustrating the Computation of Residuals and their Squares 


(1) 

(2) 

(3) 

(4) 

(5) 


Average Expenditures 



City 

for Current Consumption 
(in thousands of dollars) 

(2)-(3) 



Actual 

Computed 




Vo 

Yr 

V 

*;* 

Anna, 111. 

3.40 

3.53 

- 0.13 

0.0169 

Antioch, Calif. 

4.52 

4 64 

- 0.12 

0.0144 

Barre, Vt. 

3 00 

3 67 

+ 0.23 

0 0529 

Camden, Ark. 

3 00 

3.12 

- 0 03 

0.0009 

Cheyenne, Wyo. 

4.58 

4 60 

- 0.02 

0.0004 

Columbia, Tenn. 

3.22 

3.20 

+ 0.02 

0 0004 

Cooperstown, N. Y. 

3.47 

3.50 

- 0 03 

0 0(X)9 

Dalhart, Tex. 

3.55 

3 83 

- 0 28 

0 0784 

Demopolia, Ala 

2.85 

3 04 

-0 10 

0 0361 

Klko, Nev. 

5.05 

4.81 

+ 0.24 

0 0576 

Fayetteville, N. C. 

3.40 

3 44 

- 0 04 

0.0016 

(iarrett, Ind. 

3.70 

3 85 

- 0.15 

0.0225 

Glendale, Ariz 

3-00 

3.30 

+ 0 30 

0 09(K) 

Grand Forks, N. Dak. 

3 05 

3 84 

+ 0 11 

0 0121 

Grand laland, Nehr 

3.00 

3.81 

+ 0 15 

0 0225 

Grand Junction, Colo. 

3 51 

3 52 

+ 0 02 

0 0004 

Grinnell, Iowa 

3.28 

3.53 

- 0 25 

0 0625 

Laconia, N. H. 

.3 78 

3 50 

+ 0 28 

0 0784 

Lodi, Calif. 

4 10 

3 88 

+ 0.22 

0 0484 

Madill, Okla. 

3.10 

3 22 

- 0 03 

0.0009 

Middleaboro, Ky. 

3 26 

3 10 

+ 0 16 

0 0256 

Nanty-Glo, Pa. 

3.78 

3 67 

+ 0 11 

0.0121 

Pecos, Tex. 

3 73 

3 70 

+ 0 03 

0.0009 

Pulaski, Va. 

3.33 

3.42 

- 0.00 

0.0081 

Ravenna, Ohio 

3.72 

3.74 

-0.02 

0 0004 

Rawlins, Wyo. 

4.26 

4.35 

- 0 00 

0.0081 

Roseburg, Ore. 

4 04 

4 26 

-0 22 

0.0484 

Salina, Kan 

3 40 

3 53 

- 0.13 

0 0169 

Sandpoint, Idaho 

3.32 

3.20 

+ 0 03 

0.0009 

Santa Cruz, Calif. 

3.34 

3.60 

- 0.26 

0.0676 

Shawnee, Okla. 

3.10 

3.15 

+ 0.04 

0.0016 

Shenandoah, Iowa 

3.67 

3.81 

- 0.14 

0.0196 

Washington, N. J 

4.15 

3.87 

+ 0.28 

0 0784 

Total 




0.8868 


arithmetic mean of all the city figures would be taken as the most 
probable value for the city in question. (The most prpbable value 
of a series of observations is the mean of the series.) The accuracy 
of this estimate depends on the degree of dispersion about the 
mean, which may be defined by the standard deviation. In the 
present case the standard deviation has a value of 0.468. Here is a 
measure of the reliability of estimates based on the mean of all 
the rs. 
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Another method of estimating current family expenditures for 
consumption in a given city is open to us if we have information 
concerning average family income in that city. For as a result of 
the study described in the preceding pages we know that the 
average relationship between consumption expenditures and family 
income (as averaged by cities) is defined by the equation 

V = 0.8707 + 0.7396Z 

If in a given city average current family income, after taxes, is 
4.000 (in thousands of dollars), it may be estimated from this 
equation that current consumption will be 3.8291, or 3,829 to the 
nearest dollar. This is the most probable value of V as determined 
from the equation of average relationship. Is this estimate any 
better than the previous one, which took the mean Y as the most 
probable value? Does our knowledge of the average relationship 
between X and Y aid us in estimating the value of Y from a known 
value of A’? 

The answers to these questions are given by the standard error 
of estimate^ and by the relation between the standard error of 
estimate and the standard deviation of The standard error of 
estimate is 0.104. The standard deviation of Y is 0.468. Clearly 
the estimate* made from the equation is more accurate than the 
estimate based upon the value of the mean Y. From our knowledge 
of the relationshij) betw’(*en the two variables, even though that 
relationship is by no means constant or perfect, we are able to 
reduce materially the errors of estimate. (The reader will be aw^are 
that, in working with data obtained from samples, estimates of the 
mean Y and of the constants a and h in the equation of regression 
are themseh es subject to errors. These errors do not enter into the 
comparison of the standard deviation of Y and the standard error 
of estimate.) 

The Coefficient of Correlation. 'We have now secured two 
measures that aid us in describing the relationship between 
variable quantities. The first is the fundamental equation of 
relationship, the expression of the degree of change in one variable 
associated, on the average, with a given change in the other. The 
second is the standard error of estimate^ the measure of the degree 
of ^‘scatter*' about the line of average relationship. The standard 
error resembles the standard deviation in that it is a measure 
expressed in absolute terms, in the units employed in measuring 
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the original F-values. This measure enables us to determine the 
probability that an observed value will fall within specified limits 
of an estimate based upon the equation of relationship. 

In measuring variation it has been found that an abstract 
measure of variability is needed, one which is divorced from the 
absolute terms of the given problem. Such a measure is particularly 
needed, it was noted, when different distributions are to be com- 
pared. So, for measuring the degree of variability y a coefficient of 
variation is employed. There is need of a somewhat similar measure 
in connection with our present problem. We need a measure of the 
degree of relationship between two variables, an abstract coefficient 
that is divorced from the particular units employed in a given 
case. Such a measure is termed a coefficient of correlation. 

This measure may be explained in terms of the preceding dis- 
cussion. It was found that the usefulness of estimates based upon 
the equation of relationship could be determined by comparing 
the standard error of estimate of Y (the measure of scatter about 
the line of relationship) with the standard deviation of Y. If the 
standard error of estimate be as great as the standard deviation 
the equation of relationship is of no use to us, but if the standard 
error be less than the standard deviation the accuracy of estimates 
may be improved by using this equation. The significance of the 
equation is thus indicated by the relation between the standard 
error of estimate and the standard deviation. But these are both 
in absolute terms, so that by dividing one by the other an abstract 
measure may be secured. Thus we might write 

Measure of correlation = 

A somewhat more useful measure is secured by putting the ratio 
in this form: 


Measure of correlation = r 



(9.3) 


This measure, when used in connection with a linear equation, is 
called the coefficient of correlation and, as is indicated in formula 
(9.3), is represented by the symbol r. 

A brief consideration of this formula^ will help to make clear the 


In deriving the mean squares 0 ^., and that enter into the formula (9.3), the same 
N must be used as the divisor of the two relevant sums of squares. That is, there is 
no reduction of iV to take account of degrees of freedom lost. See footnote p. 260. 
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significance of r. If there is no dispersion about the line of relation- 
ship, Sj, X will have a value of zero ; the equation describes a perfect 
relationship between the two variables. In this case, as is clear 
from the formula, r must have a value of 1. 

The maximum value of Sj, j. is one that is equal to Under 
these conditions, when the equation of relationship is of no aid in 
improving our estimates, the formula will give zero as the value 
of r. Such a value indicates that there is no relationship between 
the two variables; in other words, that the straight line of best fit 
is horizontal, passing through the mean of the K^s. It shows that 
there is no tendency for the high values of V to be associated with 
high values of X or for high values of V to be associated with low 
values of A''. The two variables fluctuate in absolute independence. 
In such a case the deviation of each point from the fitted line is 
equal to its deviation from the mean, and the two root-mean-square 
deviations are ecjual, as stated. 

Zero and unity are thus the limits to the value of r. The values 
found in practical work fall somewhere between these limits, 
approaching unity in cases where the degree of relationship is high. 
The greater the value of r, the greater the confidence that may be 
placed in the equation as an expression of a relation which is 
approximated in a high percentage of cases. In the example pre- 
sented above, dealing with average family expenditures for 
consumption and average family income after taxes, we have 


r 


= i/i _ (0-164) 

T (0.468) 


= 0.937 


2 

2 


This coefficient indicates a definite and fairly close connection 
between these two variables for the cities included in the sample. 

The coefficient of correlation may be made more meaningful by 
giving it the sign of the constant b in the equation of relationship. 
This sign indicates whether the slope of the line is positive or 
negative and, when attached to r, enables us to tell whether the 
relationship is direct or inverse. Thus in the present case high 
values of one variable are paired with high values of the other. 
The correlation is positive and the coefficient should be written 
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+ 0.937. As an example of negative correlation we may cite cotton 
production and cotton prices. Here the relation is inverse: high 
values of one variable are generally associated with low values 
of the other. 

The Coefficient of Determination. In the preceding pages we 
sought to measure the relation between two variable quantities by 
deriving a linear equation of average relationship^ supplementing 
this equation by a standard error of estimate and a coefficient of 
correlation. The standard error of estimate defines the degree of 
variation, in absolute terms, about the line of relationship; the 
coefficient of correlation provides an abstract measure of the 
degree of relationship between two variables, when this relation- 
ship is defined by a straight line. It will be helpful now, in intro- 
ducing a final relevant measure, to view the problem of correlation 
in a somewhat different light. 

An investigator uses the methods of correlation analysis because 
he is concerned about the fact of variation in some quantity that 
interests him. Thus in seeking to understand crop-yield variations 
from year to year one may study the effect of variations in rainfall 
on yields. In the example cited on earlier pages, the concern of the 
investigator is to explain, in some sense, the rather wide variations 
among the city averages defining family expenditures for current 
consumption. From this point of view the problem is set by the 
fact of variation in the dependent variable; the magnitude of the 
problem, we may say, is indicated by the variance, or the standard 
deviation, of the dependent variable. 

The variance, among small cities, of average family expenditures 
for consumption is given by si — 0.21907 (standard deviation 
Sy = 0.468). This is a measure of the dispersion among the observed 
values of F, as given in column (2) of Table 9-6 (p. 261) and as 
plotted in Fig. 9.3 (p. 256). This dispersion among the observed 
values of Y is what we are seeking to explain. We may compute a 
similar measure among the computed values of F, as these are 
derived from the linear equation of average relation/? hip. These 
I^^s are given] in column (3) of Table 9-6. The variance of these 
computed values, which we may represent by is 0.1922. As a 
final measure, derived from the difference between the members 
of each pair of observed and computed values (vsee columns (4) 
and (5) of Table 9-6), we have sj* = 0.0269. This is the variance 
of the residuals, the square of the standard error of estimate 
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(«„.» » 0.164) to which we have already been introduced. 

These three variances stand in an interesting relation: 

+ < (5^-4) 

0.2191 = 0.0269 -f 0.1922 

Thai is, IIk* original variance of Y is equal to the sum of the 

variance of the computed values of Y and the variance of the 

residuals, which measure the difference between observed and 
computed values. ■’ The original variance has been broken into tw^o 
components. One of these components, si ^ niay be taken to 
reflect the influence, on average family expenditures for consump- 
tion, of factors other than variations in average family income. 

^ Following iH a proof of this relntion: 

A haist s(|UJircs fit to tlio observed values, )'o, gives us th(‘ e(]uatioii 

r. = a + bX (1) 


The H(‘ries y'n and >'f (Yr being a (•omput<»d value) have the same mean, P. 


bet 

d - F« - F 

dr = F, - F 



r * Fo - F. 


It follows fioin 

the lejist s(|Ujir<‘s fitting process (see Appendix C) that 



= 0 

(2) 


I’eA’ = 0 

CO 

Hiru-e 

d. = - f 


then, from ( 1 ) 

d, = « + bX — )' 



.= fl _ r + bx 

f4) 

If niultipb 

eMcIi rcMdu.il r b\ the const.ant o and add, we have, from (2) 


- Y)r = 0 

(ri) 

If \ie nniltipb 

each v\ b\ tin* constant h aiul add, wc have from (.3) 



= (1 

(d) 

Adding (5) and (h), 



S(a - y 4- bX)r ^ 0 

(7) 

Bui from equation (4) the qunntit\ in jiarentheses is ettual to dr- 


Hence 

red. - 0 

(8) 

From the initial e\piessions foi d, v, and Yr it follows that 



d = r + dr 

(9) 

Henee 

d* - e> + + d? 

(10) 

and 

:£d* - + 22i;d. + Sd? 

(11) 

Hut from (8) 

2:ede * 0 


Hence 

Sd* = 2iA + 2d? 

(12) 


2d«AV » 2e«/A^ + Zdr/N 

(13) 

and 

tip + Sy, 

(14) 
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These are the factors responsible for '^scatter” about the line of 
average relationship. If we may speak in terms of '^explanation/* 
8},x measures the "unexplained variation** in Y. The other 
component, may be thought of as a measure of the "explained 
variation** in Y, For, on the assumption that we are dealing here 
with a truly causal relationship, we ma.y say that these computed 
values vary among themselves because they are associated with 
varying average family incomes — i.e., with varying values of A'. 
If consumption expenditures were a rigid function of family 
income, with no other factors affecting such expenditures, Y and 
Yc would be equal for each value of A" ; s'i , would be zero, and 
sJe would equal s^. In the present case the component representing 
"explained variation" is much larger than the component repre- 
senting “unexplained variation." On the assumption that the two 
variables are causally related we may say that variation from city 
to city in average family income accounts for the major part of 
the variation from city to city in average family expenditures for 
consumption. 

Since the variances cited stand in an additive relationship, we 
may express the "explained variation," as defined by as a 
fractional part of the original variation of the )"s, as defined by 
aj. Thus if we use the symbol to represent the proportion of 
the variation in Y attributable to, or determined by, variations 
in AT, we may write 


d 


I/j: 



( 9 . 5 ) 


0.1922 

0.2191 


= 0.877 


This is the coejficienl of deiermituitwn. 

The coefficient of determination stands in a simple relation to 
the coefficient of correlation. As a general expression for the square 
of this coefficient we have 



This equation may be put in the form 


r 


2 _ 



( 9 . 6 ) 


( 9 . 7 ) 
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But from equation (9.4) on p. 266 above we have 

(9.8) 

The left hand member of equation (9.8) is the numerator of equa- 
tion (9.7). Substituting in (9.8) the equivalent value, we have 



The coefficient of determination is equal to the square of the 
coefficient of correlation. This last equation, (9.9), provides an 
illuminating way of regarding the coefficient of correlation. The 
coefficient of correlation, squared, is equal to the variance of the 
computed values of Y (the “explained” variance) divided by the 
variance of the observed values of Y, With reservations to be 
noted shortly, may be said to measure the proportion of the 
variability of the dependent variable that is attributable to the 
independent variable. 

The coefficient of determination is a highly useful measure, but 
one that is obviously open to misinterpretation. In the first place, 
the term itself may be misleading, in that it implies that the 
variable X stands in a determining or causal relationship to the 
variable F. The statistical evidence itself never establishes the 
existence of such causality. All the statistical evidence can do is 
to define covariation, that term being used in a perfectly neutral 
sense. Whether causality is present or not, and which way it runs 
if it is present, must be determined on the basis of evidence other 
than the quantitative observations. (What constitutes causality 
in an ultimate sense may, indeed, be beyond the power of an 
investigator to establish.) Because this is so, the words “explained” 
and “unexplained” have been set within quotation marks in the 
preceding discussion.*’ In the present case there is a rational basis 
for assuming that expenditures for' consumption are in part de- 
termined, in a meaningful sense, by the size of family income; 
there is some justification for the use of the term in this instance. 

The second qualification has to do wdth the measure of variation 
employed. The additive relationship that permits the breaking of 
total variation into “explained” and “unexplained” components 
holds only for the variances. It does not hold for the standard 


* Hero, MH in sNHteiuutic sc‘mHiitii'8, quotation markd around a word may be taken to 
mean "Beware, it’s loatled.” 
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deviations. The fact that variation is measured by the square of 
the standard deviation must be borne in mind when a coefficient 
of determination is cited. 

A third general point applies to all the measures of correlation 
discussed in the preceding pages. We have dealt only with the 
linear case — the case in which the function defining average re- 
lationship is a straight line. Measures similar to dy^ may be com- 
puted when other functions are used, but the function employed 
in a given instance must be specified if the measure is to be un- 
ambiguous. 

With these reservations in mind, we may say that the evidence 
of our present sample of 33 small cities indicates that 87.7 percent 
of the variation from city to city in average family expenditures 
for consumption is due to variation in average family income, after 
taxes. Such a statement, properly qualified, is informative and 
useful. 

Details of calculation. In the preceding section an attempt has 
been made to explain the various measures necessary in studying 
the relationship between variable quantities without introducing 
a detailed explanation of procedure. We may now return to a 
consideration of the details of calculation, including certain 
methods by which this calculation may be reduced to a minimum. 

The procedure followed in the preceding illustration is a logical 
one to employ in deriving the three required values. This method 
is capable of general application, but the labor involved may be 
materially reduced by taking advantage of a short-cut method of 
deriving This method may be first explained with reference 
to data of the type dealt with above. And, for the present, the 
discussion will be confined to cases in which the relationship 
betwe^U variables may be described by a straight line. 

The first problem is the derivation of the equation of relation- 
ship. A line of the type 


F = a + feZ 

is fitted by the method of least squares. 

The next step is the computation of si the square of the 
standard error of estimate. This was done in the above illustration 
by measuring the deviation of eacdi individual observation from 
the fitted line, and getting the mean-square of these deviations. 
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It may be ahown^ that this value can be derived from the following 
equation: 

, sm _ a2(Y) - bZiXY) 

* “ “ Y ' 

The quantities a and h are the constants in the equation to the 
fitted straight line. Tlie other values relate to the original obser- 
vations. Substituting in this equation a and b and the other 
necessary values, taken from Table 9-5, we have® 

, 453.9073 - (0.870745 X 121.41) - (0.739628 X 469.5635) 

^33 

= 0.0269 

Sy.x = 0.164 

From this point ttie procedure may follow that already described, 
r being computed from the formula 



The coeffici(‘nt r may be secured, ho wever, without computing Sy x 


’ The geiienil loirnulii loi the Ftaudard error of eHtmmte ih 

(I) 

where ivieli v => Yo — Yr 

= F„ - o - fc.V (2) 

There will l»r ah main eijuatioiiH of thiw tyjie uh there are [lointh Multipiviiig eaeh 
tH^uiitioM in and adding, we have 

= XvYo — aSv — 62eA' (>i) 

Bui I'e >= 0 

and I'e.V = 0 

and iherei'oiv 

rr* = i'eKo • (4) 

lieturniiiK to eiiuatioii (2), w’c multiply throughout by Kn and add, seeuring 

rr>’« = Sl’ii - aSYo - hS(XY„) (5) 

Subatituting the equivalent of iliO'o in equation (4), we have 

= 2:17; - a£Yo - b£{XYo) (h) 

from which the given formula for «*., i» derived. (The symbol Y of the t«\t formula 
repn^Henis, of course, observed values of Y, for which the s.\’ml)ol Vo has been used 
in this note.) 

* For the sake of formal consistency the values of a and 6 are here given to a greater 
number of decimii] places than in the equation as first presented. 
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as an intermediate value. The above formula for r may be reduced 
to 


-t ^ a2;(K) -h b^(XY) - Ncl 
S(F*) - Ncl 


(9.10) 


where Cy is the difference between the mean Y and the origin 
employed in the calculations.^ If the origin is zero on the original 
Y scale, Cy will be equal to the arithmetic mean of the K's. 

In the present case, using the data of Table 9-5, we have 


^ _ 121.41 _ o 
Cy — — 3.67909 


The other values are the same as those employed above in com- 
puting Substituting in formula (9.10), we have 


6.341362 
■ 7.2292 


= 0.8772 
r = + 0.937 

In effect, then, the labor of fitting a straight line by the method 
of least squares gives us most of the quantities needed in securing 
s and r, the two other measures necessary for a complete description 


* The formula 



may be written 


SW 

in which y refers to deviatione from the arithmetic mean of the K's. But 
S(»*) _ (^Y») , 

N ~ N 


where Y representH a deviation from an arbitrary origin (in thiw case zero on the 
original scale) and represents the difference between this origin and the mean of 
the F’s. 


Therefore 


_ ^ 2:(e*) _ 
^ scr*) - iVr* 


Substituting in this equation the equivalent of Tiiv'*), as given in footnote 7, 
Z{Y*) - aX(Y) - bi:i_XY) 

2;(F») - Ncl ’ 


1 - 


aZCF) -H bZ{Xr) - Ncl 


Simplifying, 
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of the relation between two variable quantities. The only additional 
quantities required are S(F*) and Cy. 

There is a logical validity in the sequence of operations described 
in the preceding pages, a sequence that yields, first, a least squares 
equation of average relationship, secondly, a measure of errors 
involved in basing estimates on such an equation and, thirdly, an 
abstract measure of degree of correlation. It will be convenient to 
call this method the “least squares*' procedure. An alternative 
procedure yields the coefficient of correlation as the first measure 
obtained, with the constants in the equation and the standard 
error of estimate as supplementary measures. We shall call this 
latter method the “product-moment" method. (The methods are 
mathematically equivalent; different terms are employed for 
convenience of reference.) The arithmetic of the product-moment 
method is simpler when the number of observations is large and 
the data are organized in a double frequency table. 

The ProdMCt-Moment Formula for the Coefficient of 
Correlation: Ungrouped Data 

In the preceding examples the (coefficient of correlation has l)een 
computed from the formula 

, ^ ni:(r) -f h^(XY) - Ncl 

VrJ 

which is based upon relations involved in fitting a straight line by 
least squares. We shall show that this reduces to a simpler form 
often more appropriate in practice. 

When a straight line is fitted to data, the origin being at the 
point of averages, the two normal equations 

V()^) = A a + 6S(A) 

= (/2(A) .+ hZ{X^) 

become 

2(/y) = Art + hnx) 

2(j-i/) = o2(a;) -|- 62(x®) 

where y and x measure deviations from the point of averages. 'She 
first of these equations disappears and the second reduces to 
T{xy) = 52(x2) 


for 


2(x) = 0 and 2 ( 2 /) = 0 
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The slope, 6, is the only constant required, and this may be 
computed from the relationship 

. ^ S(xr/) 

Z(x^) 

Under the same conditions the formula 

^ aS(r) H-62(.YF) -JVc- 
2(F2) _ AVJ 


reduces to 


_ bZUi/) 


for = 0 when the deviations are measured from the mean of tlie 
l"’s. Substituting for b its equivalent, as just determined, we have 

2 ^ 2(x2/)J* 2(x?/) 

But S( 2 /^) = Nsl and = Nsl 
Therefore 

2 ^ X{xy) • X{xy) 


ill which X and y refer to deviations from an origin at the point of 
averages. 

This formula may be given as 


P 

r = 

SxSy 


in which 


The quantity p is the mean product of the paired values of x and //, 
these variables being measured as deviations about their respective 
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means. The mean product, which is sometimes represented by the 
symbol Sj-y, is also termed the covariance, or the first product- 
moment. Since the first product-moment is one of the quantities 
entering into the formula given in (9.11) and (9.12) above, this is 
called the product-moment formula for r. 

This formula has been given here in terms of statistics derived 
from samples. With reference to population characteristics we 
should use symbols for population parameters. Thus we should 
liave 


iVo’xO’w 


( 9 . 13 ) 


or 


P = "" (9.14) 

<rx<Ty 

In this Iasi formula the symbol Cxy stands for the population 
covariance, t hat is, for the mean product of paired X and Y values 
making up tlie parent population. It is the population equivalent 
of p. (The symbols and a^y are not to be confused with y and 
with ffx in fhe standard error of estimate when A" is estimated from 
Y, 

The computation of tlie coefficient of correlation from this 
formula proceeds along lines somewhat different from those outlined 
in the preceding section. As we have seen, both the arithmetic 
mean and the standard deviation may be readily computed by the 
selection of an arbitrary origin from which all deviations are 
measured, a later correction being made to offset the error involved 
in using this arbitrary origin. Similarly, the mean product p may 
be computed by a short method, requiring the use of assumed 
means and the appli(!ation of a correction at the end of the process. 

If a*' and »/' represent deviations from points arbitrarily selected 
as assumed means, w fiile // represents the mean product of such 
deviations, then 


^ N 

The computation of p' is not difficult, for deviations may be 
measured from central points, and may be expressed in class- 
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interval unit». Having p* we may seeure the true mean product 
from the formula 

p ^ ^ c^Cy 

in which c* and Cy represent the differences between the true and 
assumed means of the x’s and y’s, respectively.’® 

An example. This method may he illustrated with reference, 
first, to ungrouped data, using the figures for family income (A') 
and family expenditures for consumption ()"), by cities. The values 
required for this computation, as given in Table 9-5, are 

A' = 33 
2(X) = 125.30 
S(r) = 121.41 
= 487.3518 
^{Y^) = 453.9073 
:i:(xy) = 469.5035 


The mean product may be computed from the formula 


^ ^{xy) ^ Z{xy) _ 




X X 

We may select as arbitrary origin the actual origin on the two 
original scales. Hence we have 

P = ^ (9.15) 

(When the arbitrary origin is at zero on the original scales, the 


Thf* follovMiiK I** prool of this relationship: 

r' = deviation of anv point from assumed mean of x’s 
X = deviation of same point from true mean of x’s 
Vj = dilTeren<'.e between true anci assumed means of x'*^ 
//' - deviation of same point from assutnc^l mean of i/V 
H ~ deviation of same point from true mean of 
( ,^ = differenee between tnie and assum<*il means ol //’s 
r' = .r 4- o 

n' = U + Cy 

J 'v' = (J- -H oXv + Cy) = xy + Cry + 

For tlie «uin oi all su«*h pKxluets for N points, we have 
Kj-'j/') = I'txi/) 4- Cr^iy) -j- r„2:(x) 4- 
Ziy) =0 and S(x) = 0. 


X(x'.v') 

= Xixy) + NcrCy 


2(jrp) ^ 

v 

“■ 

2:(xy) 

Sfx'p') 

S 

~ Y 

or p 

^ V' - CyCy 


lint 

Theiohae 
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Hymbol X corresponds to x' and Y corresponds to y', as used in 
the formulas.) 

For the two standard deviations 


- /T - 


These measures may be computed readily from the values 
secured from Table 9-5: 


r, = 125.30/33 = 3.79097 
cj = 14.4109S 

409.5035 
= 33 


= 121.41/33 = 3.07909 
cl = 13.53570 


- (3.79097 X 3.07909) 


, /4S7.351S 
= V 33 
= 0.5927 


-i- 0.25981 


14.41098 


, /453.9( 
V 33 


13.53570 


= 0.4080 


Solving for the coefficienl of correlation 
7) 4- 0.25981 


0.5927 X 0.4080 
= + 0.93000 

The equation to the straight line that describes the average 
relationship between A’ and V may be derived from the values 
required for the preceding calculations. When the origin is at the 
point of averages this equation may be written 


or, in terms of sample measures 

(/ = r®‘'3- (9.17) 

fix 

Substituting the proper values,** we have 

. n Mtiro 0.4080 
2/ =+ 0.93606 - .---X 

= 0.7396a: 

** For purpose.*? of numeneal eoiisist<*ney r is eurnetJ to five p1a(;es in this calculation. 
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This is the equation secured by the method of least squares. The 
constant term representing the ^/-intercept disappears, since the 
origin is at the point of averages, through which the least squares 
line must pass.^^ 

When the product-moment method is employed in computing 
the coefficient of correlation and in determining the equation of 
regression, the standard error, .% may be derived by a simple 
change in the formula first presented for r. F'rom the expression 



we may secure the formula 

(9.18) 

which enables us to compute .% if w'c liave Sy and r. In the present 
case, 

^ = 0.4f)S0\/l ~ 0.877332 
= 0.164 


The Product-Moment Method: Classified Data 

In the examples presented above we have had only 33 observa- 
tions. With a larger number it becomes difficult to retain the 
individual values in the study of relationships. These individual 
items must be grouped in significant classes, and all computations 


That the formula y = pJx is equivalent to the formula hasetl upon the method of 

least scjuares may be readily demonstrat<ed. When the line pasncK through the point 
of averages, the eijuation, Y = a -{■ bX, becomes 1/ = hx. 

But b = write, accordingly, //r = 


This IS eiiui valent l-o 

for the latler may be written 


(2) V. = 


X(Z//) (Ty 

( 3 ) T/c 

2(a:y) ^ ^ 

NCyOx Vj 

nV V 


('*) V, 


Ncx-a/ 



(The s>mbol i/c is employed for the computed value of //, in these equations, to 
avoid contusion with the actual i/’s uhich apjN*ur in the riglit-hand members of the 
equations.) 
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9.4. Tabulation of It^ms in a Correlation Table. 
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must be based upon these grouped data. This means, merely, that 
we must handle data organized in frequency distributions. Since 
we are dealing with two variables, however, the simple frequency 
table must be modified to meet the needs of the present problem. 
Such a modified frequency table, arranged to facilitate the com- 
putation of the values needed in studying relationship, is termed 
a correlation table or a bivariate frequency table. When the investi- 
gator is working with such a table, the product-moment method 
usually offers the simplest and easiest procedure. 

Constrtiction of a Correlation Table. As a typical problem 
involving the construction of a correlation table we may consider 
the relation between discount rates of commercial banks and the 
corresponding discount rates of Federal Reserve banks. Since the 
paper discounted by commercial banks may be rediscounted by 
Federal Reserve Banks for member banks, some degree of relation- 
ship between the rates may be expected. Our present object is the 
measurement of that relationship. 

The first step is the tabulation of the original observations. 
Monthly values of each variable Avere secured for each of the 
twelve Federal Reserve cities over a period of 150 months.^® In the 
process of tabulation the items must he combined so that a 
Federal Reserve bank discount rate is paired with the correspond- 
ing rate charged by the commercial banks of the same city. Fig. 
9.4 illustrates the method of tabulation. 

Tabulation having been completed, a correlation table designed 
to facilitate later computations may be constructed. Table 9-7 
illustrates a suitable form. In this table, it will be noted, an 
arbitrary origin (M') is employed for each variable. M' is 4.50 for 
the 5.50 for the }"'s. Deviations represented by x' and y' are 
measured in class-interval units from this origin. In each com- 
partment of the correlation table there are three figures, involved 
in the computation of '^{x'y'). The figure in the center indicates 
the number of items falling in that compartment. Thus there are 
seven pairs having X values between 5.75 and 6.25 (midpoint 6.0) 
and Y values between 7.25 and 7.75 (midpoint 7.5). For each of 
these pairs x' (the deviation from the assumed mean of the X’s) 

“ The period covered extended from July, 1920, to December, 1932. For the first part 
of this period discount rates of the Federal Reserve banks relate to trade acceptances; 
for later years they are “rates for member banks on eli(j;ible paper.” The commercial 
bank rates are those charged on customers’ prime commijrcial paper. The customary 
rate over a given 30-day period was taken as of the middle of that period. 



LINEAR CORRELATION 


Ml 

is 4- 3, in class-interval units, and y' (the deviation from the as- 
sumed mean of the F^s) is + 4, in class-interval units. For each 
pair, therefore, = -f 12. This figure appears at the top of the 
compartment. But there are seven pairs in this compartment, so 
the sum of x'y' for this group is -f- 84. This figure appears in 
parentheses at the bottom of the compartment. To secure S(x'y') 
for the entire table it is necessary to add algebraically the values 
secured in this way for all compartments. The addition is first 
carried out for the different rows, the subtotals being given in the 
column at the right of the table. It is found that ^{x'y') = -h 4,492, 
in class-interval units. 


TABLE 9-8 

Calculation of the Coefficient of Correlation between the Discount Rates 
of Commercial Banks and of Federal Reserve Banks’^ 
(Calculations based on the entries in Table 9.7) 


.W; » 4.60 

- 740 




c* 

ci 


1,800 
(- .414)« 

1, 8(H) 


= - IH c„ 
.171 ci 
= :i.(>M 


5.50 
- 200 


P ' \r~ ~~ 


N 

+ 4,402 

J,8(K) 1,800 

(- Mil)* = .027 = + 2.4050 - .0070 

4,440 
" 1.8(H) 


= - 104 


: 2 170 


l(_ .414)(- .104)1 


= + 2 4277 


- r; 

= 3.014 - .171 

- 3.443 
= 1 855 

M. « 4.60 - .5(.414) 

- 4.203 


~ f'i 

- 2 470 - .027 
= 2 1 4.3 

iiy = 1.503 

= 5 50 - .5(.104) 

- 5.418 


P 

r = - - 

8x5 

+ 2 . 4^7 

* (l’855)(i 503) 
+ 2 4277 

* '2‘.8094 
r - + .837 


Notk: The cluMs-intcrviil unit has been emple.>ed in all the computatioriH shown in 
thift table 

* We here use w;- to represent the mean .Miuure deviation of the j’s about the arbitrary 
origin Mg, and to represiMil the mean square deviation about My These symbols 
correspond to in Chapter 5. 


The Computation of r and the Derivation of the Equation of 
Relationship. Details of the computation of the coefficient of 
correlation are given in Table 9-8. The standard deviations and 
the mean product p, all in class-interval units, are obtained by 
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familiiu* methods. The coefficient r is then determined from the 
relation 

r = -P- + 2.4277 

“ 1.855 X 1.563 

= -h 0.837 

It is convenient in such an operation to keep all the quantities 
entering into the final calculation in class-interval units, as is here 
done. Sheppard’s corrections may be used, when appropriate, in 
estimating the two standard deviations that enter into the cal- 
culation of r. They have not been employed in the present example 
because the discount rates of Federal Reserve banks are not a 
continuous variable. 

In deriving the equation to the straight line that describes the 
average relationship between x and y from the general equation 


y = 



(9.19) 


we substitute the sample values Sy and s, for the population 
measures Uy and <Tr. In this use Hy and Sx should be expressed in 
units of the original scales.’'* This is done by multiplying the 
present values by the class-intervals. 

Sx (in original units) = 1.855 X .50 = .9275 
Sy (in original units) = 1.563 X .50 = .7815 


Substituting the given values in the formula, we have 


y = .837 


. 78 ^ 
.9275 ^ 


= .705a: 


The Lines of Regression. In the above discussion certain terms 
ordinarily employed in the treatment of correlation have been 
purposely omitted. Several of these should be explained. 

The equation to the line of best fit in the preceding illustration 
was found to be 

y = .705x 

when the origin was taken at the point of averages. In this equation 
y is expressed as a function of x; that is, x is taken to be the 


When the clasH-mtervals happen to be the name, aR in the prenent case, the change 
is not necessary, as the relation between numerator and denominator is not altered. 
In practice it is advisable always to express the two standard deviations in original 
units at this stage of the calculations. 
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independent variable and y the dependent variable. The equation 
expresses the average variation in y (discount rates of commercial 
banks) corresponding to a change of one unit in x (discount rates 
of Federal Reserve banks). This line of relationship corresponds 
precisely to a line of trend, which describes the average change in 
a given series accompanying a unit change in time. A line which 
thus describes the average relationship between two variables is 
termed a litie of regression. Its equation is termed a regression 

equation^ and the quantity p (or in sample values r ^-) which 

C X Sx 

gives the slope of such a line is called a coefficient of regression. 
The use of these terms dates back to early studies by Galton, 
dealing with the relation between the heights of fathers and the 
heights of sons. Sons, (lalton found, deviated less on the average 
from the mean height of the race than their fathers. Whether the 
fathers were above or below the average, the sons tended to go 
back or regress towards the mean. He therefore t(‘rmed the line 
which graphically described th(‘ average relationship between these 
two variables the line of regression. The term is now used generally, 
as indicated above, though the original meaning has no significance 
in most of its applications. 

In any given case equations to two lines of regression may be 
computed. One is an expression of the average relationship between 
a dependent 1^-variable and an independent X-variable; the other 
describes the relationsliip between a dependent A"-variable and an 
independent )^-variable. The significance of the two may be 
indicated graphically. 

Figure 9.5 is derived directly from the correlation table shown 
in Fig. 9.4. The circle in each column represents the mean F-value 
of all the items falling in that column. Thus in the third column 
there are 40 cases, including all those with X-values falling between 
2.25 percent and 2.75 percent. The F-values vary, however, being 
distributed as shown in Table 9-9. Similar mean values are ob- 
tained for the other columns. These are plotted in Fig. 9.5, together 
with the line of regression of Y on X. 

In Fig. 9.5 the A"-variablc (Federal Reserve bank discount rates) 
is independent. As it increases from 4.0 percent to 4.5, 5.0, 5.5 
percent, and so on, the average of commercial bank rates increases 
also. An average commercial bank rate of 4.29 percent was associ- 
ated with an average Federal Reserve bank rate of 2.5 percent; 
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Means of (3.60)(3.90)(4.28)(4.56)(4.86)(5.11)(5.60)(5.96)(6.40) (6.69)(7.2S)(7.02) 
Columns Federal Reserve Bank Rates— Percent 

FIG. 9.5. Showing the Relation between Discount Rates 
of Commercial Banks and Federal Reserve Bank Discount 
Rates. (The broken line connects the means of the columns 
and the straight line shows the average change in com- 
mercial bank rates corresponding to a unit change in 
Federal Reseive bank rates; i.e., it represents the regres- 
sion of y on X.) 


TABLE 9-9 

Computation of the Arithmetic Mean of an Array 


Class-interval 

Midpoint 

F requency 

fm 

m 

f 

4.75 - 5.24 

5.0 

4 

20.0 

4 25 - 4.74 

4 5 

16 

72.0 

3.75 - 4.24 

4.0 

19 

76.0 

3.25 - 3.74 

3.5 

1 

3.5 



40 

171.5 


an average commercial bank rate of 4.56 percent was associated 
with an average Federal Reserve bank rate of 3.0 percent, and so 
on. (The commercial bank rates cited are the means of the entries 
in the columns referred to.) The slope of the straight line, which 
is the line of regression or the line of average relationship, measures 
the average increase in commercial bank rates corresponding to a 
unit increase in Federal Reserve bank rates. 
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It is possible to view the relationship between these two variables 
in another light. These questions arise: Given a certain commercial 
bank discount rate, what is the average Federal Reserve bank rate 
associated with it? And for a given change in commercial bank 
discount rates, what is the average change in the corresponding 
Federal Reserve bank rates? The commercial bank rate is now 
looked upon as independent, and the Federal Reserve rate as an 
associated dependent variable. These questions are answered by 
Fig. 9.6. The points marked by the small circles and connected by 


7.76 
I 7.26 
I 6.76 

1 6.25 
&5J5 
I 5.26 
54.76 

14.25 
I 3.75 

3.25 


1 25 1.75 2.25 2.75 3.25 3.75 4.25 4.75 5.25 5.75 6.25 6.76 
Federal Reserve Bank Rates -’Percent 

FIG. 9.6. Showing the Relation between Federal Reserve 
TSiuik Discount Rates and the Discount Rates of Com- 
niei’cial Ranks. (The broken line connects the means of 
the rows and the straight line show's the average change 
in P>d(*ral Reserve bank rates corresponding to a unit 
change in connnercial bank rates; i.e., it represents the 
regression of A’ on >'.) 

the broken line show the locations of the arithmetic means of the 
items falling in the various rows. Thus the 16 A'-items in the bottom 
row have an a\'erage value of 2.75 percent. This is the average 
Federal Reserve bank discount rate associated wdth a commercial 
bank rate of 3.5 percent. The average Federal Reserve bank rate 
associated with a commercial bank rate of 4.0 percent is 2.93 
percent, and so on. The straight line fitted to these points indicates 
the relationship between the two, its slope measuring the average 
increase (or decrease) in Federal Reserve bank rates associated 
with a unit change in commercial bank rates. 
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This is the line of regression of X on Y. The general formula 
for the equation to this line is: 


p y 

<Ty 


Substituting the present values, we have 


x = .S37 —i'ly 


. .9275 

7qT - 


(9.20) 


or 

X = . 9932 / 

The factors in this equation, it will be seen, are the same as those 
entering into the formula for the line of regression of y on If r 
is equal to 1 the two lines coincide, and if, in addition, the two 
standard deviations are equal, the line of regression will bisect the 
angle formed by the axes. If the points be plotted on a chart scaled 
in units of the standard deviations, we have y - rx; the slope of 
the line of regression is then equal to the value of r. 

The coefficient of regression is represented by the symbol b. In 
a simple correlation problem there are two such coefficients, 
representing the slopes of the two lines of regression. These are 

6,x = r f (9.21) 

Sx 

= (9.22) 

8y 

(The subscripts indicate the relation between the two variables. 
The first subscript refers to the dependent variable in each case.) 

Sx 

The formula x = r -y 

By 

niaj' be reffucetl t,f> x = 

Thi8 i8 the equation to a line htted to the poinlH plotted in Fig. 9.6 in uuch a way 

that the sum of the squares of the honzontal d&'iations ih a minimum. 

The formula 

:l{xu) 

is the equation to the line for w'hich the sum of the squares of the vertical deviations 

is a minimum. An understanding of this point may make clear the dilTerencc between 

the two lines of regression. 
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The coefficient r appears in both formulas. This being so, it is 
clear that r may be computed from the regression coefficients. For 

= /l/r^-r-^= V? = r 

r 8x Sjf 

Thus if we know the slopes of the two lines of regression r may be 
determined. In the present example 

r = V.705 X .993 = .837 

Use of the Equations of Regression. The two equations of regres- 
sion given above 

y = .705a; 

and 

X = .9931/ 

describe relations between deviations from the respective arith- 
metic means. That is, the origin is at the point of averages, and 
to use the equations we cannot use the original values of X and Y 
but must express them as deviations from their means. For 
example, we wish to determine the normal commercial bank rate 
associated with a Federal Reserve bank rate of 6 percent. The 
mean value of the A"-variable (Federal Reserve bank rates) is 
4.293 percent. A rate of 6 percent represents a deviation from the 
mean of + 1.707, Substituting this value in the first of the above 
equations, we have 

y = .705 (-h 1.707) 

= -1- 1.203 

This is the average ?y-deviation associated with an a;-deviation of 
-f 1.707. To get the normal commercial bank rate associated with 
a Federal Reserve rate of 6 percent the quantity -f- 1.203 percent 
must be added to the mean commercial bank rate, 5.418 percent. 
The value we wish is thus 6.621 percent. 

This calculation has been rather round-about because of the 
form of the equation of relationship. This equation can be put in 
more appropriate form for such computations. 

Let 

X = arithmetic mean of the AT’s 
Y = arithmetic mean of the Y*s 
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Then 



may be written 


Y - Y = - X) (9.23) 

Sx 


In this last equation X and Y represent the values of the variables 
on the original scales, and not as deviations from their respective 
means. In terms of the coordinate chart, it means shifting the 
origin from the point of averages to a point corresponding to zero 
on each of the original scales. 

To illustrate the greater utility of the equation in this form, 
the equation 

y = .70.5a: 


may be changed in the manner indicated. It becomes 

Y - 5.418 = .705(X - 4.293) 

= .705X - 3.027 
Y = 2.391 + .705X 


This is the equation with the origin so shifted that the original 
values may be employed directly. To determine the commercial 
bank rate normally associated with a Federal Reserve rate of 6 
percent we may substitute the latter value in the equation just 
secured. 

Y = 2.391 + (.705 X 6.0) 

= 6.621 


Precisely the same results are secured as with the equation in 
the other form, but for many purposes it is preferable to have an 
equation in which the actual values may be inserted. 

The equation 

Sx 

X = r -y 

Sy 

may be similarly changed to 


X -X = r^(Y - Y) 

Sy 

Zones of estimate. The significance of the standard error of 
estimate as a measure supplementary to an equation of regression 
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is brought out graphically in Fig. 9.7. Here we have plotted the 
line of regreHsion of Y on X (i.e., Y = 2.391 + 0.705X). “Zones of 
estimate/^ whose limits above and below the line of regression are 



X'Federal Reserve Banlc.Rate'Percent 

FIG. 9.7. Scatter Diagram of Federal ReseiTe and Commercial 
Bank Rfites, with Line of Average Relationship anil Zones of 
Estimate. 


set by Sy.j or multiples of ,, are defined by broken lines. Within 
the zone having a width equal to 2*S, centering at the fitted straight 
line, 08 percent of all tlie points should fall, on the assumption that 
the distribution of //-deviations is normal over the entire range of 
a;- values, and that the dispersion of i/-deviations is constant over 
this range. Within the zone having a width equal to 6*S, centering 
at the fitted straight line, 99.7 percent of all the points should fall, 
on the same assumption. The smaller the value of S the narrower 
these zones, and hence the more accurate the estimates that aix 
based upon the e(|uation of average relationship. 


*• The asMumptionN of noriniilitj and of const^incy of dispersion restrict the practical 
use of the coiu'ept of zones of estimate. Logarithmic and harmonic transformations 
of the dependent variable may extend the range of use by yielding normal distributions 
of deviations, where deviations on the arithmetic scale are non-normal (See Mills 
(Ref. 102). Mood (Ref. 109, pp. 297-9) outlines a more precise procedure for defining 
prediction intervals (W'hich are analogous to confidence intervals), but the procedure 
is restricted to normally distributed variates.) 
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Summary of Correlation Procedure 

In the foregoing pages there have been presented two quite 
different methods of securing the values required in measuring the 
relationship between two variables. The steps in the two methods 
may be briefly summarized. The method of least squares is basic 
in both cases, but that term may appropriately be employed to 
describe the first method outlined, for the process of fitting the 
line is the first and fundamental step in that procedure. 

The Least Squares Method. 

1. Fit a straight line to the data by the method of least squares. A simple 

arrangement of the data in columns will permit the ready (‘omputation 
of the required values, 2;(X), 2(y), 2(K*), SCXF). The equation 

thus obtained describes the average relationship between the two 
variables. 

2. Compute the standard error ol estimate, Sy x, Irom the formula 

_ X{y^) - aX{Y) - b:i(XY) 

•V. 

The quantity Hy.x is a measure of the reliability ol estimates based upon 
the equation of relationship, and is to be interpreted in the same way 
as is the standard deviation about an arithmetic mean. 

3. Compute the coefficient of correlation, r, from the formula 



or from 

, _ aX{Y) + bX{XY) --Jiq 

- ~ SO'-*) - S’ cl 

(live / the sign ol the constant b in the (‘(^nation of regression. This 
coefficient is an abstract measure ol the degree ol relationship between 
the two variables, in so far as this relationship may be described by a 
straight line. 

4. If an equation describing the regression of X on Y {X being dependent) 
is desired, the proper values may be substituted in the two normal 
equations 

2:(X) = iVa + bX{Y) 

2:(xy) - aX{Y) -f &2:(K2) 

The equation secured will be of the type 
X ^ a-YbY 

The standard error of estimate, may be computed by making the 
appropriate changes in the formula as given for s^.*. The value of r will 
be the same as in the preceding case, in which Y is dependent. 
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The Product Moment Method. 

A, Data to be handled as individual items. 

1. Arrange the paired observations in parallel columns and 
compute the quantities 2(X), 2(F), 2(X*), 2(F*), ZCA’F). 

2. Divide these quantities throughout by For the first two 
of these quotients we may use the symbols c* and Cj, (i.e., 


and 


A “ 


N 


3. Compute the mean product from the formula 

X(XY) 

V jyr 

4. Compute the two standard deviations from the formulas 

.. . 

5. Compute the coefficient of correlation from the formula 

V 

r = -r_ 

SxSy 

6. Determine the equations of regression by substituting the 
proper values in the formulas 


Sx 


«x 

X = r y 

(Note: For each of these equations the origin is at the point 
of averages.) 

7. If desired, transfer the origin to zero on the two original 
scales by substituting the arithmetic means in the equations 

r - r = r -» (X - X) 


X - X = r^{Y - f) 

•Sii 
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8. Compute the two standard errors of estimate from the 
' formulas 

Sjf-x “ 1 

Sxv = SxV'l — 

B, Data to be classified. 

1. Construct a correlation table. 

2. Select an assumed mean for each variable. Measure the 
deviations of the various items from the assumed means in 
class-interval units. 

3. Compute Cx and Cy in class-interval units. 

4. Compute Sx and Sy in class-interval units. 

5. Compute 'Z(x'y') in class-interval units for each compart- 
ment of the correlation table. Total these figures to get 
llix'y') for the whole table. 

6. Determine the value of the mean product in (^lass-interval 
units from the formula 



7. Compute r from the formula 

V 

j. — t 

Sx8y 

8. Reduce Sx and Sy to original units. 

9. Determine the equations of regression by substituting the 
proper values in the formulas 

Sy 

y = r ^ X 
Sx 

and 

X = r y 

10. If desired, transfer the origin to zero on the two original 
scales from the formulas 

r - ¥ = {X - X) 

Sx 

X - X = r"‘(y - ¥) 

Sy 
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11. Compute the two standard errors of estimate from the 
formulas 


i<y X = SyV 1 — r ‘ 

J/ ~ ®xV 1 ~~ 

It is advisable, in all cases, to construct scatter diagrams and 
to plot the lines of regression thereon. It is generally possible to 
derive from such diagrams a truer idea of the relations involved, 
and of the adequacy of the methods employed, than may be 
obtained from a study of the figures alone. 

A limitation. A question naturally arises as to the degree of 
generality attaching to the measures of relationship described in 
the preceding pages. Are they limited to certain types of distri- 
butions, or may they be employed as absolutely general and 
universally valid measures? 

As we have seen, the standard deviation has a precise and 
definite meaning with respect to distributions following the normal 
law. Having values of the mean and of the standard deviation, we 
know, in such instances, the exact percentage of cases in the 
population that will fall within any .stated limits. If the distribution 
departs from the normal type the standard deviation is still a 
useful measure, but it cannot be interpreted in the same exact 
.sense. Bearing this in mind, the formula 



may be considered. 

When the distribution of the original values of the dependent 
variable about their mean is normal and the distribution about the 
least sejuares line is normal, both Sy j. and have specific and exact 
meanings, and it is perfectly legitimatle to compute such a mea.sure 
as r, l>a.sed upon the relation of one to the other. Departures from 
normality in either ca.se reduce the significance of this comparison. 
But just as the standard deviation remains a useful mea.sure, even 
for distributions that depart from normality, so do the standard 
error of estimate and the coefficient of correlation. Care must be 
taken in their interpretation in .such cases, however. It must be 
recognized that the.se measures have their full significance only in 
ca.ses w^here the distributions of the two variables and the distri- 



A LIMITATION m 

butions of deviations from regression lines are normal, or approxi- 
mately so. 

A simple example may make clear the effect upon the value of 
the coefficient of correlation of an extreme departure from a 
normal distribution. In this example we shall use figures showing 
the population of each of ten cities and the number of television 
sets in each of these cities, in (see Table 9-10). When the first 
nine of these cities, omitting New York, are treated as a group, 
the following values are secured: 

TABLE 9-10 

Television Sets and Population in Ten U. S. Cities, 1953’*‘ 

(both variables in tens of thousands) 


City 

Population 

A' 

Number of television 
sets installed 

Y 

Denver 

45 

12 

San Antonio 

16 

12 

Kansas (>ity 

47 

29 

Seattle 

18 

25 

Cincinnati 

51 

38 

Buffalo 

58 

35 

New Orleans 

59 

16 

Milwaukee 

65 

43 

Houston 

67 

22 

New York City 

802 

345 


• The data tabulated are estimates from the Bureau of the Census, Sales Management, 
and the National Broadcasting Company, as cited in The Economic Almanac, 1953-4, 
National Industrial Omferenee Board Ksiimates of television siMs are as of April 1 , 
1953. 


= 10.68 

, = 9.78 

r = -h 0.4027 

The nine points and the line of regression are plotted in Panel A 
of Fig. 9.8. 

When we include New York City in the group, the values 
secured for the sample of ten cities are 

5^ = 96.30 

Sy X = 9.23 

r = -h 0.9954 
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The ten points and the line of regression are plotted in Panel B 
of Fig. 9.8. 

The reason for the markedly different results is obvious. The 
inclusion of the one very large city with the nine smaller cities 
greatly increases the standard deviations of both variables. That 
of the F-variable (number of television sets) is raised from 10.68 
to 96.30. But Sy xf the measure of the scatter about the fitted line, 
undergoes no such pronounced change in value. For the nine cities 
TV 



Population in Tens of Thousands 


Panel A. ShowinR the Relation between Number 
of Television Sets Installed and Population, in 
Nine United States Cities, 1953. 

TV 



Panel R. Showing the Relation between Number of Tele- 
vision Sets Installed and Population, in Ten United States 
C'lties, 1953. 


FIG. 9.8 
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it is 9.78; for the ten cities it is 9.23. This is due to the fact that 
the one exceptional case is given such great weight, in fitting by 
the method of least squares, that the fitted line must pass through 
or very near the point representing this observation. Accordingly, 
8y.x is always affected less than Sy by a single very exceptional case. 
Since the value of r depends upon the relationship 



the presence of such a case always tends to increase the value of 
the measure of correlation. The introduction of the one exceptional 
case in the above example changes a low and nonsignificant 
correlation coefficient to one of virtual unity. The result, of course, 
is meaningless. 

While this example represents an extreme instance, the same 
distortion will be present, in greater or less degree, whenever there 
is a departure from normality. In practice, use of the various 
measures of relationship is not restricted to perfectly normal 
distributions, but the measures we have discussed above lose some 
degree of significance when derived from non-normal distributions. 

The measures of correlation and regression discussed in this 
chapter have so far been dealt with on the descriptive level only. 
But such measures, describing relations found in particular 
samples, are of interest to us primarily as bases for estimates of 
population parameters, and for tests of hypotheses. We now turn 
to these problems of inference. 


Problems of Inference Involving Measures of 
Correlation and Regression 

Sampling Distribution of the Coefficient of Correlation. The 
sampling distribution of r varies with the population value of the 
coefficient of correlation, p (rho), and with A, the size of the sample. 
For samples drawn from normal parent populations the distribution 
of T tends toward the normal type as N increases; this tendency 
is much more pronounced for values of p close to zero than for 
values of p that depart widely from zero. For p close to — 1 and 
-f 1 the value of N must be very large if the distribution of r is 
to be symmetrical and approximately normal. 
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The reason for this is clear. If p, the population value, is close 
to unity, say -f 0.98, the sample r^s have a possible range of only 
0.02 in one direction, a possible range of 1.98 in the other direction. 
But if p is equal, say to -f 0.04 the range of possible deviation in 
one direction is very close to the range of possible deviation in the 
other direction. Under these conditions a distribution of r approach- 
ing symmetry is to be expected. This difference is shown graphically 
in Fig. 9.9. Here we have the sampling distribution of r for p = 
+ 0.10 and .V = 8, and the sampling distriUition of r for p = 
+ 0.80 and = 8. 



FIO. 9.9. Fiequeiicy Curves Showing Sampling Distributions 
of the Coefficient of Correlation. For Samples with N = S, 
Drawn from Populations for which p = + 0.10 and + 0.80. 


Using the s 3 qnbol ar for the standard error of r we have, as a 
general expression holding for samples drawn from normal parent 
populations,*' 





(9.24) 


There are two important restrictions on the use of formula (9.24). 
In the first place, it calls for p, the population value of r, and this 
is not usually known. Investigators frequently use r as derived 
from a given sample as an approximation to p, but the approxima- 
tion may be a very poor one, especially if N is small. For the special 
case in which we are testing the hypothesis that a given sample is 


Since two variables aiv always involved in samplings of this sort, the term "bivariate 
normal parent” is often used for such a universe. 
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drawn from a population for which p is zero, formula (9.24) reduces 
to 


1 

“ \/7r^ 


(9.25) 


For such a test the uncertainty about p is, of course, removed. 

The second restriction attaches to the interpretation of o-r as 
the standard deviation of a normal distribution of sample r's. For 
samples of small and moderate size the sampling distribution of r 
may depart w^idely from the normal type, especially for high values 
of population p. If p were at all close to unity. A' would have to 
be quite large if formula (9.24) were to be used with confidence for 
purposes of statistical inference. 

Difficulties arising out of variations in the distribution of r as p 
and A' change have been largely overcome. The distribution of r 
was exactly defined b}^ R. A. Fisher in 1915 (Ref. 49). Tables 
prepared by F. N. David (Ref. 26) give detailed characteristics of 
distributions of r for varying values of p (0, .1, .2, .3, .4, .5, .6, .7, 
.8, .9), for .V from 3 to 25, and for N of 50, 100, 200, and 400. For 
the A^’s and p’s indicated, these provide more accurate bases for 
inference than do formulas (9.24) and (9.25). 

The Transformation of r. Finally, escape from the limitations 
that grow out of the non-normality of distributions of r, under 
many conditions, is provided by an ingenious transformation due 
to R. A. Fisher (Ref. 50). Fisher has showm that a logarithmic 
function of r, for which the symbol z' may be used, is distributcfl 
in a form acceptably close to the normal for samplcjs of quite 
moderate size. This function tends to normality rapidly as A' 
increases. This is true regardless of the population value of the 
coefficient of correlation. For the transformation we have 

2' = i |log.(l H- r) - log*(l - r)| (9.26) 

The scales of possible values of r and z' are, of course, quite differ- 
ent. F’or r = 0, z' = 0; for r = I, z' = oo . Negative values of r 
give negative values of z'. 

Some of the differences between the distributions of r and of z' 
are brought out by a comparison of the distributions in Fig. 9.10. 
The pronounced skewness of the distribution of r’s for samples of 
12 drawn from a population for which p = — 0.80 stands in sharp 
contrast to the nearly normal distribution of corresponding z'’8. 
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FIG. 9.10. Fi'equenry Curves Showing Sampling 
I)istiil)utions of r and z'. Samples w'lth N = 12, 
Diawn fiom Populations for which p = — 0.80. 


The sample values of 2 ' may he thought of as estimates of a 
population value f (zeta). Close approximations to the mean and 
the standard deviation of a distribution of z”s are given by 



(9.27) 


(9.28) 


It is apparent from formula (9.27) that 2 ' has a slight upward bias, 
that is, that the mean of many sample values of z' would be 
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slightly greater numerically than the population value f. This bias 
is measured by the term p/2{N — 1). Correction for the bias may 
be made if necessary, using r as an estimate of p. More important 
is formula (9.28), giving the standard error of z\ This may be 
taken to be the standard deviation of a normally distributed 
variate. Its magnitude depends solely on the size of not at all 
on the population p. That is, the form of the distribution of z' is 
virtually independent of the degree of correlation. It does not vary, 
as does the distribution of r, with variations in the population p. 
As a result, the sampling errors to which z' is exposed may be 
estimated with considerable accuracy. (For very small samples 
David's tables are to be preferred to the 2 ' transformation.) 

Transformations of r to 2 ', and from 2 ' to r, are effected most 
readily by prepared tables (see Appendix Table V.) Examples of 
the use of such tabled values will be given shortly. 

Among the advantages of the 2 '-transformation is that it replaces 
r by a function with a distribution of values corresponding more 
closely to the true significance of observed correlations than do 
those of r. Thus a change in the value of r from .88 to .98 is equiv- 
alent, on the r scale, to a change from .20 to .30. But the first of 
these differences represents, on the 2 ' scale, a change from 1.38 to 
2.30 (a range of .92) while the second represents a change in 2 ' from 
.20 to .31 (a range of .11). The difference in the first case, on the 
2 ' scale, is more than eight times that indicated in the second case. 
In this the 2 ' scale gives a far more accurate representation of the 
true significance of observed correlations than does the r scale. 
A difference of a stated numlwr of points on the r scale is more 
significant for high values of r than for low values. 

In dealing with correlation measures derived from samples from 
non-normal parent populations, the investigator is on less certain 
ground than when he works with samples from normal universes. 
For the distributions of such measures have not been defined with 
accuracy. It is customary in practice to use the measures of 
sampling error discussed above, without rigorous requirement of 
parent normality. Investigations of E. S. Pearson, indicating 
that sampling distributions of r are not greatly affected by de- 
partures from normality in the sampled populations, give some 
justification for this general practice. But in the present state of 
our knowledge material departure from parent normality must 
cloud inferences based on coefficients of correlation. 
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Examples of Inference in Linear Correlation. In illustrating the 
estimation of the sampling error of a given value of r, we may use 
the results cited -on earlier pages, defining the relation between 
discount rates of commercial banks and corresponding discount 
rates of Federal Reserve banks. The value of r is -h 0.837, while 
N is 1,800. The sample is large, and we may use the relation 



Substituting r as an approximation to p, and using the given value 
of M we have 

.s.= 

VlSOO - 1 42.41 

With confidence represented by a probability of 0.99 we may state 
that the population value of the coefficient of correlation in this 
case falls between 0.819 and 0.855. The lower of these limits is 
given, of course, by + 0.837 — (2.58 X 0.007), the higher by 
-h 0.837 + (2.58 X 0.007). 

The first question usually asked when a correlation study has 
been completed is: Is the value of r significant? More specifically: 
Is it consistent with the hypothesis that in the population from 
which the sample has been drawn there is no relation between the 
two variables here studied? This is, of course, another form of the 
null hypothesis. In the present case we wish to know whether the 
facts can disprove this null hypothesis. 

In a study of tlie movements of commodity prices, 1,202 
measurements were secured on the timing of advances in the prices 
of individual commodities during periods of general business 
revival. Paired with each measurement was a similar observation 
on the timing of the decline in the price of the given commodity 
during the succeeding period of general business recession.^® We 
desire to know whether there is any relation between the sequence 
of price revival and the sequence of price recession. Is there a 
pattern in price movements during business cycles? Evidence of 
tlie existence of such a persistent pattern would lend support to 
the view that cycles represent true regularities in economic life. 

These 1,202 pairs of observations yield a correlation coefficient 
of + 0.27. This does not show a pronounced degree of relationship. 


“See Mills, Kef. 100, p. VM. 
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Our chief concern, however, is not with the magnitude of r. We 
wish to know ivhether the result is consistent with the hypothesis 
that the true correlation is zero. For the standard error of r we have 


Sr = = 0.029 

\/l,202 - 1 

By hypothesis, the population value of r is zero, so the numerator 
of the fraction is 1. 

If the true value of r were zero, and the standard error of r were 
0.029, what would the probability be that, as a result of chance, 
we should secure a coefficient of -h 0.27 from a given sample? 
Since this value represents a departure of more than 9 standard 
deviations from the hypothetical value of zero, the probability that 
the difference is due to chance is infinitely small. We conclude that 
the results are not consistent with the hypothesis that the sequence 
of price change during revival is unrelated to the sequence of 
decline in a succeeding recession. The null hypothesis is disproved. 

Had the value of T ^in this case T = been less than 2.58 

the conclusion would of course have been different. In such a case 
the discrepancy between the sample r and the hypothetical value 
of zero could be attributed to sampling fluctuations. The result 
would not be inconsistent with the null hypothesis. 

Having established that the results are not consistent with the 
hypothesis that the true value of r is zero, we may compute the 
standard error of r as actually derived, and estimate confidence 
limits for the population value. Using the sample r as an approxi- 
mation to p we have 


1 - 0.272 
\/ri02 - 1 


0.027 


Limits derived from the sample r minus and plus 2.58 times Sr are 
equal, respectively, to + 0.20 and + 0.34. These are the 0.99 
confidence limits for p. 

In the preceding test of .significance N was quite large, and it 
was safe to use formula (9.25), which a.ssumes normality. For small 
samples other procedures should be employed. R. A. Fisher has 
shown that in testing the null hypothesis when N is small, a 
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quantity following the familiar ^distribution may be derived from 
the relation 


_r\^ - 2 
VT^ r* 


(9.29) 


This is equivalent, of course, to dividing the quantity r — 0 
(i.e., the deviation of the given r from the hypothetical value of 
zero) by V^l — r'^/y/N — 2. In consulting the stable for the 
interpretation of the values thus obtained, n, the number of 
degrees of freedom, is taken as equal to N — 2. (The value of r 
which is tested here should be obtained without the use of Shep- 
pard’s correction.) 

As an illustration, we may test the results obtained from a study 
of the relation between the production and the price of cotton in 
the United States, covering 35 o[)servations. The value of r is 
— 0.65. We have 


- 0.()5\/35 - 2 
V I - (- 0.65)2 


4.91 


In consulting the /-table we find that for n = 33 the value of t 
corresponding to a probability of 1 percent is approximately 2.73. 
If the true value of t were zero, a value as great as 2.73 or greater 
would occur only 1 time out of 100, as a result of chance fluctuations 
of sampling. The present value of t is substantially greater than 
2.73. It is highly improbable that it reflects a chance drawing from 
a population in which the true value of r is zero. There appears to 
be a significant negative correlation between the production and 
the price of cot ton. 

Tests of the null hypothesis, for r, may be most readily made 
by means of a table prepared by R. A. Fisher, showing the values 
of correlation coeflicients at stated levels of significance. Selected 
values from this table are given in Table 9-11 and in Appendix 
Table IV. In simple correlation problems, this is to be read with 
n equal to N — 2. 

^ The use of the table requires little explanation. If a sample is 
based on 12 pairs of observations, with n equal to 10, we would 
require a coefficient at least as high as 0.7079 before we accept it as 
significant, if our standard of significance is P = .01. For only 1 
time out of 100 trials would a sample of 12 drawn from an un- 
correlated population yield a value of r as great as 0.7079. If our 
standard of significance is P = .05 we would accept as significant 
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TABLE 9-11 

Values of the Correlation Coefficient for Different Levels of Significance* 


n 

P = .05 

P = .02 

P » .01 

1 

.996917 

.9995066 

.9998766 

2 

.95000 

.98(X)0 

.990000 

3 

.8783 

93433 

.95873 

4 

.8114 

.8822 

.91720 

5 

.7545 

.8329 

.8745 

6 

.7067 

7887 

.8343 

7 

.6664 

7498 

.7977 

8 

.6319 

.7155 

7646 

0 

.6021 

6851 

.7348 

10 

.5760 

6.581 

7079 

11 

.5.529 

6339 

.6835 

12 

.5324 

6120 

.6614 

13 

5139 

.5923 

6411 

14 

.4973 

.5742 

6226 

15 

.4821 

5577 

6055 

16 

4683 

.5425 

5897 

17 

.4.555 

5285 

.5751 

18 

4438 

5155 

.5614 

10 

4329 

5034 

.5487 

20 

4227 

1921 

5368 

25 

3809 

4451 

.4869 

30 

3494 

4093 

4487 

35 

3216 

.3810 

4182 

40 

.3044 

3578 

.3932 

45 

2875 

.3.384 

3721 

50 

2732 

3218 

.3541 

IK) 

2500 

2948 

.3248 

70 

.2319 

.2737 

.3017 

80 

2172 

2565 

.28,30 

fK) 

.2050 

2122 

.2673 

100 

.1946 

2.301 

.2,540 


* This tahifi is printed iiere ihrouRh the courtesy of H A. Fisher and his publishers, 
Oliver and Boyd, of Kdinhurgfi. The original appears as Table V.A of Slattatical 
Methods for Research Workers. 


of a real relationship an r of 0.5760, or greater, obtained from a 
sample of 12. 

We have noted the great value of Fisher\s z '-transformation in 
increasing the effectiveness of inference involving the coefficient of 
correlation. This transformation is particularly appropriate in 
estimating p for the population of cities which was sampled in 
deriving data on average family income and average family ex- 
penditures on consumption. Calculations cited on preceding pages 
give us an r of H- 0.937, measuring the relation between these two 
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variables for a sample of 33 cities with populations from 2,500 to 
30,500. Here we are dealing with a relatively small sample, drawn 
from a population for which p is, apparently, fairly close to unity. 
Under such conditions the distribution of r will depart materially 
from normality. Accordingly we shall transform r to 2 ' in setting 
confidence limits for our estimate of the population p. 

From Appendix Table V we determine that the value of 2 ' 
corresponding to an r of -f 0.937 is -f- 1.71. The sample size is 33. 
We have 


_ _ 1 

- vat 1-3 


_ 1 
\/33 - 3 


] 

5.477 


= 0.1820 


This may be interpreted as the standard deviation of a normal 
distribution of 2 '’s. We wish to set for 2 ' population limits corre- 
sponding to a probability of 0.99. The lower limit will be + 1.71 — 
(2.58 X 0.1820), or 1.24. The upper limit will be + 1.71 + 
(2.58 X 0.1820), or 2.18. Thus we may make the statement, with 
a confidence of 0.99, that the population 2 ' falls between 1.24 and 
2.18. Transforming these limits back to the r scale (using Appendix 
Table V) we may, with a confitlence of 0.99, set our population p 
between -h 0.8455 and + 0.9748. 

The null hypothesis, for r, may be tested with accuracy by 
means of the 2 '-transformation, for large samples for which pre- 
pared tables (such as Table 9-11 above) are not suitable. 

The transformation to 2 ' makes po.ssible, also, an accurate test 
of the significance of the difference between two observed correla- 
tions. The standard error of the difference between two values of 2 
is given by 

- V ,V, - 3 + ,vr- 3 <'>■*“> 

where A] is the number of pairs of observations in the first sample, 
A ^2 the number in the second. 

This test may be illustrated with reference to observations on 
the timing of price changes during business cycles. For 111 com- 
modities we have observations on the timing of price declines in 
two successive periods of business recession occurring in the late 
90's and early 1900’s. The degree of relation between the time 
sequences of commodity price changes in these two recessions is 
indicated by a coefficient of correlation of + 0.22. For tw'o similar 
(successive) periods in the 1920’s the measure of correlation, based 
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on the prices of 121 commodities, has a value of -H 0.36. There 
appears to have been a closer approach to a common pattern in 
the later period than in the earlier. In testing the significance of 
the difference between the two results we set up the hypothesis 
that the two samples were drawn from the same parent population, 
and that therefore the true value of the difference between the 
two coefficients is zero. 

For the two samples we have 

r. = + 0.22; a| = + 0.223; ^ = 0.0093 

T,= + 0.36; + 0.377; ^ = 0.0085 

The difference to be tested is 

D,, = 0.377 - 0.223 = 0.154 
The standard error of this difference is 


So,. = \/6.6093 + 0.0085 = 0.133 

\A> wish to know whether I)g> is significantly different from zero. 
VVe compute, therefore, 


T 


D.,- 0 __ 0.154 - 0 
0.133 


1.16 


Interpreting 1.16 as a normal deviate, we conclude that the 
difference is not significant. Dz' differs from the hypothetical value 
of zero by only slightly more than one standard deviation. The 
results are not inconsistent with the hypothesis that the two 
samples are drawings from the same parent population. There is 
here no clear evidence that the degree of relationship between 
price movements in succe.ssive cycles was closer in the 1920^s than 
in the earlier period.*® 

“ The time factor enters to cloud Htatintical inductions relating to samples drawn from 
different periods. Such an induction should be aupported by evidence indicating that 
fundamental conditiona in the field in question have not been altered over the time 
interval involved This caution does not, of course, affect the procedure illustrated 
above. 



30t 


LINEAR CORRELATION 


There is economic significance in another comparison, for which 
the same test may be used. We have referred above to observations 
dealing with the relation between the discount rates of commercial 
banks and of Federal Reserve banks. The sample used in the 
illustration includes 1,800 observations, covering the period 1920- 
1932. For this sample r = -{- 0.837. Data from another sample, 
which includes 735 observations, cover the years 1922-1949. For 
this sample r = -h 0.930. There is overlapping in part, but the 
second sample is drawn in the main from a later period. A com- 
parison of the results indicates that for recent years changes in 
commercial bank rates have been tied more directly to Federal 
Reserve bank rates than was true in the earlier period. (The 
comparison is not perfect, partly because of the overlapping, which 
would tend to make the sample results agree, and partly because 
of some technical differences in the data used. These differences 
do not preclude comparison, but they call for caution in the 
interpretation of comdusions.) Transforming the r’s to 2 '^s, and 
measuring the difference, we have I)g, = 0.49. The standard error 
of Dz.j derived from formula (9.30), is 0.044. Thus for the normal 
deviate, defining the difference in units of the standard deviation, 
we have 


0.49 - 0 
0.044 


11.1 


In spite of the overlapping, the difference is clearly significant. 
There is here a strong indication that variations in the two discount 
rates have been more closely related in recent years than they 
were in the earli(*r period. The conclusion calls for moderate 
qualification because of data differences, but the fundamental 
indication is probably accurate. 

Finally, making use of the z '-transformation, we may combine 
results secured from the measurement of correlation in different 
samples. If we have two values of r, obtained from samples drawn 
from the same population, a weighted average of the two will 
provide a better estimate of the true correlation than will either of 
the r's, taken separately. For the averaging process we transform 
the r^s to z'’s, weight each z' by the corresponding iV, less 3, and 
average them. For example, we may combine the two coefficients 
defining relations between the time sequences of price changes in 
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business cycles, since the test has indicated that they do not differ 
significantly. Here we have 


_ (+ 0.223 X 108) + (+ 0.377 X 118) 
226 


(9.31) 


= + 0.303 


The standard error of this weighted average z\ we may note, is 
given by 


1 

\/K\ - 3)> - 3“) 


(9.32) 


We may wish to transform this weighted 2 ' back to the eorresporid- 
ing r. From Appendix Table V we obtain the value r = -|- 0.29. 
This we may accept as the best estimate we have of the correlation 
between price declines in successive periods of business recession. 

Sampling Errors of the Coefficient of Regression. In certain 
problems coefficients of rcgres.sion are more meaningful than 
coefficients of correlation. For samples drawn from normal uni- 
verses the standard error of the coefficient of regression 6^* may 
be estimated from 




X 

s.VN -t 


(9.33) 


where Sy ^ is the standard error of estimate of t/-*® This measure may 
be used in the usual fashion in problems of estimation and in tests 
of significance, when the statistics have been derived from large 
samples. For small samples Fisher has established that “Student’s^ ^ 
distribution can be used in testing the significance of the deviation 
of any sample b from a hypothetical value 0 (beta). P"or (6 — 0)/Sht 
which is the ratio of the difference between observed and hypo- 
thetical values of h to the estimated standard error of 6, is dis- 


1/^ 




where y denotes a given value of the dejiendent variable and yc denotes the corre- 
sponding value derived from the equation of regression. In the computation of 
for this purpose A’ is reduced by the number of constants in the equation of regression. 
Tv\o degrees of freedom have been used up, in effect, in computing y,. 
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tributed in the fr^lietribution. Changing the form for convenience, 
we have 

^ “ ^yx _ Q^yx ^yx') iSx\/N 1 ) 

x/(SxV^A^ 1) X 

jf _ “ ^yx)\/Sa:® (9.34) 

Sy X 

No population parameter (except that provided by the hypothesis 
to be tested) enters into the computation of t. Sample values 
alone are used, otherwise.^’ 

As an example of the procedure employed in testing h for 
significance, in large samples, we may cite the equation to the 
trend line for New York City temperature, given in Chapter 10 
and plotted in Fig. 10.3. Such a trend line is, in effect, a regression 
function, temperature being the dependent variable and time the 
independent variable. For the period 1871-1949 the equation of 
regression is Y = 52.482 + 0.034tLY, where X is measured in years 
from an origin at 1910 and Y is measured in degrees Fahrenheit. 
The coefficient of regression defines an average annual increase in 
temperature of 0.0340 degrees. Docs this coefficient reflect the play 
of chance, or is it significant of a real secular increase in the 
temperature of New York City? From formula (9.33) above we 
obtain Sb = 0.006. The null hypothesis to be tested is that jS = 0. 
Deriving T, the normal deviate, in the customary fashion we have 


T 


Sb 


0.0346 - 0 .77 

- 0.006 - = 


The null hypothesis must be rejected. The evidence indicates that 
there has been a significant increase in mean annual temperatures 
in New York City over this period of 78 years. (We should note 
that a test of this sort would usually be of questionable validity, 
when applied to a series of observations ordered in time, because 
of the lack of independence of successive observations. With 
meteorological data, however, it is not unreasonable to assume 


” In the exiiression under the rudical sign in equation (9 34) x represents a deviation 
from the mean of the x'b. For the transition from the previous equation, note that since 

1 is equal to \/ The quantity 8y.g in the above equa- 
tions is derived as indicated in the preceding footnote. 
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that there is independence, apart from the slowly acting secular 
factor with which the test deals.) 


Coefficients of Rank Correlation 

Limitations arising from non-normality of the populations from 
which samples are drawn may be avoided, in dealing with certain 
problems, by the uge of what are called nonparametric methods. 
It is the essence of these methods that they involve no assumptions 
about the parameters of the populations sampled. In certain cases 
freedom from such assumptions makes possible greater accuracy 
in the making of inferences — the major objective of most statistical 
work. In the study of correlation we may escape from parametric 
assumptions by ordering observations by size, and basing calcula- 
tions upon the ranks thus established. Furthermore, the use of 
ordered arrangements makes it possible to deal, quantitatively, 
with individuals or other entities that may be ranked on the basis 
of qualities not open to exact measurement. Two coefficients of 
rank correlation will be briefly discussed. 

Spearman’s Coefficient. Data to be used in an example of the 
descriptive application of rank correlation methods are shown in 
Table 9-12. Here, for ten United States cities with populations of 
1,000,000 or over, are given average family income after taxes and 
average family expenditures for consumption in 1950. These cities 
are ranked in order of average family income, from the highest to 
the lowest. In columns (4) and (5) of Table 9-12 the money values 
of income and consumption expenditures for these cities are re- 
placed by measures of rank. 

The degree of correlation is indicated by the degree of con- 
cordance between the two rankings. A precise measure of correla- 
tion is provided by Spearman’s coefficient 


Tr 


esd* 

- N 


(9.35) 


where d is the difference between the ranking of a given city in 
columns (4) and (5), and N is the number of cities included. “ 


*• This formula may be derived from the usual product^moment formula, with x and y 
relating to ranks, not to measurements. In this derivation use is made of the fact that 
the sums of the wiuares of the deviations of the first N natural numbers from their 
. V* - N 
mean is equal to 


12 
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TABLE 9-12 


Illustrating the Computation 
of the Spearman Coefficient of Rank Correlation 
Family Income after Taxes and 
Family Expenditures on Current Consumption, 1 950 
Averages for Ten Cities with Populations of 1,000,000 and Over’*' 


(1) 

(2) 

(3) 

(4) 


(G) 

(7) 


Avorage 

Average 

Rank on basis of 

Differ- 



money 

expenditures 

average 

average 

ence 


City 

income 

on 

family 

consumption (4J~(5) 



after taxes 

consumption 

income 

exiienditure 

d 

d* 

Chicago, III 

$5,080 

$4,905 


2 

-1 ” 

1 

Clovcland, Ohio 

4,870 

4,071 

2 

3 

— ] 

1 

Now York, N. \ 

4,852 

4,932 

3 

1 

+ 2 

4 

liOH AngoloH, Oalif 
San Frar)eiHnt>- 

4,745 

4,661 

4 

4 

0 


Oakliuul, Call! 

4,584 

4,477 

5 

0 

- 1 

1 

Piltsburgh 

4,583 

4,506 


5 

4- 1 

1 

St. LouIh, Mo 
P hiladclphiu- 

4,510 

4,251 


9 

- 2 

4 

Cnmdon 

4,500 

4,384 

8 

7 

+ 1 

1 

BoHton, Muhh 

1,200 

4,300 

9 

8 

+ 1 

1 

Baitimoro, Md 

3,983 

3,919 

10 

10 

0 


Total 






14 


• From Bulletin 1(H)7 (rcviwd), U. S. Bureau of Labor StatistiCH, June, 1953. 


Tho basic (juantity needed, is derived as indicated in Table 

9-12. (liven this quantity and the number of cities, we have 

_ 1 ^4 

10 ’ - 10 
= + 0.9152 

It is clear from formula (9.35) that Tr will be + 1 if the rankings of 
cities based on the two variables are identical throughout. For then 
each d will be zero, and will be* zero. It may be shown that 
when the rankings are exactly inverse Tr will be — 1. Thus, as for 
r, Tr may fall between -h 1 and — 1, being 0 when there is no 
relation between thq two rankings. 

Kendall’s Coefficient. Some difficulties are faced in basing 
inferences and tests of significance upon fr, because its sampling 
distribution for certain values of N is not known. For this reason 
special interest attaches to an alternative measure of rank correla- 
tion developed by M. G. Kendall. Since the sampling distribution 
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of this measure, r (tau) is known, it is more generally satisfactory 
than Tt for purposes of inference. 

We may illustrate the computation and use of tau with reference 
to Bureau of Labor Statistics data for a sample of twelve United 
States cities defining estimated family budgets and average weekly 
earnings in manufacturing industries. These are given in Table 
9-13. Required calculations are based on the ranks that are given 
in columns (4) and (5) of that Table. It will be convenient, for 
purposes of reference, to present these ranks as rows, as below, with 
the ranking of column (4) in the first row, that of column (5) in 
the second: 

Family budget 1 2 3 4 5 6 7 8 91011 12 

Weekly earnings 3 4 1 5 211 9 fi 7 81012 

TABLE 9-13 

Estimated Family Budget for Four Persons and Average Weekly 
Earnings of Production Workers in Manufacturing Industries for 
Each of Twelve Cities in 1951 


(1) 

(2) 

(3) 

(4) 

(5) 


I'JstirnaU'd 

Average w<H*kly 

Rank on basis of 

City 

family 

earnings in 

family 

average weekly 


budget* 

manufneturiiigt 

budget 

earnings in 





manufacturing 

.\(‘w Orleans, La 


$53 20 

1 

.3 

Mobile, Ala 


54 95 

2 

4 

Scranton, Pa 

4,002 

48 27 


I 

Savannah, Cla 

4,067 

55 59 

4 

5 

Manche.stcr, \ II 

4,090 

51 84 

5 

2 

Buffalo, N y 

4,127 

73.76 

(i 

1 1 

Portland, Ore 

1,1 5:1 

70.89 

7 

9 

Memphis, Tenn 

1,190 

58.22 

8 

6 

Denver, Colo 

4,199 

63 08 

9 

7 

Baltimore, Md 

4,217 

64 35 

10 

8 

Seattle, Wash 

4,280 

72 60 

11 

10 

Milwaukee, Wis 

4,:i87 

74 79 

12 

12 


* This budget, prepared bv the Bureau of Labor Statistics, is the* estimated (Jollar cost, 
as of Octolier, 1951, of maintaining a family of four (husband, wife, and two children) 
at a level of adequate living. It does not represent what such a family actually spends, 
t From Employment and Eaminqs, U. S Bureau of Labor Statistics, May, 1 954. 


As a basic measure of the degree of concordance of two such 
rankings as those given in Table 9-13 and in the text directly above, 
Kendall uses a quantity (standing for score). S has two com- 
ponents. The first of these is a positive quantity, P, derived from 
standings in the second ranking (i.e., those in the second row above) 
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which are in the *^right” order, that is, which correspond in order 
to the standings in the first row. Correspondence, or agreement, 
in ranking does not necessarily mean identity of ranking. The 
standard ranking in the first row above is in order of increasing 
family budgets. As one moves from left to right in the rankings of 
the first row, average family budgets increase. Therefore the 
ranking of any two cities in the second row corresponds to the 
first-row ranking if the city on the right has higher average weekly 
earnings than the one on the left. (“Right” and “left” refer, of 
course, to the relative positions of the two entries in the second 
row of rankings given above.) Thus the first entry, ‘‘3,” in the 
second row designates New Orleans. Of the cities that are to the 
right of New Orleans in the second row entries, 9 exceed New 
Orleans in average weekly earnings. This represents a contribution 
of 9 to the value of P. Similarly, there are 8 cities to the right of 
entry “4,” Mobile, that exceed Mobile in average weekly earnings; 
9 to the right of entry “1,” Scranton, that exceed Scranton; 7 to 
the right of entry “5,” Savannah, that exceed Savannah, etc. (In 
deriving these numbers for a given city the investigator does not 
go back to the figures for weekly earnings; he merely counts the 
number of entries in the second row with rankings that exceed the 
ranking of the given city.) P is the sum of the positive measures 
of this sort that may he derived from the rankings in the second 
row above (or in column (5) of Table 9-13). In detail, we have 

P = -f 9 4-S +9 +7 -f-7 -f-1 +2 +4 H-3 +2 -fl +0 = +53 

This total, + 53, ma^^ be viewed as a measure of the degree of 
concordance, or agreement, between the two rankings. 

The second component of S is a negative quantity, Q, derived 
from those standings in th(' second row^ of rankings given above 
tliat are inverse to the order of the natural integers in the first row. 
Thus starting with the entry “3” for New Orleans, we find to the 
right of it 2 lower rankings, “1” and “2” (standing respectively for 
Scranton and Manchester). These low'er rankings mean, of course, 
that Scranton and Manchester had low^er average w^eekly earnings 
than New Orleans, although their estimated family budgets were 
higher. This is an inverse relationship between the budget and 
weekly earnings rankings. We have here a contribution of — 2 to 
the total score. Similarly, there are 2 cities to the right of the entry 
for Mobile, “4,” that have lower rankings; none to the right of 



RANK CORRiLATION 


315 


the entry for Scranton, 1 to the right of the entry for Sa- 
vannah, “5”; etc. Thus Q is built up: 

-2-2 -0 -1 -0 -5 -3 -0 -0 -0 -0 -0 = -13 
The desired total score is the sum of P, defining positive agreement 
between the rankings, and of Q, defining disagreement, or inverse 
relations, between the rankings. In the present case 

»S = P -f- Q = + 53 + (- 13) = + 40 

The desired abstract measure of degree of relationships between 
the two rankings is given by 


S _ 

yMN - 1 ) 
+ 40 

t^l2(12 -“D 


+ 1° = + 0.606 


(9.36) 


Kendall’s coefficient is + 1 when the two rankings are identical 
throughout, — 1 when they are in verse. It will equal zero when 
there is no relation between the two rankings. 


Tests of Significance of Rank Order Coefficients 

We have referred briefly above to problems of inference that 
are faced in using coefficients of rank correlation. Such problems 
arise, primarily, in determining whether a given coefficient provides 
evidence of a significant degree of correlation, in the population, 
between the attributes on which paired rankings have been based. 

Sampling Errors of Spearman’s Coefficient. Coefficients of rank 
correlation, r^, derived from large samples drawn from a universe 
for which pr is zero are distributed normally, or effectively so. For 
the standard deviation of such a distribution of rr’s we have 


Srr 


1 

\/N - \ 


(9.37) 


This may be applied in testing the null hypothesis when N is large, 
say 25 or more, and when there are no ties in the rankings of 
either variable. 

For small samples the distribution of Vr is not normal. Kendall 
(Ref. 78, I, 396-7; Ref. 80, 142) gives tables that may be used in 


“ The maximum absolute value of S, which will come when the rankings are identical 
or exactly inverse, will equal }/ 2 N{N — 1), the denominator of the expression for tau. 
It is worth noting, too, as a convenient check on the count, that the absolute sum of 
P and Q, taken without regard to sign, will always equal }>^N{N — 1). 
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determining the significance of the Spearman coefficient when 
TV < 9. For sample sizes between 9 and 25, drawn from uncorrela- 
ted parent populations, the distribution of is not known. We 
should note, also, that the distributions of for samples drawn 
from correlated parent populations (i.e., pr ^ 0) have not been 
established. Thus there are important areas of indeterminacy in 
basing inferences on the Spearman coefficient. 

Sampling Errors off Kendall’s Coefficient. A test of the signifi- 
cance of a given r is based, for convenience, on the corresponding 
value of *S. When N is greater than 10 the distribution of for 
samples drawn from a universe in which paired rankings are not 
correlated, may he regarded as normal. The variance of such a 
distribution (which is, of course, the square of the standard error 
of iS) is a function of .V. It is given^'* by 


In testing *S’ for significance by means of this measure a correction 
for continuity should he applied. This correction is needed because, 
in using tlie normal distribution as an approximation to the exact 
distribution of ^S, we are replacing what is in fact a discontinuous 
distribution (*S being a discrete variable) by the continuous normal 
distribution. The approximation may be improved by reducing the 
observed value of A' by 1, if iS is positive, by increasing the observed 
value of aS by 1 if aS is negative. (This correction is made only in 
applying the significance test; the & that is used in deriving t is 
uncorrected.) 

For the sample of twelve cities represented in Table 9-13 t is 
equal to + 0.1)06; aS is equal to -h 40; /S’Ccorrccted) is 40 — 1, or 39; 
N is 12. For the variance of aS we have, from formula (9.38) 

si = / J12 X 11 X'29) = 213.67 

lo 

and 


See = 14.60 

In testing the null hypothesis we .should use *S corrected for 


See KendHll, Ref 80, Chapter 5. We should note that formula (9.38) applies to cases 
in which there are no ties in either ranking. For modifications requir^ w'hen ties 
are present, see Kendall, Ref. 80, Chapters 4 and 5. 
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continuity. The general test, then, for samples in which N exceeds 
10, is of the form 

rp S(corrected) — 0 39 - 0 « 

T - — = = 2.67 

Here we express the observed value of aS (as corrected) as a deviation 
from the null value, 0, and divide the deviation by the standard 
error of aS. The resulting T, which is to be interpreted as a normal 
deviate, equals 2.67. Since a deviation as great as this, or greater, 
would occur less frequently than 1 time out of 100 if chance alone 
were operative, the null hypothesis may be rejected. The evidence 
of Table 9-13 indicates that there is significant correlation between 
rankings of cities based on the cost of maintaining a four-person 
family and rankings based on average weekly earnings in manu- 
facturing. 

The distribution of aS derived from samples for which is 10 or 
less may not be treated as normal. The above procedure is not 
applicable to such cases. However, Kendall has established the 
distributions of aS, for values of \ from 4 to 10, and has prepared 
a summary table for use in tests of significance applied to such 
small sample results. (Kendall, Ref. (SO, Appendix Table 1). Thus, 
for tests of significance, based on aS (or t) the full range of values 
of N is covered. For this reason Kendall’s measures of rank 
correlation represent a distinct advance over Spearman’s, where 
problems of inference are involved. 

Coefficients of rank correlation, with other nonparametric 
measures, have a considerable range of usefulness. Their freedom 
from assumptions concerning the nature of population distributions 
gives them special validity in situations not infrequently en- 
(^ountered in handling economic and other social data. Series 
ordered in time, which are of special concern in economic analysis, 
represent one promising area of use for such methods. Some of 
these uses will be touched upon at later points. 
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CHAPTER a® 


The Analysis of Time Series: 
Secular Trends 


The preceding sections have dealt with distributions of observa- 
tions organized on the basis of frequency of occurrence. We have 
been concerned with patterns of variation, and with methods 
appropriate to inductive generalization and the testing of hy- 
potheses when the variation present reflects the play of random 
factors. When data are organized in such frequency distributions 
the order, in time, of the various observations is neglected, as 
having no bearing on the problems at issue. Thus when a coin is 
tossed there is no reason for distinguishing the tenth throw from 
the second. We turn now to procedures employed when the 
chronological order in wliich observations are made is of the 
essence of the problems being studied — when our interest lies in 
variation over time. This is obviously the case in the study of 
biological growth; it is true for the physicist investigating vari- 
ations in radioactivity over time. It is true, also, of many of the 
central problems faced in the social and economic sciences, and in 
business administration. Changes in birth rates and death rates, 
changes in national income, changes in prices and in the physical 
volume of production, variations in sales and in profits — ^in all 
these the time sequence is crucial. 

• 

Movements in Historical Variables 

Time series, or historical variables as Schumpeter has called 
them, are subject to the play of a diversity of forces. Random 
factors are present, as with the frequency series discussed above. 
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but nonrandom factors are present too, and often dominate the 
behavior of the observations. The presence of nonrandom factors, 
indeed, gives rise to the special problems faced in the analysis of 
time series. Techniques suitable to the study of random variation 
are not appropriate in dealing with patterns of variation due to 
specific nonrandom factors. 

A graphic representation of observations on a historical variable 
reveals, usually, a succession of discontinuous changes from month 
to month or year to year. If we are dealing, for example, with 
number of construction contracts awarded, by months, we have 
the record plotted in Fig. 10.1. The entry for any one month will 
be the resultant of many impinging factors — the plans of diverse 
private builders, the state of employment, construction programs 
of governmental units of all sorts, the time of year and the state of 
the weather, the supply of materials and the level of costs, the 
business situation, prevailing or impending strikes, the existence 
of peace or war, etc. In studying a historical series of this sort it is 
usually desirable to classify these diverse factors into categories 
that are significant for the purpose in hand and that correspond to 
realities in the field of study. Any such classification must be, in 
part at least, arbitrary. It will be affected by the preconceptions 
of the investigator, by the immediate objects of his study, and by 
the theoretical framework he has set up. Obviously, if the classifi- 
cation employed is to be useful these preconceptions and this 
framework must be in harmony with the processes to which the 
observations relate. Having set up such a classification the in- 
vestigator seeks to decompose the observations into elements 
corresponding to the classes he has set up. The statistical procedures 
to be discussed in this and the two following chapters have as 
their central objective such “decomposition.’* 

The forces affecting historical variables have been classified as 
nonrecurring or recurring; as evolutionary, periodic, or random. 
There has been introduced, also, the notion of structural change — 
a change, which may be sudden or progressive, in the relations 
among the elements of a system. Most commonly employed, and 
perhaps most generally useful in dealing with individual series, is 
a classification that distinguishes secular, seasonal, cyclical, and 
random components. 

In speaking of the secular component, or the secular trendy of a 
historical variable we use the term secular in a sense relating to 
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the ages, to long periods of time. Secular forces are those that 
determine the long-term movements of the series, movements that 
may reflect persistent growth, persistent decline, or successive 
stages of growth and decline in evolutionary, irreversible develop- 
ment. The concept of secular change entails notions of regularity, 
of essential continuity. Frequent and sudden changes either in 
absolute amounts or in rates of increase or decrease are inconsistent 
with the idea of secular trend. It is true that there may be changes 
in trend, changes due to the interjection of a new element or the 
withdrawal of an old one. But, essentially, the secular trend of a 
series of observations ordered in time is conceived of as a smooth, 
continuous process underlying the irregularities of month-to-month 
or year-to-year change that characterize most historical variables 
in the social and economic fields. 

Seasonal variaitona are found in many historical series for which 
quarterly, monthly, or weekly values are obtainable. Railroad 
freight traffic, fire losses, the consumption of many commodities, 
department store sales, employment, and many other such vari- 
ables are marked by seasonal swings repeated with minor variations 
(and sometimes with progressive changes) year after year. Such 
variations are definitely periodic in character, with a constant 
twelve-month period. 

Less markedly periodic, but recurring, nevertheless, with con- 
siderable regularity are the cyclical fluctuations that are found in 
many economic and social series. Prices, wages, the volume of 
industrial production and of trade, marriage rates, trading on the 
Stock Exchange, and most series related to the activities of 
individual business enterprises are affected by the swings of 
business through alternating periods of expansion and contraction. 
The length of such periods may vary, but observable sequences of 
change during these cycles have in the past been sufficiently 
regular in pattern to render them* capable of systematic study. 

Entangled with these more or less irregular movements are the 
effects of accidental and irregular factors — the movements we 
think of as random. In time series analysis this category is usually a 
catch-all for the consequences of catastrophic events, such as 
earthquakes, wars, floods, and conflagrations, as well as for the 
effects of countless minor events equally fortuitous though less 
violent in their incidence. Such events influence the value of a 
variable at any stated date, modifying the effects of long-term 
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movements and of seasonal and cyclical factors. The observed 
value at any time is the resultant of the play of all these forces. 

The problem of decomposition. When an investigator analyzes a 
series in time he is usually interested in some one of these types of 
change. Is there a recurring seasonal pattern in the production of 
lumber? What is it? What is the pattern of change in the volume 
of industrial production during business cycles? What has been the 
character of development in the output of electric power over the 
last century? The investigator would like to dissociate the move- 
ments of immediate interest from all other movements that shape 
the observed behavior of the series in question. This is the task of 
decomposition. It will be noted that a fundamental problem is 
faced here : How are the constituent elements blended together to 
make up the historical series that is actually recorded? Are cyclical 
fluctuations superimposed upon an underlying trend that would be 
there if there were no cycles? Are seasonal fluctuations in turn 
superimposed upon a trend-cycle composite? Or are cycles super- 
imposed upon a trend-seasonal composite? Are random factors 
added to the trend-cycle-seasonal composite? Reverting to secular 
movements: Is the trend a purely mental construct? Does growth 
come in fact by forward leaps and lesser retrogressions, rather than 
by smooth and continuous evolution? We shall have more to say 
about some of these questions at a later stage. At this point we 
may merely note that the questions raised are largely unanswerable. 
We donT know how the forces of liistorical change interact to yield 
the series we have observed. Whatever process of decomposition 
we may employ rests on certain assumptions about the manner in 
which the effects of different forces are combined. Some of these 
assumptions may be more tenable than others. But when we 
employ a given method we should be aware of the assumptions 
made. 

Distinctive features of time series. Before discussing the details of 
analytical methods used in this field, we should note two facts that 
distinguish time-ordered observations of the kind we are here 
discussing from those we have dealt with in earlier chapters. The 
first is that the different observations making up a time series are 
not independent of one another. This is notably true of successive 
observations. The number of automobiles produced in February, 
1955, is not independent of the number produced in January, 1955. 
This is in sharp contrast, of course, to the independence of out- 
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comes of successive tosses of a coin. Probability calculations that 
rest on the assumption of independence are not applicable to the 
closely related observations that make up historical series in the 
economic and social sciences. 

The other fact, also disturbing to one who searches for regular- 
ities, is that the variables studied in the social and economic 
sciences are subject to change, over time, in their population or 
‘^universe” characteristics. Business failures, for example, would 
be materially affected by a change in the law relating to bankrupt- 
cies; the introduction of the Federal Reserve System in 1913 
changed the whole character of banking in the United States. The 
implications of this fact are significant. When we draw a sample 
of black and white balls from an urn and on the basis of the sample 
estimate the proportion of halls of the two (dolors in the population 
we have sampled, we do so in the firm belief that the contents of 
the urn will not be surreptitiously changed after we have sampled 
it. If a counterpart of Maxwell’s demon were to modify the 
contents of the urn after we drew the sample, our estimate might 
not be worth much. But something very like this occurs in the 
world of human affairs. We study some aspect of group behavior — 
social or economic — on the basis of observations necessarily local- 
ized in time. We then apply to a subsequent period the conclusions 
we have drawn from the sample observations. But in the meantime 
social institutions may have changed, economic processes may have 
been modified, the structure of laws within which men live may 
have been altered. There is always a demon modifying the contents 
of the urn from which social scientists and business men draw their 
.samples. The changes resulting may not be important for the 
purpose a given investigator has in hand. Elements of continuity 
are present, too. The past is never cut off from the present or the 
future. But the possibility of significant change is always there, 
and this means that projection into’ tJie future of inferences based 
upon the study of past patterns, whether of trends, of cycles, or 
of seasonal movements, is always subject to indefinable margins 
of error. 

The Preliminary Organization of Time Series 

The data of time series usually require less preliminary organi- 
zation than do statistical data that are to be reduced to the form 
<if a frequency distribution. The source, primary or secondary, from 
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which the figures are taken usually presents them in shape for 
analysis. Certain precautions should be observed, however. 

The dates to w^hich the figures apply should be clearly under- 
stood and definitely stated. Monthly data may be based upon a 
single daily figure (as are the price quotations entering into the 
BLS index of wholesale prices), they may be averages (such as 
average hourly earnings), or they may be totals for each month 
(as for figures on cotton consumption). They may be cumulative 
monthly figures, each item representing the total for the year to 
date, as in the case of certain coal production data. If average 
figures are given for a month or year it is important to know how 
the average has been secured. 

Again, it is essential that in any time series there be strict 
comparability among data for different periods. Any attempt to 
analyze a series that is not homogeneous must be misleading and 
futile. Yet such series are not infrequently published. Commodity 
production or consumption figures published by trade associations 
and by governmental agencies are sometimes based upon returns 
from a varying number of reporting concerns. A series of price 
quotations for different dates may lack comparability because of 
changes in the unit or grade to which the quotations apply, or 
because quotations are drawn from different markets. Changes in 
census classifications may result in lack of comparability of census 
data. A change in a salesman’s territory may alter his returns 
materially. It is stated that the character of the obligations 
represented by the United States Steel Corporation’s figures for 
“unfilled orders” has varied from time to time. Records relating 
to the physical output of a given commodity in different periods 
may be rendered inaccurate by changes in quality or design. These 
are examples of faults that may be found in time series, rendering 
analysis futile. Strict testing is essential before a series be accepted 
as accurate and homogeneous. 

Graphic representation. Normally the first step to be taken in 
visualizing a series in time and in preparing for further analysis 
consists of plotting the data. The trend and general characteristics 
of a series may be most readily apprehended through graphic 
representation. The data may be plotted on ordinary arithmetic 
or semilogarithmic paper. The advantages of the latter types for 
certain purposes have already been explained. The choice in a 
given case will depend upon the nature of the data and the object 
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of the study. If interest lies in the absolute amount of fluctuations 
in sales, prices, pig iron production or whatever may be in process 
of analysis, or in the comparison of absolute differences between 
series, the ordinary rectilinear chart is to be employed. If percentage 
variations and the comparison of relative fluctuations are matters 
of interest, the semilogarithmic representation is preferable. In 
general, if one is accustomed to the interpretation of this latter 
type of chart, its use is advisable. A clearer, less-distorted presenta- 
tion of relations and a more significant comparison of series are 
generally secured when economic data having time as one variable 
are plotted on paper with a logarithmic ruling on one axis. 

For some purposes the process of studying series in time will 
have been completed when the data are thus plotted. The general 
trend may be roughly determined from the chart. The existence of 
seasonal and other periodic variations may be ascertained. Rough 
comparisons of trends and fluctuations may be made. All the 
knowledge thus secured, it should be noted, will be nonquantitative 
in character, and the comparisons will be tentative and approx- 
imative. Even so, sucli charts enable trends and relations to be 
much more clearly visualized than do the raw figures, and for some 
purposes the knowledge thus secured is sufficient, though it lacks 
precision and accuracy. For other purposes more exact measure- 
ment and more refined analysis are required. Certain appropriate 
methods may be described. 

Moving Averages as Measures of Trend 

As a first example of a historical variable we may consider the 
record of number of cars of revenue freight loaded on American 
railroads. In column (2) of Table 10-1 we have the weekly averages 
of carloadings, by years, from 1918 to 1953. Since the observations 
are recorded l)y years, the seasonaf element does not enter in this 
case. The tabulated figures reflect the play of secular, cyclical, and 
random factors. Our first task is to seek to define the secular trend. 

In Figure 10.2 the data of freight carloadings for the 36-year 
period have been plotted. Over these years carloadings have been 
subject to major variations, but a general declining trend is 
manifest. Several methods are available for arriving at approxima- 
tions to this trend. By employing moving averages an attempt may 
be made to eliminate passing fluctuations and to arrive at values 




hand gives somewhat the same result, the curve being frankly 
approximative and empirical in character. In certain studies it has 
been found possible to use one statistical series as base or trend 
line for another series of homogeneous data. 

When a trend is to be determined by the method of moving 
averages, the average value for a number of years (or months, or 
weeks) is secured, and this average is taken as the normal or trend 
value for the unit of time failing at the middle of the period 
covered in the calculation of the average. Table 10-1 shows the 
results secured when three-, five-, seven-, and nine-year moving 
averages are thus computed for freight carloadings for the period 
1918-53. 

The three-year moving average for 1946 is the average of 
1945-6-7, the five-year figure for 1946 is the average of the years 
1944-5-6-7-8. The other averages are computed in the same way. 
In each case the average is centered for the period included; that 
is, the average is taken to represent the trend value as of the 
middle of the given period. The employment of an odd number of 
years simplifies this centering process, though it is not essential 
that the number be odd. With an even number of years, the figure 
may be centered by taking a two-year moving average of the 
moving average first computed. The three- and nine-year moving 
averages for the entire period are plotted with the original data, 
in Fig. 10.2. 

It is obvious that the effect of the averaging is to give a smoother 
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curve, lessening the influence of the fluctuations that pull the 
annual figures away from the general trend. The longer the period 
included in securing each average, the smoother is the curve 
secured, though there are other factors to consider in deciding 
upon the length of the period. Certain of these factors may be 
noted. 

Some characteristics of motnug averages. Given cyclical fluctuations 
about a uniform level or about a line ascending with a uniform 
slope, the length of the cycle and the magnitude of the fluctuations 
being constant, a moving average having a period equal to the 
period of the cycle (or to a multiple of that period) will give a 
straight line, a perfect representation of the trend. Under the same 
conditions a moving average having a period greater or less than 
the period of the cycle will give, not a straight line, hut a new cycle 
having the same period as the original, but with fluctuations of 
less magnitude. The minima and maxima of the cycles thus ob- 
tained will not necessarily coincide with the minima and maxima 
of the original cycles. In general, wlien su(;h a new cycle is obtained 
the magnitude of the fluctuations will be less the longer the period 
on which the average is based. ^ 

These propositions may be illustrated by the figures in Table 
10-2, arbitrarily chosen. In the first example five figures have been 
selected which repeat themselves in sequence, fluctuating about a 
common level. 

The moving averages in columns (2) and (3) represent the data 
with the cycles completely removed. When the period of the 
average is not equal to the period of the cycle, or to a multiple of 
that period, the cycle is not removed, as is apparent from the 
figures in columns (4) and (5). 

The conclusions suggested above hold when the cyclical fluctu- 
ations take place about any straight line. In Table 10-3 the 
foregoing data have been employed but with a constant increment 
of 3. This is equivalent to superimposing the same cycles upon a 
line with a slope of -|- 3. 

The trend values, with the effect of the cycles completely 
removed, are secured by taking moving averages equal in period 
to the cycle or to a multiple of that period. The cycle persists, with 
the same period but with diminished amplitude, when the average 

‘ The decrease in the magnitude of the fluctuations is not regular, however, but cyclical. 
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TABLE 10-2 

Illustrating the Application of Moving Avaroges 


(1) 

(2) 

03) 

(4) 

(6) 

(Cyclical 

Moving average 

Moving average 

Moving average 

Moving average 

data 

of 5 itoniH 

of 10 items 

of 3 itemfl 

of 8 items 



(centered) 


(centered) 

2 





S 





8 

td 


8 


10 



7i 


5 



5i 

6i 

2 


Oi 

4i 

6H 

(i 


01 

51 

6| 

8 

01 

01 

8 

51 

10 

01 

01 

7i 

61-1 

Ti 

01 

01 

5i 

61 

2 

01 

01 

41 

6h* 

(i 

<■•1 

01 

51 

6i 

8 

01 

01 

8 

5i 

10 

01 

O'. 

71 

5U 

r> 

01 

(•»', 

5i 


2 

01 


41 

6ia 

(> 

01 


51 


8 

01 


8 


10 



7i 


5 





(The iteniH 

m {•olumiiH (8) .‘tnd (5) have been < 

entered b> means of a 

moving average 


of 2 iteniH.) 

is based upon a period not equal to that of the cycle, as is clear 
from the figures in columns (4) and (5). 

When these ideally simple conditions of constant period and 
amplitude do not exist, the moving average becomes more am- 
biguous and its interpretation less simple. If the period of the cycle 
varies, the selection of a period for the moving average is more 
difficult. In general, a period equal to or greater than the average 
length of the cycle is to be selected. An average having a shorter 
period will give a line that is marked by pronounced cycles, these 
cycles being reduced as the period covered in the calculation of 
the average increases. 

When the amplitude of the cycle varies, the period being 
constant, a moving average ^ith a period equal to the length of 
the cycle will give a line of trend marked by minor cycles. The 
amplitude of these secondary cycles will be a minimum when the 
period of the average is equal to the period of the cycle (or to a 
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TABLE 10-^ 

Itkistrafing the Application of Moving Averages to a Series with 
Linear Trend 



(2) 

(3) 


(6) 

Cyclical 

Moving average 

Moving average 

. 

Moving average 

Moving average^ 

data 

of 5 items 

of 10 item(« 

of 8 items 

of 8 items 



(centered) 


(centered) 

2 





9 



8i 


14 

12{ 


14 


19 

154 


16i 


17 

18:4 


I7i 

181 

17 

21i 

214 

19 4 

2ll§ 

24 

244 

244 

231 

24i 

29 

271. 

27 4 

29 

261 

;i4 

:iOi 

30.4 

311 

29|i 

:i2 


334 

m 

331 

;12 


:9>4 

341 

3(>lj! 

;i9 

:194 

:{9 4 

384 

39« 

11 

124 

124 

14 

112 

49 

164 

15! 

10.1 

44|i 

17 

484 

18' 

471 

181 

47 

514 


194 

51^1 

o4 

54 4 


534 


59 

574 


59 


64 



OH 



62 


(The items in columns (8) and (6) have Ixumi c(‘nt(‘rc(l by means ol a moving average 
of 2 items.) 


multiple of that period). When these last two irregularities are 
combined, and the data are characterized by cycles of varying 
amplitude and of varying length, the moving average giving the 
most effective representation of the trend is that which has a period 
equal to the average length of the cycle, or to a multiple of that 
length. 

A new factor enters when the trend departs from linearity. If 
the underlying trend of a series is concave upward, a moving 
average will always exceed the actual trend value; if the reverse 
is true, and the trend is convex upward, a moving' average will 
always be less than the actual trend value. 

These conditions are depicted in the following examples. The 
figures in Table 10-4 give the values secured when a cycle of 
constant period and amplitude, as in column (3), is superimposed 
upon a line of trend that is concave upward, i.e., increasing at a 
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TABLE 10^ 


Illustrating the Application of Moving Averages to a Nonlinear Series 
(Increasing rate) 


(1) 

X 

(2) 

X* 

(3) 

Cyclical 

data 

(4) 

Col. (2) pIuB 
col. (3) 

(5) 

Moving average 
of 5 itemB 
in col. (4) 

(6) 

True trer 
values 
(x« +6.1 

0 

0 

2 

2 



1 

1 

6 

7 



2 

4 

8 

12 

12.2 

10.2 

3 

9 

10 

19 

17.2 

15.2 

4 

16 

5 

21 

24 2 

22.2 

5 

25 

2 

27 

33.2 

31.2 

6 

36 

6 

42 

44 2 

42.2 

7 

49 

8 

57 

57.2 

55.2 

8 

64 

10 

74 

72.2 

70.2 

() 

81 

5 

86 

89 2 

87.2 

10 

100 

2 

102 

108.2 

106.2 

11 

121 

6 

127 

129 2 

127.2 

12 

144 

8 

152 

152.2 

150.2 

13 

169 

10 

179 

177.2 

175.2 

14 

]9(i 

5 

201 

204 2 

202.2 

15 

225 

2 

227 

233.2 

231.2 

10 

256 

(> 

262 

264.2 

262.2 

17 

289 

8 

297 

297.2 

295.2 

18 

324 

10 

334 



19 

361 

5 

366 




constantly incr(*asiiig rate. If the moving average could completely 
eliminate the eiTects of the cycle, the values secured from the 
average would be equal to the average value of the five items in 
each (;ycle (6.2) plus the values of the function y = given in 
column (2). 

The vahies of the moving average are, in this ease, in excess of 
the true trend values, a form of distortion that will always occur 
with a series of this type. 

In Table 10-5 are shown the resOlts of superimposing the same 
cyclical values upon a line of trend tliat is convex upward, i.e., 
increasing at a constantly decreasing rate. In this case, a perfect 
method of eliminating the cycles would give results equal to the 
average value of the five items (6.2) plus the values of the function 
y = Vx, 

In this case the mo\'ing average values are consistently too low. 
The discrepancy is gn*atest for the lower values of a:, as the decrease 
in the rate of grow th is most marked for these values. 
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TABLE 10>5 

Illustrating the Application of Moving Averages to a Nonlinear Series 
(Decreasing rate) 


(1) 

X 

(2) 

y/x 

(3) 

Cyclical 

(lata 

(4) 

Col. (2) plus 
col. (3) 

(5) 

Moving average 
of 5 items 

(6) 

True trend 
values 
(x/x + 6.2) 

0 

0 

2 

2.00 



1 

1.00 

6 

7.00 



2 

1.41 

8 

9.41 

7.428 

7.61 

3 

1.73 

JO 

11.73 

7.876 

7 93 

4 

2.00 

5 

7.00 

8.166 

8 20 

5 

2.24 

2 

4.24 

8 414 

8.44 

6 

2.45 

6 

8.45 

8 634 

8.65 

7 

2.65 

8 

10.65 

8 834 

8.85 

8 

2.83 

10 

12 83 

0 018 

9.03 

9 

3.00 

5 

8 00 

!) 192 

9.20 

10 

3.16 

2 

5 16 

9.354 

9 36 

11 

3 32 

(i 

9 32 

9.510 

9 52 

12 

3.46 

8 

II 46 

9.658 

9.66 

13 

3.61 

10 

13 61 

9 8(K) 

9.81 

14 

3 74 

5 

8 74 

9 936 

9.94 

15 

3 87 

2 

5.87 

10.068 

10.07 

16 

4 00 

6 

10 (K) 

10.194 

10.20 

17 

4 12 

8 

12 12 

10.318 

10.32 

18 

4.24 

10 

14 24 



19 

4.36 

5 

9 36 




Considerations previously reviewed have indicated that a mov- 
ing average should, in general, be based upon a period at least 
equal to the period of the cycle, and preferably equal to some 
higher multiple of that period when the data are at all irregular. 
The longer the period covered, the greater the stability of the 
average. But when the underlying trend departs materially from 
the linear form, following a curve bending upward or downward, 
the error involved in the use of any moving average increases as 
the period of the average increases. If a moving average is used in 
such a case to measure the trend, the period of the average should 
be the shortest which will serve to average out the cycles; equal, 
that is, to the average length of one cycle. 

In practice, however, these various conditions are found in 
complicated combinations. The fact that cycles vary in amplitude 
and length calls for a moving average based upon a fairly long 
period. The fact that the trend of the data is usually nonlinear 
calls for a shoi t period average to lessen the upward or downward 
distortion. A consideration of some' importance in practical work 
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curves sometimes involves the breaking up of a period into two or 
three subdivisions, and the fitting of separate curves to each. This 
results from changing conditions and sharply changing rates of 
growth or decline. When such changes occur, the moving average 
has the merit of flexible adaptation to the new conditions and is 
often a more effective measure of secular trend than are more 
preten ti ous f uncti on s. 

Simple and weighted moving averages, in varying combinations, 
have wide uses in the analysis of economic time series. An illumi- 
nating discnission of these uses, and of the procedures .appropriate 
to difl'erent purposes, is to he found in The Smoothing of Time 
Series, by Frederick R. Macaulay.^ 

Representation of Secular Trends by Mathematical Curves 

For many types of data the secular trend may be represented 
by a mathematical function rather than by a line based upon a 
moving average. Tlius, if the growth (or decline) is by constant 
absolute increments (or decrements) a straight line will serve as 
an exact representation of the trend. Or the growth may be by 
constant percentages, as in the case of capital increase, when a 
principal sum increases in accordance with the compound interest 
law. An exponential curve defines such a trend. Where the secular 
course of a liistorical variable may be accurately described by a 
mathematical function, the tasks of analysis, interpretation, and 
projection may be facilitated by the use of such a function. 

A mathematical representation of the trend of a social, economic, 
or business series is sometimes assumed to define an underlying 
“law” of development. This is an acceptable view, if we regard a 
“law” as no more tlian an observed regularity, and the mathe- 
matit^al expression as a convenient shorthand description of a 
piece of recorded liistory. It may be that in time somewhat more 
firmly based laws of change will be established in the social and 
economic sciences. Indeed, some students believe that certain 
mathematical functions do, in fact, define laws of growth that are 
something more than empirically observed regularities, but the 
evidence for this view is not yet convincing. For the present it is 
best to regard a secular trend, whether described by a frankly 
empirical moving average or by a mathematical function, as no 


• Ref. 95. 
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more than an empirically established uniformity, subject to change 
without notice. 

In the practical approach to a problem involving the determina- 
tion of secular trend the first task is the selection of the appropriate 
type of curve. This is perhaps the most difficult part of the work; 
certainly it is the part in which the element of personal judgment 
enters most directly. For there is no objective rule to follow, no 
fixed standard by which the most appropriate curve may be 
selected. Something more will be said on this subject after the 
characteristics of the chief types of curves and the methods of 
fitting them have been described. For the present it may be as- 
sumed that a curve similar to one of the types described in Chapter 
2, or to a related form, has been selected, and that we face the 
practical task of fitting it to the data. 

The problem here is similar to that discussed in the preceding 
chapter, in considering correlation procedures. There we found 
that the method of least squares could be used in determining the 
most probable values of a and b in the equation to a straight line 
of regression. If the trend function desired in dealing with a given 
time series is linear, we must get most probable values for the 
same quantities in an equation of the form y = a bx (where x 
is time, and y is the historical variable in question). Customarily, 
the method of least squares is used in deriving such measures of 
trend, although the conditions on whicii that method logically 
rests are not realized in dealing with time scries. For chronologically 
ordered observations are not independent of one another; devia- 
tions from the function to be fitted are likely to be due primarily 
to nonrandom forces. Thus if we use the method of least squares 
in fitting a mathematical curve to a series of observations ordered 
in time we do so on grounds of practicality and expediency. Its 
use on these terms is defensible, but the limitations attaching to 
this use of the least squares method reenforce the argument that 
mathematical trend lines should be viewed as empirically useful 
functions but not as representations of rationally based laws of 
historical change. 

The least squares procedure in fitting a straight line calls, as we 
have seen, for the simultaneous solution of two normal equations 
(see Chapter 9). In handling historical variables the calculations 
may he simplified somewhat. When the x’s are consecutive 
numbers, as they always are when an unbroken time series is 
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a period marked by fairly rapid mechanization in American 
agriculture, a fact that gives the trend line of employment a 
somewhat sounder base than it would have if there were no ap- 
parent explanation of the decline noted. (Of course, the decline in 
agricultural employment goes back beyond 1935, but the move- 
ment was accelerated in the middle and late ^thirties.) 

Fitting a Polynomial. The discussion above has been confined to 
the case of linear trend. Such a function frequently defines secular 
movements accurately, but in many cases it fails to fit the data. 
This difficulty is sometimes overcome in practice by breaking a 
series into segments and fitting a separate line to the data for each 
of these periods. Where there is an actual break in the series, the 
period as a whole lacking homogeneity, this practice may be 
justified, but when the period is essentially homogeneous the whole 
concept of secular trend is violated by this process of subdividing 
and fitting separate lines. In many cases where a straight line will 
not fit, a polynomial may represent the trend accurately. The 
general process of fitting such a curve may be briefly described. 

The generalized form of the equation of the type desired is 
// = a bx cx'^ -b dx^ + . . . . For ordinary purposes such a 
curve should not be carried beyond the second or third power of x. 
If carried to the second power there are, of course, three unknowns, 
and three normal equations must be solved simultaneously in 
securing t he re(|uired values. 

The procedure is similar to that outlined for the linear case. 
Each observation equation is multiplied by the coefficient of the 
first unknown in tliat equation, and the resulting equations are 
totaled to give the first normal equation. The process is repeated 
for the two other unknowns, and the three normal equations thus 
obtained are solved for a, 6, and c. The results are the most 
probable values of these three constants. The following are the 
general forms which the three normal equations take: 

2 ( 7 /) = nn 4 - bll{x) -b r2(x*) 

= a'^(x) + -b cS(x®) (10.2) 

S(:r2//) == o^(x-) -b bZ(x^) -b c2(a-^) 

As an example of the process, the calculations involved in fitting 
a power curve of the second degree to the points 1, 2; 2, 6; 3, 7: 
4, 8; 5, 10; 6, 11; 7, 11; 8, 10; 9, 9 may l>e outlined. It is of the 
greatest practical importance in curve fitting, as in all extensive 
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calculations, that the work be laid out and carried on in a definite 
and systematic fashion, with each step definitely related to the 
preceding and succeeding operations. Checks should be introduced 
wherever possible, as mathematical errors creep into even the most 
careful work. A tabular arrangement is generally advisable, each 
operation being revealed and each set of results clearly presented. 
The data in the present problem may be arranged as in Table 10-7. 

TABLE 10->7 

Computation of Values Required in Fitting a Polynomial of the 
Second Degree 


X 

y 

xy 

X* 




1 

2 

2 

I ~ 



2 

n 

= 9 

2 

6 

12 

4 

24 

X(x) 

- 45 

:i 

7 

21 

0 

6:1 

X{x*) 

= 285 

4 

8 

32 

16 

128 


= 2,025 

5 

10 

50 

25 

250 

2:(x<) 

= 15,33:1 

0 

11 

06 

30 

390 

S(7y) 

= 74 

7 

11 

77 

40 

539 

^{xy) 

= 421 

8 

10 

80 

04 

()40 

S(x*jy) 

= 2,771 

9 

0 

81 

81 

720 



45 

74 

421 

285 

2,771 




When the jr’s are consecutive integers beginning with 1, as in 
the present case, the values of 2(a:), 2(^0, and may be 

obtained by the use of formulas,® or from prepared tables.® 

Substituting these values in the equations given above, the 
following normal equations are secured: 

74 - 9a 4- 45b -f 285c 
421 - 45a + 285b -f- 2,025c 
2,771 = 285a + 2,025b + 15,333c 


For convenieiKie of reference we here i^ive the formulas for the sums of the first four 
powers of the first n natural numbers (repeating; two of these from an earlier pafce): 


Sn = 
2;(n») = 


n(n + 1 ) 


2 

( 2n + 1) 
.3 


Xn 


iXn*) 

X(n*) 


= (Xn)> 


i_3^- 1 
5 


2(n*) 


• See Table XXVTII, Pearson, TabJft^ for Statigticians and Biometnciana. Values to the 
sixth power for numbers from 1 to 50 are given in Appendix Table IX of the present 
volume. 
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When these equations are solved simultaneously the following 
values are secured for the three constants: 

a = - .929 
6 = + 3.523 
c = - .267 

The equation of the desired curve is 

y = - .929 + 3.523X - 

This curve and the nine given points are plotted in Fig. 10.5. 



FIG. 10.5. Illustrating the Fitting of a Second Degree Curve to 
Nine Points. 

If the values of x are consecutive, as in the present example, the 
work of computation is lightened df the mid-value is taken as 
origin. In this case 2(a:) and are equal to zero, and the normal 
equations become 

'Zy = na c2(x®) 

Z{xy) = hZ{x^) 

Z{x^y) ^ aZ{x^) + cZ{x*) 

When a polynomial of the third degree, of the form y == a hx 
+ cx* -h dx*, is to be fitted to data, four constants must be de- 
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termined, and four normal equations are necessary. These are of 
the following form: 

2 ( 2 /) = na + feS(x) + c^(x^) + 

X{xy) = aS(x) + bi:{x^) + c2(x») + dX(x*) 

X{xhj) = a2(x2) -f hX{a^) + c2(x^) + d2(x‘>) 

Xix^y) = a2(x3) + 62(x') + c2(x^) + d2(x«) 

The solution for four or more constants involves a considerable 
amount of arithmetical calculation, and there is some question as 
to the advisability of representing secular trend by equations of 
this type. With a sufficient number of constants a curve may be 
fitted that will follow every variation in the data, but such a curve 
could hardly be taken to represent the long-term trend. ^ Minor 
departures from a simple uniform trend, linear or otherwise, are to 
be expected with economic data, but, if a real trend exists, extreme 
departures from a fairly simple form are rare. If such departures 
arc due to pronounced changes in conditions no single line of trend 
is likely to be satisfactory, and it is advisable to break the period 
into parts, with a separate line of trend for each part. ‘‘Empirical 
curves,^’ says Steinmetz, “can be represented by a single equation 
only when the physical conditions remain constant within the 
range of the observations.” Though this statement relates to the 
fitting of curves to data from the physical sciences, the general 
principle applies to economic data. 

A Secular Trend of the Second Degree. The production and 
sales of electric power in recent decades are good examples of series 
following nonlinear trends. The sales of electric power to ultimate 
consumers,* in the United States, for the years 1937-1953, are 
plotted in Fig. 10.6. The data, with computations needed for the 
fitting of a polynomial of tlie .second degree, arc presented in 
Table 10-8. 

’ The famous razor, or Law of Parcimoiiy, of William of Occam, which specifies that 
in explaining things not known to exist the number of entities (here read “constants") 
should not be increased unnecessarily, has sjiecial pertinence to a problem of this sort. 

Regarding the employment of potential series of the type indicated for representing 
empirical curves, Steinmetz states tliat their use is justified: ' 

1. If the successive coefficients a, b, c .. . decrease in value so rapidly that within the 
range of observation the higher terms become rapidly smaller and appear as mere 
secondary tei^s. 

2. If the successive coefficients follow a definite law, indicating a convergent series 
which represents some other function, as an exponential, trigonometric, etc. 

3. If all the coefficients are very small, with the exception of a few of them, and only 
the latter ones thus need to be considered. 


(10.3) 
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fourth powers of x may be obtained from prepared tables, or from 
the formulas cited on p. 343. With the origin at the middle of the 
period the normal equations required for a fitting of the function 
y = o + -h ra?* (see formula 10.2 above) become 

S(y) = Na -}- c^(x^) 

^(xy) = hl{x^) 

Z{x^y) = aS(iC*) + ci:{x*) 

Inserting the appropriate values, we have 

293.1 = 17a + 408c 

569.1 = 4086 

7,445.5 = 408a -h 17,544c 

Solv^ing for the constants 

a = 15.968 
6 = + 1.395 
c = -h 0.053 

The required equation is 

y = 15.968 + 1.395a: + 0.053a:‘^ 

with origin at 1945. This equation is plotted in Fig. 10.6. The 
smooth growth of total sales of electric power was broken slightly 
by war and postwar adjustments, but the trend is reasonably well 
represented by the function employed. 

The Use of Logarithms in Curve Fitting. The family of curves 
described above represents a simple and very useful type. Perhaps 
of even greater general utility, in the analysis of time series, are 
curves of a semilogarithmic type. The advantages of plotting many 
series of data on semilogarithmic or '^ratio^^ paper were explained 
in an earlier section. A fundamental virtue of this type of plotting 
is that it presents a true picture of relative variations, of ratios 
between magnitudes. Relations of this type are ordinarily of 
primary interest in the analysis of economic data, and it is logical 
that determination of trends should proceed on the same basis. 

In doing so, we can make use of a group of curves of the same 
general form as those already described, the one difference being 
that log y takes the place of y throughout. That is, the straight 
line form is log ?/ = a + 6x, while the general form for the poly- 
nonriial series is log y = a + 6x -|- cx* -j- dx® + . . . . The curves 
secured may be constructed on arithmetic paper, plotting the 
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reader will note that this is the logarithmic form of an equation to 
a compound interest curve (an exponential curve). This equation 
was given in Chapter 2 as 

2/ = p(l -1- ry (10.4) 


log 2 / = log p + a; log (1 -f r) 

In the example just given we have used the symbol a for log p 
and the symbol 6 for log (1 -f- r), but the equations are identical. 

We may readily change to natural numbers the constants in the 
equation defining the trend of petroleum production from 1936 to 
1953. We have 

log y = 3.03564 -f 0.()1876a- 

where 3.03564 is log p and 0.01876 is log (1 + r). The natural 
number corresponding to 3.03564 is 1,085.5. The natural number 
corresponding to 0.01876 is 1.044. The trend of petroleum produc- 
tion in natural form is, therefore 

y = 1085..5( 1.044)" 

with origin at 1935. Subtracting 1 from the constant 1.044 we 
secure 0.044, which is r, the rate of increase of a series growing in 
accordance with the compound interest law. (If, on subtracting 1, 
we have a negative value, the growth is negative, of course.) This 
measure indicates that the production of crude petroleum increased 
at an average rate of 4.4 percent a year between 1936 and 1953 
(r being multiplied by 100 to place it on a percentage basis). 

When t he trend of a series in time may be described bj^ a straight 
line on ratio paper (and such functions are widely applicable) the 
constant r is a highly useful measure. It defines the average annual 
rate of growth or decline of the series. It is, of course, an abstract 
measure and thus has the great merit of permitting comparison of 
the trends of series relating to widely" different original units. The 
rate of growth of population, over a given period, may have been 
1.4 percent per year; the production of gasoline may have increased 
at a rate of 4.5 percent, the production of automobiles at 4.2 
percent, the production of wheat at 1.1 percent, total national 
income at 1.6 percent. The trends of these series are immediately 
comparable, and conclusions concerning the direction and character 
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of a nation development may be drawn. This measure provides 
a valuable device for the study of social and economic change.^ 
By the use of additional terms a function of the type just 
discussed may be modified when dealing with a series having a 
nonlinear trend on ratio paper. The addition of a third constant 
gives an equation of the type 

log 2/ = rt + H- cx^ 

This is, of course, the counterpart in logarithmic or ratio terms of 
a polynomial of the second degree in terms of natural numbers. 
Still further constants may be added — a process that is subject to 
the reservations already voiced concerning the addition of con- 
stants to such equations when natural numbers are employed. 

Other Curve Types. The two families of curves described in the 
preceding sections meet most of the needs of the economic statis- 
tician. The trend in most time series may be described by poly- 
nomials fitted either to natural numbers or to the logarithms of 
the data (that is, to the logarithms of tiie y values; time, the 
.r- variable, is treated in terms of natural numbers in fitting both 
the above types of curves). These clasvses constitute flexible and 
widely applicable curve forms.® Attention may be called to several 
other curve types which have been applied less extensively to time 
series, but with favorable results in particular cases. 

Curves of the ordinary parabolic type (y = ax^) are not generally 
applicable to economic data in the form of time series, as their use 
involves the treatment of the time variable as a geometric series. 
Such a curve, it will be recalled, becomes a straight line on double 


** In any extensive application of this procedure time and labor may be saved by utilizing 
Glover's mean value table (cf. James W Glover, Tables of Appli&i M ^hematics, 
George Wahr, Ann Arbor, Michigan, 1923, 468ff.). By the use of this table the com- 
pound interest curve may be fitted directly to the natural numbers. All necessary 
computations are simply and rjuickly performed. 

* There are available for fitting higher degree curves of the power series methods that 
lessen the labor involved, particularly if curves of different degree are to be fitted to 
the same data. These methods, which reduce the fitting process to a series of simple 
adding machine ojierations, are appropriate to extended research projects. Their use 
is not advisable, however, unless work involving a considerable number of routine 
operations is contemplated. It is desirable that the student master the basic leasts 
squares procedures outlined in the preceding pages, utilizing other methods only 
when extended computing tasks are undertaken. 

For accounts of systematic methods of computing polynomial values and illustrations 
of the use of orthogonal polynomials see R. A. Fisher (Ref. 60), Fisher and Yales 
(Ref. 51, pp. 23-25 and Table XXIII for tables to be used in fitting), L. H. C. Tippett 
(Ref. 160), and M. G. Kendall (Ref. 78, Vol. II). 
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logarithmic paper. Yet if a curve of this form serves accurately to 
describe the trend of a given series, its use is justified, empirically. 

Such curves may be fitted most readily by employing logarithmp 
and using an equation of the linear type. The equation 

y = ax^ 

becomes, in logarithmic form, 

log y = log a H- 6 log x 

The e(]uation to the simple exponential curve may be written 
y = ar^ 

(The r in this equation is the equivalent of 1 -h r, as given in 
earlier references.) This equation may be used to define the trend 
of a series in (Teasing or decreasing in geometric progression. It has 
been observed that the trends of economic series frequently depart 
from such a geometric progression by constant magnitudes. By 
adding this magnitude, in a given case, to the original series (or 
subtracting it), a modified series with a clear exponential trend 
may be secured. The trend of the original series may be written 

y = ar^ — K (10.5) 

where A' is <,he constant magnitude by which the series departs 
from a geometric progression. A modified exponential curve of this 
type may give a highly satisfactory representation of trend, in 
certain cases. The method employed in fitting such a curve is 
discussed in Appendix F. 

Some use has been made, in the interpretation of economic 
statistics, of the (lompertz curve, the equation to which was 
originally developed in the actuarial field. The equation is 

y = ah*''' (10.6) 

Its use in the analysis of economic statistics has been based upon 
the argument that there is a general law of growth characteristic 
of population increase, and that this same type of growth is found 
in industries in which volume of production is a direct function of 
the growth of population. 

A somewhat similar curve of growth, the “logistic,” has been 
employed by Verhulst, and by Raymond Pearl and Lowell J. Reed 
in forecasting population growth. This curve has been found to 
describe the trends of certain social and economic series. Examples 



MONTHLY TRfiND VALUES 


3S3 


of the procedures employed in fitting Gompertz and logistic curves 
are given in Appendix F. 

Determination of monthly trend values. The procedures so far 
described have dealt with annual measurements only. Having 
fitted a line or curve to annual data it is frequently necessary to 
effect a transition to monthly units. Problems involving such 
monthly measurements are faced in the study of cyclical move- 
ments which are discussed in Chapter 12. 

The constant a in the trend equation defines the trend value in 
the year taken as origin. If the annual data employed in the fitting 
processes are averages of 12 monthly values (e.g., the average price 
of pig iron in a given year) the constant a measures the trend value 
for a month centered at the middle of the year covered by the 
annual figures. If the annual data are aggregates of 12 monthly 
values (e.g., total production of pig iron in a given year) the 
constant a must be divided by 12 to obtain the trend value for 
the month centered at the middle of the year. 

If the trend be linear, the constant b in the equation y = a hx 
defines the change due to trend over a 12-month period. In inter- 
polating for monthly trend values, the increment (or decrement) 
from month to month (e.g., from January to February of a given 

year) is if the annual data employed in the fitting process are 
averages of monthly values. The increment from month to month 


is ttt if the annual data are aggregates of monthly values. 
144 


The one further step needed is properly to center the monthly 
trend values. These should, of course, be centered at points of 
time corresponding to those to which the actual monthly data 
relate. In averaging, or aggregating, monthly data relating to the 
middle of each of the 12 months in a calendar year we secure a 
figure centered at July 1. The month centered at the middle of 
the year of origin thus centers at July 1. For comparison with 
actual monthly data, we desire trend values centered at July 15, 
August 15, etc. At the beginning, therefore, we mUst add to the 
trend value for the month centered at the middle of the year of 

origin ^that is, to a or to one half of the month-to-month in- 
crement (or decrement) that we have obtained from h of the trend 
equation. This procedure gives us the trend value for the month 
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centered at July 15. This value may be compared with the actual 
value recorded for that month. The addition to this of the month- 
to-month trend increment (or decrement) gives trend values for 
all following months ; subtraction gives trend values for all preced- 
ing months.*® 

On the Selection of a Curve to Represent Trend 

Various types of curves which may be fitted to represent the 
trend of economic data over a period of time have been described. 
But which of these many types is to be selected in a given case? 
Which will give the best standard of “normality'* for each of the 
years covered? Several references to this problem have been made 
in the preceding sections, but no general principles have been laid 
down. And, in fact, no general principles can be evoked to answer 
this fundamental question. There is no absolute test of goodness 
of fit in such cases. It is largely a matter of personal judgment as 
to the type of curve which best represents the trend in a given 
instance, and experience must play a dominant part in such 
judgments. But certain general considerations are of assistance in 
selecting the appropriate type of curve. 

1. The first step in the selection of a curve type is the plotting 
of the data. When this has been done, it is frequently possible by 
inspection to determine the appropriate form. The data may be 
plotted in four different combinations, of which the first two are 
of chief importance in dealing with economic material. 

o. Natural x, natural y. (That is, plot the given figures on ordinary 
arithmetic paper.) 

6. Natural x, log y, (Plot the x's on the natural scale, and plot the 
2 /'s on the logarithmic scale; i.e., use semilogarithmic paper.) 

c. Natural ?/, log x, (Plot on semilogarithmic paper, with the 
ar-scale logarithmic.) 


If tile original monthly data relate to the first or last of the month, rather than the 
middle, a similar correction is needed, but the monthly dates named in the text 
would be difTercnt, of course. If the trend equation is nonlinear, the process of inter- 
polation must be correspondingly modified. For the simple exponential the rate of 
change from month to month is given by the twelfth root of the year-to-year rate. 
On general methods of interpolation see TJw Calculus of Observations, by Whittakv 
and Robinson (Ref. 190). 
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d. Log Vt log X, (Plot on paper with logarithmic ruling on both 
scales.) 

If in any of these cases a straight line trend is denoted, a type 
of equation which plots as a straight line under the given conditions 
(see Chapter 2) would be selected. If a linear equation is not 
appropriate some other simple type may be suggested by the 
plotted data. In studying such graphs for the purpose of selecting 
a curve to represent trend, one should be familiar with the curves 
representing all the simpler equations. 

2. The appropriate curve may be determined by a study of the 
relations between the two variables, x and y. In the simpler cases 
the following relations hold:** 

а. If, when the values of x are arranged in an arithmetic series, the 

corresponding values of y form a geometric series, the relation 
is of the exponential type, described by the equation 

y = ab^ 

б. If, when the values of x are arranged in a geometric series, the 

corresponding values of y form a geometric series, the relation 
is of the parabolic or hyperbolic type, described by the 
equation 


y = ax^ 

c. If, when the values of x are arranged in an arithmetic series, the 
first differences of the corresponding are constant, the 
relation is of the straight line type, described by the equation 

y = a bx 

The differences between successive y values, when x’s are 
arranged in an arithmetic series, are termed ‘^first differences'^ or 
“first order differences” and are represented by the symbol ^y. 
The differences between successive first differences are called 
“second differences” and are represented by the symbol A*?/. 


It will be recalled that an arithmetic series changes by a constant absolute increment, 
while a geometric senes changes by a constant percentage. 
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Differences of higher order are similarly derived. The following 
table illustrates the formation of differences: 


X 

y 

Ay 

A^y 

A^y 

1 

11 




2 

40 

29 

32 

12 

3 

101 

61 

44 

12 

4 

206 

105 

56 

12 

5 

367 

161 

68 

12 

6 

596 

229 

80 

12 

7 

905 

309 

92 

12 

S 

1,306 

401 

104 

12 

9 

1,811 

505 

116 


10 

2,432 

621 




d. If, when the values of x are arranged in an arithmetic series, 
the ?ith differences of the corresponding i/’s are constant, the 
relation between tlie variables is described by a polynomial 
carried to the 7itth power of x; that is, by an equation of the 
type 

y = a bx cx^ dx^ , . . + qx'^. 

Thus, in the example given above, in which the third differences 
are constant, the relation between x and y would be described 
by an equation of the form 

2/ = a + hx H- “h dx^ 

When one is selecting a curve to use in the analysis of economic 
data, he will rarely, if ever, find these tests to be met perfectly. 
This would happen only when the curve chosen passed through 
all the plotted points. But data in a given case will generally 
approximate some one of the conditions described above, and the 
appropriate type of curve will be indicated. 

3. If study of the original data does not render a definite decision 
possible, several types of curves may be fitted to the data and the 
decision made by comparing the results. If the equations to the 
curves being compared contain the same number of constants, a 
comparison of the root-mean-square deviations about the curves 
furnishes a valid test of the closeness of the fit within the limits 
of the data. 
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The root-mean-square deviation may be readily computed by 
making use of the following relationship 

xm = X(if) - a^iy) - hl^ixy) - c^x^) - . . . (10.7) 

where Z(d^) is the sum of the squares of the deviations about the 
line of trend. (The derivation of this equation is explained in 
Appendix C, in which a generalized form is given.) If the equations 
do not contain the same number of constants, a test of this sort is 
invalid and the comparison can only be made by inspection. 
Personal judgment as to the curve that represents the trend most 
accurately must be the basis of the decision in such cases. 

It should be remembered that the closeness of fit within the 
limits of the data is not of itself a final criterion. An equation could 
be secured, having a number of constants equal to the number of 
points, which would give a curve passing through every point 
plotted, yet such a (airve would not necessarily represent the trend. 
The concept of a trend is of a regular, smooth underlying move- 
ment, from which there are deviations, but which marks the long- 
term tendency of the series. In general, therefore, the curve should 
be of simple form, if it is to be consistent with the concept of 
secular trend. This does not mean, however, that a complex trend 
can be represented by a simple curve that fails to conform to the 
plotted data. 

4. An important question to be answered before the form of 
curve can be selected relates to the limits within which the line of 
trend is to be used. If it is to be used only within the limits of the 
plotted data (i.e., for interpolation) one set of considerations 
governs the choice of a curve. If it is to be projected beyond the 
limits of the data and used as a basis for the determination of 
‘^normal”’^ levels during a subsequent period, other considerations 
enter. In the former case a reasonable fit to the data is the sole 
requirement; in the latter case it is necessary, in addition, that the 
trend of the projection be logical, and consistent with the past 
record. 

** It is customary to think of the term "normal'' as synonymous with "trend value,” 
hut we should not forget that “normal" it* here used in a conveniently Pickwickian 
sense Even in retrospect it is hard to way what was normal in the life of man; to 
aay what will be normtil in the future is doubly hazardous In the New Yorker’s 
words, "Normalcj', like love, is old vet ever new. It is the imponderable, haunting 
element in the statistical pudding , . Normalcy is a memory, a wisp, a piece of old 

lace, a crushed petal between the pages of a book.” 
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The fact should be recognized that projection, or extrapolation^ 
represents a guess, justified only on the assumption that a proper 
line of trend has been fitted and that the same conditions that 
affected the series in the past will prevail in the future. A change 
in conditions, the introduction of new elements, renders the 
projection invalid. When dealing with economic statistics, more- 
over, it is ordinarily impossible to tell, except in retrospect, when 
a change has taken place. Conclusions drawn from the projection 
of a line of trend are always subject to error, therefore. In practical 
statistical work such projections are made, and are justified on the 
ground that the most probable course in the future is that which 
prevailed in the past. Projections into the distant future are, of 
course, subject to wider margins of error than short-time projec- 
tions. Lines of trend should be revised from time to time, therefore, 
as new data become available. 

When a projection is to be made, a simple curve with few 
constants is to be preferred to a more complicated one. A poly- 
nomial of the third or fourth degree may give an excellent fit to 
the data in a given case, but the projection of such curves is 
inadvisable. It is well to remember, as Perrin has pointed out, that 
a curve suitable for interpolation may not be at all adapted to 
extrapolation. 

The avoidance of distortion of trend lines by abnormal conditions 
in the terminal years of the period studied is particularly important 
when a trend is to be projected. 

It seems to be true, in general, that simple curves fitted to the 
logarithms of the //’s give more reliable results when projected 
than do cur\’es fitted to the natural numbers. In an interesting 
discussion of this point, Karl G. Karsten has argued that phe- 
nomena characterized by a uniform rate of change are more likely 
to maintain their trend than phenomena marked by a uniform 
amount of change. It is the semilogarithmic curves, of course, that 
best measure rates of cliange. 

5. It is freciueiitly true that no one curve will fit a given series 
during the entire period it is desired to study. This may be due to 
structural changes in the economj^ that alter the determinants of 
growth for the element in question. Thus the industrial revolution, 
which materially increased the productive powers of the people of 
Britain in the late eighteenth and nineteenth centuries, paved the 
way for a substantial advance in the rate of population growth in 
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the United iCingdom. Such structural changes affect many eco- 
nomic series. By breaking the entire period into sections, appropri- 
ate lines of trend may be fitted to the several periods thus marked 
off. This process may be carried to a quite illogical extreme, 
however. The concept of trend is of a gradual, long-term change, 
and the breaking up of a series in order to fit a number of trend 
lines is contrary to the whole conception. The assumption that a 
trend has been sharply broken may be justified on occasion, when 
a real change in underlying conditions is known to have occurred. 
But when trend breaks are introduced without such rational basis 
the significance of resulting trend values is of course reduced. 

REFERENCES 

Burns, A. F., Production Trends tn the United States Smce 1870. 

Croxton, F. E. and Cowden, D. J., Applied General Statistics, Chaps. 15, 16. 
Kendall, M. G., The Advanced Theory of Statistics, 3rd ed., A^)l. JI, pp. 
363-387. 

Koopmans, T., ed., Statistical Inference in Dynamic Economic Models, 
Chaps. 11, 12 (an econometric approach to the analysis of time series). 
Kuznets, S., Secular Movements tn Production and Prices. 

Lewis, E. E., Methods of Statistical Analysis in Economics and Business, 
Chap. 10. 

Macaulay, F. R., The Smoothing of Time Series. 

Mills, F. C., Economic Tendencies in the United States. 

Riggleman, .1. R. and Frisbee, I. N., Business Statistics, 3rd ed., Chaps. 
14, 15. 

Sasiily, M., Trend Analysis of Statistics: Theory and Technique. 
Schumpeter, J. A., Business Cycles, Chap. 5. 

Spurr, W. A.., Kellogg, L. S. and Smith, J. H., Business and Economic 
Statistics, Chap. 15. 

Yule, G. U. and Kendall, M. G., An Introduction to the Theory of Statistics, 
14th ed., Chap. 26. 

The publishers and the dates of publication of the books named in 
chapter reference lists are given in the bibliography at the end of 
this volume. 



CHAPTER aa 


The Analysis of Time Series: 
Measurement of Seasonal 
Fluctuations 


The measurement of secular trend is but one of the problems 
connected with the analysis of a series in time. Such series, it has 
been pointed out, are subject to periodic and semiperiodic fluctua- 
tions, seasonal and cyclical in character, and these fluctuations 
may be objects of major interest to the investigator. We deal in 
this chapter with the first of tliese classes of fluctuations. 

The pervasiveness of seasonal momnents. Seasonal changes in 
economic series arc, of course, true periodicities. The swing of the 
earth around the sun brings in its wake a host of movements in 
weather and in harvests, in the flow of goods in domestic and 
international trade, in the needs and buying practices of consumers, 
and in the patterns of industrial production that are related to 
consumer demand, and ramifying consequences of all these. 

A few examples will indicate the pervasiveness and amplitude 
of these movements.^ Industrial production in the United States 
reaches a seasonal low in July, a peak in October, the range being 
from 94 to 103 (where 100 represents the average for the year). 
Metal mining rises from a low of 72 in January to a high of 121 in 
June; bituminous coal production is at a low of 75 in July, a peak 
of 109 in October-November. The production of food and beverages 
(manufactured products) reaches a low of 91 in February, a high 

' These examples arc based on seasonal indexes of the Board of Ciovernors of the Federal 
Reserve System (see Chapter 14) and of the National Bureau of Economic Research. 
Such indexes are, of course, subject to change over time. 
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of 114 in September. The consumption of cotton is at a low in 
July, a high in February, the seasonal amplitude being from 84 
to 108. Portland cement production, on the other hand, is at a 
low of 76 in February, a high of 115 in October. Sales by mail 
order houses range from a low of 70 in February to a high of 145 
in December. Consumer installment credit for purchases from 
department stores and mail order houses is at a seasonal low of 
92 in August and September, a year-end peak of 110 in December, 
111 in January. Freight ton-miles on railroads reach a low of 92 
in February, a high of 1 12 in October. And the cold storage holdings 
of eggs rise from a seasonal low of 4 in February to a high of 192 
in July! Some of these are, of course, extreme examples; there are 
stable series that are virtually unaffected by the march of the 
seasons. But many social activities and economic processes are 
affected. Our present concern is with these. 

The study of weather and harvest rhythms and of their diverse 
economic effects can be a rewarding enterprise in its own right, 
and some few investigations have concentrated attention on them. 
In the main, however, statisticians seek to define seasonal patterns 
for the purpose of removing them. The Federal Reserve production 
index is “adjusted” in this fashion In the traditional approach in 
time series analysis, trend and seasonal movements are eliminated 
in order that “cycles” may be defined. But whether the seasonal 
patterns are themselves of interest or are to be removed to further 
other purposes, the first step is to measure them with as much 
precision as possible. 

An Example of the Use of Moving Averages 

The figures in Table 11-1, which reflect the rnonth-to-inonth 
variations in losses from fire and lightning in the United States, 
may be used to illustrate the measurement of seasonal fluctuations. 
The process of measurement begins with the computation of 12- 
month moving averages. Since the fluctuations to be defined take 
place within a constant period of 12 months, a moving average 
may be used with more confidence than when a rhythm of varying 
length is involved. However, the magnitude of the fluctuations 
(the amplitude of the seasonal swings) may vary somewhat from 
year to year; moreover, the indi\ddual observations to be averaged 
are affected by random and other nonseasonal factors. Accordingly, 
the line marked out by the moving averages will not be completely 
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free of seasonal influences, and the deviations from it will not 
deflne pure seasonal fluctuations. We may meet these difflculties 
in part by averaging the ratios of the actual monthly items to the 
moving averages, by months, and basing indexes of seasonal 
variation upon these averages. 

It is essential, of course, that the moving average, centered, fall 
at the same date as the original figure with which it is to be 
compared. This involves a second process of averaging. For 
example, the monthl}'^ totals of fire losses should be considered to 
be located at the middle of each month. The average of the 12 
monthly items for 1936, when centered, falls on July 1. The 
average of the items from February, 1936, through January, 1937, 
centered, falls on August 1. To secure a figure comparable with 
the July 15 average, these two must be averaged. By this process 
of computing 2-month moving averages from the 12-month 
averages, comparability with the original figures may be secured. 
In the actual computations it is simpler to employ moving totals 
up to the point of final reduction to a properly centered 12-month 
moving average. 

Ratios to Moving Averages. The procedure is illustrated in 
Table 11-2, which show^s the calculations for 2 of the 18 years 
covered. The 12-month moving totals given in column (3) are 
centered by means of 2-month moving totals in column (4); 
dividing by 24, the moving averages given in column (5) are 
obtained. Expressing the original data in column (2) as ratios to 
the corresponding averages in column (5), we obtain the figures 
in column (6). 

The derived percentages, showing the relation of actual fire 
losses, month by month, to the moving averages are given in 
Table 11-3, for the period 1936-53. These percentages, which are 
to provide the means by which we compute index numbers of 
seasonal variation, call for a brief discussion. 

The base of each percentage, e.g., 24,335 for July 1936, is an 
average for 12 months. In the calculation of this average, it is 
assumed, recurring fluctuations with a period of exactly 12 months 
will be cancelled out. Thus the average is taken to be free of 
seasonal movements. The averages will, however, move with the 
long-term trend, if there is one. They will reflect periodic move- 
ments, such as business cycles, that run their courses in periods 
exceeding 12 months in length. Deviations from the moving 
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in the incidence of fires; they may cause any month in a given 
year to be well below or well above the figure that might be 
expected on the basis of past experience. It is unlikely that the 
trend of fire losses is exactly reflected in the long-term movements 
of the 12-month moving averages; to the extent that the trend is 
not so defined, the monthly percentages of Table 11-3 will depart 
from 100. It is, similarly, unlikely that cyclical fluctuations in fire 
losses are fully embodied in the moving averages; the percentages 
of Table 11-3 will be affected by any discrepancy of this sort. 

For these various reasons we find considerable variation among 
the percentages for each month of the year. The degree of variation 
is revealed in Fig. 11.1, a multiple frequency table showing the 
scatter of the percentages falling in each of the twelve months. 
There is, of course, an obvious escape from the difficulties presented 
by variation within a given month. We may average the 17 items 
for January, the 17 for February, etc. This procedure has an 
excellent rational justification. We may assume that the seasonal 
force is fairly constant in its influence upon fire losses in, say, the 
month of August. Losses in that month tend always to be low'. 
But random factors wdll sometimes work to make the losses in a 
given month low, sometimes high. So, also, will cyclical divergences 
from r2-month moving averages, since the averages may be 
expected to be below the cyclical norm in some years, above in 
others. Trend divergences can conceivably offer greater difficulties; 
moving averages may consistently fall below or exceed trend values, 
if the true trends are nonlinear with persistent upward or down- 
ward curvature." With this one exception, wt should expect the 
effects of nonseasonal influences to be such as would be cancelled 
out, in the long run, by averaging the percentages for a given 
month. The persistent influence of the seasonal movement wrould 
be dominant, and would determine the location of the average for 
that month. The trend factor would be disturbing only if the series 
being studied w’ere nonlinear, with considerable curvature. 

That there is a seasonal pattern in fire losses is clearly shown b}^ 
Fig. 11.1. Although there is considerable variation in some months, 
losses are persistently high from December to March, fall from 
March to August, remain low through the fall months, and rise 
again in December. The existence of such a pronounced pattern 


* See pp. 



MOVING AVERAGES 


3Rr 


Relatives 




BW 

BBl 

1^3 

BQ 

l&i 


taut 

ESI 

ESI 







m 






1 















■ 






g 






133 • 135.9 



B 




H 






130 - 132.9 

1 

1 

■ 









n 

1?7 - 129.9 












in 

124 • 126.9 



!■ 









m 


1 



1 








1 


1 

m 

m 









1 


m 

■ 


1 








n 


DU 

1 

tnni 

m 








m 



RWi 

!!■ 

1 






1 

1 

DP 

106 • 108.9 

!■ 



m 









103 • 105.9 

HP 



!■ 









rn 

100 • 102.9 

■ 

in 

■ 

!■ 

DH 



1 



9 


97 - 99.9 

■ 


9 

!■ 

m 

■ 





B 


94 - 96.9 





nw 

1 

1 



m 

BP 

Bl 

91- 93.9 





m 

R!M 

m 


J 

EH 

m 


88 - 90.9 




1 

n 

nil 

II 

nil 

in 

mil 

11 







1 

III 

mi 


nil 

g 

HP 


82 - 84.9 






1 

II 

HU 

11 

im 

■ 


79- 81.9 







■ 



l 










m 

1 


■ 





FIG. 11.1. Frequency Distributions: Monthly Incurred Fire Ijosses Expressofl as 
Relatives of Corrosponding 12-Month Moving Averages. 
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gives us confidence that the seasonal index numbers to be derived 
will be significant of real changes within the year. 

Means and Medians of Ratios to Moving Averages. Various 
methods are employed in seeking to obtain a representative and 
accurate index figure for each month of the year. Of the conven- 
tional averages, the arithmetic mean and the median are appro- 
priate. Averages of these types, for each of the 12 months, are 
given in Table 11-4, with corresponding adjusted measures. The 

TABLE 11-4 

Indexes of Seasonal Variation in Fire Losses. Aritlimetic Means and 
Medians Computed from Ratios to 1 2-Month Moving Averages 


(l) 

(2) 

(3) 

(4) 

(5) 

Month 

Arithmetic 

Arithmetic 

Medians 

Medians 

moans 

means, adjusted 


adjusted 

JanUHiy 

112.51 

112.1) 

112.3 

113.2 

February 

113.4:1 

113.7 

1115 

112.4 

Marcli 

Ill).:i7 

119.7 

119.2 

120.2 

April 

KKi 

106 7 

105.1 

106.0 

May 

1)5. U) 

95 7 

96.3 

97.1 

June 

88.1)4 

89.2 

89.1) 

90.7 

July 

8(>.3J 

86 5 

86.3 

87.0 

AugUHt 

85.72 

86 0 

85 2 

85.9 

September 

84.58 

81 8 

84.1) 

85.6 

October 

81) 1)1 

IK). 2 

81) 0 

89.8 

November 

94.37 

94.6 

1)4 4 

95.2 

December 

119.(53 

120 0 

115.1) 

116.9 

Average 

99.72 

100 0 

99.17 

100.0 


adjustment is needed because the average of the 12 monthly means 
(or the 12 monthly medians) will seldom be exactly 100; there is 
rarely a complete cancelling out of the effects of nonseasonal forces. 
T^us for the arithmetic means in column (2) of Table 11-4 the 
average is 99.72. Since the monthly seasonal indexes are designed 
to show how a given annual total of fire losses would be divided 
among the 12 months, if seasonal forces alone were operative, the 
average of the 12 seasonal indexes should be exactly 100. The 
simple adjustment needed is made, in this case by multiplying 
each of the items in column (2) by the reciprocal of 99.72. The 
adjusted measures in column (3) will then average 100. (Two 
decimal places are used in the calculations, but the final indexes 
are carried to but one decimal place.) A similar adjustment is made 
for the medians of the original monthly percentages. 
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Both sets of adjusted indexes show a wide range of variation in 
fire losses, within the year. September falls to some 15 percent 
below the average monthly loss for the year; March and December 
mark seasonal peaks, from 17 to 20 percent above the yearly 
average. That this is a consistent pattern is clearly shown by the 
frequency distributions in Fig. 11.1. 

The two sets of seasonal indexes agree very closely. The differ- 
ences between them fall within a range of less than 2 percent, 
except for December, a month of considerable dispersion in fire 
losses. Each of the two types has its merits and demerits. The 
mean is affected by the values of all the measurements available 
for each month. It may, however, be unduly affected by excep- 
tional cases. Thus a conflagration would swell fire losses in a given 
month to a quite unrepresentative figure. A seasonal index for that 
month might be misleading were the exceptional figure included 
in its calculation. The median, which avoids this danger, has its 
own drawbacks. It is subject to material changes in value by the 
addition or withdrawal of one or two entries, unless there is a 
definite concentration in tlie monthly distributions. Since the 
choice of an average is conditioned in part upon the character of 
the distribution of observations within given months, the tabular 
summary given in Fig. 11.1 can be made to serve as a very useful 
guide. 

Positional Means. Use is often made of a third method of 
computing seasonal indexes, a method that combines many of the 
advantages of both mean and median. This involves the taking of 
an arithmetic mean of the central items in each monthly array of 
percentages. When there is an odd number of cases in each monthly 
distribution, this may be the mean of the three or five central 
observations; when the number is even, the middle four or six 
observations may be averaged. (The measures should be derived, 
of course, not from the frequency distributions, but from arrays of 
the original items.) Such a “positional average'' is unaffected by 
extreme values, and is likely to be more stable than the median, 
i.e., less affected by the addition or removal of one dr more items. 
In Table 11-5 are given indexes of seasonal variation in fire losses 
obtained by using such positional averages. 

The indexes given in columns (3) and (5) of Table 11-5 trace out 
the same general pattern of seasonal variation that was defined by 
the indexes in Table 11-4. It is to be noted, however, that the in- 
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Indexes of Seasonal Variation in Fire Losses 
Positional Means based upon Ratios to Moving Averages 


(1) 

Month 

(2) 

Arithmetic 
mean of 3 
central 
itemu 

(3) 

Col. (2) 
adjusted 

(4) 

Arithmetic 
mean of 5 
central 
items 

(6) 

Col. (4) 
adjusted 

January 

111.18 

112.3 

110.84 

111.8 

February 

112.37 

113.5 

112.86 

113.9 

March 

116.20 

117.3 

116.50 

117.5 

April 

105.70 

106.7 

105.84 

106.8 

May 

96.33 

97.3 

95.80 

96.7 

June 

mi.CK) 

90 9 

90.12 

90.9 

July 

86.23 

87. 1 

86.16 

86.9 

AuguHt 

85.40 

86.2 

85.58 

86.3 

September 

85.07 

85.9 

84.78 

85.5 

October 

89 (K) 

89.9 

89,06 

89.8 

November 

94.33 

95 2 

94.38 

95.2 

December 

116 53 

117.7 

117.68 

118.7 

Average 

99.03 

100.0 

99.13 

100.0 


dexes derived by averaging central items (^ome between the 
extremes obtained from simple arithmetic means and medians for 
the month of December. The positional means have clear merit. 
In general, they are to be preferred to either the arithmetic mean 
or the median when the arrays of monthly relatives show any 
considerable degree of dispersion. 

Other methods. The preceding example has illustrated the use of 
ratios to moving averages in defining patterns of seasonal variation. 
A somewhat similar method employs ratios to trend values. Such 
ratios are tabulated, for the different months of the year, in the 
manner shown in Fig. 11.1. Seasonal indexes are then obtained by 
averaging, exactly as in handling ratios to moving averages. The 
use of trend ratios is in general less satisfactory than the use of 
moving averages, and is not now generally employed. For the 
deviations from trend will reflect cyclical, random, and seasonal 
fluctuations, and the averaging of ratios to trend must be trusted 
to remove the full influence of cycles, as well as random effects. 
Since this removal can seldom if ever be achieved, the resulting 
indexes of seasonal variation are not too trustworthy. Still a third 
method of measuring seasonal movements rests on graphic pro- 
cedures, utilizing the special advantages of ratio (or semilog- 
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arithmic) paper. The interested student will find an explanation 
of this method in Spurr, Kellogg, and Smith (Ref. 150). 

We must note that not all series of observations recorded by 
months (or other subdivisions of the year) are marked by seasonal 
variation. In each case the investigator must assure himself that 
in making adjustments for seasonal movements he is correcting for 
truly repetitive fluctuations in the original series. The processes 
flescribed in the preceding pages will almost always give monthly 
means of ratios to 12-month moving averages that vary, for the 
months of the year; the play of random factors will assure this. 
But the fact that the indexes thus obtained vary from month to 
month is no guaranty that a true seasonal pattern exists. Rational 
considerations, together with an orderly pattern of seasonal move- 
ments in such a presentation as that illustrated by the multiple 
frequency table in Fig. 11.1, will often be sufficient warrant for 
accepting a set of seasonal indexes as significant. (The observations 
should, of course, cover a number of years — eight to twelve may 
be thought of as a minimum, although working statisticians 
familiar with their materials sometimes base seasonal indexes on a 
record covering as few as five years.) When such considerations 
can he supplemented by such objective tests as are discussed in 
Chapter Ifi, the case for acceptance is of course stronger. 

Changes in Seasonal Patterns 

The basic seasonal impulses that are generated by the annually 
recurring rhythms of weather remain fairly constant over time, 
although there are slow secular changes in weather (see Fig. 10.3) 
and variations from year to year in the intensity of winter cold and 
summer heat. The derived patterns of economic behavior are by 
no means constant, however. Changes in seasonal patterns may be 
abrupt; they may be slow, but progressive in character; they may 
be gradual but irregular. Abrupt changes come, for example, when 
a national economy makes a swift transition from peace to war, or 
from war to peace. Evolutionary or secular changes in pattern 
may come with slow alterations in trade practices, in production 
procedures, or in consumption habits. The displacement of the 
open car by the closed car brought such a progressive modification 
in the seasonal pattern of automobile sales. The irregular changes 
may be due to a host of minor factors, or may be related to a 
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obviously, that construction employment in December was in each 
year below the annual average. Severe winter weather tends, of 
course, to curtail such activity. If, over a period of 12 years, no 
real shift had occurred in the seasonal standing of December, in 
volume of employment in construction, we should expect the ratios 
in column (2) of Table 11-6 to stand in random order, when ranked 
in order of size and listed chronologically, as in column (3) of that 
table. There is, however, some indication of a progressive increase 
in the December ratios — an increase that would mean an advance 
in December employment in construction, relatively to the other 
months of the year. There is some reason to think that this advance 
has in fact occurred with the development of improved all-weather 
construction materials and techniques. But we need an objective 
test. Can the ranking in column (3) be considered random, or does 
it manifest a progressive increase in the December ratios? 

The test takes the form of a comparison of the ranks given in 
column (3) with the natural integers given in column (4). If the 
rankings in column (3) are random, correlation will be zero, within 
sampling limits. KendalPs coefficient of rank correlation is well 
adapted for use in testing this null hypothesis (see Chapter 9, 
pp. 312-7 above, for details of the measures employed in this test). 

From the rankings given in Table 11-6, we have 

S = 40 


,V = 14.60 

where is the standard error of *S. Does the observed value of S 
deviate significantly from an assumed population value of zero? 
The sample is large enough to warrant the assumption that S is 
distributed normally, after correction for continuity. We have, 
therefore, for the normal deviate, 


T = 


39-0 

14.60 


.= 2.67 


Judging this result on the conservative 1 percent level, we must 
reject the null hypothesis. Positively, this means that the data of 
Table 1 1-6 provide evidence of a progressive change in the seasonal 
ratios for December. 

Electronic Computations in Seasonal Analysis. A recent develop- 
ment in the work of the U. S. Bureau of the Census promises to 
extend and materially improve processes of seasonal analysis. A 
systematic procedure is now available for using Univac, one of the 
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high-speed electronic computers, in the construction of seasonal 
indexes and in the testing of these indexes for significance. The 
operation is an adaptation of the ratio-to-moving-average method, 
using positional means, that was explained in the preceding pages. 
The derived measures are moving indexes — devised, that is, to take 
account, year by year, of true changes in seasonal patterns. The 
method is accurate, expeditious, and inexpensive in terms of 
machine time. Computations for a monthly series covering 10 
years, with tests of the significance of the seasonal pattern and of 
the validity of the adjustments, can be completed in about one 
minute, at a cost of about two dollars.^ Although the average 
investigator will not have such equipment at his disposal, its use 
in a central federal agency will mean that all basic economic and 
social series can be readily tested for seasonality, and adjusted, if 
adjustment is required. 
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elements reflecting the play of random factors. Account is taken 
of these (they may, indeed, be smoothed out to some extent) in 
interpreting the results of the analysis. 

The first task is that of fitting an appropriate line of trend to the 
series that is to be analyzed. This, of course, is a crucial operation, 
since the assumptions that are made in the selection and fitting of 
a trend line will have great influence on the final measures that 
are taken to define patterns of cyclical behavior. We shall comment 
later on this matter. At this stage of the presentation we shall 
assume that a suitable function has been selected, for fitting to 
data covering an appropriate period of time. Although monthly 
data will be used in tlie analysis, it is usually desirable to fit a trend 
to annual data, with subse(iuent interpolation for monthly trend 
values. 

Trend and seasonal components. In Fig. 12.1 we have plotted the 
annual pig iron production figures for the years 1926-1953, together 
with an exponential curve fitted to the data. The reader will note 
that the annual figures used are averages of daily output. The 
equation to the trend function (which is of the family y = ar*,) is 
y = 65.35537 (1.0363)*, with origin at 1926.*^ The value of r indi- 
cates that this series increased, during the 28 years here covered, 
at an annual average rate of 3.63 percent. As will be clear from the 
graph and from a comparison of the actual and trend values given 



Flo. 12.1. Production of Pig Iron in the United States, 1926-1953, with 
Line of Trend (Daily Average). 

* Such a function, as we have seen in Chapter 10, may be fitted by least squares, after 
putting the equation in the logarithmic form (logy = logo (log r)x^. We have 
hert‘ made use of Glover’s Tables in the simplified procedure referred to in the footnote 
on p. 351 above. 
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in Table 12-1, the actual changes from year to year show wide 
departures from this average rate; the period covered was a 
disturbed one. But the underlying movement of pig iron production 
over these years conforms reasonably well to the indicated trend. 

Examination of the monthly figures on the production of pig 
iron indicates that there was a fairly consistent seasonal pattern 
from 1926 to 1938 (earlier years are not here included), but no 
consistent pattern for the years since then. Accordingly, we shall 
make adjustments for seasonal movements for the earlier period 
only. (The seasonal indexes for this period are given in Table 12-2, 
below) . 

The Measurement of Cyclical Fluctuations. There remains the 
task of combining the measurements of secular trend and seasonal 
variation to secure measurements of cyclical changes in pig iron 
production. A suitable procedure is illustrated in Table 12-2. Since 
the process is the same from year to year (except for differences 
due to the application or nonapplication of a seasonal correction) 
the illustration is limited to 12 years, for 4 of Avhich seasonal 
adjustments are made. In column (2) of Table 12-2 we have the 
actual output of pig iron by months. For the 4 years, 1935-38, a 
constant seasonal correction is made for each of the 12 months by 
dividing the actual output for that month by the seasonal index 
(in ratio form). Thus for January, 1935, the actual daily average 
output of 47.7 thousand tons becomes 48.2 after the seasonal 
adjustment. Since January is normally low, in seasonal terms 
(index = .99), the effect of the adjustment designed to eliminate 
the seasonal movement is of course to increase the output figure. 
For March, on the other hand, the seasonal index is high (1.11). 
Adjustment of the actual output of 57.1 thousands of tons for 
March, 1935, gives an adjusted figure of 51.4 thousand tons. The 
seasonally adjusted measures, represented by the symbol A a, are 
given in column (4) of Part I of Table 12-2, for the period January 
1935-December 1938. Part II of Table 12-2 covers the eight years 
1946-53. For these years no seasonal adjustment is made. In 
subsequent operations we shall use the actual output in column (2) 
of this part of the table as equivalent to the seasonally adjusted 
output in Part I of the table. 

The next step is to express the actual output (seasonally adjusted 
where necessary) as a deviation from trend. Monthly trend values, 
obtained by interpolation from annual trend values, are given in 
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TABLE 12-2 PART I 

Illustrating the Analysis of a Series in Time: Pig Iron Production, 
(Daily average, in thousands of gross tons) 


(1) 

Year 

and 

month 

(2) 

Actual 

output 

A 

(3) 

S<*aRonal 
index 
(oh ratio) 

S 

(4) 

Seastonally 

adjuHted 

output 

(A/S) 

Aa 

(5) 

Trend 

value 

T 

(6) 

Deviation of 
HeaHonally 
adjusted output 
from trend 

Ao-T 

(7) 

“Cycles” 
in pi |5 
iron 
output 
.-T 

y XlOO 

1935 

January 

47.7 

.99 

48.2 

88.6 

- 40 4 

- 45.6 

Fohruary 

67.4 

1.03 

55.7 

88.9 

- 33.2 

- 37.3 

Manh 

57 1 

1 11 

51 4 

89 2 

- 37 8 

- 42 4 

April 

55.4 

1.09 

50 8 

89.4 

- 38.0 

- 43.2 

May 

55.7 

1 00 

52 5 

89 7 

- 37.2 

- 41.5 

June 

51.6 

1 00 

51 6 

90.0 

- 38 4 

- 42 7 

July 

49 0 

93 

52 7 

90 2 

- 37.5 

- 41 .0 

AuiCUHt 

50.8 

.94 

00 4 

IH) 5 

- 30.1 

-33.3 


59 2 

.94 

03 0 

90.8 

- 27.8 

- 30.0 

OcU)bt!r 

03 8 

.98 

65 1 

91.0 

- 25 9 

- 28.5 

Nov(‘mh(*r 

68.9 

.98 

70.3 

91 3 

-21 0 

- 23.0 

December 

08.0 

.95 

71.6 

91.6 

- 20.0 

-21.8 

1930 

January 

65.4 

.99 

66.1 

91.8 

-25.7 

- 28.0 

Februaiy 

62.9 

1.03 

01.1 

92.1 

- 31.0 

- 33.7 

Manh 

05.8 

1.11 

59 3 

92 4 

- 33.1 

- 35 8 

April 

80.1 

1.09 

73.5 

92 7 

- 19.2 

- 20 7 

May 

85 4 

1.00 

80.6 

92 9 

- 12 3 

- 13 2 

June 

80 2 

1 00 

86.2 

93 2 

- 7 0 

- 7.5 

July 

R3 7 

93 

IM) 0 

93 5 

- 3.5 

- 3.7 

August 

87.5 

.94 

93 1 

93 8 

- 0.7 

- 0.7 

SeiJtember 

91 0 

.94 

96.8 

94 1 

+ 2.7 

+ 2.9 

October 

90 5 

.98 

98.5 

94.3 

+ 4.2 

+ 45 

November 

98.2 

.98 

100 2 

94 6 

+ 5.6 

+ 5.9 

December 

100.5 

.95 

105.8 

94.9 

+ 10.9 

+ 11.5 

1937 

January 

103 6 

.VM) 

104 6 

95 2 

+ 9.4 

+ 9.9 

February 

107.1 

1 03 

104 0 

95.5 

+ 8.5 

+ 8.9 

Mar(;h 

111.6 

1.11 

100.5 

95 7 

-h 4.8 

+ 5.0 

April 

113.1 

1 09 

103 8 

90 0 

+ 7.8 

+ 8.1 

May 

114.1 

1.06 

107.0 

96.3 

+ 11.3 

+ 11.7 

June 

103.6 

l.(H) 

103 6 

90 6 

+ 7 0 

+ 7.2 

July 

112.9 

.93 

121.4 

90 9 

+ 24.5 

+ 25.3 

AuKUHt 

110.3 

.94 

123 7 

97 2 

+ 26.5 

+ 27.3 

September 

113.7 

.94 

121 0 

97.5 

+ 23 5 

+ 24.1 

October 

93.3 

.98 

95.2 

97.8 

- 2.6 

- 2.7 

November 

66.9 

.98 

08 3 

98 0 

- 29.7 

-30.3 

December 

48.1 

.95 

50.6 

98.3 

-47.7 

-48.5 
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Illustrating the Analysis of a Series in Time: Pig Iron Productioni 


(1) 

Year 

and 

month 

(2) 

Actual 

output 

A 

(3) 

Seasonal 
index 
(as ratio) 

S 

(4) 

Seasonally 

adjusted 

output 

(A/S) 

Aa 

(5) 

Trend 

value 

T 

(6) 

Deviation of 
seasonally 
adjusted output 
from trend 

An - T 

(7) 

“Cyelea” 
in pig 
iron 
output 

X 100 

1938 

January 

4(i.l 

.99 

46 6 

98 () 

- 52 0 

- 52.7 

February 

46.4 

1.03 

45 0 

98 9 

- 53 9 

- 54.5 

March 

46 9 

1 11 

42 3 

99 2 

- 56 9 

- 57.4 

April 

45 9 

1 09 

42 1 

99.5 

- 57 4 

— 57.7 

May 

40.5 

1 06 

38 2 

99 8 

- 61 6 

- 61.7 

June 

35 4 

1 00 

35 4 

100 1 

- 64 7 

— 04.6 

July 

38 8 

93 

41 7 

1(K) 4 

- 58 7 

- 58 5 

AURUflt 

48 2 

94 

51 3 

1(H) 7 

- 49 4 

- 49 1 

September 

56 0 

.91 

59 6 

101 0 

- 41 4 

-41.0 

( )ctobcr 

66 2 

98 

67 6 

101 3 

- 33 . 7 

- 33.3 

Novembei 

75 7 

98 

77 2 

101 .6 

- 24 4 

- 24.0 

Dece'mbor 

71 3 

.95 

75 1 

101 9 

- 26 8 

- 26.3 


TABLE 12-2 PART II 

Illustrating the Analysis of a Series in Time: Pig Iron Production, 1 946-53 
(Daily average, in thousands of gross tons) 


(1) 

Year 

and 

month 

(2) 

Actual 

output 

A 

(3) 

Trend 

value 

T 

.(4) 

Deviation of 
actual output 
from trend 

A - T 

(5) 

“Cycles” 
in pig iron 
output 

^ ^ X UK) 

1940 

January 

76.2 

131.2 

- 55.0 


41.9 

February 

36.0 

131.0 

- 95 0 

— 

72.2 

March 

127.4 

132.0 

- 4.6 

— 

3.6 

April 

107.6 

132.4 

- 24.8 , 

— 

18.7 

May 

70.4 

132.8 

- 62.4 

— 

47.0 

June 

109.6 

133.2 

- 23.0 

— 

17.7 

July 

135.5 

133 6 

+ 1.9 

+ 

1.4 

August 

141.1 

134.0 

+ 7.1 

+ 

5.3 

September 

1.39.5 

134 4 

-1- 5.1 

+ 

3.8 

October 

138.7 

134.8 

+ 3.9 

+ 

2.9 

November 

132 0 

135.2 

- 3.2 

— 

2.4 

December 

115.0 

135.6 

- 20.6 

— 

15.2 
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list have perhaps already been made clear. The choice of a trend 
function is in some degree arbitrary; a stated function will yield 
different trend values for a given month and year depending upon 
the length of the period to which it is fitted, and the choice of 
terminal years. Reference to Fig. 12.1 will show that a different fit 
would have been obtained, with the same function, had the initial 
year been 19*32 instead of 1926.® 

This means, obviously, that the residuals, and thus the derived 
‘^cycles’* are similarly affected by the choice of a trend function 
and of the period used in establishing the fit. Indeed, an investi- 
gator will often make his decisions as to function and fitting 
methods with reference to the cycles that will be defined as a 
result of the fit. Equally arbitrary are many of the decisions leading 
to the application of seasonal corrections. Seasonals, indeed are 
particularly slippery, since seasonal patterns are for many series 
subject to change without notice. Since the magnitudes of elements 
(b), (c), and (d) can never be determined, there must always be 
some uncertainty in the interpretation of the “cycles'' that consti- 
tute element- (a) of the list. 

More fundamental is the problem presented by element (e).The 
method described in this .section represents what is in fact a 
mechanical breakdown of the actual observations. Back of it lies 
the assumption that the effects of the different forces playing on 
a series in time are mechanically combined — that a cyclical-random 
effect is superimpo.sed upon an independent trend, and that this 
composite is subject to the influence of an independent seasonal.® 
It is not only possible but probable that change over time is not 
of this nature, that interdependent forces interact to produce an 
organic amalgam in social and economic development and in the 
growth or decline of individual series. To attempt mechanically to 
dissociate the elements of such an amalgam is to do violence to the 
data that define the results of these interacting forces. 

* Wc* may note that the present fit of the trend line makes J927 a year of above-normal 
activity in pig iron production, \\herea8 the National Bureau’s chronology of cycles 
sets a cyclical trougt^ at December of that year (see Table 12-3). That cycle was, 
however, a very mil^ one 

• If the seasonal adjustment is made bv the aiidition or subtraction of an absolute 
amount for each month, this implies the independence of the seasonal factor, also. 
The use of a multiplicative relationsliip, as in the example above, introduces the 
assumption of a simple form oi de|H*ndence, sinci* the absolute size of the correction 
varies with the magnitude of the base to wluch it is applied. 
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There is ample evidence that the factors affecting series in time 
are in fact correlated. Willard Thorp (Ref. 157) has made the 
following illuminating observations on the relation of the structure 
of American business cycles to the trend of wholesale prices: 


Period 

Trend of 

VI holenale price levi‘1 

Years of prosperity 
per year of 
tlepression 

17^1-1815 

Prices rising 

2 6 

1815-1849 

J'rices falling 

0 K 

1849-1865 

Price.'j rising 

2 i) 

1865-1896 

Prices falling 

0 9 

1896-1920 

Prices rising 

:i. 1 


A central aspect of the business cycle — the division of each cycle 
into phases of prosperity and depression — is fundamentally affected 
by the trend of the price level. A. F. Burns has remarked on the 
change in the cyclical pattern of railroad investment as the trend 
of railroad development was altered. When the pace of railroad 
growth was rapid, railroad investment tended to lead American 
recoveiries by a substantial interval. As the pace declined, and the 
industry shifted from an active to a passive role in business cycles, 
these leads became shorter and finally disappeared. These examples 
of correlation between trends and cycles may be paralleled by 
illustrations of relations between seasonal and cyclical patterns. 
Thus the seasonal and cyclical factors are closely related. For 
example, the seasonal pattern of steel ingot production during a 
period of years prior to 1941 was quite different in phases of 
prosperity and depression. When the steel industry was operating 
at 95 percent of capacity, the range of steel ingot output, from the 
lowest month to the highest month of the year, was 11.50 percent 
of the average for the year ; when operations were at 40 percent of 
capacity, the range from lowest month to highest month was 25.75 
percent of the average for the year. The seasonal pattern was 
accentuated in periods of slack business.^ 

We are justified, therefore, in an attitude of caution toward the 
results of time series analysis. This is not at all to dismiss the 
procedures we have discussed, or to reject all derived measures. 
Trends are real, whether they represent net forward movements 
(or declines) in wave-like surges and retrogressions, or continuous 
underlying movements. Seasonal fluctuations are deeply imbedded 

’ Juliber, G. S., “Relation between Seasonal Amplitudes and the Level of Production", 
Journal of the American SUUtsttcal AsBocialion, Dec. 1941. 
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in all organic processes. Cycles are demonstrably present in many 
aspects of social and economic change. The analytical methods we 
have explained in this and the two preceding chapters represent a 
rather simple model which helps in the description and under- 
standing of the complex processes of expansion and contraction, 
of growth and decline. Viewed as approximations, not as rigorously 
accurate measures, the results obtained by these methods can 
serve highly useful purposes, whether in research or in practical 
administ ration. 


Measuring Business Cycles: the Method of the National 
Bureau of Economic Research 

An alternative method of defining patterns of change in the 
movenu'iits of economic time series has been developed by the 
National Bureau of Economic Research. This method, which is 
set forth in detail in the monograph by Arthur F. Burns and 
Wesley C. Mitchell (Ref. 13), is aimed primarily at the study of 
cyclical fluctuations in time series; its proved fruitfulness makes 
it an instrument of general statistical interest. 

With reference to individual time series the National Bureau 
procedure aims to answer two sets of questions: 

(a) Is there in a given series a pattern of change that repeats 
itself (with more or less variation) in successive cycles in 
business at large? If so, what are its eharac^teristics? 

(b) Is there in a given series a wa^T movement peculiar to that 
series? If so, what are its characteristics? 

The (juestions under (a) are concerned with tlie behavior of indi- 
vidual series during successive waves of expansion and contraction 
in the general economy; those under (b) relate to periodic or semi- 
periodic fluctuations in individual series, without reference to any 
broader framework. (In identifying these specific cycles there is a 
general reference to cycles in business at large, in that specific 
cycles must correspond in duration to the National Bureau's 
concept of business cycles. This means, roughly, a duration of over 
one year and not over ten or twelve years.) The object sought in 
answering the second set of questions is very close to the objective 
of the standard technique discussed in the first part of this chapter. 
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The questions under (a), however, point to a new and different 
goal. We shall deal first with these. 

The Measurement of Reference Cycles; the Reference Frame- 
work. The first step in answering the questions under (a) above is 
the establishment of a reference framework that marks off the 
historical troughs and peaks in general business activity. This has 
been done for four countries — the United States, (beat Britain, 
France, and Germany. The definition of these turning points in 
economic activity has called for extensive research on the quali- 
tative and quantitative records of business in each of the countries 
covered. The annals of business, as recorded in contemporary 
newspapers, trade journals, and other records were exhaustively 
studied.® The provisional reference dates of trouglis and peaks set 
on the basis of this study were checked against extensive com- 
pilations of statistical series, were modified, if necessary, and were 
rechecked as later data became available. The chronology of 
business cycles thus established for each country provides the 
reference frame for studying the cyclical behavior of individual 
time series. This chronology has been worked out on monthly, 
quarterly, and annual bases, for use with time series given in these 
time units. The monthly record is, of course, the most revealing, 
and lends itself to the most accurate analysis. Monthly and annual 
reference dates for the United States are given in Table 12-3, for 
the period 1854-1954.® 

The chronology of business cycles is, of course, of great interest 
in itself. It indicates that 23 cycles ran their course in the United 
States between December 1854 and October 1949. The average 
duration of these reference cycles^® was 49 months. Periods of 
expansion averaged 29 months in duration, or 59 percent of the 
full cycle; periods of contraction were shorter, averaging 20 months, 
or 41 percent of the full cycle. Individual cycles varied considerably 
from these averages. Thus in full cycle duration the measures 
range from 29 months (from a trough in April 1919 to a trough in 
September 1921) to 99 months (between low points in December 

* Sec W. L. Thorp, Kef. 157. 

’ For quarterly reference datCH for the United States see Burns and Mitchell (lief. 13, 
p. 78). 

The interval of time falling between dates of successive troughs (alternatively, 
between successive peaks) is called a reference cycle. The term reference cycle is also 
used as a convenient expression for that portion of an individual time senes, such as 
pig iron production, that falls betw'een such dates. 
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TABLf 12-5 

Seasonal Correction of Freight Ton-Miles for 1 948 



Freight ton-miles 
actual 

Seasonal 

index 

Freight ton-miles 
seasonally corrected 

.January 

(billions) 

,51 2(}6 

95 

(billions) 

.53.96 

February 

.50 204 

88 

57.05 

Mareh 

49 830 

104 

47 91 

April 

4(i 47(> 

90 

48 41 

May 

,50 39(J 

103 

.54.75 

June 

,54 918 

J(K) 

54 92 

July 

.52 73.5 

95 

,55.51 

August 

.50.. 308 

107 

52 02 

September 

.5.5 425 

104 

.53 29 

( )otol)er 

.59 004 

112 

.52 74 

November 

53 209 

101 

52 74 

December 

49 4(M) 

90 

51.40 


W(3 must next study the behavior of the given series in the 
framework provided by the dates of troughs and peaks set forth in 
Table 12-3. It is desirable to do this first graphically, by plotting 
the seasonally adjusted data (or unadjusted data, if there is no 
evidence of a seasonal pattern) in this reference frame. Figure 12.3 
shows the results of this plotting, for the period 1933-1954. (The 
graphic record is extended to 1954, although no final reference 
date beyond the trough at October 1949 had been set when this 
was written.) The dates of reference troughs and peaks are marked 
by vertical linos, with phases of general business expansion shown 



FIO. 12.3. Railroad Freight Tuii-Miles iu the United States, 1933-1954, with 
Pliases of Refei'eiice (\»ntraction and Expansion. 
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by white areas, phases of business contraction by shaded areas. 
(The asterisks in Fig. 12.3 mark troughs and peaks in cycles 
specific to freight ton-miles. These are discussed below.) This 
graphic portrayal indicates a fairly high degree of conformity of 
freight ton-miles to cycles in general business. There is, of course, 
a clearly evident rising trend in the volume of freight carried ; this 
advance has come in successive waves that seem to agree, in 
general, in the timing of their troughs and peaks with the turning 
points in business activity in the economy at large. But something 
more precise than these general impressions is needed if we are to 
have objective measurements of the behavior of freight ton-miles 
in this reference framework. 

Reference cycle relatives and stage averages. The vertical lines 
marking successive troughs in general business cut the freight 
ton-miles series into a number of segments. Each of these segments 
is spoken of as a “reference cycle^’ in freight ton-miles — a shorthand 
expression for “the record of freight ton-miles during a reference 
cycle.” Each segment is a unit of experience in the total behavior 
of this series over the period covered. These units are to be indi- 
vidually described, in a manner that will permit combination of 
measures for separate units ahd comparisons among units. 

For the description of a given reference cycle in freight ton-miles 
— say the cycle that extends from a trough at October 1945 to the 
next trough at October 1949— the monthly entries for that cycle 
are first averaged, to obtain the “cycle base.” (In this averaging 
process a weight of one half is given to the observations falling at 
the initial trough and to those falling at the terminal trough. This 
is to avoid giving undue weight to troughs, as compared with 
peaks.) Freight ton-miles for the cycle specified had an average 
monthly value of 50..52 billions. The separate monthly figures for 
that cycle are then expressed as relatives of the cycle base. These 
“reference-cycle relatives” give a complete picture of the pattern 
of behavior of freight ton-miles during the time segment marked 
out by the reference cycle troughs at October 1945, and at October 
1949. Since their average is 100 they conform to the concept of a 
cycle as a unit of experience. Because they are in abstract terms 
they may be compared with similar measures for other cycles. 
However, the picture they give is too detailed, and comparison of 
measures for different cycles would be difficult because the number 
of measures (i.e., monthly relatives) will vary with the durations 
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of reference cycles. For purposes of study it is desirable that each 
reference-cycle pattern in a given time series be defined by a small 
number of measures that will summarize its essential features. 

This end is achieved by breaking each reference cycle, regardless 
of duration, into nine stages, for each of which a “stage average” 
is computed. Stage I marks the initial trough of a given reference 
cycle; the measure defining the standing of the series at stage I is 
obtained by averaging rcferencc-cycle relatives for three months 
centered on the trough. (Thus the measure for stage I in freight 
ton-miles in the reference cycle that extends from October 1945 to 
October 1949 is the average of reference-cycle relatives for the 
three-month period September 1945-November 1945. One month 
is borrowed from the previous cycle in this averaging process.) 
Stage V marks the reference-cycle peak; the measure for stage V 
is the average of reference-cycle relatives for three months centered 
on the peak. Stage IX marks the terminal trough; the measure for 
stage IX is the average of reference-cycle relatives for three months 
centered on the terminal trough. These three stage averages define 
(!ertain important aspects of a reference-cycle pattern, since they 
mark the standing of the given series at three important turning 
points in general business activity. But what happens in the given 
series in the phase of general business expansion between stages 
I and V? And what happens during the general contraction between 
stages V and IX? These may be long phases, covering 50 to 60 
months or more, and the investigator needs more details than the 
three averages cited will provide. Here an arbitrary judgment 
must be made, as to how much detail is wanted. For its own pur- 
poses the National Bureau decided to break the phase of expansion 
into three eciual (or nearly eciual) parts, and the phase of contrac- 
tion into three corresponding parts. For each of these a stage 
average is constructed. In the expansion phase these are designated 
stages II, III, and IV; in the contraction phase VI, VII, and 
VIII. 

The expansion phase, which is divided into thirds in these 
operations, is taken to begin with the month after the trough and 
to end with the month before the peak. If this time interval is 
exactly divisible by three there wdll, of course, be the same number 
of months in the three stages. If the division gives a remainder of 
one, this is assigned to the middle stage (III); if a remainder of 
two, one extra month is assigned to the first third (stage II) and 
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one to the last third (stage IV). For each of these stages the 
standing of a series in a given reference cycle is measured by the 
average of the monthly figures falling in that stage. The procedure 
followed in breaking the contraction phase into thirds and deriving 
stage averages parallels that described for the phase of expansion. 

The use of the method just described, when it is applied to the 
data of freight ton-miles for a single reference cycle, is illustrated 
in Table 12-6. The figure 50.52, the monthly average for the full 
reference cycle, is, of course, the cycle base on which the reference- 
cycle relatives are computed. The stage averages shown in the last 
column define the behavior of freight ton-miles during the first 
postwar reference cycle. The pattern marked out by these averages 
shows a net rise during the phase of referenee expansion (between 
stages I and V) and a net decline during the reference contraction 
(between stages V and IX). However, there are timing disparities. 
The initial trough in freight ton-miles came after the trough in 
general business (i.e., it fell in stage II rather than in stage I), and 
the peak in freight ton-miles preceded the peak in general business 
(it came in stage III rather than in stage V). 

When operations similar to those e.xemplified in Table 12-6 are 
performed for the 10 reference cycles preceding the one just dis- 
cussed we have, for each of 11 cycles, the stage averages given on 
lines 1 to 11 of Table 12-7. The separate reference cycle patterns 
thus defined are shown in Fig. 12.4, For purposes of comparison 


TABLE 12-6 

Illustrating the Computation of Stage Averages in a Reference Cycle 
Freight Ton-Miles, October 1 945-October 1 949 
(Average monthly freight ton-miles: 50.52 billions) 


Stage 

Period covered 

Number 
of months 

Average monthly standing 
in cycle relatives 

I 

Sept. 45 - Nov. 45 

3 

, 99.5 

II 

Nov. 45 - Oct. 46 

12 

96.8 

III 

Nov. 46 - Oct. 47 

12 

106.3 

IV 

Nov. 47 - Oct. 48 

12 

105.9 

V 

Oct. 48 - Dec. 48 

3 

104.3 

VI 

Dec 48 - Feb. 49 

3 

96.4 

VII 

Mar. 49 - June 49 

4 

92.6 

VIII 

July 49 - Sept. 49 

3 

81.6 

IX 

Sept. 49 - Nov. 49 

3 

77.1 
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TABLE 12-7 

Reference-Cycle Patterns: Railroad Freight Ton-Miles, 1904-1949* 


Cycle Averages of reference-cycle relativeo at nine 


Dates of 
reference rye lew 

Trough Peak TrouKh 

bade 

BiIlionN Three 
of nionthn 

ton- ron- 

rinleH tered on 
initial 
trough 

stages of the cycles 

11 HI IV V VI VII VIII 

Expansion Three Contraction 

months 

ren- 

First Middle T.ast tered on First Middle Last 

third third third peak third third third 

IX 

Three 

months 

cen- 
tered on 
terminal 
trough 


(1) 

f2) 

f3) 

(4) 

(5) 

f6) 

(7) 

(8) 

(9) 

(10) 

(11) 

1 Auic04 

May07 .liinOS 

18 10 

82 7 

87 9 

08 6 

106 2 

116 6 

116 3 

106 1 

95.8 

95.1 

2 JunOS 

JanlO .lHnl2 

20 32 

84 7 

90 3 

93 2 

101 2 

102 7 

106 1 

102 6 

103 7 

106.9 

3 Janl2 

Jan 13 Ocel4 

23 7fi 

01 5 

04 5 

06 2 

102 2 

111 1 

106 5 

100 0 

95 7 

92.0 

4 I>ne]4 

AuglS AprlO 

20.51 

74 1 

85 5 

101.0 

111 5 

114.3 

112.7 

105 8 

93.7 

05.6 

fi AprlO 

Jan20 Sep21 

33 60 

03 0 

05 1 

102.0 

101 0 

112 9 

111.4 

105.9 

82.3 

86.7 

0 Hep21 

May23 Jul24 

31 06 

84 5 

86 0 

87 2 

112 4 

120 0 

111 2 

105 8 

102 5 

98 3 

7 Jul24 

Oet20 l)ee27 

3.5 36 

86 3 

03 7 

08.8 

104 1 

106 2 

105 8 

102 1 

09 9 

96 .5 

8 Dee27 

Jun20 Mar33 

29 72 

II4 8 

118 2 

124 1 

126 2 

127 5 

116.0 

90 5 

66 2 

62 5 

9 Mar33 

Mny37 May 38 25.17 

73.8 

88 2 

91 2 

116.3 

127 3 

119 4 

106 0 

93.9 

00.9 

10 May38 

Fel»45 Oet45 

45 33 

50 5 

61 3 

06 1 

134 4 

135 2 

137 3 

133 4 

116.0 

110 9 

1 1 00145 

Nov 48 ()rt40 

.50.. 52 

00 5 

06 8 

106 3 

10.5 9 

104 3 

96 4 

92.6 

81 6 

77.1 

Averoge 1 1 ey< U*h 
1904-1940 

Average deviation 


85 0 
10 9 

90 8 
8 1 

09 5 
6.4 

111.0 
8 3 

110 2 

8 3 

112 (5 

7 0 

104 7 
6.3 

93 8 
9.3 

92.0 

0.3 


* In the standard notation of the National lluroau this is Table til 


they are there plotted on a common axis marking the position of 
the peak, or stage V, entries. 

This chart provides an illuminating portrayal of the patterns of 
behavior of freight ton-miles in successive reference cycles. In 
general, freight traffic shows a close correspondence with the major 
cyclical swings of business at large. There is in all cases a rise in 
freight volume from stage I to stage V, and in all cases but one a 
decline in volume from stage V to stage IX. It is clear, however, 
that the behavior of freight ton-miles during reference cycles shows 
no absolutely constant pattern. Neither troughs nor peaks in 
freight volume coincide at all turns with changes in the tide of 
general business activity. This particular series shows general 
conformity to the cycles in business at large, but with manifest 
variations from cycle to cycle. 

These variations from cycle to cycle are not without interest, 
but at this stage of the analysis our concern is with the average 
behavior of freight ton-miles during cycles in general business. The 
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tjtagc averages for separate cycles in Table 12-7 may be readily 
combined, since all are in abstract terms. A simple addition of the 
11 entries for stage I, and division by 11, gives us 85.0 as the 
average standing of freight ton-miles at the initial trough of 
reference cycles; the average for stage II is 90.8; for stage III 99.5, 
etc. These stage averages arc given at the bottom of Table 12-7; 
they define the average reference cycle pattern for freight ton-miles 
that is shown graphically as the bottom chart in Fig. 12.4. This 
average pattern, which is a synthesis of the 11 patterns for indi- 
vidual cycles, is free of the striking irregularities that appear in 
some of the separate patterns. The movement from trough to peak 
is quite regular; so is the decline from peak to terminal trough, 
except for a retardation of the drop between stages VIII and IX. 
The average behavior of freight ton-miles shows high conformity 
to the waves of expansion and contraction in general business. 

We have noted that the variations of behavior from cycle to 
cycle, which are concealed in the averages, are of interest to the 
investigator. A simple measure — the average deviation among the 
items entering into each stage average — provides a useful indicator 
of the degree of variation at each stage of the reference cycle. 
These average deviations are given in Table 12-7, just below the 
stage averages. We may note that variation from cycle to cycle is 
greatest at stage I, that it is less at reference cycle peaks than at 
troughs, and that it is least at stages III and VII. To the student 
of business cycles this is a highly significant fact, indicating that 
the tides of freight traffic are most uniform, when w^e compare 
cycle with cycle, at the middle stages of general business expansion 
and of general business contraction. 

Interstage rates of change. The National Bureau makes use of a 
number of derived measures descriptive of the behavior of indi- 
vidual series in the reference-cycle framework. Among the most 
useful of these are measures of interstage changes, expressed as 
average monthly rates, in reference-cycle relatives. In deriving 
each measure of Interstage rate of change, the absolute difference 
between standings in successive stages (as given in Table 12-7) is 
divided by the number of months between the middle of the first 


“ The reader will find full explanations of these measures and many examples of sub- 
stantive results in Meaaunng Business Cycles by Burns and Mitchell (Ref. 13) and in 
WheU Happens during Business Cycles by W. C. Mitchell (Ref. 107). 
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of the two stages and the middle of the second. These rates, for 
freight ton-miles, are given in Table 12-8. 

As is to be expected, there is considerable variation among the 
rates cited for any given interstage period. Thus the changes 
between stages IV and V ranged from -h 6.0 per month in the 
1919-21 reference cycle to — 0.2 per month in the 1945-49 cycle. 
By averaging the rates for each interstage period we may, in part, 
eliminate random irregularities. Tw'o sets of derived averages are 
given at the bottom of Table 12-8. In computing the averages in 
the first set (unweighted) each measure of interstage change is 
given the same weight as all others, regardless of whether the 
interstage interval lasted ten months or three months. In com- 
puting those in the second set, the rate for a given interstage 
interval in a given reference cycle is weighted by the number of 
months in that interval. (The average number of months in each 
interval is shown in the table.) Each unweighted measure is 

TABLE 12-8 

Average Rates of Change per Month from Stage to Stage of 
Reference Cycles, Railroad Freight Ton-Miles, 1904-1949* 
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* In the National Bureau’s notation, this la Table B2 
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accompanied by an average deviation indicative of the degree of 
uniformity, from cycle to cycle, in the rate of interstage movement. 

The weighted averages show relative constancy in the monthly 
rates of increase in freight ton-miles during the four intervals that 
make up the phase of expansion. The contraction pattern is less 
uniform. Recession starts with a drop at the rate of 1.1 percent a 
month, with acceleration to rates of 1.4 percent and 2.0 percent a 
month between stages VI and VII and VII and VIII, respectively. 
The terminal period of contraction in general business, between 
stages VIII and IX, brings a sharp check to the rate of decline in 
freight ton-miles, which falls to 0.5 percent a month. (It is con- 
venient to speak of these interstage rates in percentage terms. 
However, the reader must remember that we are dealing with 
reference-cycle relatives; the base of each set of relatives is the 
“cycle base” — the average standing of freight ton -miles in a given 
reference cycle). 

Indexes of conformity to business cycles. We have noted the 
apparent close conformity of the movements of freight ton-miles 
to phases of expansion and contraction in general business activity, 
but this judgment has been based on rather loose impressions given 
by examination of the tables and charts so far presented. More 
precise and objective measures of conformity are required. The 
National Bureau constructs three indexes of conformity for each 
scries — indexes measuring degree of conformity to expansions in 
general business, to contractions in general business, and to full 
cycles in general business. To these we now turn. 

The data on whi(!h conformity measures are based are given in 
Table 12-9 for freight ton-miles. The time periods here employed 
are the int(‘rvals of reference expansion and of reference contrac- 
tion. For each reference cycle an entry in column (2) of Table 12-9 
measures the difference between the.standings of the given scries at 
stages I and V. Referring back to Table 12-7 we note that the stage 
I standing of freight ton-miles in the reference cycle that ran from 
August 1904 to June 1908 was 82.7; the stage V standing was 
116.G. Subtracting the former figure from the latter we have 
-h 33.9. This appears as the first entry in column (2) of Table 12-9, 
measuring the total change in freight ton-miles in this phase of 
Expansion. The total change in the succeeding phase of contraction, 
which is given as the first entry in column (5) of Table 12-9 was 
— 21.5. This is obtained by subtracting from 95.1 (the standing 
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of freight ton-miles in stage IX of this particular reference cycle) 
the quantity 116.6 (the stage V standing of the series). For purposes 
of later calculation it is convenient to reduce the absolute differ- 
ences given in columns (2) and (5) to monthly averages. This is 

TABLE 12-9 

Measures of Conformity to Business Cycles 
Railroad Freight Ton-Miles, 1904-1949* 
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done by dividing each entry in column (2) by the number of months 
in the corresponding interval of reference expansion, and each 
entry in column (6) by the number of months in the corresponding 
interval of reference contraction. Thus we have -I- 1.11 for the 
average monthly change in expansion, — 1.C5 for the average 
monthly change in contraction. These averages, which are given 
in columns (4) and (7) of Table 12-9, are the bases for the com- 
putation of conformity measures. 

The index of conformity to reference expansions is derived in 
simple fashion. A credit of -|- 100 is given for every positive entry 
in column (4), a debit of -- 100 for every negative entry. The sum 
of these, divided by the number of reference expansions covered 
by the record, is the desired index. Thus for freight ton-miles we 
have records for 11 reference expansions. In each of these the 
average change per month was positive. The index of conformity 
is given by -f 1100 11, or + 100. The procedure is the same for 

reference contractions, except that a negative entry in column (7) 
represents positive conformity, and yields a credit of -|- 100 for 
the given series; a positive entry in column (7) gives a debit, — 100. 
For freight ton-miles during the 11 contractions covered by the 
present record we have 10 instances of positive conformity to 
reference contractions, one instance (the contraction from January 
1910 to January 1912) of a rise during reference contraction, which 
calls for a debit. The sum of the 11 items is -h 900. Dividing by 
11 we have + 82 as the index of conformity to reference contrac- 
tions. 

It is obvious that these indexes of conformity may range from 
-f 100 to — 100. The first of these figures represents perfect 
positive conformity. The second, we should note, does not indicate 
nonconformity; it represents inverse or negative conformity to 
expansions, or contractions, in general business. Thus for a series 
such as business failures, which gencrall 3 " declines during periods 
of expanding business, we should expect a negative index, but this 
would not denote failure to conform to the movements of business 
at large. True nonconformity, which would lead to a random 
assortment of credits and debits of -|- 100 and — 100 for successive 
phases of expansion (or contraction), would be represented by a 
conformity index of zero, or one close to zero. 

The conformit}^ indexes for the separate phases of expansion and 
contraction relate to consistency in direction of change. A somewhat 
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different concept of conformity is needed for a full-cycle index. 
Conformity to the full reference cycle would of course be shown by 
a rise in the phase of reference expansion followed by a fall during 
reference contraction. But conformity would also be indicated by 
a rise during the expansion phase of general business, followed by 
a rise at a lower rate during the phase of contraction. This is the 
characteristic cyclical behavior of a series marked by a strong and 
persistent secular rise. Similarly, there would be full-cycle con- 
formity in behavior marked by a decline in periods of expansion 
in general business, and by decline at an accelerated rate during 
contractions in general business. In each of these two cases the 
individual series shows a clear response to the cyclical movements 
of business at largo, although the response takes the form of a 
change in the rate of advance or decline, rather than a change of 
direction. 

The entries in columns (4) and (7) of Table 12-9 provide a first 
measure of full-cycle conformity. If we represent the average 
change per month in a phase of reference contraction by C, and the 
average change per month in the preceding phase of reference 
expansion by (the minus sign as subscript indicates that the 
expansion phase is the one that precedes the contraction phase in 
question) the quantity C — serves as a measure of conformity 
for a full cycle measured from trough to trough. Thus for the 
reference cycle running from August 1904 to June 1908 we subtract 
the entry in column (4) from the entry in column (7), giving 

C - E- = - 1.65 - (+ 1.03) = - 2.68 

which is entered in column (8) of Table 12-9. The entry in column 
(8) will be negative if the monthly rate of change during contraction 
is less than the monthly rate of change during the preceding 
expansion — a condition that represents positive full-cycle con- 
formity. In deriving an index of conformity from the entries in 
column (8), every minus value counts as + 100, every plus value 
as — 100. A simple averaging of these entries gjves the desired 
index. Since there are 11 negative values in column (8) of Table 
12-9, the index of full-cycle conformity from trough to trough is 
-b 1100 -J- 11, or + 100. 

For series that do not conform perfectly in their expansion and 
contraction phases, we need a second measure of full-cycle con- 
formity, in which we take account of movements in individual 
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series during cycles that extend from peak to peak of general 
business activity. If by C we represent the average monthly change 
in a given scries during a stated reference contraction, and by E+ 
the average monthly change in that series during the following 
reference expansion, the quantity C — serves as a measure of 
conformity from peak to peak. This will be a negative quantity if 
there is change from decline to advance as the series passes from 
a phase of reference contraction into a phase of reference expansion, 
if there is deceleration in a rate of decrease, or if there is accel- 
eration of a rate of increase — three conditions that represent 
conforming response to cycles in general business. It will be a 
positive quantity under opposite conditions. For the index of full- 
cycle conformity we actually require only the signs of given 
difTerenccs between C and These signs, for the peak-to-peak 
measures, appear in column (9) of Table 12-9. Counting each minus 
entry as -f 100, each plus entry as — 100, and averaging, we have 
the desired index of full-cycle conformity, relating to peak-to-peak 
movements in individual series. For freight ton-miles this has a 
value of -h 100, representing positive conformity. 

In the present instance the indexes obtained from the entries in 
columns (8) and (9) are identical, but with certain behavior 
patterns this will not be the case. The general measure of full-cycle 
conformity employed by the National Bureau is obtained by 
averaging the trough-to-trough and peak-to-peak indexes. This 
appears in Table 12-9 as the index of conformity to “cycles, both 
ways.” 

In this description of conformity indexes we have dealt with 
the behavior of individual series during fixed periods — periods 
marked off by stages I, V, and IX of reference cycles. The investi- 
gations of the National Bureau have shown that many individual 
series may be marked by perfect regularity of response to cyclical 
movements in general business, but' that these regular responses 
may lead, or lag behind, the turning points of business at large. 
Thus common stock prices show a high degree of positive con- 
formity to business cycles, but the turning points in such prices 
usually precede the turning points in general business. Indexes of 
conformity based on the standard framework marked off by stages 
I, V, and IX could materially understate the actual degree of 
conformity found in such a series. Where there is a clear and 
persistent difference in timing, an additional set of conformity 
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indexes is constructed, using expansion and contraction phases 
adapted to the timing pattern found in particular series. For 
common stock prices, for example, the typical period of expansion 
extended from stage VIII to stage IV of the reference framework, 
with contraction extending from stage IV to stage VIII. For 
railroad bond yields the expansion period ran from stage III to 
stage VI, contraction from stage VI to stage III. The difference 
between conformity measures derived from the standard frame- 
work, ignoring timing differences, and measures taking account 
of timing differences can be great. Thus for railroad bond yields 
the index of full-c^^cle conformity (both ways) in the standard 
frame is — 10; when timing differences are recognized the cor- 
responding index has a value of -f OH.*"* 

An indication of a few of the results obtained by the National 
Bureau in its use of conformity indexes will make clearer the 
usefulness of these measures. In Mitchell’s final study, What 
Happens during Business Cycles, he summarizes conformity 
measures for the 794 monthly and quarterly series analyzed in the 
study of cyclical movements in the United States. This is not 
meant to be a sample completely representative of economic 
processes; there is unavoidable unevenness of coverage. However, 
the sample includes series representative of all major sectors of the 
economy and all phases of economic activity. When conformity 
indexes for these 794 series are arrayed in order of absolute magni- 
tude (that is, without regard to sign), the following median values 
are obtained 

Median 

Indexes of conformity to reference expansion 67 

“ " “ “ reference contraction 60 

" " " " full cycles 78 

These indicate a high and significant degree of conformity of 
economic series to the cyclical fluctuations of business at large. 
The relative values of the median measures for expansion and 
contraction phases reflect the gcnerallyrising trend characteristic of 
the American economy over periods covered by these records. 

Conformity varies, of cour.se, from sector to .sector of the 
economy. The measures in Table 12-10 reveal significant differ- 


“ A dctuilc'd account of the meaHurement of conformity uhen timing differences aro 
recognized is given m Measuring Business Cycles (Ref. 13J pp. 185-197. 
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TABLE 12-10 

Mean Conformity to Business Cycles 
Prices and Production in Agricultural and Nonagricultural Industries* 


Prices Production 

No. of AvcraRc Numerical No. of Average Numerical 

series Value of Indexes series Value of Indexes 

of Conformity of Conformity 

Agricultural 61 51.6 47 41.8 

Nonagricultural 

industries 96 64 2 141 84.2 


* Adapted from Mcasurinq Huainess Cycles, Ref 1.3, p. 88, note. 


ences. Several economically important conclusions are suggested 
by this table. Production in agriculture shows the lowest degree of 
conformity: weather, rather than the state of business, determines 
output in many agricultural activities. Production in nonagricul- 
tural industries shows the highest conformity. Output is control- 
lable at short notice in most of the activities falling in this class; 
production control is the preferred means of adaptation to changes 
in market conditions. The prices of nonagricultural products 
conform less closely to business cycles than does production. 
Typically, they are more resistant to declines, during business 
contractions, and are less responsive to the upward push of general 
expansion. This, of course, is familiar behavior in industries in 
which “administered prices^’ are the rule. Finally, we note that the 
prices of agricultural products are more responsive to cycles in 
general business activity than is agricultural production. Given a 
relatively nonconforming output, it is natural that prices should 
feel the impact of changes in demand. 

Other measures given by Mitchell show a wide range of con- 
formity among economic activities. .Public construction contracts 
have an average full-cycle conformity of 32 (computed without 
regard to sign). For bond yields and other long-term interest rates 
the average is 66; for bank clearings 83; for private construction 
contracts 87 ; for payrolls in durable goods industries 100 ; and for 
hours of work per week 100. As presented in their full variety by 
Mitchell these indexes give a revealing picture of cycles in business, 
a picture marked by variation in the degree to which individual 
series participate in these general “cycles” and by diversity in the 
timing of their individual movements, but a picture, nevertheless. 
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that discloses consistency of pattern and a significant degree of 
uniformity of movement. 

The Description of Specific Cycles. In introducing the methods 
of the National Bureau we referred to two aspects of its work on 
cycles. We have studied the first of these — the analysis of the 
behavior of individual series in a framework set by cyclical turning 
points in business at large — and now turn to the second. Here we 
look for evidence of cyclical movements in individual series, and 
seek to define such movements in a given series, if they are present, 
in a framework set by the dates of troughs and peaks in that 
specific series. In place of a single, general framework, which the 
hypothesis of reference turning points involves, we shall have 
many frameworks, each defining turning points in cycles specific to 
a given time series. However, the study of these “specific cycles,** 
as they are termed, is not completely divorced from the assumption 
that there is something like a common wave movement in general 
business activity. In searching for specific cycles in individual 
series the investigator looks for wave movements lasting from over 
one year to ten or twelve years — movements that correspond, in 
duration, to the National Bureau’s working concept of business 
cycles. But apart from this general guidance in the selection of 
appropriate fluctuations the concept of general business cycles does 
not shape the analysis of specific cycles. 

Basically, the method used in defining the characteristics of 
specific cycles parallels the method outlined for dealing with 
reference cycles. Monthly data, such as those for freight ton-miles 
(Table 12-4), are corrected for seasonal variation. The investigator 
then seeks to define the dates of cyclical troughs and peaks in the 
corrected series, seeking turning points that mark off cycles lasting 
more than one year but not more than ten or twelve years. Some 
subjective judgments must be made here, of course, although 
specifie cyclical movements are clearly defined for many scries. 
There are some series, of course, in which no evidence of cycles 
can be found. The prices of steel rails, for example, were constant 
and unchanging over many years in the early parts of this century. 
But in the Bureau’s study of some 830 monthly and quarterly 
series there were only about 5 percent in which no specific cycles 
were discernible. Having identified successive troughs and peaks 
(these are marked by asterisks in Fig. 12.3), the investigator breaks 
the series into segments marked off by successive troughs. (For 
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series such as bankruptcies, that move inversely to cyclical tides, 
specific cycle segments are taken from peak to peak.) The monthly 
observations within each of these segments are then averaged, and 
the monthly figures are expressed as relatives of the cycle average 
thus obtained. A nine-stage pattern, corresponding exactly to the 
nine-stage reference-cycle pattern, is then set up, and stage 
averages computed from the specific-cycle relatives. These stage 
averages define a “specific cycle pattern” — that is, the pattern of 
behavior of the given series within each of the specific cycle 
segments. 

The results of this operation, as applied to monthly data for 
freight ton-miles between 1904 and 1949, are given in Table 12-11. 
The first specific cycle recorded for this series extended from a 
trough in January 1904, through a peak in June 1907, to a trough 
in June 190S. (The reader will note — see Table 12-7 — that the last 
of these dates happens to coincide with the date of a reference 
cycle trough, but the other two dates do not coincide with the 
reference cycle turning points.) In this first specific cycle freight 
ton-miles rise from a stage I standing of 82.9 (in specific-cycle 
relatives) to a stage V peak of 120.6, and then fall to a stage IX 
trough of 97.4. In all, eleven specific cycles in freight ton-miles 
were identified in the 46 years here covered. Their patterns, as 
defined by the nine-stage averages, vary of course. To get away 
from these diversities we may average the measures for each stage, 
as we did for reference cycles, and thus get measures of the average 
behavior of the series in question during all the specific cycles 
observed. This average specific-cycle pattern is defined by the 
entries in the next to the last line of Table 12-11. It is shown 
graphically by the broken line plotted in Fig. 12.5. The vertical 
scale relating to this broken line is in specific cycle relatives, the 
horizontal scale in months. (The full horizontal distance from T 
to T — trough to trough — at tlie top of the diagram is proportionate 
to the average duration of specific cycles in freight ton-miles.) The 
average specific cycle pattern shows a fairly regular rise from 
initial trough to peak, a regular but smaller decline from peak to 
trough. (The difference between degrees of rise and fall reflects, of 
course, a secular growth in freight ton-miles over the period 
covered.) The graph indicate.^ also that the phase of specific-cycle 
expansion (from T to P on the duration scale) was longer on the 
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TABLE 12-11 

Specific-Cycle Patterns: Railroad Freight Ton-Miles, 1904-1949* 
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(4) 

(5) 

(6) 

(7) 

(8) 

(0) 

(10) 

1 Jan04 

,Iun07 

Jun08 

82 9 

85 8 

08 0 

109 2 

120 6 

117 4 

107 0 

98 1 

07.4 

2 JunUS 

Apr 10 

Marll 

85 5 

91 5 

95 8 

104 G 

109 1 

107 4 

104 4 

104.6 

102.7 

3 Marll 

Feb 13 

necl4 

89 2 

90 6 

95 1 

104 6 

113 5 

107 G 

103 4 

98 2 

04.4 

4 Dec 14 

Aprl8 

Marl 9 

74 0 

84 1 

99 1 

107 0 

121 0 

118 8 

111 0 

102.8 

03.8 

5 Mario 

Feb20 

Jul21 

91.7 

93.0 

100 3 

103 6 

110.4 

108 6 

107.4 

83.7 

80.4 

C Jul21 

Apr 23 

.Iun24 

80.2 

85.0 

8( 5 6 

107 1 

120 9 

116.0 

105 1 

108 0 

100.1 

7 Jun24 

Jul2(; 

I)ec27 

87 3 

93 2 

97 3 

102 4 

107 6 

106.6 

104.1 

09 6 

00.8 

8 nec27 

Aug21) 

Jul.l2 

109 1 

112 4 

118 4 

120 3 

121 0 

109 8 

91 8 

60.2 

54.7 

9 ,)ul32 

Apr37 

May 38 

fi9 9 

84 4 

93 0 

114 2 

135 1 

125 8 

111 7 

9G 6 

03.6 

10 May.'lH 

Feb44 

Muy4fi 

50 3 

59 6 

82 9 

127 0 

1.39 4 

133 6 

134 2 

108.5 

05.2 

11 May4r) 

Dec47 

()et49 

85 1 

100 7 

100 4 

105 7 

108 9 

103 8 

100.3 

87.1 

76.6 

Average 1 1 

cyclcH 1001-1949 

82 3 

89 1 

97 5 

109 8 

119 4 

114 1 

107 3 

96.0 

80.0 

Average deviation 


10 0 

8 5 

n 3 

0 0 

7.6 

7.4 

G 4 

8.8 

10.4 


* I'hiB is Tabic A4 m tlic notation of the National Bureau 


average than the pha.se of contraction. We shall refer to this point 
again. 

The specific-cycle pattern for freight ton-miles, as plotted in 
Fig. 12.5, is an average of somewhat diverse movements. How 
much variation was there, from cycle to cycle, in the behavior of 
this series? This question is answered by the measures of average 
deviation given in the last line of Table 12-11. Each stage average, 
it will be seen, is accompanied by such a measure. There was 
greatest variation at the trough, when the ebb ceased and the flow 
began, least variation in the full flood of expansion (stages III and 
IV) and in midcontraction (stage VII). There was less variation at 
the peak than at the trough. These are significant facts to the 
student of cyclical movements. 

The solid line in Fig. 12.5 traces the average reference cycle 
pattern in freight ton-miles, which was discussed in the preceding 
section. The relation between specific and reference cycles in the 
present instance is obviously close. 
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Average of 11 specific cycles 
Average of 11 reference cycles 



FIO. 12.5. Patterns of Reference and Specific 
Cycles in Railroad Freight Ton-Miles in the 
United States, 1904-1919. 

The nine black dots connected by lines of 
dashes in the sijecific cycle pattern and by solid 
lines in the reference cycle pattern mark the 
average standings of freight ton-miles in cycle 
relatives at the nine stages into which specific 
and reference cycles are divided. 

Source: National Bureau of Economic Re- 
search. 


The attention of the reader is called to the diversity of informa- 
tion given in graphic form in this figure. We have noted the 
duration scale for specific cycles, from trough to trough, that is 
given at the top of the diagram. A parallel scale for reference cycles 
is at the bottom of the chart. The latter is proportionate in length, 
to the average duration of reference cycles. The shorter horizontal 
dotted line at the top, to the left, defines the average deviation of 
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the duration measures for specific cycles, on the duration scale; 
the corresponding solid line at the bottom of the chart gives the 
same information for reference cycles in freight ton-miles. The 
perpendicular broken lines descending from the specific cycle 
duration scale at the top of Fig. 12.5 are proportionate in length 
to the average deviations of the measures defining the standings of 
freight ton-miles at stages I to IX of specific cycles ; corresponding 
perpendicular solid lines at the bottom of the diagram measure the 
average deviations of freight ton-miles at successive stages of 
reference cycles. For specific cycles, the measures of average 
deviations, like those for stage averages, are in specific-cycle 
relatives; for reference cycles they are in reference-cycle relatives. 
The arrows in the diagram mark time relations between specific- 
cycle and reference-cycle turning points. We comment on these 
below. The use of this standard form of graphic presentation, with 
a uniform set of scales, enables the user of these charts to grasp 
quickly the essential features of the cyclical behavior of any given 
series, and facilitates comparison of measures for different series. 

In discussing reference-cycle patterns we have noted the utility 
of measures of rates of change between cycle stages. Similar rates 
may be computed for specific cycles. Averages of such rates arc 
given in Table 12-12. Here as in the corresponding table for 
reference cycles (Table 12-8) we have rates of interstage change, 
per month, both weighted and unweighted. Each unweighted rate 

TABLE 12-12 

Average Rates of Change per Month from Stage to Stage of Specific 
Cycles, Railroad Freight Ton-Miles, 1904-1949* 


Rate of chanRU per month in aiMirific-cyrlu rolativea from 
stage to stage of the rycles 



I-Il 

Il-III 

III-IV 

IV-V 

V-VT 

VI-Vll 

vri-viii VlII-IX 



Expansion 



('on traction 



Trough 

First 

Middle 

Last 

Peak 

Fust 

Middle 

Laat 


to 

to 

to 

third 

to 

to" 

to 

third 


firat 

middle 

lust 

to 

firat 

middle 

last 

to 


third 

third 

third 

peak 

third 

third 

third 

trough 

(1) 

(2) 

(3) 

(4) 

fS) 

(6) 

(7) 

(B) 

(9) 

Average 11 cycles 1904-1949 

+ 1 3 

+ 0 0 

+ 1,1 

+ 2.0 

- 1 6 

- 1.4 

- 1.9 

- 1.9 

Average deviation 

0.6 

0.3 

0.6 

1.1 

0.7 

1.0 

1.2 

1.1 

Average int in mo. 

5.6 

10 2 

10 2 

5.6 

3.3 

5.8 

5.8 

3.3 

Weighted average 

+ 1 2 

+ 0 8 

+ 1 2 

+ 1 7 

- 1 6 

- 1.2 

- 1.9 

- 1.9 


* These are aummary measures from Table A5. in the National Bureau’s notation. 
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is the simple average of measures of monthly rates of change for 
a given interstage period during the 1 1 specific cycles covered by 
the present record. In getting the weighted average, each con- 
stituent measure is weighted by the number of months in the 
interstage interval to which it relates. Both weighted and un- 
weighted rates indicate a rate of expansion in freight ton-miles that 
declines after stage II and accelerates thereafter; contraction is 
retarded slightly after stage VI, but reaches and maintains a high 
tempo between stages VII and IX. 

Timing and duration of specific cycles. To the student of cyclical 
processes great interest attaches to sequences of change at the 
troughs and peaks of business cycles. Characteristically, business 
cycles arc marked by a series of related movements in employment, 
production, wholesale and retail sales, inventories, prices, interest 
rates, and other scries dealing with aspects of economic activity. 
The investigator seeks to define these scciuences, and to discover 
regularities in them. 

The National Bureau derives timing measures for individual 
series by comparing the dates of troughs and peaks of specific 
cycles with corresponding dates given by the reference-cycle frame- 
work. The method is illustrated by the entries in the first five 
columns of Table 12-13, relating to freight ton-miles. Columns (3) 
and (5) repeat the reference dates given in Table 12-7. In column 
(1) arc the dates of troughs and peaks in the specific cycles marked 
out for this series. When the date of a turn in the spe(;ific cycle of 
a series precedes the corresponding reference date, the difference 
in months is termed a ^‘lead,^^ and is given a minus sign. When the 
specific-cycle turn follows the corresponding reference date, the 
difference in months is called a “lag,” and is marked by a plus sign. 
Thus the first entry in column (2) of Table 12-13 is -f 1. This 
refers to the peak in freight ton-rniles which came in June 1907, 
one month after the reference peak of May 1907. The zero entry 
in column (4) of the same line refers to the June 1908 trough in 
freight ton-miles, which coincided with the reference trough. The 
next trough in freight ton-miles came in March 1911, 10 months 
before the reference trough of January 1912; the entry in column 
(4) is - 10. 

This brief statement describes the procedure appropriate to 
cases in which specific-cycle turns are clearly related to correspond- 
ing reference dates, with no complications arising from inverted 
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Timing and Duration of Specific Cycfes 
Railroad Freight Ton-Miles, 1904-1949* 


Duration of cyclical niovementa 





head ( — 

) or lag (+) 




Percent of 






at 





duration of 

DatcH of 


Reference 

Reference 

Speeifie oyclefl 

BpeeiOe 

specific cyclwj 

peak 

trough 




eyeloB 





Refer- 

Refer- 

Expan- 

Con- 

Full 

Ex- 

Con. 




No of 

ence 

No of 

ence 

sion 

traction 

cycle 

pan- 

trac- 

Trough 

Peak 

Trough 

niontlH 

date 

inoiiths 

dat4* 

niOM 

n.OM 

IIIOS 

Hion 

tion 


(1) 


(2) 

(31 

(4) 

(5» 

(6) 

(7l 

(8) 

(0) 

(10) 

1 Jan04 

.lun07 

Jun08 

+ 1 

r./07 

0 

6/08 

41 

12 

53 

77 

23 

2 JunOS 

Apr 10 

Marll 

+ 3 

1/10 

-10 

1/12 

22 

11 

3.1 

67 

33 

3 Marll 

Feb 13 

Dec 14 

■1- 1 

1/13 

0 

12/11 

23 

22 

45 

51 

49 

4 I)ccl4 

Aprl8 

Mario 

— 4« 

8/18 

- 1« 

4/10 

40 

11 

51 

78 

22 

5 Mario 

Aug20 

Jnn22 

+ 7- 

1/20 

+ 4" 

9/21 

17“ 

17“ 

34- 

.'>0« 

50* 


AprlS 

Mario 

- 4 

8/18 

- 1 

4/10 


11“ 




6 Mario 

Fob20 

Jul21 

+ 1 

1/20 

- 2« 

0/21 

11 

17 

28 

39 

61 

7 Jul2l 

Apr23 

.Iun24 

- 1- 

5/23 

— 1» 

7/21 

21“ 

14“ 


60“ 

40“ 



.lul2l 



- 2 

0/21 






8 Jul21 

Apr23 

Jun24 

- 1 

5/23 

- 1 

7/21 

21 

14 

35 

GO 

40 

0 Jun24 

Jul26 

Doc27 

- 3 

10/26 

0 

12/27 

25 

17 

42 

00 

40 

10 Doc27 

Aug29 

Jul32 

+ 2 

6/20 

~ 8 

3/3.1 

20 

35 

.5’> 

30 

64 

11 .Iul32 

Apr37 

Muy38 

- 1 

5/37 

0 

5 M8 

:>7 

13 

70 

81 

19 

12 May 38 Feb44 

May 4 6 

-12 

2/4r> 

+ 7 

10/45 

60 

27 

00 

72 

28 

13 May46 Dec47 

Ort49 

-11 

11/48 

0 

10/40 

10 

22 

41 

40 

54 

Average 11 

cycles 











1904-1040 


- 2.2 


- 1.4 


31 b 

18.3 

49 0 

61 

30 

Average deviation 


3 0 


2.9 


14 C 

6 0 

13.7 

13 

13 


“ Excluded from the averages 

• This 18 an extract from Table Al, in the notation of the National Bureau 


patterns (characteristic of series that decline when general business 
is expanding, and vice versa), from the interjection of extra specific 
cycles, from “skipped^’ cycles (as when a stated scries fails to 
reflect a given reference cycle), or from leads or lags long enough 
to raise doubts about the timing comparisons that should be made 
(e.g., is a specific-cycle peak that precedes a given reference peak 
by 12 months and lags 10 months behind the earlier reference peak 
to be identified with the earlier or later reference turn?). For the 
detailed application of the procedures the National Bureau em- 
ploys in studying timing relations the student should consult the 
descriptions given in the Burns-Mitchell monograph. 

The averages and average deviations given in the last two lines 
of Table 12-13 are summary measures that define characteristic 
“ Ref. 13, pp. 116-23. 
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sequences. In deriving such averages the Bureau omits timing 
measures relating to ambiguous and nonconforming movements of 
individual series. Only timing measures that may be assumed to 
be connected with the revivals and recessions of general business 
are included. The timing averages for freight ton-miles indicate an 
average lead of 2.2 months in this series at reference peaks, an 
average lead of 1.4 months at troughs in general business.'® In 
view of the size of the average deviations, these measures do not 
indicate significant departures, in time, from the turns in business 
activity at large. Although the sequences of change are clouded in 
many cases, the Bureau’s technique has enabled it to define major 
timing relations of clear economic significance. Thus Mitchell 
(Ref. 107, pp. 68-75) notes clear leads at reference troughs in new 
orders for durable goods, construction contracts, security issues, 
liabilities of commercial failures (an inverted series), stock market 
transactions and prices of securities, and other series. Many of the 
same series lead at reference peaks, with new orders for durable 
goods, construction contracts, series on bank investments and 
deposits, and stock exchange transactions and prices preceding the 
down turn in general business by one or two cyclical stages. But, 
of course, sequences at peaks by no means repeat the patterns of 
change at troughs.'® 

The specific cycles in any economic scries vary in duration, and 
vary in the relative durations of the phases of expansion and 
contraction. These aspects of cyclical behavior, which are of obvious 
interest to the investigator, are defined in columns (6) to (10) of 
Table 12-13. The specific cycles in freight ton-miles ranged from 
28 to 96 months in duration. The average duration was 49.9 
months. Typically, the period of expansion constituted 61 percent 


** The arrows in Fig. 12.5 indicate these avenage time sequences, when they appear to 
be rcigular For freight ton-miles the arrov^ drawn from the trough of the average 
specifie-cyole pattern to the trough of the average reference-cycle pattern points 
from left to right, indicating that in this series revival precedes the trough in general 
business by more than one month. The arrow from specific-cycle peak to reference- 
cycle peak points in the same direction, indicating a similar lead at the upper turning 
point of general business. (When a given series fagrs more than one month behind 
general business at trough or peak the arrow points to the left. When the average 
lead or lag is one month or less a vertical arrow is drawn to indicate rough coincidence 
of average turns.) 

G. H. Moore of the National Bureau staff has identified a number of sequences that 
he believes to be regular enough to warrant their use as indexes of turns in the state 
of general business. See SkUtstical Indicators of Cyclical Revivals and Recessions 
(Ref. 110). 
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of the duration of specific cycles in this series, while contraction 
made up 39 percent of the full-cycle duration. The measures of 
average deviation indicate the degree of consistency in these 
movements, from cycle to cycle. 

Amplitudes of specific cycles. Are the cyclical fluctuations found 
in individual series wide or narrow? To answer this question the 
National Bureau constructs simple measures of amplitude. These 
are exemplified in Table 12-14. In the first specific cycle shown for 
freight ton-miles in this tabic, the expansion carried the series from 
a level of 82.9 at the trough centered at January 1904 to 120.6 at 
the peak centered at June 1907. These standings are given in 
specific-cycle relatives. The total rise of 37.7 points, given in 
column (5), is an index of the amplitude of cyclical expansion. 
From the June 1907 peak freight ton-miles fell to a low of 97.4 at 
the trough centered at June 1908. The decline of 23.2 points (see 
column 6) is an index of the amplitude of cyclical fall. Each of 
these measures may be read as a percentage, the base of the 
percentages being the average monthly value of freight ton-miles 

TABLE 12-14 

Amplifude of Specific Cycles, Railroad Freight Ton-Miles, 1904-1949’'' 


Ainplitiule of riiovcmiuntB nhown by 

Datfss of HiK5nfii*-('yrle relatives 

specific cycles StundinK Total movement Movement per month 

At At Rise Rise 

initial At terminal Rise Fall and Rise Fall and 


Trough Peak 

Trough 

trough 

peak 

trough 

1 Jan04 

(1) 

Jun07 

JunOS 

(2) 

82 0 

(3) 

120 6 

(4) 

97.4 

2 JunOU 

AprlO 

Marll 

85 5 

KMl 1 

102 7 

3 Marll 

Febl3 

Docl4 

80 2 

113 5 

94.4 

4 Decl4 

Apr 18 

Mario 

74.0 

121 0 

93.8 

5 Marl9 

Feb20 

Jul21 

91.7 

116 4 

80.4 

6 Jul21 

Apr23 

Jun24 

80 2 

120 9 

100 1 

7 Jun24 

Jul20 

Dec27 

87.3 

107 6 

96 8 

8 Dec27 

Aug29 

Jul32 

100 1 

121 0 

54 7 

9 Jul32 

Apr37 

May38 

60 0 

135 1 

93 6 

lOMaySS Feb44 

MBy46 

50 3 

130 4 

96 2 

H MBy46 

Dec47 

Oct40 

85.1 

108 0 

76.5 

Average 11 cyclee 
1904-1940 
Avemce deviation 
Weighted average 


82.3 

10.0 

119 4 
7.6 

89.6 
10 4 


fall fall 


(5) 

(6) 

(7) 

(8) 

(9) 

(10) 

+37 7 

-23.2 

60.0 

+0.0 

-1.9 

1.1 

+23.6 

- 6 4 

30.0 

+1.1 

-0.6 

0.9 

+24 3 

-19.1 

43.4 

+1.1 

-0 9 

1.0 

+47 0 

-27.2 

74.2 

+1.2 

-2.6 

1.5 

+24.7 

-36.0 

00.7 

+2.2 

-2.1 

2.2 

+40.7 

-20.8 

61.6 

+1.0 

-1.5 

1.8 

+20.3 

-10.8 

31.1 

+0.8 

-0.6 

0.7 

+11 9 

-66 3 

78.2 

/+G.e 

-1,9 

1.4 

+65.2 

-41.6 

106.8 

+1.1 

-3.2 

1.5 

+80 1 

-44 2 

133.3 

+1.3 

-1 6 

1.4 

+23.8 

-32 4 

56 2 

+ 1.3 

-1.5 

1 4 


+37 1 

-20.8 

66.0 

+ 1.2 

-1.7 

1.4 

17.1 

13.0 

22.7 

0.3 

+1.2 

0.6 

-1.6 

0.3 

1.3 


Tbia is Table A2 in the notation oi the National Bureau. 
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during the specific cycle that ran from January 1904 to June 1908. 
The entry in column (7), measuring full-cycle amplitude, is derived 
from the entries in columns ('5) and (0). In general terms, the index 
of full-cycle amplitude is the change between stages I and V minus 
the change between stages V and TX, both changes being given 
appropriate signs. Thus for the first specific cycle shown in Table 
12-14, we have 

Full-cycle amplitude = -f 37.7 — (— 23.2) 

= 00.9 

The averages at the foot of Table 12-14 indicate that freight ton- 
miles rise, on the average, 37.1 points during specific cycle ex- 
pansions, decline 29. S points, and have a full-cycle index of 
amplitude of 06.9. These are abstract measures which may be 
compared with similar measures for other scries, and combined 
with them. 

This same method may l>e employed in measuring the amplitudes 
of refenmee cycles in individual series. Averages measuring swings 
witliin the r(‘ference-cycle framtnvork will be damped, of course, 
unless the timing of specific-cycle turns coincides throughout with 
the turns in general business. For this reason the ratio of the 
reference-cycle amplitude, for a given series, to its specific-cycle 
amplitude provides a rough but useful indication of the relation in 
time between specific cycles and cycles in general business. For 
freight ton-miles, as we have seen, the full-cycle amplitude of 
specific cycles is measured by an index of 00.9. The corresponding 
index for reference cycles is 55.3. (each of these measures is based 
upon records covering 1 1 cycles.) The ratio 55.3/00.9, or .83 is 
relatively high, since specific-cycle turns in freight ton-miles are 
related fairly closely to the troughs and peaks of the reference 
chronology. 

Because phases of expansion and contraction, and full cycles, 
vary in duration, it is desirable to reduce the indexes of rise and 
fall, and of full-cycle amplitude, to monthly rates. These are given 
in columns (8) to (10) of Table 12-14. Here are measures of the 
rapidity of rise and of fall, and of full-cycle change, that are for 
many purposes more revealing than are the indexes of amplitude. 
It is interesting to note that the most rapid advance in freight 
ton-miles came in the period from March 1919 to February I92tt, 
and that tlie most rapid decline came in the contraction between 
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April 1937, and May 1938. The intensity of these movements 
would be lost sight of if one studied only the amplitude measures 
in cdlumns (5) and (6). Weighted averages of the monthly rates 
(the weights being the number of months to which each of the 
individual entries relates) supplement the unweighted averages for 
the entries in columns (8) to (10). 

Comment on the Method of the National Bureau. “When you 
cannot measure what you are speaking about, when you cannot 
express it in numbers,” said Lord Kelvin, “your knowledge is of 
a meager and unsatisfactory kind.” It is a great virtue of the 
National Bureau procedure that it has })rought systematic ancl 
comprehensive measurement to the study of business cycles. The 
battery of measures we have discussed in the preceding pages gives 
our knowledge of the phenomena of business cycles new precision. 
Varied aspects of the cyclical behavior of individual economic 
series- - duration, amplitude, timing, conformity to the cyclical 
swings of general business, and details of characteristic; patterns of 
fluctuation — are defined by this technique. Most of the measures 
used are abstract numbers that may be compared with similar 
measures for other series and combined with such measures to 
permit study of average and aggregative cyclical behavior. These 
methods constitute a powerful, flexible tool, adapted to the 
systematic analysis of the complex combinations of regularities and 
variations that characterize business cycles. 

Differences from the traditional approach to the study of cycles 
that was outlined in the early pages of this chapter are, of course, 
many. One point of resemblance is that in both methods an attempt 
is made to remove seasonal fluctuations. Both suffer from the 
difficulties faced in handling this slippery problem. But in the 
treatment of secular trends the two procedures are far apart. These 
are measured and “eliminated,” in applying the older method. The 
National Bureau procedure serves, in effect, to remove intercycle 
trends, since both reference-cycle and specific-cycle characteristics 
are defined by relatives for which the mean value of the observa- 
tions in each cycle is the base. However, the effects of intracycle 
trends are not removed. If a series is growing this will be manifest 
by an upward tilt in the average specific-cycle and reference-cycle 
patterns. The average standing at stage IX will exceed the average 
standing at stage I. (Differences between averages for other stages 
will, of course, be correspondingly affected by the secular lift.) 
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The reverse will be true for a series marked by a secular decline* 
In thus retaining the secular changes that occur within the limits 
of each cycle the National Bureau staff believe that they are 
keeping closer to the reality of cycles than they would if intracycle 
trends should be removed. The business man making decisions 
about production and employment sees expansions followed by 
contractions. In appraising these he makes no sophisticated cor- 
rections for trend. A rapidly growing industry provides a stimulus 
to expansion that a declining industry docs not; the secular lift 
that is the basis for this stimulus should not, in the judgment of 
the Bureau investigators, be eliminated from the cycle pattern. It 
is proper to add that the basic tables constructed by the National 
Bureau include one (not given here) containing detailed measures 
of secular changes betw^een specific cycles. Thus, although no 
mathematical trend functions are fitted, secular movements are 
defined and relevant measures made available for study. 

In using the method of the National Bureau the possibility of 
changes over time in the characteristics of reference and specific 
cycles must be recognized. An average pattern of cyclical fluctua- 
tions in pig iron production, based on data for 18 cycles occurring 
between 1879 and 1949, would have limited value as a piece of 
scientific evidence if the cyclical behavior of pig iron production 
had been significantly modified during t his period. More generally, 
if the characteristics of business cycles at large had been substan- 
tially changed in average duration, in the interrelated patterns 
of change that make up the broad swings of business activity, in 
causal relations among constituent elements — over the period 
covered by available business records, averages for the whole 
period and conclusions based on such averages would be suspect. 
If there are significant changes in cyclical patterns when a nation 
passes from peace to war or from. war to peace similar re.servations 
W’ould be called for. The National Bureau has made various 
probability tests to determine whether such secular or structual 
changes as liave occurred in the character of business cycles have 
been great enough to discredit the use of averages. The conclusion 
reached by Burns and Mitchell” is that such changes have not 
invalidated the measures of average behavior they have construct- 
ed. However, if there is reason to believe that measures for a single 


” Ref. 13, pp. 412-13. 
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economic series, or for groups of such series, have been subject to 
secular or other changes, the averaging process may be adapted to 
this fact. War cycles may be omitted, if they are believed to be 
influenced by special forces. The record for a single scries may be 
broken at a date believed to mark a structural change affecting 
cyclical behavior, and two sets of averages constructed; the hypo- 
thesis that there has been a significant change may then be tested. 
If such precautions are observed, the danger of combining hetero- 
geneous materials in averages or aggregates may be avoided. 

The use of a single cycle (reference or specific) as a unit of 
observation conforms to the view that the cycle is the unit of 
experience. This practice, whicli yields a diversity of measures of 
cyclical behavior, is a distinctive feature of the National Bureau 
procedure. It permits a variety of groupings and approaches 
adapted to the purposes of different investigators. Measures of 
many economic processes during a given reference cycle may be 
assembled for comparison and combination; measures descriptive 
of particular processes (e.g., production) in many reference cycles 
may be combined. In careless hands, however, a method that takes 
a single cycle as the unit of expenence and observation could lead 
to faulty conclusions. It would be easy, and quite invalid, to 
assume that the events occurring between stages V and tX of each 
reference cycle could be completely explained by the events that 
took place between stages 1 and V. The economic process is a 
continuous one. Each cycle and each phase of each cycle is tied to 
earlier and later events. If we are seeking an explanation of what 
happened to the economy of the United States between the ref- 
erence peak at June 1929 and the reference trough at March 1933 
we should have to go much farther back in time than to the 
reference trough at December 1927. The expc^rience we should 
have to include, if we were tracing the cumulation of events and 
stresses that led to the contraction of 1929-33, would cover a long 
stretch of time indeed. To include even the immediately pertinent 
events in this cumulative process we should have, to go back to 
1921 or to 1914. Chopping what is essentially a continuous 
process into segments, as is done in the National Bureau procedure, 
is a justifiable analytical device, but in the appraisal of evidence 
and the final formulation of conclusions these isolated portions 
must be seen as parts of an unbroken chain. 

The National Bureau techniques constitute a flexible device for 
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the organization and analysis of measures descriptive of cyclical 
behavior. The methods have been criticized as having no theo- 
retical underpinning. They are not derived from a definite theo- 
retical construct. This is true, although the methods do rest on 
certain liroad conceptions of the nature of cyclical processes in a 
modern economy. This separation of techniques from a particular 
theory is, of course, deliberate. It reflects the view that in scientific 
research a theoretical construct should not dominate the data. It 
goes without saying that a research procedure should be adapted 
to the testing of hypotheses, for without such tests the cumulation 
of knowledge is impossible. The National Bureau procedure may 
be used in testing business cycle theories, although the difficulties 
in the way of conclusive tests are many, in a field in which numer- 
ous variables interact in changing combinations. The technique 
has a final advantage in the diversity of views it affords of cyclical 
processes, in both microscopic and macroscopic aspects. In re- 
vealing both diversity and elements of regularity in cyclical 
patterns the techni(jue can be germinal of ideas, when used by an 
alert, investigator — a point of merit in any research technique. 

Other methods of time-series analysis, A variety of other methods 
have been used by mathematicians and statisticians in attempting 
to decompose historical variables into significant components. 
Tliese methods vary, of course, with the subject matter dealt with, 
and with the purposes of investigators. Edwin Frickey (Ref. 56; 
see also review by A. F. Burns, Ref. 11), working from pervasive 
aggregative cycles that furnish a standard for the study of indi- 
vidual economic series, obtains the secular trends of such series as 
residuals, after removing variations related to the standard cyclical 
pattern. The method of serial correlation (entailing the correlation, 
with varying lags, of the terms in a given time series) has been 
used to determine the type or types of oscillation inherent in that 
series (11. Wold, Ref. 194 and Kendall, Ref. 79). When there is 
reason to believe that a series in time is the sum of a number of 
harmonic terms (i.e., that the scries represents the combination of 
several elements each characterized by symmetrical fluctuations of 
constant period) methods of periodogram analysis that have been 
employed in the natural sciences may be used to break the observed 
series into its harmonic components (Kendall, Ref. 78). Some 
methods place special emphasis on the random components of time 
series, and attempt systematic separation of random and non- 
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randoih elements. This is the object of the method of variate 
differences (see Tintner,Ref. 159). Another approach, involving the 
concept of stochastic processes, develops more elaborate mathe- 
matical models for use in dealing with chronologically ordered 
observations that contain random (or stochastic) elements (see 
Hald, Ref. 66). The diversity of methods employed arises, in part, 
out of the diversity of issues and tasks faced by investigators. In 
part, however, it reflects the state of our knowledge today. There 
are probably more unsolved problems in the study of time series 
than in any other field of statistical practice. Theories and tech- 
niques alike are in a developmental stage. 
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Index Numbers of Prices 


The term ''index number’’ has been applied to a number of 
somowJiat similar devices employed in the analysis of statistical 
series. Index numbers have been most widely used in the study of 
price changes, but a brief consideration of certain other uses may 
make clear the essential characteristics of such measures. In its 
simplest form this name is used for a term in a time series expressed 
as a relative number. Thus the relative numbers given in columns 
(3) and (5) of Table 13-1 would be considered index numbers of 
this simple type. 


TABLE 13-1 

Examples of Time Series as Relatives (1950= 100) 


(1) 

(2) 

(3) 

(4) 

(5) 




WholcHale price of 



V S production oi 


No 1 dark northern 



crude jictrolcuin 

Petroleum 

sprinp wheat 


Year 

(umt. 1,()0().(MK) 

production 

Mirui(*apolis 

Wheat price 


barn'IvS of 

relative 

Average of average 

relative 


•12 Kullons each) 


rnonthl 3 ' i)riceK 





per bushel 


1950 

1.974 

100 0 

32 41 

100.0 

1951 

2,218 

113.9 

2 52 

104.6 

1952 

2,21K) 

110.0 

2 51 

104 1 

1953 

2,3G0 

119.6 

2 53 

105.0 


The representation of the terms in a time series as relatives, 
with reference to a fixed base, makes possible a ready comparison 
of the values for different dates and enables one to follow the 
movements of the series much more easily than when the data are 
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presell ted in their original form. Comparison of different series is 
also facilitated. 

Though such relatives have been called index numbers it is 
better practice to reserve the term for figures that represent the 
combination of a number of series. The series to be combined may 
relate to prices, production, consumption, wages, volume of trade, 
or to any factor subject to temporal variation. (Index numbers 
have been used also in measuring such geographical differences as 
arise from variations in living costs from city to city or from 
country to country.) Quite complex problems may be involved in 
the construction of any one of these special forms of index numl)ers, 
but the essential aim in all cases is to secure a single, simple series 
that will define the net resultants of the changes occurring in the 
constituent elements. Our concern in the present chapter is with 
the procedures used in making index numbers of commodity prices. 

Price Movements and Their Measurement: Preliminary 
Considerations 

Price Changes. When price changes are surveyed m detail it is 
difficult to perceive order, or any definite trend. We find a multi- 
plicity of conflicting movements. The price quotations in Table 
13-2, taken at random, are roughly typical of what would be found 
were the entire field of prices canvass(‘d in order to compare price 
movements from month to month. All 12 series listed advanced in 
price over the 15-year period covered by the record. Coffee, showing 
the greatest rise, was marked by a 12-fold increase in price, hides, 
at the bottom, by a gain of 13.5 percent. This was, of course, a 
period that included the inflationary movements of the war and 
postwar years. A similar period in peacetime would show much 
less pronounced changes, but the same absence of uniformity in 
price changes would be found. Each of the thousands of com- 
modities traded in on the markets of any country, or of the world, 
moves in its own individual way, subject to a variety of influences. 
Yet it does not act in isolation. In its price movements it affects 
other commodities, and is affected by them. And, in addition to 
the forces peculiar to each commodity, there are general forces 
that act throughout the price system, influencing masses of com- 
modities and services. It is the business of the maker of index 
numbers to bring order out of this multiplicity of price movements 
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TABLE 13-2 

Commodity Prices at Wholesale* 


490 




Price 

Price 

Relative price 

Commodity 

Unit 

April 

April 

April 1054 



1030 

1054 

(April 1030 -> 100) 

CATTLE— 

Fair to choice native steerH, Chicago 
COFFJCE— 

DoIb per 1(K) Ibn 

10.65 

23 75 

225.1 

Bantoa No 4, New York 

Onta |ier lb 

7K 

80 50 

1234.5 

COPPER — Electrolytic, New York rohnery (^enU* per lb 

10 37 Vi 

20 87 Vi 

288 0 

CORN — No 2 yellow, C'hicuKo 

DoIm pei bu 


1 60K 

325 8 

COTTON — Middling, , New f)rlcaiiB 

HIDES— 

OntH per Ib 

8 43 

32.70 

387.0 

Green salted pnekera, No 1, heavy native 




ateera, C’hicnRO 

(VntH iier Ib , . 


10 Vi 

113.5 

HOGS— Gocxl iruTchanluble, iiign and rough 




atock excluded, Chicago 

DoIh per 100 lbs 

7.16 

27.05 

378.3 

IRON and HTEIOl^ 





Steel Bcrat), No 1 heavy melting, PittH' 





burgh 

Dole per grosa ton 

15 50 

28.50 

183.9 

PETROLEUM— Crude, at well 





PeniiHylvania 

DoIh per bbl 

2.00 

3 76 

188.0 

SUGAR — lie" centrifugal, duty paid, N Y _ 
WHEAT— 

. Cents i>er lb . . . 

2 02 

6.20 

212.3 

No 1 northein spring, Miiiiieapolm 

Dola per bu 

74Vi 

2 33 Vi 

313.9 

ZINC — Prune weaU'm, E St J,ouih 

C'enta |X‘r Ib , 

4 50 

10.25 

227. S 

* At eomiiilcxl from trade aourcea by Thr Guaranty Survey. 


by defining the broad movements that are the net resultant of the 
diverse forces impinging on prices. 

The character of price changes in individual commodities, 
viewed collectively, is of concern to makers and users of index 
numbers, for it bears upon the methods that may be used in meas- 
uring price movements. In earlier pages of this book, dealing with 
methods of summarizing quantitative observations, we noted that 
an average is most meaningful when it represents a distinct central 
tendency in a mass of relatively homogeneous data. Moreover, the 
type of average to be employed piay vary with the character of 
the distribution to be represented. We should first, then, determine 
what the raw materials of the problem are, and study the frequency 
distributions secured when these raw materials are organized. 

Some of the specific purposes served by index numbers of prices 
arc discussed in the following .section. At the heart of each of these 
purposes is the comparison of price quotations for individual 
commodities at each of two dates. Each pair of quotations measures 
a change in the price of a single commodity, a change caused by 
the interplay of many forces. When a great many such price 
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quotations are brought together we have a mass of data repre- 
senting the interaction of a multitude of forces, some individual 
and specific in their incidence, some general, affecting the prices 
of large groups of commodities or of all commodities. What we seek 
to determine is the net price resultant of all these factors. We seek 
a measure of the composite effect of the numerous forces that are 
causing individual prices to rise or fall. 

The unit with which we must deal is a single price variation. 
Whether the statistical methods with which we are familiar may 
be effectively employed in the organization and analysis of a 
number of such units depends on the behavior of such units in 
mass. The following examples illustrate the frequency distributions 
secured when these data are classified. 

Frequency Distributions of Price Relatives. Each price variation 
is, of oourse, a ratio, the ratio of the price of a commodity at a 
given date to the price of the commodity at another date. The 
ratios may be reduced to a comparable basis by putting them aU 
in the form of relatives, of the type illustrated in preceding ex- 
amples. In constructing the frequency distribution shown in Table 
13-3, the prices at wholesale in 1927 of 670 commodities were 
expressed as relatives, with the 1926 price as a base in each case. 

The frequency polygon representing this distribution appears in 
Fig. 13.1. For purposes of comparison with similar distributions 
the figure shows the percentage distribution. The correspondence 
of this frequency distribution to the standard types portrayed in 



Relative Price 

FIO. 13.1. Frequency Polygon.- Distribution of Relative 
Prices of 670 Commodities in 1927 (Average prices in 
1926 » 100). 




wmx Hmmts of frices 

TABLE 13-3 


Dlstribulton of the Relative Prices of 670 Commodities in 1 927* 
(Average prices in 1 926 = 1 00) 


Relative pricoe 

Midpioint 

m 

52.5- 57.4 

66 

57.5- 62.4 

60 

62.6- 67.4 

66 

67.5- 72.4 

70 

72.6- 77.4 

75 

77.6- 82.4 

80 

82.5- 87.4 

86 

87.6- 92.4 

*10 

92.6- 97 4 

95 

97.6-102.4 

100 

102.6-107.4 

105 

107.6-112.4 

no 

112.5-117.4 

116 

117.6-122.4 

120 

122.5-127.4 

125 

127 6-132.4 

i:k) 

132.5-137.4 

136 

137 6-142 4 

140 

142.6-147.4 

146 

147.6-162 4 

160 

152.6-157 4 

166 


No. of cases Percentage of total 

/ number of cases 


1 

.1 

2 

.3 

6 

.9 

7 

1.0 

8 

1.2 

25 

3.7 

50 

7.5 

76 

11.3 

136 

20.3 

196 

29.3 

8,3 

12.4 

26 

3.9 

16 

2.4 

14 

2.1 

12 

1.8 

2 

.3 

3 

.5 


.8 

• 

.1 

1 

.1 

670 

100.0 


* The 670 commodities included were those employed by the U. S Burt^iu of Lalior 
Statistics in the construction of its index of wholesale pnees The original figures, 
and the relatives, appear in Bullelin 473, of that Bureau. 


earlier sections is obvious. There is the same marked concentration 
about a central tendency, in this case a tendency of prices to 
remain stabU*, for 29 percent of all the cases showed a change not 
exceeding 2.5 percent from their prices in the base year. There is 
also, in this ca.se, a fairly symmetrical distribution about this 
central tendency, though the range above the mode is slightly 
greater than the range below. Without at pre.sent considering the 
(luestion as to which average might best be used to represent the 
central tendency in this distribution, it is apparent that the use of 
some average is quite legitimate. 

The example just given has been based upon price variations 
from one year to the next, over a period during which the level of 
general prices declined slightly (4.6 percent). W. C. Mitchell gives 
a much more comprehensive illustration, based upon the distribu- 
tion of 5,540 price variations from one year to the next over the 
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period 1890-1913, which shows the same general grouping. The 
distribution secured by Mitchell is shown in Fig. 4.6 (page 80). 

The inertia of prices is most conspicuous when year-to-year price 
changes are studied. It is therefore advisable to consider the 
character of price variations over a longer and more disturbed 
period, that we may learn whether the same type of distribution is 
obtained. Table 13-4 shows the distribution of 774 price variations, 

TABLE 13-4 

Distribution of Relative Prices of 774 Commodities in 1933 
(Average prices in 1 926 = 1 00) 


Relative prices 

Midpoint 

m 

No of cases 

Percentage of total 
number of cases 

10- 14.9 

12.5 



3 

.4 

1&- 19.9 

17.5 



20- 24.9 

22.5 

1 

.1 

25- 29.9 

27.5 

7 

.9 

30- 34.9 

32 5 

13 

1.7 

35- 39,9 

37 5 

24 

3.1 

40- 44.9 

12 5 

28 

3.6 

46- 49.9 

47 5 

51 

r>.6 

50- 54.9 

52 5 

49 

6.3 

55- 59.9 

57 5 

50 

6.6 

60- 64.9 

62.5 

62 

8.0 

65- 69.9 

67.5 

58 

7.5 

70- 74.9 

72.6 

93 

12.0 

75- 79.9 

77.5 

81 

10.5 

80- 84.9 

82.5 

62 

8.0 

86- 89.9 

87.5 

67 

8 7 

90- 94.9 

92.5 

40 

5.2 

95- 99.9 

97 5 

27 

3.5 

100-104.9 

102.5 

27 

3.5 

105-109.9 

107.5 

11 

1.4 

110-114.9 

112.5 

6 

.8 

115-119.9 

117.5 

8 

1.0 

120-124.9 

122.5 

1 

. 1 

125-129.9 

127.5 

2 

.3 

J55-159.9 

157.5 

1 

.1 

180-184.9 

182. 5 

1 

.1 

190-194.9 

192.5 

1 

.1 



774 

# 100.0 


prices in 1933 being expressed as relatives on a 1926 base. The 
general level of wholesale prices, it should be noted, declined some 
33 percent from 1926 to 1933. The data in Table 13-4 are plotted 
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Relative Price 

FIO. 13.2. Frequency Polygon: Distribution of Relative Prices 
of 774 Commodities in 1933 (Average prices in 1926 = 100). 


in the form of a frequency polygon in Fig. 13.2, the percentage 
distribution being shown. It will be noted that the distribution is 
curtailed, the five upper classes being omitted. 

The distributions depicted in Figs. 13.1 and 13.2 differ materially. 
The range of the variations is greater in the second case, a condition 
naturally to be expected because of the longer period covered. 
Secondly, a very much smaller percentage of cases is concentrated 
in the modal group, though there is still a pronounced central 
tendency. Both distributions, as plotted on the arithmetic scale, 
arc fairly symmetrical, though a few extreme cases extend the 
actual upper limit of the second distribution. In Fig. 13.1 the 
concentration about the central tendency is much more marked, 
and the deviations of individual price ratios from the central 
tendency are smaller. This distribution resembles one that would 
be secured from highly accurate physical measurements, or the 
distribution of shots from a very accurate piece of artillery. The 
second curve corresponds to one representing less accurate physical 
measurements, or to the distribution of shots from an old or in- 
accurate field piece. The modal value occurs less frequently and 
the deviations from the central tendency are greater. It has bfen 
established that the longer the period covered in price comparisons 
such as those made above, the more pronounced is the tendency 
shown in Fig. 13.2. The value of the maximum ordinate falls and 
the range of the distribution increases. The curve becomes flatter 
and more extended as the time interval increases. 

If we were to plot a frequency distribution of 1944 price relatives 
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on 1926 as a base, or of 1954 relatives on the same base, we should 
expect to find an accentuation of the features we have noted in 
Fig. 13.2. The wartime distribution, particularly, would be marked 
by greater skewness than is evident in any of the price distributions 
referred to above. This point is to be emphasized. A price increase, 
expressed as a relative, has no upper limit. An increase of 100, 500, 
1,000 percent or more is conceivable and possible. (The greatest 
price increase noted by the War Industries Board in its study of 
prices during the first world war was one of 4,981 percent, in the 
case of acetiphenetidin.) But 100 percent is the maximum decline 
possible, as that would mean that the price of a commodity had 
fallen to zero. Thus in a period of sharply rising prices positive 
skewness is characteristic of distributions of price relatives. 

In the preceding pages we have briefly considered the character 
of the raw materials used in index number construction, and have 
remarked on the nature of the frequency distributions that are 
obtained when such materials are brought together in quantity. 
The data we have examined consist of individual price variations, 
expressed as ratios. When a number of these ratios are assembled 
a frequency distribution is secured which has points in common 
with distributions obtained from other collections of quantitative 
observations. A central tendency, which may legitimately be 
represented by an average, is apparent in the distribution of price 
variations. The central tendency is less marked, however, and the 
deviations from it are more pronounced, the longer the period 
covered in the price comparison, so that an average becomes less 
representative as this period increases. In addition, a tendency 
toward skewness has been noted, and this tendency, we have 
observed, could be quite pronounced in a period of rising prices. 
This skewness is due to the fact that we are dealing with ratios 
that have a definite lower limit and no upper limit. 

Some Purposes Served by Index Numbers of Prices. On an 
earlier page we have said that in obtaining an average of price 
relatives we are seeking a measure of the composite effect, or net 
resultant, of the numerous forces that are causing the prices of 
individual commodities to rise or fall between two dates. A good 
measure of a clearly defined central tendency in a frequency distri- 
bution of price relatives may be taken to define such a net resultant. 
But this general statement of purpose does not go far enough. The 
price relatives of what commodities are to be included in such a 



frequency distribution? To answer this question we must face the 
question of purpose more directly. 

The traditional purpose of the makers of index numbers has 
been to measure changes in the purchasing power of money. Carli 
in 1764, Jevons in 1863, Fisher in 1911 thought of their work in 
these terms. Back of this purpose lies the concept of an average 
defining a general price level. All commodities and services entering 
into exchange would be the components of such an average. The 
prices of all such commodities and services (or a sample fully 
representative of all) would make up the frequency distribution 
appropriate to this concept. It is now recognized that such a 
distribution, which would include commodities at all stages of 
production and distribution, services to producers and consumers, 
wages, salaries, rents, profits, taxes, etc., would be heterogeneous 
in the extreme. For the various elements of the general price system 
are subject to widely diverse forces. Accordingly, no omnibus 
measure of changes in prices, in the broadest meaning of that term, 
is now constructed. Indexes more restricted in scope are more 
useful to economists, to governmental administrators, and to 
business men. 

The nearest approach to a general price index currently con- 
structed is an index of commodity prices in wholesale markets. In 
the United States the wliolesale price index of the Bureau of Labor 
Statistics, relating to “the first important commercial transaction 
for each commodity,” is often thought of as measuring changes in 
the “level of prices,” although it covers, in fact, only a portion of 
wholesale transactions and other markets not at all. But it com- 
prehends a wide range of commodities, and is more inclusive as a 
measure of price movements than any other current index. ^ 

We have referred to the diversity of movements found in the 
prices of economic goods of all sorts — commodities and services. 
This diversity is found whether we observe price changes within 
the year, during cycles of expansion and contraction in general 


• Reference iihould be made, however, to the “implicit deflator” of Gross National 
Product (and to the separate elements of the general deflator) derived by the National 
Income Unit of the U. S. Department of Commerce in expressing Gross National 
Product in dollars of constant purchasing power. The “implicit deflator” which is 
available by years for the period since 1919, is, in efi'ect, a very comprehensive price 
index, although affected by changes in the composition of the Gross Product as well 
as by price changes proper, A similar deflator for earlier years was constructed by 
Simon Kusnets in his measurement of national income. 
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business, or over longer periods. The student of business cycles and 
of economic growth knows that, these diversities are not haphazard. 
There are patterns of price change, and in these patterns are found 
clues to the interacting forces of economic change. A central 
purpose of index number work today is the measurement of these 
differing group movements that lead to cyclical and secular changes 
in the structure of prices. Various classifications of prices are of 
interest to economists; still others are of concern to business and 
labor groups and to government officials. The prices of the factors 
of production (rent, wages and salaries, interest and profit rates), 
the prices of goods at wholesale and at retail, farm prices, tariff 
rates — these are among the major classes of contemporary concern. 
Within the broad category of wholesale prices the U. S. Bureau of 
Labor Statistics now constructs price index numbers for 15 major 
commodity groups and for 88 minor groups ranging from grains, 
milk, coal, and lumber to agricultural machinery, motor vehicles, 
and radios, television sets, and phonographs. The National Bureau 
of Economic Research has constructed indexes for raw and manu- 
factured goods, durable and nondurable goods, producer goods and 
consumer goods, goods of agricultural and of nonagrieultural 
origin, and for other classes of economic interest. Not all sectors 
of the price system are adequately covered, by any means, but the 
batteries of group index numbers currently available enable the 
student to trace shifting price relations in considerable detail. 

Closely related to the general purpose just described is measure- 
ment of shifts in what may be called the '‘terms of exchange” of 
specified economic groups. This is a familiar concept in inter- 
national trade. Britain's terms of exchange with the rest of the 
world, as defined by the changing ratio of export prices to import 
prices, are a matter of central concern to that trading country. 
The terms of exchange of United States farmers, as measured by 
the “parity ratio” (the ratio of the prices of farm products, at the 
farm, to prices paid by farmers for goods purchased), are the basis 
of federal aid to farmers, and an object of recurring political and 
economic controversy. Similar terms of exchange are measured by 
the ratio of wages to the prices paid by consumers, a ratio that 
affects bargaining over wages, and wage and price regulation in 
wartime. In increasing degree, special-purpose index numbers are 
being constructed to define the relations of prices received by 
specific economic groups to the prices they pay. For any group, or 
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for any individual, this ratio defines a major factor in the economic 
welfare of that group, or individual. (It is not the only factor, of 
course. Favorable terms of exchange are of little comfort to a 
country that cannot sell its products, or to unemployed members 
of the labor force.) 

Another important object in the making of index numbers is that 
of breaking a change in the aggregate value of a group of com- 
modities into its basic price and quantity components. This 
purpose may be most readily illustrated with reference to a single 
commodity. Between 1940 and 19.52 the value of raw cotton pro- 
duced in the United States increased from $621,284,000 to $2,774,- 
230,000; the amount produced rose from 6,283,000,000 pounds to 
7,519,000,000 pounds, the averages farm price per pound increased 
from 9.89 cents to 36.90 cents. Reducing these several changes to 
relatives, we have 



1940 

1952 

Quantity of cotton produced, in lbs. 

100.0 

119.7 

Average price of cotton, per lb. 

100.0 

373.1 

Aggregate value of cotton produced 

100.0 

446.6 


The relative num})ers measuring the change in total value may be 
derived eitlier from the aggregate value figures, or by multiplying 
the quantity relative by the relative measuring the change in unit 
price. The two processes give the same result. This is always the 
case when we work with relatives relating to prices, quantities, and 
values for single commodities. But identity of results is not neces- 
sarily found when we work with prices, quantities, and values for 
groups of commodities. The product of price and quantity indexes 
may in such cases difTer materially from a measure of relative 
change in values derived directly from the aggregate value figures. 
When this ol)ject~ -that of breaiking a value change (or a value 
ratio) into consistent price and quantity components — is regarded 
as of central importance by the maker of index numbers, the 
methods employed must be adapted to the purpose. 

In this brief summary of purposes served by index numbers we 
have dealt primarily with index numbers of prices. Later we shall 
deal with problems faced in studying physical quantities. Differ- 
ences of purpose in the construction of price indexes have some 
bearing on the choice of technical formulas, a more important 
bearing on the choice of commodities and determination of the 
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number of commodities to be included in the sample. Technical 
methods employed are also affected by practical difficulties faced 
in obtaining data, by computational considerations, and by the 
time factor in publication of results. For these and other reasons 
varying methods have been advocated for the construction of index 
numbers. Differences among methods actually employed, however, 
are not great today. Although some conflicts of opinion remain, 
compulsions of practice and an approach to agreement on ends 
have reduced the differences that prevailed a generation ago. 

The practical problems of index-number making in the price field 
include the choice of commodities (determination of the size and 
scope of the sample), the obtaining of quotations, and the selection 
of a method of combining price quotations that will yield a single 
satisfactory index figure. Our first concern will be the choice of a 
formula that may be employed in combining price quotations. 
Alternative possibilities may be illustrated most effectively by the 
application of a number of methods to the same data. Table 13-5 
presents the raw material to which these various methods are to 
be applied — the average farm prices of twelve leading crops on 
December 1 of each year from 1929 to 1945. This period, which 
was marked by the wide price fluctuations brought on first by 
depression and then by war and inflation, provides a good vehicle 
for the desired comparisons. 

Notation, The symbols to be employed in the computation of 
index numbers have the following meanings: 

price of a given commodity at time “0^^ (the base period) 
go': quantity of same commodity at time “0” 
p/: price of same commodity at time ‘‘F' 
gi': quantity of same commodity at time “1” 

Po": price of second commodity at time 
go": quantity of second commodity at time^‘0” 

Pi": price of second commodity at time “F’ 
gi": quantity of second commodity at time “1” 

a price relative (relation of price of a given^ commodity at 
Po 

time to price of same commodity at time “0*^; such ratios 
are usually multiplied by 100 to give the customary relative 
numbers 
g/ 

a quantity relative 
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price index for time “T' on time as base 
Pio price index for time “ 0 ” on time “T' as base 

price index obtained by a base-shifting procedure 
Qoi index of physical quantities (produced, exchanged, or con- 
sumed) in time ‘^ 1 ” (or period ^‘ 1 ”) on time as base 
Qio: index of physical quantities in time “O'" on time “T’ as base 
Voi: ratio of aggregate values in time *^ 1 ” to aggregate values in 
time “ 0 '^; an index of change in the aggregate values of 
commodities produced, exchanged, or consumed 

L: the Laspeyres formula 

P: the Paasche formula (P with no subscripts will be used as a 
symbol for the Paasche formula; not to be confused with 
Poi, P 23 , etc. P with subscripts is used as a general symbol 
for a price index, the subscripts denoting the years compared.) 

I: the ideal formula 

E} '. a measure of formula error, as shown by the time reversal test 
E 2 : a measure of formula error, as shown by the factor reversal 
test 

D: L — P; the difference between results given by the Laspeyres 
and Paasche formulas; an indication of degree of difference 
between two regimens 


Simple Index Numbers of Prices 


In liis exhaustive analysis of methods of index number construc- 
tion Irving Fisher (Ref. 40) distinguishes six fundamental types: 
the aggregative (or price aggregate), the arithmetic, harmonic, 
geometric, median, and mode. The latter has never been employed 
in a practical way, and may be omitted. The characteristics of the 
five remaining tj^pes may be brought out by considering each of 
them in its simplest form, before -examining the more complicated 
combinations. 

Aggregates of actval prices. In the construction of index numbers 
of the simple aggregative type, commodity prices pertaining to a 
given date are added; general price changes are measured by 
comparing the results thus secured for different dates. Using the 
above symbols 
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types illustrated in the two examples preceding. The quantity 
employed as weight in each case is the amount of each commodity 
which would sell for $100 in the base year. In the preceding 
example the following quantities have been employed as weights: 


Corn 

129.2 

bu. 

Cotton 

609.8 

lbs. 

Hay 

8.20 tons 

Wheat 

96.6 

bu. 

Oats 

234.7 

bu. 

Potatoes 

77.6 

bu. 

Sugar- 

2,631.6 

lbs. 

Barley 

183.8 

bu. 

Tobacco 

546.4 

lbs. 

Flaxseed 

35.2 

bu. 

Rye 

117.8 

bu. 

Rice 

100.5 

bu. 


What, has been done, in effect, in the computation of the simple 
average of relative prices has been to determine the aggregate 
amount for which the above quantities would sell in each of the 
eleven years included. At 1929 prices each of the above quantities 
would sell for $100, the aggregate value being $1,200; at 1930 prices 
the aggregate value of the above quantities was $847.30. These 
aggregates, divided by 12, give the index numbers shown in 
column (3), Table 13-10: 100 for 1929, 71 (70.6) for 1930, etc. Thus 
the “unweighted average of relative prices^ is in fact a weighted 
aggregate of actual prices. It is equally weighted in the sense that 
the value of the quantity of each commodity employed as weight 
was equal to $100 in the base year, 1929. 

Medians of relative ■prices. The median rather than the arithmetic 
mean maj' be employed in securing the average of the relative 
prices for each year. When the relatives in column (6) of Table 13-7 
are arranged in order of magnitude the following distribution is 
secured: 


45.2 

71.5 

49.2 

73.9 

57.9 

77.7 

58.0 

84.6 

69.1 

86.8 

69.9 

103.5 
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The median of these relatives, 70.7, is the index number for 1030. 
All the index numbers computed in this way from the medians of 
relative prices are presented in column (4), Table 13-10. 

Geometric averages of relative prices. The geometric averages of 
the relative prices for the various years may now be computed 
and the results compared with those secured in the preceding 

■n ' 

examples. A single relative being represented by the symbol 

Po 

the formula for the geometric mean of .Y relatives is 




r Po Pit Pi) 


(13.3) 


A geometric mean is generally computed by the aid of logarithms; 
in this case 


Log M,, 





V 


(13.4) 


The method of computation may be illustrated for the years 
1929 and 1930 (see Table 13-8), the relative prices of the various 


TABLE 13-8 

Computation of Geometric Averages of Relative Prices 


( 1 ) 

CommtKlity 


Corn 

Cotton 

Hay 

Wheat 

Oats 

Wh. Potatoes 

Sugar 

Bariev 

Tobacco 

Flaxseed 

Hye 

Rice 


( 2 ) 

Relative price, 
1929 


100 

UX) 

100 

100 

100 

100 

100 

100 

100 

100 

HK) 

1(K) 


cn 

liOgarithm of 
figure in col f2) 

2 0 

2.0 

2.0 

2.0 

2.0 

2.0 
2 0 

2.0 
2 0 

2.0 

2.0 
2 0 

24.0 


(4) 

Relative price, 
19:i0 

S4.r> 

.>>7.9 

103.5 

58.0 

73.9 
09 1 
80.8 
71.5 

09.9 

49.2 

45.2 
77 7 


(5) 

Logarithm of 
figure in col. (4) 

1.927.37 
1 . 70208 
2.01494 
1 . 70343 
1 86804 
1.8.3948 
1.93852 
1.8,5431 
1 84448 
1 .69197 
1.65514 
1 .8fK)42 

22.051.38 


lx)g (1929) 

Log Ma (19.30) 


24.0 

12 


antilogarithm of 2 =» 100 
- , «,761 


M„ B antilogarithm of 1 .83761 


08.8 
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commodities being repeated from Table 13-7. Averaging the 
logarithms, and obtaining the corresponding natural numbers, we 
have 100 as the geometric mean for 1929, 68.8 for 1930. 

The results for all the years are summarized in column (5), 
Table 13-10. 

Harmonic averages of relative prices. The characteristics of the 
harmonic average have been discussed in a preceding chapter. The 
reciprocal of the harmonic mean, it will be recalled, is the arith- 
metic mean of the reciprocals of the constituent measures. The 
constituent items, in the present case, are price relatives of the form 

. The reciprocal of such a relative is — , . The formula for the 
Po ^ Pi 

harmonic mean of N price relatives is, therefore. 


or 


1 

H 


V\ Pi 


P5. 

_ t) 

Pi 


N 


(13.5) 



(13.6) 


The method of computation is illustrated in Table 13-9. 

The index numbers computed in this way for all the years 
included in the study are shown in column (6), Table 13-10. 

In the construction of the five types of index numbers explained 
above no attempt has been made to use a logical weighting system. 
All are termed “unweighted” averages, a term which is quite 
misleading. The first index constructed, based on aggregates of 
actual prices, is a heavily weighted index number, though the 
weights are illogical. In the next four the quantities employed as 
weights are the amounts purchasable for SlOO in 1929. The five 
results are brought together and compared in Table 13-10. In each 
case the index is given to the nearest whole number. These index 
numbers are plotted in Fig. 13.3. 

Comparison of Simple Index Numbers: The Time Reversal 
Test. The four averages of relative prices agree much more closely 
with each other than with the index numbers based on aggregates. 
For reasons already suggested the latter is quite untrustworthy as 
a measure of price changes. Of the other index numbers, the 
arithmetic, geometric, and harmonic means show a consistent 



THE TIME REVERSAL TEST 
TABLE 13-9 

Computation of Harmonic Averages of Relative Prices 


44S 


(1) 

Commodity 

(2) 

Relative price, 
1929 

(3) 

Reciprocal of 
figure* in col (2) 

(4) 

Relative price, 
1930 

(5) 

Reciprocal of 
figure iu col. (4) 

Corn 

1(X) 

01 

84.0 

.0118203:1 

C’otton 

1(K) 

01 

57 9 

.01727116 

llirv 

KM) 

01 

103 5 

.00906184 

Whmt 

KM) 

01 

58 0 

.01724138 

OatH 

KX) 

01 

73 9 

.01353180 

Wh Poiattjos 

100 

01 

09 1 

.01447178 

Sugar 

100 

01 

80.8 

.01152074 

Barley 

100 

01 

71 5 

.01398601 

Tohaeeo 

KM) 

01 

09.9 

.01430615 

FlaxHeed 

KM) 

.01 

49 2 

.02032520 

Rve 

KK) 

.01 

45 2 

.02212389 

Hiee 

KM) 

01 

77.7 

.01287(X)I 



12 


17913029 


^(1929) = = KM) 




relationship, a fact which follows from the nature of the averages 
employed. Except in the base year the geometric mean is always 
less than the arithmetic and the harmonic is always less than the 
geometric, the amount of difference increasing as the dispersion of 
prices becomes greater. The median, with only twelve items to be 
averaged, is somewhat unstable, and its relationship to the other 
averages is not always a consistent one. 

How are we to choose among these varying results? No one of 
these “unweighted” index numbers is perfect, for weights which 
have crept in do not measure the relative importance of the various 
commodities included in the index numbers. But, neglecting for 
the moment the question of weights, is it possible to test the 
adequacy of the different methods of measuring changes in the 
prices as given? 

For this purpose Irving Fisher has employed what he terms the 
“time reversal test.” This is merely a test to determine whether a 
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TABU 13-10 

Index Numberi of Farm Crop Prices, 1929-1945 (1929 — 100) 


(1) 

Year 

(2) 

AggregateH 
of a<!tiia1 
prices (as 
relatives) 

(3) 

Arithmetic 
averages of 
relative 
prices 

1929 

100 

1(H) 

1930 

80 

71 

19.31 

(>.5 

54 

19.32 

It 

39 

19.33 

()1 

0(i 

1934 

97 

91 

19.35 

(il 

08 

1930 

‘K) 

lOI 

19.37 

m 

72 

19.38 

50 

00 

1939 

(i4 

08 

1940 

(M) 

00 

1941 

77 

92 

1942 

90 

109 

1943 

120 

143 

1944 

132 

143 

1945 

130 

150 


(4) (5) (6) 

Medians Geometric Harmonic 

of averafces of averages of 

relative relative relative 

prices prices prices 


100 

100 

100 

71 

09 

07 

.50 

52 

50 

33 

.37 

35 

0(> 

0.5 

04 

SO 

80 

80 

09 

07 

66 

1(K) 

98 

96 

71 

70 

67 

55 

58 

57 

09 

08 

67 

71 

04 

63 

93 

89 

86 

102 

104 

100 

129 

1.38 

134 

134 

139 

1.36 

145 

145 

141 


given method will work both ways in time, forward and backward. 
If from 1940 to 1941 sugar should increase from 3 to 4 cents a 
pound, the price in 1941 would be 133 j percent of the price in 
1940, and the price in 1940 would be 75 percent of the price in 1941. 
One figure is the reciprocal of the other; their product (1.33i X 
0.75) is unity. Similarly, if a given method of index number con- 
struction shows the general price level in one year to be 1331 
percent of the level in the preceding year, it should work correctly 
when reversed ;'ft should show that the price level in the first year 
was 75 percent of the price level in the second year. When the data 
for any two years are treated by the same method, but with the 
bases reversed, the two index numbers secured should be reciprocals 
of each other. Their product should always be unity. That is, we 
should have the relation 

Pq\ 'Pw = 1 

where Poi is the index for time “1” on time as base, and P\o is 
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FIO. 13.3. Comparison of Five Simple Iiwlav Numbers of Farm Crop 
Prices, 1929-1945 (1929 = 100). 


the index for time “0*^ on time as base. (In all such expressions 
as this, the decimal point in the customary price index is assumed 
to })e shifted two places to the left; that is, we deal with ratios, 
not relatives.) If the product is not unity, there is said to be a 
type bias in the method. 

For this error Mudgett (Ref. 113) has used the symlx)l Eiy where 
Ey = - \ (13.7) 

This will be equal to zero, of course, when the time reversal test 
is met. 

This test may be applied to the methods employed above, using 
prices for 1929 and 1930. With 1929 as base the following results 
were obtained 


Year 

1929 


Aggregates Arithmetic Geometric Harmonic 

of actual averages of Medians of averages of averages of 
prices (as relative relative relative relative 

relatives) prices prices prices prices 


100 00 
70.73 


1930 


100.00 

86.71 


100.00 

70.61 


100.00 

68.80 


100,00 

66.99 
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and with 1930 as base: 



AgRreKates 

Arithmetic 


Geometric 

Harmonic 


of actual 

averages of 

Medians of 

averages of 

averages of 


prices (as 

relative 

relative 

relative 

relative 

Year 

relatives) 

prices 

prices 

prices 

prices 

1929 

116.68 

149.25 

141.41 

145.31 

141.60 

1930 

100 00 

100.00 

100.00 

100.00 

100.00 


When the index numbers for 1930 in the first table are multiplied 
by the corresponding index numbers for 1929 in the second table, 
we have the following values. (In securing these products the index 
numbers arc put in the ratio, not in the percentage, form.) 


of actual 
prifCB 


Arithmetic 
avcragcH of 
relative 
jirieeH 


Geometric Harmonic 

MediaiiH of averages of averages of 
relative relative relative 

prices prices prices 


1 (K) 


1 0r)39 1 00 1 00 0.9486 


This time reversal test is met by three of the methods employed. 
It is not met by either the arithmetic or harmonic average. For 
the arithmetic average Ei = 0.0539; for the harmonic average 

El = — 0.0514. The former has a distinct upward bias while the 
harmonic mean shows almost as large an error in the opposite 
direction. There is, thus, an inherent type bias in both these 
averages. 


Weighted Index Numbers of Prices 

Five simple index numbers of prices have been described in the 
preceding section. With the introduction of weighting the number 
of possible combinations is greatly increased, but only a few of 
these types need concern us here. 

In the construction of an accurate measure of price changes 
logical weights must be employed, weights that truly reflect the 
relative importance of the commodities included. If the weighting 
problem is ignored haphazard and illogical weights will inevitably 
be present, whether recognized or not. 

The data used in the preceding examples may be utilized to 
illustrate methods of weighting and to show the effects of varying 
weights upon index numbers. For present purposes we shall employ 
weights that define quantities of crops produced or, for certain 
index types, values of crops produced. The quantities produced 
during the period 1929-45 are given in Table 13-11. 



Annual Physical Production, 12 Crops, 1929-1945 
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t The figures for sugar represent the total supply available for consumption dunng twelve months beginning July 1 of the year indicated. 
• Bales of 500 lbs., gross weight. 
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The Laspeyres Formula. The thoroughly illogical results ob- 
tained when actual prices, as quoted, are totaled to secure an index 
number have been pointed out. The same objection cannot be made 
when the prices are appropriately weighted before the aggregate 
is taken. If for weights we employ the quantities produced in the 
base year (at time “0’^) the formula for the weighted aggregate is 


/> 




(13.8) 


This is, in effect, the method employed by the United States Bureau 
of Labor Statistics, for its index of wholesale prices, though the 
quantities come from a single year, 1947, while the base of the 
index is an average of three years, 1947-8-9. The formula for this 
type of weighted aggregative index is known as Laspeyres^ formula, 
which we shall represent by the symbol L. The method is illustrated 
in Table 13-12. 


TABLE 13>12 

Computation of Weighted Aggregates of Actuol Prices 


(1) 

(2) 

cu 

(4) 

(5) 

(6^ 

(7) 

(8) 




Weiicht 



Wemlit 





(quantity 



(quantity 


f'oinniodity 

Unit 

I’nre 

produrod 

I*rice X 

Price 

produml 

Price X 



1929 

1929, in 

wpiicbt 

1930 

1920, in 

weiitht 




iiiiniona) 



inillionn) 




PO 

«<» 

poqo 

pi 

91) 

Pi9'» 

(*orn 

Du 

f 774 

2,516 

1,947.384.000 

6.55 

2,51C 

[.647,980.000 

('otton 

r.b 

164 

7,089 

1,162,. 596, 000 

09.5 

7.089 

673,4.5.5.000 

Huy 

Ton (ah ) 

12 in 

76 02 

926.683.800 

12.62 

76.02 

959,372,400 

Wheat 

Du 

1 oa.'» 

824 2 

853,047,000 

.600 

824.2 

494,. 520, 000 

OutH 

Hu 

126 

1.113 

474,138,000 

.315 

1,113 

360,595,000 

]*otatoea, h 

Hu 

1.288 

333.4 

429,419.200 

.890 

333.4 

296.726,000 

SuRur 

Lb 

038 

6,590 

250,420,000 

033 

6,690 

217.470,000 

Harley 

Hu 

544 

280.6 

152,646,400 

389 

280 6 

100,153,400 

Tobuei'o 

Lb 

183 

1 .533 

280,539,000 

128 

1 ..V13 

106,224,000 

Flaxaeed 

Bu. 

2 843 

15.9 

45,203,700 

1 398 

15.9 

22.228,200 

Rye 

Hu 

849 

3.5 41 

30,063,090 

.384 

35.41 

13,507 ^0 

Rice 

Bu, 

995 

39 53 

39.332,350 

773 

30 53 

30.5.56.600 


6.591,472.540 5.011.878.1.10 


The desired index numbers, in the form of relatives, may be 
computed from the aggregates secured by totaling columns (5) and 
(8) of Table 13-12. Either year may be taken as the base, and the 
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price aggregate in the other year expressed as a relative of this 
base. With the 1929 aggregate as base, the index for 1930 is 76.0. 
Index numbers similarly computed for the other years are given 
in column (2), Table 13-15. 

The Paasche Formula. Another type of weighted aggregate may 
be constructed, with weights taken not from the base period but 
from the later period in the given comparison. That is, we may 
employ qi (quantity at time “1”) as weight in comparing prices at 
time “1” with prices at time “0”, and employ q 2 (quantity at time 
“2^0 as weight in comparing prices at time “2” with prices at 
time “0.” Alge})raically, the formula for the index number at time 
is 

'■ - IZ 

This is knovMi as Paasclie’s formula. F'or it we shall use the symbol 
P. The process of computation is precisely the same as in the pre- 
ceding example, except that the weights are changed with each 
successive year. The index numbers secured by this method are 
given in column (3), Table 13-15. 

Averages of Relative Prices. The Laspeyres and Paasche formu- 
las are weighted aggregates of actual prices. The weights employed 
are quantities: Prices multiplied by quantities give the two value 
aggregates from which each index number is derived. When wc 
average price relatives of the form pi/po, quantities will not serve 
as weights. The abstract relatives must be weighted by values^ if 
the resulting products are to be comparable. For values are in a 
common dollar unit, while physical quantities may be expressed 
in a variety of units. 

Note on weight bias. If we are comparing prices in years “0” and 
we may weight each p\/po relative by the value of the given 
commodity in the base year, i.e., by po5o, or by the value of that 
commodity in the given year, i.e., by p\qi. Before illustrating the 
procedure we should note the characteristics of these alternative 
weighting methods. Irving Fisher (Ref. 46), in an intensive study 
of weighting, has established that the general effect of weighting 
by base year values is to give an index number a downward hiasj 
while the general effect of weighting by values from the second or 
given year is to give an index number an upward bias. These are 
not necessary effects, but they are effects usually present because 
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of the patterns customarily found in the related movements of 
commodity prices and physical quantities. ‘ 

In the several examples next following we shall deal only with 
values of quantities produced in the base year, 1929, and in a 
single given year, 1930. These values are given in the third column 
of Table 13-13. For weighting purposes they are taken to the 
nearest million. 

Arithmetic averages. In the computation of an index of this type, 
each relative is multiplied by the appropriate weight, and the sum 
of the products is divided by the sum of the weights. The process 
is illustrated in Table 13-13. 

The index for 1930, it will be noted, is identical with that secured 
from the computations illustrated in Table 13-12. That index is a 
weighted aggregate of ac^tual prices, the weights being the quantities 


* The argument may he briefly Nummanzed: If the pnee of commodity A riseH from 
year “O" to year ‘'1,” the relative p'l/p'o wdl he greah*r than 100. If the price of 
cominwlity li falls, itH relative p"t/p"o will be lews than 100 If we assume for the mo- 
ment that the (/a of the two commodities remain unchanged (i e., that qt = qo in 
each case) it is clear that base year weight (p'oq'o) for commodity A will be lower than 
given year weight (p'l q',, whicdi by assumption equals p'l q'o). This means that the price 
relative for commodity A, which is a high relative (since it exceeds 100), will be given 
less weight by a system of base year weighting than by a system of given year weight- 
ing. In the case of commodity B, for which the price fell, base year w’eight (p"o g"o) 
will be higher than given year weight (/)"i /'i, which by assumption equals p”i q’'o). 
But the price relative p'\/p"o is a low relative, below KM). Base year weighting for this 
low relative means a higher w^eight than would given year weighting. Thus the effect 
of weighting by base-year values is to give a low weight to high relatives, a high 
weight to lowr relatives (“low weight” means, of course, low'cr than would result from 
given year W'eighting; “high weight” means higher than would result from given year 
weighting). In other words, the effects of price increases are undereinphasized by 
base-year weighting, while the effects of price decreases are overemphasized. These 
two tendencies work in the same direction — toward a lower index than would be had 
with given year weighting. A similar argument leads to the conclusion that weighting 
by given year values tends to overemphasize price increases and to underemphasize 
price declines — both effects working toward a higher index than would be had with 
base-year weighting. 

The conclusions stated rest on the assumption that physical quantities have not 
changed between year “0” and year “1.” If the quantity movements have paralleled 
the price movements, the “biases” indicated are intensified. On the other hand, move- 
ments of quantities and prices in opposite directions over the period covered (negative 
correlation between quantity and price relatives) will tend to offset the indicated 
biases, and may, indeed, reverse them. The nature of the weight bias in a particular-' 
case will depend, therefore, on the actual behavior of the quantities and prices of 
commodities included in the index. Over short and medium periods, including business 
eycles, quantity and price movements are not, in general, inverse for commodities at 
large. (The inverse movements found in the representations of typical demand and 
supply curves relate, of course, to assumed static conditions.) Over longer periods, 
however, inverse movements may prevail. Thus for industrial commodities there w'as 
negative correlation iHdwwn price and quantity movements betwt'cri 1939 and 1947. 
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TABLE 13-13 

Computation of Weighted Arithmetic Averages of Relative Prices 


453 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

(7) 


Relative 


Relative 

Relative 


Relative 

Commodity 

price 

Weight 

price X 

price 

Weight 

price X 


1929 


weight 

1930 


weight 

Corn 

100 

$1,947 

$194, 7(M) 

84.6 

$1,947 

$164,710.2 

Colton 

l(K) 

1 , 163 

116,300 

57.9 

1,163 

67,337.7 

Hay 

1(K) 

927 

92,71M) 

103 5 

927 

95,944.5 

Wheat 

KM) 

853 

85,3(M) 

58 0 

853 

49,474.0 

Oats 

100 

474 

47,4(M) 

73 9 

474 

35,028.6 

Potatoi's 

100 

429 

42,900 

69 1 

429 

29,643.9 

Sugar 

KM) 

250 

25, (XM) 

86.8 

250 

21,700.0 

Barley 

100 

15:i 

15,300 

71.5 

153 

10,939.5 

Tobacco 

100 

281 

28, KX) 

66 9 

281 

19,641.9 

Flaxst‘e<l 

KM) 

45 

4,500 

49 2 

45 

2,214.0 

Uye 

100 

30 

3,0(X) 

45 2 

30 

1,356.0 

Ric-e 

100 

39 

3,9(X) 

77.7 

39 

3,a30.3 



6,591 

659,100 


6,591 

501,026.6 


WtMuht^^d anthnu'tic moan (1*^29) = Jr =*100 

$6,591 

. /irk*jn\ $501,026.0 . 

Wt*ight-«*(i anthmotic mean fl9.i0) = “ 76 0 

®0 f i/i) J 

(The weights employed are tlu* values of the quantities producred in 1929, in millions) 


produced in the base year. An arithmetic mean of relative prices, 
weighted by values in the base year, is always equal to a relative 
constructed from such an aggregate.^ 

Harmonic averages. A harmonic average of the relative prices in 
column (5) of Table 13-13, weighted by 1930 values, gives an index 


* This may he readily demonstrated algehraieully The value of any commodity in the 
base year is p(//u, while the juice relative for a sei^ond year is^J- The weigh t>c>d mean 

of such price relatives is equal to 


jpo' ^ + ( p? ■ 

po'^o' + Po"Qo" + P(/''go”' + . 

which reduces to 

'^ptqn 

a weighted aggregate of the type mentioned. 
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of 74.6 for 1630, on the 1929 base. This, it a\iI 1 be noted, is the 
same as the index yielded by the Paasche formula.’’ Similar meas- 
ures for the other years covered are given in Table 13-15, column 
(3). 

Geometric averages. The process of computing the weighted 
geometric mean is identical with that of computing the unweighted 
geometric mean, except that the logarithm of each relative is 
multiplied by the given weight and the sum of these weighted 
logarithms is divided by the sum of the weights, the result being 
the logarithm of the desired index. The method is illustrated in 
Table 13-14. 

The index for 1930 on the 1929 base is 74.4. Measurements 
secured for all the years of the period covered are given in column 
(5), Table 13-15, together with the other weighted index numbers 
already explained. 

How are we to judge of the relative merits of these three index 
numbers? We may, first, apply the time reversal test which was 
employed in comparing the five simple index numbers. This test 
is not met by any of the weighted types we have constructed. The 
geometric is equally at fault with the others. Though the simple 
geometric meets the test, the introduction of weighting imparts a 
bias to the result. Judged by that test alone none of the three is 
satisfactory. We may next try the second fundamental test that 
Fisher has developed, which is termed the “factor reversal test.^^ 

The Factor Reversal Test. The total value of a given commodity 
in a given year is, of course, the product of the quantity produced 
and the price per unit; algebraically, it is equal to p'q'. The ratio 
of the total value in one year to the total value in the preceding 

year is / • ff» from one year to the next, both price and quantity 

should double, the price relative would be 200, the quantity 
relative 200, and the value relative 400. The total value in the 
second year would be four times the value in the first year. The 
value relative would be equal to the product of the price and 

* By a process similar to that illustrated in the preceding footnote, the formula for a 
harmonic average of relative prices weighted by given year values may be reduced 
to the Paasche formula 



Tm FACTOR tiVIRSAi TiST 


TABU 13-14 

ComputaHon of Woighted Geomatiic Avarago of Ralottva Pricas« 1 930 
(1929*100) 


Commodity 

Relative price, 
1930 

Logarithm of 
relative price 

Weight 

Logarilhiu, of 
relative price 

X w^4ght 

Corn 

84.6 

1 .92737 

1,947 

3752.68939 

Cotton 

67.9 

1.76268 

1,163 

2049.99084 

Ilay 

103.5 

2.01494 

927 

18li7. 84938 

Wheal. 

58.0 

1.76343 

853 

1604 20579 

Oats 

73 9 

1.86864 

474 

885.735:16 

Potatoes, Wh. 

69.1 

1 83948 

429 

789.i:i092 

Sugar 

86.8 

1.93852 

250 

484.6:U)00 

Barley 

71.6 

1 85431 

153 

28:^.70943 

Tobacco 

69.9 

1 84448 

281 

518.29888 

Flaxseed 

49.2 

1.69197 

45 

76. 13865 

Rye 

45.2 

1 65514 

:k) 

49.05420 

Rice 

77 7 

1.89042 

30 

73.726:18 




6,591 

12, :«5. 67122 


Loir M = 

" 2:po9o 

^ 1 ^, 385 . 0^22 ^ j 
0691 

Af„ = 74.4 


quantity relatives, a relationship that is obvious in the case of a 
single commodit3^ 

If, for a number of commodities, we use a given formula in 
constructing an index of the price change from one year to the 
next and an index of the quantity change from one year to the 
next, we should expect the product of the two indexes to be equal 
to the ratio of the total value of the commodities in the second 
year to their value in the first year. If the product is not equal to 
the value ratio there is, with reference to this test, an error in one 
or both of the index numbers. 

As an illustration, we may apply the test to the formula for the 
first aggregative index constructed, based on the Laspeyres formula 

An index of quantities may be computed from this same 

formula, merely interchanging the g’s and the p's; the formula 
becomes 


Qoi = 


SgoPo 


( 13 . 10 ) 


The same price factor appears in numerator and denominator, 
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since we desm to measure only the effect of the quantity change. 
Substituting the given figures for the twelve farm crops we have, 
for 1930 on the 1929 base, 


_ $6,287,520,870 
“ $6,591,472,540 


= 0.954 


In percentage form the index of quantities produced in 1930 is 
95.4, with 1929 as base. The corresponding price index, by the 
same formula, is 76.0. The product 

Poi Ooi = 0.760 X 0.954 = 0.7250 


(In securing the product the index numbers are put in ratio, not 
in percentage form.) That is, if prices have decreased 24.0 percent, 
while quantities have decreased 4.6 percent, the total value should 
show a decrease of 27.5 percent. 

For the value ratio, derived directly from the sums of the values 
of the individual commodities for 1929 and 1930, we have 


_ Smi ^ $4,690,816,010 
Spo9o "" $6,591,472,540 

As a measure of the magnitude of the error revealed by the 
factor reversal test we may use the formula proposed by Mudgett 
(Ref. 113) 


^2 


Pqi 'Qoi 

■ Voi 


1 


(13.11) 


In the present case Pa = -f- 0.0188. The error is not great, but the 
formula definitely fails to meet the factor reversal test. 

When this test is applied to the second aggregative index, that 
of Paasche, we secure the following values for 1930, with respect 
to 1929 as base: 


Xpiqi $4,690,816,010 
” tpoqi " $6,287,520,870 

Sgipi $4,690,816,010 
“ Xqopi ” $5,011,870,130 

Poi Ooi = 0.746 X 0.936 = 0.6983 

In the computation of Pa in this case we use, of course, the same 
Voi as in testing the Laspeyres index. For the Paasche formula 
Pa = — 0.0187. Here is an error of the same magnitude as for the 
Laspeyres index, but in the other direction. 


= 0.746 
= 0.936 
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The weighted geometric average also fails to meet this funda- 
ixlental factor reversal test. With respect to both the geometric 
index and the aggregates we have, apparently, by the introduction 
of weights spoiled index numbers which in their simple form were 
unbiased. Yet weights we must have, if the index numbers are to 
represent the facts accurately. Neither a simple index nor a weight- 
ed form of a simple index will meet the two tests laid down as 
fundamental. Professor Fisher tested 46 such formulas, of which 
only 4 (the simple geometric, median, mode, and aggregative) met 
the time reversal test, and none met the factor reversal test. 
(The latter test, of course, is applicable only to weighted index 
numbers). 

The “Ideal” Index. A way out of this difficulty is offered by 
the possibility of “rectifying^’ formulas in a crossing process, by 
averaging geometrically formulas that err in opposite directions. 
Professor Fisher has made exhaustive trials of all possible formulas 
by this process, finding 13 formulas in all which met both tests. 
Of these he has selected one as “ideal,” from the viewpoint of both 
accuracy and simplicity of calculation. This ideal index is the 
geometric mean of the two aggregative types illustrated above. 
Its formula^ is 


/oi 




^PiQo ^ 


(13.12) 


or, using the customary symbols for the Laspeyres and Paasche 
formulas, 

/oi = VlTP (13.13) 


This index may be computed readily, in the present instance, 
from the results already obtained. Thus for 1930 we have 

Ideal index = V'O.VGO X 0.746 
= 0.753 


In the customary percentage form this is 75.3. 

This index number meets both the time reversal and the factor 


The same formula was developed independently by Bowley, Pigou, Walsh, Youna 
aad Fisher. 
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reversal test. JFor use in the first of these, when year **0** is 1929 
and year “I'' is 1930, we have from the ideal formula 

Poi = 75.3 
Pio = 132.8 

Hence 

E, = (0.753 X 1.328) - 1 =0 

For the factor reversal test we need, in addition, a quantity index 
derived from the ideal formula. This is 


Qoi = 94.5 

From Poi, Om, and the previously derived Foi we have 


E2 


(0.753 X 0.945) 
b;7H6“ 


It is a distinctive feature of the ideal index that it represents a 
blending of opposing biases. The base-year weighted arithmetic 
average of relatives (which is the mathematical equivalent of the 
Laspeyres index) has an upward type bias, a downward weight 
bias. The given-year weighted harmonic average (the mathematical 
equivalent of the Paaschc index) has a downward type bias, an 
upward weight bias. The two formulas that embody the opposing 
type and weight biases arc, in the ideal formula, crossed geomet- 
rically, i.e., by an averaging process that of itself has no bias. The 
result is the complete cancellation of biases of the kinds revealed 
by time reversal and factor reversal tests. 

Comparison of weighted index numbers. The ideal index, the 
two weighted aggregates that enter into its construction, and the 
geometric mean weighted by values in the base year are given in 
Table 13-15 for the years 1929 to 1945. The index numbers are 
plotted in Fig. 13.4. 

The wide discrepancies that were found between the various 
simple index numbers do not appear when the weighted indexes 
are compared. There are significant differences, but there is none 
of the erratic behavior of some of the simpler forms. 

Of these four types the ideal index probably serves as the best 
measure of the average price change between 1929 and each of the 
given years. It is designed, it should be remembered, to measure 
the change between tw^o stated times, and not for intermediate 
comparison. The value of the index for 1945, for instance, is 
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TABLE 13-15 


Comparifon of Weighted Index Numbers of Form Crop Prices 1929-1945 


(1) 

Year 

(2) 

Aggregative 
(weighted by 
base year 
quantities) 

(3) 

Aggregative 
(weighted by 
given year 
quantities) 

Sptgi 

(4) 

Ideal index 
Geometric 
mean of in> 
dices in cols. 
(2) and (3) 

(6) 

Weighted 
geometric 
average of 
relatives 
(weighted by 
base year 
values) 

1929 

100.0 

100.0 

100.0 

100. 0 

1930 

76.0 

74.6 

75.3 

74.4 

1931 

49.5 

48.3 

48.9 

47.7 

1932 

.35.9 

34.9 

35.4 

34.0 

1933 

60.7 

60.0 

60.3 

60.1 

1934 

94.7 

90.3 

92.5 

91.1 

1935 

70.0 

68.9 

69.4 

69.1 

1936 

103.0 

100.3 

101.6 

1(K).9 

1937 

66.4 

65.3 

65.8 

64.6 

1938 

56.5 

56.1 

56.3 

55.5 

1939 

65.5 

05.8 

65.6 

64.9 

1940 

66.4 

66.3 

66.3 

65.5 

1941 

89.7 

88.6 

89.1 

88.4 

1942 

105.7 

104.0 

104.8 

103.7 

1943 

1.36 5 

1.35.8 

136 I 

134.1 

1944 

i:i8.2 

139.1 

138 6 

136.6 

1945 

142.3 

143.3 

142 8 

140.2 


determined by the relation between prices and quantities in 1929 
and 1945. There is double weighting and the weights vary from 
year to year. If 1945 is to be compared with 1939 a new index is 
needed, in which the prices and quantities for 1945 and 1939 alone 
are included. Direct comparison on the basis of the values for the 
ideal index given in Table 13-15 is liable to error, because of the 
weighting system employed. 

The circular test This last point calls for brief comment. If in 
the use of index numbers interest attaches not merely to a com- 
parison of two years (i.e., to a binary comparison) but to the 
measurement of price changes over a period of years, it is frequently 
desirable to shift the base. Thus for any one of the iiidex-number 
types given in Table 13-15 we might wish to change the base from 
1929 to 1939. For many purposes 1939 is a more significant base* 
of comparison for the war years and those following than is 1929. 
The question at once arises: Would the index derived by this 
shifting process for a given year, say 1945, on 1939 as base, be 
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FIG. 13.4. Comparison of Three Weighted Index Numbers of Farm Crop 
Prices, 1929-1945 (1929 = 100). 

equal to the index for 1945 on 1939 as base that would have been 
obtained had the 1945 index been computed, in the first instance, 
by the same formula, with 1939 as base? A test of this “shiftability'^ 
of base is called the circular test. To exemplify this test we may 
use the symbol P 12 for a price index (for year “2” on year “1” as 
base) derived in the usual fashion for comparison of prices in two 
specified years, and the symbol PI 2 for an index derived by a base- 
shifting procedure. Thus if the original base were year “0,” a 
base-shifting procedure would give us 

P'n = -P" (13.14) 

i 01 

The circular test (which amounts, in fact, to a modification of the 
time reversal test) is met when Pn = Pn. 

The circular test is not met by the ideal index or by any of the 
weighted aggregatives with changing weights. The test, as applied 
to weighted index numbers, is met ''by an aggregative index with 
constant weights, and by the geometric mean with constant 
weights. Thus if we should shift the base from 1929 to 1939, for the 
indexes in column (5) of Table 13-15, the index for 1945 becomes 
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216.0 (i.e., 140.2/64.9). This is identical with the index we should 
have obtained from a geometric average of the individual com- 
modity relatives for 1945, on 1939 as base, using 1929 values as 
weights. (The weights need not have been drawn from the base of 
the original index numbers, 1929. Any set of constant weights, 
used for P' and for P, would yield indexes meeting the circular 
test, when price relatives are geometrically averaged.) 

Summary: alternative for 7nulas. The selection of a formula should 
be influenced by the results of such tests as those outlined. It will 
also be affected by the purpose to be served, and by the data 
available. It is useful here to distinguish the problem faced in a 
binary comparison — the comparison of prices at two specified dates 
or for two specified periods — from the task of constructing a 
continuing series of monthly or annual indexes. 

When a single, accurate comparison of just two periods is sought, 
the case for the ideal index is very strong, provided price and 
quantity data are available for both periods. This formula comes 
closest to meeting the difficulties resulting from economic changes. 
Since it meets the factor reversal test it has the special merit of 
giving consistent price and quantity indexes. By the use of this 
formula, that is, it is possible to break a value change into con- 
sistent price and quantity components — an objective given top 
priority by Mudgett (Ref. 113). The second choice would be a 
modification of the ideal formula recommended by Edgeworth and 
Marshall, and usually termed the Edgeworth formula. This is 


2((?o -h qi)Pi 
^{go + qi)Po 


(13.15) 


It is a simple aggregative index, using as weights the sum of 
(juantities for both base and given years. Thus it takes account of 
the regimens of both periods. It is a simple, readily constructed 
measure, giving a very close approximation to the result obtained 
from the ideal formula. Table 13-16 illustrates the method of 
computation. The other two formulas here suggested for binary 
comparisons are those of Laspeyres and Paasche." Either one in- 
volves use of weights from a single regimen. Whether these should 
be selected from the base period (Laspeyres) or taken from the 
given period (Paasche) will depend on the purpose to be served. 

In the construction of a continuing series of index numbers, such 
as the Bureau of Labor Statistics’ series measuring changes in 
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TABLE 13-16 

Computation of Aggregative index. Weighted by Combined Quantities 


(1) 

(2) 

(3) 

(4) 

(S) 

(6) 

(7) 




Quantity 1929 + 

Price 1920 X sum 


Price 1930 X euni 

Commodity 

Unit 

Price 

nuuntity 1030 

of quantities 

Price 

of quantities 



1929 

On iiiilliona) 

col. (3) X col (A) 

1930 

col (6) X col. (4) 

Corn 

Du 

S 774 

4,. 596 

% 3,5.57.304.000 I 

; 655 

t 3,010,380,000 

Cotton 

Lb 

164 

13,747 

2,254,508,000 

. 095 

1.305.965,000 

liay 

Tontsli ) 

12 19 

139 73 

1,703,. 308, 700 

l2 62 

1,763,392.600 

Wbfwt 

Du 

1 035 

1,710 7 

1,770,574,500 

600 

1.026.420,000, 

OatM 

Du 

426 

2.388 

1.017,288,000 

315 

752,220,000 

Potatooa (Wh) 

Du 

1 288 

677 2 

872.23.1,6(8) 

890 

602,708,000 

Sugar 

I.b 

0.18 

1.1,028 

49.5.064,000 

033 

429,924.000 

Barliiy 

Du 

.544 

.582 2 

310.710.800 

.389 

226,475.800 

Tobucuo 

Lb. 

18.3 

3,181 

582,123,000 

.128 

407,168,000 

FlaxHood 

Du 

2 84.1 

.17 6 

106,896,8(M) 

1.398 

.52,564,800 

Rye 

Du 

849 

80 79 

68,. 500, 710 

..384 

31,023,360 

Rifle 

Du 

995 

84 46 

84,037.700 

773 

65.287,580 





812,828,645,810 


S 9,673,529,140 


• 0.fi73.r>29.HO 
S(V„ + ” 112.828.645.810 

» 75 4 (indi'x for 1030 on 1020 bane, in pert’pntaRt* form) 


wholesale prices, the choice of formulas is more restricted. The 
Paasche, the ideal, and the Edgoworth-Marshall formulas are 
virtually ruled out, because “given-period” quantity data (i.c., 
data for the current month or year) are not available for the range 
of commodities represented by the price quotations used. The 
formula u.sually employed in such work is that of Laspeyres, in 
which base period weights are used, or a modification of Laspeyres 
employing fixed weights drawn from a year, or other period, other 
than the base period. The formula for this type of weighted 
aggregative may be written 




(13.16) 


where the g„’s represent (juantities for the year, or period, “a”, 
Avhich is not the base period. In making its current wholesale price 
index the Bureau of Labor Statistics uses weights for 1947 (a 
census year), while the base of the published indexes is the average 
of 1947, 1948, and 1949. The weighted aggregative represented by 
the formula cited above is the most generally useful type for a 
continuing series of index numbers. 
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A third and very satisfactory index type for a continuing series 
is the geometric mean of price relatives, weighted by constant- 
value weights which may or may not come from the base year. 
The general formula for the logarithm of such a weighted geometric 
mean is 

„ 3 , 1 „ 

where pa and qa represent the prices and quantities of individual 
commodities for either the base period or some other period. They 
must, of course, be constant. The geometric mean is a logical 
average, when ratios or relative prices are being combined. With 
fixed weights it is a flexible measure; the base may be shifted at 
will for it meets the circular test. It does not meet the time or 
factor reversal tests. If sampling error is a consideration, one must 
note that the geometric mean is more stable than the ideal, the 
Laspeyres, or the Paasche indexes. However, since samples of 
commodities to be used in the construction of index numbers are 
practically never “probability samples’’ (i.e., they are not selected 
by random sampling procedures^), this is not a controlling factor. 

Changes in Regimen and the Comparison of Price Levels 

In the opening pages of this chapter the fact was noted that the 
degree of dispersion found in frequency distributions of price 
relatives generally increases with the length of time covered in 
price comparisons. (Great economic disturbances such as those 
brought by war may, of course, cause wide dispersion over a short 
period.) Hence, on statistical grounds, there is justification for the 
conclusion that the accuracy of well-constructed price indexes is 
high for measurements extending over a short interval, and be- 
comes progressively lower as the range of time comparison in- 
creases. This conclusion now calls for further consideration. 

In Laspeyres’ formula 

^PoQo 

the price factor alone varies, as between numerator and denomi- 
nator. The weighting factor qo is assumed to relate to a system 
marked by complete constancy of consumption habits, living 

* See Chapter 19. 
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standards, production coefficients, income distribution, and all 
other nonprice attributes of the economy. This environment, or 
milieu, for which Sir George Knibbs has used the term “regimen,'' 
is taken to be common to the two periods compared. Although the 
weights we employ may be merely quantities entering into trade, 
or quantities consumed, they have, in fact, much wider significance. 
They are assumed to define, directly or indirectly, all the attributes, 
other than price, of the economic system that prevails at a stated 
time. If these attributes are held constant as between the two 
periods compared, then we ma^'^ expect to measure with accuracy 
the one factor that does change — the prices of economic goods. 
The condition we have here assumed is the orthodox one of ceteris 
paribuSj the condition that factors other than the one subject to 
study remain unchanged. 

In fact, of course, the regimen does not remain fixed. Changes 
in tastes and in consumption habits occur, changes in types of 
goods used as capital equipment take place; incomes shift, and the 
flow of goods is altered by changes in the distribution of buying 
power among consuming groups; the very price changes that we 
seek to measure bring alterations in the demand for given types of 
goods and in the quantities produced. Of no small moment in the 
total situation are the changes that occur in the quality of goods 
that continue to pass by the same trade names. The automobile of 
1955 is the same commodity, by name, as the automobile of 1910, 
but to the average con.sumer the later model represents quite a 
diflerent bundle of utilities. Similarly, steel, textiles, locomotives, 
even the staple articles of diet have undergone important (piality 
changes. A comparison of price levels in 1910 and 1955 that 
depends for its accuracy on the assumption that all elements of 
economic life except prices have remained constant is suspect, 
indeed. 

Our difficulties are not removed if we take as the standard of 
reference the regimen of the second of the two periods compared. 
This is done in Paasche's formula, 

p ^ 

The system of consumption standards and all that goes with it 
may be of modern vintage in this case, but the differences between 
the regimens of the two periods compared is just as wide. We have 
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not, in fact, held constant nonprice factors, and our measurement 
of price changes loses in accuracy, as a result. 

The method exemplified by the ideal formula, that of employing 
weighting factors drawn from both periods, represents one attempt 
at the solution of this problem, but it is far from perfect. The use 
of quantities drawn from the two regimens does not create a 
common regimen, the indispensable condition of full accuracy in 
such comparisons. 

The practical procedure in the face of this difficulty is to restrict 
our comparisons, if high accuracy is required, to periods not widely 
different in regimen. This will ordinarily mean periods not widely 
separated in time. Consumption habits, living standards, and 
teclmical production methods will be not widely dissimilar in two 
such periods, and hence the number of identical commodities 
common to the two periods will be large. Under these conditions 
considerable confidence may be placed in index numbers measuring 
average price changes. Comparison of price levels over longer 
periods may be desired, and may be justified, but the margin of 
error in the measurements may bo expected to increase as the time 
span extends. Formal precision in weighting and in tlie selection of 
acceptable formulas will not provide an escape from the unavoid- 
able difficulties arising out of alterations in the basic conditions of 
economic life. Real continuity of indexes covering a stretch of 
years is possible only on the basis of a persisting common regimen. 

The regimen changes that come during a short period marked 
by transition from peace to war, or from war to peace, may be as 
great as those that (^ome during long periods of peacetime exist- 
ence, and the same difficulties are faced in measuring price-level 
clianges. Thus all the reservations that attach to the comparison 
of price levels in years far apart in time attach to comparisons of 
peacetime and wartime price levels. 

The fundamental consid(‘ration here is, of course, the magnitude 
of regimen differences between two stated periods. As an index of 
this magnitude iMudgett has proposed the quantity D, defined as 

D ^ L - P ' (13.18) 

That is, D is the difference between Laspeyres and Paasche indexes. 
If the regimen defined by the is very close to that defined by 
the 7 i’s, the two indexes will be clo.^^e together; with widely different 
regimens the two will be far apart. There is no absolute criterion of 
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‘'closeness/^ but the quantity Z), considered with reference to the 
precision desired in a given comparison, gives a basis for accepting 
or rejecting a given measure. Thus for the Laspeyres and Paasche 
indexes of farm crop prices for 1945 (on the 1929 base) given in 
Table 13-15, we have 

D = 142.3 - 143.3 = - 1.0 

This difference amounts to less than 1 percent. The error attrib- 
utable to regimen change may be regarded as not serious if an 
error margin of 1 percent in the desired index is tolerable. 

When a continuing series of monthly or annual index numbers 
is to be made, the prot)lems posed by regimen changes are per- 
plexing. They are, indeed, not open to any completely satisfactory 
solution. The procedure commonly employed in the face of these 
difficulties is to construct a series of indexes on a fixed base, with 
constant weights, but to change the weight base frequently. Thus 
it is the present intention of the Bureau of Labor Statistics to 
change the weight base of its wholesale price' index every five years, 
with minor interim adjustments for individual commodities. This 
device, it is believed, will prevent the constant weights from 
becoming badly in error. 

Chain indexes. The merits of an alternative method, involving 
the chaining of link relatives, has been very strongly urged by 
Bruce D. Mudgett (Ref. 113). Link relatives Cqij P 12 , ■P 23 J etc., are 
constructed for successive periods not far apart in time, say for 
successive years. The comparison of price levels by means of a 
link relating to two such periods, close together in time and with 
similar regimens, will be accurate if such an index as the ideal is 
used. The successive links are then chained, by multiplication, in 
deriving measures of price change between nonconsecutive periods. 
Thus we should have 

P 02 = Poi ■ P12 

P 03 == P 01 ’ P12 * P23 = Pq 2’ P23 

Unfortunately there is no clear criterion for choosing between 
fixed-base and chain indexes. The two methods will give different 
results in a comparison of nonsuccessive periods; since neither may 
be accepted as accurate we may not say that the divergence is a 
measure of the “error’ ^ in either index. The fixed-base method 
clears the gap between year 0 and year n in one jump, assuming an 
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unchanging regimen. The chain method takes account of the 
regimens of all intervening years. It is argued that we may more 
effectively bridge a gap between widely dissimilar regimens by this 
device, allowing our final results to be affected by all the shifts in 
consumer habits, production coefficients, income levels, income 
distribution, etc., that have occurred in the years between. But 
there is no test of the validity of this argument. It is perhaps safe 
to rest on the fact that there is no accurate method of comparing 
price levels in periods marked by widely different regimens. 
Margins of error wiii be wide, in such comparisons, whatever 
method of measurement be employed. 

The detailed discussion of procedures in the preceding pages has 
clearly shown that there are some definitely faulty formulas, 
obviously unsuited for use in the construction of index numbers 
serving ordinary purposes. Among the better formulas there are 
some differences in respect of liability to bias and character of 
data needed, and some variations in sampling reliability. The 
maker of index numbers will have these in mind in choosing a 
formula to employ under given conditions. A more important 
factor in his choice, however, will be the purpose to be served by 
the index number, the question it is designed to answer. A weighted 
aggregate of actual prices answers one question definitively. It 
gives, without equivocation, the aggregate cost of a fixed bill of 
goods at one period, in relation to the cost of the same bill of goods 
at another. A geometric mean of relative prices answers another 
question. It measures with accuracy the average ratio of the prices 
of given commodities at one period to corresponding prices at 
another period. Some questions (for example, that answered by an 
unweighted arithmetic average of relative prices) have little if any 
economic significance. It is because one or two main questions have 
bulked large in economic discussion that emphasis has been placed 
upon the finding of a “best'’ type of index number. Yet the terms 
“best” and “ideal” are unfortunate, for they imply that some 
absolute standard exists, with reference to which all formulas may 
be tested. No such absolute criterion may be /applied to the 
diversity of research problems that call for the construction of 
index numbers. On the basis of his knowledge of the characteristics 
of different formulas, the discriminating investigator will choose 
technical methods adapted to his data and appropriate to his 
purposes. 
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Other Problems in the Construction of Index Numbers 
of Commodity Prices 

The preceding section has dealt with the technical problems 
connected with the averaging of a given set of data in order to 
secure an index number of price variations. Of equal importance 
with problems of averaging and weighting are practical questions 
connected with the gathering of basic data. Since it is impossible 
to cover the universe of price quotations during a given period, 
recourse must be had to the method of sampling. In seeking to 
obtain a representative sample, primary importance attaches to 
the number of commodities and the character of the commodities 
to be used in making a given index number. 

Commodities to be included. Here again we are confronted with a 
relation that has already been mentioned, the relation between 
methods and uses. Decision as to the number of commodities and 
the kinds of commodities to be included in a given case must rest 
upon the purpose for which the index is to be constructed. In 
general, of course, a large sample is better than a small one. The 
frequency polygon based upon price relatives derived from a large 
sample will approach more closely to the curve that would repre- 
sent the universe of price relatives tlian will that based upon a 
small sample. Thus, as a measure of general movements of whole- 
sale prices, more confidence may be placed in the present Bureau 
of Labor Statistics index, which is based on some 2,000 commod- 
ity series, than on the Bureau\s earlier index, which was based 
on about 000 price series. A large sample is particularly desirable 
when group index numbers are to be constructed for small sub- 
divisions of the price universe. Yet index numbers based upon a 
small number of well-selected quotations must not be ruled out as 
without value. They can provide at modest expense good approx- 
imations to the results that large samples will give for the broad 
movements of prices. Moreover, for certain special purposes index 
numbers based upon a limited number of quotations may be 
preferable. This is particularly true when a “sensitive” index is 
desired, one that will serve as a forecaster of general price move- 
ments rather than as a precise measure of changes in the general 
price level. Of this type was the Harvard sensitive price index 
based upon quotations on 13 basic commodities (raw materials). 
The purposes of such an index are served by the selection of a 
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limited number of commodities the prices of which are subject to 
extreme fluctuations, rather than by the inclusion of a great many 
commodities. As a contemporary measure of the same sort wo may 
cite the Bureau of Labor Statistics daily index of spot market 
prices that includes 22 scries. Yet the uses to which an index of 
this type may be put are limited. The “sluggishness” of the many- 
commodities index number is a sluggishness which inheres in the 
price system, and which must be reflected in a faithful index of 
general prices. 

The question of the number of commodities to be included 
cannot be discussed apart from that of the character of these 
commodities. The representative character of an index number 
rests in part upon the number of price series included, but the 
nature of these series is of even greater importance, h^or there are 
highly significant differences in the behavior of the prices of 
different commodity groups. These groups of prices, tlieir inter- 
relations, their behavior, their relation to the functioning of the 
economic system and to the swings of prosperity and dc^pression, 
are matters of immediate and practical importance to economists 
and business men. 

Since an index number of wholesale prices must rest upon 
sample quotations, the sample must be representative, must in- 
clude commodities whose prices are typical of the various elements 
in the price system. The division into elements for this purpose 
may be based upon the character of the price changes peculiar to 
the different groups. Of the groups thus distinguished, the most 
obvious are those representing different industries. Textile prices 
and steel prices, leather prices and the prices of chemicals are 
subject to different influences. Trade depressions and revivals do 
not affect all industries at the same time or in the same way, so 
that an index of wholesale prices must include quotations from all 
important industrial groups. If preponderant influence upon an 
index is exerted by the prices of products of certain industries, the 
index, by that much, loses its representative character. 

But it is not sufficient that different industries be given appro- 
priate representation in the sample. Differences in price behavior 
are related to differences of origin (e.g., farm and nonfarm prod- 
ucts), to differences of ultimate use (e.g., for capital equipment and 
for human consumption), to differences in durability, and to 
differences in the controllability of supply, particularly over short 
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periods. Producer goods differ in their price movements from con* 
sumer goods (the latter being goods — raw or fabricated — that are 
ready for use by final consumers). Fundamental, too are differences 
in price behavior that are related to differences in degree of 
fabrication. All these classifications (and others not mentioned) 
cut across one another, to reveal a universe of commodity prices 
that is highly heterogeneous in its patterns of price behavior. A 
thoroughly representative index of wholesale prices should be 
based, therefore, upon price quotations drawn from these various 
commodity groups, with weight given to each in proportion to the 
relative importance in trade of the commodities in each category. 
The coverage of an index serving a special purpose would, of 
course, be restricted to groups and to commodities specified with 
reference to the purpose to be served. 

The comparison base. Continuing series of index numbers, of the 
type represented by the various national indexes of price and 
living cost monthly or annual measures, are generally published as 
relatives with reference to some selected year or combination of 
years as base. The present consensus of opinion is that such a base 
period should not be too remote in time. Because of regimen change, 
and of price dispersion that generally increases with time, the 
margins of error in price comparisons grow as the time period 
increases. A corollary to this conclusion is that bases should be 
frequently changed. To hold to a base some 40 years removed in 
time, as is done in the construction of prices received and paid by 
farmers (now on the 1910-14 base), intensifies the difficulties of 
accurate measurement. There is, of course, no stated period at the 
end of which a base should be changed. International and domestic 
developments affecting the economic regimen, the availability of 
new weights, and similar considerations will affect such decisions. 

In the practical task of selecting a base period some attention 
is paid to the state of business during periods that might be chosen. 
If the base of comparison and the weight base should be a period 
marked by conditions widely different from those usually prevalent, 
the accuracy of comparisons with preceding or subsequent periods 
would be reduced. This is not to say that we should seek as base 
a period that is to be regarded as “normal.” The essence of eco- 
nomic life in modern industrial economies is change. No period 
provides a standard of normality, with reference to which con- 
ditions in subsequent periods may be appraised. In selecting a base 
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for a continuing series of indexes, the index-number maker looks 
for a period in which conditions are not exceptionally disturbed, 
but he does not consider that the base serves in any sense as a 
criterion of what is normal. This statement applies with particular 
force to relations among commodity prices. These are in constant 
flux — as they must be in a dynamic world. 

A comment may be made on the desirability of standardizing 
base periods. Numerous index numbers, relating to diverse proc- 
esses, are now elements of the economic intelligence system of the 
United States, and of the system of world intelligence that is being 
slowly developed. When these various indexes arc constructed on 
varying bases they are much less useful than they might be. A 
definite forward step has been taken in the United States by the 
Office of Statistical Standards in recommending that the average 
of 1947, 1948, and 1949 be employed as a standard base period for 
index numbers constructed by governmental agencies. This is an 
important beginning in the task of developing a comprehensive 
battery of comparable measurements covering major economic 
processes in the United States. 

In the preceding pages we have dealt with the general problems 
that arise in the making of index numbers. In referring to practice 
we have been concerned primarily with wholesale prices. We now 
turn briefly to the problems faced in two special fields.^ 

Index Numbers of Consumer Prices 

In the literature of index numbers considerable attention is 
given to the measurement of changes in the cost of living. The term 
“cost of living” has been an ambiguous one, and remains ambigu- 
ous in much current usage. In its most precise sense it involves the 
determination of the changing money costs of commodity incomes 
that yield equal real incomes (i.e., satisfactions) at different times 
or in different places. . The ratio of the aggregate money costs, in 
two situations, of chosen combinations of consumer goods that 
>ield identical aggregate satisfactions would be th^ desired index of 

* We do not give here detailed descriptions of methods employed in the construction 
of particular index numbers. These may be had from the agencies concerned. In the 
United States the Bureau of Labor Statistics constructs index numbers of wholesale 
prices and of consumer prices. The Agricultural Marketing Service of the Department 
of Agriculture constructs index numbers of prices received and paid by farmers, the 
parity index, and the derived parity ratio The United Nations' Monthly BiUleltn of 
Siaiitttes gives the names of agencies making the chief index numbers of other countries. 



472 


INDEX NUMBERS OF PRICES 


living costs in these two situations. (The composition of the market 
basket of consumer goods may vary, provided only that different 
combinations yield equivalent satisfactions.) The conditions neces- 
sary to perfect accuracy in measuring changes in living costs so 
defined (conditions that include identical and unchanging want 
structures, or taste patterns, among all the consumers to whom 
the measure is to apply) are extraordinarily difficult of attainment. 
No “true’^ index of living costs is currently constructed.® Con- 
temporary measures that go by that name may be more appropri- 
ately regarded as index numbers of prices paid by consumers. 

This change in title has, indeed, been made by the U. S. Bureau 
of Labor Statistics. The full and revealing title of its “Consumer 
Price Index'* is “Index of Changes in Prices of Goods and Services 
Purchased by City Wage-Earner and Clerical- Worker Families to 
Maintain their Level of Living." 

The customary problems of index-number making are faced in 
constructing the consumer price index. Price changes must relate 
to a stated regimen (or to an average of regimens). This regimen is 
usually defined by weights based upon the expenditures of a 
representative sample of consumers in a stated period. For the 
present United States index the weights were derived from a 
comprehensive survey of consumer expenditures for food, clothing, 
furniture, and all other goods and services. This survey, made in 
1950, included samples of families from the 12 largest urban areas 
and from a considerable sample of other cities. The “index market 
basket" as thus established for 1950 was modified to take account 
of changes occurring between 1950 and fiscal 1951-52, the latter 
year being the weight base now employed. 

The regimen that is assumed to be constant, therefore, is that 
of the fiscal year 1951-1952. However, the base of comparison 
is the average of the years 1947-1949. The published index defines 
the level of consumer prices in given months or years with reference 
to the average for 1947, 1948, and 1949 as 100. The regimen is 
represented by a sample of 296 commodities and services. This 


• However, we must note that precision in the measurement of changes in consumer 
prices has been materially advanced by the explorations of relevant theory. For a 
lucid discussion of the pnnciples involved see R Frisch, '^Some Basic Principles of 
Price of Living Measurements," Econometrica, Vol. 22, No. 4 (October 1954) The 
basic theory of cost of living indexes, with an appraisal of the pioneer work of Konus, 
and of later studies by Staehle, Frisch, Haberler, Wald, Hicks, Allen, and others, is 
clearly set forth by Ulmer (Ref. 164). 
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market basket of goods bought by consumers in 1951-52 is assumed 
to remain the same in quantity and quality. The specifications of 
individual items are spelled out with precision. Prices for these 
goods, collected in 46 cities, provide the basic materials for the 
current index. 

The general division of weights in this Consumer Price Index is 
of interest as an indication of the character of consumer budgets 
in the United States in the middle of the twentieth century. 

Category Relative importance 

(percentage) 

Food 30 

Housing (incl. heat, light, etc.) 32 

Apparel 10 

Transportation 1 1 

Medical care 5 

Personal care 2 

Reading and recreation 5 

Other goods and services 5 

All items I(X) 

We should note that these weights represent national averages. 
In the detailed work use is made of a set of weights for each of the 
46 cities included. The weights for a given city are based on con- 
sumer expenditures in that city and in similar cities which it may 
be taken to represent. In combining measures for separate cities, 
each city is given a weight proportionate to the wage-earner and 
clerical-worker population it represents. Worker population weights 
and family expenditure weights arc thus combined in the derivation 
of the national indexes. 

In the construction of the Consumer Price Index the first step 
is the calculation of an index for the current month (or year) on 
the preceding month (or year) as base. The formula employed, 
which utilizes weighted arithmetic averages of relative prices, is 
equivalent to a modified Laspeyres of the form 

T ^ 

Zpu-i,qa 

where pt is the price of a given commodity for the current month 
(or year), P(»_i) is the price of that commodity for the preceding 
month (or year), and qa is a quantity weight based on 1951-52 
family expenditure patterns. is a symbol for the price index 

for period i on the preceding period, i — 1, as base. The second 
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6tep is the shift to the fixed base 1947-49, which we designate 
period 0. For this operation we have 

Joi = /o(i-l) 

where /o, is the desired index for period i on period 0 as base, and 
/o(,-i) is the index for period i — 1 (the ^^preceding period”) on the 
period 0 as base. 

The practical difficulties faced in constructing wholesale price 
indexes are multiplied in the making of consumer price indexes. 
Regimen changes in a dynamic economy tend to make weight 
structures out-dated, if not obsolete. Variations in commodity 
standards, in business practice, and in local customs intensify the 
problem of obtaining accurate and representative price quotations 
on goods that may be regarded as unchanging in their specifica- 
tions. To these working difficulties have now been added responsi- 
bilities for administering an instrument on which wage adjustments 
affecting millions of workers are currently based, and on which 
important national policy determinations are made. The burden 
on the Bureau of Labor Statistics is not a light one. 

Farm Prices and the Parity Index 

A distinctive and important set of special purpose index numbers 
has been developed in the field of agricultural economics. These 
measures are of particular interest because since 1933, when the 
Agricultural Adjustment Act was passed, they have served as 
instruments of national policy in agriculture. Their current con- 
struction and use are determined in part by Congressional action. 

This set of indexes is designed to define variations in the terms 
of exchange of farm producers. They include an index of prices 
received by farmers for the goods they sell, indexes of prices paid 
by farmers for items used in family living and in production, and 
a parity index based upon the indexes of prices paid plus interest 
on indebtedness secured by farm mortgages, taxes on farm real 
estate, and wages paid to hired farm labor. From the index of prices 
received and the parity index is derived the parity ratio, which 
serves as a measure of changes in the average purchasing power of 
farm products. 

The index of prices received by farmers is a monthly measure, 
based upon the prices of about 50 farm products. Prices quoted are 
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those received at points of first sale — local markets or other 
centers to which farmers deliver their products. Average prices for 
all grades and qualities are used, without the specifications that 
define grades in wholesale trade proper. These farm prices, there- 
fore, are not to be identified with the wholesale prices in the great 
exchanges or in large cities for goods of specified grades that enter 
into the measures of the Bureau of Labor Statistics. The index is 
of the weighted aggregative type, with minor modifications to 
permit changes in weights and in number of commodities included. 
Weights are based on average quantities marketed; for the current 
index weights are drawn from the period 1937-1941. The base of 
the index is the average of the five years January, 1910-December, 
1914. Group index numbers are published for crops and for live- 
stock and livestock products, and for 13 smaller subdivisions. 

The other member of the exchange or parity ratio for farmers is 
the composite measure now termed the parity index. Of the three 
components of the parity index the most important (weight about 
44 percent of the total in 1953) is the index of prices paid for items 
used in family living. This covers prices paid by farmers throughout 
the nation for consumers* goods. Precise specifications are not 
defined for these goods; the prices quoted are for the qualities 
being currently purchased by farmers. The number of price series 
included was 194 in 1953. Reports are made through mail question- 
naires by several thousand retail merchants, both chain store and 
independent. Weights are based on estimates of the amounts of the 
various goods and services purchased by farm families. The 
formula, like that used for the index of prices received, is of the 
weighted aggregative type. The index base is January, 1910-De- 
cember, 1914. 

The second component of the parity index, with a weight of 
about 37 percent of the total in 1953, is the index of prices paid for 
commodities used in farm production. The price series included 
number 192 (of which 42 are duplicates of series used in the family 
living index). These series are for such items as feed, seed, live- 
stock, motor vehicles and supplies, fertilizer, and iarm machinery. 
Source of quotations, weight base, index base, and formula are the 
same as for the index for family living. Both indexes are supple- 
mented by detailed subgroup measures. 

With these two indexes of prices paid are combined measures of 
changes in interest rates, taxes, and wages paid by farmers, to 
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yield the parity index defining changes in the total cost to farmers 
of the commodities and services they buy. These last three elements 
taken together accounted in 1953 for about 19 percent of the total 
parity index. For any month or year the ratio of the index of prices 
received by farmers to the parity index defines the parity ratio for 
that period. This ratio is a measure of shifts in the terms of ex- 
change of farmers with the rest of the economy, with reference to 
the terms prevailing during a base period extending from January, 
1910, to December, 1914. 

These various measures are given in Table 13-17 for the base 
period and recent years. As has been indicated, the parity ratio 
may be thought of as a measure of the purchasing power of an 
average unit of farm products. In 1953 farmers were receiving, for 
such an average unit, 158 percent more in current dollars than they 
were in 1910-14; however, the measures defining changes in the 
average (^osts to farmers of goods and services purchased (column 
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5), indicate an advance of 179 percent in such costs. The index 
measuring changes in the real worth, or purchasing power, of an 
average unit of farm products had fallen from 100, in the base 
period, to 92 (the ratio of 258 to 279) in 1953 — a decline of 8 percent 
from the “parity” levejl. 

The parity index (column (5) of Table 13-17) is of key importance 
in the price support program for agricultural products. It is used 
not only in the derivation of the general parity ratio that has been 
cited. The parity price of a specific commodity for a given period 
is obtained by multiplying the base-period price of that commodity 
by the parity index for the period in question.’ This parity price 
provides the basis on which price support levels are determined 
for that commodity. 

The battery of measures relating to prices paid and prices 
received by farmers are revealing measures of economic change, 
notable as the products of the most comprehensive attempt ever 
made to define shifts in the buying and selling relations of a single 
major group of producers. In this brief summary we have traced 
certain of the distinctive features of those index numbers. We have 
noted that the prices received are not prices (}uoted in the great 
wholesale centers, but prices realized in first sales by producers. 
Since they are averages of (jualitics and grades, and not (juotations 
on commodities of unvarying specifications, their movements may 
reflect shifts in the average quality of products marketed, as well 
as price changes proper. This last comment applies with special 
force to the index of prices paid by farmers. No fixed specifications 
are set forth here. The prices reported are those for qualities being 
currently purchased by farmers; if these qualities go up, the move- 
ment of the reported price will reflect the improvement in average 
(luality of goods purchased. Thus the index of prices paid for family 
living, which is in a sense a “cost of living” index for farmers, 
differs from the consumer price index of the Bureau of Labor 
Statistics, which uses fixed specifications. The parity index and the 
consumer price index cover different universes, by different 
methods. 

The period covered by farm price indexes exceeds 40 years — a 
long stretch of time, for accurate comparison in a dynamic econo- 
my. On technical and logical grounds the statistician could wish 

’ Tills statement refers to the so-callcd “old formula.” A “new formula,” providing for 
the use of a moving base period (the ten preceding years) has been written into law. 
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that a later base of comparison were employed (the 1910-14 base 
is set, of course, by law). However, the use for recent years of the 
1937-41 weight-base (which is soon to be adjusted to take account 
of postwar patterns of living and production) serves, at least, to 
introduce comparatively modern weights, and thus sharpens the 
measures of recent shifts in the farmer’s terms of exchange. 

Price Index Numbers as Instruments of '^Deflation'' 

Index numbers of prices are used frequently to reduce a monetary 
series to ‘‘real” terms. In one form, this is a process of deflating a 
series of values expressed in current dollars (or other monetary 
units). The purpose is to obtain an adjusted series that has been 
corrected for changes in the worth of the monetary unit. This 
adjusted scries is said to be in “constant dollars,” or in dollars of 
constant purchasing power. The rather loose terminology and 
practice in this field cover problems of three distinct, although 
related, types. 

Measurement of Shifts in the Terms of Exchange. The measure- 
ment of these shifts, which have been spoken of earlier, is not 
usually thought of as involving deflation, but it is useful to view 
this as a phase of a broader procedure. In simple terms, we may 
consider the prices po and pi of Commodities A and B in years 
0 and 1 : 

Price in 




Year 0 

Year 1 


Actual 

$1 00 

SI 20 


Rel. 

100 

120 

Pb 

Actual 

50 

30 


Rol. 

100 

60 

P../Pb 


100 

200 


From the absolute price it is clear that in Year 0, 100 units of 
Commodity A would exchange for 200 units of Commodity B; in 
Year 1, 100 units of Commodity A would exchange for 400 units 
of Commodity B. The terms of exchange had moved in favor of 
the producers of Commodity A. The shift in these terms is defined 
by the ratio of the price relatives, which has advanced from 100 
to 200. 

In general terms we may think of such a relation as the ratio of 
average unit prices received to average unit prices paid — that is, 
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PrfPp^ An increase in this ratio means improvement for the pro- 
ducers represented by Pr. If Pr should be the hourly wage rate for 
manufacturing workers and Pp the Consumer Price Index, the 
ratio becomes a measure of changes in “reaP^ hourly wages. If Pr 
is an index of prices received by farmers and Pp an index of the 
prices of all goods and services bought by them, the ratio is a 
measure of the per-unit worth of farm products in terms of goods 
purchased by farmers — the familiar “parity ratio'* previously dis- 
cussed. If Pr is an index of export prices and Pp an index of prices 
of goods imported, the ratio Pr/Pp measures changes in the per- 
unit worth of exports in terms of goods imported. The comparison 
as thus expressed is always in unit terms (i.e., it measures shifts in 
purchasing power per unit of goods given in exchange). It has 
significance to the extent that the two index numbers accurately 
define prices of goods or services that are in fact exchanged. In an 
exchange system a ratio of this sort has significance, of course, for 
every individual and every group in the economy, and for every 
national economy that has dealings with other economics. 

Measurement of Changes in Aggregate Purchasing Power. By 
a simple extension, the measurement of changes in purchasing 
power may be shifted from a unit to an aggregative basis. If instead 
of unit prices received we have a series of disposable value aggre- 
gates, the aggregate purchasing power of these totals may be 
derived by deflating the sums by appropriate index numbers of 
prices paid. If we represent by Fj a disposable value aggregate, by 
Pp an index of average unit prices paid by those who disburse F^, 
and by Qc the aggregate worth of F«/ in terms of goods commanded, 
the process is given by 



Numerous examples of this kind of deflation could be cited. If we 
divide changes in the total wages received by manufacturing 
workers in given years by appropriate index numbers of consumer 
prices we have measures of changes in the aggregate real income 
of these workers. Changes in the real income of farmers may be 
similarly derived. The essence of this type of deflation is, of course, 
the division of the value aggregates, or of relatives based thereon, 
by a price index of the goods and services for which the sums are 
actually spent. 
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Conversion of Dollar Sums into Physical Volume Equivalents. 

This is the most familiar form of deflation. We may have a series 
of annual values of building construction and wish to estimate the 
changes in the physical volume of building. Or we may have Gross 
National Product for a series of years, in current dollars, and wish 
to reduce these sums to terms of constant dollars. Mere it is not 
the ‘‘quantities commanded^ ^ by a series of value aggregates but 
the physical volume equivalents of these value aggregates that we 
wish to estimate. We should like to eliminate the effects of price 
changes on these value aggregates, in order to reveal the undis- 
torted quantity changes. The heart of this problem lies, again, in 
the correct choice of the price index to be used as deflator. 

If we are dealing with value aggregates for two years only, 
(i.e., if a binary comparison is involved) the best solution of the 
problem is given by the ideal index. As we have seen, this index 
meets the factor reversal test, i.e., price, quantity, and value index 
numbers are mutually consistent. What this means with reference 
to the present problem is that when we divide a value index 


/Spi^A 

K^PoQq/ 


by a price index constructed from the ideal formula 


^ we derive a quantity index constructed by the ideal 

Y 2p«go 


formula, That is, the derived quantity index has 

Y Xqopo ZqoPi 

been weighted by prices representing the regimens of both base 
and given years. 

Deflation of a value index by a Laspeyres price index (i.e., 


division of by yields a quantity index with price 

weights drawn from the second of the two years compared — i.e., a 


quantity index constructed by Paasche^s formula, Thus, in 

effect, this type of deflation shifts the regimen, as we pass from 
price to quantity comparisons, from the base year to the given year. 
Similarly, deflation of a value index by a Paasche price index (i.e., 

division of by yields a quantity index with price 

— Po^o ^Po9i 

weights drawn from the base year — i.e., a quantity index con- 
structed from Laspeyres’ formula, If we are deflating a value 

^QoPo 
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series covering a number of years, and wish to derive quantity 
indexes that are really weighted by constant base year prices, 
price indexes with quantity weights drawn from successive “given” 
years (i.e., Paasche indexes) should be the deflators.® This is not a 
practicable procedure. The usual process is to deflate by a Laspeyres 
price index, which has the effect indicated above, or by a modified 
Laspeyres, with weights. The result is a somewhat hybrid type 
of quantity index, affected by the regimens of base year, given 
year, and the year a wdiich is the weight base. We face here again, 
therefore, the difficulties that arise from regimen changes. If these 
arc moderate, the particular manner in which the deflator is 
weighted does not greatly matter. If regimen changes have been 
great over the period covered, deflation is inevitably a less accurate 
process. In general, short-period comparisons of deflated value 
series will be more accurate than comparisons covering longer 
periods of time. 

We must recognize, of course, that no factoring process of the 
sort described in the preceding paragraphs actually gives us 
measures of the quantity changes that would have occurred had 
there been no price movements. No algebraic manipulation can 
offset the results of the infinitely complex economic changes that 
occur over even the shortest period of time. But approximations 
serve useful purposes, and in such approximations mathematical 
consistency is desirable. More important than the choice of formula, 
in such deflation procedures, is the selection of appropriate price 
quotations in making the deflating index. The commodities and 
services represented should be those that enter into the value 
aggregate that is to be deflated. (Here, of course, the situation is 
quite different from that faced when we are concerned with 
purchasing power and seek to measure quantity commanded.) 
Deflation by inappropriate price indexes is one of the commonest 
sins of economic practice. 

The most ambitious task of deflation economists have attempted 
has been that of reducing national income or national product 

® We may express the conclusions of the precedinn argument in a slightly differera form. 
Price and quanlit}^ indexes that are mutually consistent, in that their product is equal 
to the value index, may be constructed by means of Laspeyres and Paasche formulas 
if the I^aspeyreH formula is used for one index and the Paasche formula for the other. 
Thus a base-year weighted Laspevres price index multiplied by a given-year weighted 
Paasche quantity index will equal the true value index The same would be true of a 
Paasche price index and a Laspeyres quantity index. 
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estimates, in current dollars, to terms of “constant” dollars. The 
usual procedure here is deflation in detail, rather than deflation of 
the grand totals by a single process of division. Deflation in detail 
involves the construction of deflators for separate components, 
each deflator being tailored to the task of correcting for price 
changes in a small segment of the total economy.® 

An example of the process of deflation. The Engineering News 
Record compiles statistics on heavy engineering contracts awarded 
in the United States, by months and years. These cover large 
buildings (industrial, commercial, and public) and other heavy 
construction projects — highways, waterworks, bridges, etc. For the 
purpose of reducing the dollar totals for these projects to physical- 
volume equivalents, an index of building costs and an index of 

TABLE 13-18 

Actual and Deflated Values of Building Contracts Awarded, 1939-1953 


(1) 

(2) 

(3) 

(4) 

(5) 


Total value of 

Index of 

Index of 

Year 

building contract awarded 

building 

building 


Actual * 

Relative 

costs t 

volume 


(in millions 
of dollars) 



(3) + (4) 

1939 

1,2(}1 

100.0 

100.0 

100.0 

1940 

2,190 

173.3 

102.7 

168.7 

1941 

3,768 

298.1 

107.1 

278.3 

1942 

6,170 

488.1 

112.6 

433.5 

1943 

1,817 

143.7 

115.9 

124.0 

1944 

972 

76.9 

118.9 

64.7 

1045 

1,485 

117.5 

121.1 

97.0 

1946 

3,373 

266.9 

132.8 

201.0 

1947 

3,375 

267.0 

1.58.5 

168.5 

1948 

4,145 

327.9 

174.5 

187.9 

1949 

5,092 

402 8 

178.2 

226.0 

1950 

9,529 

753.9 

190.2 

396.4 

1951 

9,457 

74§.2 

202.9 

368.8 

1952 

11,466 

907- 1 

210.5 

430.9 

1053 

9,911 

784 1 

218 2 

359.3 


* Contracts for large buildings only arc here included Value minima arc given in the 
Engineering News Record I am indebted to the Engineering News Record for the basic 
data. 

t Components of the building cost index include structural steel shapes, Portland 
cement, lumber, and skilled labor, with appropriate weights. 


* For details of the work done by the National Income Unit of the U S. Department of 
Commerce in deflating Cross National Product see the latest National Income sup- 
plement to the Survey of Current Business. 
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FIG. 13.5. Actual and Deflated Values of Building Contracts 
Awarded, 1939-1953 (1939 = 100). 

construction costs (applicable to nonhuilding projects) have been 
developed. For the present example we give in Table 13-18 the 
total value of building contracts awarded in recent years, the index 
of building costs, and the deflated series that serves as an index of 
the physical volume of heavy building construction, of the type.s 
noted above. Actual and deflated values are shown graphically in 
Fig. 13.5. Over the 15-year period here covered building costs, as 
measured by the sample of commodities and services included in 
the cost index, more than doubled. The appropriate adjustments 
in obtaining the index of building volume substantially modify the 
record of contracts awarded, as first given in current dollars. 





CHAPTER m 


Index Numbers of Production 
and Productivity 


The era between the two world wars, and the dceade after World 
War IT, witness(*d an extraordinary expansion and refinement of 
what may be called instruments of economic int(!llif»:ence. This was 
notably true in the United States, but this country was by no 
m(*ans alone in this development. The lirst world war revealed 
great gaps in our knowledge of economic processes. The informa- 
tion then available on the volume and character of production, 
production capacity, the size and distrilnition of national income, 
the volume and sources of savings, the disposable income of 
consumers, stocks of goods and their location, and on many other 
aspects of economic life was of the most fragmentary sort. A 
striking improvement began with the end of the war. The needs of 
government, of business, of the banking system, and of other 
economic elements during the prosperous ’twenties, the depressed 
’thirties, the war-torn ’forties, and the cycle-conscious ’fifties 
stimulated recurrent impressive advances on the statistical front. 
Among the great gains of these years was the development in this 
and other countries of comprehensive and accurate indexes of 
output. 

Advances in the measurement of production took place on two 
fronts. The measurement of total national product and of national 
income was designed to provide global figures covering all economic 
activity. These measures in their early form were solely in terms 
of current monetary units — dollars, pounds, or other. They were, 
for this country, dollar measures of the performance of the national 
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economy. Concurrently with estimates of national product and 
income there were developed in the United States a series of index 
numbers designed to measure in physical terms the volume of 
production in specified fields, and the volume of trade. Here the 
statistician worked from the beginning with physical units, and 
sought to construct index numbers free of distortion by the price 
changes that affect national income and product accounts. These 
two lines of progress have since merged, to some extent, with the 
development of methods of deflating national product and some 
of its elements, correcting, that is, for the effects of price changes. 
But despite improvement in deflating procedures, index numbers 
of physical output continue to play major roles as economic 
indicators in a number of specific fields, notably in measuring 
industrial production on a monthly or quarterly basis. Our present 
concern is with the methods employed in the construction of such 
measures. 

Notation. In addition to symbols previously employed (such as 
Qy Qoly for physical volume indexes, P, Poi for price indexes), certain 
new symbols are introduced in this chapter: 

F: a measure of factor input in a productive process 
E: all human effort entering into a productive process 
M : a measure of man-hours of labor input 
N: number of workers employed in the productive process 
Pr'. a productivity ratio, or productivity index, of the form 
Q/F,Q/M, or Q/N 

R: an index of factor requirements per unit of output; F/Q, 
M/Q, or N/Q 

Q/E\ a productivity index in which human effort is the factor 
input 

Q/M\ a productivity index measuring output per man-hour of 
labor input 

(Q/E and Q/M may be identical, although the latter 
expression is sometimes more restrictive) 

M /Q\ an index of man-hour labor requirements per unit of 
output 

Lower case letters such as q, m, and r may be used to 
represent output, man-hours of labor input, and labor 
requirements per unit of output in individual plants or 
industries or for individual commodities. 
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The meaning of production indexes. In deriving an index of 
production for a given sector of an economy the task is that of 
combining, in some form, a number of measures of output. When 
such measures are in value terms, as they are when estimates of the 
national product are built up, the task of combination is simple. All 
are in dollar units. But when the basic observations are in quantum 
terms, i.e., in pounds, gallons, bushels, yards, etc., such simple 
aggregation is impossible. Some common factor must be introduced 
before a meaningful combination may be effected. The need to 
introduce some other factor that may serve as a common denomi- 
nator means that a production index is not a simple aggregate of 
physical volume data — a significant fact for the understanding of 
these measures. 

It would be gratifying to the economist if the common denomi- 
nator could be provided by the concept of “utility.’' If each unit 
of the diverse products included in a “quantum basket” were the 
equivalent of a definite number of units of “utility,” the same for 
all consumers, these utility units could be aggregated readily, and 
movements of the volume of production measured with precision. 
A Laspeyres index constructed on this basis would be of the form 




( 14 . 1 ) 


where Uo represents the number of units of utility possessed by a 
physical unit of a given commodity in the base year. Unfortunately, 
this procedure is not open to us. “Utility” is an elusive quality of 
a consumer good. It varies from person to person and is inconstant 
even for a single consumer. We have no scales for converting 
physical units into utility equivalents. This means, among other 
things, that production indexes arc not to be interpreted in welfare 
terras. 

The denominators actually available for use in combining 
physical volume series arc two in number — prices and labor time. 
If we multiply physical volume units by unit prices, we obtain 
dollar measures that may be combined in value aggregates and 
compared with similar aggregates for other periods. Alternatively, 
we may multiply physical volume units by the number of man- 
hours required for the production of each such unit. The product 
of each such operation is in man-hours; these man-hour measures 
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may be combined in man-hour totals that may be compared with 
similar totals for other periods. When unit prices are used to 
provide the common value denominator, we are, in effect, defining 
the regimen of the period serving as weight base in terms of its 
price structure. When man-hours per unit are used to provide the 
common denominator, we are defining a regimen in terms of the 
unit labor requirements of the goods entering into the stream of 
production. In each case the institutions and circumstances of the 
time (i.e., of the time serving as weight base) place their impress 
on the production index. 

We shall later consider means by which weights are selected and 
applied in the making of production indexes. The immediate 
purpose of the preceding discussion is to emphasize the fact that 
index numbers of physical output are not measures of purely 
physical cliange. We cannot abstract from the host of attendant 
circumstances that make up prevailing regimens. The significance 
of given output changes depends on tlie price structure or the 
structure of unit labor rcciuirements, and each of these in turn 
reflects a complex economic regimen. 

How then are we to regard index numbers of production? They 
are measures of the physical volume of work done in specified 
sectors of the economy, this work being measured in terms of 
quantum output but evaluated (or weiglited) with reference to a 
given regimen, or to some combination of regimens. It is in the 
evaluation or weighting of the individual production series that 
we introduce the common denominator that permits aggregation. 

It will be useful in the subse(pient discussion to distinguish 
production indexes of four types. First we have primary measures, 
often called unadjusted index numbers. These parallel in construc- 
tion and in meaning the index numbers of prices considered in the 
preceding chapter. Secondly, there are seasonally corrected month- 
ly or quarterly measures. These are usually called adjusted indexes 
in the United States; the Statistical Office of the United Nations 
calls them secondary indexes. A third type, which may be called 
trend-adjusted, is modified by a correction for trend movements, as 
w^ell as for seasonal fluctuations. As the name suggests, this type 
is used when the interest of the maker lies in cyclical movements 
of production or of trade volume. As a fourth type we may dis- 
tinguish measures of physical output obtained by the deflation of 
output series originally expressed in value terms. These measures, 
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to which we have referred on earlier pages, we may call derived 
indexes. 


Primary Index Numbers of Production 

The problems faced in constructing primary production index 
numbers are essentially the same as those that arise in the making 
of price indexes. A formula must be decided upon, weights chosen, 
the coverage of the sample determined, a weight base and a base 
of comparison selected. We deal briefly with each of these. 

Choice of a Formula. For comparing the levels of production at 
two stated times (i.e., in a binary comparison), the chief formulas 
available are the Laspeyres, the Paasche, the ideal, the Edgeworth, 
and the modified Laspeyres (sec Chapter 13). In constructing 
quantity indexes the p’s and q's, as used in the price formulas are, 
of course, transposed. For the Laspeyres production index we have 


Qo^ = L 


Sgipo 


The Paasche formula becomes 


(14.2) 


Q,.. = (14.3) 

The other forms arc correspondingly modified. This reversal of p’s 
and ^’s means, as was pointed out above, that price weights are 
used to define a given regimen and to provide a common denomi- 
nator. Thus the numerator of the Laspeyres formula (14.2) is the 
aggregate value of the physical amounts produced in time “1,” 
when these physical amounts are multiplied by the unit prices 
prevailing in time “0.” The denominator is the aggregate value of 
the physical amounts produced in time “0” when these physical 
amounts are multiplied by the unit prices prevailing in time “0.” 
Numerator and denominator difler only because of quantity changes 
between the two periods. 

The choice between formulas for such a binary, comparison lies 
between those weighted with reference to the base-year regimen, 
to the given-year regimen, to a combination of the two, and to the 
regimen of a third, possibly intermediate, period. The ideal and 
the Edgeworth formulas, that combine base-year and given-year 
regimens, have strong claims, if the necessary data are to be had. 
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If the difference between base-year and given-year regimens, as 
measured hy = L — P, is slight, choice between the Laspeyres, 
the Paasche, and one of the combined forms is a matter of con- 
venience. If the regimen difference is great, the hazard of com- 
parison is considerable regardless of formula used. 

It is often deemed desirable that a production index and a 
corresponding price index be consistent in yielding a product equal 
to a true index of value. The Statistical Office of the United Nations 
emphasizes this as a general property that a quantity index should 
possess, and Mudgett regards it as a requirement of first im- 
portance. This requirement is met, of course, if the ideal formula 
is used. It can be met, also, by altering the weight base. Thus if 

we derive Qoi from the Laspeyres formula and Poi from the 

^QoPo 

Paasche formula their product will be or Toi- The 

^PoQi' ^ ^PoQo 

same product will be obtained from a Paasche quantity index and 
a Laspeyres price index. In practice this requirement is not easy 
to meet when the given period is a very recent month or year, 
because of data deficiencies. 

A production index may be constructed by weighting quantity 
data by unit labor requirements, instead of by unit prices. The 
Laspeyres formula for such an index is 


Qoi 


Sgoro 


( 14 . 4 ) 


where the ro defines the man-hours of labor required, in the base 
period, to produce a unit of a given product. The numerator and 
denominator of the measure given above would be aggregates in 
man-hour terms; sincoithe weighting factor, ro, is fixed, the differ- 
ence between numerator and denominator would be a measure of 
the change from time “0” to .time “1” in physical quantities 
produced. There is much to be said on theoretical grounds for such 
a production index when the end purpose is the measurement of 
changes in productivity. However, our present information about 
unit labor requirements is so scanty that in practice little use can 
be made of this formula. 

The preceding discussion has been concerned with binary com- 
parisons involving production levels in only two periods. The 
choice of formulas and of weights is more restricted when the 
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problem is that of constructing a series of index numbers designed 
to keep abreast of current changes. Here the choice really falls 
between the Laspeyres and a modified Laspeyres formula. The 
recommendation of the United Nations, which is seeking to 
standardize international practice, is that the base-weighted 
Laspeyres index be used for regular monthly or quarterly series 
of index numbers of industrial (i.e., nonagricultural) production. 
However, it is recognized that it may be necessarj^ to use fixed 
weights from a year, or other period, different from the base of 
comparison of the published series. This alteration means that a 
modified Laspeyres index (2gip„/SgoP«i) would be used. This is the 
formula currently used by the Board of Governors of the Federal 
Reserve System. For the FRB index the base of comparison is 
1947-49, the weight base 1947. Whatever the base of the fixed 
weights may be, the conclusion reached in discussing price index 
numbers holds here also: Fixed base weights should be modified 
frequently — say every five or at most every ten years in peace 
times — if the regimen reflected by the weights is not to become 
seriously out-dated. 

Nature of the Quantities and Prices Entering Into a Production 
Index. The selection of suitable “production series and weights is 
a problem of central concern in the making of output indexes. The 
object is to measure work done in each of many farms, mines, 
factories or industries, to the end that a general index of work done 
over a given time period may be constructed. Although farms are 
mentioned here, our chief concern in the present discussion is with 
nonagricultural production. 

Four possibh; measures may be cited. We may use volume of 
output as a measure of work done; we may use deliveries; we may 
use the input of basic materials; or we may use the input of labor 
time. Each of these has its weaknesses. A count of the numbers of 
cars produced or of new houses finished in a given month would be 
unaffected by changes in the amount of work in progress. Moreover 
where repairs represent a considerable element of current work 
done, as they would in the construction field, this ^factor would be 
left out of a count of new products completed. A record of deliveries 
of finished products has these same defects and is subject, as well, 
to inaccuracies due to changes in the stocks of finished goods held 
by makers. If we measure work done in terms of input of basic 
materials (as in taking consumption of raw cotton as an index of 
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total activity in the cotton textile industry) we are open to error 
if inventories of materials or of goods in process change materially. 
The accuracy of a record of materials input could also be affected 
by technical changes that modify the amount of material used per 
unit of final product, or by changes in the degree of fabrication of 
materials. The perhaps obvious procedure of measuring work done 
by a count of man-hours of labor input has the central weakness 
of ignoring changes in productivity. If the labor input measure is 
adjusted by a coefficient assumed to define current productivity 
changes, the danger of error arising out of faults in the coefficient 
is faced. Since productivity changes in given factories or industries 
are never constant over time, this error can be serious. 

In general, production indexes are intended to define changes in 
quantum, or physical volume, output; hence the first of the four 
measures cited in the preceding paragraph is most relevant. We 
must sometimes use other records as approximations to output, 
but comprehensive counts of goods produced are the first objective 
in the making of these index numbers. Where variations in inven- 
tories (of basic materials, of goods in process, or of finished goods), 
or changes in technology or in degree of fabrication affect available 
records as indications of work done, correction should be made, 
if possible. 

Since the primary index of production is intended to measure 
work done in comparable monthly, (|uarterly, or annual periods, 
correction should be made, also, for circumstances that are obvi- 
ously distorting. Calendar irregularities that affect the number of 
working days per month are the most important of these mechan- 
ical difficulties. It is customary, for this reason, to reduce output 
records to production per working day or per working week (which 
is recommended as standard practice by the United Nations). The 
effects of public annual holidays, most of which are regular in their 
timing, arc generally allowed for in a subsequent correction for 
seasonality, which is discussed below. 

The p^s that enter as weights in the aggregative forms of pro- 
duction index numbers are not, in all cases, the unit prices that are 
quoted in the markets. Where the commodity is a basic product 
such as iron ore (for which the quoted price covers all work that 
has been done on the unit offered for sale), the conventional price 
would be used. More frequently, the “work done^^ in a given 
factory or industry takes the form of fabricating raw or partially 
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finished products. The price of the product of the factory or 
industry will include the price of materials used plus the value of 
the net product of the operations performed in the factory or 
industry. In such a case the p used as a weightiiif; factor should be 
the value of the net output per unit of goods produced. If we are 
dealing with a manufacturing process what is wanted is the unit 
‘‘price’^ of the services of fabrication performed in this operation. 
Such “prices*’ are, of course, not usually quoted. However, if the 
aggregate value of the net output is available, the maker of index 
numbers may use the value- weigh ted average of (juantity relatives 
which is the equivalent of the weighted aggregative form. Thus 
instead of the Laspeyres index he would use the form 



where ^oPo is the aggregate value of the net output of a given 
product. Or, having the quantities in (piestion, he may secure a 
“price” per unit of net output by deflating net output in a given 
period by the number of units produced in that period and then 
employ the usual aggregative formula.^ 

The familiar “value added” figure given in census records is 
usually a close approximation to the desired net output for a given 
industry. Since net output is usually wanted on a factor cost basis, 
however, certain adjustments may be required to exclude tax 
payments and costs of business services such as insurance and 
advertising, and to correct for changes over the census period in 
quantity of work in progress. 

Coverage of Production Index Numbers. No new problems of 
method are faced in dealing with the scope and coverage of pro- 
duction indexes. There should, of course, be suitable representation 
of all sectors of the economy which the index purports to cover. 

* In following either of these procedures we are assuming that input quantiticK (that is, 
the quantities of materials, fuel, and semifinished products utilized in production) 
vary proportionately with output quantities If this is not the case a more airurate 
index of net output may be derived from the formula 

Not Q. - 

~~ <'P " 

where p' and q' represent prices and quantities of inputs, and p and 7 repres^nd prices 
and quantities of products of fabrication, that is, of outputs on a gross basis. On 
this point see Fabricant (ref. 39) and Geary (rel. ti2). 
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Chief current use of the index number device is made in the field 
of industrial production. In the recommendations of the U. N. 
Statistical Office this is taken to comprehend the output of fac- 
tories, workshops, mines, and handicraft establishments of all sizes, 
excluding only products of work in the home or farm. This means, 
in effect, that all nonagri cultural production except home-made 
goods would be included. Very small establishments are excluded 
on practical grounds. The chief subdivisions of industrial produc- 
tion, as thus defined, are mining, manufacturing, construction, and 
electric and gas utilities. The Board of Governors of the Federal 
Reserve System accept this recommendation in principle, but for 
the present the FRB index is restricted to mining and manufac- 
turing. (An annual physical volume index of agricultural production 
is constructed in the United States by the Bureau of Agricultural 
Economics.) 

The selection of appropriate groups suitable for international 
comparisons as well as for domestic purposes has been made 
possible by the recent development of standard industrial classifi- 
cations. There is now such an international classification there is 
also a widely used classification of the same sort for the United 
States, developed under the auspices of the Office of Statistical 
Standards of the Bureau of the Budget, and similar in general 
structure to the international standard.’^ Following this classifica- 
tion the Board of Governors of the Federal Reserve System 
constructs group index numbers for 21 manufacturing groups and 
for 5 mining groups, and for certain combinations of these indus- 
trial groups, by appropriate classification of basic monthly series. 
One classification distinguishes durable from nondurable manu- 
factures. A separate output index, covering major durables 
weighted by gross values, is designed to measure changes in the 
supply of such durables entering final consumer markets. Such 
regroupings of basic industries*, and products yield index numbers 
especially adapted for use in the analysis of cyclical and other 
changes in economic processes. 

As to the number of individual series to be included, the United 
Nations suggest 100 as the minimum, 500 as the maximum. The 

’ International Standard Industrial Classification of all Econonuc Activities, SUUiaiical 
Papers Senes Af, No. 4, Statistical Office of the United Nations 
* Standard Industrial Classification Manual, Office of Statistical Standards, Bureau of 
the Budget. 
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index of industrial production constructed by the Board of Gov- 
ernors of the Federal Reserve System now includes 175 series. 

Comparison Base and Weight Base. The same considerations 
that favor short-term comparisons in working with index numbers 
of prices support the case for similar limitations in using produc- 
tion indexes. Considerable regimen changes make fixed weiglits un- 
representative, and such regimen changes are the rule in a dynamic 
economy. In its recommendations concerning international practice 
the U. N. Statistical Office suggests a review and, if necessary, a 
reweighting of index numbers of industrial production every five 
years. Such reweighting should be based on censuses or extensive 
.sample surveys of production. Such surveys of the .structure of 
production, made at regular intervals, are essential to accuracy in 
the measurement of production changes. A corollary of these 
recommendations is that the comparison base should not be far 
removed in time. A change every five years, although perhaps 
desirable, is hardly to be expected in the practical work of index- 
making agencies. The Federal Reserve Board index is at present 
issued on the 1947-49 ba.se, which is now standard for the United 
States. The weight base for this index is 1947. 

Fixed weights are a practical necessity in the short-term com- 
parisons for which monthly index numbers are primarily de.signed. 
However, .such .series of current index numbers may well be 
.supplemented by index numbers constructed for the measurement 
of production changes over longer terms. Annual, biennial, or 
quinquennial censuses may provide comprehensive and accurate 
weights suitable for use in “crossed- weight’' index numbers of the 
ideal or Edgeworth type (see Chapter 13). These index numbers 
may then be chained or combined in other ways to provide mea.sure- 
ments covering fairly long periods of time. This has been done, in 
fact, for some years in the United States. The Bureau of the 
Census and the National Bureau of Economic Research have 
utilized census data as they became available, in the construction 
of bench-mark indexes to which current Federal Reserve index 
numbers have been adjusted. Comprehensive and independently 
constructed annual mea.sures are currently used for the same 
purpose in reviewing and adjusting the Federal Reserve Index. 
Of course, the use of the bench-mark device for purposes of long- 
term comparison does not solve the fundamental problems raised 
by regimen changes. But the use of more comprehen.sive data. 
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more satisfactory weights, and formulas that take some account of 
regimen shifts makes such index numbers more suitable for long- 
term comparisons than are the more restricted, fixed- weight 
monthly indexes. 

Seasonally Adjusted Indexes 

The volume of production in many industries is subject to 
seasonal variation. This is obviously the case in agriculture; similar 
but less extreme variations from month to month are found in 
metal mining, in coal production, in food and beverage manufac- 
ture, and in other manufacturing activities. These seasonal patterns 
in production are more marked and more regular than are seasonal 
patterns in commodity prices. For these reasons an adjustment 
not found desirable in constructing monthly price index numbers 
is common in the making of monthly production indexes. This 
adjustment is designed to eliminate movements that are purely 
seasonal in character, in order that month-to-month changes 
attributable to the play of other forces may be more clearly defined. 
Since the purely seasonal element in the total index of industrial 
production may account for a movement from the seasonal low to 
the seasonal high of as much as 10 percent, as it does in the Federal 
Reserve Index, the adjustment is not a minor one. 

Actual production changes, including those due to the play of 
secular, cyclical, seasonal, and random factors arc, of course, of 
central importance. These are measured by a primary, or seasonally 
unadjusted index. The seasonally adjusted index, where con- 
structed, is a supplementary measure. There is need of both in 
following economic changes. 

Standard methods of measuring seasonal patterns are employed 
in the construction of seasonally adjusted indexes. The Board of 
Governors of the Federal Reserve System uses, basically, 12-month 
moving averages (see Chapter'll). In applying the seasonal cor- 
rection to a given series, the unadjusted measure for a stated 
month is divided by the seasonal index for that month, expressed 
as a ratio (i.e., as 1.10, if the seasonal index is 110). The original 
measure of production for a given month is thus reduced if the 
seasonal index for that month is above 1.00, raised if the seasonal 
index is below 1.00. 

The seasonal adjustments may be applied directly to the many 
individual series entering into the production index, or they may 
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be applied to unadjusted group indexes. The latter is now the 
procedure employed in making the Federal Reserve Index in the 
United States. Seasonal adjustments are made directly to each of 
26 major group indexes. The seasonally adjusted total index is 
then obtained by combining the 26 seasonally adjusted group 
index numbers.^ This procedure is designed to give flexibility to 
the seasonal adjustment program, so that revisions designed to 
allow for shifts in seasonal patterns may be readily made. 

The amplitudes of seasonal movements in total industrial pro- 
duction in the United States and in certain of the major sectors of 
the American economy are indicated by the measures brought 
together in Table 14-1. These, be it noted, define the seasonal 
patterns prevailing in 1952. In the main, the patterns remain 
unchanged from year to year, but in certain industrial sectors 
shifts occur with some frequency. 

TABLE 14-1 

Seasonal Factors in Monthly Industrial Production indexes, 1 952 
Board of Governors of the Federal Reserve System* 


Jan Feb Mar Apr May Juno July Auk rifpt Oct Nov Dee 


Total Index 
l*nmary Metals 
Electrical Machinery 
Transportation ICquiiimcnt 
Lumber and Products 
Textile Mill Product* 

Rubber Products 

Petroleum and Coal Proiliicts 

Food and Beverage Manufactures 

Bituminous Coal 

Anthracite 

Metal Mining 


90 

101 

102 

100 

99 

100 

102 

104 

105 

101 

102 

101 

102 

105 

100 

102 

99 

95 

97 

102 

105 

101 

101 

103 

90 

90 

101 

105 

102 

107 

101 

U)5 

101 

KM) 

99 

100 

lOI 

104 

104 

102 

99 

101 

101 

UK) 

99 

97 

OH 

100 

92 

91 

92 

92 

94 

102 

105 

KM) 

KM) 

KM) 

95 

98 

100 

100 

92 

96 

102 

100 

72 

75 

76 

lOI 

118 

121 


94 

100 

102 

103 

101 

90 

91 

05 

98 

101 

100 

07 

84 

97 

100 

100 

104 

100 

97 

99 

99 

100 

97 

00 

94 

105 

106 

105 

99 

00 

86 

103 

102 

102 

101 

07 

88 

06 

101 

106 

102 

00 

100 

102 

lUl 

101 

101 

KM) 

104 

109 

1 14 

111 

103 

96 

75 

100 

104 

109 

109 

105 

79 

90 

105 

121 

110 

93 

119 

120 

119 

113 

92 

74 


• From “Revised Federal Reserve Monthly Index of Industrial Profliiction." Federal Iteaerve Bulletin, 
December, 1053, pp 54-5 


The abrupt seasonal drop in the total index in July, to a level 
6 percent below the average for the year, is a striking example of 
a sharply changed seasonal pattern. In the unrevised Federal 
Reserve Index, for which prewar patterns provided most of the 
seasonal measures, the July seasonal index was 100. The general 
postwar adoption of industry-wide vacations accounts for the 

* The seasonally adjusted Federal Reserve indexes of industrial protluetion, as well as 
the primary or seasonally unadjusted indexes, are published currently in the monthly 
Federal Reserve Bulletin. 
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difference. This was a change that came suddenly, in contrast to 
the gradual shifts in seasonal patterns that reflect slowly changing 
social customs, technologies, and business policies. 

An Index of industrial Activity 

In the analysis of time series we have seen that cyclical fluctua- 
tions are often the objects of primary interest. This is particularly 
true in the study of physical volume, for changes in the volume of 
production and trade are features of fundamental importance in 
business cycles. Methods have been explained, in the preceding 
chapters, by means of which we seek to measure the cyclical 
fluctuations in individual series (fluctuations inextricably entangled 
with accidental movements of major and minor degree). An obvious 
next step, in the study of general business conditions, is the 
construction of a comprehensive index of physical activity ad- 
justed for trend as well as for seasonal movements. 

Two somewhat different methods have been employed in making 
such index numbers. The first entails the fitting of an appropriate 
line of trend to each of the physical scries entering into the general 
index, the expression of the actual observations as percentages of 
the corresponding trend values, the seasonal correction of these 
per(!entag(\s, and the combination of such adjusted percentages in 
a general index. The resulting index is in relative terms, but the 
relatives refer to a hypothetical “normal,^' not to any fixed base 
in time. The alternative method calls, first, for the construction of 
a seasonally adjusted index, similar to that of the Board of Gov- 
ernors of the Federal Reserve System. The secular trend of this 
index, which will be a composite of the trends of the various con- 
stituent series, is determined in the usual w^ay. The final trend- 
adjusted index is then olitained by expressing the actual monthly 
values of the .general index as, percentages of the corresponding 
trend values of the index. 

This latter procedure is well exemplified in an “Index of In- 
dustrial Activity" constructed by the Chief Statistician’s Division 
of the American Telephone and Telegraph Company.® The ele- 
ments of this index are monthly data; seasonal corrections are 
therefore necessary. When these corrections have been made a 

B This index has t>eGn constructed for the use of the staffs of the Bell system companies, 
and IS not available for distribution. It is published here by courtesy of the American 
Telephone and Telegraph Company. 
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FIG. 14.1. The* Gnuvth of Imlustruii Activity m the riiiteil Stiites. I S‘M)- 10,5 1 . * 
1939 = 100. 


*SoiirrM' American Telejilionc ami Tcli-nrapli ('oinpanv 


general index measuring long-term growth and cyclical-accidental 
fluctuations, in combination, is const ru(‘ted by avTraging 2 !) series, 
with appropriate weights.*’ In this form the index, which is not as 
yet trend-adjusted, defines the growth of industrial activity in 
the United States. It reflects secular factors as well as cyclical- 
accidental fluctuations. 

This index of growth is shown in Fig. 14.1, for the period 
1S99-1954. The trend there shown is a modification of an expo- 
nential curve fitted to measures of industrial activity per capita of 
the population ; the modification (by a population index) is designed 
to provide a trend line reflecting both the growth of population 
and the increase in activity per capita. It will be clear from the 
list of series included that this is not an index of production. The 
varied series included, among which there are five employment 

® Th(* followiiiK series hiivc for thv Ironi 1939 t<« dat<‘' 

MftMl.s (i\(«inlit 30 )K*rc(‘iO ) pnnlu«*1ion. copporcoiiHumption: Icml coiiHUiniition; 
zinc shipments, iiluminiirn. shipnienis <ii fahrieatfKl [iroduets 

Textiles (wciRhl 15 percent) cotton consuiniition: wool consumption, ravon and 
acetate production, hosieri sliipment.*, 

Pnyier and print iiiK (weight 10 piTcimt ). paper jiroiluction . prinliiiK jiaper production: 
newsprint consuniptjon 

Luniher production (weiglit 5 percent) 

Food (weight 10 percent)- slaughtei of cattle; slaughter of Kogs; wheat grinflings; 
corn grindings, malt liquor firoduction 

Man-hours in four mamiiactunng industries (weight 15 percent): chemicals and 
allied products, stone, cla\, and glass products, petroleum and coal products 
rubber products 

Industrial power and man-hours (w-eight 15 percent); kilow'att hour sales to largi* 
commercial and industrial users, electricity generated bv industrial plants; 
man-hours in manufaeturmg industries 




series, are taken to l)e indicators of “activity,'’ not of physical 
output. 

When each niontlily value of the index is expressed as a per- 
centage deviation from trend we have an index of industrial 
activity as related to long-term growth. Measures in this form are 
given in Table 14-2, for the period 1937-1954. (This is, of course, 
only a portion of the period for which the trend line was fitted). 
The deviations are graphically portrayed in Fig. 14.2. The cyclical- 
accidental fluctuations in industrial activity in the United States, 
as represented by the 25 series employed, are traced by the 
movements of this index. 



MEASUREMENT OF PRODUCTIVITY 


501 



1937 38 39 40 41 42 43 44 45 46 47 48 49 50 51 52 53 1954 

FIG. 14 . 2 . Industrial Activity as Related to l^ng-Term Growth, 1937-1954 
(percentage deviations).* 


•Source- AmericHn Telephooe and TelcRraph ('ompany. 

The Measurement of Productivity Changes 

Changes in productivity, that is, in the effectiveness with which 
productive factors are applied in the making of economic goods, 
have contributed mightily to advances in living standards in the 
United States. But it is not alone as a key element in the long-term 
growth of a single economy that productivity is studied today. 
The advancement of productivity among all western nations and 
in economically underdeveloped regions is sought through the 
interchange of technicians and of technical information. Produc- 
tivity has become a central issue in industrial bargaining. The 
“improvement factor” that is embodied in a number of wage 
contracts rests upon past and expected productivity gains. For 
these and other reasons the measurement and interpretation of 
productivity changes are among the important tasks now falling 
to the statistician. 

The Productivity Ratio. Customary measures of productivity 
take the form of a ratio in which quantity produced, Q, is set 
against input of production factors, which we may represent by h\ 
In this form we may call the ratio an index of productivity and use 
for it the symbol Pr. Thus Pr = Q/P- Changes in this index define 
changes in average output per unit of factor input. Inversely, the 
ratio may be put in the form F /Q which defines factor input per 
unit of output. We may think of the latter ratio as an index of 
factor requirements per unit of goods produced, and use for it the 
symbol R. The meaning of either index will depend, obviously, on 
what is included in the output measure, Q, and in the input 
measure, F. We have already considered the nature of production 
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indexes. As to the factor input measure, many alternatives are 
open. F might be a composite measure of all productive factors — 
natural resources, capital, labor, and enterprise — or a composite 
of some of these factors. Or F might be any one factor, or an ele- 
ment of some one factor. Thus we might measure agricultural 
production per acre of land, or industrial production per dollar of 
capital invested, per manufacturing establishment, or per horse- 
power of energy. We might measure output in any economic sector 
per man employed or per man-hour of work done. In this latter 
case, we might restrict the employment measure to individuals 
directly engaged in the productive process, or we might enlarge it 
to include all forms of human effort, supervisory and managerial 
as well as direct, that enter into a given process of production. 
Perhaps the most meaningful general form of productivity index 
would he Q/Ej where Q is the output and E represents all human 
effort entering into the productive process. This form appears 
commonly as Q/M, where M stands for man-hours of work, the 
scope of the man-hours measure depending on the purpose of the 
investigator and the availability of data. 

We should emphasize at this point that such measures of pro- 
ductivity carry no causal imputation. If we say that so many 
bushels of wheat are produced per acre of land, we do not mean 
that only the services of land enter into the productive process, 
nor that the land factor is responsible for any gains recorded. 
Similarly, a measure that sets output against volume of invested 
capital is not to be taken to mean that the capital factor is respon- 
sible for the changes that may occur in the ratio. Again, if an 
advance is shown by a productivity ratio that sets output against 
man-hours of Avork done, this is not to be taken to mean that the 
gain is to be attributed to the labor factor in production. In all 
cases the actual factor input is a composite of all agents of pro- 
duction. The human factor u$es power, capital equipment, and 
organizational devices of various sorts in exploiting natural re- 
sources to produce economic goods. It is convenient, and meaning- 
ful, to measure changes in output with reference to changes in 
some one component of the factor composite, but it would be a 
great mistake to assume that this factor operates alone in bringing 
about a gain or loss. In general, as has been suggested, it is most 
useful to measure output with reference to the input of human 
effort. This we shall do in the following discussion. But we must 
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recognize that the effectiveness of this effort varies not alone with 
the intensity and skill of the human factor, but also with the num- 
ber and quality of the tools employed, the amount of power 
utilized, the nature of the productive organization, and other 
features of the productive process. 

It will be useful to distinguish two different methods of obtaining 
a general index of the effectiveness of productive effort, whether it 
be of the form Q/M or M IQ. In using one method we work from 
measures of productivity, or of unit labor requirements, in the 
factories or industries that are the basic units of study. In the 
other case we derive productivity indexes from comprehensive 
measures of output and of labor input covering many commodities 
or industries. We shall call the first typo directly defined measures, 
and the other type derived measures. 

The Direct Construction of Index Numbers of Unit Labor Re- 
quirements. In employing this procedure the statistician works 
with basic measures of output and of effort input for the individual 
commodities, establishments, or industries that are to enter into 
the index. Having the output, q, and the corresponding man-hours 
of work done, m, for each commodity or industry, he may determine 
r, the labor requirement per unit of output. This is given, of course, 
by r = m/q. It is essential that m and g be exactly comparable, 
that is, that q be the product of the effort represented by m. The 
chief danger of error here is that q may be a gross measure, such 
as the number of automobiles produced by a given factory, while 
m is a net measure covering only the final operations in the pro- 
ductive process. The measure m, that is, would not cover the 
production of the materials and parts embodied in the cars but 
only the final fabrication. Other possible sources of error, such as 
failure to allow for changes in work in process, in inventories, etc., 
have been noted in earlier pages. But when m and q arc directly 
comparable, these and the derived r's provide the statistician with 
basic materials for the accurate measurement of productivity 
changes. 

The measure of unit labor requirements, r, may be thought of 
as corresponding to a unit price. In these terms, the formulas 
available for the construction of index numbers of unit labor 
requirements (which are reciprocals of productivity measures) 
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correspond to those available for the making of price indexes. If we 
are to use Laspeyres index, we have 


1^01 


2rogo 


( 14 . 6 ) 


This is a measure of unit labor requirements in time on time 
‘*0” as base, the weighting factors being the base period q^s. Thus 
the relative importance of r for each commodity is proportionate 
to the number of physical units of that commodity produced in the 
base year. The regimen assumed to be constant is that of the base 
year, and this regimen is defined by the quantities of the several 
commodities produced in that year. If we should weight the r's 
with given year quantities, we should have the Paasche index 


Tto\ 


Srogi 


( 14 . 7 ) 


The geometric mean of the Laspeyres and Paasche indexes would 
be the ideal index of unit labor requirements. In all these we are 
paralleling the measurement of price changes, for unit prices and 
unit labor requirements are similar measures. 

This parallelism extends to the testing of related indexes for 
mutual consistency. For prices, quantities, and values there is 
mutual consistency (i.e., the factor reversal test is met) when 
PQ = F, the capital letters standing for the respective index 
numbers. If we use the symbol M for total man-hours, R for an 
index of unit labor requirements, and Q for a physical volume 
index, there is mutual consistency when RQ = M. For an individual 
commodity the relationship rq = m necessarily holds. But the 
algebraic identity will hold only for an index number formula that 
meets the factor reversal test. This is true of Fisher’s ideal formula, 
when used in the construction of index numbers of physical output 
and of unit labor requirementsi If we vary the formula, we may 
derive mutually consistent measures by constructing a Laspeyres 
index of production and a Paasche index of labor requirements.’ 

That is 


2^ ZqxTi ^ 2giri 

^qoTo ^qiTo ^qoTo 


( 14 . 8 ) 


The product of the production index and the labor requirements 

' See pp. 480-1 above. 
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index is a measure of the change in total man-hours of work done. 
This relationship has a bearing on the problem we face when we 
derive indexes of productivity, or of unit labor requirements, from 
indexes of total man-hours and of production. 

Derived Index Numbers of Labor Requirements and of Produc- 
tivity. For an individual commodity r = m/g. If the same relation- 
ship holds among index numbers relating to many commodities 
we should have R = M/Q. A measure of changes in M is given, of 
course, by Xqiri/'ZqoTo, the total man-hours of the given year 
divided by the total man-hours of the base year. If we wish to 
derive an index R from AI/Q, we shall have mutually consistent 
and compatible measures if we employ an index of production in 
which the g’s are weighted by r’s. Thus 


R = M/Q 


^qoTo 


2(7iro ^ 2^1 /ji 

XqoTo 2g]ro 


(14.9) 


This is an index of unit labor requirements, in which the r’s are 
weighted by given year q’s. 

This process is logically and algebraically satisfactory. The 
elements of M are of the same order as the elements of Q. The 
practical difficulty in this procedure has been noted in discussing 
production indexes. We do not usually have the r’s that are 
employed in constructing the production index. Customarily, in 
making physical volume indexes, price weights are employed. 
Using such an index, say of the Laspeyres type, the process of 
deriving R from M and Q is described by 


R = M/Q = 


2 q,ri 27, po 
2goro ' 2goPu 


(14.10) 


It is clear that incommensurable quantities are involved in this 
derivation. A pure man-hours measure is divided by a price- 
weighted quantity index. A pecuniary factor has been introduced 
into the derived index of unit labor requirements. 

Although the process just described is disturbing to a purist, it 
is not entirely without merit. Representation of a given regimen by 
unit prices, rather than by unit labor requirements, is appropriate 
for many purposes in dealing with a money economy. When we 
shift labor from sectors of low value-productivity to sectors of 
higher value-productivity there is a gain that may properly be 
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included in productivity measures. Accordingly, it is not alone 
considerations of expediency that lead to the general use of value- 
or price-weighted production index numbers in deriving measures 
of unit labor requirements, or of productivity. 

It is true today that all comprehensive index numbers of labor 
requirements and productivity are derived measures of the form 
Pr = Q/M or R = M /Q. They are u>sually obtained by dividing 
price-weighted index numbers of physical output by measures of 
changes in the total man-hours of work entering into the given 
volume of production. (Some indexes define changes in output per 
man employed, rather than per man-hour of work done. That is, 
we have Pr — Q/Ny where N is the number employed.) The prime 
requirement here is that the components Q and M be truly com- 
parable. The “intrusion of the pecuniary factor" we may accept, 
and indeed welcome for many purposes, but we may not tolerate 
material differences in the coverage of the indexes of production 
and of man-hours.® 

We should recognize that such derived measures, covering a 
period of years, are seldom open to unambiguous interpretation, 
for tliey are affected by many variables. The quality of goods 
entering into Q (or more broadly, the product designs of such goods) 
will vary; the composition of the total Q will certainly change, in 
respect of kinds of goods included and of the relative shares coming 
from different manufacturing plants. Changes will occur in the 
composition of labor input, and in the complex of instruments and 
organizations used in the productive process. The interaction of 
these many vaiiables will lead to the net result defined by a 
productivity index for a given year. 

Some Current Measures of Productivity Changes 

Current productivity indexes in the United States range from 
global measures, covering the economy, to measures defining 
clianges in individual plants, or even divisions of a plant. Most of 
them relate changes in physical output to changes in the input of 
human effort, measured in man-hours or in man-years, although 
some efforts have been made to relate productive output to capital 

• Adjustments to correct for inequalities in the coverage of available measures of output 
and of labor input, which have lM*en made by the National Bureau of Economic 
Research and by other agencies, are sometimes warranted, although subject to error. 
For a critical appraisal of such adjustments see Siegel, Ref. 142. 
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input and to power input. The indexes of broad scope, covering 
major industries or the economy, are all of the derived type, being 
subject therefore to the limitations we have just noted. Many of 
narrower coverage, however, are now built up from careful records 
of production and man-hour input obtained from individual plants. 
These, though of limited scope, promise to be of greater analytical 
value in studies of factors making for productivity gains. 

The measures given in Table 14-3 exemplify the global approach. 
In column (3) are indexes of the real gross national product, by 
decades, from the late nineteenth century to the middle of the 
present century. (These are derived from estimates of the gross 
national product, corrected for price changes.) The indexes of 
corresponding labor input in column (4) come from estimates of 
the total employed labor force, by decades, with an adjustment 
to take account of changes in the length of the average work week. 
Derived indexes of output per man-hour arc given in column (5). 
The record is one of unbroken advance, but the gains were uneven. 
The greatest relative increase in output per man-hour came in the 
decade of the ’twenties — a period of extraordinary advance. The 
smallest relative gains were made during the decade that spanned 
the first world war, and in the depressed ’thirties. 

TABLE 14-3 

Real Gross National Product, Labor Input, and Productivity, 

United States, by Decades, 1891-1950* 


(1) 

(2J 

(.■1) 

(4) 

(5) 


Gross national product 

Total man- 

Output 


(biUiona 


hours of 

per 


of W2i) 


labor input 

man-hour 

Decade 

dollars) 

{relative) 

{relative) 

{relative) 

1891-1000 

294 

100 0 

100 0 

100.0 

1901-1910 

455 

154 8 

120.1 

122.8 

1911-1920 

603 

205 1 

140.5 

146.0 

1921-1930 

838 

285 0 

145 1 

196 4 

1931-1940 

843 

286.7 

122.8 

233 5 

1941-1950 

1,493 

507.8 

180.5 , 

281.3 


• From Mills, ref 10.3. 

Such comprehensive estimates are useful as broad indications of 
changes in the effectiveness with which productive resources are 
utilized. By themselves, however, they throw little light on the 
causal forces behind observed movements of productivity indexes. 
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For analytical purposes we need intensive field studies, made under 
controlled conditions, with product design specified, so that the 
final indexes will measure, essentially, changes in productive 
efficiency in individual plants. Indexes based on such field studies 
are given in Table 14-4. 


TABLE 14-4 

Indexes of Man-hours per Unit of Output, 1939-1950* 
Specific Industrial Products 


Man-hours jut unit 


(1) 

(2) 

(3) 

(4) 

(5) 


Track-laying 


Seler;ted types of machine tools 


t ractor 




Year 


Direct 

Indirect 

Total factory 


Total factory 

factory 

factory 

labor 


lidior 

labor t 

labort 


in3a 

1(X) 

1(K) 

100 

100 

1040 

00 

03 

87 

90 

1041 

01 

00 

80 

00 

1042 

01 

80 

04 

91 

1043 

05 

82 

100 

92 

1044 

00 

88 

J15 

102 

104r> 

101 

80 

110 

103 

104() 

105 

05 

110 

108 

1047 

00 

00 

122 

111 

1048 

00 

08 

121 

112 

1040 

07 

01 

120 

108 

lOfiO 

01 

01 

115 

105 


* Tlicst' indcvos (vvlncli are here rounded ofT to the nearest unit) have been constructed 
bv the P S Jiuriviu of Labor Statistics (See Bureau of Labor Statistics, refs 174 and 
177 ) For a statement of the work of tlie Bureau, covering both secondary 

source data and fn*ld-collccted data, see Ib*f 173 
t l^irect hours of lid)or input include the work of wage earners engaged directly on 
production ojieralions, primarily machine operators and assembly workers, 
t Indirect houis rejiresent lunctions of time-keeping, shipping and receiving materials, 
handling, production scheduling, machine set-up, inspection, maintenance, engineering 
of tools, dies, and gaugi's, and phint sujiervision Where po.ssible, the Bureau excluded 
from both direct and indina-t hours the functions of g(‘neral accounting, purchasing, 
personnel relations, welfare services, and developmental engineering. The sum of 
direct and indirect hours constitutes total factory labor 

The indexes of labor requirements given in column (2) of Table 
14-4 relate to three precisely specified types of track-laying 
tractors. The general record is one of declining unit labor require- 
ments (increasing productivity) in the early years of the war 
period, followed by rising labor requirements to 1946 and a re- 
newed decline between 1946 and 1950. The information the Bureau 
compiles concerning conditions in the individual plants from which 
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these records were obtained makes it possible to define with some 
precision the factors responsible for these changes. 

The labor requirement indexes for selected machine tools given 
in columns (3), (4), and (5) are broader in coverage, since they 
include types that make up about three quarters of the output, in 
value terms, of the machine tools industry. (In combining indexes 
of unit labor requirements for different products, value weights are 
used.) Here total factory labor is broken into two components — 
direct and indirect labor. The interesting feature of this record is 
the sharp divergence of trends in unit labor requirements for direct 
and indirect labor. A substantial reduction, per unit of product, in 
the amount of direct labor used in producing machine tools has 
been paralleled by a material increase in indirect labor. This 
represents, of course, a major change in factory organization. The 
net result for the period as a whole was an advance in unit labor 
requirements, when account is taken of all factory labor. The 
movement was downward, however, for the last two years covered. 

Standing between global estimates of productivity movements 
in the whole economy and measures based on intensive establish- 
ment studies are the indexes given in Table 14-5. These are esti- 
mates of productivity changes in four major sectors of the economy. 
Being based on secondary sources, not on records for individual 
plants, they suffer from some of the defects noted in discussing 
economy-wide indexes. However, care has been taken to ensure 
the reasonable comparability of output and input measures. 
Although significance should not be attached to minor year-to-year 
movements of these indexes, they do define with acceptable ac- 
curacy broad movements of productivity in the several sectors 
covered. 

The most striking gain in productivity in recent years has been 
scored in the generation of electric power. Technological advances 
have here been great. Output per man-hour rose sharply on steam 
railroads with the increase in volume of traffic that came in the 
war years, and these gains have been held and in recent years 
extended. Agriculture, a laggard industry for many generations, 
opened a new era in the mid-Thirties, as the mechanization move- 
ment spread. Recent years have shown continued advance. 
Productivity gains in mining have been relatively low. Such 
evidence as we have on productivity in manufacturing industries 
indicates a gain, since 1939, that exceeds the increase recorded for 



• SourcoH: 

Index of fiirm out|)ut.; U. S Bureau of AKncultural Economicfl 
Other indoxeH: U. S. Bureau of Labor Btatisticfi 
t Revenue traffic per man-hour on ClasH I nulroadH. 


mining, but falls short of the gains cited for the industries listed 
in Table 14-5.*' 

The accurate measurement of productivity movements is one of 
the challenging tasks facing statisticians today. It is obvious that 
we are dealing here with a major dynamic factor in economic life, 
one that plays a central role in economic growth. Yet only a 
beginning has been made in the art of measuring such changes. 
Global indexes, which are almost inevitably rough and inaccurate, 
are easily constructed. Such measures will continue to be useful, 
but progress lies in the direction of intensive measurement, for 
specific products and individual' plants and industries. Building 


* No gonerai index of productivity in manufacturing is available for the period since 
1939, although Ihilleim 1046 of the Bureau of Labor Statistics gives indexes for 
selected manufacturing industries A period prior to 1939 is covered by Fabricant’s 
index (Hef. 38). One may approximate changes in man-hour output in manufacturing 
by using the Federal Reserve index of manufacturing production as an output measure, 
and estimating labor input from Bureau of Labor Statistics' records of manufacturing 
employment and average length of work week. But these output and input figures 
are not really comparable; the resulting inde.xes are of dubious value. The Bureau of 
Labor Statistics is at iircsent preparing to publish a continuing series of productivity 
indexes for manufacturing as a whole. 



MFERENCES 


S11 


from these we may hope to obtain fuller understanding of the 
factors that contribute to productivity gains, as well as greater 
accuracy in defining changes in productive efficiency. 



CHAPTER as 


Chi-Square and its Uses 


Marital Status and Saving: An Illustrative Example 

A problem that appears in many forms in quantitative work is 
exemplified by the observations enterinj^ into Table 15-1. Here we 
have summarized information obtained from a survey of consumer 
finances conducted by the Survey Research Center of the Univer- 
sity of Michigan. In this table 3,327 spending units^ are divided 
into those headed by single persons and those headed by married 
persons; they are again divided into those reporting positive 
savings in the year 1950, and those reporting zero savings or 
negative savings. This process of classification gives us a 2 X 2 
contingency table^ containing four subclasses, or cells, single 
persons who were positive savers in 1950; single persons who were 
not positive savers; married persons who were positive savers; 
married persons who were not positive savers. (For convenience I 
refer to single and married persons; the observations relate of 
course to spending units headed by such persons.) For each of 
these we have the observed frequencies given in Table 15-1. Our 


* The terms used by the Survey Research Center are defined as follows; 

Spending unit: a grouj) of persons living in the same dwdling and related by blood, 
marriage or adoption, who pool their incomes for their major items of expense In 
some instances a spending unit consists of only one person. 

Consumer saving: the difference between current income and the sum of current 
expenditures for consumption and tax payments Expenditures to reduce debt are 
counted as saving, and increases in debt are deducted from saving. Con.sumption 
expenditurt^s include expenditure.s for consumer durable goods except houses, which 
are regarded as capital assets. 

• Contingency table is the general term for a two-way classification specifying varying 
numbers of discrete categories in each of two dimensions. 
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TABLE 15>1 
Observed Frequencies 

Two-Way Classification jof 3,327 Spending Units, 1950* 


Spending units 
headed by 

No. of positive 
savers 

No. of zero savers 
plus no. of negative 
savers 

Total 

Single persons 

490 

390 

880 

Married persons 

1,552 

895 

2,447 

Total 

2,042 

1,285 

3,327 


* This table is based on data from the Federal Kesewe liulletin, September 1051, p. 1063. 
The investigation here recorded was made under the sponsorship of the Board of 
Governors of the Federal Reserve System 


problem is to determine whether the two principles of classification 
here employed are independent of one another. Was the fact of 
saving or nonsaving by spending units in 1950 related to the marital 
status of the heads of spending units? In dealing with a problem of 
this sort we set up the hypothesis that in the population of spending 
units from which this sample was drawn the two principles of 
classification arc unrelated. We test this hypothesis against ob- 
servations such as those recorded in Table 15-1. 

From the hypothesis we are to test we may derive a series of 
theoretical or “expected^^ frequencies, i.e., frequencies we should 
expect to find in the four cells of Table 15-1 if marital status and 
saving practices were in fact independent, and if the effects of 
random fluctuations were not present. These expected frequencies 
may be computed readily from the subtotals in Table 15-1. The 
process is as follows: Of the 3,327 spending units included in the 
sample 880, or 26.45 percent of the total, were headed by single 
persons, while 2,447, or 73.55 percent of the total, were headed by 
married persons. If marital status had no relation to saving 
practices, we should expect the 2,042 positive savers to be divided 
between single and married groups in this same ratio (26.45 to 
73.55) ; similarly, we should expect the 1,285 spending units which 
are classed as zero or negative savers to be divided between single 
and married groups in the same ratio. Applying this ratio to each 
of the column totals we have the expected frequencies that are 
given in Table 15-2. 

The cell frequencies given in Table 15-2 have been computed to 
reflect the proportions that would be found in a population in 
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TABLE 15>2 


Theoretical Frequencies 

Two-Way Classification of 3,327 Spending Units on the Hypothesis 
that the Principles of Classification are independent 


Spending units 
headed by 

No. of positive 
savers 

No. of zero savers 
plus no. of negative 
savers 

Total 

Single persons 

540.1 

339.9 

880 

Married persons 

1,501.9 

945.1 

2,447 

Total 

2,042 

1,285 

3,327 


which marital status and saving (or nonsaving) are unrelated. 
Since they correspond to assumed population proportions, they 
are unaffected by sampling fluctuations. The observed cell fre- 
quencies given in Table 15-1 differ from the expected, or theoretical, 
frequencies given in Table 15-2. These differences may be due 
merely to the chance fluctuations that would affect any finite 
sample; they may, on the other hand, be due to the presence of a 
real connection between saving tendencies and marital status. In 
other words, the hypothesis of independence may be false. The 
problem before us is to determine whether the differences between 
observed and theoretical cell frequencies are attributable to the 
play of chance, or whether they are too great to be attributed to 
chance. In the latter case, the hypothesis of independence must be 
rejected. Our task, then, is to evaluate these differences. 

x^: a Measure of Discrepancies between Observed and Theo- 
retical Frequencies. The magnitude, in the aggregate, of the 
differences between the two sets of cell frequencies that appear in 
Tables 15-1 and 15-2 might be defined in various ways. The quantity 
we shall here employ is derived by squaring the difference between 
the members of each pair of observed and theoretical frequencies, 
dividing each of these squared values by the corresponding ex- 
pected theoretical frequency, and adding the quotients. The 
quantity thus obtained was called chi-square by Karl Pearson, who 
first made use of this measure ; it is represented by the symbol x*. 
If we use fo for an observed class or cell frequency, and / for an 
expected or theoretical frequency, we may write 


(15.1) 


NOTAHOPI 


Sli 

In the present example, using the observed and theoretical ref- 
quencies given in Tables 15«1 and X6-2, we have 

, _ (490-540.1)« , (390-339.9)« , (1552-1501.9)* . (895-945.1)* 
540.1 ■*" 339.9 1501.9 945Jr~ 

« 4.6473 + 7.3846 -h 1.6712 -f 2.6558 

= 16.3589 

It is apparent that x* will be zero if observed and theoretical 
frequencies are identical throughout. The greater the discrepancies 
between observation and expectation, the larger will x* be. Its 
upper limit is infinity. In evaluating the observed x* (for which we 
may use the symbol xS) we must determine whether it is of a 
magnitude that chance might bring about, or whether it is too 
great to be attributed to the play of random factors. To do this we 
must know how x* is distributed when, in fact, chance alone is 
operative in bringing about differences between expectation and 
observation. Having this information we shall be able to appraise 
the values of x^ obtained in any specific case. 

Notation. The following symbols are introduced in this chapter: 
X^: a measure of the aggregate discrepancy between 
observed and theoretical frequencies; more gen- 
erally, a quantity equal to the sum of the squares 
of n independent normal variates, each having 
zero mean and unit standard deviation 
xl: an observed value of x* 

xj: an observed value of x^ after the application of 
Yates’ correction 

^*01} etc.: percentile values of a x* distribution 
/o, /o- observed frequencies 
/, theoretical or expected frequencies 
n': the number of components of a particular xS; the 
number of cells or classes in which /o and / are 
compared 

k: the number of linear constraints involved in the 
derivation of a particular xl 

n{^ k): the number of degrees of freedom entering into the 

calculation of a particular Xo 
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Empirical Determination of a Distribution. For present pur- 
poses, we shall first derive from empirical data an approximation 
to the distribution of x® that is needed for testing the quantity 
(16.3589) obtained from the frequencies given in Tables 15-1 and 
15-2. We shall then discuss the x^ distribution in more general 
terms, and give further illustrations of the uses of this instrument. 

In an earlier section (see p. 149) we presented some results from 
Weldon, derived from 4,096 throws of 12 dice, (a 4, 5, or 6 spot 
obtained with a single die being counted a success, a 1, 2, or 3 spot 
a failure). If we may assume that there are no differences among 
the 12 dice used by Weldon, and that each is flawless, we may 
obtain from Weldon’s results a distribution of x^ that is relevant 
to the test we wish to make. For in using Weldon’s results we have 
a set of observed frequencies, we can determine with precision 
corresponding theoretical frequencies, and on the assumption that 
the dice were flawless we may attribute the divergence of observed 
from theoretical frequencies solely to the play of chance. We may 
thus derive the relative frequencies with which different values of 
X^ will occur, when chance alone is operative."* 

When 12 dice arc thrown, a 4, 5, or 6 spot on a single die being 
counted as a success, the ‘‘expected” number of successes on each 
throw (the most likely outcome) is 6. A deviation from 6 represents 
a discrepancy between expectation and observation. From the 
result of each throw of 12 dice a value of may be computed. 
Thus, a given throw yields 2 successes and 10 failures. The 2 
successes represent a deviation of 4 from the expected value of 6; 
the 10 failures represent a deviation of 4 from the expected value 
of 6. (In such an experiment as this there are two components of 
each value of x^, even though when one component is given the 
other is necessarily determined. For the sum of successes and 
failures must be 12 on each throw.) Substituting these specific 
values in formula 15.1, we have 


v2 _ (2_-- . uo - 6)2 

^ “ 6 6 


= 5.333 


On another trial, with 7 successes and 5 failures, we ha’ve 


(7 - 6)2 (5 - 6)2 

6 6 


.333 


• If Weldon’s dice were not flawless, jind if there w'ere in fact dilTerenccs among them, 
the approMmation to th<‘ desired distrihiition of x® would be impaired But we shall 
take account of this when w'e set our empirical results ugaiiisi theoretical models. 
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On still another trial, giving 6 successes and 6 failures, we have 


v2 _ . (6 r_A)* » n 


The 4,096 throws thus yield 4,096 values of x-. Tabulating these 
with respect to the frequency of occurrence of stated values, we 
obtain the distribution given in Table 15-3. 


TABLE 15>3 

Tabulation of 4,096 Observed Values of X^ (n = 1) 
(Weldon dato) 


Value* of X* 

(measuring deviation of 
observation from expec- 
tancy in dice-throwing 
experiment) 

Frequency of 
ocTurreiice 
(absolute) 


Frequency of 
occurrence 
(relative) 

0 to 833 

2,526 


6167 

.833 to 2 167 

966 


.2358 

2.167 to 4.167 

455 


Mil 

4.167 to 6.667 

131 


0320 

Over 6 . 667 

18 


.0044 

Total 

4,096 


1 0000 


• The 4,096 values of x* tabulated here constitute a diserete H(‘rie8. The conditions of 
the experiment are such that the 4,096 observations on x’* are distributed among 
only seven values, ranging from 0 to 12 In order that the observed frequencies of 
occurrence of stated values of X® may be compared (in a later table*) with theoretical 
frequencies, an uneven class-interval is employed abovi* Class limits are taken raid- 
way between successive values at \^hlch the actual observations fall (The decimal 
fractions used in the table do not define these limits with full accuracy.) We should 
note that the restriction of the maximum value of x* to 12 in this illustration is a 
characteristic of the particular example employed. If more dice than 12 were thrown 
each time, but with all other conditions unchanged, the maximum value of x® would 
be higher, and the approximation would be closer. 


This table gives us information as to the nature of the dis- 
crepancies between theoretical norms and actual results that 
chance may bring about. For deviations from the expected fre- 
quency of successes, 6, may be attributed to the mass of undiffer- 
entiated causes we call chance. The magnitude of x^ varies, of 
course, with the degree of deviation. Values of x^ not exceeding 
.833 are most frequent. Higher values of x^ occur with decreasing 
frequency. Only 18 out of 4,096 observed values of x^ exceed 6.667. 
This distribution furnishes us, therefore, with a standard of 
reference to employ when seeking to determine whether a given 
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discrepancy between theoretical and observed values is attributable 
to chance, or whether it is too great to be so explained. 

This use of the table, as an instrument for determining the 
probability that given discrepancies between theory and observa- 
tion are attributable to the play of chance, is facilitated by a 
somewhat different arrangement. We may set up a table of 
cumulative values, based upon the tabulation of the 4,096 values 
of X® obtained in the preceding experiment. These are given in 
Table 15-4. 


TABLE 15-4 

Cumulative Relative Frequencies of Occurrence of 4,096 Observed 
Values of with Corresponding Theoretical Frequencies (n = 1 ) 


( 1 ) 

Value of X* 
(cumulative deviation 
of observation 
from expectancy) 

0 or more 
.833 or more 
2.1C7 or more 
4 107 or more 
0.007 or more 


(2) 

lUdative frequency 
of occurrence 
(Weldon data) 

1 0000 
3833 
. 1475 
0304 
.0044 


(3) 

Relative frequency 
of occurrence 
(theoretical) 

1.0000 

.3613 

.1411 

.0412 

.0098 


The entries in column (2) of this table indicate that in the 
experiment involving 4,096 throws of dice, a value of of 6.667 
or more occurs less frequently than 1 time out of 100 (only 44 
times out of 10,000, in fact). A value as great as 4.167, however, 
occurred more frequently than 3 times out of 100. If we interpret 
these relative frequencies as probabilities, we may obtain from 
such a table a knowledge of the probabilities corresponding to 
stated values of x^ Here is the instrument we desire, in seeking to 
determine whether given observations conform closely enough to 
expectations based on theory, or on working hypotheses we wish 
to test. 

A Test of Independence. With this distribution before us we 
turn to the appraisal of the results obtained in the study of the 
marital status and saving behavior of the heads of spending units. 
The degree of divergence between observed cell frequencies shown 
in Table 15-1 and the corresponding cell frequencies shown in 
Table 15-2, which were derived on the assumption that marital 
status had no relation to saving or nonsaving, is measured by a x^ 
of 16.3589. Could merely random deviations of observed frequencies 
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from assumed (hypothetical) frequencies account for an aggregate 
divergence as great as this? Using the standard provided by the 
relative frequencies given in column (2) of Table 15-4 the answer 
must be no. For these relative frequencies indicate that in only 44 
cases out of 10,000 would chance factors yield a value of x* as great 
as 6.667, or greater. The value we have obtained — 16.3589 — is 
so improbable, on the assumption that chance alone is operative, 
that we must rule out that assumption. The hypothesis that the 
two principles of classification used in Table 15-1 are independent 
must be rejected. The observations recorded in that table provide 
strong evidence that saving behavior is related to marital status. 
Positive saving by single persons is less frequent and positive 
saving by married persons is more frequent than would be expected 
on the hypothesis of independence. 

For purposes of demonstration the distribution of x® given in 
column (2) of Table 15-4 has been built up empirically, from 
Weldon\s data. But this distribution, which is subject to errors 
arising out of flaws in Weldon's dice, to the chance fluctuations 
that affect any finite sample, and to specific discontinuities arising 
from the nature of the dice-tossing procedure, is only an approx- 
imation to the one we desire. The entries in column (3) of Table 
15-4 arc free of these limitations. These record the frequencies with 
which values of falling within the limits indicated in column (1) 
might be expected to occur, on the basis of theory, under the 
conditions of the present experiment.^ These entries provide the 
standard to be employed in determining the significance of the 
discrepancies between observation and expectation that are found 
in Tables 15-1 and 15-2. The conclusion we would reach on the 
basis of the entries in column (3) of Table 15-4 is the same as that 
based on the entries in column (2). (The approximation given by 
Weldon's results is, indeed, fairly close to the true theoretical 
frequencies.) 

* The theoretical values are from Yule and Kendall, Ref. 109. The entries in column (3) 
are not, in fact, true frequencies exactly relevant to the oUserved frequencies in 
Table 15-1. For the observed frequencies from which any value of x® must be computed 
are integers; X* is thus a discrete variable with a discontinuous distribution. But when 
the number of values that X’ might take is large, such a discontinuous distribution 
approaches a smooth curve. The theoretical relative frequencies that would be obtained 
from the appropnate discontinuous distribution may then be closely approximated by 
relative frequencies obtained from a smooth distribution function. This is what has 
been done in deriving the entries given in column (3) of Table 15-4, and in subsequent 
tables of the x* distribution. 
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Comments on the Example and the Test 

Before discussing the general nature of we shall briefly note 

certain conditions characterizing the data cited above and the 

procedures employed in making the test. 

1. The data define absolute not relative frequencies. 

2. The total number of observations is large; the theoretical 
frequency in each of the four individual cells (Table 15-2) is 
large. 

3. The individual observations making up the sample are independ- 
ent. The drawings by which we have obtained the entries in the 
various cells have been random operations. 

4. No assumption is made concerning the distribution of members 
of the population of which our 3,327 observations constitute a 
sample. In particular, we should note that we make no assump- 
tion that the parent population is normally distributed. 

5. The quantity for the particular example cited, is derived 

with 1 degree of freedom. If we use n to designate degrees of 
freedom, n' the number of components of is the number 

of cells in this instance), and k the number of independent re- 
strictions or constraints placed upon the freedom of observed 
and expected frequencies to vary, we may write 

n — n' — k 

In the present instance is derived from the entries in 4 cells 
of Tables 15-1 and 15-2; n' = 4. But the observed and expected 
frequencies are made to agree in three independent respects: 
(1) N la the same in the two cases. (2) The subtotals or marginal 
frequencies in the right-hand column of Table 15-2 are made to 
agree with those in the right-hand column of Table 15-1. 
Although both the subtotals in the second table agree with those 
in the first, this agreement represents only 1 independent 
constraint, since both subtotals are fixed as soon as 1 subtotal 
and N are defined. (3) The subtotals in the bottom row of 
Tables 15-2 and 15-1 are made to agree. Here, again, this agree- 
ment represents only 1 independent constraint, since N has 
already been defined. 

The effect of fixing N and both sets of subtotals is to leave 
only one degree of freedom for the cell frequencies, /o and /, to 
differ. That is, 

n = 4 — 3 = 1 
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We may express this condition in another way by saying that, 
given the equality of subtotals in Tables 15-1 and 15-2, we are 
free arbitrarily to specify frequencies in 1 of the 4 cells. For as 
soon as 1 is set, the other 3 cell frequencies may be derived by 
subtraction from the subtotals of rows and columns. 

The reader should note that the values of in Table 15-3, 
the distribution of which provided the standard used in testing 
the significance of the observed (16.3589), were also derived 
with 1 degree of freedom. Although there were two components 
of each of the values of x^ derived from Weldon’s data (see 
p. 516), one of these components (say the numl)er of failures) 
was determined as soon as the other (the number of su(;cesses) 


was given. 

As will appear in the later discussion, the form of the x® 
distribution varies with changes in the degrees of freedom 
entering into the calculation of x^. In testing a given observed 
value of x^ for significance, the test must of course be made with 
reference to the theoretical distribution of x^ having the same 
degrees of freedom as the observed x^. 

The X2 distribution with n = 5. That the distribution of X^ varies as n 
varies is a fact of central importance in the application of tlie X-* test. It 
will be useful at this point to note the kind of distribution obtained when 
n is, say, 5, instead of 1 as in the preceding example. Consider the outcome 
of a throw of 24 dice, account being taken of the fniiiucMicy of occurrence 
of each possible result (i.e., the appearance of a 1, 2, 3, 4, 5, or 0 spot). 
When 24 dice are thrown the “expected” frequencies are 4 one* spots, 4 two 
spots; 4 three spots, etc. In a given throw we obtain the following results: 


Number of spots 

1 2 3 4 5 6 

Observed frequency 2 5 6 4 4 3 

Expected frequency 4 4 4 4 4 4 

For the results of this throw the value of Chi-s(iuare would be given by 
2 - . (5 - 4)=-' (6 - 4)2 (4 - 4)2 (4 - 4)^ 

X 4' 4~^4"^4 ~^4 


This quantity has 6 components. However, as soon a& five are given the 
sixth is determined, since the total number of events is fixed at 24. There 
are, then, 5 degrees of freedom in the calculation of X^ in this experiment. 

If the 24 dice were thrown 1,000 times, we should have 1 ,000 values of X*. 
A distribution of these could be constructed, similar to that derived 
empirically for the case in which there was 1 degree of freedom. It would be 
a different distribution, however, for the change in degrees of freedom has 
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an obvious reiation to the magnitude of The cbaract^ of the distribution 
of the values of that would be obtained in sueh an experiment is indicated 
by the entries in Table 15-5, We do not here give empirical values, as in 
the preceding example. The table shows the theoretical frequencies with 
which given values of x* occur, when 5 degrees of freedom prevail. 

TABLE 15-5 

Tabulation of X^ G)mputed with 5 Degrees of Freedom* 


Value of X* 

Relative frequency of occurrence 
(thcioretical) 

Oto 0.999 

0374 

1 to 1.999 

1135 

2 to 2.999 

1401 

3 to 3.999 

1506 

4 to 4.999 

1335 

5 to 5.999 

1097 

6 to 6.999 

0856 

7 to 7.999 

0644 

8 to 8.999 

.0471 

9 to 9 999 

0339 

10 to 10.999 

0238 

J] to 11.999 

.0166 

12 or more 

.0348 


* From the table i)repar<'d by W. P. Elderton, and given in Pearson, Tables for Statist 
ticians and IhometrimanH 


The Distribution: Some General Characteristics 

A basic measure with which we have worked in the preceding 
example is /o — /, the difference between an observed frequency in 
a given cell or class and a corresponding theoretical frequency 
derived from some rational hypothesis. It will be convenient to use 
the symbol x for the quantity /o — /. We may conceive of a samp- 
ling process, analogous to Weldon's dice throwing, that gives us, 
with each trial, a measure of /o for each of two classes or cells. 
Given theoretical frequencies/ with which to compare the observed 
frequencies /o, we may obtain from each trial a measure of the 
variable x, for each of 2 cells. K the hypothesis from which we 
obtained the theoretical /’s is in fact true, the values of /o that we 
get from repeated sampling operations will, in each cell, be nor- 
mally distributed about / for that cell.® This means that x will be 

* For in specifying / as the expected frequency in a given cell we are saying that, in 
drawing a sample of size N from a stated population, the probability that a given 
Individual will fall in that cell is//A^. The probability that a given individual will 
not fall in that cell is {N -~f)/N, or I — (f/N). But these are the conditions that 
yield a binomial distribution. When the total N is fairly large, and when f/N is not 
very email, such a distribution will very closely approximate the normal. 
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normally distributed about a mean of zero. We shall have such a 
variable x for each of the 2 cells of the table we have constructed. 
But since one of these variables will be dependent on the other 
(for each trial the number of “failures'^ will equal N less the 
number of ‘‘successes”), there will in this two-category case be 
one independent and normally distributed variable. 

In the more general situation, we shall have such a random 
variable x for each of the n' cells of the contingency table. Not all 
of these will be independent, because of the constraints introduced. 
But if there are n degrees of freedom there will be n independent 
and normally distributed random variables x. It may be shown 
that the sum of n such independent normal variates will be dis- 
tributed normally. However, before we added the random variables 
x that measure the difference between observed and theoretical 
frequencies in the various cells, these variables were squared. The 
distribution of the sum of the squares of a number of independent 
normal variates will not be normal; when the squares of n such 
variates (each with zero mean and unit standard deviation) are 
added, the distribution of the sum follows the distinctive and 
important form.® 

We have discussed above the form of the distribution of x* in 
a single case, when n = 1. But the x^ distribution, like that of t, 
consists of many distributions, varying as n varies. If we are to 

® Th(! Btatcment in the pnMM’diiig footnote may be here carried forwaid, to illuminate 
the present point 

The (•xj)ccted frequency /, which is the divisoi in formula 15 1 for x*, is, for “huc- 
cesses,” equivalent to iW p, the mean of a binomial distribution For//A^ = p, and the 
product Xp = N{f/N) = f For “failures, ” of which the probability is f/(= I — p) 
the theoretical frequency / is equal to N<j. It may be diown that for such a two- 
Categiiry case the tw'o components of for which the divisors (the expected values) 
are Np and Nq, may be combined to give an equation of the type 

Npq 

The numerator of the right-hand member of this equation is the square ol a normally 
distributed variate with mean zero, the denominator is the square of the standard 
deviation of this variate (The quantity V Npq is, of course, the standard deviation 
of a binomial distribution for which p is the probability of a success, q the i>robability 
of a failure, and N is the number of independent events in a trial. We are here assuming 
that the theoretical cell frequencies arc sufficiently large so that the binoimal distri- 
bution may for practical purposes be regarded as normal). Hence the right/-hnnd mem- 
ber as a w'hole is the square of a normal variate with mean zero and unit standard 
deviation. If N is large, this quantity has the x* distrifiution with 1 degree of freedom. 

In the extension of the* argument to the more general situation, involving more 
than two categories, probabilities are determined from the multinomial distribution. 
The general expression for the distribution of X* is derived from the latbfr. 
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have an instrument suitable for wide application, we must have 
knowledge of the sampling distribution of x* under varied condi- 
tions. This distribution may be described in mathematical terms, 
by means of a frequency function that defines the relative frequency 
with which specified values of y} will occur for any given value of 
n? These relative frequencies, interpreted as probabilities, enable 
the investigator to evaluate an observed y}. The equation is, 
however, a somewliat complex one. Alternative and far simpler 
means of applying the y} test are provided by prepared tables, 
giving critical values of y} (i.e., values corresponding to probabil- 
ities of 0.9.'), 0.99, etc.) for varying degrees of freedom. For purposes 
of substantive research, these tables give all the information needed 
concerning the distribution of y}. 

Before turning to the use of such tables, it will be helpful to 
consider the changes that occur in the character of the y} dis- 
tribution as n varies. As we have seen, y} ranges between zero and 
infinity, but the manner in which x^ is distributed between these 
two limits varies widely, with variations in the degrees of freedom. 
This variation is clearly revealed in Fig. 15.1, showing frequency 
curves for distributions corresponding to n’s of 2, 3, 5, and 6. For 
n = 2 the frecjuency curve decreases steadily. The other curves 
charted have clearly defined maximum values (in each case at a 
value of x^ c(|ual to n — 2). The curves show a fairly rapid ap- 
proach to symmetry as n increases. The x^ distribution tends, 
indeed, to normality as n tends to infinity — a point to which we 
shall refer again shortly. 

Certain other attributes of the x^ distribution may be noted. 
For any stated number {n) of degrees of freedom, the mean value 
of the X“ distribution will equal that number; i.e., M = n. The 
moments about the mean will be given by 

— 2n 
= Sa 

IJL4 — 48a H- \2n^ 

Thus the standard deviation will equal \/2n. The mode, as we have 

^ This fro(|UPncy function may 1)0 w niton 


ij 



1 

2«/'2 


(X2) 


-XV2 

e 


where n is the number of degrees of freedom. 
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Scale of X* 

FIG. 15.1. Frequency Curves Showing Distribution 
of X* for 71 * 2, 3, 5, 6. 

indicated, will equal n — 2. From the indicated values of mean, 
mode, and standard deviation it follows that the skewness of a x® 
distribution will be measured by \/2/n, (This is Pearson^s measure 
of skewness {M — Mo)/<r.) These measures relate, of course, to the 
theoretical distributions that arc represented by smooth curves 
such as those plotted in Fig. 15.1. 

On the Application of the Test 

The Use of Tabulated PercentUe Values of x’^. In the example 
of a x^ test cited on preceding pages we merely noted that the 
observed value of x* was so great, when set against the relevant x* 
distribution, that the hypothesis we were testing could not be 
accepted. If the hypothesis (of independence) had been in fact true, 
the play of chance could not have brought about so great a value 
of X*. In formal testing we should, however, establish in advance a 
precise standard for use in accepting or rejecting hypotheses. This 
involves the selection of a significance level and the determination 
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of a critical value of corresponding to this chosen level of 
significance. As in other tests of significance, the usual levels are 
0.01 or 0.05, although other standards may be deemed appropriate 
at times. In the making of such tests, therefore, we do not usually 
require knowledge of the full distribution of We need to know 
certain critical values of x^, corresponding to specified significance 
levels, and we need these for varying values of n. Our needs are 
met by such a tabulation of selected values as is given in Table 
15-6, and in Appendix Table VI. 

TABLE 15-6 

Selected Percentile Values of the Distribution'^ 


n 

X*oi 


XV 

XV 

XV 


1 

.000157 

003' »3 

455 

2.706 

3.841 

6.635 

2 

.0201 

103 

1 386 

4 605 

5.991 

9 210 

3 

.115 

352 

2.366 

6.251 

7 815 

11 341 

4 

.297 

711 

3.357 

7.779 

9.488 

13 277 

5 

.554 

1.145 

4 351 

9.236 

11.070 

15.086 

6 

.872 

1.635 

5 348 

10.645 

12.592 

16.812 

7 

1.239 

2 167 

6 346 

12.017 

14 067 

18.475 

8 

l.64() 

2 733 

7 344 

13 362 

15.507 

20 090 

9 

2.088 

3.325 

8.343 

14.684 

16.919 

21 666 

10 

2 558 

3.940 

9.342 

15 987 

18 307 

23 209 

11 

3.053 

4.575 

10.341 

17.275 

19 075 

24 725 

12 

3.571 

5.226 

11 340 

18 549 

21 026 

26.217 

13 

4 107 

5.892 

12 340 

19 812 

22.362 

27.688 

14 

4.660 

6.671 

13.339 

21 064 

23 685 

29.141 

15 

5.229 

7.261 

14 339 

22.307 

24.996 

30 578 

16 

5.812 

7.962 

15 338 

23.542 

26.296 

32.000 

17 

6.408 

8 672 

16 338 

24 769 

27.587 

33 409 

18 

7.015 

9 390 

17.338 

25 989 

28.869 

34.805 

19 

7.633 

10.117 

18.338 

27.204 

30 144 

36. 191 

20 

8 260 

10 851 

19.337 

28 412 

31.410 

37.566 

2J 

8.897 

11.591 

20.337 

29.615 

32 671 

38.932 

22 

9.542 

12.338 

21.337 

30.813 

33.924 

40.289 

23 

10 196 

13 091 

22 337 

32.007 

35.172 

41.638 

24 

10.856 

13.848 

22.337 

33.196 

36 415 

42.980 

25 

11.524 

14.611 

24.337 

34.382 

37.652 

44.314 

26 

12.198 

15.379 

25.336 

35 563 

;18.885 

45.642 

27 

12.879 

16.151 

26 336 

36.741 

40.113 

46.96:1 

28 

13.565 

16.928 

27.336 

37.916 

41.337 

48.278 

29 

14.256 

17.708 

28.336 

39.087 

42 557 

49.588 

30 

14.953 

18.493 

29.336 

40.256 

43.773 

50.892 


Hiis table is reproduced here through the courtesy of R A. Fisher and his publishers, 
Oliver and Boyd, of EtRnburgh. The entries are taken from Table III of StcUidiceU 
Methods for Research Workers. Column headings are here given as x* percentile^ 
which correspond to the probability headings given by Fisher. The present table is 
an abridgment of the original. 
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The subscripts used in the headings of the several columns 
indicate percentile values. Thus when we find under x*oi in the line 
n — 5 a value 0.554, it means that 1 percent of the total area 
under the curve defining the distribution of x® with 5 degrees of 
freedom will fall to the left of an ordinate erected at 0.554 on the 
horizontal scale, which is the scale on which x^ values are recorded. 
The value of x?o6 for n = 5 is 1.145; 5 percent of the area under 
the curve will lie to the left of an ordinate erected at this point. 
The 95th percentile, again with 5 degrees of freedom, is 11.070; 
95 percent of the area under the curve will lie to the left of an 
ordinate at this point, and 5 percent of the area will lie to the right. 
Since these proportionate areas correspond to probabilities, this 
last statement may be put in this form: With 5 degrees of freedom, 
the probability that a random value of x* from this distribution 
will equal or exceed 11.070 is 5 out of 100. Figure 15.2 shows the 
relation of the area of rejection (shown in black) to the total area 
under the curve for a significance level of 0.05, witli n = 5. 



FIG. 15.2. Distribution of x* for n — 5, with 
Area of Rejection at .05 Level. 


In applying the test in a given case we set the observed value, 
Xo, against the percentile value that corresponds to the chosen 
significance level, say If Xo is less than x? 9 b, we conclude that 
the observations are not inconsistent with the hypothesis being 
tested, which we therefore accept. If xS is greater than x?b», we 
reject the hypothesis. For if the hypothesis should in fact be true, 
chance would bring about such an observed value of x* only 1 time 
in 100, or less frequently. Given the alternatives of rejecting, or 
assuming that this rare event has occurred, we prefer to reject the 
hypothesis. As usually applied, this is a one-tailed test. We are 
asking whether the discrepancy between observation and expecta- 
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tion is too great to be attributed to chance, and are hence concerned 
with probabilities represented by the upper tail of the x* distribu- 
tion. However, as R. A. Fisher has pointed out, suspicion may 
attach to very low values of x*. Thus if xS were smaller than x*oi we 
should have a closeness of agreement between observation and 
expectation that would be expected, in terms of probabilities, less 
frequently than 1 time in 100. Such virtual coincidence of observed 
and theoretical values might occur as a result of chance, but this 
is so unlikely that we should look for other explanations. The 
situation suggests an artificial forcing of agreement between 
hypothesis and observation, such as wc might get if the hypothesis 
were derived from the observations that are used to test the 
hypothesis. This would, of course, be logically fallacious. 

The X* teet when n exceeds 30. The selected values of x^ in Table 
15-6 relate only to distributions for which n is between 1 and 30. 
For tests involving values of n greater than 30 use is made of the 
fact that the distribution of the quantity \/2x^ approximates the 
normal distribution when n is not small.® For n of 30 or more the 
approximation i s acc eptably close. The mean of the distribution 
of \/2x^ is \/2n — 1, and the standard deviation is equal to_l. 
Thus the application of a test is simple, for the deviation of \/2x* 
from \/2w — 1 may be interpreted as a normal deviate with unit 
standard deviation. That is 

T = - y/2n - 1 (15.2) 

As an example of such a test, consider a comparison of observed 
and expected frequencies in a situation in which there are 41 
degrees of freedom. Let us assume that the observed x^ is 72. We 
then have 


T = V2 X 72 - \/(2 X 41) - 1 = 12 - 9 
= 3 

The chance of a deviation of three standard deviations from the 
mean of a normal distribution is so small that we must reject this 
possibility. We conclude that the divergence of observed from 


* We have already noted that the distribution of x* tends to normality as n increases. 
However, R. A. Fisher has shown that this tendency is more pronounced for the 
quantity V' 2x* than it is for x*; thus for a stated value of n we get a better approx- 
imation to normality by using the distribution of the former quantity. 
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expected frequencies in the present instance is too great to be 
attributed to random factors. 

The X* test is applicable to a considerable variety of problems. 
Whenever, on rational grounds, a set of theoretical frequencies 
may be derived, for comparison with observed frequencies, this 
test is appropriate in judging of the significance of discrepancies 
between the two sets of frequencies. In customary uses of the test 
theoretical frequencies may be derived on the hypothesis that two 
principles of classification, applied to the same individual entities, 
are independent of one another ; on the hypothesis that a series of 
observations, grouped in sets or subsets, are homogeneous in 
respect of certain definable characteristics (i.e., that the observa- 
tions relate in fact to entities drawn from the same parent popu- 
lation) ; on the hypothesis that sample data making up a given 
frequency distribution are drawn from a population definable by 
a certain ideal frequency curve. The tests applied in dealing with 
problems of the three types are termed tests of independence, tests 
of homogeneity, and tests of goodness of fit. 

A test of independence has been illustrated by the example with 
which this chapter opened (see Tables 15-1 and 15-2). This was a 
special case in that we used a 2 X 2 table, containing 4 cells, and 
the problem involved only 1 degree of freedom. The principles of 
classification might have given us more columns than 2, more rows 
than 2, and more cells than 4. However, the procedures employed 
with the larger number of cells would have been the same, except 
for the use of a difi'erent value of n in applying the test. The 
general relationship from which we may determine n when a test 
of independence is to be based upon a contingency table containing 
T rows and c columns is given by = (r — l)(c — 1). 

A Test of Homogeneity. The Internal Revenue Service has 
summarized income tax returns received for the year 1951 from 
9,036 corporations actively engaged in mining and quarrying. Of 
these, 4,966 reported net income for that year, while 4,070 reported 
no net income. That is, approximately 55 percent showed profit 
for the year, 45 percent showed deficits. Corporations in the major 
group classed as mining and quarrying are subdivided into five 
minor groups — metal mining, anthracite mining, bituminous coal 
and lignite mining, crude petroleum and natural gas production, 
and nonmetallic mining and quarrying. This question arises; May 
the 9,036 mining and quarrying corporations be regarded as coming 
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from a single population that is homogeneous with respect to the 
profitability of operations in 1951, or does the division of corpora- 
tions into those earning net incomes and those suffering deficits 
vary significantly from group to group? Data bearing on this 
question appear in Table 15-7. 


TABLE 15-7 

Classification of Income Tax Returns for the Year 1951 for Five Classes 
of Corporations Engaged in Mining and Quarrying, Showing Number 
Reporting Net Income and Number Reporting No Net Income* 


Industrial group 

Number of 
returns showing 
net income 

Number of 
returns showing 
no net income 

Total number 
of returiiH 

Metal mining 

22G 

667 

893 

Anthracite mining 

114 

117 

231 

Bituminous coal 

and lignite mining 

912 

901 

1,813 

Crude petroleum and 

natural gae production 

2,430 

1,704 

4,140 

Nonmetallic mining 

and quarrying 

1,278 

081 

1,959 

Total 

4,966 

4,070 

9,036 


• Source: Preliminary Report; Statistira of Income for 1951, Pari 2, ('orporaUon Income 
Tax Retarm, Internal Revenue Service, U. 8, Treasury Department, 1954. For 
definition of terms, see this report. 


Of the broad group of corporations engaged in mining and 
quarrying, 54.90 percent showed a profit in 1951. On the hypo- 
thesis that the group, considered as a whole, is homogeneous, we 
obtain a theoretical frequency for each of the minor groups by 
taking this percentage of the total number of returns reported for 
each minor group. That is, the theoretical frequency of success for a 
given minor group is that to be expected on the assumption that the 
probability of making a profit in 1951 was, for this group, 0.5496, 
as it was for all mining and quarrying corporations. Conversely, 
the probability of failing to make a profit is taken to be 0.4504 for 
each minor group. Thus for metal mining the theoretical frequency 
for the ‘‘net income" class is given by 0.5496 X 893, which is 491; 
for the ‘‘no net income" class the theoretical frequency is 0.4504 
X 893, or 402. 
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Table 15-8 gives observed and theoretical frequencies, by groups, ' 
and outlines the operations that yield x*- As in the preceding 
example, we use the symbols /o and / for observed and theoretical 
frequencies in the “net income” classes. The same symbols, with 
prime marks, are used for the “no net income” classes. Both 
elements contribute to the final value of x®- 

TABLE 15-8 
Test of Homogeneity 

Comparison of Observed and Theoretical Frequencies, Mining and 
Quarrying Corporations Classified According to Proetability of 
Operations in 1951 


Total 

Industrial Corporations showing Corporations showing nunilier 

group net income no net income of returns 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

(7) 

(8) 


/o 

/ 

(/o-/)‘ 

/o' 

/' 

(/o' -/')» 





/ 



/' 


Metal mining 

226 

491 

143.02 

667 

402 

174.69 

893 

Anthracite mining 
Bituminous coal and 

114 

127 

1 33 

117 

104 

1.62 

231 

lignite mining 

Crude petroleum and 

912 

996 

7 08 

901 

817 

8.64 

1,813 

natural gan pro- 
duction 

2,436 

2,275 

11 39 

1,704 

1,865 

13.90 

4,140 

Nonmetallic mining 








and quarrying 

1,278 

1,077 

37 51 

681 

882 

45 81 

1,959 

Total 

4,966 

4,966 

200.33 

4,070 

4,070 

244.66 

9,036 


The discrepancy, in the aggregate, between the observed and 
theoretical frequencies given in Table 15-8 is measured by the sum 
of the totals of columns (4) and (7). Thus we have = 200.33 -f- 
244.66 = 444.99. This is derived from 10 individual entries in 
columns (4) and (7), corresponding to 10 comparisons of pairs of 
observed and theoretical frequencies. There are, however, only 4 
degrees of freedom in the computation of x*. For it is clear that as 
soon as we fill in 4 of the 10 cells for which theoretical frequencies 
are to be determined, the other 6 arc fixed, in view of the necessary 
equalit}'^ of the marginal totals. In other words, there are 6 con- 
straints, limiting the freedom of observed and theoretical fre- 
quencies to differ: The grand totals of the two sets of frequencies 
must agree; the sums of observed and theoretical frequencies in 
the ^‘net income” subdivision must be the same (there must also 
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be identity of the sums of observed and theoretical frequencies for 
the ^'no net income’* subdivision, but this is not an independent 
condition, since it follows from the equality of the two sets of 
frequencies for the “net income” subdivision and the equality of 
the grand totals) ; for each of 4 minor groups the sums of observed 
and theoretical frequencies in the “net income” and “no net in- 
come” classes must agree (this must also be true for the fifth minor 
group, but this is not an independent condition; it follows from 
the other specified conditions). Thus for the degrees of freedom 
we have 

n = w' — A; = 10 — 6 = 4 

In testing for significance we set Xo (444.99) against x^a if we are 
working with a 0.01 level of significance. For n = 4, x ^99 = 13.3. 
The observed value is much greater than this. Chance alone could 
not account for the discrepancies between observed and theoretical 
values. We must reject the hypothesis that the various classes of 
corporations engaged in mining and quarrying come from a popu- 
lation that was homogeneous in respect of profitability of operations 
in 1951. 

In making a test of homogeneity of the type illustrated, the 
investigator must bo sure that account is taken of frequencies of 
nonoccurrcnce^ as well as occurrence. If we had based the above 
test on records for corporations showing net income, and had 
omitted those showing no net income, the result would have been 
invalid. 

A Test of Goodness of Fit. When an ideal frequency curve, 
whether normal or of some other type, is fitted to an actual 
frequency distribution, theory and observation are being compared. 
A test of the concordance of the two (i.e., of goodness of fit) may 
be made by inspection, but such a test is obviously inadequate. 
Precision may be secured by employing the x^ test. The example 
in Table 15-9, relating to the distribution of telephone subscribers 
discussed in Chapter 6, illustrates the procedure. 

In such a problerh we must specify clearly the hypothesis that is 
to be tested. In the present instance we set forth, in effect, the 
following hypothesis: The sample of telephone subscribers for 
which frequencies are given in column (2) of Table 15-9 has been 
drawn from a normally distributed population of telephone sub- 
scribers having mean 476.96 and standard deviation 147.70. The 
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TABLE 15-9 

Computation of for Testing Goodness of Fit 
Normal Curve of Error Fitted to Distribution of Telephone Subscribers 


9 


(1) 

Class 

limits 

(2) 

Observed 

frequency 

/o 

(3) 

Theoretical 

frequency 

/ 

(4) 

(fo-f) 

(6) 

a.-/)* 

/ 

150 and less 

10 

13.48 

- 3.48 

.90 

150-200 

10 

10 42 

+ 2.58 

.41 

200-250 

38 

31.57 

+ 0 43 

1.31 

250-300 

50 

53.02 

- 3 02 

.17 

300-350 

05 

70.43 

+ 15.57 

3.06 

350-400 

85 

100 10 

-21 10 

4.20 

400-450 

115 

120 41 

- 11 41 

1.03 

450-500 

132 

134.31 

- 2 31 

.04 

500-550 

144 

123 75 

-b 20.25 

3.31 

550-000 

110 

108 20 

-b 7.74 

.55 

000 050 

70 

81 85 

- 2.85 

.10 

050-700 

54 

55 21 

- 1.21 

03 

700-750 

31 

33 10 

- 2.10 

.14 

750-800 

11 

17 81 

- 6.81 

2.60 

More than 800 

10 

14 10 

+ 1.81 

.23 


095 

005 00 

15 groups 

X* * 18.07 


population values of mean and standard deviation here given are 
the sample values; having no other basis for specifying these 
population parameters, we estimate them from the data of the 
sample.® That is, we impose agreement between observed and 
theoretical frequencies in these two respects. Since we also make 
2/o and 2/ identical, there are, in all, 3 independent constraints 
laid upon the observed and theoretical frequencies. Another way 
of putting this is to say that three constants A, m, and s, have been 
employed in the process of fitting the ideal curve. Since n', the 


• There is an important thooretioal dilTcrcnre between a problem of this sort, in which 
certain parameters of the hyiiothctieal distribution are estimatxjd from observations 
included in tlie sample, and one in which the theoretical distribution is completely 
specified b>' the hypothesis. In the latter ease none of the parameters need be esti- 
mated from the data (The use of totals and subtotals in calculating theoretical 
frequencies docs not involve the estimation of population parameters.) However, it 
has been established that the procedures already outlined may be employed when 
parameters are estimatod from actual observations, providijd that the number of 
degrees of freedom is reduced by one unit for each parameter estimated from the 
sample and provided, also, that the method of ma.vimum likelihood has been employed 
in estimating the parameters in question Precautions already noted concerning the 
minimum size of theoretical cell frequencies should be carefully observed. (See Fisher, 
Ref. 47, Paper 8 and Crami'ir, Ref. 23) 
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number of classes involved in the comparison, is 15, and the 
number of constraints, is 3, we have for degrees of freedom 

w n' - A; = 15 - 3 = 12 

It is appropriate to use an 0.05 level of significance in such a test 
as this. 

The derivation of x® from the general formula x® = S | (/o — /)V/} 
is shown in Table 15-9. For the observed value of chi-square we 
have Xo = 18.07. Testing for significance, we note from Table 15-6 
(or Appendix Table VI) that x® 96 , the 95th percentile value of x* 
with 12 degrees of freedom, is 21.0. Since this exceeds Xo, we 
conclude that the fit is acceptable. The aggregate deviation of 
observed frequencies from the frequencies corresponding to the 
fitted normal curve is well within the range of chance fluctuations. 
The hypothesis that the sample is drawn from a normally dis- 
tributed parent population is therefore tenable. 

One feature of Table 15-9 requires explanation. It will be noted 
that in the construction of this table the three classes at the lower 
end of the distribution have been lumped into one, and that the 
same thing has been done with the six classes at the upper end of 
the distribution (cp. Table 6-3). This is done to avoid the undue 
magnification of slight differences between the tails of the observed 
and theoretical distributions. When /, the theoretical frequency, 
is very small, a relatively slight absolute discrepancy between /o 
and / may serve to swell materially the value of x^. (See the 
statement on p. 522 on the requirement that no one of the cell 
values of f/N be very small.) A good working rule is that no 
theoretical cell frequency should be less than 10. Although this 
rule may be relaxed somewhat when the number of degrees of 
freedom is 3 or more, 5 may be regarded as the minimum acceptable 
theoretical frequency in any cell. 

The use of x® in testing the fit of theoretical frequency curves is 
subject to another rather important limitation. In the computation 
of x^ no account is taken of the manner in which discrepancies 
between /o and / are distributed. Yet the distribution of these 
discrepancies may materially influence our judgment as to the 
goodness of a given fit. In such an example as that given in Table 
15-9, the successive values of /o — /, counting from the lower limit 
of the x-scale, might be alternately positive and negative. Some- 
thing approaching this alternation would be expected if chance 
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factors alone accounted for the differences between observed and 
theoretical frequencies. But the differences might be distributed 
otherwise. All the values of /o — / below the mode might be positive, 
while all the values above the mode might be negative. The 
cumulated discrepancies, as measured by x*, might be equal in the 
two cases, yet far more confidence would attach to a fit marked by 
alternations of plus and minus deviations than to one in which a 
series of positive deviations were bunched together on the scale, 
and negative discrepancies were correspondingly clustered. This 
limitation serves as a warning against purely mechanical use of 
the y} test. Examination of the fit, and interpretation of x“ in the 
light of the actual distribution of discrepancies, are required in 
the application of this test. 

In the preceding illustration of a test of goodness of fit, two 
parameters of the hypothetical normal distribution were estimated 
from the observations. We took account of this fact by correspond- 
ing reductions in the degrees of freedom appropriate to the test. If 
the hypothesis had fully specified the distribution, without drawing 
on the sample for estimates of the population mean and standard 
deviation, this reduction would not have been necessary. In that 
case only one constraint (growing out of the equality of S/o and S/) 
would have been imposed, and we should have lost 1 degree of 
freedom, not 3. 

Yates* Correction for Continuity. We have noted that y} is a 
discrete variable; the graphic representation of its discontinuous 
distribution would be a histogram. However, in employing pre- 
pared y} tables in applying the usual test, we are using values 
derived from a smooth distribution function. What we are doing 
here is analogous to the use of a table of areas under the normal 
curve to approximate proportions that would be derived from a 
discontinuous binomial distribution. In both cases the approxima- 
tion is close, and altogether adequate, when we are dealing with 
fairly large numbers. The x*-test conditions already noted, con- 
cerning minimum values of iV and of the expected frequencies in 
individual cells, are related to the requirements of this approxima- 
tion. In the special case of a 2 X 2 contingency table the ap- 
proximation may be improved, and bias arising out of the use of 
small theoretical frequencies may be reduced, by means of a 
correction proposed by F. Yates (Ref. 196). 

The bias of this situation tends to exaggerate the true values 
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of X*. The correction involves the reduction of the deviations of 
observed from theoretical frequencies, which of course reduces the 
value of X*. The working rule for the application of the correction 
may be put in these terms: Adjust the observed frequency in each 
cell of the 2X2 table in such a way as to reduce the absolute 
deviation of the observed from the theoretical frequency for that 
cell by i; adjustments for all the cells are to be made without 
changing the marginal totals. This operation will increase /o by 
i in each of 2 cells, and will reduce /o by J in each of 2 cells. The 
correction is not applied in cases in which it would affect the 
algebraic sign of the deviation of fo from f for any one of the 4 
cells. In such a case the /o’s, being integers, are as close to the fs as 
they could be ; the aggregate of the observed deviations would not 
be significant at any level. 

The following observed and theoretical frequencies in a two-way 
classification serve as an example of a test in which Yates^ cor- 
rection may be usefully applied. 

Observed frequencies (fo) Theoretical frequencies (/) 
Total Total 


12 

18 

30 

18 

12 

30 

48 

22 

70 

42 

28 

70 

Total 60 

40 

100 

60 

40 

100 


The theoretical frequencies arc derived from the marginal sub- 
totals, as in the example given in Tabic 15-1 and 15-2. If we apply 
the X* test to the above /o’s and /’s, we obtain Xo= 7.1. Since 
X ^99 = 6.635 for the 1 degree of freedom that we have in such a 
comparison, the result of the test would be clearly significant at 
an 0.01 level. We should conclude that the results are inconsistent 
with the hypothesis that the principles of classification employed 
are independent. However, witlj N and /’s as small as they are in 
this example, the correction for continuity is appropriate. Employ- 
ing the general rule set forth above we should have the following 
adjusted /o’s: 


12.5 

17.5 

30 

47.5 

22.5 

70 

60 

40 

100 


Setting these adjusted frequencies against the theoretical frequen- 
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cies given above, we obtain xj = 6.00 (the subscript y is here used 
to indicate that Yates’ corrections have been applied in obtaining 
the given value of x^). This is smaller than x %9 for 1 degree of 
freedom. Using an 0.01 standard, we now conclude that the 
deviations of the observed from the expected frequencies are not 
clearly significant. The results are not inconsistent with the 
hypothesis of independence. Since xj is the preferred approximation 
the result of the second test is the one we should accept. 

Although Yates’ correction is particularly called for when the 
sample employed in a x^ test is small, the correction does not make 
small A^’s and /’s tolerable. Even when the corrections arc to be 
applied the theoretical frequencies in individual cells should not 
ordinarily fall below the limits suggested on p. 534. For A^’sand/’s 
of acceptable size the correction is desirable when observed 
(uncorrected) values of fall near a critical level, for acceptance 
or rejection. For quite large Y’s and /’s the correction will, of 
course, have only slight effect on the value of x^. 

Summary Notes on the Use of in Tests of Significance. 

Knowledge of the distribution of x^ provides the investigator with 
a powerful research tool. It is chiefly used in testing hypotheses 
that provide a set of theoretical frequencies, with which observed 
frequencies may be compared. Using x^ we are able to evaluate 
discrepancies between observed and theoretical frequencies, and 
thus to decide whether, on stated levels of significance, the hy- 
potheses in question are to be accepted or rejected. Since x^ is 
derived from observations, it is a statistic and not a parameter 
(there is no parameter corresponding to it). The x^ test is therefore 
termed nonpar amctric. It is one of the groat advantages of this 
test that it involves no assumptions about the form of the original 
distributions from which the observations come. 

In the preceding discussion we have noted some of the conditions 
attaching to the use of this tool. We here summarize certain of 
these, and include other relevant comments. 

1. As a test of independence of principles of classification, x^ is not 
a measure of the degree or form of relationship between such 
principles. It tells us whether two principles of classification 
are or are not significantly related, without reference to any 
assumption concerning the form of the relationship. Other 
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measures (some of which were discussed in Chapter 9) are 
needed to define degree and nature of relationship.^® 

2. In applying the x® test, the frequencies used must be absolute, 
not relative. If we know the total N to which given relative 
frequencies apply, these may of course be changed to absolute 
frequencies. (The reason for this condition is obvious: The 
significance of a given divergence of /o from / depends on the 
absolute magnitude of /. The divergence of 4 from 3 may be 
negligible, the divergence of 400 from 300, which is the same in 
relative terms, may be highly significant.) 

3. The separate observations making up the original sample should 
be independent of one another. 

4. Small theoretical frequencies in individual cells or classes are 
to be avoided. An / of 10 is regarded as adequate although 
may be acceptable when n is greater than 2; larger /’s give 
greater precision to the test. 

5. The sample size, iV, should not be small. An absolute minimum 
of 50 has been suggested by Yule and Kendall. 

6. In making a x^ test, the relevant number of degrees of freedom, 
n, is determined from the relation n = n' — k. The symbol n' 
stands for the number of components of x^ which will be equal 
to the number of cells or classes for which observed and theo- 
retical frequencies are compared. The symbol k stands for the 
number of independent linear constraints imposed in the given 
comparison. We have a constraint or restriction whenever ob- 
served and theoretical frequencies are made to agree with one 
another, in some one respect, in the operations that lead to the 
calculation of xl. Thus a constraint is imposed by the equation 
2/ = 2/o. Two constraints are independent if one does not ne- 
cessarily entail the other. A constraint is linear when the equation 
that defines it contains no powers of / or of /o above the first. 
The addition of x* values. It is one of the merits of x* as an in- 
strument of research that independently derived values of x*, 
relating to samples of similar data, may be combined by simple 
addition to make possible a better (because more comprehensive) 
test than could be made using the data of any one sample by 
itself. The sum of the x^ values thus combined will itself have a 

For a discussion of coefficients of contingency which may be used in measuring 
degree of relationship when nonquantitativc principles of classification are employed, 
see Yule and Kendall, Ref. 199. 
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X® distribution with degrees of freedom equal to the sum of the 
degrees of freedom of the separate x® values. 

We will suppose that in a period of mild business depression 
four quite independent samples have been taken of industrial 
workers. The men covered by each sample are classified two ways, 
on the basis of employment status, and according to character of 
goods (durable or nondurable) produced by the industries with 
which the men are connected. We shall thus have four groups: 
employed workers producing durable goods, employed workers 
producing nondurable goods, unemployed men who are normally 
employed in the production of durable goods, and unemployed 
men who are normally employed in the production of nondurable 
goods. There is reason to believe that the incidence of unemploy- 
ment is heaviest in industries producing durable goods. We test 
the hypothesis of independence with data from each of the four 
samples, obtaining the following results: 


Sample 

no. u X‘ 

1 1 3.75 

2 1 3.60 

3 1 2.12 

4 1 4.20 

Total 4 13.67 


Results of the tests on samples 1, 2, and 3 are nonsignificant, at 
the 0.05 level; sample 4 gives a result that is significant at the 0.05 
level, but not at the 0.01 level. But the sum, 13.67, tested with n 
equal to 4, is to be regarded as significant, whether we appraise it 
with reference to an 0.05 or an 0.01 level of significance. This 
combining of results in a single inclusive test is appropriate when 
the samples are independent, and when they may be regarded as 
drawings from the same parent population. 

When X® values are to be added, Yates' correction should not 
be applied. The addition theorem holds only for uncorrected 
constituent items. 
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CHAPTER 


The Analysis of Variance 


Preliminary Concepts 

Statistical method may be regarded as a body of techniques for 
the study of variation in nature. A systematic procedure for the 
analysis of variation (or variance), developed by R. A. Fisher, is 
capable of fruitful application to a diversity of practical problems. 
A number of the problems previously discussed, particularly those 
involving relations among variables, may be dealt with most 
effectively by the instruments Fisher has forged. 

At the heart of this procedure lies the comparison of two meas- 
ures of variation — standard deviations or, more conveniently in 
most cases, squared standard deviations (i.e., variances). We 
compare such variances to determine whether they may be 
regarded as independent estimates of the unknown variance of the 
same normal parent population. As we shall sec, the two variances 
compared may be derived in a wide variety of ways, for problems 
of different kinds, but the ultimate question is the same in all cases. 
Are the two variances compared equal, within sampling limits, or 
do they differ significantly? If the difference between them is small 
enough to be attributed to chance, we may accept them as inde- 
pendent estimates of the same population variance. Otherwise, we 
conclude that the two variances compared do not reflect the play 
of the same combinations of forces. 

Comparison of Standard Deviations: Fisher’s z. A simple 
example will indicate the nature of the test. We may compare the 
distribution of prices of a sample of 66 preferred stocks, on a stated 
day, with the distribution of prices of a sample of 66 common 
stocks, on the same day. The required values arc given in Table 
16 - 1 . 
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TABLE 16-1 

Comparison of Preferred and Common Stocks in Respect of 
Price Variation 



Degrees 

of 

freedom 

(n) 

Sum of 
squares of 
deviallon^ 
from 
mean 

Mean 

square 

deviation 

(variance) 

8* 

Standard 

deviation 

8 

Common 

logarithm 

of 

standard 
deviation 
logio « 

Natural 

logarithm 

of 

standard 

deviation 

log«s 

Common 

Btockn 

65 

99,327 28 

1,528 112 

39 09 

1.59207 

3.66590 

Preferred 

Ntockn 

(seven 

percent) 

65 

30,812.20 

474.034 

21.77 

1 33786 

3.08056 


Difference* “ 0.58534 


The estimated standard deviation of common stock prices is 39.09 
(derived, of course, with N — 1 degrees of freedom) ; that of pre- 
ferred stock prices is 21.77. We wish to know whether the difference 
is attributable to sampling fluctuations. On an earlier page (222) 
we discussed a test of the difference between standard deviations, 
employing a procedure that is accurate only for large samples. The 
test now to be discussed is more precise and more general, being 
applicable to small as well as to large samples. We first determine 
the coefficient 2 , the difference between the natural logarithms of 
the two standard deviations. That is, 

z = log^si - logeS 2 (16.1) 

It is to be noted that natural logarithms are to be employed. 
Common logarithms on the base 10 may be shifted readily to 
natural logarithms on the base e (2.71828) by using the factor 
2.3026 as a multiplier. From the entries in the last column of 
Table 16-1 we derive 0.58534 as^the value of z. 

If common and preferred stocks were alike, with respect to the 
dispersion of their prices, and if we had sufficiently large samples 
so that sampling fluctuations did not affect the measure.^* of 
variance, the value cf z would be zero. Is the value we have derived 
consistent with the hypothesis that the true value of z is zero? 
Could sampling fluctuations alone account for a deviation as great 
as 0.58534 from a true value of zero? If the derived value of z is 
too great to be attributed to sampling fluctuations, the hypothesis 
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that common and preferred stocks are alike, with respect to the 
dispersion of their prices, is untenable. 

To determine whether the derived value of z is consistent with 
the hypothesis that its true value is zero, we must know something 
about the distribution of values of 2 , if these were computed from 
many samples drawn under the same conditions. The distribution 
of z has been defined by R. A. Fisher. Its form in a given case, 
depends on the values of rii and nz, the degrees of freedom present 
in deriving the estimated standard deviations. The distribution is 
normal, or effectively so, when the two n^s are both large, or when 
the two w’s are only moderate in size but are equal or nearly so. 
The standard deviation of a distribution of z^s secured under these 
conditions, or the standard error of 2 , is a function of the two n*s. 
It may be derived from the relationship 

'■ - V'iii + 1 ) <''>■« 

In the present example ni and th are both equal to 65; «„ the 
estimate of the standard error of 2 is equal to the square root of 
the reciprocal of 65. We have 

s, = \/0‘.bl538 = 0.124 

The test of the hypothesis that the true value of 2 is zero reduces, 
then, to the question whether a value of 0.58534 is likely to be 
drawn from a normally distributed population with a mean value 
of zero and a standard deviation of 0.124. Ninety-nine percent of 
the observations in such a normal distribution would fall between 
+ 0.319 and — 0.319, that is, between 0 -h (2.576 X 0.124) and 
0 — (2.576 X 0.124). The observed value of 2 , which is 0.58534, 
falls well beyond these limits. It could not be taken, therefore, to 
represent a chance deviation from zero, and is thus not consistent 
with the null hypothesis. The dispersion of common stock prices 
differs significantly from the dispersion of the prices of preferred 
stocks paying 7 percent dividends. 

The reader will note that we have here applied a “two-tailed 
test*’ and have therefore used 0.005 points on the two wings of the 
2 distribution. The sum of the segments of the distribution falling 
beyond these points will make up 1 percent of the total area under 
the curve, and will represent, in combination, a probability of .01. 
If we were asking, “Is the dispersion of common stock prices 
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materially greater than the dispersion of preferred stock prices?” 
we should be dealing with deviations in one direction only, and 
would use a “one-tailed test”(see above, p. 215). But in the present 
case we wish to know whether the two standard deviations differ 
significantly; a minus value of z would be as meaningful to us as 
a plus value. In such a case we take account of the possibility of a 
significant deviation in either direction. 

When the n*s differ in size, and when at least one of them is 
small, the distribution of z will not be normal. However, the dis- 
tributions of z for varying values of the n’s have been determined 
by Fisher. Tables giving z values corresponding to selected proba- 
bilities for various combinations of the n’s have been prepared for 
the use of investigators.^ Alternatively, use may be made of a 
quantity F, which is closely related to z and is somewhat more 
convenient because it involves natural numbers rather than 
logarithms. A second example will illustrate this modified procedure 
in a case in which the n’s differ considerably. 

Comparison of Variances : the Quantity F. Assume that we have 
for two cities samples of residence telephone subscribers, classified 
according to number of calls made in a given year. There are 31 
observations in the first city, 121 in the second. As relevant 
measures, we have 

Til = 30 712 = 120 

Si = 140 S2 = 120 

5? = 19,600 si = 14,400 

We here employ the variances, rather than the standard deviations. 

May Si and si be regarded as independent estimates of o-^, the 
variance of a normal parent population from which the two samples 
may be assumed to have been drawn? In using F, rather than z, 
we compare the two measures of variability by setting up a ratio 
of the two variances.^ Thus 

F = s5/s2 (16.3) 

= 19,600/14,400 = 1.36 

F would, of course, be equal to unity were the two variances equal. 
‘ See R. A. Fisher, Ref. 50, and Fisher and Yates, Ref. 51. 

* From the derivation of the two quantities it follows that F — and that z — \ log,F . 
Early work in the analysis of variance was done with reference to 2 . Use is now gen- 
erally made of the ratio of variances. G. W. Snedecor suggested that this ratio be 
symbolized by F, in honor of R. A. Fisher. 
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In the present case we are testing the hypothesis that the true 
(i.e., population) value of F is unity. Does the value 1.36 represent 
a divergence from unity that may be attributed to chance, or is it 
large enough to indicate that factors other than chance are present? 
To answer this question we must know how F is distributed, when 
chance alone is operative. 

It is clear that the limiting values of F are zero and infinity. 
The form of the F distribution between these limits depends upon 
the values of rii and 712 , the degrees of freedom present in deriving 
the estimated variances, s\ and si. There are thus many distributions 
of F, these being symmetrical distributions if the n’s are equal, 
skew if the ri’s are unequal. For n^s of 30 and 120, the values in the 
present example, the distribution of F will be skew. The proportions 
of the area below stated points on the a;-axis of the frequency curve 
defining this distribution are given in the following summary table 


F 

Percentage of area lying below 
the stated value of F 

0.4348 

0.5 

0.4738 

1.0 

0.5358 

2.5 

0.5940 

5 0 

0.GG76 

10.0 

0.8049 

25.0 

0.9833 

50.0 

1.1921 

75.0 

1.4094 

90.0 

1.5543 

95 0 

1.6899 

97.5 

1.8600 

99.0 

1.9839 

99.5 


Since we are asking whether the two variances differ significantly, 
without reference to which one is the larger or which the smaller, 
a two-tailed test is again in order. If we are to use an 0.01 standard, 
the critical values of F are 0.4348 and 1.9839. If the true value of 
F is unity, the play of chance would bring deviations beyond these 
limits only 1 time out of 100. The value of F in the comparison of 
samples of telephone users is 1.36, which is well within the 1 
percent limits. The result reveals no significant difference between 
the two variances. 

For tests of this sort we do not need all the details on the F 
distribution that are given in the above summary table. It is 

• Derived from “Tables of Percentage Points of the Inverted Beta (F) Distribution,” 
Maxine Merrington and Catherine M. Thompson, Biometricat Vol. 33, pp. 73-88. 
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enough to have, for the distribution corresponding to a given 
combination of n's, a few critical values marking off the customary 
acceptance or rejection limits. A tabulation of such values, for 
selected combinations of n*s, is given in Appendix Table VII.^ The 
entries in this table mark the points on the various distributions 
of F below which will fall 95 percent and 99 percent of the total area 
(points designated, respectively, Fm and F. 99 ). Knowledge of these 
points (or percentiles) serves the purpose of the investigator in 
most of the cases that arise in the practical analysis of variance.* 


* This tabic is taken, with permission, from Snedecor (Ref. 147). Other tables, giving a 
wider range of F values are available in Fisher and Yates (Ref. 61), and in Merrington 
and Thompson (see footnote 3) 

• F and x* are related, a fact that throws light on the nature of the F distribution. 


We have 



(a) 


where i is a random variable, normally distributed about mean zero with standard 
deviation a (see p. 523) 

But since «* = - (where n is AT — 1) 

n 

2ar* = n»* 


Hence 


X* 


ns* 


The ratio ns*/<r* has a x* distribution with n degrees of freedom. 
From (b) 


xV 

n 


(b) 


(c) 


We have seen that F is the ratio of s* to si, these two variances being regarded as 


independent esliinates of the variance of a 

the first of these estimates we may write 

single normal parent population. For 


*• ». 

(d) 

and for the second 

*5“ IF 

(e) 

For the ratio of the two 




s* „ ^ ^ 

«| ni ’ nz 


Since v* in the two expressions in the right-hand member above is the same quantity 
(the variance of a single assumed parent population), we have 


x?/ni 
“ xl/nz 


(f) 


Thus F is the ratio of two independent quantities, each having a x* distribution. 
The ratio of any two such quantities has an F distribution with n's equal to those for 
the corresponding x* quantities. 
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An Example of Variance Analytis: Interett Rofet 

The observations listed in Table 16-2 are averages of interest 
rates paid on business loans made by member banks of the Federal 
Reserve System. The rates relate to approximately 100,000 loans 
made by all classes of member banks to all classes of business 
borrowers. The survey covered loans outstanding on November 
20, 1946. The rates on the loans originally included have here been 
averaged for various classes of business borrowers, of various sizes. 
Thus the unit of observation is not the rate on a single loan but 
the average rate on a group of loans made by a business group 
having in common certain attributes of size and character of 
business.® The sample we are studying includes 100 of these groups 
of business borrowers. 


TABLE 16-2 


Average Interest Rates on Loans made by Member Banks of the 
Federal Reserve System to 1 00 Classes of Business Borrowers 
(Percent per annum) 


A 

B 

C 

A 

B 

c 

3.0 

5.1 

4 0 

2.5 

5.2 

2.7 

5.2 

4.7 

3 2 

3.7 

4.8 

2.2 

3.5 

2.6 

4.9 

1.9 

4.3 

3.0 

2.0 

3 2 

4 5 

3.3 

1.7 

4.0 

2.9 

3.7 

5 4 

2.0 

2 2 

2.8 

5.5 

3 8 

2 2 

5.4 

2.7 

1.6 

4.2 

5.1 

4.1 

2 7 

3.5 

3.9 

0.1 

4.5 

2.8 

2 1 

5.4 

5.4 

4.6 

3 2 

4 4 

2 5 

1.8 

2.4 

4.4 

2.1 

2.9 

2.2 

1.7 

3.7 

2.5 

4.9 

1.8 

4.3 

1 7 

4.6 

4.1 

3.7 

4 6 

3 3 

3.6 

2.9 

3.8 

4.5 

2.2 

4.2 

1.9 

1.9 

3.3 

4.1 

5.1 

4.0 

4,1 

4.2 

3.8 

4.3 

4.2 

5.0 

3.0 

3.8 

3.5 

3.5 

3.7 

4.9 

3.0 

1.9 

3.8 

3.3 

1.6 

3.0 



The distribution 

of 

the observations in 

Table 

16-2 is, within 


sampling limits, normal. Normality of parent populations is 
essential to the full accuracy of the methods to be discussed in this 
chapter. 


* In obtaining average rates paid by such business groups, each rate was weighted by 
tile dollar value of the loans outstanding at that rate. In averaging the group rates 
in the present test no weights were used. For the results of the original study sec 
Youngdahl (Ref.198 ). 
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Comparison of Estimates of Population Variance : Case I. Our 

first use of these observations is to illustrate the results we get 
when we employ different methods of estimating the variance of 
the population from which the observations come. By random 
methods we break the 100 observations into three classes designated 
A, B, and C, in Table 16-2. There are 34 observations in Class A, 
33 in Class B, and 33 in Class C. For each of these randomly 
selected classes we derive the following measures: 


Class 

N 

Mean 

Sum of squares of 
deviations from 




class mean 

A 

34 

3.6206 

40.6556 

B 

33 

3 5424 

41 8206 

C 

33 

3.4091 

42.4473 

Total 

100 

3.5250 

124.9235 


If the division of observations into three classes is purely random, 
as it was intended to be, the differences among the three class 
means will reflect the play of the same random factors that account 
for variation within each of the three classes. Thus there are open 
to us various ways of estimating the magnitude of variations due 
to these random factors (of estimating, that is, a or of the 
population from which the 100 observations in the full sample 
come). The variation within Class A should reflect these forces; so 
should the variation within Class B, and that within Class C. So 
also, as we have suggested, should the variation among class means. 
These are independent estimates. The variation within any one 
column is independent of the variation within other columns, and 
the variation between class means is independent of the variation 
within the several columns.^ We are not at present interested in 
differences that may exist among the “within-class” variations in 
the three classes; therefore we lump these variations to get a single 
estimate of the degree of variation in the parent population. We 
thus come down to two independent estimates, one based on the 
variation between classes, one on the variation within classes. 

Since it will be convenient to use F rather than 2 , we derive 


’ We could, of course, use a measure of variation among the 100 observations in th© 
full sample as another estimate of the population a or a’, but this would not be inde- 
I)endent of the measures of variation within classes and l>etween classes. Our present 
interest centers in variation within and between classes. 
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estimates of the population <r*, the variance. For the variance 
within classes, which we may designate s*, we have 

2 __ s um of squares of dev iations from class means 
degrees of freedom for variation within classes 


Xdl + + 2d? 


(/. - 1 ) + (/ 6 - 1 ) + (/« - 1 ) 

where the subscripts a, 6, and c, denote the classes to which the 
d’s (deviations) and the /’s (frequencies) belong. Inserting the 
appropriate values, 

124.9235 


si = 


97 


= 1.2879 


In computing the variance between classes, which we may desig- 
nate Sij we measure the deviations of the several class means from 
the grand mean of all the observations, using as weights the 
numbers of observations in the several classes. Thus 


2 _ su m of squares of (^viations of_class means fro^m grand mean 
” degrees of freedom for variation between classes 

^ [(it/g - My X fa] -f l(M, - My _X /6]_+_[(Me_ - M)^ X fcl 
number of classes — 1 

(16.5) 

_ [(3.(^6 - 3.5250)2 X 34] H- [(3.5424 - 3.5250)2 X 33] 

3 - 1 " 

[(3.4091 - 3.5250)2 ^ 33] 

" 3 - 1 

_ 0.7640 
" 2 

= 0.3820 


Since there are only three class means, there are only two degrees 
of freedom for variation between class means. The fact that class 
frequencies must be introduced as weights in the numerator does 
not affect the degrees of freedom appearing as >the denominator. 

We now have two variances, s\ and 4, which may be regarded as 
estimates of an unknown population variance, o’*. If we are correct 
in assuming that the same random factors that cause variation 
within classes are responsible for the observed differences among 
class means, then si and si will be equal, within sampling limits. 
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The hypothesis we are to test is that 
or that 




The observed ratio is 


F = -; = 1 


F = = 0.297 


1.2879 


Is this value consistent with the hypothesis that the true value of 
F is unity? The distribution of F that now concerns us is that for 
which the degrees of freedom are, respectively, 2 and 97. For these 
values F will have a skew distribution. Points on this distribution 
that are relevant to a test of significance are given below: 


F 

Percentage of area lying 
below the elated value of F 


(n, = 2; 712 = 97) 

O.OOft 

0.5 

0.01 

1.0 

0.05 

5 0 

3 09 

95.0 

4.8.3 

99.0 

5.60 

99.5 


Since 90 percent of the area under the curve defining the appro- 
priate F distribution will fall between F values of 0.05 and 3.09, it 
is clear that our observed value, 0.297, is one that might easily 
have occurred as a result of chance. The variance between classes 
is smaller than the variance within classes, but the difference is 
not significant. The results obtained are not inconsistent with the 
hypothesis that the between-classes variance, s?, and the within- 
classes variance, si, are independent and unbiased estimates of o’*, 
the variance of the population from which our 100 observations 
are drawn. 

Comparison of Estimates of Population Variance: Case II. In 

the example just cited we have deliberately sought to obtain 
random results in variation between classes. Usually this is not the 
case. A problem of this sort generally arises when we have classified 
a given set of observations on some principle that, we think, may 
reveal significant differences in behavior. Then we ask whether the 
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siN 

means of the classes set up on the basis of this principle differ moi^ 
than might be expected if chance factors alone were responsible. 
To illustrate a procedure of this sort we may employ the same set 
of interest rates employed above, classified now, however, into 
rates paid by small business borrowers, rates paid by borrowers of 
medium size, and rates paid by large business borrowers. On 
rational grounds we should expect these rates to differ; this ex- 
pectation is to be checked against the observations. Results of the 
classification are given in Table 16-3. 

TABLE 16-3 

Average Interest Rates on Loans by Member Banks of the Federal 
Reserve System, Classified by Size of Borrower 
(percent per annum) 


Hates paid by 
Small Borrowers* 

Rates paid by 
Middle-sized Borrowers t 

KaU‘s paid by 
Large Borrowers^ 

5.4 

4.5 

3 8 

3.0 

1.8 

5.1 

4.1 

3 3 

2.5 

1.9 

5.4 

4.6 

3.8 

3.3 

2.0 

5.1 

4 2 

3.5 

3 0 

1 7 

6.4 

4 4 

7 

2 7 

2.2 

4.9 

4 2 

3 3 

2.8 

1 6 

4.5 

3.7 

2.9 

2.1 

1.7 

4.9 

4.3 

3.7 

2 7 

2.2 

5 2 

4.1 

1 2 

3 0 

2.4 

4.7 

4 0 

3 2 

2.2 

1.7 

4.9 

4 1 

3 7 

2.8 

1.8 

4.5 

3.8 

2 

2 5 

2.0 

5.0 

4 2 

3 6 

2 7 

1 .9 

5 4 

4.G 

1 0 

3.3 

2.1 

5.1 

4.3 

3.5 

2.9 

2.2 

6.1 

4.4 

4 1 

2.9 

1.9 

5.2 

4 3 

3 7 

3.5 

2.6 

5.5 

4.5 

3.8 

3.0 

2.5 

3.8 

3.9 

3 2 

2.2 

1.6 

4.8 

4.0 

3 5 

3.0 

1.9 


* With total asBctH less than $50,000 
t With total aasets from $50,000 to $750,000 
t With total asHets of $750,000 or more 

The means of the rates paid, by classes, and the class A 's, are 
as follows: 

N 

Mean rate, small borrowers 5.0450 20 

Mean rate, middle-sized borroweis 3.8975 40 

Mean rate, large borrowers 2 . 3925 40 

Mean, all rates 


3.5250 


100 
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As in the preceding exaiUple we now get measures of the variance 
between classes (s?) and of variance within classes (si). The cor- 
responding degrees of freedom are Ui and ^^ 2 . The results are set 
out in Table 16-4. 

The two variances in the last column of Table 16-4 are com- 
parable measures of variation between classes and within classes. 

TABLE 16-4 

Analysis of Variance 

Interest Rates paid by Business Borrowers, classified by Size 


Variation 

Degrees of 
freedom 

Sum of 
squares 

Variance 

Between classes 

2 

103 0005 

51.530 

Within classes 

97 

22 6270 

0.233 

Total 

99 

125 6875 



We wish to determine whether the variance between the mean 
interest rates paid by different classes of business borrowers is 
significantly greater than the variance within these classes, this 
latter variance being taken to measure the play of the innumerable 
chance factors that affect interest rates paid by business borrowers. 
(When we speak of “experimental errors^’ in the following pages 
we shall be referring always to the resultants of chance factors that 
are independent of the principles of classification employed.) The 
ratio that defines the difference is 


_ sf _ 51.530 
^ ~ sl~ 0.233 


221.1 


Since we are asking whether the variance in the numerator is 
significantly greater than the variance in the denominator, we are 
concerned only with the upper tail of the F distribution. That is, 
we are to apply a “one-tailed” test. The degrees of freedom in the 
numerator (nO are 2, in the denominator ( 712 ) 97. Consulting the 
F table in Appendix VII we find that for rii = 2 and = 80 the 99th 
percentile value of F is 4.88; for wi = 2 and 712 = 100 the 99th 
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percentile is 4.82. For rii = 2 and nj = 97 the 99th percentile will 
be approximately 4.83. Only 1 time out of 100 would the play of 
chance account for a value of F exceeding 4.83, if the true value 
were unity. The present F, 221.1, is far in excess of 4.83. We 
conclude that the observed variances between and within classes 
cannot be regarded as independent estimates of the same popula- 
tion variance. The variance between classes is significantly greater 
than the variance within classes. The variation in interest rates 
paid by business borrowers of different sizes reflects the play of 
forces other than the chance factors that account for variation 
within classes. 

In tests of this sort it is customary always to construct the F 
ratio with the variance between classes as the numerator. If F is 
less than unity, the investigator concludes that there is no indica- 
tion that special forces are affecting the between-class variation. 
Only if F is significantly greater than unity does he reject the 
hypothesis that the true value of F is unity. Thus the usual test 
is a one-tailed test, employing only F99, the 99th percentile, if 
rejection is to be on the 0.01 level (or F,9 b if rejection is to be on 
the 0.05 level). For this reason the values given in the F table 
relate only to the upper tails of the various F distributions. If there 
is occasion to inquire whether a given F ratio is significantly less 
than unity, the F values for the 1st and 5th percentiles may be 
readily obtained from the F table as given, for the F distributions 
are symmetrical in terms of reciprocals.® 


® In getting the lower percentage points, the F table is entered with the values of ni 
and n2 interchanged, i.e., with n2 counted as degrees of freedom of the numerator, 
and Hi as the degrees of freedom of the denominator. For these n’s determine from the 
table the value of F falling, e.g., at the 99th percentage point. The reciprocal of the 
F value thus obtained will mark the Ist percentage point for the distribution of F 
corresponding to the original rti and 712. The value of F.n maybe obtained in like 
manner, from the tabled entry for F ss. 

A simple example will illustrate the method of getting the first percentile. For 
ni = 4 and = 100, Appendix Table VII gives 3.51 as the 99th percentile of the F 
distribution. To obtain the F value of the first percentile, we determine the 99th 
percentile corresponding to inverted n’s, i e., with the numerator n equal to 100, the 
denominator n equal to 4. The table gives 13.57. The reciprocal of this, 0.074, is the 
required first percentile for the distribution of F when the numerator ra is 4 and the 
denominator n is 100. 
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Notation, At this point it will be helpful to give a summary list 
of the new symbols already employed in this chapter, or to be 
employed. 

z: the difference between the natural logarithms of two standard 
deviations 

F: the ratio of two variances 

Ma, Mht . . . ; Miy Mii . . . etc.: arithmetic means of classes o, b, . . . , 
1, 2, . , . etc. 

day dby ... ] diy d 2 , . ■ • etc.: deviations from the means of classes 
a, 6, . . . . , 1, 2, . . . , etc. 

/a, fby . . . ;/i, /a, . . • etc.: frequencies of classes a, 6, . . . , 1, 2, . . . 
etc.; also written Nay N^y . . . ; iVi, .V 2 , • . . , etc. 

XqI the observed mean of a given class 
Xg’. the estimated mean of a given class 
c: number of columns in an analysis-of- variance table 
n,: number of observations in a single column (it is here assumed 
that the w^s vary from column to column) 

Xi’. the mean of all the observations in a given column 
Qi: the sum of the squares of the deviations of column means from 
the grand mean, each deviation weighted by the number of 
observations in the given column 
Q 2 ' the sum of the squares of the deviations of the individual 
observations from the respective column means 
Q: the sum of the squares of the deviations of the individual ob- 
servations from the grand mean 

S': the process of summation applied to the squares of the 
deviations of individual observations from the mean of a 
given column 

r: number of rows in an analysis-of -variance table (other 
symbols paralleling those for columns may be used for 
statistics relating to measurements arranged by rows) 

Hr', the null hypothesis relating to the means of rows 
He’, the null hypothesis relating to the means of columns 
Hre- the null hypothesis relating to the interaction 
F, 99 : the 99th percentile value in a given F distribution; the value 
of F that will be exceeded only 1 time out of 100 because of 
the play of chance (other subscripts designate other per- 
centile values) 



A STANDARD Wm 


A standard farm. Table 16-4 above is a specific example of an 
arrangement generally used for the presentation of the calculations 
involved in the analysis of variance. A suitable standard form for 

TABLE 16-5 

Standard Form for the Analysis of Variance 


( 1 ) ( 2 ) ( 3 ) ( 4 ) 

Variation OegrtHJs of Sum of Moan 

freedom squares square 


Between classes (columns) ni = c — 1 Q, = Sn,(A\ — A')* = Qi/rix 

Within classes (columns) n* = V — c Q 2 = SS'(X — A',)* ^ == Qi/ni 

Total n = JV - 1 Q = 2( X - A)* 


problems of the type just discussed is shown in Table 16-5. This 
applies to a classification on a single principle, such as size of 
business borrower in the interest rate example. Here the classes 
are columns, as in Table 16-3 above. The entries in the third 
column of Table 16-5 represent the essential procedures in the 
analysis of variance, for central interest attaches to the components 
of Q, the total sum of squares. In a problem of the type represented 
by Table 16-4 Q is broken into two independent components, Qi 
and Q 2 . (Totals are given only for columns (2) and f3) of 16-5; in 
these columns the entries are additive components of a single sum.) 
This fundamental relation among the different sums of squares is 
given by the equation 

Z(X - xy = XnfX, - xy + - X,y (16.6) 

In the hypothesis usually tested (that the true value of F' is 
unity) we are assuming that each of the components of the total 
sum of .squares, when divided by the appropriate degrees of freedom, 
provides an independent estimate of a single population variance, 
O’*. If the hypothesis is not true, break-up of the total sum of squares 
in the manner indicated is designed to reveal the play of distinctive 
forces, related to the principle of classification employed. 

Procedure for computations. The computational procedures to be 
employed in getting the numerical values required in variance 
analysis can be simplified by taking advantage of the relationship 
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set forth in Chapter 5, For a aeries of measurements, X, we have* 
z(X - xy = sx* - A'(sx/Ar)* (16.7) 

or Z(X - X)2 = 2X* - XX2 (16.8) 

If we let T (for total) represent ZX in (16.7) we have a form often 
more convenient for calculation 

Z(X - X)2 = rx* - TyN (16.9) 

This relationship may be applied in getting the sum of the squared 
deviations of all observations from the grand mean and, in separate 
operations, in getting the sum of the squared deviations from the 
mean of each column. Summation of the observed X’s and of the 
squares of the observed X^s provides the basis for the simple 
calculations needed to get the sum of squares and its components. 

The Analysis of Variance with Dual Principles of 
Classification 

In the illustration used above, dealing with interest rates, only 
one principle of classification was employed. The method of 
variance analysis is applicable more generally, with observations 
classified on two, three, four, or more principles. We now deal with 
an economic example in which two principles of classification are 
applied. The observations employed are relative numbers measur- 
ing the price behavior of 670 commodities, in wholesale markets in 
the United States, between 1926 and February 1933. The major 
force affecting these prices over this period was the great recession 
that reached its trough in 1933. We are concerned with the relative 
severity of price declines among different classes of goods. 

The 670 price relatives (obtained from price quotations compiled 
by the U. S. Bureau of Labor Statistics) may be classified into 
those relating to perishable goods (505 in number) and those 
relating to durable goods (165 in number). The classification has 
economic significance because of differences in the market con- 

f ions, on both supply and demand sides, affecting these classes 
goods during a major recession. Again, the 670 observations 
may be broken down into those relating to raw materials (134 
number) and those relating to manufactured goods (536 in number). 
Applying the two principles of classification jointly we obtain 4 

* See footnote* p. 110 for the durivaliun of ituH relation, using slightly difTerent symbols. 
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subgroups, perishable raw materials (101 in number), perishable 
manufactured goods (404 in number), durable raw materials (33 in 
number) and durable manufactured goods (132 in number). It is 
to be noted that the ratio of the number of perishable raw materials 
to the number of perishable manufactured goods, 101:404, is the 
same as the ratio of the number of durable raw materials to the 
number of durable manufactured goods, 33:132. It is a necessary 
condition of the procedure here discussed that the frequencies in 
the several subgroups be proportional. 

Various questions relating to the significance of these principles 
of classification may be answered with reference to the summary 
figures given in Table 16-6. 


TABLE 16-6 

Measurements Relating to the Analysis of the Relative Prices of 
670 Commodities for February, 1 933 
(1926 - 100) 


1 

2 

I 

Perishable 

Perishable 

All 

raw materials 

manufactured goods 

perishable goods 

Ni = 101 

Ni = 404 

Np = 505 

Mi =41 0G3366 

M i = 62 :i29208 

Mp = 58.196040 

2:dl = 31,118 56 

Sdi = 187,414.21 

2:4 = 253,040.57 


4 

11 

Durahh* 

Durable 

All 

raw materials 

manufactured goods 

durable goods 

.V, = 

N, = i:i2 

Arf = 165 

Mi = 05.060(106 

= 75 711)697 

Mh = 73.587879 

= 12,217 88 

2;d*4 = 31 ,:i08 63 

Zdjt = 46,525.97 

A 

1} 


All 

All 

All 

raw' materials 

manufactured goods 

commodities 

Nr = 134 

Nm = 536 

N = 670 

Mr = 47 425373 

Mn. = 65 626866 

M = 61.986567 

Srf; = 56,952 70 

= 236,562.35 

= 329,029.88 


The entries relating to each group and subgroup define the 
number of commodities included, the mean value of the price 
relatives for February, 1933, and the sum of the squares of the 
deviations of the observations in that group from the mean of that 
group. Thus for perishable raw materials the mean is 41.663366 
(indicating an average price decline of 58.34 percent) and the sum 
of the squares of the deviations of the 101 observations in this 
group from 41.663366 is 31,118.56. For all commodities the mean 
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is 61.986567; and the sum of the squares of the deviations of the 
individual items from this mean is 329,029.88. (Extra decimal 
places are kept in the calculations merely to ensure the formal 
consistency of numerical results.) 

Hypotheses to be tested. In the study of differential price move- 
ments among the several classes of goods distinguished in Table 
16-6 several different questions interest us: Do the prices of 
perishable goods and of durable goods differ in their behavior 
during a major business recession? The means of the two rows (here 
designated I and II) are relevant to this question. (Differences of 
this sort, which would here be related to inherent quality factors, 
are often termed “environmental effects,*^ in the literature on 
variance analysis.) Do raw material and manufactured goods differ 
significantly in their price behavior during such a recession? The 
means of the two columns (here designated A and B) bear upon this 
question. (Differences related to processes of fabrication would be 
of the type termed “treatment effects” in the language of variance 
analysis.) In putting the latter question we are, in effect, asking 
whether the process of fabrication affects the behavior of com- 
modity prices during a business recession. And here, a further 
question arises: Does fabrication affect the price behavior of 
perishable and durable goods in the same degree, or do the prices 
of these two classes of commodities react differently to fabrication? 
Such a differential response, if it is present, is termed interaction. 
In seeking answers to these three questions we set up three null 
hypotheses, for which we may use the symbols presented below: 
Hypothesis Hr : the means of the rows do not differ 
Hypothesis //, ; the means of the columns do not differ 
Hypothesis Hrc'. there is no interaction 
(The hypotheses refer, of course, to population values. We test the 
hypotheses by determining whether the corresponding sample 
values differ significantly.) 

Components of the Total Sum of Squares. Our first task is to 
break up the total sum of squares (329,029.88) into components 
corresponding to the several sources of variation suggested by these 
hypotheses, obtaining at the same time a component that may be 
taken to reflect the play of the mass of random factors that are 
unconnected with the principles of classification employed. This is 
the “error component,” the measure of the magnitude of experi- 
mental errors, of fluctuations due to the play of chance. 
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A sum of squares corresponding to each of the two principles 
of classification is derived in the manner illustrated in the pre- 
ceding example. That is, we take the deviation of each class mean 
from the grand mean, square the deviation and weight by the 
number of observations in that class. The sum of these weighted 
squares is the desired component. Thus 

Sd^ between perishable-durable classes 

= [(58.196040 - 61.986567)2 X 505] 

-I- [(73.587879 - 61.986567)2 X 165] 

= 29,463.31 

In the same way, we obtain as the sum of squares corresponding 
to the raw-manufactured division the quantity 35,514.75. 

The “error component^' of the total sum of squares must be 
independent of the two principles of classification, for it is to 
furnish the yardstick to be used in testing the several hypotheses. 
In the present example we may derive this component most 
logically from the variation within the four cells numbered 1, 2, 3, 
and 4 in Table 16-6. Indeed, the dispersion within any one of these 
cells can provide an estimate of the magnitude of variation due to 
the play of chance factors. Thus the 101 commodities in Cell 1 are 
all alike in that they are raw and perishable. The 132 commodities 
in Cell 4 are all alike in that they are durable and manufactured. 
The 2 d 2 figure for each of these cells measures variability among 
commodities that are alike in respect of durability and alike in 
degree of fabrication*” However, in order to utilize all the infor- 
mation we have, we should combine the sums of squares within 
the four cells, since no one of them may be taken to provide a 
better estimate of the “error component” than may be obtained 
from the others. The process of combination is shown below: 

Variability within perishable raw materials group = 31,118.56 
Variability within perishable manufactures group = 187,414.21 
Variability within durable raw materials group = 12,217.88 
Variability within durable manufactures ^roup = 31, 308.63 
Total variability within cells 262,059.28 


This statement may be accepted as accurate for the purpose of the present demon- 
stration. Actually, of course, the distinctions between perishable and durable com- 
modities and between raw and manufactured goods are not clearcut and definite. 
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The sum 262,059.28, when divided by the appropriate degrees of 
freedom, may be taken to measure the strength of the forces we 
lump together as chance, which here means all factors affecting 
our observations other than those related to the relative durability 
of commodities or to degree of fabrication of commodities. 

The sum of the three components of the total XcP so far dis- 
tinguished (the variation between perishable-durable classes, be- 
tween raw-manufactured classes, and within cells) is 327,037.34. 
Subtracting this from the total sum of squares, 329,029.88, we have 
a remainder of 1,992.54. This, which may be regarded as the 
“residual variability between cells’’ will measure mtcraction, as that 
term was used above, if interaction is present. If there is no 
interaction, if the two principles of classification employed are in 
fact quite independent of one another, the residual variability 
between cells will reflect the play of chance, alone. 

Direct determination of the interaction. The nature of the “interaction 
component” of the total sum of sciuarcs will be clearer, and one of the 
central assumptions of variance analysis will be brought out, if at this 
point we derive the interaction sum of squares directly, rather than as a 
residual. In Table 10-7 we show, for each of the four cells set up by our 


TABLE 16-7 

Demonstration of Direct Measurement of Interaction, Price Behavior 


1 

PtTishiibh* raw iniiterial.s 

Xo = 41 6633GG 
.V, = 43.G:3484G 
(X„ - X.) = - 1 971480 
(Xo - X.)* = 3 880733 

3 

Durable raw matcnaln 

Xo = 65.0G0606 
X, = 59 02GG85 
(X„ - X,) = 4- G. 033921 
(Xo - X,)* = 30 408203 


2 

Pennhabh* manufactured 
l^oodH 

Xo = G2 329208 
X, = G1.83G339 
(Xo - X,) = + 0 4928G9 
(Xo - X.)* = 0.242920 

4 

Durable manufactured 
goodH 

Xo = 75 719G97 
X, = 77 228178 
(Xo - X.) = - 1 508481 
(Xo - X,)^ = 2.275515 


ZeP (interaction) = (3.886733 X 101) 4- (0 242920 X 404) + (3G 408203 X 33) 
+ (2.275515 X 132) = 1992 5384 
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dual principles of classification, the observed mean Xo repeated from 
Table 16-6, and an estimated mean, X,. (We need not here employ dis- 
tinguishing subscripts for the individual cells.) The latter is estimated on 
the double assumption that the two principles of classiheation are inde- 
pendent of one another and that the influence of each principle is “additive.*’ 
Thus we derive X* for perishable raw materials in this fashion: The observed 
mean of all perishable goods (58.196040) is less by 3.790527 than the 
observed mean of all commodities (61.986567). On the two assumptions 
just stated, we should expect the mean of perishable raw materials to 
differ from the mean of all raw materials (47.425373) by the same absolute 
amount, i.e., by — 3.790527. This gives us 43.634846 as the expected mean 
for perishable raw materials. Similarly, we get the expected mean for 
perishable manufactured goods (61.836339) by subtracting the same 
amount (3.790527) from the mean of all manufactured goods (65.626866). 
In the same way, but using an absolute differential of -1- 11.601312 (* 
73.587879 — 61.986567), we get the expected means for the two subclasses 
of durable goods. In deriving these values we are saying, in effect, that we 
should expect averages for the perishable and durable components of any 
class of commodities (obtained by applying a principle of classification 
that is independent of the perishable-durable principle) to differ in the 
same direction and by the same absolute amount as the average of all 
perishable goods differs from the average of all durable goods. This is 
another way of stating the hypothesis There is no interaction between 
the principles of classificaUon represented by the rows and columns.” 

Having the values of Xo and Xg for each cell, we derive the sum of 
squares representing the interaction from the simple relation 

(interaction) = ^n^(Xo — X g)^ (16.10) 

where the r/,’s are the numbers of observations within the several cells. 
Details of the process are shown in Table 16-7. The sum of squares for the 
interaction is 1992.5381, which is necessarily equal to the value obtained 
as a residual in earlier calculations. 

Tests of Hypotheses. We have now broken into four components 
the total sum of squares among the 670 commodity price relatives 
with which we are here concerned. These components are brought 
together in Table 16-8. The derivation of each has been explained. 
For the degrees of freedom we have the following general relations 
(where r stands for number of rows and c number of columns): 

DF between rows — r — \ 

DF between columns = c — 1 

DF in interaction = (r — l)(c — 1) 

DF wdthin cells = N — cr 

DF, total = N - 1 

The break-up of the total needs little explanation. Within each cell 



THfr ANALYSIS OF VARIANCE 


m 

we lose 1 DF; there are cr cells, hence the degrees of freedom for 
variation within cells will be N — cr. In considering the degrees of 
freedom in the interaction, the student may consider the process 
by which the interaction sum of squares was obtained, directly. 
In computing the estimated means for the various cells, use must 
be made of the means of the columns and the means of rows; 
hence restrictions are placed on the ^^freedom^’ with which esti- 
mated cell means may be established, and on the freedom of 
observed and expected means to differ. In a 2 X 2 classification, 
the filling-in of just one cell necessarily fixes the values of the 
estimated means of the three other cells, since the expected means 
of cells must be consistent with the column and row means as 
given. In a 3 X 3 classification, the establishment of estimated 
means for just four cells necessarily determines the values for the 
other five, for the same reason. The relation cited in the summary 
above defines the interaction degrees of freedom, in general terms. 

TABLE ia<-8 

Components of Variance among Observations Relating to Commodity 
Price Movements, 1 926 — February, 1933 
(1926 = 100) 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

Nature of 

Degrees of Sum ot 

Variance 



variability 

freedom 

squares 


F 

F.w 

Between perishable-durable 
classes 

Between raw-manufactured 

> 

29,463.31 

29,463.31 

74.9 

6.68 

classes 

1 

35,514.75 

35,514.75 

90.3 

6.68 

Interaction 

Within cells (“experimental 

1 

1,992.54 

1,992.54 

5.06 

6.68 

error”) 

606 

262,059.28 

393.48 




669 

329,029.88 





Using the measures given in Table 16-8 we may now test each 
of the hypotheses set forth on page 558. Relevant values of F and 
of F.w are given in columns (5) and (6) of the table. For Hypothesis 
Hr (“the means of the rows do not differ”) we derive the F-ratio 
29,463.31/393.48, which is 74.9. Reference to Appendix Table VII 
shows that for ni = 1, 712 = 666, F 09 is approximately 6.68. The 
present value of F is greater than this. The results of the test are 
not consistent with the null hypothesis. There is a clear indication 
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that the price movements of perishable and durable goods differ 
during a major recession. In testing C'the means of the columns 
do not differ’’), we use the same error variance, but set it against 
the variance derived from the means for raw and manufactured 
goods. Here we have F = 35,514.75/393.48 = 90.3. Here, also, we 
have a clearly significant difference, indicating substantially 
different patterns of price behavior of raw and manufactured goods 
in recession. 

In testing Hypothesis Hre (“there is no interaction”) we again 
use the variance within cells as the measure of “experimental 
error,” setting it now against the interaction variance. For F we 
have 1992.54/393.48, or 5.06. Here, again, F99 has a value of 
approximately 6.68; F is 3.86. If we judge the result with 
reference to the 1 percent standard we should accept the null 
hypothesis, and conclude that the residual variability between cells 
is attributable to the play of chance. Using the 5 percent standard, 
an investigator would accept the observations as evidence of true 
interaction. In the present case it would seem reasonable to regard 
the test as not conclusive, but as providing a strong indication tliat 
perishable and durable goods respond differently, in their price 
behavior, to the process of fabrication. Reference to Table 16-6 
will show that among both perishable and durable goods fabrication 
appears to have reduced susceptibility to price decline under the 
force of business recession. M 2 is distinctly greater than Afi, and 
Mi is greater than M3. But the influence of fabrication was ap- 
parently greater among perishable than among durable goods. 

We should note that if the test of the interaction had been 
clearly consistent with the null hypothesis, it would have been 
reasonable to combine the interaction variance with the variance 
within cells to obtain a somewhat more broadly based estimate of 
the error variance. For such a result would have indicated that the 
variance derived from the interaction is merely another estimate 
of the magnitude of variations due to chance. We should do this 
by adding the sums of squares relating to interaction and to 
“within-cclls” variability, dividing the total by the sum of the 
corresponding degrees of freedom. 

In appraising the results of these several tests of price behavior, 
we must note that the conditions requisite for the full accuracy of 
methods of variance analysis are not met by the price data em- 
ployed (see the later pages of this chapter). There is no indeter- 
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minacy about the results of the tests of the two major principles 
of classification. The observed difference is clearly significant in 
each case. But when the probabilities are near a critical level, as 
they are in the test of interaction, the failure of the data fully to 
meet required conditions calls for special conservatism in inter- 
preting results. All that one may say with confidence about the 
interaction is that the evidence of differential behavior is strong 
enough to justify further investigation. 


A Test of a Cyclical Pattern 

A somewhat different problem in variance analysis is faced when 
subdivision of the observations by rows and columns gives but one 
observation in each cell. For we do not then have ‘Vithin-ceir^ 
variance to use as a measure of experimental error. Problems of 
this sort arise frequently in economic and business research when 
an investigator wishes to test the significance of a pattern of 
seasonal behavior, or of a pattern of cyclical movement. The data 
of Table lG-9, repeated in slightly modified form^’ from Chapter 12, 
will illustrate a test of this sort. 

The meaning of the measurements in Table 16-9 has been 
explained in Chapter 12. In brief summary, the stage averages in 
the first line define the standing of railroad freight ton-miles at 
each of nine stages of tlie business cycle that extends from the 
trough at August 1904 to the trough at June 1908. Monthly 
measures of ton-miles of freight carried have been expressed as 
relatives of the average of all monthly figures for that particular 
business cycle, and then averaged for each of the nine stages into 
which the cycle has been divided. These stages extend from the 
initial trough (stage I), through three subdivisions of the phase of 
expansion (stages II to IV) to 'the peak (stage V), then through 
three subdivisions of the phase of contraction (stages VI to VIII) 
to the terminal trough (stage IX). In general, there is a rise from 
initial trough to peak, a decline from peak to terminal trough, but 
the patterns vary from cycle to cycle. The averages by cycle 
stages, given in the last line of Table 16-9, define the average 


In this prcHcntation stage standings, which were given to one decimal place in Table 
12-7, are in whole numbera. This leads to slight differences in the stage averages. 
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behavior of this series during cycles in general business. There 
appears to be a definite pattern, rising without a break from stage 
I to stage V, declining without a break from stage V to stage IX. 
But here, as always in statistical work, we must ask whether the 
apparent pattern is significant. Within stage I we find averages for 
individual cycles that vary from 51 to 115, within stage II from 
61 to 118, within stage VI from 96 to 137, within stage IX from 
63 to 107. This is far from a pattern of uniform behavior. We may 
not accept the average pattern as significant until we have con- 
sidered whether the play of chance, alone, might not account for it. 

The measures of primary interest to us here are the nine stage 
averages in the last line of the table. If freight ton-miles were in 
fact unaffected by the cyclical swings of business in general we 
should expect that these nine averages would be equal, within 
sampling limits — that is, that they would depart from equality 
only to a degree determined by the complex of random factors that 
affect freight ton-miles. If we can get a suitable yardstick of 
chance — an error variance — this may be set against a measure of 
the variation between the averages for the nine cyclical stages to 
provide us with a test of the significance of the apparent cyclical 
pattern in freight ton-miles. 

It might appear that the variance within columns would serve 
as the error variance, as it did in the test of interest rates paid 
by different groups of business borrowers (Table 16-3). But there 
is an important difference between the “within-column” observa- 
tions on interest rates and on freight ton-miles. In the interest rate 
example the distributions of observations within columns were 
random; for freight ton-miles the arrangement is chronological. In 
Table 16-9 we have in fact applied two principles of classification. 
We have a division by columns based on cyclical stages, a division 
by rows based on time sequence. We have 9 classes by columns, 11 
by rows, giving us 99 cells. But An each of these cells there is but 
one observation. Thus, as we have noted, we can obtain no estimate 
of the error variance from ‘*within-celF* differences. This means 
that we can break the total sum of squares into three components, 
not four, as in the price example (Table 16-6). We shall obtain 
these components, and then consider how we may best estimate 
the error variance. 

The elements of the total sum of squares and corresponding 
degrees of freedom are given in Table 16-10. The derivation of the 
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total and of the several components is straightforward. Formula 
(16.9) on page 556 sets forth the general relation 

i(x - xy = sx* - r/N 

Substituting the relevant values from Table 16-9, we have 

2(Z - Xy = 1,025,500 - 9,958V99 = 23,866 

as the total sum of squares. For the component representing 
variation between columns we measure the deviation of each stage 
average from the grand mean, square, weight by the number of 
observations in that column, and add. Thus if we represent by 
Sd? the sum of squares of deviations of column means from the 
grand mean, we have 

Sd? = 11(85.09 - 100.59)2 -f- 11(90.73 - 100.59)2 -f . . . 

11(92.09 - 100.59)2 

= 10,555.0962. ♦ 

• An alternative procedure, based on the relations sot forth in formula (16.9) will 
shorten the ('alculations somewhat. If we represent the various column means by Xt 
and the corresponding frequencies by n, we may write 

Xdl= - T^/N 

The first term in the right member of thi.s equation is obbiined, of course, by squaring 
each column mean, multiplying by the number of observations in that column, and 
adding the products thus obtained. The second quantity is the subtractive term 
already used in getting the total sum of squares. 

By a similar process we obtain the sum of squares representing 
deviations between cycle averages, which are the means of the 
rows. We shall use the symbol Sd5 for this subtotal. 

2d? = 9(100.67 - 100.59)2 + 9(99.11 - 100.59)2 -f . . . 
9(95.56 - 100.59)2 

= 1,031.6214. 

If we now add 2d5 and 2d?, and subtract the sum from the total 
sum of squares we obtain the third component of this total sum of 
squares — a residual equal to 12,279.2824 (see (Table 16-10). We 
may now consider the nature of the variability represented by each 
of the three components. 
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TABLE 16-10 


Analysis of Variance of Freight Ton-Miles, and Test of 
Reference Cycle Pattern 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

Nature of 

NumVjcr of 





variability 

degrees of 

Sum of 

Variance 




frmlom 

squares 





(n) 



F 

Fm 

Between means of 
cyclical stages 
Between means of 

8 

10,555.0062 

1,319.39 

8.60 

2.74 

cycles 

10 

1,031.6214 

103.16 



Residuals 

80 

12,279 2824 

153.49 



Total 

98 

23,866 0000 





The variance between the means of cycle stages — the column 
means™ may reflect the play of chance. However, if freight ton- 
miles are significantly alTected by the cycles in general business that 
provide the framework within which we have analyzed this series, 
the differences between the stage averages also reflect these busi- 
ness cycles. The null hypothesis that really interests us in this 
problem is Hey which states, in effect, that there is no significant 
variation between column means. The variance between the means 
of the 11 cycles represented in Table 16-9 — the row means — is due, 
in the present case, to an arbitrary factor. If each stage average 
for a given cycle were weighted by the number of months in that 
stage, the cycle average thus obtained would of necessity be 100. 
(The stage averages for a given cycle were obtained in the first 
place by averaging cycle relatives for the months falling in each 
stage; the base of these relatives is the mean of monthly observa- 
tions in that cycle.) But since ^ we have used unweighted stage 
measures in getting the column means (as is generally done in 
employing this procedure) we must use unweighted measures in 
getting the corresponding cycle means.^^ Thus the arbitrary factor 


“ It would be perfectly possible to employ weiRhted stage measures in getting both 
column and row means. A somewhat different cyclical pattern would then be obtained. 
The argument for the use of unweighted measures is that a single cycle is the unit 
of observation, and that cycles — and cycle stages — are of equal importance regardless 
of duration. 
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representing variability between cycle means must be eliminated 
before an attempt is made to estimate the error variance. Sub- 
tracting this component from the total sum of squares, therefore, 
as well as the component representing variation between cyclical 
stages, we have left a residual sum of squares equal to 12,279.2824, 
and 80 residual degrees of freedom. 

This residual corresponds, of course, to the interaction discussed 
in the study of differential price behavior (Tables 16-6 and 16-8). 
Like the interaction component in that study, the present residual 
will be affected by any relation that may exist between the prin- 
ciples of classification, as well as by the play of chance. We may 
use this residual in estimating the error variance only on the 
assumption that the principles of classification arc, in fact, inde- 
pendent. Dependence of principles of classification, or correlation 
between them, would in this case mean that the pattern of cyclical 
behavior, in freight ton-miles, has changed progressively with the 
passage of time. If there has been such a progressive change, its 
effects will be present in our residual component — and these effects 
will be nonrandom in character, and thus not suitable for use in 
an estimate of the error variance. In t he price problem (Table 16-6) 
we were able to test for the presence of systematic or true inter- 
action, for we were able to get an estimate of the error variance 
from “within-cells" dispersion. Here we have no such possibility, 
and must decide on rational grounds, or on the basis of other 
evidence, whether the present residual component can provide an 
acceptable estimate of the error variance. We may note here that 
various tests in the course of the National Bureau’s studies of 
business cycles confirm the view that progressive secular changes 
in reference cycle patterns, although present in particular instances, 
have been relatively uncommon among American economic series.* 3 
In the present case, therefore, it seems reasonable to conclude that 
interaction, if present, is slight, and that the residual does give us 
an acceptable estimate of experimental error. 

We obtain the variance ratio now by setting the variance 
between stage means against an error variance obtained from 
the residual. We have F = 1,319.39/153.49 = 8.60. For n, of 8 
and Th of 80 the value of F 99 is 2.74. The results are not consistent 


“ See Burns and Mitchell (Ref. 13) Chapter 10, and conclusions on iiages 412-13. 



870 


THE ANALYSIS OF VARIANCE 


with the hypothesis that there is no significant variation between 
column means. The evidence points to the existence of a true 
pattern of cyclical behavior in freight ton-miles. 

A test of this sort, it is clear, may also be used in determining 
whether a pattern of seasonal behavior is significant. Here, again, 
there is a possibility of true interaction, that is, of progressive 
change in the seasonal pattern. If such true interaction should be 
strong, it would dominate the measure of residual variability, and 
render it unsuitable as a basis for an estimate of the error variance. 
The possibility of such interaction is almost certainly stronger for 
seasonal patterns than for cyclical patterns, for in many series 
seasonal movements seem more likely to change over time than 
do cyclical movements. 

As we have already noted, the application of probability tests 
to time series is always a somewhat suspect procedure. Hairline 
decisions can certainly not be made in such cases, for the conditions 
necessary to true randomness and independence of observations 
are often absent. For the example here employed the case for a 
valid inference is reasonably strong. There is no serious departure 
from requisite basic conditions (see the following section of this 
chapter), the pattern marked out by the stage averages’ is sys- 
tematic and rational, and the margin by which the observed F 
exceeds F.99 is very wide. 

In the preceding pages we have given various examples of 
problems to which the methods of variance analysis may be 
applied. In the following chapter we shall make further use of 
these methods in generalizing and sharpening the instruments used 
in the study of regression and correlation. With the earlier illustra- 
tions in mind, we turn now to a brief consideration of the conditions 
that are assumed to exist if methods of variance analysis are to be 
properly employed,*® and to certain other features of this procedure. 


We may note that in one respect the evidence in favor of a positive conclusion is 
stronger than the variance test by itself would indicate. For not only is there variation 
among the stage averages; there is a systematic pattern — a rise from stage I to stage 
V, a fall from stage V to stage IX. Variance Iwtween stage averages could reflect 
any form of departure from equality of values. When this departure is systematic, 
and in a rational pattern, the inve.stigator’s confidence in the significance of that 
pattern can be stronger than a comparison of variances alone might justify, 
u For a discussion of these assumptions see Eiscnhart (Ref. 33). 
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Some Basic Assumptions in the Analysis of Variance 

Distributions of Experimental Errors should be Normal. We 

have emphasized above the role played by the denominator of the 
variance ratio. This is the error variancBy a measure of the magni- 
tude of the experimental errors that reflect the play of chance. It 
is a necessary condition of the method of variance analysis that 
the samples from which we derive the error variance come from 
normally distributed parent populations. Thus in the interest rate 
example (Table 16-3) the error variance was obtained from the 
‘‘within-class*’ variation among rates paid by small borrowers, 
middle-sized borrowers, and large borrowers. If the present con- 
dition is to be met, each of these samples should come from a 
normal universe. Similarly, in the example based on price relatives 
(Table 16-6), the observations in each of the four cells should come 
from normal parent populations. Fortunately, this condition is not 
an absolute one, although full accuracy of the test is not achieved 
if it is not met. W. G. Cochran (Ref. 18), appraising various 
investigations of the effects of non-normality, concludes that for 
tests of significance no serious error is introduced by non-normality, 
short of extreme skewness. He suggests, as an approximation, that 
with non-normality in the experimental errors the true probability 
corresponding to the 1 percent significance level of the F-table may 
lie between one half of 1 percent and 2 percent. Corresponding 
limits for the true probability corresponding to the tabled 5 percent 
level may fall between 4 and 7 percent. Since the general effect of 
the non-normality of experimental errors is to lead to the accept- 
ance of too many results as significant, it is reasonable to be 
conservative in such acceptance if there is doubt as to the normality 
of the populations sampled. 

Experimental Errors should be Homogeneous in their Variance. 

The error variance that constitutes the denominator of the variance 
ratio is usually derived from several classes or cells. In Table 16-3 
three different classes contributed to the measure of experimental 
error; in Table 16-6 components of this measure came from four 
different cells. The present condition is met when these separate 
components have a common variance. (In technical terms, the 


** The problemei prcflented by non-normal data in variance analysis are discussed by 
Kendall (Ref. 78. 11. 205-15). 
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columns, rows, or cells from which the error variance is derived 
should be homoscedastic.) This is obviously necessary if the variance 
that constitutes the yardstick of ^‘chance'^ is to be accepted as a 
true measure of the play of purely random factors. For these 
random factors must be assumed to be the same within all the 
classes that contribute to a common measure of experimental error. 
Every observation that enters into this measure must be subject 
to the play of the same combination of forces. Here, again, this 
condition is not an absolute one. Extreme heterogeneity of the 
components of the error variance will distort tests of significance. 
With modest departures from homogeneity such tests become less 
seiisitive than when the condition is fully met, but are not com- 
pletely invalidated. Where heterogeneity is suspected, conserva- 
tism in the acceptance of results as significant is called for. (A test 
of the homogeneity of variances is discussed below.) 

The Influences Represented by the Principles of Classification 
should be Additive. In terms commonly used in the literature of 
variance analysis, treatment effects and environmental effects 
should be additive. The meaning of this condition was brought out 
in the direct determination of the interaction in the price example 
(Table 16-7). We were there concerned with the influence of 
fabrication on the susceptibility of different classes of commodities 
to price decline in a major recession. We assumed that this influ- 
ence was an additive (or subtractive) one, on the scale of natural 
numbers. In other words, we have assumed that apart from 
residual (chance) variations the mean of the measurements in any 
cell (or the value of a single measurement, if there is but one in 
each cell) could be arrived at by adding to the mean of all observa- 
tions an absolute amount representing the environmental effect 
for the subclass in quc.stion and an absolute amount representing 
the treatment effect for that subclass. This general assumption 
underlies the methods of variance analysis. If the influences should 
in fact be multiplicative, for example, the usual methods applied 
to the natural numbers would lead to inaccurate tests and incorrect 
estimates. For the estimate of error variance will be affected by 
departures from additivity, as well as by variations proper. This 
is not always a serious factor, for differences based on additive 
assumptions may be good approximations to true differences 
arising from nonadditive effects, if these effects are not of great 
magnitude (see Cochran Ref. 18). Moreover, transformations of 



SOME BASIC ASSUMPTIONS SPB 

scale (e.g., from the natural to the logarithmic) may provide a 
means of meeting the additivity condition. 

Experimental Errors should be Independent. The observations 
falling into any of the classes or subclasses from which the error 
variance is estimated should be independently distributed, as well 
as normally distributed, about the class, or subclass, mean. In the 
absence of such independence, estimates of variances can be biased, 
and tests of significance impaired. "Where deliberate design is 
possible in setting up an experiment involving variance analysis, 
the effect of independence may be achieved through randomization, 
but such design is not always possible in dealing with social and 
economic data. Among the illustrations we have given in this 
chapter, one may say that in the cycle example the treatment of 
the original observations in defining stage averages makes for 
independence of the observations within a given column. However, 
there is undoubtedly some correlation of observations in both the 
interest rate and price data used in the examples cited above, but 
the correlation is not believed to be high. To the extent that it 
exists, the tests lose in precision. 

As has been indicated in the preceding discussion, the conditions 
requisite to the full accuracy of variance analysis may be relaxed 
somewhat without invalidating the various tests an investigator 
may wish to make. But the consequent loss of accuracy means 
uncertainty in tests of significance, particularly when the variance 
ratio is close to a critical point on the F-scale. It is often possible to 
avoid these difficulties through transformations that change the 
scale on which measurements are recorded. Thus a non-normal 
distribution of raw data may become normal through the use of a 
logarithmic scale. The condition of additiveness may be achieved 
through the same transformation. Bartlett has used a square-root 
transformation to stabilize the variance of a Poisson distribution. 
Ranks may be used in place of measurements when the distribution 
of the latter departs widely from normality. By these and other 
devices*^ the methods of variance analysis may be made widely 
applicable in handling observational data. 

Proportionality of frequencies. In the discussion of the price 
problem reference has been made to the proportionality of the cell 
frequencies. The methods we have illustrated above are applicable, 


” See Bartlett (Ref. 9) for a brief aummary of the use of tranHformatioDs. 



S74 THE ANALYSIS OF VARIANOE 

in the form demonstrated, only when class frequencies are equal, or 
proportional. One immediate difficulty arising out of nonpropor- 
tional frequencies may be pointed out with reference to the data 
of Table 16-6. It is to be noted that one fifth of all perishable goods 
are raw materials and one fifth of all durable goods are raw materi- 
als. Because of this proportionality, ‘^rawness” influences the 
measures for perishable and for durable goods in the same degree. 
If, in fact, nine tenths of the* perishable goods had been raw, while 
only one tenth of durable goods were raw, and if raw materials and 
manufactured goods differed significantly in price behavior, we 
should have no true comparison of the difference in price behavior 
between perishable and durable goods. For the mode of behavior 
characteristic of raw materials would dominate the measure for 
perishables, while the behavior characteristic of manufactured 
goods would dominate the measure for durables. Problems growing 
out of the nonproportionality of frequencies involve complexities 
of treatment that cannot be developed here. We may note, however, 
that there arc valid procedures for making homogeneity tests 
where subclass frequencies are unequal and disproportionate. For 
discussions of such procedures see Yates (Ref. 195) and Kendall 
(Ref. 78). Further references are given by Kendall. 

Testing the Homogeneity of Sample Variances. We have referred 
to the basic assumption, in variance analysis, that the experimental 
errors are homogeneous in their variance. For problems of the kind 
illustrated above this means that the variances of the several 
columns, or rows, or cells, that provide the estimate of the error 
variance arc equal, within sampling limits. This is an assumption 
that often requires verification before an investigator may draw 
definite conclusions from variance tests. The same problem ap- 
pears, more generally, whenever a test is to be made of the equality 
of variances derived from a series of samples. Are the observed 
differences of an order of magnitude that chance might bring about? 
Could the samples have come from populations with equal vari- 
ances? The hypothesis Ho to be tested may be written 

2 2 2 2 
O-j = O'* = (73 = . . . = 0-^ 

where the several squared sigmas represent the population vari- 
ances corresponding to a series of measures, s?, si, Sa, . . • derived 
from k independent samples. The degrees of freedom with which 
each of these sample variances is computed are ni, 712 , . . • n*, 
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respectively. We shall use s? and n, as general symbols for these 
8*s and n’s. 

The test of homogeneity to be illustrated here is due to Bartlett 
(Ref. 8). It involves the computation of a quantity M/C, the 
magnitude of which depends upon the degree of variation among 
the sample variances and upon the several degrees of freedom with 
which they are estimated. Bartlett has shown that when no one of 
the sample variances is derived with less than 4 degrees of freedom 
this quantity is distributed, approximately, in the chi-square dis- 
tribution, with k — 1 degrees of freedom. 

The numerator of the ratio M /C is derived as follows: 


where 

and 


M = n log« si — loge s?) (16.11) 

n = Sw, 

2 ^ 


The quantity sj is merely a weighted mean of the variances s], the 
weights being the corresponding degrees of freedom. We may note 
that if the variances are all equal, n times the logarithm of the 
weighted mean variance (the first term in the right-hand member of 
formula 16.11) will be equal to the weighted sum of the logarithms 
of the individual sample variances (the second term of the right- 
hand member of formula IG.ll) and the value of M will be zero. Its 
value will increase as the differences among the sample variances 
increase. 

If it is more convenient to work with common logarithms we 
may perform the initial calculations in tliose terms, shifting to 
natural logarithms as a final step by using the multiplier 2.3026. 
The formula for M then becomes 


M = 2.302()jn \ogiosl - S(ri, logms?) 1 (16.12) 

The distribution of the quantity M is close to that of chi-square 
with A; — 1 degrees of freedom.^* Division of M by the quantity C, 
which is unity plus a quantity derived from the several measures of 
degrees of freedom, improves the approximation and renders the 
test of homogeneity more accurate. For C we have 


C = 1 4- 


S(k 




** A precise test of the homogeneity of variances may be based on the quantity M 
alone, using tables prepared by C. M. Thompson and M. Merrington (Ref. i56). 
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We may illustrate the test of homogeneity with reference to the 
observations on interest rates paid by small, middle-sized, and 
large borrowers (Table 16-3). For these borrowers the sample 
variances were, respectively, 0.2247, 0.1854, and 0.2853. We wish 
to know whether these results are consistent with the hypothesis 
that the population variances for the three classes of borrowers are 
equal. The quantities needed for the several terms in formulas 
(16.12) and (16.13) above may be obtained from Table 16-11. 

TABLE 16-11 

Derivation of Quantities Required in Testing 
Homogeneity of Variances, Interest Rates 


(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

(7) 

CluHH of 







Borrower 

n. 

(= n.s'i) 


logio-s* 

n, logios'i 

1/n, 

Small 

19 

4.20950 

0 2247 

- 0 01840 

- 12 31960 

0.05203 

Medium 

39 

7 22975 

0 1854 

- 0 73189 

- 28.51371 

0 02564 

Lar^c 

39 

11 12775 

0 2853 

- 0 54470 

- 21.24330 

0 02564 

Total 

97 

22.02700 



- 62.10661 

0.10391 




, 22 02700 

= 0 2333 






= 97 





n lOgioKa = 

= 97 X - 0 03209 = - 61 

.31273 



Substituting the required (luantities in formula (16-12) above, we 
have 

M = 2.30261 - 61.31273 - (- 62.10661)1 = 1.82799 
With similar substitutions in formula (16.13), wo have 

c = 1 + g ^ 2 (0-10391 - 0.10309) = 1.00014 

(the quantity 0.10309 is, of course, the reciprocal of 97, the value 
of w). In the present case the correctional factor C is so small as 
to be negligible. Applying it,' however, we have, for the final 
approximation 

M/C = 1.82799/1.00014 = 1.82773 

The significance of this measure of heterogeneity among vari- 
ances is to be judged by reference to the distribution of chi-square 
with A; — 1 degrees of freedom. In the present example A: is 3. A 
one-tailed test is appropriate here. From Appendix Table VI wc 
note that, with 2 degrees of freedom, the value of x ?95 is 5.991. 
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Chance factors would in 5 cases out of 100 cause chi-square to 
equal or exceed this value. We conclude that the observations are 
not inconsistent with the hypothesis that the sample variances for 
interest rates paid by different classes of borrowers are homo- 
geneous.^® 

F and i. It will have occurred to the reader that one of the major 
applications of variance analysis represents an extension to several 
means of the simple test of the difference between two means 
(see Chapter 8). For such a problem the /-test is, indeed, a special 
case of the F-test. In this special case, for which n, = I, for F, and 
the degrees of freedom (n) for I are given by ih of the F-table, is 
equal to F. However, there is a difference between the forms in 
which the two measures are usually presented, and we must take 
account of this in comparing them. 

It is customary, as we have seen, to use a single tail of the F 
distribution in variance analysis. Thus for a test at the 1 percent 
level the critical value is F 99. Wo are concerned with the probability 
of a deviation in one direction only. W ith /, however, a two-tailed 
test is customary. For a /-test at the 1 percent level we take account 
of the possibility of a deviation above or below the mean of the 
distribution. In this case P = 0.01 is the sum of two probabilities, 
one of 0.005 for a deviation above the mean, one of O.OOr) for a 
deviation below the mean. (Explicitly, the value of 1 995, defining 
the point on the /-scale above which lies 0.005 of the total area 
under the curve, is 3.1G9. Similarly, the value of Zoos is 3.169. The 
sum of 0.005 and 0.005 measures the probability of a deviation of 
the stated magnitude, or greater, above or below the mean.) The 
relation cited (F = i'^) holds, then, when we speak of F values 
relating to a single tail of that distribution, of t values that relate 
to both tails of the / distribution. 

A comparison will make the relation clear. For n = 10 the value 
of t corresponding to a P of 0.01 is 3.169 (see Appendix Table III). 
This P is a two-tailed value, as we have seen. For ni = 1 and /ig = 
10 we note that F99 is 10.04 (Appendix Table VII). This is the value 
of F to which we should refer in a one-tailed test. The quantities 
10.04 and 3.169 stand in the relation indicated, i.e., F = /®. 

H. O. Hartley has developed a simpler test of the homogeneity of a series of variances, 

applicable in the special case in which the variances are from samples of uniform size. 

(Sw Hartley, Ref. 68). For the use of this test, however, a prepared table is needed. 

For examples of its application see Walker and Lev (Ref. 1^). 
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CHAPTER w 


The Measurement of Relationship: 
General Approaches to the Study 
of Regression and Correlation 


In dealing with correlation in Chapter 9 the discussion was 
confined to cases in which the relationship between two variables 
could be defined by a straight line. The coefficient of correlation r 
is fully accurate and unambiguous in meaning only when such a 
line gives a good fit to the points representing the paired values of 
X and Y, In fitting curves to time scries, as was explained in an 
earlier section, we find that in many cases secular trends are 
nonlinear, and that trend lines of higher degree are needed. The 
same thing is true when we deal more generally with relations 
between variable quantities. It is possible to have a high degree of 
correlation between two variables when a straight line does not 
describe the relationship. In such a case there would be consider- 
able scatter about the straight line of best fit, and the value of r 
would be misleadingly low. If a curve representing the real rela- 
tionship could be fitted, the scatter would be materially reduced 
and the true correlation could be measured. Our concern in the 
present chapter is with this more general problem. We shall dis- 
cuss, first, a procedure for defining nonlinear relationship when a 
polynomial of the second degree provides a suitable measure of 
regression. Thereafter we present a systematic approach to the 
measurement of regression and correlation, using the methods of 
variance analysis that were developed in Chapter 16. 
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Notation, The following new symbols will be introduced in this 
chapter: 

i: a sample value of the index of correlation; a measure of 
degree of correlation when the regression is nonlinear. 
When written with subscripts, as Zyx, the first subscript 
denotes the dependent variable, the second the inde- 
pendent variable 

i: the index of correlation corrected to take account of the 
number of constants in the equation of regression 
i (iota): a population value of the index of correlation 
Sj: the standard error of the index of correlation 

dj,a'. the deviation of a given observation from the mean of the 
F-array in which it falls 

dmy' the deviation of a given column mean from the mean of 
all the F’s 

yli: a sum of squares: that component of the variation be- 
tween arrays that is “explained” by a linear regression 
function 

Bii a sum of squares: that component of the variation be- 
tween arrays that is not “explain(‘d” by a linear regression 
function 

A 2 : a sum of squares: that component of the variation be- 
tween arrays that is “explained” by a quadratic regression 
function 

7 ^ 2 : a sum of squares: that component of the variation be- 
tween arrays that is not “explained” by a quadratic 
regression function 

71 (eta): the correlation ratio; when written \vith subscripts, as 
r]yjcy the first subscript denotes the dependent variable, 
the second the independent variable 
jj: the correlation ratio corrected to take account of the 
number of columns (or. rows) in the correlation table 

Nonlinear Regression 

The observations recorded in Table 17-1, which are plotted in 
Fig. 17.1, are an example of what appears to be nonlinear regression. 
These observations show the results obtained in the growing of 
alfalfa on 44 plots of land in California, using varying amounts of 
irrigation water. The first column of the table gives average yields 
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TABLE 17-1 


SRI 


Alfalfa Yield and Irrigation 
Summary of investigations at Davis, California* 

(The figures in the body of the table measure yields, in tons per acre, 
in 44 experiments) 


Average 

yield 


Inehes of irrigation water ap|)Iied 


0 

12 

2.35 

4 31 

2 75 

4 78 

2 89 

4 84 

3 85 

5 8,3 

5 52 

0 51 

5.94 

7 52 

3 88 

5.03 


18 24 

5.ti9 G 00 

6 40 0.89 

7 02 7 90 

8 02 8 32 

8 38 
9.90 

0 80 7.92 


30 

30 

7 .53 

7 58 

7 97 

8 22 

8 32 

8.03 

9 43 

9 33 

9 51 

9.38 

il 00 

12 48 

8 98 

9.27 


48 60 

8 05 5.55 

8.45 7 25 

8 03 10 17 

8 83 10.70 

9 52 
10 02 

9 02 8.42 


* Source: Beckett and Robertson, Ref. 10. 


7.48 


per acre on 6 plots to which no irrigation water was applied; the 
second column gives average yields on G plots each of which 
received 12 inches of irrigation water; etc. Since it is the yield, the 
F-variable, that varies in each column while A^, the irrigation 
factor, is fixed for that column, the columns are called }'-arrays, 
or )^-arrays of type X. 

Two regression functions have been fitted to the points plotted 
in Fig. 17.1. One is a straight line having the eejuation 

Y = 5.03S H- O.OSHGA 

in which Y represents yield, in tons per acre, and X represents 
depth of irrigation water applied, in inches. [We should note that 
in the fitting process the mean of each array is weighted by the 
number of observations in that array. This implies, merely, that 
six points are assumed to have coordinates of 0, 3.88 (equal to 
those of the mean of the first array), that four points are assumed 
to have coordinates of 18, 6.80 (equal to those of the mean of the 
third array), etc.] The degree of relationship between the two 
variables, as described by this line, is indicated by the coefficient 
of correlation, r, which has a value of + 0.69. 

An inspection of the figure indicates that the straight line does 
not give the best possible fit. It is probable, therefore, that r is not 
a suitable measure of the degree of relationship between alfalfa 
yield and depth of irrigation water. (We should have, of course, 
more objective evidence on these points than is provided by 
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FIO. 17.1. Scatter DiaRram Showing the Relation between 
Alfalfa Yield and Irrigation Water Applied, with Two Lines 
of Regression. 

inspection. Relevant tests of significance arc discussed in later 
sections of this chapter.) 

A Quadratic Regression Function. The other regression function 
in Fig. 17.1 is quadratic — a polynomial of the second degree — fitted 
by the method of least squares. The equation to this curve is 

Y = 3.539 + 0.2527Z - 0.002827X=^ 

The effect of increasing irrigation upon alfalfa yield appears to be 
described more accurately by this latter curve than by the straight 
line, for a law of diminishing returns seems to prevail. The most 
important result of the study here summarized w^as the determina- 
tion of the point at which returns began to diminish — that is, at 
which alfalfa yield began to fall off. The straight line fails to 
indicate any such decline. 

As the equation of relationship, therefore, we should use the 
quadratic rather than the linear form. The standard error, s^.,, 
which is a necessary accompanying measure, may be calculated by 
measuring the deviation of each value from the corresponding 
computed value, and determining the root-mean-square of these 
deviations. This procedure is illustrated in Table 17-2. The figures 
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TABU 17-3 

Coftipartson of Actual and Computed Alfalfa Yield ' 


MS 


(1) 

Depth of 
irrigation 
water 

X 

(2) 

Actual yield 

Y 

(3) 

Normal yield 
as computed 
from second 
degree equation 

Yc 

(4) 

Deviation of 
actual from 
normal 
(2) - (3) 
d 

(6) 

(i* 

0 

3.85 

3.54 

+ .31 

.0961 

0 

5.94 

3.54 

+2.40 

5.7600 

0 

5.52 

3.54 

+ 1 98 

3.9204 

0 

2.75 

3.54 

- .79 

.6241 

0 

2.89 

3.54 

- .65 

.4225 

0 

2.35 

3.54 

-1.19 

1.4161 

12 

4.78 

6.16 

-1.38 

1.9044 

12 

7.52 

6.16 

+ 1 36 

1.8496 

12 

6.51 

6 16 

+ 35 

.1225 

12 

4.31 

6.16 

-1.85 

3.4225 

12 

5.83 

6 16 

- .33 

.1089 

12 

4.84 

6 16 

-1.32 

1.7424 

18 

7.02 

7.17 

- .15 

.0225 

18 

5.69 

7.17 

-1.48 

2.1904 

18 

8.02 

7.17 

+ .85 

.7225 

18 

6.46 

7.17 

- .71 

.5041 

24 

6,00 

7 98 

-1.98 

3.9204 

24 

8.38 

7.98 

+ .40 

.1600 

24 

8.32 

7.98 

+ .34 

.1156 

24 

6.89 

7.98 

-1.09 

1.1881 

24 

9.96 

7.98 

+1.98 

3.9204 

24 

7.96 

7.98 

- .02 

.0004 

30 

7.53 

8.58 

-1.05 

1.1025 

30 

9.54 

8 58 

+ .96 

.9216 

30 

9.43 

8.58 

+ .85 

.7225 

30 

7.97 

8 58 

- .61 

.3721 

30 

11.06 

8.58 

+2.48 

6.1504 

30 

8.32 

8.58 

- ,26 

.0676 

36 

7.58 

8 97 

-1.39 

1.9321 

36 

9.33 

8.97 

+ .36 

.1296 

36 

9.38 

8.97 

+ .41 

.1681 

36 

8.22 

8.97 

- .75 

.5625 

36 

12.48 

8.97 

+3.51 

12.3201 

36 

8.63 

8.97 

- .34 

.1156 

48 

8 45 

9.16 

- .71 

5041 

48 

9 52 

9 16 

+ .36 

.1296 

48 

8 63 

9 16 

- .53 

.2809 

48 

8.83 

9 16 

- .33 

.1089 

48 

10.62 

9.16 

+ 1.4Ji 

2.1316 

48 

8.05 

9.16 

-1.11 

1.2321 

60 

10,17 

8.52 

+ 1.65 

2.7225 

60 

7,25 

8 52 

-1.27 

1.6129 

60 

10.70 

8.52 

+2.18 

4.7524 

60 

5.55 

8.52 

-2.97 

8.8209 

80.9945 
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for normal yield which are given in this tabic are computed from 
the polynomial equation given above. 

Inserting the sum of the squared deviations, as given in column 
(5) of Table 17-2, in the formula 


we have 


Sjj,x 


v' 


^2 

A" 

8q^m5 

44 


1.3() 


The Index of Correlation. We need now the third value, the 
abstract measure of degree of relationship. In dealing with linear 
relationship in the preceding chapter we found that such a measure, 
the coefficient of correlation, could be derived from known values 
of Sy.x and Sy. An analogous measure may be derived in the same 
way in cases of nonlinear relationship, such as that found in the 
present problem. Since the term coefficient of correlation and the 
symbol r refer only to cases of linear regression, we may term this 
general measure the index of correlation^ and use the letter i to 
represent it.‘ 

As a general formula for the index of correlation we have 

V = 4/ 1 - % (17.1) 

f by 

The value of Sy.^ has been derived above.^ The value of Sy, computed 
by familiar methods, is found to be 2.27. Substituting in the 
formula for ?, we have 



= 0.80 

This value is materially greater than that of the coefficient of 
correlation for the same data. The value of r is H- 0.69. These 
results indicate tliat the quadratic gives a better fit to the data 


* Whoii thiK moiisuro was introduced 1 used the symbol p (rho) for it (Ref 102), and 
Ezekiel (Ref. lUi) used the corresjKjnding capital letter for the index of multiple curvi- 
linear correlation. Since it has now become staialard practice to employ Greek letters 
for population parameters, with p repre.senting the parameter corrcspoiuling to a 
sample /, the letter i is here used for the index ot correlation The Greek t pota) may 
be used for the population parameter. 

* The quantities 5 ^ , and are derived by dividing the relevant sums of squares by the 
same iV That is, there is no reduction of X to take account of degre'cs of freedom lost. 
The two mean squares arc here to be regarded as descriptive measures. 
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than does the straight line. We shall later discuss means of de- 
termining whether the difference is significant. 

We should note that there are two indexes of correlation for a 
given set of observations. With dependent the formula becomes 

^ = (17.2) 

The first of the two subscripts refers always to the dependent 
variable, the second to the independent. It is essential that tliese 
be shown, for the index would not necessarily be the same with X 
dependent as with Y dependent. 

The significance and tlie limitations of i should be made clear. 
Its value depends upon the relation between the scatter about the 
fitted line and the scatter about the arithmetic mean of the T's. 
When the regression is truly linear i and r are identical, r being a 
special case of i. The limits of ^ are 0 and 1, a value of 0 indicating 
that there is no relationship, or that if there is a relationship 
between the two variables it cannot be described by the particular 
equation employed. A value of 1 indicates that the relationship, as 
described by the equation employed, is a perfect one. No positive 
or negative sign should be attached to ?, for the relationship might 
be positive over part of the range and negative over other parts, 
as in the alfalfa example given above. 

The index of correlation, ?', has no clear meaning unless the type 
of curve to whi(di it applies be named in each ease. The meaning 
of r in this respect is always clear, for it is understood that it relates 
always to a straight line, but confusion would arise in the case of i 
unless the type of curve were specifically mentioned. 

It is, of course, always possible to secure a curve which will pass 
through any number of points if the constants in the equation be 
equal to the number of points. In such a case i would, of necessity, 
be equal to 1, but this value would have no significance. In any 
employment of mathematical functions there is this limit of ab- 
surdity, when the number of constants is equal to the number of 
points, and i would merely reflect this absurdity. The ordinary 
principles of curve fitting must be kept in mind in using such an 
index as this. It must never be taken to have an absolute signifi- 
cance, standing by itself. Its significance is always relative, referring 
to the particular function employed. This fact, which is true of 
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every measure of correlation, is frequently overlooked, and 
fallacious conclusions reached as a result. 

A short method of computing the index of correlation. The standard 
error and the index of correlation were computed by a rather 
laborious method in the above example, in order that there might 
be no misunderstanding of their precise meaning. The burden of 
calculation may be materially reduced, however, by taking 
advantage of the relationships that were disclosed in dealing with r. 
For a polynomial of the series 

y = a + + . . . 

the formula for Sy.^ is derived by a simple extension of that em- 
ployed in the case of the straight line. As a general formula for a 
series of this type, we have 

2 ^ S(r-^) - a2(y) - hXjXY) - eXjX^Y) - dX(X^Y) - 


Similarly, the formula for r may be extended to give a general 
formula for i applicable to any equation of this general type. This 
formula is 


aXiY) -F bX(XY) + c^(X^Y) + d2(X«y) + . . . - . 

~ s(r») - Nci ■ ^ ^ ^ 

wluire Cy = XY/N 

In the special case in which the origin is at the mean of the F's, 
2(jy) = 0 and Cy = 0, and the formula reduces to 


_ mxy) + c2(X^j/) + d^jXh j) -b . . . 


( 17 . 5 ) 


The characteristics of the formulas for Sy.x and i should be noted. 
The only values required in securing these measures are the con- 
stants in the equation that describes the average relationship, 
certain values that have been used in the process of fitting and, 
in addition, SCF’*) and cj. Thus, as direct by-products of the fitting 
process, we have the values of Sy.* and f, the two measures which 
are needed to supplement the regression equation in securing a 
complete description of the relationship between the two variables 


* See Appendix C for discussion of a general formula for the standard error of estimate 
Formuia 17.4 is derived from this general formula for Sy .. 
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in question. The equation describes the average relationship. The 
standard error of estimate, is a measure of the reliability of 
estimates based upon this equation, and i is an abstract index of 
the degree of relationship, in so far as that relationship can be 
described by the particular curve employed. 

The application of these formulas may be illustrated with 
reference to the problem of alfalfa yield. The following values, 
derived from the data of Table 17-1 and from the fitting process, 
are required for this purpose: 

a = 3.539 

b = .252652 cl 

c = - .002827 S(r2) 

X(Y) = 329.03 N 

^{XY) = 10,271.72 

Substituting in the formula for the standard error of estimate for a 
second degree polynomial, 

2 _ S(n - aS(F) - b ^jXY) - c^ iX^Y) .. 

Syr — Y (17.0) 

we have 

_2 2, 68^ 2268 — (8 639 X 329 03) - ( 252662 X 10,271 72) — (- 002827 X 407,654 64) 

” 44 “ ~ 


= 407,564.64 
= 55.9197 
= 2,688.2268 
= 44 


80.8043 
■ 44 


= 1.8365 


= 1.36 

The index of correlation, for a curve of this type, is computed 
from the equation 

aZ{Y) + b^iXY) + cXiX^Y) - Ncl 
“ ■ nYY - Ncl ' 

Substituting the appropriate values, we have 

146.9557 
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The value of the index of correlation is influenced by the relation 
between the number of observations and the number of constants 
in the equation of relationship. When the two are equal i will have 
a value of 1. In any case the observed index of correlation tends 
to exceed the true index because of the flexibility given, in the 
fitting process, by the constants in the equation of regression. 
When the number of observations is not large it is advisable to 
apply a correction for this bias. If we use i to represent the corrected 
value and m to represent the number of constants in the equation 
of relationship, we may apply a correction in terms of the relation^ 

lux = 1 — “1(1 — — r^)} (17.8) 

Inserting the values given in the above example, we have 

4 = 1 - |(1 - 0.6452)(^-|-^ 3)1 

= 0.6279 
V = 0.79 

If, in the application of this test, the quantity in brackets | ( 
exceeds unity, the value of t is taken as 0.-’ 

These methods of deriving ^ and ? are applicable over a wide 
field by a simple adaptation of the formulas to the particular 
equations that may be employed in given instances. 

7'hc sampling error of the index of correlation. There is, of course, 
no one sampling distribution of the index of correlation. There are 
many, varying as the orders of fitted functions vary, as population 
values vary and as sample sizes vary. Since these distributions 
have not been defined with precision, the accurate determination 
of the standard error of a particular index is not possible. However, 


• From Ezekiel, Ref 37 

* A eorrespondiriK correction sliould be made in the standard error of estimate, when 
derived from a small number of observations In this case the eorreetion must raise 
the uiuiiijusted measure. For this correction Ezekiel gives 



where « represeuts the corrected standard error of estimate 
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when samples are large a useful approximation may be derived 
from the relation 


St — 


1 - 

y/N" — m 


(17.9) 


In this formula t (iota) is the population value (for which we use 
the sample value as an estimate), m represents the number of 
constants in the equation of regression. The formula may be used, 
with the reservations suggested by what has been said, in setting 
confidence limits for the population value and in tests of signifi- 
cance.® For the latter purpose, however, more accurate instruments 
are provided by methods of variance analysis. The application of 
these methods to problems of regression and correlation is our 
concern in the following section. 


Variance Analysis in the Measurement of Relationship 

The development by R. A. Fisher of the technique of variance 
analysis provides means for a systematic approach to the study of 
regression and correlation. In a rational attack upon the problem, 
in a specific case, it is natural to ask the following questions (with 
reference to two variables): 

1. Do the available observations provide evidence that the two 
variables arc in fact (i.e., apart from chance fluctuations) 
related in their movements? 

2. If we may assume the existence of true correlation, will the 
simplest possible function — a straight line — acceptably define 
the regression? 

3. If there is correlation, and a straight line is not appropriate as 
a regression function, will a given second degree function provide 
an acceptable measure of regression*^ If such a function is not 
suitable, will a different function with the same number of 
constants, or a polynomial of higher degree, give an acceptable 
fit? 

If the answer to the first question is no, the investigator will go 
no further. If it is yes, he would naturally proceed with the testing 
of regression functions until he found one that was acceptable. In 

' I should emphanize here that the theory of regre^Hion functions of higher degree, and of 
corresponding measures of correlation, ib far less adequately developed than is the 
theory of linear regression and correlation Arconlmgly, while such nonlinear functions 
and measures may be descriptively useful, generalization from them must be imprecise 
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doing SO) bearing in mind Occam’s razor (see footnote p. 345)) he 
would seek the simplest function that is acceptable on rational 
grounds and that conforms to the actual observations. It is a great 
virtue of the method of variance analysis that it permits this 
systematic approach, providing instruments for testing the hy- 
potheses that the investigator propounds, successively, as he 
proceeds with his study. 

The method employed in applying to a typical correlation 
problem the method of analysis based on comparison of variances 
may be illustrated with reference to the data of alfalfa yield 
previously studied (sec Table 17-1). The average yield of alfalfa in 
the 44 experiments there recorded was 7.48 tons per acre. But 
there was rather wide variation among the results. The sum of the 
squares of the deviations of the 44 observations from the mean is 
228.33. This total, which we shall represent by Q (see Table 16-5), 
sets our problem. We should like to find reasons for the variation 
it represents. 

Testing for the Existence of Correlation. The observations are 
set up in Table 17-1 in a form suited to the testing of hypotheses 
concerning possible relations between alfalfa yield and applications 
of irrigation water. The data are arranged in eight arrays, classified 
according to the depth of irrigation water applied. This depth 
varied from 0 to GO inches. Variations in yield appear to be associ- 
ated with variations in amount of water applied. As a basis for our 
procedure we set up, first, the hypothesis that there is no such 
association. To test this hypothesis, we may break the sum that 
measures the total variation of yields into two parts measuring, 
respectively, the variation within arrays and the variation between 
arrays. 

To determine the total variation within arraysy the deviation of 
each observation from the mean of the array in which it falls is 
measured. The sum of the squares of these deviations, for all the 
arrays, is the desired total. Thus, in the first array of Table 17-1, 
the mean is 3.88 tons. The deviation of the first observation, 2.35, 
from this figure, is — 1.53; its square is 2.3409. The deviation of 
the second observation, 2.75, is — 1.13; its square is 1.2769. 
Determining in similar fashion the deviations of the four other 
observations in that array from the mean of the array, squaring 
these, and adding the six squared values, we have 11.5320 as the 
sum of the squares of the deviations in the first array. Performing 
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similar calculations for the seven other arrays and adding the eight 
sums thus secured, we have a figure of 76.39. This is the total 
variation within arrays. We shall refer to this as component Q 2 of 
the total variation (see Table 16-5). If we use the symbol dy„ to 
represent the deviation of a given observation from the mean of 
the T-array in which it falls, S' to indicate summation within a 
given column, and S to indicate over-all summation, = SS'd^. 

In determining the total variation between arrays ^ the deviations 
of the means of the various arrays from the mean of all the obser- 
vations are measured and squared, and the weighted sum of these 
squares is secured. Weights are based upon the number of observa- 
tions in the several arrays. Thus the mean of the first array, 3.88 
deviates from the mean of all the observations, 7.48, by — 3.60; 
the square of this is 12.9600. Multiplying by 6 (the number of 
observations in the first class), we have 77.7600. Securing similar 
weighted figures for the seven other arrays, and adding, we have 

151.94 as the variation between arrays. This is component Qi of 
the total variation. Using the notation of the standard form given 
in Table 16-5, Qi = Sn,(Fi — Y)’^- It will be convenient to let d^y 
represent the deviation of a given column mean from Y and to 
write Qi = ^dly, it being understood that suitable weights (n,) 
were employed before summation. 

In breaking the total sum of squares, 228.33, into two com- 
ponents equal, respectively, to 76.39 and 151.94, we have distin- 
guished variations in yield that are definitely not related to 
differences in depth of irrigation water applied, from variations in 
yield that may or may not be related to irrigation dilTerences.^ 
Within the first array, including six experiments on plots to which 
no irrigation water was applied, yields varied from 2,35 tons to 

5.94 tons per acre. The total variation within this array (the sum 
of the squares of the deviations from the mean of the array) 
amounted to 11.5320. Since the irrigation factor was constant, this 
sum measures variation which is completely independent of changes 
in irrigation. This is true also of the figure 76.39, measuring total 
variation within all the eight arrays set up in Table 17-1. Differ- 
ences in soils and innumerable minor factors combined to create 
variation within these arrays. The figure 76.39 measures the play 
of that host of undefined forces to which we give the name chance. 

’ The procedure here employed follows that exemplified in Table 16-4, and given in 
standard form in Table 16-5. 
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The one specific factor that does not affect this figure is irrigation. 
We have measured this component of total variation in such a way 
that irrigational differences do not enter. 

Irrigational differences do enter definitely into the variation 
between arrays. Indeed, it may be the dominant factor in this 
variation, which is measured by the figure 151.94. But of this we 
cannot be sure. For the means of the eight arrays differ among 
themselves not only because of differences in the amounts of 
irrigation water applied to the different plots. To differences in 
yields due to the irrigation factor are added differences due to the 
innumerable other forces that influence alfalfa yield, the forces we 
lump together as chance. For chance factors affect the means of 
the various arrays, and so affect tlie variation between arrays, just 
as tliey afh'.ct the variation within arrays. As the experiment was 
designed, the influence of irrigational differences is present only in 
the variation between arrays, but the influence of ^^chance'^ is 
present in both the variation within arrays and the variation 
betw(‘en arrays. 

In this fact is found the key to our problem, and the instrument 
for testing the null hypothesis. For, in so far as chance alone is 
operative, the variation between arrays would be expected to be of 
the same order of magnitude as the variation within arrays. The 
figures we have so far examined indicate that the variation between 
arrays is greater than the variation within arrays. But this may be 
a purely fortuitous result. The apparent increase of yield with 
increased irrigation may be entirely a chance phenomenon, similar 
to a run of heads in tossing a coin. This we must test. We must 
determine whether the forces responsible for variation between 
arrays are the same as the forces responsible for variation within 
arrays. 

The hypothesis we shall test, and which may of course be 
disproved, is that the forces responsible for variation between 
arrays are the same as the forces responsible for variation within 
arrays ; in other words, that there is no association between depth 
of irrigation water applied and alfalfa yield. The test to be applied 
has been described in Chapter 16. We compare the two measures 
of variation, to determine whether they are of the same order of 
magnitude. 

It will be clear (see Table 16-5) that there are 7 degrees of 
freedom for variation between the columns of Table 17-1, 36 for 
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variation within columns. Subsequent steps in testing for the 
existence of correlation are set forth in Table 17-3. It is obviously 
variation within arrays (Component Q 2 ) that provides us with the 
error variance, the yardstick that defines the magnitude of vari- 
ations we may attribute to the play of chance. Variance between 
arrays, 21.71, is distinctly greater than the error variance, 2.12, 
but we require an objective test for the proper appraisal of the 
difference. The variance ratio F is 21.71/2.12, or 10.24. This is far 
greater than 3.18, the 99th percentile value of F forni = 7, riz = 36 
(see Appendix Table VII). If we are testing the present null hypo- 
thesis with reference to a 1 percent level of significance, the 
hypothesis must be rejected. Chance alone could not bring so great 
a departure from an F value of 1. The forces responsible for 


TABLE 17-3 

A Test of the Existence of Correlation: Alfalfa Yield and Irrigation Water 


(1) 

(2) 

(3) 

(4) 

(r>) 

(6) 

Nature of 

Degrees of 

Sum of 

VariMnc(‘ 



variability 

fre(‘(lom 

8(piares 

.S2 

F 

F.^ 


in) 





Between arrays 
Component Qt 
Within arrays 

7 

151.94 

21.71 



Component Qi 


76 .39 

2.12 

10 21 

3.18 


43 

228 .33 





variation between arrays could not be the same as those responsible 
for variation within arrays. Which leaves us with the positive 
conclusion that alfalfa yield and depth of irrigation water are 
related. 

It will be noted that in the above test we have made no assump- 
tions as to the form of the relationship, whether linear, quadratic, 
or other. We have asked whether there is correlation, the regression 
function being undefined, and have concluded that there i.s. 

Testing the Hypothesis of Linear Relationship. It is now in order 
to identify an acceptable regression function that will define in 
quantitative terms the relationship between alfalfa yield and depth 
of water applied to alfalfa plots. We may do this by testing, in 
turn, various hypotheses concerning the form of this function, until 
we secure one with which the observations are not inconsistent. 



§94 REORESSION AND CORRaATION 

We shall start with the hypothesis that there is a linear relationship 
between alfalfa yield and depth of irrigation water applied.® 

The first step in applying the present test is to fit a straight line 
to the means of the eight arrays shown in Table 17-1. Variation 
among these means (component Qi of the total variation) reflects 
the presence of correlation between alfalfa yield and irrigation 
water applied. If the relation between average yield, by classes, 
and irrigation water applications is perfectly linear, all these class 
means will fall on a straight line; all the variation between arrays 
will 1)0 accounted for by the hypothesis of a linear relationship.® If 
the relationship is substantially, though not perfectly, linear, the 
portion of component Qi not accounted for by linear regression 
will bo insignificant. If the regression is not truly linear the residue 
of Q] not accounted for (i.o., the scatter of the means of the arrays 
about the straight line of regression) will be too great, and some 
other hypothesis concerning the character of the relationship be- 
tween alfalfa yield and irrigation water applied must be employed. 

A straight line fitted l^y the method of least squares to the means 
of the eight arrays is shown in P'lg. 17.1 on page 582. The equation 
to this line, as we have seen, is Y = 5.038 + 0.0886X, where Y is 
alfalfa yield in tons per acre and X is depth of irrigation water 
applied, in inches. In Table 17-4 are given the values of the means 
of the various arrays, and the corresponding computed values, as 
derived from the straight line of regression. 

It is clear from the graph and the table that the fit of the straight 
line to the means of the arrays is not perfect. The inadequacy of 
the fit is measured by the sum of the squared deviations of the 
class means from the corresponding computed values (each squared 
deviation being weighted by the number of observations in the 
given class). This sum, 44.79, to which we may refer as Bi, is one 
component of Qi, the variation between arrays. It is that portion 

• Each hypothoHis tented should be rational, acceptable on logical grounds. If we arc 
thinking of giMieral relationships, prevailing over the entire range of possible observa- 
tion, the uHSuniption of a straight/-hne relationship between alfalfa yield and amount 
of irrigation water applied is not tenable. For it is not to be expected that increased 
irrigation will increase yield without limit. In the present case w^e test the hypothesis 
of a linear relationship in order that the demonstration of procedure may be systematic 
and complete, although that hypothesis is not a rational one, even within the range 
of the present observations. 

* This IS not to say that r would equal unity under these conditions. There would still 
be variation within classes that would not be related to irrigation differences. 
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TABLE 17<-4 

Alfalfa Yield and Depth of Irrigation Water 
(Class means and values based on linear relationship 
Y = 5.038 + .0886X) 


(1) 

IncheH 

of 

water 

(clasH) 

(2) 

No. of 
obser- 
vations 

i^) 

Mean 

yield 

of 

class 

(4) 

Estimated 
yield, linear 
relationship 
(tons) 

(5) 

DifTerence 
between mean 
yield of class 
and e.Mti mail'd 
yield 

(0) 

(7) 


/ 

Yp 

Vc 

(Fp - l/r) 

d 

d» 


0 

6 

3 88 

5.04 

-1.16 

1 3456 

8.0730 

12 

6 

5.G3 

6.10 

- .47 

2209 

1 .3254 

18 

4 

6 80 

0.63 

+ .17 

.0289 

1156 

24 

6 

7.92 

7 16 

-f 76 

5776 

3.4656 

30 

6 

8.98 

7 70 

-1-1 28 

1.6.384 

9.8.304 

36 

6 

9.27 

8 23 

-f-1 04 

1 0816 

6.4896 

48 

6 

9.02 

9 29 

- .27 

.0729 

.4.374 

60 

4 

8 42 

10.36 

-1 94 

3 7636 

15.0544 







44.7920 


of the variation between arrays that is not accounted for by the 
hypothesis of a linear relation between yield and irrigation water. 

The method of deriving the other component of Qi is shown in 
Table 17-5. The sum 107.15, to which we may refer as Ai, is that 
component of the variation between arrays which is accounted for 
by the hypothesis of linear regression. The items in column (3) of 
Table 17-5 differ from 7.48, the mean of all the observations, for 
the reason suggested by the hypothesis. We assume that they 
differ because, with increased applications of water, yield increases 
in a manner defined precisely by the equation Y = 5.038 + 
0.0886X. The sum of these variations, 107.15, represents, on this 
assumption, the full effect on alfalfa yield of variations of irrigation 
applications. 

The total of the two sums of squares to which we have referred 
as Ai and is equal to 151.94, or Qi, the sum of squares between 
arrays. Working on the hypothesis that the variables with which 
we are dealing stand in a linear relationship, we have broken the 
component Qi of the total variation into two portions. One of these 
(Ai) measures the variation between arrays that is accounted for 
by the linear hypothesis; the other (Bi) measures the variation 


5^6 


REGRESSION AND CORRELATION 


TABLE 17-5 

Computdfion of Variation in Alfalfa Yield Attributable to Irrigation 
Differences on the Hypothesis of Linear Regression 


(1) 

I noht*K 
of 

watrr 

(2) 

No. of 
oh«er- 
vjitioriH 

(3) 

EntimHt('d 
vit'ld, Inu'fir 
r(‘lationship 
(tori.s) 

(4) 

Moan yield, 
all oliHor- 
vation.s 

(5) 

DifTeronee 
between mean 
yiehl anil 
yield esti- 
mated on lin- 
ear hypothesis 

(6) 

(7) 





(j/r - V) 




/ 

Vr 

V 

d 

(P 

fd^ 

0 

G 

5.04 

7.48 

-2 44 

5 0536 

35.7216 

12 

6 

6. 10 

7 48 

-1 38 

1.0044 

11.4264 

18 

4 

6 63 

7.48 

- 85 

7225 

2.8900 

24 

G 

7 16 

7 48 

- 32 

.1024 

.6144 

30 

0 

7 70 

7 48 

+ 22 

0484 

.2904 

36 

6 

8 23 

7 48 

+ 75 

5625 

3.3750 

48 

6 

0.20 

7.48 

+ 1 81 

3 2761 

19.6566 

60 

4 

10 36 

7.48 

+2 88 

8 2044 

33.1776 

107.1520 


bctwoon arrays tliat is not accounted for by that hypothesis. We 
should expect some departure from linearity in a sample such as 
ours, even thouj^h it were drawn from a universe marked by a 
perfect linear relationship. But there are limits to the deviations 
that mip;ht reflect fluctuations of sampling;. The question we now 
face is whether B\ is small enough to be accepted as the resultant 
of random factors, or whether it is so large as to represent a break- 
down of our hypothesis. 

In our earlier discussion we noted that component Q2 of the total 
variation measured the influence of a host of random forces 
affecting alfalfa yield, forces other than the irrigation factor. Q2, 
therefore, serves as an index of the magnitude of random forces, 
and hence as a standard defining the probable limits of sampling 
fluctuations, in so far as these are present in component Qi. We 
may use Q2, which relates to variation within arrays, as a yardstick 
in determining whether B] is attributable to fluctuations of 
sampling, or whether it is too large to be so explained. 

In comparing components Q2 and Bi account must be taken of 
the number of degrees of freedom present in each. This has already 
been established for Q2. The following tabular summary of the 
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operations just performed may help to explain the relations in- 
volved for Bi. 


Nature of variability 

No. of degrees 
of freedom 

Sum of 
squares 

Variance 

Between arrays, due to linear regression 

(Component Ay) 

1 

107.15 


Deviations from straight line of regrc^esion 

(Component By) 

6 

44.70 

7.47 

Total variation between arrays (Qy) 

7 

151 94 



The seven degrees of freedom entering into Q\ are divided, one 
to component and six to component Bi. That the points on a 
straight line vary from one another with 1 degree of freedom is 
clear from a consideration of the linear equation ?/ = a + bx. The 
values of y may differ because of the presence of the coefficient 6, 
which defines the slope. If h were zero, the equation would define 
a horizontal line, with values of y constant. It is the slope that 
constitutes the one degree of freedom among points defined by a 
linear equation. With respect to j5i, we are dealing with eight 
points, to which a straight line has been fitted. If there were but 
two points both of them would lie on the line; there would be no 
possibility of deviation. With three points, one degree of freedom 
to deviate is introduced; with eight points there are six degrees of 
freedom. The degrees of freedom to deviate from any fitted curve 
are obviously equal to the number of points to which the curve is 
fitted, less the number of constants in the equation to that curve. 

Dividing 44.79 by 6 we may secure, then, the value of the 
variance (the mean square) comparable to the variance of com- 
ponent Q 2 . A test of our hypothesis again reduces to a comparison 
of variances. This appears in Table IT-O. 

TABLE 17-B 


A Test of the Hypothesis of Linear Relationship 


(1) 

(2) 

CD 

(4) 

(6) 

Nature of variability 

Degrees of 
freedom 

n 

V ariance 

F 

F„ 

Deviation from straight line of 
regression (Component By) 
Within arrays (Component Q-i) 

0 

36 

7.47 

2 12 

3.52 

3.36 




600 


REGRESSION AND CORRELATION 


observations, on our present assumption, because alfalfa yield 
varies with increased applications of water in a manner defined by 
the equation 

Y = 3.539 -f- 0.2527X - 0.002827X2 

We have again broken Qi, the total variation between arrays, 
into two components, representing the influence of the irrigation 
factor, working in accordance with a definite law, and B 2 represent- 
ing random factors, or random factors combined with the irrigation 
factor. (The ii rigation factor enters into to the extent that the 
hypothesis in question fails to take account of the true relation 
between alfalfa yield and deptli of water applied.) This is, of 
course, a different division of Qi from that resulting from the 
application of a linear hypothesis. The present division may be set 
dowm in summary. 


Nature ol variability 

No of degr(‘es 

Sum of 

Variance 


of lr<*edoin 

Hi]uari‘s 


Tli'twceii airavf', dui* to rcurcssion of 
Hecoiid (( -oinponciit 

D(*via(iOM.s Ironi second deniee curve 

2 

147 :V2 


of leurcHMori ((’oinponciit 

5 

4 f>l 

.92 

Total variation between ariavs {Qi) 

7 

1.51.U3 



The seven degrees of freedom entering into Q] are now divided, 
five to component B^ and two to component An. The reasons for 
this allocation of the degrees of freedom are similar to those pre- 
sented in discussing the linear hypothesis. As regards Bn, the item 
now of chief concern to us, it is clear that when a curve defined by 
an e(iuatjon with three constants is fitted to eight points there 
are five (h'grees of freedom to deviate from that curve. 

Dividing 4.61 by 5 we secure .92, the value of the variance 
comparable to the v^ariance of Qn. For again we must use a criterion 
based on O 2 , in determining the limits within which variation due 
to random factors, independent of irrigation, may play. We come 
again to a comparison of variances (Table 17-9). 

In this case the degree of deviation from the curve of regression 
defined by the polynomial of the second degree is actually less than 
the deviation within arrays, which serves as our yardstick. The 
value of F is less than unity. Without further test we may say that 
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TABLE 17-9 

A Test of the Hypothesis of Curvilinear Relationship 


(1) 

Nature of vanability 

(2) 

Degri^’s of 
frt'cdom 

n 

Cl) 

Variance 

.-»2 

(4) 

F 

Deviation from second degri'c' curve 




of regression (('oinpom*nt lii) 

5 

02 


Within arrays (Component Qi) 

:iG 

2 12 

0.43 


the results arc not inconsistent with the hypothesis tliat the second 
degree equation we have employed defines acceptably the relation- 
ship between alfalfa yield and depth of irrigati<)n water applied. 
The departures from the curve of regression may be attributed to 
chance. 

In following this general procedure it is necessary to test different 
hypotheses (i.e., different functions) only until the difference be- 
tween the variance defined by component and the variance 
defining departures from the curve of regression be small enough 
to be attributed to the play of chance. Thus, if a P of .05 constitutes 
our standard, the v^ariance ratio given in Table' 17-0 might be as 
great as 2.48 (see Appendix Table VII) without leading to rejection 
of the hypothesis being tested. It could be as great as 3.58 if our 
standard of significance wore a P of .01. A rather exceptionally 
close fit by the second degree curve w(‘ have emi)loyefl gives us a 
value of F below unity. 

We have arrived, then, at a hypothesis coru^erning thc^ relation 
between alfalfa yield and depth of irrigation water applied, with 
which observed facts arc not iru'onsistent. Our observations, be it 
noted, do not establish the truth of this hypothesis. Other hypo- 
theses might be ecjually tenable, and perhaps even more closely in 
accord with the facts. All that we can say is that the observed 
facts do not disprove the hypothesis. If the hypothesis is tenable 
on rational grounds, we hav'c reached a conclusion upon wiiich we 
may rest, for the time. 

We could, of course, fit a curve of still higher degree, the equation to which might 
contain four constants, or more, instead of the three constants in the equation actually 
employed The deviations from this curve of higher tlegrce would smaller than 
from the curve of sectmd degree, and F would he eorrespondinglv smaller. It is a 
principle of scientific procedure, however, to cmplo\ the simplest a< ceptahle funi tion. 
Needless complexities, wliether in the form of unneeessar\ assumplioiis or of un- 
necessary constants in an equation of relationship, are rigorously avoided. 
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A Summary View of Measures of Relationship 

In opening the preceding discussion of the use of variance 
analysis in the measurement of relationship, we noted that our 
problem was posed by the fact of variation in alfalfa yields, as 
reported from experiments on 44 plots of land. The magnitude of 
this variation is measured by the sum of the squared deviations of 
the yields of the indi_vidual plots from the grand mean (a sum 
derived from — X)^ or 2d-). This sum is 228.33. We have 
broken up this total in various ways, in the course of the testing 
process just described. In now recapitulating these steps, in slightly 
different order, we shall relate the measures employed in the vari- 
ance analyses to the abstract measures of correlation previously 
developed and to one additional measure of somewhat the same 
type.^* 

Components Qa, Ai, and Bi of the total variation (see pp. 593 
and 597 al)ov(') constitute one classificat ion of constituent elements 
of the total sum of s(juares, a classification derived from the 
hypothesis that the n'lation between alfalfa yield and applications 
of irrigation water may be described by a straight line. We may 
call these elements of Classification 1 (Table 17-10). 

TABLE 17-10 

Classification I: Component Element^, of Total Sum of Squares, Alfalfa Yields 
(Linear Hypothesis) 


Sum of 

Element bquures 

Q 2 : Sum of squan's unrelated to irriKutioii 

faetor (variation within arrayt') 76.39 

Ai : Sum of Hijuaren representinn variation 
attributable to irrigation factor on 
the uhhumption ol a linear relatiou- 
sshij) (deviation of computed yields . 
from ^srand mean) 107.15 

B\ : Sum of wquared deviatioiiH of column 
means from eonespondinp computed 
yieldb (variation between coluran.s 
that IS not explained by the linear 
hypothesis) 44 79 

Q : Total sum of squares 228 3.3 


M(*asur(* of 
correlation 




si ~ £d:,/N 
_ 107.15 
i'l/; “ 228 33 
-I- 0 60 


0.4693 


“ See Table 17-1 and Fig. 17.1 for the cla.ssilied data and the regression functions here 
referred to. 
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In Classification I we have broken the total sum of squares (Q) 
into a portion (Q 2 ) measuring variation within arrays (which is 
completely unrelated to the irrigation factor), a portion which 
measures the variation among computed yields (the computed 
values being given by a specific linear hypothesis), and a portion 
(Bi) which defines that portion of the variability between columns 
that is not accounted for by the linear hypothesis. Components 
A] and Bi, it will be recalled, together make up component Qi, the 
sum of squares representing variation between classes. In the last 
column of Table 17-10 we have shown how the coefficient of 
correlation may be derived as a by-product of tlie break-up of the 
total sum of squares. The first expression for has been given as 
formula f0.0),on page 2()S. This coellicient, in scpiared form, is the 
ratio of the variance of the computed values of Y to the variance 
of the observed values of Y. (On an earlier page we have noted that 
if we may assunu; Y and A' to lx* causally related, A’ being de- 
pendent, we may think of r* as d(*finmg that portion of the varia- 
bility of Y (as measured by the variance*) that is explained by 
variations in X. If we multiply numerator and denominator of this 
ratio by N, we liave an exj)ression for as the ratio of (the 
sum of_the squares of the deviations of the computed value's of Y 
from Y) to SdJ (the sum of the squares of the deviations of the 
observed values of Y from )’). Hut this is merely the ratio of Ai to 
Q, the total sum of squares. 

In distinguishing elements Q 2 , A 2 , and B 2 we break up the total 
sum of sejuares in a somew hat dilTerent fashion. This analysis yields 
the measures given in Classification 11 (Table 17-11). 

The computations in the new pres(‘ntation give the index of 
correlation as a by-product of this particular break-up of the total 
sum of squares. The (juantity si, again represents the variance of 
the computed values of K, but here the computed values are those 
derived from the polynomial Y = 3.539 + 0.2527A - 0.002S27A"'^ 
(d^^ is, of course, the deviation of one of these computed )'’s from 
}".) This quantity measures the variation that is “explained" on 
the assumption that the quadratic function defines the relationship 
between yields and applications of irrigation water. The index of 
correlation may he derived from the ratio of .sj^ to .s*J, or from the 
equivalent ratio of 2dJ, to 2^dJ. This is the ratio of An to Q, the 
total sum of squares. 

We may here draw attention to the elements we have labeled 
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Classification II: Component Elements of Total Sum of Squares, Alfalfa Yields 
(Quadratic hypothesis) 


IClornout 

Sum of 
Hquares 

Mea'^ure of 
correlation 

Sum of H(jU}ir(‘.s unn'luP'd to irrigation 
f.'ictor (variation within arrays) 

76 39 


Sum of HfiuaTos rofircsiuitirig variation 
attrihutablc to irrigation faftor on 
the asHurnption of a (piadralic rcla- 
tionsliip (deviation ol eijinputed 
yiehis from grand mean) 

147.32 

117 32 

= 0 SO 

Sum of Hquarc'd (J(*viations of column 
iTK'ans fiom eoiiespoiuling r'ompua'd 
yieldh (vmuition l»«*lween eolumiiH 
that ih not explaiiK'd hy the quadratic 
hypothcMs) 

4 61 


Total Hum of sijuares 

228 33* 



* Th(* ^ivcn tol.'il !Ui(l Iho sum of tlio component items dilTer hy 01 because of rounding 
of (K'cmials in <lie calculaliona 


B\ (in Classification I) and (in Classification II). The variation 
hi'tween (^oluniiis {Q\ = 151.94) was considered, at the hepiinning 
of our analysis, to be due eitlier to the effect of irrigation differences 
on alfalfa yields, or to the play of chance. In Classification I this 
variation between columns is broken into a portion (/li) attrib- 
utable to irrigal-ion (di'ects on the assumption that the relation is 
linear, and a portion (Bx) which may be regarded as a measure of 
the degree to which the linear hypothesis fails to account for all the 
between-column variation. This failure may reflect the choice of a 
faulty hypothesis; on the other hand, it may merely reflect the 
play of chance in between-column variation. Our test (Table 17-6) 
indicated that the element Bx was too large to be attributed to 
chance, and we were led to reject the linear hypothesis. 

Similarlv, in Classification II, the residual variation B 2 is a 
measure of the degree to which the quadratic hypothesis fails to 
account for all the between-column variation. Here again the 
residual variation might in fact reflect the influence of the irrigation 
factor on yields, the function chosen being inadequate to define 
* the true relation, or it might be due to chance. Our test (Table 17-9) 
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indicated that residual variation as great as could easily be due 
to the influence of random forces. We concluded, therefore, that 
the observed facts were not inconsistent with the hypothesis that 
yield is related to irrigation in a manner defined by the specific 
quadratic equation employed. 

The Correlation Ratio. We could, of course, carry further the 
process exemplified by the analyses shown in Classifications I and 
II. By fitting polynomials of higher degree (i.e., by adding more 
constants to the equation of regression) we could further reduce 
the residual variation. If we should carry this to the point at which 
the number of constants was equal to the number of columns 
(8 for the data of Table 17-1) the curve of regression corresponding 
to this equation would pass through the mean of every column. 
We should then have the break-up of the total sum of s(]uares that 
is given in Classification III (Table 17-12). The symbol Smy has 

TABLE 17-12 

Classification III: Component Elements of Total Sum of Squares, Alfalfa Yields 
Illustrating the Computation of the Correlation Ratio 



Sum of 

MeaHure of 

lOlomont 

squaroh 

(!orri‘lalion 

Q ‘2 . Sum of s(iu:ircs urinjlulocl lo irngjition 



hie tor (vjirjiitiou within luniyH) 

76.39 


Qi : Sum of squtircs refirm-nlinK variation 

2 ®»nj/ 

ZdlJN 

attnlnitahk* to irrigation fa<'tor (total 

- / - 
«y 


betwccn-colunin variation) 

151 94 

151 94 



” 228 33 “ 


Vi/t = 0 82 


Q : Total sum of scjuarcs 

228.33 



(17 10) 


been used above to define the variance of the column means about 
the general mean of the l^’s. If we assume that we have a regression 
function that passes through the mean of each column, each column 
mean would corrcspoiul to a computed value of Y (i.e., to what we 
have termed in the previous discussion). Thus sl^y corresponds 
to of Classifications I and II. The ratio of s^y to si (which is 
equal to the ratio Qi to Q, the total sum of squares) is a measure ^ 
similar to and as shown in Classifications I and II. It is 
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termed the correlation ratio y and is represented by the symbol ji 
(eta). (The Greek letter eta was used by Karl Pearson for this ratio 
before the introduction of the convention that Greek letters be 
used only for population parameters. It is retained here as a 
symbol for sample values as well as population values of the 
correlation ratio.) 

The reader will note that in Classification III there are only two 
component elements of the total sum of squares — component Q 2 , 
which measures the variation within columns and component Qi, 
which measures the variation between columns. In effect, when we 
use eta as a measure of correlation we are attributing to the 
independent variable (irrigation, in this case) all the between- 
column variation in the dependent variable (alfalfa yield, in this 
case). There is nothing corresponding to component Bi or B 2 ] no 
place is left for the role of chance in bringing about yield differences 
from column to column. Eta thus measures the maximum correla- 
tion that might exist between two variables. The coefficient r might 
understate the true correlation, because a straight line failed to 
define the true relationship; a given index of correlation might 
similarly understate the actual degree of correlation. But the true 
correlation could not be greater than that shown by eta. 

Some characteristics of the correlation ratio. From the formula 
’7 j/t = f^rnv/Sy it is clear that riy^ will be zero when there is no variation 
among the means of the columns of a correlation table. All would 
lie on a horizontal line passing through the mean of the F\s. When 
this is true there is obviously no relation between the two variables. 
Eta will be etpial to unity when there is no variation within columns 
(i.e., when component Q 2 of Classification III is zero). In this case, 
all the variation among the F^s would be between-column varia- 
tion, and all such variation would be attributed to X. Thus the 
limits of eta are zero and 1. . 

The correlation ratio never has a negative value. It is possible 
of course, to determine by inspection of the correlation table 
whether the relation between two variables is direct, inverse, or 
varying. 

In a conventional correlation table (such as Table 9-7) the ob- 
servations will be classified by rows as well as by columns. That is, 
there will be A"-arrays as well as F-arrays. From such a table two 
correlation ratios may be computed, corresponding to the 
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measure discussed above, and ly,,. As a general formula for the 
latter we have 



where Sm* is the standard deviation of the means of the several 
rows about the mean of all the A"’s. The measure rjjcy need not, and 
in general will not, coincide in value with riyx- 

Correction of the correlation ratio. The use of 77 is only possible 
when the data are numerous, and can be arranged in the form of 
a correlation table. If a limited number of items should be so 
arranged, and it chanced that there was but one item in each 
column, the two measures and Sy would be identical and 77 would 
necessarily have a value of 1. Computed from a very small number 
of cases and based on a large number of classes, the correlation 
ratio would be meaningless. 

The raw correlation ratio may be corrected by the method 
employed on a preceding page for the index of correlation, with rn 
set equal to the number of groups (i.e., to the number of columns, 
for 77,,^; to the number of rows for 77x4,). Thus, if 77 be the corrected 
value, we have 

? . 1 - (d - <n.i2) 

In the present instance 

? . 1 - {(1 - 0.6M4)(" E-J)} 

= 0.6004 
~ri = 0.775 

The reduction from 0.82 to 0.775 is not inconsiderable. When N is 
very small or m very large, the correction can be substantial. 

Relation between the correlation ratio and other measures of 
correlation. When the relation between two variables is absolutely 
linear the line running through the means of 'the columns corre- 
sponds, of course, to the line upon which the coefficient of correla- 
tion is based. When this is the case 77 and r have the same value. 
As the relation between the two variables departs from the linear 
form the values secured for 77 and r differ, 77 being always greater 
than T. Similarly, if a quadratic function such as that used in the 
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second step of the alfalfa problem passes through the means of 
all the columns, rj and i will be equal. As the actual relationship 
departs from the quadratic form, the values of tj and i will differ, 
rj being always the greater. The reason for these relations will be 
clear from the argument set forth in presenting Classifications IJ 
II, and III above. Eta, defining maximum possible correlation, 
sets upper limits for measures of correlation identified with specific 
functions. In earlier work in this field a test of linearity was based 
upon the quantity — r^. This quantity would be zero, of course, 
for a perfectly linear relationship, and would increase in magnitude 
as the departure from linearity increased. However, the sampling 
distribution of this quantity does not lend itself to accurate tests 
of significance. The variance test of the linear hypothesis (Table 
17-0) is far more accurate. 

The correlation ratio is today of historical rather than of 
practical interest. As an upper limit to other measures of degree 
of correlation, it is a concept that helps toward an understanding 
of the nature of regression and correlation. But beyond this its 
uses are limited. Estimates of its standard error are inaccurate and 
of (]uestional)le value for purposes of inference. For tlie distribution 
of eta is complex and does not tend toward normality except under 
very special circumstances. In tests of significance, the more 
efficient and more soundly based methods of variance analysis 
have supi'rseded methods utilizing tlie corndation ratio. 

Note on the correlation, of time senes. The ind(‘xes, ratios, and 
coefficients of correlation treated in this chapter and in Chapter 9 
do not exhaust the measures of correlation statisticians have 
employed in dealing witli the diverse problems that arise in research 
and administration. In closing the present discussion we call 
attention to correlation procedures used in dealing with the 
chronologically ordered observations that make up time series. 

Direct measurement of the relationship between two time series 
involves the danger that the correlation revealed will be spurious. 
If two series, such as the price of bacon and the production of 
automobiles, were marked by sharply rising secular trends over a 
given period, the annual or monthly observations on the series 
would show a high degree of correlation. But such a correlation 
coefficient would be meaningless, for most purposes. However, 
correlation measures may be usefully and validly employed in the 
study of certain aspects of the movements of time series. The 
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relation between cyclical fluctuations in two such series may be of 
interest to the student of business cycles. For this purpose he may 
measure the correlation between deviations from suitable trend 
lines, after seasonal correction. (The trend lines should be of the 
same order for the two series, i.e., both should be linear, or both 
should be polynomials of the same degree if the deviations to be 
correlated are to be strictly comparable.) 

Study of the relations between deviations from trend is not 
limited to the correlation of concurrent items in the two series. It 
may be desirable to determine whether the cyclical fluctuations in 
two scries coincide in time, or whether cycles in one series con- 
sistently precede or lag behind cycles in the other. For this purpose 
the investigator may first determine r for concurrent observations; 
he may then compute r for observations that are paired with a 
constant lag of one month (e.g., the observation on series A for 
January, 1954, is paired with the observation on series B for 
February, 1954; the February observation on A is paired with the 
March observation on B, etc.). Successive pairings, with varying 
leads and lags, will yield a series of r^s. If the largest r is obtained 
when series A precedes scries B by six months, let us say, the 
investigator concludes that there is a typical six-months interval 
between “cycles^' in series A and “cycles^^ in scries B. The co- 
efficient of correlation is used here to establish temporal relationship ^ 
rather than the functionol relationship between variables that may 
be sought in the usual approach to correlation.^^ There are, of 
course, possible pitfalls in this use of the correlation coefficient. 
The chief one is that the temporal relations between cyclical 
fluctuations in two scries may change over time or, which is perhaps 
more likely, that they may change from phase to phase of the cycle 
in general business. Thus .series A may precede series B in business 
revivals, but may lag behind series B in business recessions. Con- 
clusions regarding the average relationship in time, between these 
two series, might be quite misleading if the phase relations were 
markedly different. 

Another approach to the measurement of relations between two 
time series involves the correlation of absolute (or relative) fluctu- 
ations from year to year, month to month, or day to day. When 

“ This device was first employed by Henry L. Moore in the study of business cycles. 

The most extensive use of this procedure was made by Warren Persons (Ref. 127). 

See also MUls, Statistical Methods^ 1038 edition, Chapter 11. 
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this is done, no trend lines are fitted. The differences (plus or 
minus) between successive annual, monthly, or daily observations 
provide the data that are correlated. The questions that are asked 
in correlating such paired first differences are, of course, different 
from those to which the correlation of deviations from trend is 
directed, and the results will be subject to quite different inter- 
pretations. 

The coefficient of correlation has been used, also, in studying the 
internal relations among a given series of chronologically ordered 
observations, the purpose being to determine the nature of oscil- 
latory movements in the series. Autoregression is the term used 
for such internal relations among the elements of a series in time. 
Degree of relationship among observations making up a given 
series is measured by the serial correlation coefficient. In computing 
a number of such coefficients the observations constituting the 
series an; paired with various lags. We have the serial coefficient 
of the first order when successive observations are correlated 
(e.g., pig iron production for January 1955 is paired with pig iron 
production for February 1955; pig iron production for February is 
paired with that for March, etc.). A serial coefficient of the second 
order would involve the pairing of observations with a lag of two 
months (or years, or days). When a series of such coefficients has 
been obtained, with lags varying from zero (for which r will be 1, 
of course) to k, they may be plotted to yield a correlogram. (In the 
correlogram the values of the successive r’s are recorded on the 
F-axis, the varying values of k (measuring the order) on the A"-axis). 
The pattern traced by the correlogram will indicate the nature of 
the oscillatory movement characteristic of the series, if there is a 
true pattern and not merely random change from observation to 
observation. 
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The Measurement of Relationship: 
Multiple and Partial Correlation 


In dealing with methods of defining correlation in the preceding 
chapters we have been concerned with problems involving only a 
dependent variable and a single independent variable. We have 
found, in certain cases, a fairly high degree of correlation between 
the two variables studied. But it is obvious that economic phe- 
nomena are usually affected by more than one factor, that the 
fluctuations in a single variable may be due to the interaction of 
many forces. Thus, in the alfalfa example, we studied the effect 
upon yield of but a single factor, irrigation. But variations in 
rainfall and temperature must have affected the crops in the differ- 
ent years studied. Similarly, variations in practically every factor 
dealt with in economic analysis are traceable to more than one 
cause.* If our analysis is to be complete we must employ methods 
that will enable more than two variables to be handled at a time. 
We need instruments that will assist us in measuring the relation 
of a single variable to a combination of two or mon* other variables 
and to the individual elements of such a combination. Such 
instruments may be secured by a simple extension of methods 
already familiar. 

Notation. The symbols used in dealing with interrelations among 
a number of variables are for the most part obvious modifications 
of those we have used with two variables. One such modification 


^ This should not be taken to mean that the coefficient of correlation establishes or 
necessarily measures causal relations. 
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is the use of X with subscripts 1, 2, 3, etc., to represent variables, 
and the use of corresponding subscripts to the familiar measures 
of variation, correlation, and regression. 

612.* a coefficient of regression relating to an equation in 
which Xi is the dependent variable, A’2 the inde- 
pendent variable 

hi2 S4 . • . a coefficient of net or partial regression; the coefficient 
of A"2 in an equation in which A'l is the dependent 
variable and A'i, A'3, A'4 . . . A„ arc independent 
variables 

.s'l 2: the standard error of estimate of A"i, when estimates 
are based on A’2; the residual variability of Ai after 
account has been taken of the inlliienco of A"2 on A'l 
Si 234 . - . the standard error of estimate of A’l when estimates 
are based on A'^2, A3, A4 . . . A„; the residual varia- 
bility of A’l after account has been taken of the 
influence of A’2, Aj, . . . A„ on Xx\ the standard 
deviation of order n 

Si 234 . • • a value of Si 234 . . . « corrected to take account of the 
number of degree's of freedom lost in its computation 
P12: the mean product of variables Ai and A’2 
ri2: the simple or zero-order coefficient of correlation 
between A"i and A\ 

ri2 a coefficient of net or partial correlation between Ai 

and A'^2, the oth(*r variables included being A3, A4 . . . 

An 

Ri •;34 . . . the coefficient of multiple correlation between Ai and 
a combination of other variables imfluding A2, A3, 
A4 . . . An 

k: the number of independent variables in an equation 
of multiple regression; the number of degrees of 
freedom in variation among the computed values of 
a dependent variable 

/^i 234 • . • a value of Ruu • • • n corrected to take account of the 
number of degrees of freedom lost in its computation 
^ri2 34 . . . the standard error of ri2 34 . . • n (the symbol Sr,2 34 ■ • . n 
is used when the standard error of this coefficient is 
estimated from sample values) 
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( 7 «, 2,4 . . . Standard error of / 2 i 234 • . • n (the symbol S/ii 334 . . . « 

is used when the standard error of this coefficient is 
estimated from sample values) 

di.234 . . . n* the coefficient of multiple determination; the square 

of / 2 l 234 • • • n 

di2.34 . . . the coefficient of separate determination, approximat- 
ing the influence of A'2 on Xi in a situation in which 
account has also been taken of the influence on Xi of 
A^, X4 . . . 

34 . . . the coefficient of incremental determination, measur- 
ing the contribution of A2 to an ^‘explanation” of 
variation in Xi, when A'2 is introduced after account 
has been taken of the influence on A’^i of the variables 
A3, A4 . . . A„ 

a beta coefficient; the coefficient of regression in an 
equation in which A"i is dependent and A2 is inde- 
pendent, both Ai and A2 being expressed in units of 
their respective standard deviations 
1812 34 ... n: a beta coefficient; the coefficient of A2 in an equation 
in wliich Ai is the dependent variable and A2, A3, 
A4 . . . A"„ are independent variables, all variables 
being expressed in units of their respective standard 
deviations 

A Problem in Multiple Relations: Corn Yield and 
Temperature Variations 

Preliminary Analysis. In Table lS-1 are given figures showing 
the yield of corn per acre in Kansas from 1890 to 1940 , together 
with the average June, July and August temperatures for each of 
these years. 

It is known that corn yield is affected by the temperature during 
the growing season. The object of the present study is to determine 
the precise relation between yield and temperature during each of 
the three montlis given, in order to secure a basis for estimating 
the yield from a knowledge of the temperature. Since certain 
growing months are more important than others, the relation 
between temperature and yield may be determined, first, for each 
of the three months separately. 
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On the assumption that the relation is linear, the regression 
function for yield per acre and June temperature will be of the type 

Xv = a -I- bnX^ (18.1) 

The equation describing the relationship between yield per acre 
and July temperature will be of the type 

X, = a -f bnX, (18.2) 

(In each case Xi represents average corn yield per acre, for the 
State, while X2, X3, etc., represent the absolute temperature, in 
degrees Fahrenheit.) Instead of using the symbols Y and X to 
represent the variables, as in the preceding examples, Xi, X2, X3, 
etc., are employed, Xi representing in this case the dependent 
variable. The symbol for the coefficient of regression is, in the first 
instance above, b^. The subscripts 1 and 2 indicate the variables 
to which this constant refers, the first subscript always representing 
the dependent variable (Ah in the example cited), the sec^ond the 
independent variables (X2 in the illustration above). Tlu'se sub- 
scripts are necessary to distinguish the different constants when 
several variables enter into the problem. The meaning is precisely 
the same as in the former examples when no subscripts were 
needed because only two variables were dealt with. 

Values required for the determination of the constants in 
formula (IS.l) may be computed from Table 18 - 1 . Solving for 
the.se constants, we have 

X, - 103.76 - 1.146A.2 

The value of Si 2 may be determined from the formula 

^ 2(Ai) — a^Ai) — 6 i2S(AiA'^2) 

5 i — ' ----- - -- - - (10.0; 

Substituting the given values, and solving for the standard error 
of estimate, we have 

Si 2 = 6.29 

The significance of the standard error Si 2, as a measure of the 
reliability of estimates based upon the equation of relationship, 
has been fully explained. In judging of the usefulness of the 
equation, Si 2 should be compared with Si (the standard deviation 
of Xi) which may be looked upon as a measure of the reliability of 
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These results indicate a negative correlation, though not a high 
one, between yield per acre of corn and June temperature in 
Kansas. Let us see if the estimates could be improved if based 
upon the temperature in July instead of in June. Solving for the 
constants in formula (1S.2) above, w^e obtain the relation 

X, = 156.71 - 1.735A":, 

For the standard error, we have 


3 = 5.06 

and for the coefficient of correlation 

r,3 = - 0.7108 

We have here a closer relation and a better basis for estimates than 
in the case when June temperature was considered. 

Repeating the process for yield per acre and August temperature, 
we have 

X, = 117.35 - 1 . 257 X 4 
Si 4 = 6.15 
ri4 = - 0.5202 

August temperature, it is evident, also affects the corn yield in 
Kansas, a low temperature conducing to yield above normal. The 
relationship is not so close as in the case of July temperature, but 
it is still significant. What is needed now is some method of 
combining these three factors, in order that an estimate may be 
based upon a knowledge of their influence, in combination, upon 
the yield of corn. The addition or averaging of the temperatures 
in the three months w^ill not do, for July is obviously more im- 
portant than either of the other months. We need a method of 
combination, for purposes of estimation, that will take account of 
such differences among the independent variables, and of the inter- 
relations among these variables. 

The Estimation of Com Yield from Three Independent Vari- 
ables. The estimating or regression equation in the present case 
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will be one in which there is a single dependent variable (corn yield) 
and three independent variables. It will be of the form 

-^1 = a “h 612 34A2 "h 6 i 8 24A3 “h 614.23A4 ( 18 . 5 ) 

When we have the values of the four constants, we may substitute 
given values of ^^2, A”.,, and A^ in the equation and thus get an 
estimate for A’^i in precisely the same way as when two variables 
are dealt with. (This method of deriving an estimated value for a 
dependent variable involves the assumption that the inter-relations 
among the several variables, when paired, may be adequately 
defined by straight lines. A comment on this point appears below.) 
The method of least squares affords the means of solving for the 
required constants. 

The symbols require a word of explanation, as a perfectly simple 
equation is given a rather ponderous appearance by all the sub- 
scripts employed. The symbol 612, it has been explained, represents 
the coefficient of regression of Ai on A2 (i.e., the slope of the line 
describing their relationship, A'l being dependent) when these two 
variables alone arc included in the study. The symbol hn 34 repre- 
sents the coefficient of net regression of Aj on A2. The addition of 
the subscripts 3 and 4 to tlio right of the period means, simply, that 
the variables A3 and A^ have been included in the study and the 
effects of their variations eliminated, in so far as this one constant 
(5 i 2 34) is concerned. This constant measures the weight which mus< 
be given to the variable A2 in an estimate of A'l based upon the 
three independent variables, A2, A3, and A4. It will not, of course, 
be the same as 612, which indicates the weight given to A2 when an 
estimate of Xj is based upon A2 alone. Similarly the constant 613 24, 
the coefficient of net regression of Ai on A3, measures the weight 
given to A% when A2 and A4 are also included. Each coefficient 
represents a single, simple constant, but the subscripts are neces- 
sary in order that the precise meaning of tiiis constant may be 
clear. The subscripts to the left of the period are termed primary 
suhscriptSf those to the right secondary subscripts. 

Formation and solution of the normal equations. The first task is 
the securing of the normal equations required in solving for the 
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constants in the estimating equation given above. Following the 
usual procedure® we have: 

I S(Xi) = Na 612 . 342 (^ 2 ) “h 613 24 S(X 3 ) -j- &14 23S(-y4) (18.6) 

II 'E(XiX2) = (lX(X2) + bi2 -h &13 242(X2X3) 

+ bu,2,nX2X,) (18.7) 

III 2(AiX3) = aX(X^) + bi2 34^(X2X3) + fel3.242(X3) 

+ hu 232 (^ 3 X 4 ) (18.8) 

IV 2(A, A 4 ) = anx,) -f fo ,2 342 (^ 2 X 4 ) + &13.242(X3X4) 

+ bu n^(Xl) (18.9) 

The given values might he substituted in these simultaneous 
equations and solutions secured directly for the four constants. It 
is possible to reduce the number of normal equations by one, 
however, and thus lessen materially the labor of eomputation. This 
is done by using deviations from the arithmetic mean for each 
variable instead of absolute values, getting rid in this way of the 
constant term a in the original equation. 

If we let Ai, da, ds, etc., represent the arithmetic means of the 
did'ereiit variables while Xi, X 2 , X 3 , etc., represent deviations from 
tlie means, we may replace the absolute numbers A'l, A 2 , A 3 , etc., 
by their eciuivaloiits, Xx -j- di, X 2 + da, Xi + da, etc. Making these 
substitutions in the normal equations, certain algebraic simplifica- 
tions are possible whit^h eliminate the first of the normal equations, 
and reduce the ot hers to the following form: 


2 (a-iXa) 

N~~ 


2 (xD 

N 


XiX2X3) X{X2XA, 

~r Y Oi3 24 “T J^J Oy/x 23 


i:(x,a: 3 ) _ X(x,Z 3 ), 2(13) ^(xiX,) 

jyr Oi 2 34.“r ~^t“0i3 24 “T kt 0 \ 


N 


i:(iiX4) 2:(x,Xih 2(13X4) 2(x^) 

- - - — y 0,3 34 + Tyr " 0,8 24 + y 


. 2 \ 


4.23 


All the variables in the above equations refer to deviations from tlio 


’ See App(‘ndi\ loi a of thin procedure and ot the metbodH employed m 

bimphfyinjg the norniid equatioiia. 
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respective arithmetic means. Therefore is simply the mean 

product of the variables Xi and X2, is si, etc. Representing the 

various mean products by the symbols pi2, etc., and inserting 
the symbols for the squares of the standard deviations, we secure, 
for the normal equations: 

P12 “ S2&12 34 “h P23fel3 24 “1“ 'P24&I4 23 (18.10) 

Pia — P23^12 34 H“ 5361324 “h P34614 23 (18.11) 

Pl4 = p246l2,34 “b VzA^niA “I” 5*614 23 (18.12) 

This is the most convenient form for the solution of the normal 

equations. 

From the data, as arranged in Table lS-1, tlie following values 
are derived: 

S(Xi) = 1,099.7 2(A'?) = 23,822.51 

2(^2) = 4,209.4 Z{Xl) = 311,390.68 

2(^3) = 4,519.2 2(A1) = 358,794.24 

2(A:4) = 4,454.0 2(A1) = 348,539.38 

2(A'iA'2) = 79,938.04 
Z{XiX,) = 85,614.99 
2(A',X4) = 84,591.18 
2(A2A3) = 333,965.04 
2(AVX^4) = 329,090.19 
2(A3A4) = 353,366.95 
2(Ai) 

Cl = 

= 19.135 c\ = 366.15 

C 2 = 73.849 c\ = 5,453.67 

C3 = 79.284 cl = 6,285.95 

C4 - 78.140 cl = 6,105.86 

From these values, the quantities neces.sary for the .solution of 
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the normal equations may be readily determined. These quantities 
are brought together below: 


N 

o7 

sj = _ 6,285.95 = 8.09 

„ 348,539.38 


Pl2 = 


57 

2(A^A^,) 
X 

79,938.04 
57 ' 


- 6,105.86 = 8.87 


- C1C2 


- 1,413.10 = - 10.68 


Pn = - 1,517.10 = - 15.08 


Pu = 


1^23 — 


84,591^8 
57 

333,965.04 
57 


- 1,495.21 = - 11.15 


- 5,855.04 = 4.00 


329,090.19 ont: 

fh2A = - 5.770.56 = 2.95 


^34 — 


0/ 

353,366.95 

57 


- 6,195.25 = 4.17 


Substituting in the normal equations, we have: 

— 10.68 = 9.325j 2 34 + 4.00^13 21 H- 2.956j4 23 

— 15.08 = 4.00612 34 “h 8.696ij 24 “h 4.176x4 23 

— 11.15 = 2.956i2.s4 4.176i3 24 8.8761423 

Solving these simultaneous equations^ we secure the following 
values for the constants 

612 34 = — 0.430 613 24 = — 1.29o 6 i4 23 = — 0.505 


Any method of solution m:iy he employed The Doolittle method, described in detail 
in Appendix C, provides a systematic procedure. 
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The required equation is, therefore, 

= - 0.430x2 - 1.295x3 - 0.505x4 

This is the equation of regression of Xi on Xg, X3, and X4. Any 
given values of the three independent variables (June temperature, 
July temperature, and August temperature) may be substituted 
in this equation, and the most probable value of the dependent 
variable (corn yield per acre) determined. In the equation as it 
stands, it should be noted, all the variables are expressed as 
deviations from their respective arithmetic means. For practical 
purposes it is advisable to have an equation in terms of the original 
values. In other words, it is desirable to shift the origin from the 
point of averages to the zero point on the original scales. This 
necessitates re-introducing the constant term a. 

The value of a may be d(‘.termined from the equation 

.'ll = cr H- .4261234 A361321 + A 4614 23 (18.13) 

where the A’s r(‘prcsent the respective arithnu'tic* means.'* Inserting 
the proper values, we have® 

19.135 = a -b 73.849(- 0.4303) + 79.2S4(- 1.2948) 

+ 78.140(- 0.5053) 

Solving, 

a = 193.05 

The equation of regression in t(Trns of original values is, there- 
fore, 

Ai = 193.05 - 0.430A'2 - 1.295X3 - 0.505X4 

Computation of the Standard Error of Estimate. Are (estimates 
based upon this equation any more reliable than thost; based upon 
the equations previously derived, each of which r(‘f(!rred to a single 
independent variable? To answer this question the value of the 
standard error must be computed. This will be represented in the 

^ This equation ih derived from the first normal equation (formula (18 0 above). 

2(A]) = Na + hi-^ 3 i 2 ^(Xi) t- 6iij4X(A.i) -h fh* t) 

lleplaeing the absolute numbers A'l, A’j, etc , by their equivalents x\ + A], j* + At, 
etc., we secure / 

2(1.) + NAy = Na + />,, + 6 ,, 2d2fx,) + NA,\ + 6,4 2 ^l 2 (x 4 ) + NA,\ 

Since = 0, Zix-i) = 0, etc, these values disappear. Dividing through by N we 

obtain the equation presented above 

* The arbitrary origin is at zero on each of the original scales, hence Ay Cy, At =* c*, 
etc. To ensure greater accuracy in solving for o, the values of the coeflicienls bu 34, 
bia 34, etc., are given to a greater number of decimal places than in the equation of 
regression. 
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present case by Si.234, the subscripts referring to the single depend- 
ent variable (Xi) and the three independent variables. This value 
may be computed from the formula’ 

Si 234 = Si — fei2 34 P 12 — hi3 24 P 13 — hl4.23Pl4 (18.14) 

Substituting the proper values, we have 

.s?234 = 51.79 - 4.5924 - 19.5156 - 5.6307 
= 22.0513 
Si 234 = 4.70* 

* For prodse work, w’hon tho sample is small, allowanre should be made in computing 
8 for the numher of constants in the equjition of ri'gression Snu*(‘ there are four 
constants in the firesent equation, tho 57 observations hove but 53 degrees of freedom 
to deviate from the computed values Denoting by s the corrected value of the standard 
error of estimatt', and by m the number of constants in the equation of regression, 
Ezekiel (Ibif. 37) gives 



applying this correction to the present mivasurements, we have 

i ‘, ... = 22 0513(5^“^-^) 

= 23 7155 
St = 4 87 

This formula may be derived as follows: (liven an eiiuution of the type 

= hu 34X2 + />!. + 6m isXi 

(in which the varnibles i(‘f(‘r to deviations from the means) each residual may be 
computed horn the equation 

d = 6 j.. 34 X 2 + 6 i 3 243 'j + 614 232:4 — ( 1 ) 

Multiplying throughout by d, and adding, we have 

2Hd^) = iw(dx2) + bi3 2A^idxi) 4“ 6m 2,i^{dXi) — Zfdxi) 
but it follows from the methoil of fitting that 

2(dx2) = 0 
i'Crfj-a) = 0 
2(^X4) = 0 

and, therefore, = — 2:{dxi). (2) 

Multiplying each residual equation (1) by Xi and adding, we have 

2 :(dxi) = 612 s42;(xiX 2) + 6ij242(xia-3) + 614 232:(jiX4) — ^{x'i) 

Substituting the equivalent of £(dxi) in equ.ation (2) we secure 

2(d2) = 2:(Xi) - 6,2 342 (XiX 2 ) - 61, 242 (XiX 3 ) - 614 282(XiX4) 

, _ 2(d*) 2:(x;) LXxiX,) 2(r,Xs) . 2(xiX4j 

Si 134 “ ~ M JV “ "IS 24 ^ - Ol4 23“ 

Since the variables refer to deviations from the means, we have 

S^J 234 = Si — 612 34P12 — 61s 24P1S — 6]4 2SPl4 

See Appendix C for a general derivation of these relations. 
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This is to be interpreted just as the standard error of estimate was 
interpreted in previous cases. The reliability of estimates based 
upon the mean value of A’^i is measured by Si, which has a value of 
7.20. The reliability of estimates based upon the equation of net 
regression, when yield is considered as a function of temperature 
in June, July, and August, is measured by Si 234 which has a value 
of 4.70. It is clear that estimates made from the equation are 
distinctly more reliable than those based upon a knowledge of Xi 
alone. We have by no means accounted for all the factors that are 
responsible for variability in corn yield, hut we have measured and 
reduced to precise terms the effects of three factors upon the yield 
of corn per acre in Kansas. 

This last statement should not be understood to mean that the 
equation of multiple regression necessarily defines all the influence 
of these three factors on corn yield. A linear function may only 
approximate the true relations between dependent and independent 
variables in a problem of agro-biology of this type; the calendar 
month may not be the best time-unit to employ in distinguishing 
strategic periods in the development of a crop; there will be sig- 
nificant variation from year to year in the distribution of tempera- 
ture within even the best-selected periods of growth ; the phases of 
crop development will vary somewhat in timing from year to year. 
Errors of these kinds, as well as errors arising from the omission of 
causal fa(!tors other than temperature, arc reflected in the standard 
error of estimate. Wisdom in the selection of functions, time-units, 
strategic periods, etc., requires some understanding of the ground 
plan of nature in the particular field of study, as well as competence 
in the application of statistical techniques. The task of analysis is 
never purely mechanical. 

The Coefficient of Multiple Correlation. We have need now of 
our third measure, the abstract coefficient of correlation. The value 
of this coefficient, as we have seen, depends upon the relation 
between the standard error of estimate and the standard deviation 
of the dependent variable. It may be computed in the present 
instance from the formula 

When the relationship between a single dependent variable and 
several independent variables is being studied, this measure is 



626 


MULTIPLE AND PARTIAL CORRELATION 


termed the coefficient of multiple correlation and is represented by 
the symbol R. The subscript to th^ left of the period relates to the 
dependent variable, while those to the right relate to the inde- 
pendent variables. Substituting in this formula the equivalent of 
sf 234 i, we have 


Ri.234 — 1 

Si “ &12 34/>12 “ &13 24Pl3 “ &14 28^14 

(18.16) 

s5 

which reduces to® 

7^1.234 

_ hu 34P12 + f>i3 24P13 “h biA 23P14 

s? 

08.17) 


Inserting the proper values wo have 

^2 _ 4.5924 + 19.5156 + 5.6307 

/til 234 - 51.79 

= 0.5742 
Rl 234 — 0.758 

The correction of R. For the same reason that estimates of the 
index of correlation derived from samples must be corrected by 
making allowance for the number of constants in the regression 
equation, correction must be made in R, For if the number of 
constants is equid to the number of observations, R will necessarily 
equal 1. Using R to denote the corrected coefficient of multiple 
correlation and m to denote the number of constants in the equation 
of regression, Ezekiel gives 

K- . 1 - {a - :J)} as,i8) 

In the present example 

= 1 - {(1 - 0.5742)(;^J " J)} 

= 0.5501 
R = 0.742 


■ The coefl'icient of multiple correlation may also he derived from the general formula, 
which refers to an origin at zero on the original scales This general formula is 

243 . « 

aS(Xl) H~ fel2 34 • • • .|S(XlAa) -f - bii 24 n^CAiAj) + &14 28 • • . -f- . . . — Afcf 

“ " ~ StA’b-A’c? 
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lu later references to this illustration the uncorrected measure is 
used, though it is to be understood that the corrected measure 
provides a somewhat closer approximation to the true R than does 
the uncorrected coefficient. 

The coefficient of multiple correlation is an index of the degree 
of relationship between a single dependent variable and a number 
of independent variables, in combination. It measures the degree 
to which variations in the dependent variable are related to the 
combined action of the other factors. Its significance may be clearer 
if all the independent variables are looked upon as constituting a 
single independent series. The coefficient is then seen to be a 
measure of the relationship between the dependent variable and 
the independent series, which is precisely what the coefficient of 
correlation is in the simpler case of two variabh's. In the multiple 
case the independent series has several component elements, but 
this fact does not alter the fundamental nature of the coefficient. 
No positive or negative sign is attached to Ry it should be noted. 
In the present instance all of the independent variables are nega- 
tivel}' correlated with corn yi(‘ld, and a negative sign might be 
attached. The correlation could be positive, however, for some of 
the independent variables, and negative for others. Because of this 
fact, R is always given without sign. The signs of the constants in 
the equation of regression indicate which of the independent 
variables are positively correlated and which are negatively 
correlated with the dependent variable. 

Sampling Errors and Tests of Significance. The sampling error 
of the coefTicient of multiple correlation may lie roughly estimated 
from the formula 

1 — R'^ 


where m is the number of constants in the etjuation of regression. 
The use of this formula is subject to serious limitations because 
of the non-normality of the sampling distribution of R, even for 
large samples. In determining the significance of R the procedures 
discussed in Chapter 10 provide a more satisfactory method. The 
deviations of actual from computed values serve as a yardstick for 
testing the variability in A'l that is attriliutable to As, and A 4 , 
as the relationship is defined by the equation of regression. In 
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common with other correlation problems, this one reduces to a 
comparison of variances. 

The sum of the squares of the deviations of the computed values 
of Xi from the mean value of A\ is 1695.11. If the dependent 
variable corn yield is in fact unrelated to the several independent 
variables, this quantity, divided by an appropriate measure of the 
degrees of freedom present, will provide an estimate of the magni- 
tude of fluctuations in A'l due to chance. For the computed values 
of A"i would in this case vary from the mean of A"i because of the 
play of chance, operating with the degrees of freedom given by the 
several coefficients of regression in the multiple equation of re- 
gression. If, on the other hand, there is a real relationship between 
X\ and the composite of factors represented by As, X-s, and X 4 , the 
variations of computed values of A"i from the mean of A"i will 
reflect the influence of this composite, and will be expected to 
exceed the values that chance might bring about. 

As an estimate of the “error variance,” a standard presumed to 
r(*fl(‘ct the play of chance alone, we may use a measure derived 
from the deviations of observed from computed values of Xi, 
lliese residuals, siirnined and .sejuared, yield a total of 1,25(5.92. 
Since there are 57 observations, and since the equation of regression 
contains four constants, there are 53 degrees of freedom in the 
deviations from the regression function. The three coefficients of 
regression (other than the constant, a) give thre(^ degrees of freedom 
to variation among the computed values of A'l. We are testing the 
null hypothesis — i.e., that the two variances compared both define 
the play of chance, and are therefore to be regarded as estimates 
of the same quantity. This is a test, in other words, of the hy- 
pothesis that there is no correlation between corn yield and the 
composite of temperatun* factors represented by the three inde- 
pendent variables. The test takes the following form. 




Sum of 

Mean 

Natun* ol vaiiabilitv 

Degrees of 
freedom 

stjuared 

deviations 

square 

s* 

Variation among romputoil 

values 

3 

1,095 11 

505.04 

Deviation of obscrvocl Irom 

computed values 

53 

56 

1,250.92 

2,952.03 

23.72 
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For sf, the variance to be tested, we have 565.04; for sj, the error 
variance, 23.72. The variance ratio is 


si ^ 565.04 _ 

"1 23:72 “ 


From the table of the F-distribut ion (Appendix Table VII) we note 
that with Hi = 3 and /i 2 = 53 the 1 percent value of F is about 4.17. 
The present figure materially exceeds this value. W'e conclude that 
R is clearly significant. The variance in corn yield apparently 
associated with temperature variations is far greater than might 
be accounted for by the play of chance. 

It is sometimes more convenient to derive the variance ratio 
from the relation 


R^y - /i - 1) 
(1 - R^~)k 


\\h(‘re k is the number of independent variables in tli(‘ ecpiation of 
multiple regression. (If we define R- as the ratio of two sums of 
squares, i.e., as 1,()95.1 1/2,952.03, this expression for F may 
readily be identified as the equivalent of the variance ratio.) In 
the present instance 


0.5742(57 - 3 - 1) 
(1 - 0.5742) 3 


23.S 


As we have already observed, the application of tests of sig- 
nificance to measures obtained from time series is usually (juestion- 
able, because of the nonindependence of sucicessive observations. 
For the weather and yield data here used, however, chance factors 
play a major part in year-to-year fluctuations, and the usual 
probability tests may be applied with some confidence. 

Comparison of measures of relationship. The degr(‘e to which our 
knowledge of the causes of variation in corn yield has been im- 
proved and the reliability of our estimates increased by taking 
account of the various factors in combination may be more readily 
appreciated if we bring together the various measures secured in 
the course of this analysis (see Table 18-2). The initial of 7.20 
has been cut to a value of 4.70 for si 234 . This value might be 
further reduced, and the reliability of estimates correspondingly 
increased bj^ bringing into the analysis other factors, such as 
rainfall during the growing months. The method that has been 
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TABLE 18-2 

A Comparison of Certain Measures Pertaining to Com Yield in Kansas 


Basis of estimate 

Measure of 
reliability 
of estimate 

Coefficient 

of 

correlation 

Arithmetic mean of Xi = 19.13 

Xi = 103.76 - 1.U(jX2 

fii = 7.20 

«,.2 = 0.29 

r ,2 = - 0.4861 

Xi « 156.71 - 1.73,5^, 

Si.j =5.06 

r,3 = - 0.7108 

X, = 117.35 - 1.257X4 

S 1.4 = 6. 15 

ri 4 = — 0.5202 

X, = 193 05 - 0 430 X 2 - 1.295X, 

- O.SOSA^ 

Si 2S4 “ 4 . 70 

/ei*84 = 0.758 


explained may be extended to cover any number of variables, one 
equation being added to the set of simultaneous equations for each 
additional variable introduced. Without setting forth the details 
of the calculation, we may note the results obtained by adding 
rainfall in Kansas in June, July, and August (these variables being 
designated, respectively, As, Ac, and Xj) to the three temperature 
variables already included. The period covered is the same, 
1890-1946. In contrast to Si = 7.20 and Sj 234 = 4.70, we have 
51.234667 = 3.89. The coefficient of multiple correlation is Ri 234667 = 
0.841, as compared with Ei 234 = 0.758. 

An application of results. Let us illustrate the use of the estimat- 
ing equation. In the year 1951 the average June temperature in 
Kansas was 08.9°F, the average July temperature 76.8°F, and 
the average August temperature 78.2'’F. What was the probable 
corn yield per acre? Substituting these values for X^t A^, and A4 
in the equation 

Ai = 193.05 - 0.430X2 - 1.295X3 - 0.505X4 

we have 

Xi = 193.05 - (0.430 X 68.&) - (1.295 X 76.8) - (0.505 X 78.2) 
= 24.48. 

This estimated 1951 yield of 24.48 bushels per acre was very close 
to the actual yield, which was 24 bushels per acre. The close 
agreement is, of course, fortuitous, but if underlying conditions 
have not changed, the actual yield should generally fall within 
limits of expectation set by the standard error of estimate, 81.234 = 
4.70. 
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The Measurement of Partial or Net Relations 
among Variables 

The Meaning of Partial Correlation. In the preceding section 
we sought to determine the degree to w’hich corn yield in Kansas is 
afifected by the temperature in June, July, and August, treating 
the three independent variables in combination. Our aim has been 
to measure their combined effect upon corn yield. There is a related 
problem, which in many studies may be of major importance. This 
is the determination of the relationship between a dependent 
variable and a single independent variable in a universe unaffected 
by variations in other specified variables. Concretely, what would 
be the effect upon corn yield of variations in July temperature if 
account were taken of variations in July temperature after full 
account had been taken of the influence on corn yield of variations 
in June and August temperatures? This is the problem of net or 
partial correlation. 

It is obvious that if a method could be developed by which two 
variables could be isolated for separate study, it would add im- 
measurably to the analytical powers of the social scientist. It 
would give to the student of social phenomena that power to 
eliminate irrelevant influences and to concentrate his attention 
upon a single factor which is possessed by the chemist, for example. 
In studying the effect of one element upon another the chemist 
seeks to eliminate all other elements, and the effectiveness of his 
analysis depends in large part upon the degree to which it is 
possible thus to isolate the object of immediate interest. 

It is not generally possible in economic and social analysis to 
eliminate all but one of the factors responsible for variations in 
a given series. The direct and indirect causes of a given social 
phenomenon are too numerous and too complicated in their inter- 
action for the social scientist ever to hope to emulate the chemist 
in reducing his problem to terms of but two variables. But, within 
certain limits, the statistician is able to employ the method of the 
physical scientist in freeing a stated universe of the effects of 
changes in certain variables while the effects of variations in 
another are studied. The methods which make this possible are 
among the most powerful of the instruments that the student of 
the social sciences possesses. 

The method of partial correlation may be explained with 
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reference to the problem of corn yield in Kansas. Our object is to 
determine the net correlation between corn yield and the tempera- 
ture in each of the three months for which the average temperature 
is given. 

It is important to distinguish between this problem and that 
faced in the ordinary measurement of relationship between two 
variables. We have already secured, as a description of the average 
relationship between corn yield and July temperature, the equation 

Xi = 156.71 - 1 . 735 X 3 

with 

S 1.8 = 5.06 

and 

ri3 = - 0.7108 

These measures describe the relationship in question when all other 
factors ar(‘ ignored. They are not taken account of. They are 
merely neglected. It is as though the chemist, in studying the 
reaction of one clement to another, used a test tube containing 
various impurities, which he made no attempt to remove. The 
statistician cannot, in general, locate and remove all the “impur- 
ities” in his problem, but he should recognize that his measures 
relate to such uncorrected data. 

In seeking to determine the net correlation between corn yield 
and July temperature we attempt to secure a measure of the 
correlation which would prevail if other factors might be held 
constant. We shall take full account of the other factors we have 
studied, but we shall try to secure a measure influenced only by 
fluctuations in July temperature, in relation to corn yield. 

One possible method of accomplishing this end may be suggested. 
If one i)ossessed data covering a very long period we might be able 
to pick out a number of years during which the average tempera- 
tures in June and August remained unchanged. Let us say that we 
could find 30 years in all, during each of which the June tempera- 
ture averaged 74 degrees and the August temperature 78 degrees. 
Corn yield and July temperature varied during these years. The 
relationship between July temperature and corn yield might now 
be measured, and it would be certain that the results would not be 
affected by the presence of fluctuations in June temperature and 
August temperature. Unfortunately, this method of holding certain 
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factors constant cannot be employed. The data arc too limited and 
too varied, in general, to enable us to pick from among them such 
figures as are appropriate to our purpose. Other methods of arriving 
at the same end are available, however. 

An Illustration of Procedure. As a first step, let us derive the 
equation defining the relationship between corn yield as dependent 
variable and June temperature and August temperature as inde- 
pendent variables. This will be of the form 

X \ = a -{- 612 4A2 “f 614 2A4 

We solve for the constants exactly as in the preceding example, 
except that variables Ai, A' 2 , and A '4 only are employed. The desired 
equation is 


Xi = 157.37 - 0.83(LY2 “ 0.979X4 

We may determine the value of the standard error of estimate 
from the rc'lation 


Sl.24 — ““ hi2.4Pl2 “ ^14 2plA 


We secure 


si,, = 31.9457 
Si.24 = 5.65 

If corn yield per acre is estimated from June temperature and 
August temperature the standard error of estimate, or the standard 
deviation of the remaining variability, is 5.65 bushels. But we 
know that if corn yield is estimated from June, July, and August 
temperature, the standard error of estimate, or the standard 
deviation of the remaining variability, is 4.70 bushels. The measure 
of remaining or “unexplained” variability is reduced from 5.65 to 
4.70 by the addition of July temperature (X^) to the estimating 
equation, after account has already been takpn of the influence of 
June temperature (X2) and August temperature (X4). The differ- 
ence between these two measures may be taken to represent a 
relationship between X, and X 3 which is not affected by variations 
in X2 and X4. 

We have seen (cf. formula 9.7) that the degree of correlation 
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between a dependent variable (Zi) and an independent variable 
(X3) may be defined by the relation 


2 _ 


( 18 . 20 ) 


The denominator of the fraction constituting the right-hand 
member of the equation is .s?, the original variability of Xi as 
measured by the variance. This same quantity is the first term in 
the numerator, while the second term, s? 3, defines the variability 
of A"i after account has been taken of the influence® of X3. The 
whole numerator is thus a measure of the amount by which the 
variability of Xj has been reduced by taking account of the in- 
fluence on Xi of X3. When we express this observed reduction in 
variability, as here measured, as a fractional part of the original 
variance, we have a measure of the degree of correlation between 
the two variables, A"i and X3. This measure is the square of the 
familiar coefficnent of correlation. In the present problem we have 


rh = 


51.79 - 25.62 
51.79 


0.5053 


ri3 = “ 0.711 


The coefficient of correlation is given the sign of the corresponding 
coelTicient of regression, in this case 613. 

In exactly the same way, we may sa^'^ that the nrf correlation 
between A"i and A^, when the relationship is not alTected by 
fluctuations in A% and A4, is defined by the relation 


rl3 24 = 


2 2 

Si 24 — Si 234 
S5 24 


(18.21) 


Here the denominator of the right-hand member of the equation 
24 defines the variability remaining in Xj after account has been 
taken of the influence of A2 and A4. This ^^ime quantity is the first 
term in the numerator. The second term defines the variability 
remaining in A^ after account has been taken of the influence on 
Ai of A2, A's, and A4. The firtit and second terms in the numerator 
dijfcr only because of the presence of correlation between A"! and Xa 


* Although it IS roiivcriicrit to use hiiij5U.iKi* lliut i:ii|ilu‘s u rausal ri'lationship between 
the two v;iri:il)J(‘s, it is well to remember that an observed correlation does not estab- 
lish causality. 
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that is incremental to any correlcUion that may exist between Xi, on 
the one handj and Xz and on the other. If the equation 

Xi = 193.05 - 0.430X2 - 1.295X3 - 0.505X4 

gives estimates no more reliable than those derived from the 
equation 

Xi = 157.37 - 0.83CX2 - 0.979X4 

then the two terms in the numerator of formula (18.21) will be 
equal, their difference will be zero, and the value of 24 will be 
zero. But if the equation containing X 2 , A' 3 , and as independent 
variables gives better estimates than docs the equation eontaining 
only A ’'2 and X4, s? 234 will be smaller than s? 24 . The diiTcrence 
between the two will be a measure of the incremental contribution 
of Xs, when account is taken of A^a after the relation of A '2 and X4 
to X] has been measured. If we express this incremental or net 
reduction in the variability of A^ as a fractional part of the varia- 
bility remaining in A"i after account had been taken of A '2 and X 4 
only, we have a measure of the net correlation between Xi and X3. 
Since the measures of variability showm in formula (18.21) are the 
squares of the respective standard errors, the desired coefficient 
7*13 24 is derived by taking the square root of the fraction given by 
the right-hand member of the equation. 

Substituting the appropriate values for the quantities indicated 
in formula (18.21), we have 


ri3 24 


3Um7 - 22.0.513 
31.94.57 


0.3097 


ri3 24 = - 0.5.57 

In this case the coefficient of net correlation ris 24 is negative, 
having the same sign as the coefficient of net r(‘grcssion bn 24 . 

The quantity ri 3 24 measures the degree of correlation between 
X] and X 3 when neither one is affected by variations in X 2 and X4. 
It may be thought of, equally well, as a measure of the degree to 
which errors in estimating Ah are reduced when use is made of X3, 
after full account has already been taken of the influence of X 2 
and X 4 on Xi. 

The meaning of the symbols employed in the above demonstra- 
tion should be clear from the context. As with the coefficients of 
net regression, the first of the subscripts to the left of the point 
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(the primary subscripts) refers to the dependent variable; the 
second of the primary subscripts refers to the single independent 
variable to which the measure of net correlation applies specifically. 
The subscripts to the right of the point (the secondary subscripts) 
indicate the other independent variables in the equation of multiple 
regression. These other variables are two in number in the present 
example; there could be one or many. Thus the general formula 
for the coefficient of net correlation between variables .Yi and X3 is 


2 2 

2 _ Si 2456 •••n ■” Si 23466 • • • w 

r 13 2450 ...71 — 2’ ~ 

S] 2456 • • . n 


( 18 . 22 ) 


The variable that is present in the second term of the numerator of 
the right-hand mtunber and absent in the first term of the numer- 
ator is the particular independent variable that is being paired 
with the dependent variable for the purpose of measuring net 
relationship. 

In a four-variable problem of the type with which we are working 
the two additional recpiired measures of net correlation (with A'l 
dependent throughout) may be derived from the following relations 


.2 2 

2 ^>*1 34 “ ^*1 234 

ri2.34 — ~2 

Si 34 


ri4 23 — 


,2 2 

Si 23 Si 234 

Si 23 


( 18 . 23 ) 

( 18 . 24 ) 


In each case the numerator of the right-hand member measures 
the net reduction in the variability of A"i that is associated with a 
relationsliip between A"i and a single independent variable, account 
havdng already been taken of the influence of tw'o other variables. 
If there is no added contribution, or no incremental relationship, 
the numerator will be zero, and the coefficient of net correlation 
w'ill be zero. If the added variable “accounts for’’ all the remaining 
variability in Ai, the second term in the numerator (here s? 234) 
W'ill be zero and the coefficient of net correlation will be equal to 
unity. Thus the value of the coefficient of net correlation will vary 
between zero and one. 

The reader will note that the variability with reference to which 
the “contribution” of an added variable is measured (that is, the 
denominator of the right-hand member of a formula of the type 
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given above) is not sf, the original variance of Xi, but a measure 
of the type sf 23 which defines the variability of A'l after account has 
been taken of the influence of prcriouslij included vtiriablcs. These 
previously included variables are those represented by the second- 
ary subscripts in the symbol for the coefficient of net correlation. 

One further point is to be emphasized. Such measurements as 
these are nd only with respect to the variables represented by the 
secondary subscripts. The coefficient r,2 34 measures the degree of 
relation between A', and A'o after account has been taken of the 
influence on them of variations in A’j and A ^. There may be many 
other factors affecting Ai and A^>; the disturbing influences of such 
factors have not been eliminated. These other factors still muddy 
the waters of analysis. 

Another Method of Computing Coefficients of Partial Corre- 
lation. Obviously a whole series of coefficients of net correlation 
may be computed in dealing with a number of variables. In 
deriving a number of sucfli measurements a nu‘thod may be utilized 
which differs somewhat from that employed above, and which has 
certain advantages in the way of systematic arrangement. 

A simple coefficient of correlation relating to but two variables 
is termed a coefficient of zero order. Such coefficients are represented 
by symbols of the type ri2, r24, etc. Coefficients of not corr(‘lation 
which relate to two variables, while a single additional variable is 
held constant, arc termed coefficients of the first order, and are 
represented by symbols such as ri2 3, ^24 3, etc. Similarly, we may 
have coefficients of the second, third, fourth, or ?/-th order, depend- 
ing upon the number of variables held constant while the relation- 
ship between a single dependent and a single independent variable 
is being measured. 

It is possible to derive each coefficient of partial correlation from 
those of the next lower order. Thus a coefficient of the first order 
may be derived from the relation 


r,2-ri3-r23 

For a coefficient of the second order 


( 18 . 25 ) 


ri2 3 — ri 4 3 "^24 3 


( 18 . 26 ) 
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As a general equation for a coefficient of net correlation of any 
order,*® we have 


^12.846 


n 


Ti2 345 

(1 - 


1 • (n— 345 (n-n ‘J‘2n 345 

T\n 345 . • • Cn -1 ))‘(1 — r 2 n 345 • • 


• « » (n- l 

• ( n - 1 ))* 


- ( 18 . 27 ) 


Thus it is possible, starting with the zero order coefficients of 
correlation, to compute all higher order coefficients successively. 
The mere arithmetic of calculation would be laborious, but certain 
prepared tables reduce these computations to a minimum.** The 
method may be illustrated, using the data of the preceding problem. 

In the present case we require three coefficients of the second 
order, ri2,34, ^13.24, and ru 23. These will serve as measures of the net 
correlation between corn yield and temperature in each of the 
three critical months. The formula from which the first of these 
measures may be computed was given above. For the second, 
we have 


ri3 24 — 


and for tli(‘ third 


ri4 23 — 


ri3 2 ~ ri4 2 • r.}4 2 

(1 — r?4 2)* (1 — ^34 2)* 

ri4 2 — ri3 2 J’iA 2 

(1 - - 


( 18 . 28 ) 

( 18 . 29 ) 


But each of th(‘se values may be derived from a slightly dilTerent 
grouping of first order coefficients. We may use the three formulas 


^12 4 •“ rj3 4 •r23 4 


^12 34 

" (1 

- ru 

4 )' 

'(1 

-rl,:) 



Tu A 

— 

ri2 

4 ■ ^"32 4 

^13 24 

nr 

-r\. 

4>'(1 

- ri:;) 



7*14 3 

— 

ri2 

3 ’^42 3 

^14 23 

= (T 

- ru 

3) 

*(i 

~ ^42 3) 


( 18 . 30 ) 

( 18 . 31 ) 

( 18 . 32 ) 


By employing both methods in computing each second order 
coefficient a check upon the calculations is afTorded. 


It will Ih* notod that in an equation u.«ied in eoinpuliriK a coofricient of partial cor- 
relation the three r'a in the numerator of the right-hand member have the name 
secondary Hubseripts, and that the.'^e secondarv subscripts arc one lefts in number 
than the secondary subscripts of the left-hand member; that the first r in the numer- 
ator has the same primary subscripts as the left-hand member; that the second and 
third r’s in the numerator have primar 3 '^ siibscrijils composed of one of the primaiy 
subscripts of the left-hand member plus the mis.sing secondary subscript; that the 
two r’s in the denominator are the same as the second and third r's in the numerator. 
J. R. .Miner, Tahirs o/ V I “ ^ 1 — r® for use in Partial Correlation and in Trig^ 

onomeiry, Johns Hop^us Press, Baltimore, Md., 1922. 
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Computation of first-order coefficients. The second order coefficients 
cannot be computed until all necessary first order coefficients have 
been secured. The necessary equations, of the type 

— ^12 ~ Tiz-rzs 

" (1 - riy (1 - rl,y 

may be constructed from the Kcncral formula for coefficients of 
partial correlation. Since several of these values must be computed, 
a systematic arrangement should be employed. 

TABLE 18-3 

Illustrating the Computation of First Order Coefficients of Partial Correlation 
(Kansas com yield and temperature) 


r 0 Order r JhI Ordrr 

— - Produtd - — 


Sub- 

Coef- 

(1 - r2)l 

toim of 

Whole 

Donom- 

Sub- 

Co(jf- 

script 

fi(‘U*nt 


nutnrrator 

nuiinTator 

HKitor 

script 

ht'i(‘nl 

12 

- 48(il 


- 3100 

-.1701 

0.301 

12 3 

-.2700 

13 

- 7108 

. 7034 






23 

+ 4445 

8058 






14 

- 5202 


- 3370 

- 1820 

0100 

14 3 

-.2050 

13 

- 7108 

7034 






43 

+ 4750 

8800 






24 

+ 3244 


+ 2111 

+ 1133 

7883 

24 3 

+ .1437 

23 

+ 4445 

8!)58 






43 

+ 4750 

8800 






13 

- 7108 


- 2IC1 

- 4047 

7828 

13 2 

-.0320 

12 

- 4801 

8735) 






32 

+ 4445 

85)58 






14 

- 5202 


- 1577 

- 3025 

8200 

14.2 

-.4385 

12 

- 4801 

8735) 






42 

+ 3241 

0150 






34 

+ 4750 


+ 1142 

-1- 3308 

8473 

34 2 

+ .3004 

32 

+ 4445 

8058 






42 

-f 3244 

0 150 






12 

- 48()1 


- 1088 

-.3173 

.8078 

12.4 

- ..3028 

14 

- 5202 

8510 






24 

+ 3211 

.0450 






13 

- 7108 


- 2471 

-.4037 

7515 

13.4 

-.0170 

14 

- . 5202 

8540 






34 

+ 4750 

.8800 






23 

+ 4445 


+ 1541 

+ .2004 

.8324 

23 4 

+ .3489 

24 

+ 3244 

0450 






34 

+ 4750 

8800 
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The procedure in computing each first order coefficient is simple. 
Three zero order coefficients are necessary for each calculation. 
These should be arranged in the table in the order in which they 
occur in the numerator of the fraction from which the required 
coefficient is to be computed. The numerator of this fraction is 
secured by subtracting from the first zero order coefficient the 
product of the other two. This product term appears in one column 
of the table. The denominator of the fraction is the product of two 
terms of the type derived from the second and third 

coefficient in each group of three. The tabular arrangement of 
Table 18-3 permits these computations to be carried forward 
systematically. 

The coefficient r23.4 is, of cour.se, identical with r32 4 ; 2 is 

identical with un 2, etc. It is unnecessary to duplicate the work of 
comput-ation with r(*spect to these measures. 

Computation of second order coefficients. From these first order 
coefficients th(‘ three' re'cpiired second order coefficients may be 
secured by methods analogous to those employed above. The 
computations are shown in Table 18 - 4 . As a check upon the 

TABLE IB-4 

Illustrating the Computation of Second Order Coefficients of Partial Correlation 
(Kansas corn yield and temperature) 


r 

ist Onlci 


l*r<Mlu«’( 



r 2n<l Order 

Suli- 

Coof- 

(1 - r‘)l 

(erin ol 

Whole 

Ilcnoni- 

Sub- 

Coef- 

HfTlpt 

flCICIlt 


iiuiiH'iatoi 

immerator 

inator 

script 

finent 

12 a 

H H 
24 H 

- 2700 

-.2ar,() 

+ 1437 

onrw 
. 0800 

- 0124 

- 2270 

.0450 

12 34 

-.2407 

13 2 

14 2 
34 2 

- .0320 

- 43S5 
+ 3004 

8087 

0200 

- 1712 

-.4008 

.8273 

13.24 

-.5570 

14 2 
13 2 
43 2 

- 43S5 
-.0320 

4- 3001 

777)0 

02(Hi 

-.2407 

-.1018 

7135 

14 23 

-.2688 

“12 4 
13 4 
23 4 

- . 302S 

- 0170 
+ 3480 

7870 

0372 

-.2153 

-.1775 

7370 

12.34 

-T 24 O 6 

13 4 
12 4 
32 4 

- 0170 

- .3028 
+ .3480 

0100 

0372 

-7l37(r~ 

-.4800 

^(il8 

T3~24 

- 5570 

14 3 
12 3 
42.3 

- 2o:>o 

- 27(H) 

+ .1437 

0020 

0800 

- 0388 

-.2502 

.0520 

14 23 
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calculations each required measure is computed from two different 
combinations of the first order coefficients. 

The value of ris 24 , it will be noted, is the same as that derived 
from the relation between Sj 24 and Si 2 . 14 . 

The meaning of such coefficients as these was explained in the 
earlier section dealing with this problem. Tlie following summary 
of results reveals the gain in knowledge whi(;h has resulted from 
the above analysis. 

ri2 = - 0.4S01 r,2 34 = - 0.2407 

r,3 = - 0.710S r,3 24 = - 0.5770 

ri4 = - 0.5202 r,4 2.1 = - 0.2()SS 

It is clear that the net effect of June temperature upon corn 

yield is distinctly less than was indicated by the simple correlation. 
This is so because there is a positive cornJation between tempera- 
ture in June and temperature in July and August, so that the crude 
correlation of two variables alone shews June te*mperat-ure as more 
important than it really is. For the same r(,‘ason, all the net co- 
efficients are less than the simple coeffici(‘nts, though it is still 
apparent that July temperature is far more important, in relation 
to corn yield, than the temperature in either of the other months. 

The sampling errors of coefficients of partial correlation may be 
estimated from the same gen(*ral relations that hold for zero order 
coefficients, except that the factor N — 1 must be further redu(;(Kl 
by the number of variables represented by secondary .subscripts. 
Thus for ri 2 34 we have 


1 ” rJisi 

VN - 3 


(18.33) 


This should be applied with the limitations previously noted for 
zero order coefficients. There is an assumption of normality con- 
cerning the correlated variables; the distributions of the partial 
coefficients can be badly .skewed, particularly with small samples 
and for population values deviating materially from zero. However, 
for tests of the null hypothesis, u.se may be made of the /-distribu- 
tion, and of Fisher’s table for determining the significance of r 
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(Appendix Table IV), just as for zero order r. In such tests the 
factor iV — 1 is reduced by the number of eliminated variates. 
Finally, by transforming coefficients of partial correlation to z', all 
the advantages of that shift (see Chapter 9) may be utilized. Here, 
again, the factor A — 3 in the general formula 

1 

3 

is reduced by the number of eliminated variates. Thus this factor 
would become V — 5 for a second order coeffiei(‘nt of the type ri2 .34. 

A Measure of Variability. Having these coefficients of net corre- 
lation, we may derive by a somewhat different process the familiar 
measure of residual variability, 2.31 . . . This measure, which in 
its most general form is termed the standard deviation of order n, 
may be computed from the general equation 

Sl.23 • • • n = ‘‘>1(1 ~ n2)(l — rfj 2)(1 — r|4 23) • • • (1 — T'\n 23 • • • n— l) 

(18.34) 

Applying this formula to the results of the study of corn yield, 
we have 


sUu = 51.7905 [1 - (- 0.4S61)2| |1 - (- 0.0320)2] 
[1 - (- 0.2GS8)2| 


.s5.234 = 22.0381 


Si 234 = 4.09 


With a diffenuice of one in the second decimal place (due to the 
rounding of fractions) this is identical with the measure obtained 
from residuals between observed and computed values of A"i, as 
calculated from formula (18.14). 

Formula (18.34) provides- a revealing indication of the manner 
in which “une\i)lained^^ variability is reduced by the addition of 
succes.sive independent variables to a general equation of regres- 
sion. We start with the original variability of Xi. When we have 
taken account of the influence of X 2 on Xi we have as the remaining 
variability Si.2 derived from 5?(1 — r?2). If X 2 contributes anything 
to the explanation of variation in Xi, r52 will have a positive value 
and s?.2 will be less than s?. We then add X^; if this variable, 
coming after X2, contributes anything to the explanation of vari- 
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ation in Xi, will have a positive value, and 5 i. 2 j will be less than 
Si. 2 . The variable Xi is then added; if it has a contribution to make, 
r*i 4 23 will have a positive value, and s? 034 will be less than 51 . 2 s. 
(In the present illustration si is equal to 51.79; si .2 has a value of 
39.55; 5 i. 23 a value of 23.75; s? 234 a value of 22.04.) Thus, layer by 
layer, the onion is peeled. If the addition of variable n should yield 
a partial r equal to unity, the final factor in formula (18.34) would 
be zero, and 51.234 • . . « would be zero. All the variation in Xi would 
have been “explained.” The heart of that particular mystery would 
have been plucked out. 

Formula (18.34) provides a means of eomputinR the coefficient 
of multiple correlation from the zero order and partial r’s. For 

= 1 - (18.35) 

St 

Substituting for the numerator of the right-hand term in formula 
(18.35) its equivalent from formula (18.34) we obtain an equation 
which may be put in the form 

1 ^1.23 . . . n = (1 ^12) (1 — ri3 2) (1 “ Tu 23) • • • 

(1 “ ri„.23 • • • f»-i)) (18.36) 

Beta CoeflScients. The several coefficients of regression in an 
equation of multiple regression are, in effect, weights applied to 
the different independent variables in estimating the successive 
values of the dependent variable. Usually these coefficients of 
regression are not comparable, because the independent factors are 
expressed in different units, or because they differ in variability. 
It is often desirable to reduce the coefficients of regression to 
comparable terms. This may be done by expressing dependent and 
independent variables alike in units of their respective standard 
deviations. The coefficients of regression are then called beta 
coefficients, and are represented by the symbols 0 i 2 34 , / 3 i 3 21 , etc. 
(Since the use of the letter beta for sample values of this particular 
coefficient is well established, we here depart from the usual rule 
that Greek letters symbolize population values.) 

In terms of a simple two-variable problem, we have 


Xi = 613X3 
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If we change to standard deviation units we must divide both sides 
of the equation by Si and by S 3 . This gives 

_5l = 

S1S3 Sl\S3/ 



The desin'd f)eta coefficient is, then, 

(3.3 = 

For the corn yield example, we have 

^3 = - = - 0.711 

This may be taken to moan that with an increase of one standard 
deviation in X:^ (July temj)erature), the yield of corn decreased 
0.711 of one standard deviation. 

These measunnnents are particularly useful in analyses involving 
more than two variables. Here the relationships between the beta 
coefficients and the coefficients of net regression are similar to 
those indicated for the two-variable problem. Thus 

(3i2 34 ~ ^12 34 



^13 24 — 24 ^ 

014 23 = bu 

Substituting the required values in these eiiuations, we have 
012 3i = - 0.1S2 


013 24 = “ 0.531 
,3 = _ 0.209 

The second of these coefficients may be taken to mean that with 
an increase of one standard deviation in July temperature, in a 
situation in which corn yield is unaffected by variations in June or 
August temperatures, corn yield will decrease by 0.531 of one 
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standard deviation. The other coefficients have similar meanings. 

The beta coefficients relate to factors expressed in like units and 
similar in respect of variability. A fluctuation of one standard 
deviation in A 2 is thus directly comparable to a fluctuation of one 
standard deviation in A 3 . The coefficients defining the changes in 
Xi that are likely to accompany these similar movements in 
and As have obvious significance. 


Multiple "'Determination'^ and Its Components 

In Chapter 9 we have spoken of the interpretation of as a 
measure of “determination.” This quantity may be derived from 
the familiar relation 



The numerator of the fraction measures tlie amount by which the 
variability of A"i is reduced when acrcount is taken of tin* infliKuice 
of Ao on A'l; the whole fraction measures this reduction as a 
fractional part of (he original variability of A'l. (Variability is 
measured throughout in terms of the mean square deviation.) If 
there is a causal connection b(‘tween A 2 and A"i, with th(‘ causal 
chain running from A 2 to A'l, we may think of this fraction as a 
measure of the portion of the variability in A'l that is due to, or 
is determined by, variations in X^. Thus if th(‘ variance of A'l, is 
100 and if .s? 2 is 30, r ’ will have a value of 0.(i4. This may be taken 
to mean that the variability of A'l has been reduced by (>4 percent 
by taking account of the influence of A 2 on Aj. The remaining 
variability of A|, vvliich is measured by .s? 2 with a value of 30, 
represents the influence of factors other than A' 2 . 

The interpretation of as a measure of relative determination 
is convenient. It is easily understood by a nontechnical por.son. It 
is also dangerous, in that the language employed involves an 
assumption of causality that may be (juite unjustified. Throughout 
the discussion of correlation we have emphasized the fact that the 
statistical evidence by itself never establishes causality. The sta- 
tistics define a degree of eo-vnriation, but whether causal connec- 
tions are present or not, and which way they may run if they are 
present, may not be established from the statistics. Therefore, 
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when r® is interpreted as a measure of determination it should be 
made clear, explicitly, that this interpretation involves the assump- 
tion of causality, flowing from the independent to the dependent 
variable. It should also be clear to one who employs such a measure 
that the total variability of the dependent variable is being 
measured, for the purpose in hand, by the mean square deviation, 
or the variance. The "explained” and “unexplained” portions of 
the variability are fractional parts of the variance, not of the 
standard deviation. (The additive relations of the two components 
will hold only when they are parts of the variance.) 

This same usage may be followed, subject to the same qualifica- 
tions, when several independent variables are employed. The 
coefficient of multiple correlation, in squared form, may be in- 
terpreted as a coefficient of multiple determination. This coefficient 
is represented by the symbol di. 234 . . . n. Thus for the data of corn 
yield we have 


Si ~ Si 234 


(18.37) 


51.79 - 22.05 
51.79 


= 0.5742 

Interpreting this as a coefficient of determination we should say 
that 57 percent of the variability in corn yield per acre in Kansas 
is due to variations in temperature during June, July, and August. 
This is the “explained” portion of corn yield variability. The 
residual or “unexplained” portion is given by 22.05/51.79; this is 
43 percent of the original variability, as measured by the variance, 
si In this case the assumption of causality has some rational basis. 
It is not hard to believe that temperature variations during the 
growing months have a direct influence on the yield of corn. 

Coefficients of separate determination. The investigator would like, 
of course, to break up the total determination, in such a case as 
that illustrated, by establishing the portions of the total that may 
be attributed to each of the independent variables. One method 
involves the computation of coefficients of separate determination.^^ 


“ See Ejsekiel (Ref. 37) 
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The derivation of these will be clear from the relation 


d. 


.234 


Rl 


.234 


-- »4Pi 2 ~h 6 i3.24Pi 3 + ^4.2SPl4 

9 


( 18 . 38 ) 


The numerator of the right-hand member, as we have seen [formula 
(18.17)] is the equivalent of si — sj 234 , the quantity that measures 
the reduction in the variability of Xi when account has been taken 
of the influence on A'l of X3, and A^. The right-hand member 
may be broken into three parts, thus 


1 bl 2 347>12 , 613 24 Pi 3 , 614.23P14 

«1.234 = 2~“ ' 2 " "T 2 

Si si si 


( 18 . 39 ) 


Substituting the appropriate values we have 


4,592 4 ^ 19.5156 5.6307 
51.79 51.79 51.79 


= 0.0887 + 0.3768 H- 0.1087 
= 0.5742 

Rounding out these figures, we have as the components of the 
coefficient of total determination the three quantities 

dl 2 34 = 0.09 

dl 3 24 = 0.3/ 

dli 23 = 0.11 

Each of these coefficients is taken to measure the separate contri- 
bution of a given independent variable to the “explanation” of 
variation in the dependent variable. Thus we should say that 
variations in June temperature, studied in combination with July 
and August temperatures, accounted for 9 percent of the variability 
of corn yield in Kansas, and that variations in July and August 
temperatures, in similar combination, accounted, respectively, for 
37 and 11 percent of corn yield variations. These figures add to 
57 percent, the estimated total determination attributable to the 
three independent variables in combination. 
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It should be stated at once that the coefficients of separate 
determination give only approximations to what they purport to 
measure. The h in the numerator of each such coefficient is a true 
net measure, but the joint product p appearing in each numerator 
is not. We may say that in such a situation as that depicted above 
a portion of the total determination represents the joint influence 
of the several independent variables. This portion has been arbi- 
trarily broken up, in the process of separation illustrated above, 
into portions assigned to the several separate variables. There can 
be no rigorous demonstration that this break-up represents the 
true situation. Hence the coefficients of separate determination 
must be employed as approximations, useful as rough indications 
of the relative importance of the several independent variables, 
but without standing as accurate measures. 

Coefficients of incremental determination. A more satisfactory 
break-up of total determination is possible through the use of what 
may be called coefficients of incremental determination. These are, 
of course, subject to the same qualifications as to “determination^^ 
that have been expressed in speaking of the measure of total 
determination, but they are free of the arbitrary elements that arc 
present in the coefficients of separate determination. Here we take 
the successive reductions in the “unexplained” variability of the 
dependent variable, and express each of these successive reductions 
as a fractional part of the original variability of the dependent 
variable, as measured by the variance. Thus we have’^ 


d _ ^>1 — 2 , ''•1 2 — >'»1 2,} , 23 “ 

1 234 — 2 I 2 “1 2 

4 si si 


S\ 234 


ri8.40) 


The first term on the right hand side measures the reduction in the 
variability of Ah that is “due to” the influence of Ah, this reduction 
being expressed as a part of the original variance of Ah. The second 
term measures the additional or incremental reduction in the vari- 
ability of Ah that is “due to” the influence of Ah, when Ah is brought 
in after the influence of Ah has been taken account of. This “in- 


Th<* relations sot forth ui the formula (18.40) hold only ^\hen the several s’s are 
derived hy dividing the appropriate sums of sfiuaie> by N. Thus those .s’s are to be 
regarded as descriptive measures, not as estimates of po]Hilation values If the «’h are 
to be used as estimates, account must be taken of the number of degrees of freedom 
lost (say k) in the various instances The divi.sors would then be of the form N — k. 
See Table 18-5 and accompanying discussion below. 
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cremental contribution*’ of is also expressed as a fractional part 
of the variance of A"i. The tliird term measures the “incremental 
contribution” of to an “explanation” of variability in A'l, when 
Xi is brought in after A ’’2 and A '3 have been successively taken 
account of. Here, also, the added contribution of A^ is expressed 
as a part of the original variance of 

In the corn yield example, as we have seen, the successive 
measures of residual or “unexplained” variability are 


s? = 51.79 


s\ 2 = 39.55 
.s? 23 = 23.75 
234 = 22.05 

The influence of June temperature (A' 2 ) on yield is measured by the 
reduction of the squared measure of variability in yield from 51.79 
to 39.55, or by 12.24. The elTect of variations in July temperature 
(A'a), when this variable is introduced after account has b(‘en taken 
of the influence of June temperature, is further to reduce the 
residual from 39.55 to 23.75, a drop of 15.80. When account is now 
taken of the elTect of August temperature variations on yield, the 
residual is still further reduced from 23.75 to 22.05, or by 1.70. 
If each of these progressive reductions is expressed as a fractional 
part of the original variance, s?, we have the desired measures of 
incremental determination. 

Substituting these values in formula (18.40) we have 

_ 51.79 - 39.55 39.55 - 23.75 23.75 - 22.05 

di2.i4- -^YYg -h -179 + 51 7() 

= 0.2363 + 0.3051 + 0.0328 

= 0.5742 


Formula (18 40) redur-cs to the usual formula for the square of a cot^ffieuMit of multiple 
correlation 
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Representing each of these quantities by an appropriate symbol,” 
we may define the components of total determination thus: 

where 

di 234 — di2 “h 2^13 “h 23^14 

(18.41) 

2 2 

S, - S 1.2 
dl2 - ^2 

(18.42) 


2 2 

, Si 2 — Si 23 

oOls — ~~~2 " 

Si 

(18.43) 

and 

2 2 

, Si 23 “ Si 234 

23014 — 2 

Si 

(18.44) 


The first term (di 2 = 0.2303) on the right-hand side of formula 
(18.41) is the coefficient of simple determination, with Xi as a 
function of A'a. (This is of course equal to ri 2 .) This measure indi- 
cates that June temperature variations, when June is taken by 
itself, account for 24 percent of the variations in corn yield. (Any 
inter correlation existing between X 2 and X 3 and between X 2 and 
Xnf or between X 2 and any other variable related to Xi, would be 
reflected in this coefficient.) The second term ( 2^13 = 0.3051) 
measures the contribution of Xs to an “explanation” of the varia- 
bility of Xi, when account has already been taken of the influence 
of A' 2 . The specific value here obtained indicates that under these 
conditions A^ (July temperature) accounts for about 30 percent of 
the original variability of Xi. (Any intercorrelation between X 3 
and A' 4 , or between X 3 and any other variable related to X], would 
be reflected in this coefTicient.) The third term ( 23^14 = 0.0328) 
indicates that when A% (August temperature) is brought into the 
study, after account has been taken of the influence on A'l of X 2 
and A's, the added variable X 4 accounts for an additional 3 percent 
of the original variability of Xi. 

The process exemplified by formulas (18.40) and (18.41) is one of 
building up “determination” by successive increments, as account 
is taken, successively, of different independent variables. The 
“determination” attributed to the first independent variable in- 
cludes any influence emanating from that variable, plus influences 


Ezokiel (lief ‘.17) han used similar suhsrript-s with r to represent coefficients of part 
correlation. The present d’s are not derived from coefficients of part correlation. 
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that are merely channeled through the first independent variable 
' because of intercorrelation with other variables correlated with X\, 
This first measure of determination is the square of a simple, or 
zero order, coefficient of correlation. The ^'determination” attrib- 
uted to the next added variable (say if the measure is %dis) 
includes a similar mixture of effects, except that any effect arising 
from correlation between X2 and X^ has already been taken account 
of in the first measure (^12). So what we have in 2^13 is not at all a 
measure of net effect; it is a measure of incremental effect, of the 
influence of X3 when it is brought in after X^. This may be thought 
of as a measure of the marginal contribution of a given variable. 
It will be clear that the marginal contribution, or incremental 
influence, of a given variable, say X3, will depend on what other 
variables have been taken account of first, and on the correlation 
between X3 and each of the previously included variables. Thus 
24^13 would measure the influence of X3 if it were studied after both 
Xi and Xi] this measure would differ from 2^13, as it would from 
246^13. The incremental influence of each of a number of variables 
will depend on the order of their treatment. (The sum of their 
influences will, of course, be unaffected by order of introduction.) 

This may be demonstrated by considering the incremental 
influence of each of the variables, June temperature (A^a), July 
temperature (X3) and August temperature (A4), on corn yield, as 
the order of treatment is varied. Each column below reprovsents a 
different order (the figures are rounded to two places) : 

di2 = 0.24 du = 0.50 du = 0.27 

,>di3 = 0.30 :4^2 = 0.04 = 0.2s 

23^14 = 0.03 l^dlA ~ 0.03 34^12 = 0.02 

June temperature appear.^ to “determine” 24 percent of the varia- 
bility in corn yield when June is treated by itself. This same 
variable appears to make an incremental contribution equal to 
4 percent of the original variability of corn yield when it is brought 
in after account has been taken of the effects pf July tempierature 
variations, and an incremental contribution equal only to 2 percent 
of the original variability of Xi when June temperature is treated 
after the effects of July and August temperatures have been 
studied. High intercorrelation between June temperature and July 
and August temperatures accounts, of course, for the sharp decline 
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in the coefficients of incremental determination. July temperature, 
by itself, seems to account for 50 percent of the variations in corn- 
yield. When July is brought in after account has been taken of 
June temperature, July temperature accounts for 30 percent of the 
variability of yield; when July is brought in after account has been 
taken of the influence of August temperature, its incremental 
contribution is equal to 28 percent of the variance of Xu When 
July is brought in after account has been taken of the influence of 
both June and August temperatures, the incremental influence of 
July is measured by a coefficient of 0.1910 or 19 percent (this 
particular combination is not shown in the above table). 

The reader should take note of a shift that takes place in the 
standard of reference when we pass from coefficients of net or 
partial correlation to coefficients of incremental determination. In 
each case we are, in eff(‘ct, measuring the significance of successive 
additions to knowledge. The coefficient of partial correlation 
measures an accretion to knowledge with reference to an element 
of previous ignorance. Thus we get rSa 2 from (sS 2 — Si 23) /s? 2 . The 
reduction in unexplained variability defined by the numerator is 
measured with reference to s? 2 , the previously unexplained varia- 
bility of Xi. But we derive 2^13 from ( 5 ? 2 — .Si 23 )/si. The same 
numerator is now measured against sf, the original variability of 

Coefficients of incremental determination are precise measures, 
free of the arbitrary elements that cloud the meaning of the 
coefficients of separate determination. They do not, to repeat, 
establish the existence of causal chains. Quotation marks should 
always be understood when the word “determination’' is used in 
this connection, whether they are written out or not. But if there 
is reason to believe (as there is in the corn-yield example) that lines 
of true influence are present, these coefficients can be highly useful 
descriptive measures, in tracing inter-relations among the members 
of a group of variables. 

The c’ocfhcicnt of increnifiital determination may be readily derived, in the above 
example, by multiplying the squared eoefFieienl of partial correlation by s? 2/*’*? Thus 

2 — .M *1 -■ _ 2J 

2 X 2 ~ ’ 2 ' 

Si 2 s, S, 

The multiplier si 2/sl is, of course, equal to I — rh, the square of the coefficient of 
alienation. The multiplication shifts the base of reterence from s! 2 to Si, the original 
variance of A'l, and permits the summation of the derived coefficients. 
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Note on the analysis of variance in a multiple correlation problem. 
The preceding pages have illustrated methods of breaking total 
‘‘determination” into its components. Tlie break-up of the total 
variation of a dependent varial)le may also be shown in terms of 
sums of squares, a procedure that lends itself to customary variance 
tests. In the corn-yield example the sum of the squares of the 
deviations of the 57 individual values of A', from their mean is 
2,952.03. In Table 18-5 this total is broken up in three dillerent 
ways. 


TABLE 18-5 

Elements of the Total Variation in Corn Yield as Defined by the 
Addition of Successive Independent Variables 


0) 

(2) 


(4) 

IhlonK'nt of total variation 

Sum of squareH 

l)F 

Vaimneo 

A; Jnlluoiici* of A’j 

(>‘•7 (»8 

1 

01)7 08* 

llcsulual 

2251 :t5 

55 

40.99 

Total 

21152 0:1 

50 


B: Influcnct' oi A 2 

0117 08 

1 

097.08 

Added iiiHuenco of A'.t 

0(K) 00 

1 

900 00 

ItcHidual 

75 

51 

25 07 

'J'otal 

2052 OA 

50 


C. Influence ol A'.. 

(•117 tiS 

J 

097 08 

Added influenee ol A 1 

IKM) 00 

J 

9(M) 00 

Added influenee oi A''4 

110 SA 

I 

90 8A 

Ueaidual 

125(» 112 

5A 

23.72 

Total 

21152 OA 

50 


In section A of Table 

lS-5 the total 

is divided into a portion 


representing the influeiu^e of As Mune temperature) on Ai, and a 
residual portion. The lirst, the “explained’ portion (097. OS) is the 
sum of the squares of the computed values of A ^ about their mean, 
wlien the relation is described by the function X, = u + f/ijA'z. 
The residual, or “unexplained ” portion (2254.35) is the sum of tlie 
squares of the deviations of the original ob-servations from the 
computed value.s (i.c., the deviations from the line of regre.ssion). 
In section B of the table a second independent variable, A's (July 
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temperature), has been added to the regression function. The 
“added influence” of X3, as measured by the reduction in the 
residual variation, amounts to 900.60. We thus have in part B of 
the table tliree components of the total variability of Xi — a portion 
attributable to -X’2, a portion attributable to when it is introduced 
after account has been taken of X2, and a residual or “unexplained” 
portion. Finally, in section C of Table 18-5, account is taken of A"4, 
as a variable added after the influence of and X^ has been 
defined. This “added influence” of A"4 is measured by the figure 
96.83. Here the total variability of A"i is broken into four parts, 
one of these being the residual variability, the portion remaining 
after account has been taken of the influence of temperature 
variations in each of three months. 

We may note that the measures of incremental determination 
discussed in the preceding pages may be derived from the entries 
in column (2) of Table 18-5 that measure the influence of A'^2 and 
the added influence of A% and A^, respectively. Thus dvz is equal to 
(597.08/2952.03; 2^13 is equal to 900.00/2952.03; 23^14 is equal to 
90,83/2952.03. 

The representation illustrated in Table 18-5 (a form due to 
L. H. C. Tippett, Ref. 100) permits tests of the significance of the 
contributions of successively added variables. Thus, just as we 
(ested for significance the total contribution of the three inde- 
pendent variables (pp. 028-9 above), we may test the addition 
apparently made by A'4, coming after A2 and A^j. This addition is 
measured by the quantity 90.83, as a sum of squares. We are to 
test the hypothesis that there is no relation between A\ and A4 
additional to the relations previously established between A'l, A"2, 
and X 3 . If there is in fact no such relation between Ai and A"4 the 
increment of 96.83 to the “explained” variability of A^i represents 
merely the play of chance. Chance would in this case be operating 
with the one degree of freedom given by the addition of the 
constant bi 4 2,1 to the regression equation. Dividing 96.83 by this 
one degree of freedom, we obtain a measure of variance that may 
be taken, on the hypothesis stated, to reflect the play of chance. 
As in similar problems discussed in Chapter 16, the hypothesis is 
tested by setting this measure of variance against an estimate of 
the error variance independently derived. The residual variability, 
as given in section C of Table 18-5 amounts to 1256.92. Dividing 
the residual variability by the relevant degrees of freedom (53), 
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we have 23.72 as the '‘error variance’* — an estimate of the magni-^ 
tude of fluctuations due to chance.‘^ 

Are 96.83 and 23.72 compatible, as independent estimates of the 
play of chance on corn yield? the ratio of these two variances, 
has a value of 4.08; n\ is equal to 1, to 53. Using a 5-pcrcent 
standard of significance, we should take this to be inconsistent 
with the null h^ypothesis — in other words, indicative of a real 
incremental influence of August temperature on corn yield. On a 
1-pcrcent standard, the difference is not significant. A conservative 
investigator would like more evidence before rejecting the null 
hypothesis. 

Certain limitations. The measures we havT described in dealing 
with problems of multiple and partial correlation are appropriate 
on the assumption that the relationships among the different 
variables arc linear, or approximately so. (If the departures from 
linearity are moderate, the accuracy of estimates will be reduced 
somewhat but the estimates w’ill not be invalidated.) Thus with 
four variables six different pairs may be obtained. The regression 
in each of these six cases should be linear if combined or net effects 
are to be studied by the methods outlined above. If the n'gression 
is nonlinear when natural numbers are dealt with, it may bo 
possible to secure linear relationships by suitable transformations, 
as by correlating logarithms or reciprocals. Thus we might derive 
an estimating equation of the type 

Log X] = ^7 -f- 5|2 34X 2 “h 5 i3 24X3 + 5i4 23 a 4 

if the relations between A'l in logarithmic form and each of the 
other variables in natural form, and between the ind(*pcndent 
variables in natural form, were all linear. The corresponding meas- 
ures .s and /?, would then relate to ratios.** 

The leader may note that the total variance, and the neveral residual vananceH Riven 
in column (4) of Table 18 5, correspond to the hquared s’s cited in preeediriR puRCH 
(si, «i i, etc ) They differ, however, from the corre.spondinR wiuared s’h, beiaiUHc a 
common divisor N was used in deriving the .Hijuared a’s, whereas the diviHora in getting 
the vananccH in Table 18-5 wen- of the form N — k (where k ineasureH degrecH of 
freedom lost in particular ca.Hes) We have regarded the «’«? as doBcriptivi; measures; 
the variances in Table 18-5 arc regarded as estimates of population values. 
Considerable use has been made in agricultural economics of a method of measuniifi 
curviline^ar multijile correlation developed by Mordecai Kzekiel, and of a simfilified 
graphic procedure devised by Louis H Bean These procedures provide flexible 
instruments of analysis particularly well adaptetl to exploratory w^ork in the study 
of relations among variable quantities An illuminating discussion of varioits methoda 
of correlation analysis is given by Ezekiel (Ref '67) 
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One other limitation should be noted. Coefficients of multiple or 
of net correlation based upon a large number uf variables have 
little significance unless the number of observations be large. 
Misleadingly high values will be secured when studies involving 
many variables are based upon small samples. ('Application of the 
corrections referred to in the text will prevent misinterpretation, 
in such cases.) Within the limits set by tlu'se restrictions, the 
methods of multiple and partial correlation constitute powerful 
instruments of analysis. 
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CHAPTER 


Sampling and Sample Surveys 


The procodinp: pages have dealt with a variety of teehiii(|ues that 
may be applied in tlie descri])tion and analysis of obs(n*vations, and 
in generalizing from a set of obscTvations. Oiir eoneern in the 
present ehapter is with some of the problems tliat are faeed in 
gathering statistieal data. We have spoken of the great advanecs 
made in recent de(\ades in the ejuantity and scope of the observa- 
tions available to social sei(‘ntists, bnsiiH'ssmen, juid public 
administrators. This expansion has given th(‘ social sciences a 
sounder empirical foundation, and has provided better bases for 
informed decisions in the making of liusiness and public policies. 
But our concern with data is not alone with the number of social, 
economic, and business measurements publish(‘d monthly or 
annually. The fruitfuliK'ss of (he whol(‘ process of statistical 
analysis and inference rests upon th(‘ accuracy t)f the observations 
employed, and upon the suitability of these observations for (he 
purposes they serve. 

On Varieties of Statistical Data 

In earlier discussions of the treatment of statistieal observations 
we have emphasized that data should lx; obtainc'd by methods of 
random sampling, if inferences with definable fnargins of error are 
to be made from them. Nonrandom observations have their place 
and value — and their value in research and decision-making may 
be great — but for purposes of statistical geiK'ralization and the 
testing of hypotheses, when conclusions are meant to hold with 
stated degrees of probability, random data are reciuisitc. 
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In this respect great gains have been made in recent years. Truly 
random samples of social, economic, or business data were rarities 
a quarter of a century ago. The data gathered in these fields by 
public and private agencies were almost all obtained by what 
would today be regarded as unplanned procedures. What was 
readily available was picked up, sometimes without much reference 
to accuracy, often without adequate regard to its appropriateness 
for specific purposes. Such a method gives not a sample, but what 
Hauser and Deming have called a “chunk" — a convenient slice of 
population selected on grounds of ready availability. But the 
advances of recent years have strengthened statistics on this front. 
Techniques of data-gathcring have been improved ; casual collection 
of statistics is being replaced by well-designed procedures focused 
on specified objectives. The essential feature of all such designs is 
the emphasis on randomness. 

This is not to say that random methods are today generally 
employed in the gathering of economic and social data. They are 
not, and in the nature of things cannot he. Many of the quanti- 
tative observations used by social scientists and administrators 
will remain nonrandom. But in major sectors of social and economic 
life carefully designed random samples are now currently drawn. 
Population surveys provide information on the size of the labor 
force and on its division between employed and unemployed; 
studies of consumer finances throw light on consumer behavior in 
spending and saving; samples of family budgets furnish weights 
for the consumer price index; the profits of corporations are 
currently reported on the basis of sample data; the distrif)ution of 
income, by size, among income recipients is estimated from samples 
of income tax returns to federal and state authorities; market 
surveys are used by business research units in appraising markets 
and studying consumer attitudes. These, and many other sample 
surveys of limited as well slA of wide scope, provide aids to rational 
judgment on current issues. Beyond this, they can be of great value 
in the development of all the social sciences. 

In discussing the theory of sampling distributions and sampling 
errors the statistician lays down the conventional conditions that 
the probability of selection be definable for each element of the 
population sampled, and that the events (the draws) be independ- 
ent. These conditions are usually illustrated by the drawing of 
cards from a pack or of balls from an urn. Since the requisite 
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conditions are not hard to realize under the controlled circum- 
stances of laboratory operation, teacher and student may give too 
little attention to the task of achieving these conditions, or an 
adequate approximation to them, in the complexities of actual field 
work. This task is far from simple. A sample haphazardly drawn 
is not a random sample. Close thought and careful design must 
precede the field work of drawing truly random samples, and 
scrupulous attention to detail is needed in the execution of the 
survey plan. Recent gains in the gathering of random data are not 
due, primarily, to the fact that sample surveys are more numerous 
and broader in scope. The significant advances have been gains in 
technique. It is not too much to say that a whole new art of survey 
design and field sampling has been developed within the last 
several decades. The art is not a finished one as yet, but its present 
contributions are great, and its potential contributions far greater. 

The primary aim of this modern art is to obtain a probability 
sample. A probability sample is one for which the inclusion or 
exclusion of any individual element of th(‘ p)opuIation depends on 
the application of probability methods, not on personal judgment, 
and which is so designed and drawn that the probability of inclusion 
of any individual element is known. Randomness in drawing is an 
essential feature of such a sample. Mciasures of precision, of 
sampling error, can be obtained for the results yielded by proba- 
bility samples. As against probability samples we set a variety of 
other sample types, variously termed judgment samples, purposive 
samples, quota samples (in their usual form), etc. These differ 
widely in character, but they have one distinguishing feature: 
personal judgment rather than a random procedure determines the 
composition of what is to be taken as a representative sample. 
This judgment may affect the choice of individual elements; it may 
define specific attributes that arc imposed purposivcly on the 
sample. All such samples are nonrandom, in one respect or more. 
This being so, no objective measure of precision may be attached 
to the results they yield. 

Some Terms and Definitions. Sample surveys are concerned 
with the attributes of certain entities such as human beings, 
families, residential structures, Vjusiness enterprises, or farms. The 
attributes that are the object of study are termed characteristics; 
the units possessing them are called elementary units. We may be 
concerned with measurable characteristics of such units (in which 
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case we work with one or more of a scries of variates, designated 
Xy Y, etc.), or with the number or proportion of such units marked 
by the presence or absence of some qualitative characteristic. Thus 
if we arc dealing with tlie incomes of individual income recipients 
in the United States we are working, of course, with a measurable 
characteristic; if with their status as married or unmarried, we are 
studying a (lualitativc characteristic. The aggregate of elementary 
units to which the conclusions of the study will apply is the 
'population. Field surveys deal with finite populations, in contrast 
to the infinite populations usually assumed in formulations of 
theories of statistical inference. (Some of the modifications called 
for, when such theories are applied to finite populations, will be 
noted.) The units that form the basis of the sampling process arc 
called sampling units. The sampling unit may be an elementary 
unit, or it may be a group or cluster of such elementary units. 
Thus the sampling unit might be a city block, although the 
elementary units with which the investigator is ultimately con- 
cerned miglit be human individuals or residential structures. The 
sample is the aggregate of sampling units actually chosen in 
obtaining a representative subs(‘t from whii^h inferences concern- 
ing the population may be drawn. From the sample we get objective 
estimates of population means, totals, or proportions, and informa- 
tion needed in estimating the pre(‘ision of such estimates. The 
sampliyig plan is the blue i>rint of steps to be taken in obtaining a 
sample from a designated population. Finally, we note the need of 
a basil! survey instrument termed the frame -~ii list, or map, or 
directory didining all the sampling units in the univ(*rse to be 
covered by the survey. This frame may be constructed for the 
purpose of the particular survey or, as is more usual, may consist 
of previously available descriptions of the population in question. 

dotation. The system of notation used in sample surveys is not 
completely standardized, but substantial progri*ss is being made in 
that direction.' To accord with what is coming to be conventional 
procedure, I shall in this chapter modify somewhat the notations 
used in earlier chapters. A chief feature of sampling survey notation 


An approach to standard international practice in sampling survey terminology is 
set forth in a Ihiited Nations document, “The Preparation ol Sampling Survey 
Reports,” Statistical J^apers, Senes C, No. 1 (revised), Statistical Office of the United 
Nations, February, 1950. 
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is the use of capital letters for the number of units, or the attributes 
of units, in the finite population being sampled, and of lower case 
letters for corresponding features of samples. Thus A" is a general 
symbol for a variate defining a measurable characteristic of a unit 
of the population; A", represents a particular value of that variate 
(i.e., a single observation). Tlie symbols x and x, have corresponding 
meanings for units of a sample. When population and sample are 
broken into classes, or strata, the subscript Ii is added, as in A\, 
A/,1, ^h, Xhi to provide similar general symbols for the attributes of 
units falling in a class, or stratum. Some elements of the notation 
to be employed are outlined below. 

Quantity or element SmuIx)! 

Population Sampl(‘ 

V A 



^’ot:d sfraliim 

Total 

stratum 

Number ol umts* 

V A',. 

n 

11 h 

]M(‘an value of a m<;asured eharac- 
(eristic 

A A'/, 

X 

Xf, 

Total value of a measuretl charao- 
leiihtic 

A'l A/„ 

Xt 

Xht 

Variam-e of a measured character- 
i^tie 

til, 

8 * 

si 

Nnrnliei of units possessing a given 
(j iia 1 1 tat i ve eharar teristi r 

If Vu 

u 

Uh 

Propoilion of units jjosscssing a 
given (|uahlative characteiislie 


l> ( - u/n) 

Ph 

Proportion of units not possi'ssing 
tin* slat(‘d characteristic 

Qi - \ - n Qn 

7 ( - 1 -- />) 

7 a 

(’oclficient of variation of variate. V 

V 

V 


Ilcliilivc vaiiance, or reJ-variance, 
ol vanafe X 

yi 




Spt'cihr strata will be dosinnatcd bv /},, //•,/>( , and symbol'' n l.ilin^; to sufh strata 

will boar oorrosponding subsenpis (o g , n/.,, >ih., ) 


Symbol Quant ily or ehaiu'nt represented 

A': an estimate of A' (the samph^ value x is 
also used for sucli an estimate) 

Xii an estimate of A't 
f/': an estimate of 

* Altfiition lei diawn specilically to the* onls pfiml ol ililTcrr-noi* that inighl h-ad to 
uiK ortainty in this notation, iho U‘’t* of n in thi.s rhaptci lor t ho nurnbor of oIimm valions 
in a sample Klscwhere in the book, and in iht* append<-d tables, /< is Ui,cd for dogiees 
of freedom. 
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F': an estimate of P (the sample value p ie 
also used for such an estimate) 
f i^n/N): sampling fraction; the proportion of the 
finite population included in the sample 
fh (= Uh/N h)' sampling fraction of a stratum 
^(= 1// = A^/n): expansion factor; the factor by which a 
sample total is raised to give a population 
total 

9h ( = l/A): the expansion factor for a stratum 
1 — y I = (A^ — 7 i)/,V ] : the finite multiplier; the proportion of the 
population not included in the sample; a 
factor that affects the precision of sample 
estimates 

the variance of an estimate of a total 
Spi the variance of an estimate of a proportion 
v\\ the relative variance (square of the co- 
efficient of variation) of an estimate of a 
mean 

vx\\ the relative variance of an estimate of a 
total 

v],: the relative variance of an estimate of a 
proportion 

k\ the multiplier of the coefficient of varia- 
tion in specifying the precision to be 
sought in a sampling operation 



- Xh)-\ 
" rift - 1 j • 


the variance of a stratum of a sample 


i ( _ S(w*s'i) 

' ^ 1 “ “ rt 


an aggregated measure of variance within 
sample strata; a weighted average of 
stratum variances 


D: a difference in relative terms between an 
estimated population mean and the true 
population mean 


In interpreting and using formulas involving standard deviations 
or variances of original units, we shall assume throughout that 
these are derived with degrees of freedom equal to the number of 
units less 1 (equal, e.g., to N — 1, or n — 1). 
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Simple Random Sampling 

Sample survey techniques employed today include a diversity 
of methods for obtaining representative samples. Of the methods 
that yield probability samples, simple random sampling is the 
simplest, and the one that is basic to all others. Modifications of 
this fundamental method are more frequently employed in actual 
field work, but all these modifications involve the principles repre- 
sented in the basic procedure. 

We have noted that, in simple sampling, a drawing from a 
population is random when the choice of an element is made in 
such a way that every element in the population has the same 
chance of being chosen. The same rule holds when a simple sample 
of stated size is to be randomly chosen. The drawing of a sample 
of n elements from a population is random when the sample is so 
selected that every possible set of n elements has the same chance 
of being drawn. With N of fairly large size, the number of such 
possible sets is of course very great. This number is given by the 
N\ 

expression • ll^^actorial N (i.e., iV!) is the product of 

the integers from 1 to A^.J Thus (to illustrate with unrealistically 
small numbers) for samples of 2 drawn from a population of 5, this 
5! 

becomes 2! ( 5 ~Zr 2 )~i » individuals, a, 6, c, d, e, can be 

combined in 10 different ways into samples of 2 each.) Of course, 
it is unnecessary in a specific case to compute the number of 
possible sets of stated size that might be drawn from a given 
population, but the proce.^s of sample selection should be such that 
the probability of selection is the same for every such set. When 
this condition is met, with equal probabilities for the selection of 
elements in a given set, we have a simple random sample. 

The heart of any sampling process is in the means by which 
randomness is achieved in drawing the individual elements of a 
single sample, and in ensuring tliat all possible samples have the 
same chance of being selected. If we are to draw from a population 
containing N elementary units, the elementary unit being also the 
sampling unit in this case, it is necessary that each of the N units 
be individually numbered or otherwise distinctively designated. If 
the N numbers could be copied on individual cards, chips, or balls 
that are uniform in size and weight, if these cards, chips, or balls 
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were then thoroughly mixed in an urn or bowl, and if n numbers 
were drawn at random from the vessel, the n units corresponding 
to these n numbers would be a simple random sample. (For true 
equality and independence of probabilities in the selection of a 
simple random sample, numbers drawn should be replaced before 
the next draw. This is not usually done, since it is seldom desirable 
to count one individual more than once. This minor departure from 
the strict recjuiremiaits of simple sampling is of no consequence 
with N as large as it ordinarily is in field surveys.) There arc some 
difficulties in this procedure. Mixing to obtain randomness in the 
urn is not as simple as it may appear to be. Cards may stick 
together, or may stick to the sides or bottom, so that the probability 
of being drawn is not the same for all the cards in the urn. More- 
over, if N is large, the task becomes physically complicated. For 
any considerable undertaking, and even for small ones, better 
methods of ensuring randomness are available. 

f/.sc of a (able of random numbers. If the N elements of a total 
population are numbc'red serially from 1 to N, a random sample 
may be most readily and most reliably drawn by using prepared 
tables of random numbers. Such tables enable an investigator to 
select V numbers at random from the full list of serial numbers 
from 1 to .V. Table 10-1, which is an extract from a larger table 
(constructed by the Interstate Commerce Commission, will exem- 
plify such an arrangenumt and its uses. The digits in each column 
of Table 19-1 are in random order; so are the digits in each row. 
Since the arrangement is random in all directions, it makes no 
dilTerence where one begins in his selection of random numbers 
from such a table. The column arrangement is usually found most 
convenient for reference, the number of columns used depending 
on the size of .Y. 

Let us assume that an investigator wishes to select a random 
sample of 10 from a population of 900 units. The units in the 
population have been numbered from 1 to 900. Any convenient 
order of arrangement may be used in this numbering. The digits 
in three columns will be used, since N runs to 900. Any three 
columns may be employed, and the start may be made at any 
point in the table, but decisions on these matters should be made 
before turning to the table. (This is to avoid any possibility that 
the choice of a starting point might be nonrandom, as it could be 
if the decision on where to start were made after examination of 
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TABLE 19>1 

Random Numbers'"' 


Line 

(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

(7) 

(8) 

1 

78994 

36244 

02673 

25475 

810.53 

6179.1 

.50213 

63423 

2 

04909 

.58485 

70686 

03030 

31.S80 

71050 

06S2.3 

802.57 

3 

46582 

73570 

3.1004 

51705 

86177 

167 16 

60460 

70.34.5 

4 

29242 

80702 

88634 

6028.5 

07100 

0770.5 

2701 1 

8.5011 

5 

68104 

81330 

97090 

20601 

780 10 

20228 

22803 

06070 

6 

17156 

02182 

82501 

10880 

03717 

80010 

78260 

2.51.36 

7 

50711 

04780 

07171 

02103 

00057 

08775 

.37097 

18.32.5 

a 

39440 

52409 

7.5095 

77720 

.10729 

03205 

00313 

43.545 

9 

75629 

82720 

76916 

72657 

.58002 

127 5(> 

01151 

8181H1 

10 

01020 

.55151 

361 12 

51071 

321.5.- 

607.15 

(, 1867 

.1.5121 

11 

08337 

80080 

24260 

08618 

66798 

2.',880 

.52860 

.57.17.5 

12 

76829 

47220 

10706 

.10001 

60110 

02300 

08740 

22081 

13 

39708 

30641 

21267 

,56.501 

0.5182 

72112 

2111.5 

17276 

M 

80836 

55817 

56747 

75105 

06818 

81011 

1740.3 

.58266 

15 

25003 

61370 

60081 

51076 

(.7112 

.520(, 1 

2.382.1 

02718 

If] 

71345 

03422 

01015 

0802.5 

10703 

77313 

01.5.55 

8.112.5 

17 

61454 

02263 

14 047 

08473 

31121 

10740 

408 19 

0.5(>2() 

IS 

80376 

08000 

30470 

10200 

1(».'>58 

61712 

1 1613 

02121 

10 

451 14 

51373 

05505 

0(M»7l 

21783 

86200 

20000 

1.5144 

20 

12101 

88527 

58852 

51175 

115.11 

87218 

01876 

85.581 

21 

(i2036 

.59120 

73057 

3.50(,O 

21,598 

47287 

.10 104 

08778 

22 

31588 

06708 

436(*8 

12611 

01714 

772(,(, 

5.5070 

24000 

23 

20787 

06048 

84726 

17512 

lOl.'iO 

13(.I8 

.10(i20 

24.3.56 

24 

45603 

00745 

81 (,35 

1.1070 

52721 

1 1262 

0,57.50 

80373 

25 

31h(J6 

61782 

3 1027 

,567.11 

00365 

20008 

0 1.550 

78.384 

26 

10152 

33074 

76718 

0<l55f, 

1(.026 

000 l.l 

78111 

95107 

27 

37016 

64633 

67301 

.50010 

01208 

7I0(,8 

7363 1 

.57307 

28 

(.(i725 

07865 

25100 

17108 

00816 

0'IJ(,2 

1 1471 

10232 

20 

07380 

71438 

82120 

1 7800 

400(.3 

55757 

13402 

6K204 

30 

71621 

57()88 

582 5(, 

47702 

71721 

80110 

0802.5 

68510 

31 

031(i6 

13263 

23917 

20117 

11115 

52805 

33072 

0772.3 

32 

12602 

32031 

07387 

31822 

5 177.5 

01671 

7(1.540 

37(,35 

33 

52102 

30011 

14008 

17813 

0156 1 

2 1062 

0572.5 

38463 

34 

56601 

72520 

(,(,()(, 3 

73570 

K(.8f,() 

(.8125 

104 l(, 

11.103 

35 

74952 

43011 

588(,0 

1.5(,77 

78508 

4 1520 

07521 

83218 

3(1 

18752 

43603 

328(.7 

.5.1017 

221.1,1 

tO(,|(l 

0.1706 

02622 

37 

61601 

01014 

41111 

28125 

82 tIO 

6 5 580 

66018 

08408 

38 

49107 

630 18 

38047 

60207 

70(,r.7 

.1081.1 

(,()(,07 

1.5328 

30 

10436 

87201 

7lf,81 

718.50 

7(,.5(M 

U 1 1 5(, 

0571 1 

02518 

40 

30143 

61803 

1 1600 

1.3513 

001,21 

(,8.101 

(,0817 

.52140 

41 

82244 

67.549 

76101 

007(,1 

71 101 

01.307 

01222 

06.502 

42 

55847 

.5(il55 

42878 

2.1708 

<I70<I0 

10131 

.52 IfiO 

00.190 

43 

94095 

95970 

07826 

2.5001 

17581 

.5(,0(,6 

6862 1 

8.3451 

44 

1 1751 

69469 

25521 

44007 

0751 1 

88076 

.10122 

67512 

45 

60002 

08905 

27821 

117.58 

61080 

(.1002 

.12121 

28165 

46 

21850 

2.5352 

25556 

02161 

2,! 502 

4.1201 

10470 

.37879 

47 

75850 

46992 

2516.5 

5.5006 

(,2.130 

'880.58 

01717 

157.56 

48 

20648 

22086 

42.581 

85677 

2(»251 

.30611 

(,5786 

80680 

40 

82740 

28443 

42734 

2.5.518 

S2S27 

35825 

00288 

3201 1 

60 

36842 

42092 

5207.5 

8.1026 

12875 

71500 

(.0216 

013.50 

• A jKjrtion of page 5 

of Table oj 1 
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the table to be used.) In the present instance the investigator 
decides to use the last three columns of the set of five columns 
making up group (3), as numbered on the horizontal axis of Table 
19-1, and to start at the seventh line. The entry on the seventh 
line in these three columns is made up of three digits 17 1. The 
element numbered 171 is included in the sample. Next in order are 
the digits 0 9 5; unit number 95 is included. The next entry is 916; 
since this is larger than A^, this number is ignored; there is no 
element of the population so numbered. Continuing in this fashion 
the investigator selects the following 10 numbers, in all: 

171 95 132 260 706 267 747 81 15 647 

The population units corresponding to these numbers are the 
desired random sample. 

The procedure here outlined will ensure the necessary conditions 
for a simple random sample. The table from which the 10 numbers 
were obtained is completely random, in the order of arrangements 
of digits. All individual elements of the parent population have 
equal and independent probabilities of being included in a given 
sample. The probability of being chosen is known for each such 
element. (The ratio n/N gives the probability that any individual 
element will be selected in a simple random sample of n elements 
drawn from a population containing N elements. In the present 
case this is 10/900.) Moreover, all possible combinations of 10 
elements among the 900 in the population have the same proba- 
bility of being drawn, when a given sample of 10 is being selected. 
This probability need not, in fact, be worked out, but it should be 
capable of determination. 

Estimates from a Simple Random Sample. Logically, we are 
conc(‘rned here, first, with the determination of a sample statistic 
that is to provide an estimate of a population parameter, secondly, 
with the form of the estimate by which we pass from sample 
statistics to population parameters and, thirdly, with the deter- 
mination of the sampling error of such an estimate. These steps, 
for simple random samples, have been discussed in a somewhat 
different context in Chapters 6, 7, and 8. Since certain new terms 
and procedures enter into field sampling, however, we shall briefly 
cover these steps, in order. 

Sample statistics and the estimation of population values. The 
required sample statistics are determined by familiar methods. For 
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the variate X we may derive the following from a simple random 
sample: 

Xt = Sx (e.g., total income reported by a sample of 
income recipients) 

X = 2a:/w (e.g., arithmetic average of the incomes re- 
ported by a sample of income recipi- 
ents) 

'p — ujn (e.g., proportion of unemployed persons in a 
sample of members of the labor force) 

When we pass to estimates of population values, certain of the 
sample values must be modified since the sample covers only a 
fraction of a given finite population. We use /(= w/A^), the 
sampling fraciiorij to denote the portion of the population included 
in the sample. The expansion factor, g 1//), is used to raise 
sample totals to estimates of population totals. N is of course equal 
to gn. Thus, for estimates of population values corresponding to 


the specified sample values, we have 


X't = gxt 

(19.1) 

X' = a: 

(19.2) 

IP = gu 

(19.3) 

P' = U'/N 

(19.4) 


(The sample p( = u/n) will be equal to the estimate P' given 
above. In subsequent discussions of sampling errors I shall use p 
to designate this estimate, as I shall use x as the estimate of the 
population mean. The capital letters AJ and U will be used for 
estimates of population totals, since they differ in absolute value 
from the corresponding sample totals.) 

Estimates of sampling errors. In defining the errors involved in 
applying to finite populations results obtained from samples, we 
must modify procedures intended for use with infinite populations. 
This modification is made through the application of a finite 
multiplier^ which is also termed a finite population correction. It 
entails the multiplication of the variances of the sample statistics 
by a quantity equal to the proportion that the uncovered portion 
of the population is of the whole population. This multiplier is of 
the form {N - n)/N. Or, since the symbol / has been used for 
n/Ny the sampHng fraction, the expression for the uncovered 
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proportion may be written 1 — /. The effect of the correction is to 
reduce the variance of a given statistic by the proportion /. For 
an/ of 0.25 the finite multiplier will be 0.75; its use will reduce the 
variance of the specified statistic by 25 percent. If / is very small 
the correction is negligible. In taking a sample of 10,000 from a 
population of 150,000,000 we are, for practical purposes, sampling 
from an infinite population. In such a case the finite multiplier is 
virtually unity and may be ignored. (Cochran suggests that this 
correction may be neglected whenever the sampling fraction is 
5 percent or less.) 

The estimates to be made from the sample statistics (or the 
hypotheses to be tested with reference to these statistics) relate, 
in many surveys, to the mean value of some characteristic of the 
individual elements being studied — to mean family income, to 
average weekly earnings of factory workers, to average bond yields. 
The variance of such a mean (the square of its standard error), for 
a sample of n units drawn from an infinite population of AT’s, is 
given by s| or where the sample variance has been derived 
with n — \ degrees of freedom. For a .sample drawn from a finite 
population including N elements, the expression for the variance 
of tlie mean becomes 




(19.5) 


The square root of this quantity is the standard error of the 
estimate of the po])ulation mean. Having this measure of sampling 
error, the investigator proceeds with the setting of confidence 
limits or the testing of hypotheses, in the manner discussed in 
Chapters 7 and S. 

From the results of a given field survey we may wish to estimate 
population values of statistics other than the mean. For most such 
statistics — medians, standitrd deviations, etc. — the procedures de- 
veloped in Chapters 7 and 8 for infinite populations are applicable 
to simple random samples from finite populations, with the correc- 
tions given by the use of the finite multiplier. These require no 
special discussion here. Of greater practical importance are pro- 
cedures for estimating two other simple measures — the total value 
of some specified characteristic for all elements of the population, 
and the proportion of the total number of elements in the population 
possessing a stated qualitative characteristic. No new principles 
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are involved in dealing with such measures, but their sampling 
errors call for brief comment. 

The estimation of totals is a frequent objective of sample sur- 
veys. What is the total income of farmers? What is the aggregate 
value of the savings bonds held by householders in a given com- 
munity? What is the total nuniber of cliildren of school age in a 
stated region? Let us say that in a given sample inchuling w 
individual elements the sum of the values of a specified cliaracter- 
istic is Xt. As we have seen, an estimate, A"I, of the aggregate value 
of this characteristic for all elements of the impulation is given by 
gxt, where g is the expansion factor, X/n. The variance, of A! (the 
square of its standard error) may be (‘stimat(‘(l from® 

= 'J-fn -/) (19.0) 


In this expression tt- is the sample variance used as an approxima- 
tion to the population variance. 

A simple example will illustrate this jirocedure. Assume that we 
are sampling households in a small town for the purpose' of estimat- 
ing the total holdings of U. S. saving bonds. We shall say that 
there are 10,000 households (technically, the eleiiK'utary and 
sampling unit will be a spending unil^ as defined in Chapter Ifi). 
A simple random sample of 1,000 liouseholds shows total holdings 
of $900,000. Tlie standard deviation is $300. Th(‘ sampling fraction 
IS 0.10 and g is 10. For the e.stimate of the total holdings of savings 
bonds in the pojiulation we hava' (using formula 19.1 above) 

a; = 10 X $900,000 = $9,000,000 

From formula (19.fi) we have, for the estimat(‘d standard error of 
the estimated population total, 


, ,/ 1,000 X 90,000^, 

= V 0.01 


- 0.10) = vs, 100,000,000 


= $90,000. 

Confidence limits at the 0.95 level are given by $9,000,000 ± 


® The variiitiee of an estimnle of a total is equal to .V- times the varianci- of tiu* estimate 
of the (‘orn;hporKliiig uieaii The right-hand ineiiiher of (Id Oj ih equivnlenl to jV* times 

the nght^-hiind member of (Id 5), i.e , to ( 1 ~ /). 
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(1.96 X $90,000). Thus we may state with the indicated degree of 
confidence that the total holdings of U. S. savings bonds in the 
community in question lies between $8,823,600 and $9,176,400. 

The problem of estimating proportions arises when interest 
attaches to the portion of a given population possessing some 
definable qualitative characteristic, which is either present or not 
present in each unit. What proportion of residential structures were 
unoccupied at a given time? What proportion of spending units 
saved money in a given year? What percentage of families in a 
stated community own TV sets? In such problems, with simple 
random sampling, an unbiased estimate of the desired population 
proportion is given by the proportion p found in the sample. 

The variance of p, as derived from a sample drawn from a finite 
population, is given by a slight modification of the familiar formula 
for the standard deviation of a distribution of relative frequencies, 
y/pq/v. Not knowing the true population proportions, P and Q, 
we use the sample values, p and g, and have as our estimate of the 
variance of p 

-f) 09 - 7 ) 


Let us say that in a community containing 25,000 members of 
the labor force, an unemployment survey covering 5,000 members 
shows 8 percent unemployed at a given time. We wish to set 
confidence limits at a 0.95 level, for an estimate of the proportion 
of the population of 25,000 who were unemployed at that date. 
The sampling fraction is 0.20, and the finite multiplier is 0.80; 
p is 0.08, q is 0.92, and n is 5,000. For the standard error of p, 
using the relationship shown in (19.7), we have 


Sp 


4/ 


d.OS' x 0;92 
5,000 - 1 


(1 


- 0 . 20 ) 


_ ./0.d736,„„ . 
- f 4,999 


= 0.00343 


The desired confidence interval is given by p =fc 1.96sp, or 0.08 it 
0.00C7. Our conclusion, therefore, in which we have a confidence 
measured by a coefficient of 0.95, is that the proportion of unem- 
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ployed in the population of 25,000 falls between 0.0733 and 0.0867. 

Precision and Sample Size. When we speak of the precision of 
an estimate based on a sample we are referring to the variability 
to be expected in sampling results. Thus it is only errors of sampling 
to which standard errors of sample results relate. Errors that arise 
out of the method of measurement employed in a given case, out 
of bias on the part of interviewers, out of the use of ambiguous or 
slanted questions, are not sampling errors, in this sense. Such 
nonsampling errors affect the accuracy of the final results, meaning 
by accuracy closeness of approach to the true values sought, and 
are of course of high concern to the investigator. But these are 
apart from the errors of sampling to which the standard deviations 
of sampling distributions, or the standard errors of estimates from 
samples, relate. The term precision is by convention restricted to 
errors of sampling. 

If the method of simple random sampling is employed in a survey 
of a given population, the precision of the ri'sults depends only on 
the size of the sample. Precision may therefoni be controlled. In 
deciding on the level of precision desired, and thus on the size of 
the sample to be drawn, the investigator will weigh the possible 
consequences of erroneous conclusions, setting these risks against 
the costs of achieving various degrees of preiasion. The decision 
may be a fairly easy one to make if the objectives of a planned 
study are few (and if cost factors are definable) ..On the other liand, 
if a single survey is designed to serve several purposes, the different 
objectives may give rise to conflicting needs as to sample size. 
Here a practicable working balance will have to be struck. In the 
present discussion we consider only the problem involved in 
selecting an appropriate size for a simple random sample, after a 
decision has been made as to the degree of precision desired. 

The measures of sampling error dealt wdth in earlier sections 
have all defined absolute errors, i.c., errors expressed in the original 
units of measurement. Thus in estimating a j)opulation mean for 
family savings, absolute confidence limits are set in terms of 
dollars; in estimating mean wheat yield for a' population of wheat 
farms, absolute confidence limits are set in bushels. In planning a 
sample survey it is usually more convenient to work with reference 
to relative precision. When this is the case, relative rather than 
absolute errors are of interest. We define in relative terms the 
tolerable margin of error — the tolerable relative difference between 
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an estimate of a population parameter and the actual parameter 
value — and plan a sample size that will enable us to state with a 
given degree of probability that the error lies within this tolerable 
margin. 

Measures of relative sampling errors.^ In Chapter 5 we discussed 
the concept of relative variation. As a coefficient of relative varia- 
tion wc used the ratio of the standard deviation of a distribution 
to the arithmetic mean of that distribution. That is v = s/x. (In 
the earlier pi*esentation the symbol V was used, and the quantity 
was multij)lied by 100 to put it in percentage terms. Here we shall 
treat it as a ratio, and shall use a lower case z' for all such ratios 
deriv(‘d from sami)le data.) The concept of relative variation may 
be e\tend(‘d, to apply to sampling distributions (that is, to distri- 
butions of means, proportions, coefficients of correlation, etc.) as 
well as to distributions of original observations. The symbol 
with a subscript t-o indurate the variable in question, may be used 
for all such measure's of relative variation. When the measures 
relate to sampling distributions, v is the ratio of a standard error 
to the value being estimated. Thus vj = m/x (when; x is a sample 
nu'an, regarded as an estimate of a population mean), and Vp = Sp/p 
(wh(*re p is a sample proportion regarded as an estimate of a 
population proportion). 

It is convenient to work in terms of the sfjuared coefficient of 
variation, a quantity that Hansen, Ilurwitz, and Madow call the 
relative variance or, for short, the rel-variance. Kstiniates of the 
relative variances of certain of the quantities with which sample 
surveys commonly deal are given below. (The finite multiplier 
entering into the estimates is ordinarily used when the sampling 
fraction is 5 percent or more; when the sampling fraction is less 
than f) percent it is usually disregarded.) 

'■= = i (19-8) 


® In this disc’ushion ol ivlativr sainjiling errors and of procedures employed in defining 
appiopriate hjimple sizes I hnve iollowed the development ot these topics 1)\ Hansen, 
Hurwitz, anti Madow, and have emphned cepaiii terms and synihols introduced by 
them Koi pi oofs and illustrations see Vol 1, Chap 4 and Vol. II, Chap. 4 of their 
compreheriHivc work on sample surveys ^lief. ti7). 
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(When is used witliout subscript it is a symbol for the relative 


variance of the original observations.) 


o V - 

=„(!-/) 

(19.9) 

‘’x;= '^'(1 -/) 

(19.10) 


(19.11) 


Each of tlicse relative v^ariancc's is the ratio of a stjiiarc'd standard 
error to the square of the value beiiiK estimated. Thus for (estimates 
rclatiiiK to an infinite population 


s| _ s-/n _ 

X- if- a‘“// 


n 

Appljung tlie finite multiplier (1 — /) we liav(‘ formula (1!).!)) as 
given abov'c. Formulas 19.10 and 19.11 mav be dt'riv(*d in similar 
fashion from the expressions defining in absolute* terms the standard 
errors of the measures to wdiich they relate. 

The use of these formulas may be ilhistrat('d with reference to 
measures derived from a simple random sample: 

N = 1000 n - 100 f = 0.10 1 - / = 0.90 

X = $200 6 - = $40 V = 40/200 = 0.20 - 0.04 

0 04 

vl = (1 _ /) = X 0.90 = 0.00030 

vj = V0”0003() = 0.019 

The coefficient of variation of the estimate of the mean is 0.019, 
or 1.9 percent. In using this measure of relative error in setting 
confidence limits \vq follow the same general procedure as in using 
measures of absolute error. Thus with confidence measured by a 
probability of 0.0<S we may say: the mean of the population from 
which this sample comes falls })etw’een $190.20 and $203.80 [wdicre 
196.20 = 200 - (0.019 X 200) and 203.80 = 200 + r0.019 X 200)|. 
Or, if we wish to be practically certain that the limits we set will 
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include the population value, we may use a range of 3t;*s on each 
side of the mean ; for this the confidence coefficient is 0.9973. 

The variance which enters into formula (19.8), and thus into 
formulas (19.9) and (19.10), is the variance of the sample, used as 
an approximation to the population The accuracy of the 
estimates of vl and Vx[ will depend, obviously, on the closeness with 
which 8^ approximates <t^. There will, in any case, be sampling 
fluctuations in but the range of these fluctuations will be less 
the larger tjie sample. The same is true of p, a sample proportion 
used as an approximation to a population proportion. 

Estimates of sample size. The relations set forth in formulas 
(19.9), (19.10), and (19.11) may be used for the very practical 
purpose of estimating the size of sample needed to achieve a 
specifi(‘d degree of precision in sample results. Here, again, the 
investigator must usually be content with approximations. He 
cannot, with accuracy, determine the sample size needed for a 
given degree of precision unless he knows something about the 
kind of population being sampled (e.g., normal, skewed, flat- 
topped) and can approximate one or more of the basic parameters 
(e.g., the population variance or relative variance, or a population 
proportion). Not infrequently he will have such information from 
other studies covering the same or a related population. If not, he 
ma 3 " have to conduct a limited pilot study before a general survey 
is launched. If the standard deviation of a population can be 
estimated with a relative error no greater than 10-12 percent an 
investigator can determine with acceptable accuracy the size of 
sample needed for estimating, with a stated degree of precision, a 
population mean or a population total. 

We let D equal the difference, in relative terms, between an 
estimate of a population mean, made from sample results, and the 
true population mean. We may set D at any relative level we choose 
— 5 percent, 10 percent, 15 percent — and then decide on the risks 
we are willing to run that the error will be greater than this. If the 
conseciuences of a large error would be very serious, we may set 
D very low, and then state that the chance of exceeding this error 
must be no greater than 3 out of 1,000. For this probability we 
should set 1) equal to and then determine the size of sample 
that would be expected to yield results meeting these conditions. 

If we know that the sampling fraction will be 5 percent or less 
we may proceed as though we were to sample an infinite population. 
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That is, we do not apply the finite multiplier. In such a situation 
the general formula (19.9) for the relative variance of a sample 
mean becomes 


4 - 


n 


(19.12) 


We shall assume, for purposes of illustration, that in a particular 
case the finite multiplier is not to be applied, that wc set D at 0.06, 
and that we wish to work with a confidence coefficient of 0.997. 
That is, we wish to take a very small chance indeed that the 
relative difference between the estimated and the true population 
means will exceed 6 percent. Thus D = 3r;, or = D/3. We shall 
use = 0.16 as an estimate of the population (this estimate 
being derived from prior studies or a pilot investigation). For in 
formula (19.12) we substitute what is, for present purposes/ its 
equivalent, (D/3y. Thus 


From which 


9 n 




(19.13) 

(19.14) 


Substituting the given values of and of 


n 


0.16 

0.003G 


400 


The size of the sample needed to achieve the precision suggested is 
thus estimated to be 400. 

If the sampling fraction is expected to be greater than 5 percent, 
the finite multiplier would be applied, and the equation corre- 
sponding to (19.13) would be 

f = J(l-/) (19.15) 


Substituting for the finite multiplier its equivalent N — n (where 

N 


N is the population total) we have 


T ~ n N 


(19.16) 
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which reduces to 


9N v^ 

” “ ND^ + 9v^ 


( 19 . 17 ) 


Let us assume that we arc drawing a sample from a small popula- 
tion of 2,000 units, D and having the same values as in the pre- 
ceding example. Then 

OX 2,000 X 0.16 28S0 

”■ “ (2,66b X 0.0036) + (9 X 0.16) “ 8.64 

= 333 


The relations expressed in formulas (19.14) and (19.17) apply to 
the special case in which /), the relative difference between an 
estimated population mean and the true mean, is sot equal to 3v2 . 
This range is designed to give virtual assurance that the error will 
not be greater than D. If a smaller range will serve, with a greater 
risk that the actual error in a given case will exceed D, a smaller 
sample will serve. Thus if in the first example cited above (where 
the finite multiplier was not applied) the investigator had been 
willing to accept a chance of 45.5 out of 1,000 that D would be 
grc'ater than 0.06, D would be set equal to 2v:^ . (It will be recalled 
that 0.0455 of the area under a normal curve falls outside ordinates 
erectcul two standard deviations above and below the mean. The 
distribution of relative deviations will be similar, in this respect, 
to the distribution of absolute deviations.) We therefore substitute 
{D/2)~ for vj in formula (19.12), and formula (19.14) becomes 

4v^ 

n = (19.18) 


For the desired size, n = 177. 

We may use k as a g('neral symbol for ihe multiplier of the co- 
efficient of \'ariation, in specifying the precision to be sought in a 
given sampling operation. Tit wwking ^^ith a confidence coefficient 
of 0.997, k = 3', with a confidence coefficient of 0.9545, k = 2. 
These sire values of normal deviates corresponding to the stated 
probabilities. Wc have as a general expression for the estimation 
of n, when the use of a finite multiplier is not necessary, 


_ 

~ " 6 “ 


(19.19) 


When the sampling fraction is expected to exceed 5 percent, and a 
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finite multiplier is necessary, the formula for estimating sample 
size is 


~ Mr- -f kh^^- 


( 19 . 20 ) 


D and k together fix the precision sought in a given sampling 
operation. D specifies a given relative error, plus or minus; in terms 
of the coefficient k we define the probability that the error involved 
in generalizing the sample result will not be greater than I). Under 
conditions of simple random sampling these general formulas apply 
to estimates of population means, totals, or proportions. 

In general, if contemplated samples are to include several 
hundred cases or more, estimates of tin* sample size required for a 
given degree of precision are not depiaident- on assumptions con- 
cerning the character of the parent population. This is so becau.se 
of the tendency toward normality in sampling distributions, as n 
increases. Extreme skewness in the population being sampled may 
give rise to trouble, however, when the variance of the parent 
population has to be e.stimated from the sample varian(^e. For 
pronounced skewness in the population can mean great instability 
in the variances of samples. A few (‘xtreme items in a given sample 
may distort the estimate of the population variance. Jf, in sampling 
for a mean, extreme skewiK'ss is suspected, spc-cial pilot studies 
may be reciuired to provide exact information about tlu; form of 
the parent population. One pn'cautiori to b(! takcui is to plan on 
samples larger than those indicated by the formulas citefl in 
preceding pages. When it is known that the parent population is 
sharply skewed, the methods of stratification discussed below may 
be employed to reduce the variability of esti mates."* 

When a population proportion is bcang estimated (i.e., the pro- 
portion of units in a population possessing a specafied cjualitative 
characteristic that is either present or abs(‘nt in each unit), this 
particular danger may be avoided. For if methods of simple 
sampling are used m such a study, and if the elementary unit is 
also the sampling unit, estimates of population proportions are 
not affected by the type of population sampled. 


* Sep Cochran, Pef. 17, 20-28 for a diHcussion of problems growing out of HkewnesB in 
the parent universe. 



678 


SAMPLING AND SAMPLE SURVEYS 


Stratified Random Sampling 

The Meaning and Purposes of Stratified Sampling. In simple 
random sampling the population to be sampled is treated as an 
undifferentiated whole; the individual elements of the sample are 
drawn at random from the whole universe. However, it is often 
possible and desirable to break the parent population into dis- 
tinctive classes, or strata,, and then to obtain a sample by drawing, 
at random, specified numbers of sampling units from each of the 
classes thus set up. This may be desirable because of interest in the 
separate sectors of the universe, as well as in the universe as a 
whole. In a study of farms we may wish to learn about the separate 
attributes of wheat farms and cattle ranches, as well as about farms 
as a whole; in a study of consumer budgets we may wish to study 
spending and saving patterns among urban and rural families 
separately, as well as among the aggregate of all families. Such 
subdivisions for which specific information is desired are termed 
domains of study. But the existence of sectors of special interest is 
not the only reason nor usually, indeed, the main reason for 
breaking a population into classes in a sample survey. Most 
populations are heterogeneous, in the sense that the application 
to them of rational principles of classification will break the whole 
into classes having distinctive attributes. This means that the 
classes, taken separately, will be more homogeneous than the total 
population. For example, we should expect among wheat farms 
less variation, in respect of a stated operating characteri.stic, than 
among all farms. Industrial workers will vary less in their consump- 
tion patterns than will all income recipients. When it is possible 
thus to distinguish subgroups the members of which are more alike 
than are the members of the whole population being studied, the 
efficiency of sampling may be materially improved by stratification. 
Estimates of a reejuired degree of precision may be obtained from 
a smaller sample (and this usually means at a lower cost) ; or, with 
a sample of stated size, more precise estimates may be made from 
a stratified than from a nonstratified sample. 

In stratified random sampling, which is the term employed for 
this process, the population is subdivided into strata before the 
sample is drawn. These strata should not overlap. A sample of 
specified size is then drawn by random methods from the sampling 
units that make up each stratum. If a given stratum is of interest 
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in its own right the corresponding subsample will provide the basis 
for estimates concerning the attributes of the population stratum, 
or subuniverse, from which it is drawn. The total of the subsamples 
will constitute the full sample on which estimates of attributes of 
the full population will be based. When a single stratum is itself a 
domain of study, estimating procedures for that stratum are 
essentially those discussed above in dealing with simple random 
sampling. The new problems that arise relate to the making of 
estimates and the determination of sampling errors when results 
obtained from a stratified sample are to be applied to the whole 
population. 

Stratification is an effective sampling device to the degree that 
it sets off classes that are more homogeneous than the total. When 
this can be done, we distinguish classes that differ among them- 
selves in respect of a stated characteristic. Unless we mark off 
classes that differ among themselves, stratification is futile. So 
what is sought in stratification, wc may say, is homogeneity within 
classes, heterogeneity between classes. 

The symbols used to designate stratum measures are the same 
as those used for population and sample values, with appropriate 
subscripts. These symbols have been given in the section on 
notation, above. 

Allocation in Stratified Sampling. A central field problem in 
stratified sampling is the determination of the sizes of the sub- 
samples to be drawn from the several strata. The procedure 
employed in determining subsample sizes is termed allocAition. One 
simple principle would be to have all the subsamples of the same 
size ; that is, we might have n*, = n^ = n*, = . . . . But we should 
lose many of the advantages of stratification with such a procedure. 
Three more suitable methods of allocation will be briefly described. 

Allocation proportional to sizes of strata. We have defined a 
sampling fraction / as the ratio of the sample size to the total 
population. For a simple random sample / = n/N . On the same 
principle the sampling fraction for a single stratum hi is = 
for stratum h^ it is /a* = nn^/Nh^^ In' making sample sizes 
proportional to sizes of strata a uniform sampling fraction is used. 
That is, we determine sample sizes for the several strata in such a 

way that / a, = /a 2 = Aa = The logic of this is clear. In seeking 

a sample representative of a given universe, it is reasonable to 
select for the sample twice as many sampling units from stratum hi 
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than from stratum h 2 if, in the universe, there are twice as many 
sampling units in stratum hi than in stratum h 2 . In making esti- 
mates for population characteristics we would wish to give more 
weight to information on stratum hi than to information on 
stratum h 2 ; the method of proportional allocation does this. It is a 
self-weighting procedure; although no weights arc consciously 
introduced in subsequent operations, we are in fact using weights 
proportional to the in the population strata. 

The term “proportional allocation,^^ used without qualification 
or further explanation, means allocation on the basis of a uniform 
sampling fraction. 

Allocation proportional to standard deviaiions of strata. In dis- 
cussing sampling distributions in earlier chapters we have noted 
that the degree of dispersion found in such distributions is related 
to the degree of dispersion in the populations sampled. Thus for the 
standard error of the mean we have = a/V'N. Here the varia- 
tion in the sampling distribution is directly proportional to the 
variation in the universe. This suggests that in determining sample 
sizes for the several classes of a stratified sample it is reasonable to 
relate the sizes of the samples drawn from the several strata to the 
degrees of dispersion (diaracterizing these strata. To a(ihiev(' a 
given degree of accuracy in estimates based on samples from 
several such strata, larger samples will be needed from strata 
marked by wide dispersion than from those with slight dispersion. 
A single observation, indeed, gives a perfect representation of a 
universe in which there is no variation. The principle of allocation 
to which these considerations lead is one that would mak(i the 
sample /i’s from the various strata direct, ly proportional to the 
standard deviations of these .strata. That is, 

fhii _ th,: _ fihi _ 

O’ fci hi O’ ft. 

If these three a's were, respectively, 10, 20, and 30, this condition 
would be satisfied by having the n^s equal, respectively, to 100, 
200, and 300. 

This procedure calls, obviously, for knowledge of the standard 
deviations of the different strata into which the population is to 
be divided. Census counts, or other sources, may provide such 
information. If not, small-scale trial samplings preceding the main 
survey may be necessary. The requirements of the main survey 
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may be served adequately by rather rough approximations to the 
standard deviations of the separate strata; such approximations 
may be come by at fairly low cost, with well-designed trial borings. 

The principle of allocation proportional to stratum standard 
deviations will be satisfactory, by itself, if the .V’s of the various 
strata (A^i, N N . . .) are equal, or approximately so. If the 
A'^’s are not equal, and they seldom are, we still face the problems 
raised by such inequalities. We need a method of allocation that 
will take account of differences among both the and the of 
the various strata. 

Optimum allocation. The method of optimum allocation repre- 
sents a combination of the two principles described above. Instead 
of using a uniform sampling fraction, we vary the fraction, making 
differences among the fractions proportional to dilfcrenccs among 
the standard deviations of the strata. That is, we set 

fhi fhi fhi 

^ h{ ^ hi ^ hz 

This mode of allocation, which makes the sample sizes in the 
various classes proportional to pnKlocIs of corresponding class 
sizes and class standard deviations in tin* univc'ise being sampled, 
leads to theoretically optimum sampling fractions.’’ 

We should note that exact proportionality of such products may 
in fact be difficult to realize for any of several reasons. Precise 
information on universe values may be lacking. When the indi- 
vidual strata are of interest in their own right as domains of study, 
the investigator may wish to obtain larger samples from certain 
strata than would be given by strict proportionality. If a single 
survey is serving several purpo.ses, so that the population values of 
more than one characteristic are to be estimated from sample 
results, it is unlik(‘ly tliat any single set of clas.^ sample sizes would 
be proportional to the clas.s standard deviations of these several 
characteristics. In practice, allocation proportional to stratum 
sizes, alone, is most commonly employed. Subsequent computa- 
tions and estimates arc much simpler with a uniform sampling 
fraction than with sampling fractions that vary from stratum to 
stratum. If the stratum standard deviations are known to differ 
widely, and if the stratum standard deviations may be determined 


“ The original memoir on this subject is a classic paper by Jerzy Neyman, "Ou the two 
different aspects of the representative method." See Neyman, Ref. 120. 
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with some precision in advance of the full field survey, optimum 
allocation may be desirable and feasible. But these conditions are 
not frequently encountered. 

In the selection of sampling fractions the concern of the in- 
vestigator is not solely with maximum precision. Precision and 
cost, whether dealt with on a unit or aggregate basis, have to be 
weighed together, and a working solution reached. A special 
problem is introduced when unit costs of sampling operations vary 
from class to class — a circumstance that may necessitate a depar- 
ture from optimum or proportional allocation. Recent works on 
sampling survey theory introduce such unit costs into the functions 
used to estimate desirable sample sizes. Thus Cochran (Ref. 17 
p. 75) gives a working formula designed to yield optimum allocation 
with varying unit costs. The allocation to which this theorem leads 
would give (as between two strata) a larger stratum Uh to the 
stratum that is larger, to the stratum marked by the greater 
internal variation, and to the stratum for which sampling is 
cheaper. 

Estimates from a Stratified Random Sample. In this section we 
consider the determination of sample values and the estimation of 
population values — means, totals, proportions -from sample re- 
sults; we then deal with measures of the precision of such estimates. 

Sample sfatistics and the estimation of population values.^ We first 
note the case for which the sampling fraction is uniform for all 
strata. Under these conditions sample statistics for a total, a mean, 
and a proportion are derived just as they are for a simple random 

sample (see pp. 666 ff.). Thusir= where is a general sym- 

bol for a value of the variate x in a stratum h. The numerator of 
this expression is equivalent to 2x, over the whole range of sample 
data. So, also, estimates of population values based on a stratified 
sample with uniform sampling fraction may be made from the 
relations specified for simple random samples. (It is here under- 
stood that the actual numbers iV^, in the several population strata, 
are known and have been used in defining the sampling fractions.) 
As we have noted above, allocation with a uniform sampling 
fraction is a self-weighting procedure; there is no occasion to apply 


® We shall here use the same symbols (J, X\ p, P', etc.) that were used for means, 
proportions, etc , in unst ratified samides. The context will indicate whether the 
measures are for simple random samples or for stratified samples. 
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weights to the measures for the different strata. For the observa- 
tions in the several sample strata, being proportional to the NhS 
in the corresponding population strata, combine to give a total 
that is automatically weighted according to stratum sizes. 

When the sampling fraction is not uniform, the making of 
estimates is based on sample values that are built iip from stratum 
values. Requisite sample statistics of the types we have been 
discussing may be obtained from the following relations: 

A sample total ^ x, = 

A sample mean = x - Xt/N 
A sample number of units possessing 
a stated attribute = m = 

A sample proportion = p = u/N 

(The subscript h indicates variates, totals, and numbers relating 
to strata, h being here a generic symbol for any stratum.) Using 
capital letters with prime marks for estimates of population values, 
and fh as a general symbol for a series of sampling fractions 
(unequal) for different strata, we have for these estimates- 

A population total = Xt = X(x,ugh) (10.21) 

(The total Xhi for each sample stratum is raised by the expan- 
sion factor gh to give an estimated total for that stratum in 
the population; these stratum population estimates ar<‘ 
summed to give an estimated total X\ for the whole popula- 
tion.) 

A population mean = X' = X't/N (10.22) 

(Alternatively, a population mean may be estimated from 
X' = {ZNhXh)/N. This is a weighted average of the stratum 
means, each stratum mean being vveaghted by the correspond- 
ing stratum A\. With these weights we obtain an unbiased 
estimate of the population mean.) 

A population number of units possessing a stated 

attribute = U' = 2 (wa<7/J ^ (19.23) 

(This parallels formula (19.21). Here, for each stratum, the 
number of units possessing a stated characteristic is raised by 
the expansion factor for that stratum to give an estimated 
total for that stratum in the population: the sum of these 
stratum estimates is the estimated population total, U\) 
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A population proportion = P' = U' /N (19.24) 

(Alternatively, a population proportion may be estimated 
from P' = This is a weighted average of the stratum 

proportions, each stratum proportion being weighted by the 
corresponding stratum N h.) 

Having these estimates of population values, derived from a 
stratified sample, we must estimate the sampling errors to which 
they are subject. 

Estimates of sampling errors. The great advant.age of stratifica- 
tion, in improving estimates of population values, may be simply 
stated. The total variability of the o})servations in a stratified 
sample may be thouglit of as having two components; the varia- 
bility within the several strata, and the variability between the 
several strata. The variability within strata is measured by the 
variance about the respective stratum means; the variability be- 
tw^een strata is measured by the variance of the stratum means 
about the mean of the whole sample. By stratification we take 
account of the variability betw’ecii strata, so that it does not 
contribute to the sampling error, in tJu‘ generalization of sample 
results. Thus, so far as the variability of observations is eoncerned, 
the sampling error of the mean of a stratified sample is affected 
only by the variability within strata. (This stands in (‘ontrast, of 
course, to the case of a sim|)le random sample. Estimates of 
sampling errors from such a sample are affected by the variability 
of the observations in the sample as a wdiole.) If the variability 
within strat.a is substantially less than the variability of the 
observations in the full sample, stratification results in a distinct 
reduction of the sampling error of sample statistics, and thus in a 
gain in the precision of estimates. For this reason, the investigator 
wdio is planning a stratification design seeks to set off strata that 
differ materially among themselves (i.e., that are marked by wade 
variance among the strata means), and that are internally as 
homogeneous as possible. 

We may bring out this point in the simplest way by considering 
the standard error of the mean of a stratified sample in a case for 
which the sampling fraction is uniform, and so small for each 
stratum (say less than 5 percent) that the finite multipliers may 
be neglected. Here, as m the cases cited later, all n’s and rihS are 
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taken to be large, or moderately large. We shall Eissume that the 
variance within population strata is the same for all strata, an 
assumption consistent with the use of proportional allocation (a 
uniform sampling fraction), rather than optimum allocation. To 
obtain an estimate of this common stratum variance, we average 
the variances within the several sample strata, weighting each by 
the corresponding n^. We shall let si serve as a general symbol for 
the variance within a sample stratum, that is. 


2 ^ - x,,y 

' - 1 


(19.25) 


The weighted average of all such stratum variances for a given 
sample, which is the desired estimate of the common stratum 
variance, is given by 




(19.2G) 


As an estimate of the variance of the mean of a stratified sample, 
with a uniform sampling fraction, we then have 


(19.27) 


This will be recognized as the familiar expression for the scjuare of 
the standard error of an arithmetic mean, with the variance within 
strata replacing the variance of the sample as a whole. 

When the sampling fraction is large enough to call for the 
application of the finite multiplier, the sampling fraction being 
uniform, formula (19.27) becomes 

4 = *“'(!-/) ( 19 - 28 ) 

^ n 


With a variable sampling fraction, all sampling fractions being 
small enough so that the finite multiplier may be neglected, the 
variance of the mean of a stratified sample may be estimated from 


, 1 V 


(19.29) 


Finally, we have the case in which the finitp multiplier is to be 
applied and in which the sampling fraction is varial)le. The vari- 
ance of the mean of any single stratum h is given by the 
general formula 




( 19 . 30 ) 
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where/* is the sampling fraction for the stratum in question. When 
the conditions of randomness within strata and independence of 
sampling operations in the several strata are realized, as they are 
in the kind of stratified random sampling here discussed, the 
variance of the mean of a stratified sample may be derived from 
the following weighted combination of the variances of the means 
of the separate strata: 




(19.31) 


where is the number of cases (sampling units) in a population 
stratum and N is the number of cases in the population as a whole. 
Here, as in the simpler case represented by formula (19.27), the 
sampling variance of the mean of the stratified sample depends on 
the degree of variation within the individual strata. The reader 
will note that the only measure of variance in the right-hand 
member of expression (19.31) is s|^; the value of each s|^ will 
depend on the degree of variation within a stratum [see formulas 
(19.25) and (19.30)]. 

We shall give, without discussion, expressions defining the 
sampling errors of other commonly employed sample statistics 
when obtained from stratified random samples.*'* These will be given 
in their squared form, as variances. In these summary statements, 
as in the expressions given above for sampling errors of arithmetic 
means, we use the sample variances and sample p’s as estimates of 
the required population values, a procedure that is justified for the 
measures here cited. We assume, in all cases, that the /I’s and n^’s 
are at least moderately large. 

Uniform sampling fraction, finite multiplier neglected 
Variance of the estimate of a total: 



(19.32) 


where si is defined as in formula (19.26). (As we have noted 
above, the variance of an estimate of a total is A* times the 
variance of the estimate of the corresponding mean.) 


• For proofs and illustrations the works of Cochran (Ref. 17), Deming (Ref. 29), Hansen, 
Hurwitz., and Madow (Ref 67), and Yates (Ref 1971 may be consulted 
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Variance of the estimate of a proportion: 

*' “ Si n 

Uniform sampling fraction, finite multiplier applied 
Variance of the estimate of a total- 




(1 -/) 


Variance of the estimate of a proportion: 

" Nn -J> 

Variable sampling fraction, finite multiplier neglected 
Variance of the estimate of a total: 





where si is defined as in formula (19.25) 
Variance of the estimate of a proportion- 


1 v/ 

- 1) ■ /i, I 


Variable sampling fraction, finite multiplier applied 
Variance of the estimate of a total* 


•S: - 

This is equivalent to 

sj; = 

where s|^ is defined as in formula (19.30) 

Variance of the estimate of a proportion. 

2 _ 1 yjXh(Xk - hh) Phr/h) 

(iV» - 1) ■ «<■ / 

Since 1/Nh will in general be a negligible quantity, 
use for the variance of a proportion the somewhat 
expression given by Cochran 


a 


2 _ 
P ~ 




(19.33) 

(19.34) 

(19.35) 

(19.30) 

(19.37) 

(19.38) 

(19.39) 

(19.40) 

we may 
simpler 


(19.41) 
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On earlier pages we have discussed methods by which, with 
simple random sampling, one may estimate the sample size needed 
to yield sample results having a desired degree of precision. We 
there dealt with precision and sample size alone, with no regard to 
cost factors, but we noted that costs, aggregate and per unit, 
necessarily enter into the determination of sample size. With 
stratified sampling the determination of sample size takes on new 
dimensions. The form of stratification, the method of allocation 
(proportional or optimal), the nature of the sampling unit — these, 
as well as the tolerable margin of error and the confidence level 
with which the investigator chooses to work, enter into decisions 
on sample size. And all these factors must be considered with 
reference to the aggregate and unit costs that will be faced in the 
field work, and to the available budget. The modern art of survey 
planning and sample design is largely concerned with procedures 
for dealing with these inter-related problems. On these issues, the 
reader must be referred to the excellent basic treatises now avail- 
able on the theory and procedures of fi(;ld sampling.' 


Some Other Sampling Designs 

The sampling forms described above are the fundamental types. 
In practice these are often modified in various ways, in adapting 
survey designs to the characteristics of given populations and to 
the cost and precision requirements of parti cailar studies. The most 
important of these modifications are termed multi-stage sampling 
and multi-phase sampling, although more frequently than not the 
“multi” reduces to “two.” 

Multi-stage Sampling The essential feature of this sampling 
form is suggested by the term cluster sampling, which is often used 
for it. We have spoken above of elementary units, the individual 
entities whose attributes are the objects of study. These units may 

* Until recontly tho chief reference aounes on the lujiidly developing theory and practice 
of sampling aurveyH have been articles in acienlific and professional journals Within 
the last several years, however, a number of systematic treatises have appeared. Two 
major contributions were made in 1953, in the w’orks of Cochran (Ref 17) and of 
Hanson, Hurwitz, and Madow (Ref 07) These, with the earlier books of Doming 
(Ref. 29) and Yates (Ref 197) provide the student and fu'ld worker with comprehensive 
treatments of the problems faced in planning and executing sample surveys Reference 
should be made, in addition, to the discussion ol sampling human populations in 
Chapter III of the Second Edition (1952) of Neyman's Lectures and Conferences on 
Mathematical Statistics and Probability (Ref 119), and to P V. Sukhatme’s Sampling 
Theory of Surveys (Ref. 155), which draws examples from agricultural surveys. 
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be farms, families, individuals, corporations, townships — any of 
the things that for purposes of ultimate analysis are treated as 
undivided wholes. The unit of the sampling process, at a first or 
even at a later stage, may he a cluster of such elementary units, the 
cluster being later broken down into the units whose characteristics 
are being investigated. Any sampling procedure that involves the 
use of such clusters as sampling units is termed cluster sampling. 

Thus the 'primary sampling unit (which is usually shortened to 
psu) may be an elementary unit or a cluster of units. If it is a 
cluster, the process may obviously be repeated; i.e., there may be 
a suhsampling of the primary units, such a subsample from a 
particular primary unit being either a sample of new clusters 
(smaller than the first) or a sample of elementary units. If the 
sampling unit at this second stage is a cluster, a s(*(*on(l subsampling 
process is possible — a process that may entail the selec^tion of 
samples made up of still oilau* clusters or of elementary units. For 
example, to cite an illustration of multi-stage sampling suggestc'd 
in the United Nations report on samjiling surveys, a given investi- 
gation might be concerned with the charact.(;risti(!s of farms, these 
being the elementary units. For the purposes of the survey, the 
country might be divided into districts, a numlier of districts being 
selected as first-stage or primary sampling units; the districts 
could be divided into villages, a number of villages being selected 
as second-stage sampling units, the villages could be dividtid into 
farms, a sample of farms being then selected from each village. In 
this case the third-stage* sampling units- -the farms — are the ele- 
mentary units that, are the objects of study. 

If the sampling process stops at the first stage, that is, if all the 
elementary units included in the clusters making up the primary 
sampling units make up the sample of elementary units that is to 
be analyzed in detail, the process is ternK^d single-stage cluster 
sampling. We should have this form of sampling if all the farms 
included in the sample of districts mentioned above constituted 
the sample of farms whose characteristics were studied in detail. 
We should have double-stage sampling if all the elementary unit.*? in 
the clusters s(*lectod as s(*cond-stago sampling units make up the 
sample of elementary units that is to be studied in detail. This 
would be the case if all farms in the sample of villages mentioned 
above made up the final sample of farms. The farm example cited 
is actually a case of triple-stage sampling \ the process goes into its 
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third stage when the sample of villages is subsampled to give the 
final sample of farms. 

The sampling process at each stage may be either random or 
stratified. We have simple duster sampling^ of one or more stages, 
if the sampling units chosen at each stage are selected by the 
method of simple random sampling. We have stratified duster 
sampling^ of one or more stages, if stratification is employed 
wherever sampling units are to be selected. 

The constitution of the sampling unit at each stage is of course 
a matter of liigh concern in all forms of cluster sampling. Great 
attention is given to the scope of such units, to their internal 
structure, and to all their relevant quantitative and qualitative 
characteristics. The ultimate considerations here are the precision 
of the final estimates to be based on sample results, and costs; 
these in turn must be weighed with reference to a variety of factors, 
including the structure of the population to be sampled, the infor- 
mation at hand concerning it (the frame), the geographical extent 
of the survey, stratification possibilities, the degree of subsampling 
contemplated, etc. Methods used in the evaluation of these differ- 
ent factors, and in combining them to reach operating decisions, 
arc treated in the standard works on sample surveys. We should 
note here, however, that these are not matters of operational 
interest only. For those who use the results of sample surveys, 
information on the scope and character of the sampling units 
employed is necessary to intelligent appraisal of the estimates 
based on such surveys. 

Area sampling. A form of cluster sampling that is widely used 
is one that associates the elementary units of a population with a 
geographical area. The populations under study need not be human 
— they could be populations of animals, of trees, or houses — but in 
most applications of this method, which is termed area sampling^ 
the units under study are Ituman beings. Each of these units must 
be associated with a single definable area. For a human being this 
is usually the area in which he resides. The investigator works, in a 
first stage, with a list of such areas, rather than with a list of the 
units of the whole population. By random methods a sample of 
areas is selected. If need be subsamples of the chosen sample areas 
may then be selected by random methods. At an appropriate stage 
the elementary units residing in the selected sample areas may be 
individually enumerated. These enumerated elements may consti- 
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tute the final sample for interview or detailed study, or the final 
sample may be obtained by a further sampling operation among 
the enumerated elements. If these procesess are carried through 
by random methods the conditions of probability sampling will 
have been met, and estimates based on sample results may be 
made in probability terms. 

An important feature of this procedure is that no list of elements 
in the full population is required to ensure conditions of probability 
sampling. The essential condition that all members of the parent 
population have a definable probability of inclusion in the final 
sample is ensured by the random sampling of areas. The enumera- 
tion of elements is then necessary only in the limited number of 
selected areas. This type of cluster sampling may be used, therefore, 
where simple random sampling would not be possible, because no 
list of population elements exists. ICven when a list exists, area 
sampling may be much less costly. Procedures used in area sampling 
will be more fully discussed in a later section of this chapter. 

Multi-phase Sampling. The successive sampling opt^rations in 
multi-stage sampling entail the selection of sampling units of 
different types at different stages. The term multi-phase sampling 
is used when sampling units of the same type are the objects of 
different phases of observation. T^^pically, in one of these phases all 
the units in a sample are studied with respect to certain character- 
istics, while in a later phase some of the units, a subsample of the 
full sample, are studied with respect to certain additional charac- 
teristics. Thus we should have two-phase or double sampling if 
information concerning family income alone were gathered for all 
the members of a sample of 10,000 families, while additional 
information concerning the sources of income and the uses of 
income were gathered for a subsample of 1,000 families. The 
additional information for members of tlie smaller group might be 
gathered at the same time the information was collected for the 
full sample, or might be gathered at a later time. Not infrequently 
the two (or more) phases relate to samples gathered at different 
times. A comprehensive first survey might he made, at low cost 
per unit because only limited facts are collected; the results of the 
first phase could then be used in planning an intensive second phase 
covering the same kind of units. (The second sample need not be a 
subsample of the first, though it often is.) Sometimes the first phase 
of such a study is designed to obtain information about a variable 
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related to the variable that is the direct object of study. The 
information obtained from this preliminary sample can then be 
used for purposes of effective stratification, in the second or main 
phase of the inquiry. 

Systematic Sampling. Another sampling form, simple in design 
ahd execution, may be employed when the members of the popu- 
lation to be sampled arC arranged in order, the order corresponding 
to consecutive numbers. The arrangement of names in a telephone 
directory, or blocks in a city, of income tax returns in the Treasury’s 
files, are examples of such ordering. If a sample of suitable size 
may be obtained by taking every tenth unit of the population, one 
of the first ten units in this ordered arrangement is chosen at 
random. The sample is completed by selecting every tenth unit 
from the rest of the list. If the first unit selected should be the 
fourth, the investigator would include in his sample the fourteenth, 
the twenty-fourth, the thirty-fourth, etc. In general terms, if the 
requirements of the survey call for the inclusion in the sample of 
one unit out of every k units in the population, a unit is chosen at 
random from the first k units; thereafter, every kth unit in the 
population, as arranged in order, is included in the sample. This 
mode of selection is called systematic sampling. 

The type of sample obtained by this method depends on the 
structure of the population being sampled. Systematic sampling 
gives a stratified sample containing one unit from each stratum. If 
the arrangement of population elements in the order employed in 
the systematic sampling process is in fact random, these strata will 
all be alike in constitution, except for purely random differences. 
A systematic sample is then, in effect, a simple random sample; 
the standard errors of measures obtained from the systematic 
sample will be, on the average, the same as those obtained from 
simple random samples. But if the ordered arrangement of popu- 
lation elements is nonrandom, the systematic sample will not be a 
purely random one. The “strata” will differ among themselves. 
Under these conditions a sample containing one unit from each 
stratum will be preferable to a simple random sample. 

It is helpful, in obtaining an understanding of systematic 
sampling, to regard it, as Cochran puts it, as a form of cluster 
sampling. The systematic sample is itself a cluster — one of many 
that might have been drawn from the population by selecting at 
random one unit from each stratum. Since the single selected 
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cluster given by systematic sampling constitutes the whole sample, 
it should reflect, in its composition, all the elements of diversity 
that are present in the population. 

Whether systematic selection will be efficient, in providing 
sample measures with low sampling errors, or otherwise, depends 
largely on the make-up of the population from whi(di a sample is 
to be drawn, and on the order underlying the mode of selection. 
If there should be periodicity in the elements of a population, as 
arranged for purposes of systematic selection, this mcl-hod couhl 
give a highly unrepresentative sample. Thus if one were picking 
every twelfth unit, and if the arrangement were such that the units 
so selected were alike in some distinctive respect, the sample w'ould 
be a poor one. (This danger would be a serious one if the eUunonts 
of the population were observations arranged chronologically. Sales 
of department stores, sampled systematically so that only obser- 
vations for Decembers of successive years wen^ includ(‘d, are a 
case in point.) On the other hand, the internal diversity that makes 
a systematic sample preferable to a simple random sample wall be 
realized if units k numbers apart on the ordered list of population 
elements differ more from one another than do adjacent units. 
Thus if adjoining houses tend to resemble one another, a sampling 
procedure that selects only every twentieth house wall be better 
than one that permits adjoining houses to be included in a sample. 
The general principle here is that systematic sampling is preferable 
to simple random sampling if there is high serial correlation among 
the units of a population, as ordered for the purposes of a sample 
survey. 


The Current Population Survey 

We shall complete this chapter on sampling theory and pro- 
cedures by a concrete example. The Current Population Survey, 
conducted by the Bureau of the Census, provid(‘s the basis of the 
Monthly Report on the Labor Force* now one of the most reveal- 
ing of our current social records and one of the mor)t closely watched 
of our economic indicators. A brief discussion of the major features 
of this Survey, w^hich is an excellent example of modern sampling 
methods, will illustrate the practical application of some of the 
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techniques developed on earlier pages.® Although we shall not deal 
in any detail with the administrative aspects of this Survey, the 
discussion will suggest the nature of the administrative problems 
that are faced in planning and executing a sample survey. 

Background and Objectives of the Population Survey. During 
the depression of the 1930’s, public administrators and social 
scientists became acutely aware of the gaps in our knowledge of 
current economic processes and of our human resources. Particular- 
ly disturbing was our ignorance of the number of unemployed. At 
a time when unemployment was our most serious social problem, 
estimates of this critical magnitude differed by many millions, and 
there was no basis for a sound choice among differing guesses. 
Under the auspices of the Works Progress Administration a good 
beginning was made in the design of an objective sampling pro- 
cedure for determining the volume of unemployment, and a 
monthly report on the labor force was begun by this agency in 
1940. In 1 942 the task was taken over by the Bureau of the Census, 
which has administered the survey since then. The original design 
has been modified from time to time by the Census Bureau, most 
recently in 1954. The latest design will be briefly described here. 

In the early stages of this enterprise the chief objective was the 
estimation of unemployment, on a monthly basis. This remains a 
major purpose, but as changes have occurred in the social and 
economic conditions of American life, the Survey has come to serve 
other ends as well. Basically, the objective of the Survey is to 
provide estimates of the employment status of those members of 
the population of the United States who are 14 years of age and 
over. Such members fall into two groups — those who are members 
of the labor force and those who are outside the labor force. The 
labor force comprises persons in the armed forces and civilians who 
are classed as employed or unemployed. The Survey seeks to cover 
the civilian groups only. ' 

* I have drawn on Census Bureau sources in this account, and am particularly indebted 
to Joseph Steinberg, of the Population and Housing Division of the Bureau of the 
Census. A preliminary report on the concepts and methods used in the current survey 
is given in CurrerU Population Reports, July 30, 1954, Series P-23, No. 2. 

Results of the Population Survey are published monthly in Current Popvlaiion 
Reports, Labor Force, Series P-57. A report that summanzes employment and un*- 
employment statistics collected by both the Department of Commerce and the 
Department of Labor, appears monthly as a “Combined Employment and Unem^ 
ployment Release’ ’ of the two Departments. 
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Each of the terms used above calls for the most precise dehnition, 
for ambiguities can lead to substantial margins of uncertainty in 
the final estimates. The main elements of the definitions of the two 
major groups in the labor force are these: 

Employed persons comprise (1) all those who during the survey 
week (a calendar week specified as the survey time period) 
did any work at all as paid employees or in their own businesses 
or professions, or on their own farms, or who worked 15 hours 
or more as unpaid workers on farms or in businesses operated 
by members of their families, and (2) all those who were not 
working or looking for work but who had jobs or businesses 
from which they were temporarily absent for any of a number 
of specified reasons, including illness and labor-management 
disputes. 

Unemployed persons include all persons w'ho did no work (as 
defined above) in the survey week, and who were looking for 
work. All those w’ho made efforts to find jobs during the 
preceding 60-day period are considered to be looking for work. 

The final estimates and the reports supplementary to these 
estimates provide information on the distribution by age and sex 
of those outside the laboi force and, for the labor force, details 
concerning the structure of employment, the degree and nature of 
part-time ernployment, the duration of unemployment for those 
seeking work, the annual incomes of persons and families, etc. 
This survey is becoming thus an instrument for the regular record- 
ing, on a comprehensive scale, of current information on the 
activities and welfare of the population of the United iStates. As 
such, it represents a major development in our system of social 
and economic reporting. 

The Survey Design. The final sample sought by the Census 
Bureau each month is designed to include about 25,000 designated 
dwelling units. These are obtained by random sampling within 
each of 230 primary sampling units, each of which is a geographical 
area. These primary sampling units (psu^s) have come, in their 
turn, from 230 different strata. The two majnr sampling steps in 
this process are the selection of sample areas and the selection of 
households. 

Stratification^ and the selection of a sample of primary sampling 
units. A first step in the sampling process was the division of the 
total area of the United States into 2,000 primary sampling units. 
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For this purpose, use was made of certain pre-existing political 
divisions — divisions into counties, of which there are about 3,000 
in the country, and into the geographical units that are termed 
standard metropolitan areas. The 1950 Census recognized 168 such 
areas. Each of the standard metropolitan areas constituted a 
primary sampling unit. Each of the other 1 ,832 psu’s in the country 
consisted of a separate county or of a grouping of adjoining 
counties. In the grouping of several counties to form a single psu 
diversity of social and economic conditions was sought, so that 
there might be as much heterogeneity as possible within the psu. 
(We may here suggest the reason for this heterogeneity. Since a 
selected psu will in the final sample represent the whole stratum 
from which that psu was drawn, as much as possible of the diversity 
existing in the stratum should be present in each psu in that 
stratum.) Thus a typical psu would include urban and rural 
residents, low income groups and high income groups, and varied 
industrial and occupational groups. 

The process of stratification entailed the combination of the 
2,000 psu’s into 230 strata, each of which was to be as homogeneous 
as possible. (The reader will recall that in stratification one seeks 
h(‘terogoneity between strata, homogeneity within strata. The size 
of sampling errors of estimates based on stratified samples depends 
upon the variance within strata.) Among the criteria used in the 
allocation of psu’s to strata were population density, types of 
industrial concentration, predominant types of farming (for rural 
areas), rate of growth in the preceding decade, and geographical 
location. Attempts were made to combine in a single stratum 
sample areas (that is, selected psu's) that were alike in all or some 
of these respects. Certain of the primary sampling units — the 44 
largest standard metropolitan areas and a limited number of other 
metropolitan areas — were large enough to constitute strata by 
themselves. But the bulk of the 230 strata consisted of combina- 
tions of psu's. All strata thus built up were made approximately 
equal in terms of their 1950 population. 

The sample of areas, comprising 230 primary sampling units, 
was obtained in this fashion: 

60 primary sampling units large enough to constitute strata 
by themselves were automatically included in the sample 
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170 primary sampling units were randomlj" selected from the 
remaining 170 strata. Probabilities of selection, for the 
psu’s in a given stratum, were made proportional to their 
1950 population. 

SoLfnpliug within selected sample areas: the selection of sample 
households. Each primary sampling unit is, of course, a cluster of 
the units ultimately sought. Since these clusters are too large for 
the inclusion in the final sample of all the units they contain, a 
further sampling process within psu’s was necessary. This was done 
by area sampling methods. In this work use was made of certain 
administrative units, called enumeration districts, that were em- 
ployed in the 1950 Census, and of subdivisions of these districts 
into small land areas termed segments. Each segment comprised 
about six dwelling units. In drawing a sample of enumeration 
districts from a primary sampling unit, chances of selection were 
made proportionate to 1950 population. In drawing segments from 
enumeration districts, chances of selection were mad(^ proportional 
to the estimated number of dwelling units in the various segments. 
All the households in the selected segments constituted the final 
sample of households. (In certain exceptional cases, whore seg- 
ments were unavoidably large, subsampling within s(;gments was 
necessary.) 

In planning the current survey the final sample of households 
was set, in advance, at about 25,000. This meant (as of 1954) that 
about 1 out of every 2,250 households in the population was to be 
selected. Tliis over-all sampling fraction, which applied in each 
stratum, was adjusted within strata to the relative siz(5s of selected 
primary sampling units. For example, if a selected psu included 
one ninth of the population of the stratum from which it came, the 
proper proportion (1/2250) within the stratum would be attained 
by drawing 1 out of every 250 households within the psu (1/2250 
1/9 = 1/250). If the psu included less than one ninth of the 
stratum population, the sampling fraction for the psu w'ould be 
higher; if the psu w^ere relativ^ely larger, the sampling fraction 
W'ould be lower. This sampling fraction for a given psu is constant 
from month to month, which means that the absolute size of the 
sample of households from that psu will vary, if the population of 
the psu varies. 

I have used the past tense in describing most of these operations 
since the basic sample design is fixed for a term of years. However, 
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there is variation in the make-up of the sample of households. Use 
is made by the Census Bureau of a system of rotation, the effect 
of which is to keep a given household in the sample for a period of 
eight months, divided into two equal periods of four months each. 
These two four-month periods are designed to fall in the same 
calendar months of successive years. This rotation is effected by 
groups of households, so that 75 percent of the sample segments 
are common from month to month, while 50 percent are common 
from year to year. 

Survey techniques. Not the least important part of the sample 
survey is the actual interviewing of representatives of selected 
households by field agents. Biased or tactless interviewers, badly 
phrased or slanted questions, inaccurate reporting, or substantial 
nonresponse® may defeat the purposes of a survey, no matter how 
good the design, A striking incident, illustrating the importance of 
the form of questions put to householders, is recorded in the early 
history of the labor force survey. In March 1942 two supplementary 
questions were put to those who were classed as neither employed 
nor unemployed (i.e., to civilians who were counted as not in the 
labor force). Each of these persons was asked whether he would 
take a full-time job if one were available within 30 days, and when 
he liad last worked on a full-time job. The answers served to 
increase the estimate of the civilian labor force by almost a million. 
Responses to the standard questions had failed to reveal the 
willingness of many who were classed as housewives or students to 
take jobs if they were offered. Such persons belong in the labor 
force, as defined. As a result of this and of many similar experi- 
ences, far more attention is now given in sample survey work to 
questionnaire preparation and interviewing procedures. But these 
arts, important as they are, are beyond the scope of the present 
discussion. 

Tlie actual field work on the Population Survey is done by a 
staff of some 350 part-time interviewers, under the supervision of 


• The problem of noiirespoiiHc ia particularly troublesome in sample surveya. If there 
is considerable nonresponse the actual sample may be a biased one, because those 
responding may differ in signifirant ways from those not responding. Thus a question 
on family income may bring relatively more responses from those with medium or 
high incomes than from those with low incomes When a particular sampling unit 
has been selected for inclusion in a sample, great efforts are usually made to ensure 
response from that unit, even at high cost. In the Population Survey an adjustment 
is made for sam{)lp houselioUls that cannot bo interviewed, for one reason or another. 
This proportion is usually from 3 to 5 percent of the households in a sample. 
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full-time supervisors. Representatives of sample households are 
interviewed each month during the calendar week containing the 
fifteenth day. Activities of household members during the survey 
week (the week containing the eighth day of the month) determine 
their classification as employed, unemployed, or not in the labor 
force. Answers to questions covering these and various supple- 
mentary points are recorded by the interviewer in such a way that 
transfer of data to punch cards and all subsequent operations can 
be done by machine. An electric digital computer is used in this 
subsequent work. Release of national estimates is thus possible 
about three weeks after the collection of the data. 

Estimates and Sampling Errors. The making of national esti- 
mates from the sample results for any given month involves some 
steps that need not concern us hero in detail. We may note, 
however, that the final estimate on any characteristic is a composite 
of two estimates. The first of these, which is called a ratio estimate, 
entails the customary inflation of sample results, with adjustments 
to bring the sample population into agreement with the known 
distribution of the entire population with respect to certain basic 
attributes, such as age, sex, color, farm-nonfarm residence, etc. 
The second component of the final estimate is oi)taincd by project- 
ing the composite estimate of a given characteristic (e.g., employ- 
ment) for the preceding month on the basis of the recorded change 
in that characteristic for that portion of the sample that is common 
to the two months. (As was noted above, this common portion will 
be 75 percent of the sample for a given month.) An average of 
these two components, with equal weights, gives the composite 
national estimate for the current month. Tliis process of averaging 
gives a final estimate with a sampling error lower than that 
attaching to the ratio estimate alone. 

The chief objective of the new survey design that was adopted 
by the Bureau of the Census in January, 1954, was to reduce the 
sampling errors attaching to estimates of the labor force and its 
components. The relative sampling errors of summary estimates 
of the major magnitudes (civilian labor force, total employment, 
nonagricultural employment) are now given as approximately 0.6 
percent. This is a coefficient of variation multiplied by 100 to put 
it in percentage terms. The absolute measure used in deriving it is 
a standard error, or standard deviation, hence the customary 
probabilities for a normal deviate apply to limits defined as 
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multiples of this quantity. Thus if the total civilian labor force for 
a given month were estimated at 65 million, confidence limits 
corresponding to a probability of 0.68 would be set at 64.61 and 
65.39 [i.e., at 65 — (65 X .006) and at 65 -|- (65 X .006)]. Confidence 
limits corresponding to a probability of 0.95 would be set at 
65 db 1.176 percent, or at 64.24 and 65.76 millions. (For purposes 
of explanation these limits are given to more decimal places than 
are warranted by tlie character of the estimates.) For estimates of 
the smaller magnitudes, unemployment and agricultural employ- 
ment, the relative sampling error is higher, being now given as 
roughly 4 percent. If for a given month unemployment were 
estimated at 3 millions, 0.95 confidence limits would be given by 
3 ± 7.84 percent,. Thus with a confidence of 0.95 we could state 
that the number of unemployed in the population at large was 
between 2.7() millions and 3.24 millions. 


In the decade and a half that have passed since the Labor Force 
Suivey was begun, the elTectiveness of this instrument has been 
mat(‘rinlly increased. Underlying concepts and techniques have 
been sharpened and improved. Conditions essential to a probability 
sample have been established, the scope of the Survey has been 
expand(‘d, and the accuracy of estimates increased. However, it is 
not to be expected that the most recent revision will be the last. 
Both the makers and the users of these estimates recognize possi- 
bilities of further improvement. These possibilities have to do with 
the more accurate performance of the present job, and with 
expansions and extensions of this job. 

For both purposes, additional area coverage and a larger sample 
of households have been recommended. These changes would, 
among other things, make for more accurate estimates of the 
number of unemployed — one of the controversial elements in labor 
force estimation. In view of the crucial role of accurate and unbiased 
interviewing, emphasis is placed also on the need for careful 
training of all field workers and for close checks on interviewing 
procedures. The reduction of nonresponse, which now runs to 3 to 
5 percent of t he sample, and of response bias, would be furthered 
by such training and controls. 

Problems of a different sort relate to definitions and classifica- 
tions. Years of debate have failed to bring full agreement on the 



CURRENT POPULATION SURVEY 701 

meaning of such terms as “employed” and “unemployed,” Should 
a person temporarily laid off, but with a job to which he expects to 
return, be classed as “employed”? Where should the dividing line 
be drawn between a part-time worker who is employed and a 
part-time worker who is unemployed? Should there be a separate 
category of the “partially unemployed”? The persistence of such 
issues suggests that there are bound to be fringe groups in the 
labor force, classifiable in different ways for different purposes. If 
the major groups are clearly defined such fringe elements can be 
separately recorded, and classified by users of the estimates in such 
ways as their specific needs may dictate. This is the direction in 
which the Current Population Survey is now moving. 

We have noted that the original labor force survey was intended 
primarily to provide reliable information on the volume of unem- 
ployment in the country at large. Other and more varii^d purposes 
are now served, and we may expect tliis extension of purposes to 
continue. Administrative and analytical needs would be better 
served by detailed estimates for local areas, for diverse individual 
components of the employed labor force, for different elements of 
the unemployed. More details are wanted, and greater accuracy 
in estimates relating to elements of the total, (iood di'sign and 
efficient execution may do something toward serving thcvse expand- 
ing purposes, but most of them require heavier expenditures. A 
balance has to be reached between adrninstrative and scientific 
needs on the one hand, and the interests of the taxpayer on the 
other. Where this balance is to be found is not alt ogether a statis- 
tical question.^" 
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• 

Statistical Data: the Raw 
Materials of Analysis 


In all but the last of the preceding chapters we have discussed 
statistics as a method of combining and analyzing data of observa- 
tion, and of generalizing from such data. We have assumed in these 
earlier chapters that the data to be employed were in hand; we 
have broken into the process of inquiry after observations had been 
made. The final chapter (19) was given to an exposition of sample 
design and the planning of field surveys. This Appendix is in- 
tended to serve as a briefer and more general discussion of the raw 
materials that are employed in statistical inquiries. As a reference 
to be consulted at an early stage of a course of instruction it may 
help to orient students of the social sciences and business admin- 
istration, and to encourage discrimination in the use of statistical 
data. The examination, appraisal, and full understanding of the 
basic data of observation are obvious but sometimes neglected 
prerequisites to the meaningful use of data in subsequent analysis.^ 
The observations with which a statistician deals are obtained in 
diverse ways. A full discussion of these ways would include the 
arts of designing experiments, conducting interviews, framing and 
circulating questionnaires, planning samples and administering 
field survey forces; it would deal with the extensive collections of 
data compiled by governmental bodies ~ federal, state, and local 
— and by international agencies; it would comprehend the prac- 
tices of business enterprises and the varied records of business 

' For an effective statement on this point see Mahalanolns, P. C., “ Professional Training 
in Statistics,” Bulletin of the International Statistical Institute, Vol. 33, Part V. 
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operations provided by books of account; it would give attention 
to the growing bodies of data assembled by private agencies of 
research and investigation. The sources of statistical data are, in- 
deed, coextensive with the activities of man. A treatment of such 
scope is, of course, out of the question. Our immediate purpose 
will be served by distinguishing problems that are faced in obtain- 
ing observations at first hand from the problems involved in using 
data compiled by others. In doing this, certain related matters of 
general concern to the practicing statistician will be brought out. 

Direct Observation Versus Use of Existing Records. A research 
scientist, or an administrator weighing a decision that entails ob- 
jective reference, may utilize the results of direct observation, 
planned with reference to the specific problems faced. The physical 
scientist may design a laboratory experiment; the social scientist 
may plan a field study; the business administrator may conduct 
a market survey of consumer demand. Alternatively, in any of the 
cases cited, use may be made of recoids made by others, for other 
purposes. The physiedst may find that recorded results of other ex- 
periments bear upon his problem; the social scientist may use vital 
statistics or wage payments recorded by governmental agencies; 
the business administrator may find that income records by states 
and previous studies of consumer finances and inclinations provide 
all that is needed for the decision he must make. There are wide 
differences, among fiedds of research and among decision-making 
procedures, in the degree of emphasis placed on direct observation 
on the one hand and on resort to existing records on the other. 
With some reservations we may say that in deriving his data the 
physical scientist places lieavy weight on planned experiment'^; 
that the social scientist looks in the main to existing public and 
private records, but is making increasing use of sharply focused 
surveys, yielding original observations; that the business admin- 
istrator uses business records, relevant published statistics, and, 
to a growing extent, observations derived from specific investiga- 
tions of customer preference. 

The common characteristic of social science and administration 
(both public and private) is their use of a mixture of observations 

• Tho qualif'u’Jitions to this statement are not unimportant The physical scientist has 
always made extensive use of tho olj‘?ervat ions of his predecessors and contemporaries; 
proRress, indeed, has d(*pended uptwi the accumulation of a large body of verified observa- 
tions Yet frontier studies demand ever new obwwations, directly relevant to particular 
jirobleins. The d(*sign of appropriate experiments is a major aspect of physical research. 
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derived from special studies and of data provided by existing 
records. For investigations of wide scope, dealing with the vital 
processes of the whole society or with the operations of the whole 
economy, or of major sectors of the economy, there is a necessary 
dependence upon government. To a degree never true of the physi- 
cal sciences, the sciences of society must draw their data from 
public agencies. Yet such data fall far sliort of meeting the diverse 
needs of curious investigators, seeking to understand social and 
economic processes. Among the most promising of recent develop- 
ments in the social sciences has been the use of sampling techniques 
designed to yield data pertinent to specific (piestions. This has 
been notably true of sociology and social psy(‘hology. The econo- 
mist remains, and must remain, a heavy user of tlata gathered by 
public agencies, but here, too, studies entailing the iis(' of original 
observations are growing in number and in fruitfulness. The busi- 
ness administrator, also, in seeking to gauge market needs arid 
potentials, has resorted increasingly in recent years to dir-ect ex- 
amination of representative sample groups. 

Those to whom this book is addressed will have occasion to em- 
ploy data of the two types distinguished above those derived 
from original observations and those drawn from public or irrivate 
records. Methods of obtaining the original data that constitute 
random samples, and that provide, thus, proper bases for statisti- 
cal generalizations have been discussed in Chapter 1th J he opening 
section of that chapter may suitably be read at this point, if not 
already covered by the student. But we said little there about the 
arts employed in observing the behavdor of individuals and of 
groups, in measuring attributes and reactions, in obtaining di- 
rectly from individuals data bearing on tlieir experience, their 
attitudes and opinions, their planned actions. Recent advances in 
these arts have been impressive, and full of promise for the future. 
They are replacing casual contacts and highly personal judpnents 
in the appraisal of people in their economic and social relations by 
objective procedures for the making of observations on behavior, 
attitudes, and expectations. 

I should render no service to the reader if I were to attempt to 
reduce these procedures to a few apparently simple rules for inter- 
viewing and preparing questionnaires. Ihese are not simple arts. 
Most pertinent are the remarks of Goode and Hatt, on the design 
of such approaches as these: ^‘The good schedule grows from good 



706 STATISTICAL DATA 

hypotheses. ... It is unlikely that an excellent set of questions 
can be developed without serious library research, much discussion 
of the problems with colleagues, and considerable experience with 
the subject matter.” One who is planning any serious endeavor to 
gather original data by such methods should study some of the 
technical publications now available on these topics.® 

The Use of Existing Records. The sources to which the social 
scientist and the business administrator may turn for data are 
diverse, and of varying reliability. They include the accounts and 
other records of business enterprises and trade associations, the 
compilations of administrative and regulating agencies of govern- 
ment (e.g., the Interstate Commerce Commission, the Bureau of 
Internal Revenue); federal and state registration data such as 
vital statistics, educational statistics, and records of automobiles 
in use ; the publications of public-purpose collection agencies (such 
as the Bureau of the Census and the Bureau of Labor Statistics) ; 
the series on national economic accounts, on production, on bank- 
ing and credit, etc., prepared by public agencies of analysis and 
research (e.g., the Office of Business Economics of the Department 
of Commerce, the Division of Research and Statistics of the Board 
of Governors of the Federal Reserve System) the statistical com- 
pilations of the United Nations and other international agencies; 
the publications and files of private research agencies such as the 
National Bureau of Economic Research, The Brookings Institu- 
tion, the National Industrial Conference Board, the Twentieth 
Century Fund, etc.; and the documents of varied origin that may 
provide data relevant to particular problems. 
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Although nothing like an exhaustive list of sources can be given 
in brief compass, it may be helpful to name some of the more com- 
prehensive and most readih' available published sources of social, 
economic, and business data. In the main, this list is limited to 
official publications. It should be understood that many of these 
are secondary sources, a term that is explained in the following 
section. They arc, however, reliable sources. 

United States 

Decennial, Quinquennial, Annual, or Occasional 

Agricultural Stahstics, U.S. Bureau of AKncultural Economics (Annual) 

Annual Report^ U.S. CV)mptroller of the Currency 

Annual Report, U.S. Treasury Department 

Anmial Survey of Manufactures, U.S. Bureau of the C’ensus 

Census of Agriculture, U.S. Bureau of the Census ((^uiiujuennial) 

Census of Business, V S. Bureau of the Census (QuiiKiuennial) 

Census of Manufactures, U.S. Bureau of the Census (Quinquennial) 
Census of Population, U.S. Bureau of the Census (Decennial) 

Economic Almanac, National Industrial Conference Board, New York, 
Crowell (Annual) 

Economic Report of the [^resident, U S. Ckniinnl of Economic; Advisers 
(Annual) 

Foreign Commerce and Navigation of the United Slates, U.S. liurcau of th«* 
Census (Annual) 

Handbook of Labor Statistics, C.S Bureau of l^abor Statistics 
Historical Statistics of the Ihnted States, 1789-19/^5, 1>.S. Bureau of the 
Census, Washington, (lovcrnment Printing Office, 1049 
Minerals Yearbook, U.S. Bureau of Mines 

National Incom.e, 1954 edition, C.S Office of Business Economics (Sup- 
plement to the Survey of Current Business) 

Statistical Abstract of the United SUiies, U.S. Bureau of the Census 
(Annual) 

Statistics of Income, U.S. Bureau of Internal Revenue (Annual) 

Vital Statistics of the United States, National Office of Vital Statistics 
(Annual) 


United States 
Quarterly or Monthly 

Abstract of Reports of Condition of National Banks, U.S. Comptroller of 
the Currency (Quarterly) 

Construction Review, U.S. Departments of Labor and Commerce 
(Monthly) 

Current Population Reports, U.S. Bureau of the Census (Monthly) 
Economic Indicators, U.S. Council of Economic Advisers (Monthly; 
Historical and Descriptive Supplement, prepared by the Staff of the 
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Joint Committee on the Economic Ileport and the U.S. Office of Sta- 
tistical Standards, 1953) 

Federal Reserve Bulletin, Hoard of Governors, Federal Reserve System 
(Monthly) 

Monthly Labor Review, U S. Bureau of Labor Statistics (Monthly) 
Monthly Vital Statistics Report, National Office of Vital Statistics 
Survey of Current Business, U.S. Office of Business Economics (Monthly; 
biennial supplement) 


International 

Commodity Trade Statistics, United Nations Statistical Office (Quarterly) 
Demographic Yearbook, United Nations Statistical Office 
Monthly Bulletin of Statistics, United Nations Statistical Office 
Statistical Yearbook, United Nations Statistical Office 
Woytinsky, W. S and VVoytinsky, E.S., World Population and Produc- 
tion, New York, The Twentieth Century Fund, 1953 
Yearbook of Food and Agricultural Statistics, United Nations Food and 
Agricultural Organization 

Yearbook of International Trade Statistics, United Nations Statistical 
Offi(!e 

Primary and secondary sources. An essential distinction is to be 
made between primary and secondary sources of materials taken 
from existing records. A primary source is one that publishes (or 
otherwise makes available) data for which it is itself responsible 
as the agency of original collection and compilation. A secondary 
source is one that reprint.'! data from a primary source; in this case 
the publishing agency is not the agency responsible for the original 
collection of the data. Many of the publications of the Bureau of 
the Census are primary sources; the Statistical Abstract, the Eco- 
nomic Almanac of the National Industrial Conference Board, the 
Statistical Yearbook of the United Nations are examples of sec- 
ondary sources. Obviously, more reliability attaches to the data 
derived directly from a primary source, for not only are errors in 
copying avoided, but the precise meaning of the figures, the con- 
ditions under which they were gathered, and the limitations to 
be borne in mind in interpreting them will be clearly understood 
by the editors, and are more likely to be explained to the readers. 
Not only is it important to understand whether the source from 
which data are secured is primary or secondary, but the general 
reliability of the agency which gathered the data should be de- 
termined. Data may be unreliable because of loose methods of 
gathering or assembling, or because of conscious or unconscious 
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bias in the responsible agency. The fact of such unreliability should 
be established, if it exists. 

On the meaning of published figures. A first, responsibility'’ of the 
user of data derived from existing records is to determine their 
precise meaning. For this purpose the user should know what unit 
has been used, and how reliable are the data recorded. 

a. Definition of the unit. The elementary process of counting is basic 
in (juantitative work, but to understand the results of a counting opera- 
tion one must be sure of what has been counted. I'his calls for a prt*eise 
dt^finition of the unit employed. 

One of the most serviceable classifications of statistical units, that 
given by O. P. Watkins, divides all such units into the following classes 
and subclasses: 

(Classification of statistical units 

(1) Individual things 
(a) Natural kinds 

I^Namples- man, hog, hen 

Such natural kinds are much more ('asily distinguished than 
artificial units, the meaning of which depends often upon con- 
vention. Hence the counting of natural things, such as the 
number of animals on farms, is lik(‘ly to he more accurate than 
a counting of artificial units 

(h) Produced kinds; manufactunMl commodities and instruments 
FiXamples shoe, door, chair 

(2) l^nits of measurement 

(a) Tnits of physical measurement 

hNamples. ton, gallon, kilowatt hour 

Such units are employed as a result of convention. Fre- 
(|uently the same term is employed with varying mcianings, 
a practice that leads to ambiguity and uncertainty in inter- 
preting the results. 

(h) Pecuniary units 

ITnits of commercial value, such as the dollar, pound, and 
franc, are the least satisfactory of the units with which the 
statistician must deal, yet these* are the most important in 
ordinary business analysis and in much economic research. 
The chief defect of this class of unit ariHe.s from the changes 
to which it is subject, as a measure of value, because of 
changes in the general price levi^l Index numbers of prices 
represent an attempt to correct for some of the deficiencies 
of the pecuniary unit, but such devices fail to remove all the 
defects of units of this type. 
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In using published data care must be taken that the unit is inter- 
preted precisely as it was by the original investigators. Thus, if one 
is using Census figures of the number of manufacturing establish- 
ments in the United States at a certain date, the precise meaning 
given to the term manufacturing establishment” must be under- 
stood. Where any ambiguity is likely to exist, the definition given 
to the enumerators should be published with the data. 

b. Determination of degree of error in the data. No compilation can 
be accurate in an absolute sense. Errors may arise from faulty collection 
or recording, ambiguities or bias in questions propounded, errors in 
tabulation or computation. Data bearing every indication of accuracy 
to four or five places may in fact represent rough estimates. If the user 
of published data is unaware of the errors that may be present he may 
make serious mistakes in generalizing from them, or in using them to 
test hypotheses or to guide decisions. There should be a statement in 
the primary source of a given body of data indicating the degree of 
reliability attaching to them and this information should be repeated in 
secondary sources. If feasible, reliability should be defined in quantitative 
terms, but this is possible only for data derived from probability samples. 
If the margin of error may not be measured, the degree of confidence to 
be had in the data may be indicated in qualitative terms.*^ 

In this day of extensive statistical records and of heavy reliance 
on them, the need of information on the reliability of published 
statistics is great. The urge to “quantify” — to count, to measure, 
to record in quantitative terms — is strong today. Governmental 
agencies and private research workers alike have responded to 
this urge. In part, the response appears in reliable and well-docu- 
mented statistics; in part, it takes the form of estimates of highly 
uncertain reliability. The utility of the present extensive collections 
of quantitative data, collections so pleasing to the statistically 
minded investigator, will be materially augmented when all pub- 
lished statistics are accompanied by information that enables the 
user accurately to appraise their reliability. 

There are, of course, other types of information one should have 
if one is to use published figures with accuracy. Such simple matters 

‘ For some Ixxlieh of statistics numerical measures of reliability, if essayed, would be 
misleading Thus Earl R. Rolph writes, with reference to statistics of income and wealth, 
“Milton Gilbert maintains, persuasively in mv judgment, that the reliability of a national 
income component can be learned only by review’ing the sources of the data and the 
methods of estimation employed " The same thing is true, of course, of many published 
statistical senes. In such cases the user has a right to expect a full disclosure of sources 
and methods 

On this subject students of economics and business may with profit consult Professor 
Oskar Morgenstem’s book. On the Accuracy of Economic ObserveUtona (Princeton Uni- 
versity Press, 1960). 
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as the bases of percentages are often undefined. The time period 
to which the observations on a historical variable relate — a cal- 
endar year or a fiscal year, a selected day in a given month or all 
days, averaged — may not be stated. The kind of marketing trans- 
action that gave rise to a given price quotation may be unspecified. 
Standards of presentation and explanation are improving in public 
practice. There is no better way to insure further improvement 
than for a body of critical and demanding users to maintain pres- 
sure on the responsible agencies. 



APPENDIX 


Note on Statistical Calculations ' 


Statistical work involves, of necessity, a considerable amount 
of calculation. If this work is to be done with expedition and ac- 
curacy, in a given case, the enterprise must be planned and details 
organized. This calls for the propei lay-out of the work, in ad- 
vance of analysis, the preparation of suitable work sheets, and the 
reduction of all the operations to a smooth, consistent procedure, 
with the different stages properly interrelated, and with provision 
made for suitable checks. A slovenly arrangement is fatal to both 
speed and accuracy. Careful preliminary arrangement will pay for 
itself many times over in increased accuracy and in saving of time. 

The Lay-out of Work; the Work Sheet. The first step in calcula- 
tion is the lay-out of the data, with reference to subsequent calcu- 
lations. Before observations are recorded, or transferred from the 
primary tables, a general scheme should have been prepared, a 
framework into which the various steps in the later calculations 
will fit. This scheme, of course, will vary with the data and with 
the objects of the study, but no matter wiiat the data or the ulti- 
mate objects such a scheme is necessary. With the lay-out prepared 
in advance, the original gbservations may often be recorded in 
tabular form immediately adapted to the first stages of the cal- 
culation process, thus avoiding the necessity of recopying. 

The preparation of suitable work sheets is essential to the or- 
ganization and carrying through of extensive calculations. The 
degree of care that may be given to the preparation of such sheets 

‘ This note is based in part upon material formerly included in A Manual of Problems 
and TaJblea in Statistics, by F. C. Mills and D. H Davenport. This Manual is now out 
of print. 
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will depend upon the magnitude of the problem and, more particu- 
larly, upon whether a series of similar problems is to be attacked. 
In this latter case, when there will be a fairly constant demand 
within the organization for the same sort of work sheets, it may be 
advisable to construct a special model and to have special plates 
made. If this is not expedient, work sheet forms prepared for the 
market may be found to meet all the requirements of the problem 
or may be adapted to the purpose in mind. Supplies of those forms 
which are most generally emploj'cd or which have tlie widest utility 
should be kept in stock in the statistical laboratory. A third method 
of securing the needed forms is the simple and convenient one of 
ruling standard sheets to conform to tlie desired model. 

In organizing a work sheet attention should be given to the 
proper spacing of columns and lines and to the (;lear and unam- 
biguous heading of all columns, so that there shall be no uncer- 
tainty as to the derivation and meaning of the data or calculations 
recorded therein. All columns should be numbered to permit of 
ready reference. It is often possible to insert work sheets directly 
into an adding machine, thus having the printed record on the 
sheet. This may greatly facilitate checking and later (calculations. 
The size, form, and spacing of the work sheet should be adapted 
to this purpose, if the adding machine record is to be utilized. 
Forms appropriate to the computation of the primary statistical 
measures are exemplified in the body of the preceding text. 

Methods and Accuracy of Calculation. C'alculation procedure 
will have been decided upon in planning the lay-out of work and 
work sheets. The general method, in practically all cases involving 
the handling of a considerable mnss of data, will call for the tabular 
arrangement of original data and of all subsequent calculations. 
A tabular arrangement is far better adjipted to a consistent pro- 
(cedure than is any less formal method, and in handling masses of 
material such a procedure is necessary.*^ Once such a scheme has 
been prepared, the carrying out of the calculations is a fairly simple 
matter. In the original lay-out of such a scheme available methods 
for reducing labor should be employed. It is not here possible to 

® Chapter 3 contains a brief discussion of certain principles of tabulation, relating chiefly 
to frequency distributions. J^'or treatment of the general process of tabulation and dis- 
cussion of effective methods of tabular presentation see Mudgett, Bruce D,, SUUwlical 
Tables and Graphs (Boston, Houghton Mifflin, 1930) and iheAIaniuil of Tabular Presen- 
kUum, prepared for the Bureau of the Census by B. L. Jenkinson (Washington, Govern- 
ment Printing Office, 1960). 
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discuss in detail all such labor-saving methods, but certain general 
aids to calculation may^be listed. 

1. Aida to calculation. 

The standard tables that may be employed to facilitate numeri- 
cal calculations are familiar to all students, but often not suffi- 
ciently familiar so that they are used readily and accurately. Tables 
of logarithms are, of course, indispensable. With mechanical cal- 
culators generally available, logarithms are not widely employed 
for the operations of multiplication and division, but they still 
offer the simplest method of raising to powers and extracting roots, 
except where prepared tables of powers and roots are available. 
Logarithms will generally be employed in the calculation of the 
geometric mean of a frequency series (see Chap. 4 for example). 
In fitting curves in the equations to which the x or y variable ap- 
pears in logarithmic form such tables are necessary (see Chap. 10 
for example). For graphic presentation the use of logarithmic 
paper will often render unnecessary the use of logarithms. A table 
of five-place logarithms is given in Appendix Table XII. 

Tables of squares, square roots, and reciprocals are of equally wide 
utility. The most complete set of tables of this type is that bearing 
the name of Barlow (Barlow^s Tables of Squares, Square Roots, 
Cubes, Cube Roots and Reciprocals), covering numbers up to 10,000. 
The uses of such tables in statistical work are many, and need no 
detailed description. Attention may be called to one use of the 
tables of reciprocals. When a problem calls for dividing a series of 
numbers by a constant base (as in computing percentages), the 
reciprocal of the constant base may be employed, and the operation 
of division supplanted by that of multiplication (i.e., 0 -j- 3 is equiv- 
alent to 6 X J). By placing this reciprocal as the multiplier on any 
of the mechanical calculators now on the market, the required 
percentages may be run off in short order. Squares, square roots, 
and reciprocals of the numbers 1 to 1,000 are given in Appendix 
Table X. 

Many tables defining the attributes of particular distributions 
or used in applying particular tests have been referred to in the 
text. The publications that contain these tables also contain tables 
that facilitate various statistical calculations. For convenience of 
reference I here note selected collections of tables that have many 
applications in statistical work. 



Of the greatest value in statistical work today are the various 
(*al(;ulating machines now on the market at prices that make them 
generally available. By the use of electric or hand machines, the 
labor of calculation that accompanies all quantitative work has 
been immeasurably reduced. Statistical methods are being adapted 
t,o these machines, and more will be done in this direction. For 
more extensive operations, punched card equipment and mechani- 
(^al sorters and tabulators may be used. Added to these, the intro- 
duction of electronic computers has opened new vistas to the stat- 
istician. Thus, as we have noted in the text, the Bureau of the 
Census is employing such a computer (UNIVAC) in making sea- 
sonal corrections to time series. For a ten-year monthlj’’ series, all 
calculations involved in an adaptation of the ratio-to-moving 
average method are completed in about one minute. 

Elementary principles of interpolation. All tables are of necessity 
limited to a certain restricted number of values of the functions re- 
corded. Thus, reading from the table of logarithms appended 
(Table XII), we have 


ArgumerU 

Function 

Natural number 

Logarithm 

22.82 

1.35832 

22.83 

1.35851 

22.84 

1.35870 

22.85 

1.35889 

22.86 

1.35908 
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If it is desired to secure the logarithm of a number between those 
given above, it is necessary to interpolate between the intervals of 
the argument. That is, one must find that value of the function 
corresponding to the particular value of the argument and con- 
sistent with the tabled values of function and argument. This 
problem arises in using many tables, and in many other statistical 
tasks. A full treatment of the theory of interpolation would carry 
us beyond the limits of the present discussion. We here confine our- 
selves to simple proportional interpolation.'^ 

This method involves the assumption of a linear relationship 
between function and argument. We may use the figures set down 
above as an example. Required: the logarithm of 22.834 
Log 22.840 = 1.35870 
Log 22.830 = 1.35852 
Difference == .00019 

A difference of .010 in the argument corresponds to a difference 
of .00019 in the function. The number given, 22.834, exceeds by 
.004 the smaller of the two numbers tabled in the argument, and 
we may write 

Log 22.834 = 1.35851 + ( 3 % x .00019) 

= 1.35851 + .000076 
= 1.35859 (rounded off to the fifth 
decimal place) 

This operation is facilitated by the use of tables 
of proportional parts that are given hi the margins 
of many tables of logarithms. Thus, in performing 
the above interpolation, we should use the mar- 
ginal table headed 19 (the difference, in a five place 
table of logarithms, between successive logarith- 
mic values at this point). Of the two columns be- 
low the figure 19, that at ,the left gives the fifth figure of the natural 
number, the logarithm of which is desired, while that at the right 
gives the amount to be added to the logarithm lying just below the 
desired number. In the present case the fifth figure of the natural 
number in question (22.834) is 4, hence we add .()0()()76 to the log- 
arithm 1.35851. 

^ For detailed expoeitioiiH of various mterpolutioii pj-oceduren see Seal Ixirough, B, 
Siuneriml Matheinaiical Analysts, 2nd ed., Baltimore, the Johns Hopkins Press, 1960, 
and Whittaker, £. T. and Robinson, G., Tfte Calculus of Observations, Loudon, Blackie 
and Son, 1924. 


19 


1 

1.9 

2 

38 

3 

5.7 

4 

7.0 

5 

9.5 

0 

11.4 

7 

13.3 

8 

15.2 

9 

17.1 
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The problem of interpolation frequently arises in the handling of 
simple statistical series, of which the following is an example: 

Steam Railways in the United States 
Miles of Road Owned, 1870-1950 * 


1870 

.52,922 

1880 

93,267 

1890 

163,597 

1900 

193,346 

1910 

240,439 

1920 

252,845 

1930 

249,052 

1940 

233,670 

1950 

223,779 


* Sf)urco: Interstate Commerce Commission, Slatistirs of Railwajfs in the (hiited States. 

Figures relate to June 30 up to 1920, to Deccmlier 31 for 1920 and thereafter. 

Wc desire the approximate mileage in 1877, a year that falls in a 
decade of rapid growth. Assuming that the increase from year to 
year during the decade 1870-1880 was by equal absolute incre- 
ments, wc interpolate here by proportional parts. 

Mileage 1877 - 52,922 -h tfo X 40,345) 

- 52,922 + 28,241.5 

- 81,103.5, or 81,103 

This method of interpolation makes use only of the pair of ob- 
servations above and below the value to he estimated. Such inter- 
polation by proportional parts or first difTcrences is eijui valent to 
the fitting of a straight line to the two observations on which in- 
terpolation is based. P'or nonlinear series, particularly when the 
difTerenee between successive observations is considerable, it is 
preferable to interpolate on the basis of a polynomial of the second 
degree, fitted to three points, or even of curves of higher degree. 
This may be done, without actually fitting the curves, by 
ployment of interpolation formulas that make use of second, third, 
or higher differcn(;es. The use of such formulas is explained in 
Whittaker and Robinson (Ref. 190). 

2. The checking of numerical calculations. 

In the organization of statistical work full provision must be 
made for the checking and cross-chccking ol all (calculations. 1 he 
work of no mortal person is free from error; the inevitable mis- 
takes in any extensive series of calculations may be coirectei , or le- 
duced to a minimum, only by the careful checking of all operations. 



718 


STATISTICAL CALCULATIONS 


By recognizing in advance the necessity of such checking, methods 
may be adopted that will enable checks to be most effectively 
applied. 

Two types of checks are available to the quantitative worker. 
Calculations may be checked, first, by a repetition of the opera- 
tions. If this is done, it is advisable that the second operation be 
performed by a person other than the original calculator; if that 
is not possible, the sequence of operations may be altered when 
the check is made, or a slightly different method of securing the 
same result may be employed. Thus a column may be added in the 
opposite direction from that first followed, or multiplier and mul- 
tiplicand may be reversed. The second type of check is that which 
provides a numerical test of the accuracy of given calculations. 
That is, certain values useful merely for checking purposes may be 
computed, in addition to those actually required in the given 
problem. The Charlier check upon the operation of computing the 
standard deviation (see Chap. 5) is an example of this type. A 
more elaborate example, in which a whole series of checks is pro- 
N'ided for testing the accuracy of the work at various stages, is 
afforded by the Doolittle method of solving simultaneous equa- 
tions (see Appendix C). Checks of this latter type should be em- 
ployed whenever available. 

Perhaps more important than all such checks is the habit, on the 
part of the operator, of mentally verifyijig the major results of his 
calculations as he proceeds. If two figures are to be multiplied the 
operator should determine, by inspection, the approximate value 
of the product and the number of decimal places it w'ill contain. In 
any arithmetic operation the same rough check should be em- 
ployed, for by this means the most serious errors, such as arise 
from the misplacing of decimal points, may be prevented. Many 
checks of the same sort are possible in connection with statistical 
calculations. Thus the standard deviation may be compared with 
the range (the latter will not, in general, be more than six times 
the standard deviation), and geometric, harmonic, and arithmetic 
measures may be checked against each other, if all have been com- 
puted in a given instance. Inconsistencies in the results usually 
reveal the most serious errors, and careful watch should be kept 
for such discrepancies. 

By plotting the results of calculations errors may often be de- 
tected. If a serious mistake has been made in fitting a line to certain 
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data, it will be immediately evident when data and line are plotted. 
If the ordinates of a fitted curve have not been correctly deter- 
mined, breaks in the smoothness of the curve will usually reveal 
the errors when the curve is plotted. 

In seeking to avoid mistakes no one precept is more important 
than this: Keep a neatj careful, and complete record of all calculations. 
This is not only necessary as an aid to subsequent checking but 
it is essential to accurate calculation. When a series of computa- 
tions is laid out in proper form and performed in a systematic, 
fashion, the probability of error is very much less than when the 
computations are performed in a slipshod, unsystematic fashion. 

3. The accuracy of measurements and calculations. 

In planning calculations the investigator must determine the 
degree of refinement desired in calculations and the degree of ac- 
curacy sought in results. Failure to take account of this problem 
usually leads to a waste of time in carrying out the calculations 
to an unnecessary degree, and to the securing of results that have 
a fictitious appearance of accuracy. The first consideration, in 
approaching this problem, relates to the accuracy of the original 
observations. 

The operation of measurement involves in all cases a comparison 
of magnitudes. Thus a given magnitude, the height of John Smith, 
is compared with certain standard units of linear measurement, 
the foot and the inch. In setting up such a comparison absolute 
accuracy is never possible. We ma.y say that John Smith is ^ feet 
8 inches tall, which means that his height lies between 5 feet 7.5 
inches, and 5 feet 8.5 inches. The absolute error (the difference 
between the observed and the true values) may in this case be as 
great as 0.5 inches. Or, employing more accurate instruments, we 
may report that John Smith’s height is 5 feet 8.3 inches. This 
means that his height is between 5 feet 8.25 inches and 5 feet 8.35 
inches. The absolute error in tliis cas(» may be as great as 0.05 
inches. 

In interpreting recorded measurements, therefore, due attention 
must be paid to the number of significant figures, that is, figures 
that are known to be correct. There are certain standard rules 
that should be followed in recording and interpreting measure- 
ments with respect to the significant figures. Only the numt)er of 
correct figures should be recorded, with zeros added, of course, to 
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indicate the absolute magnitude of the measurement. Thus if a 
distance is recorded as being 4300 feet, it means that the true dis- 
tance that was measured lies between 4250 and 4350 feet. There 
are only two significant figures in this example. If wheat pro- 
duction in the United States in 1952 is given as 1,291,000,000 
bushels the amount is recorded to four significant figures. (If the 
production has been given as 1,290,000,000 bushels, this number 
to be taken as significant to four digits, a dot or a bar could be 
placed above the last significant figure, thus: 1,290,000,000. With- 
out such an indication the reader would assume that there were 
only three significant figures.) Similarly, if a magnitude is given 
as 0.0472, there are but three significant figures, the zeros being 
added, as in the above examples, to indicate the absolute magni- 
tude of the measure. A zero added to tlie right of the last recorded 
figure, however, if to the right of the decimal point, is significant, 
in indicating the degree of accuracy. Thus the value 12.50 has 
four significant figures, the last zero being added to show that the 
true value of the recorded magnitude is between 12.495 and 12.505. 
If it had been given as 12.5, this would be interpreted to mean that 
the true value lies iietweeii 12.45 and 12.55. 

Determining the accuracy of computations. Wlien observations 
are combined, it is important to be able to define the degree of 
accuracy of the resultant figures. This may be determined ap- 
proximately if the accurac}^ of the original observations is known. 
The problem may be considered with respect to the four chief 
arithmetical operations. 

Addition. In the addition of measurements, no attempt should 
be made to give the total an appearance of greater accuracy than 
the constituent items. If these items differ in accuracy, the total is 
no more accurate than the least accurate measurement. Thus, in the 
addition of the following four figures: 

25.23 

1610.1 

17.375 

2 . 

1654.705 

the total should be rounded off to 1655. It would give a quite spu- 
rious impression of accuracy to present the sum as 1654.705. 

The actual limits within which the true sum falls may be readily 
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determined by computing the maximum sum and the minimum 
sum that could be secured from the observ’^ations in question. Thus, 
substituting for each of the above values the maximum value that 
the quantity in question might have, we secure 

25.235 

1010.15 

17.3755 

2.5 

1 055.2005 

Substituting the minimum values, we have 

25.225 

1010.05 

17.3745 

L5 

1054.1495 

To have presented the original total as accurate to the third decimal 
place would have been clearly faulty. Nor would it have been ac- 
curate to have rounded off the individual items before adding, 
until their accuracy was C(iual to that of tlie least accurate item. 
The rounding off should be done after the total is serai red, as the 
fullest possible use is thus made of the knowledge we have. 

If the limits of error of the individual items (i.e., the dilTerences 
between the maximum and minimum possible values) be added, 
it will be found to total 1.111, equal to the dilTcrence between the 
maximum and minimum possible values of the sum of the items. 
The error of a sum maij be determined by addiny the errors of the con- 
stituent items. (The range between tlie maximum and minimum 
possible values is obviously twice the maximum absolute error, as 
defined above.) 

Subtraction. By precisely analogous reasoning it may be shown 
that the limits of error of the differences between measurements 
may also be determined by adding the limits of error of the in- 
dividual items. Here, as in addition, the result is no more accurate 
than the less accurate of the two measurements entering into the 
calculation. The point of significance in this less accurate numl^er 
(e.g., the column of hundreds, tens, units, tenths, or hundredths) 
sets the level of significance for the difference. 

Multiplication. If it is desired to know precisely the accuracy of 
the product secured by multiplying one quantity by another, it 
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is possible to employ the process illustrated above, namely, to 
determine the maximum possible value and the minimum possible 
value. Thus as the maximum possible value of the product of 11.30 
and 2.3 we have 11.305 x 2.35, or 26.56675. As the minimum 
possible value of the product we have 11.295 X 2.25, or 25.41375. 
The product of the numbers as given, 11.30 X 2.3 is 25.990. Com- 
paring this with the two limits as computed above, we have 26 as 
the product expressed in terms of significant figures only. A general 
rule to follow in multiplication is this: If n is the number of sig- 
nificant figures in the factor having the smaller number of signif- 
icant figures, the product should be considered to have only n 
significant figures. In the example just cited, this is two. 

Division. The rule for significant figures in a quotient is similar 
to that for a product. Let n be the number of significant figures in 
that quantity — dividend or divisor — that has the smaller num- 
ber of significant figures. The quotient should be considered to 
have n significant figures. 

In the physical sciences and in engineering fairly standard prac- 
tices have been established in tlie matter of recording results, so 
that the user of published figures may know what the reliability 
of a given measure is. In the physical sciences it is customary to 
present numerical values with one more figure than those known 
to be significant. The next to the last figure, that is, may be taken 
to be correct. In recording engineering calculations, on the other 
hand, onlj^ the significant figures arc given. The last figure may 
be taken to be correct, within half a unit, as in the examples given 
above. No standard practice has been established in statistics, 
but it would seem expedient in general to follow the engineering 
practice, recording only those figures that are known to be gignifi- 
cant, the last one not being in error by more than half a unit. In 
the actual calculations, however, two additional figures may be 
retained, these being dropped when the final result is recorded. 

When a statistical measure such as the mean, the standard de- 
viation or the coefficient of correlation has been derived, the useful 
working rule suggested by T. L. Kelley (and mentioned in the text 
of Chap. 7) may be followed. The rule is to keep to the place in- 
dicated by the first figure of one third the standard error. Thus if the 
arithmetic mean of a given distribution is calculated to be 36.5321, 
with a standard error of 0.963, the recorded value of the mean 
should be 36.5. For one third the standard error is 0.321, the first 
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figure being in the column of tenths. With this steindard error it is 
useless to carry the value of the mean beyond the first decimal 
place. In all calculations the value of the mean would be carried 
to two additional places, but these would be dropped in recording. 


4. Tables and Jormidas to employ in the arialysis of lime series. 

In fitting lines of trend to time series it is necessary to secure 
the powers of certain numbers, and the sums of these powers. 
Barlow^’s Tables are available for securing the squares and the 
cubes of natural numbers. Table XXVII of Pearson \s Tables for 
Statisticians and Biometricians (Part I) gives the second to the 
seventh powers of the natural numbers from 1 to 100. Table 
XXVIII of Pearson’s T ahlcs (Part I) gives the sums of the powers 
from one to seven of the first ])undred natural numbers. This table 
is particularly useful in securing the sums of the powers of x when 
X represents time in connection with the fit ting of a line of trend. 
Appendix Table VIII of the present volume givt's the second to 
the sixth powers and Appendix Table IX gives the sums of the 
first six powers of the first fifty natural numbers. 

It is possible to s(*cure the sums of the various pow(‘rs by for- 
mulas when tables are not readily available.’ Wo may denote by 
/ the total number of terms in tlie series 1, 2, 3, 4, 5, 0 . . ., and 
by aSi, S 2 , S 3 ,S 4 , AS 5 ,and S^ the sums of the first, second, third, fourth, 
fifth, and sixth powers of these numbers. Tlie recpiired formulas 


are 


Si = 

S. = 
83 = 

s,= 

8b = 

8b = 


Ijl' + I) 

2 

2t^ + 3^2 + / ,, f2t + 1 \ 

— s 

30" 5 ) 

+ 6 <’ + oi' -r- _ + 2« - 1'^ 

V2 ^ I 3 , ) 

-7P + t ,, /3(!' + - 3« + r 

4T ‘^=1 7 , 


See Frank A. Ross, ‘'Formulae for Facilitating Computations in "I'ime Series Analysis, ” 
Journal of the American Statistical Association, March, 1025 The formulas in the present 
and iramediatelv succeeding spctioiiH are taken from this suiuniary. 
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If a line of trend is to be fitted to a time series, with n observa- 
tions, n being odd, and if the origin be taken mid-way in the series, 

then tf of the above formulas, is equal to — ^ — (Thus if there are 

data for eleven years, the origin will fall at the sixth year and there 
will be five observations on each side of the origin. In this case n 
will equal 11 and t will equal 5.) Professor Ross has adapted the 
above formulas to this case, so that the value of n may be inserted 
directly. The revised formulas for the sums of the powers of x 
(deviations from the origin being represented by x) are 


Sx =0 


l.x^ 


— n 

0 


2 ^^ - 
2 *' = 0 


2 a:'' = ( 2 x'-) 


28ri-' + 31 
lf 2 ' 


where x is one time unit. 

In working with time series it is often convenient to employ a 
time unit of one-half year and so to place tiic origin that the x- 
values will be 1, 3, 5, 7, 9, . . . . The sums of tlie powers of the 
elements of such a series are given b^^ the formulas that follow. 
In these formulas t denotes the number of terms in the scries 
1 , 3, 5, 7, . . ., while oNi, A, ^*^ 3 , „*S’ 5 , represent the sums of 

the first, second, third, fourth, fifth, and sixth powers of these 
numbers. 


o<Si = /“ 
4/3 




A = 2V-r^ = - 1) 

48P - 40^' + 7/ 


oS,= 

0^6 = 


15 

!()/« - 20 /^ + 7 r 


16P - 2{)t- + 7 


= 0*81 


(' 


p 192<' - 3361" + 1961’ - 31/ 
.06 ~ 21 ~ 




) 


48^^ - 72r- + 3P 
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When the number of observations, n, in a time series is even, 

and the origin is taken mid-way in the time series, t = Repre- 

senting by x deviations from the origin, the x unit being one half 
the time unit, we have 


2a; = 0 

2x» = 0 
2x* = (2x-) 

2x‘ = 0 
2x« = (2x^) 

In fitting certain types of curves it is necessary to compute the 
sums of the logarithms of x, and the sums of tlie s(|uares of the 
logarithms of x. Appendix V of PearPs Introduction to Medical 
Biometry and Statistics (Philadelphia, Saunders, 1930) contains a 
useful table that gives the sums of the first and second powers of 
log X for the natural numbers from 1 to 100. 

A curve of the ordinary exponential type, y = ab^, may be fitted 
by reducing the equation to logarithmic form. If the fitting be by 
least squares, this means the securing of a (airve from which the 
sum of the squares of the logarithmic deviations is a minimum. 
As we have noted in the text, l^rofcssor .James \\ . (Hover has em- 
ployed another method of fitting a curve of this type, and has pre- 
pared a table that greatly simplifies the task of determining the 
constants in the equation to the curve of best fit. This table is 
found on pages 408-481 of (Hover ^s Tables of Applied M athcmatics, 
Ann Arbor, Michigan, George Wahr, 1923. 

For fitting higher degree polynomials, methods arc available 
that lessen the labor involved, particularly if curves of different 
degree are to be fitted to the same data. These methods, which 
reduce the fitting process to a series of simple adding machine 
operations, are appropriate to extended research projcjcts. Their 
use is not advisable, however, uiile.ss work involving a (jonsiderable 
number of routine operations is contemplated. It is desirable that 
the student master the basic least squares pro<‘e(iures, utilizing 
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other methods only in case extended computing tasks are under- 
taken. 

For accounts of systematic methods suited to extensive cal- 
culations, see Fisher (Ref. 50) and Sasuly (Ref. 134). The applica- 
tion of the method of orthogonal polynomials developed by Fisher 
is facilitated by the use of prepared tables. See Fisher and Yates 
(Ref. 51), Table XXIII. 
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The Method of Least Squares 
as Applied to Certain 
Statistical Problems 


In the case of a single unknown quantity the method of least 
squares is merely a procedure for obtaining the most probable 
value of that quantity from a number of separate observations. 
The most probable value is that for which the sum of the squares 
of the deviations (or residuals) is a minimum. This is the arithmetic 
mean of the observations. 

Where the measurements or observations do not relate directly 
to a single unknown quantity, but to functions of a number of un- 
known quantities, the problem is somewhat different. In the first 
case mentioned each observation is in the form of a single magni- 
tude. In the present case each observation is in the form of an ob- 
servation equation in which the observed values of the variables, as 
found in combination, are entered. The unknown quantities are 
the constants that define the functional relationship between the 
variables in question. Our problem is that of finding the most 
probable values of these constants, the true values being unknown. 

As in the simpler case the most probable values are those for 
which the sum of the squares of the residuals is a minimum. In 
this case, however, the residuals are deviations, not from a single 
magnitude, as in the case of the arithmetic mean, but from the 
curve that describes the most probable functional relationship. 
The residuals are the differences between the computed and the 
actual values of the dependent variable. 
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The Normal Equations. Representing by V an observed value 
of the dependent variable, by Vc the corresponding computed 
value, by v the residual, or difference between Y and Yc, and by 
Wi, Wij Wi, and W4 different independent variables (or different 
functions of a single independent variable), we may write 

Yc-f{W,, W,, W,, W4) 
v=Y,~ Y 

= \V2,W,,W4)-Y 

= 2:c/(if^, w,, w„ W 4 ) - Yj 

If the function in a particular case is of the type 

Y, = a\\\ + hWi + ciKa + dW4 

we have 

= ZlialVi + bW2 + clVs + dJV4) - F? 

Our problem is that of determining the most probable values of 
the constants that define the function. These constants are repre- 
sented, in the present case, by a, 6, c, and d. (The W 's, it should 
be noted, refer to quantities that are known, once the observation 
equations arc given. In the usual case the lF^s are different func- 
tions of a single variable, but this is not essential.) On the assump- 
tion that the errors of observation are distributed in accordance 
with the normal law of error, it may be demonstrated that the most 
probable values of a, b, c, and d, in the above equation, are those 
that render Z(v'') a minimum; i.e., 

2[(aTTi + 6TF2 + cWs + dTT4) - YJ^ = a minimum (a) 

The normal equations necessary for the solution may be obtained 
by equating to zero the partial derivatives of the above expression 
with respect to the unknowns, a, b, c, and d. That is, we first dif- 
ferentiate the above function with respect to a, holding 6, c, and 
d constant, then with respect to 6, holding a, c, and d constant, 
then with respect to c, holding a, fe, and d constant, then with 
respect to d, holding a, b, and c constant. Carrying through this 
operation with respect to a, we have 

^ S[(a»F, + bWt + cW, + dW^) - - 0 

or 

I SWiCCoT^^i + bWt + cW, + dWi) - y] - 0 
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Differentiating equation (a) now with respect to b, we have 

^ + bl{ 2 4- cH 3 -|- g?II’^4) — ^ q 

or 

II XWJiiaWi + bW2 + cU\ + dW,) - y'] = 0 
Differentiating equation (a) with respect to c, 

^ 2[(aif’i + 6H’j + cll'a + dli',) - I'J = 0 
or 

III ^WliaWi + bW2 -f c\\\ -h - )'] = 0 
Differentiating equation (a) with respect to d, 

^ 2[(aW', + btt\ + cU'a + rfH'i) - >■]- = 0 
or 

IV 2:Wl{aWi + bW., + cW, + d\\\) - }'] = 0 

The most probable values of the quantities a, h, r, and d are 
secured by solving simultaneously t he four normal eciuations thus 
obtained (numbered above I, II, III, JV). 

Formation of the normal equations. When the observation equa- 
tions are all of the first degree (i.e., of the first degree witli respect 
to the unknown quantities, «, 6, c, etc.) the normal ecpiations may 
be secured by the following process: 

1. Write the equation that describes the assumed relationship. The 
observation equations are derived by suiistituting in this etiuation the 
observed values of the variables, as found in combinat ion. 

2. Multiply each observation e(iuation by the* cooflicKMit of the first 
unknown in that equation; the sum of the resulting eiiuations constitutes 
the first normal equation. 

3. Multiply each observation equation by the coefficient of the second 
unknown in that equation, the sum of the resulting eiiuations constitutes 
the second normal equation. 

Continue this process until normal equations equal in number 
to the unknown quantities are obtained. 

The actual process of forming the normal equations in curve 
fitting may be simplified, and the writing out of the separate ob- 
servation equations avoided, as was demonstrated in earlier sec- 
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tions. The following may be laid down as general rules for the 
formation of the desired normal equations : 

1. Write the equation of the curve to be fitted. For the purpose of this 
explanation we may employ the general form 

K = aWi-f 6W2 + cW, + dW44-* • • (1) 

where V represents the dependent variable, a, b, c, d,. . represent the 
constants in the equation (the unknown quantities in the present instance) 
and Wi, Wi, W 3 , W 4 , represent the coefficients of these unknowns. Call 
this equation (1). 

2. Multiply each term in equation (1) by the coefficient of the first 
unknown in (1) (i.e., by Wi) and place the summation sign, before each 
variable. This is the first normal equation (I). 

3. Multiply each term in equation (1) by the (coefficient of the second 
unknown (i.e., by W 2 ) and place the summation sign before each variable. 
This is the second normal equation (II). 

4. Multiply each term in equation (1) by the coefficient of the third 
unknown (i.e., by W 3 ) and place the summation sign before each variable. 
This is the third normal equation (III). 

5. Multiply each term in equation (1) by the coefficient of the fourth 
unknown (i.e., by 1^4) and place the summation sign before each variable. 
This is the fourth normal equation (IV). 

The process may be continued until normal equations equal in 
number to the unknown quantities are obtained.^ 

A standard set of normal equations. As a set of generalized normal 
equations secured by the above process and applying to any equa- 
tion that can be put in the form 

Y = aWi 4- bW 2 + cTFa + dlV4 -f • • • 

we have 
I x{w,y) 

= aX(Wl) + bZ{W,W 2 ) + cliWiW^) + dlliW^W^) + • • • 

II 2(^2 50 

= aX(WAV2) 4- bZiWl) 4- + dlliyVAV^) 4- • • • 

III j:(w,y) 

= a2(lVilFs) 4- bZiW^W^) 4- cZiWD + d'Z{\\\W4) 4- • • • 

IV 2(IF4r) 

= a2(Wi]V4) 4- bX{W2W4) 4- cXiWAV^) + d2(lfj) H- • • • 
By substituting for Wi, W 2 , W 3 , W 4 , etc., the particular functions 

' These rules represent an adaptation of a similar series formulated by Raymond Pearl 
in Medical Biometry and Stalistica, 341. 
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employed in a given case, these equations may be readily adapted 
to any type of curve in the fitting of which the method of least 
squares is applicable. Thus in fitting a curve represented by the 
equation 

F = a + -h cX* + 

substitutions in the standard normal equations given above are 
based upon the following relations: 

Wt = 1 

IV i 

\\\ = X^ 

The changes to be made in the normal equations arc obvious. 

becomes equivalent to 2(P), which is 

equal to N, the total number of observations. The first normal 
equation becomes 

S(F) ^Na + bX{X) + cX(X^) + d2(X») 

The other normal eciuations arc modified correspondingly. 

In the example just given, three of the coefficients are dilTerent 
functions of a single independent variable, X. It is not, of course, 
essential to the method of least squares that this be so. The co- 
efficients, Wi, W 2 , Ws, etc., may represent a number of independent 
variables, as in the case of multiple correlation. 

The limitations to the method of least squares must be borne in 
mind in making use of it. In its direct application this method is 
limited to cases in which the eciuation to the curve to be fitted is 
linear in the constants, i.e., the observation equations must all be 
linear as regards the unknown values, a, b, c, etc. (This does not 
mean, of course, that the equation to the fitted curve must be 
linear.) As an example of this limitation, we may cite a curve hav- 
ing as equation y = ah‘% which cannot be fitted directly by the 
method of least squares. If the observation equations are nonlinear 
they may be reduced to the linear form in many instances by the 
use of logarithms, and the method of least squares then employed. 

Derivation of the Formula for the Standard Error of Estimate. 
It has been pointed out in the body of the text that the standard 
error of estimate may be derived as a by-product of the method of 
least squares. A more complete demonstration of this process may 
be given at this point. 
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When the partial derivative with respect to a, of the expression 

S[(aWi + bW 2 4- cW, + dW^) - YJ 
is equated to zero, we have 

2Wi[(aWi + + clTa + dW,) - F] = 0 

Since 

aW, + hW 2 ^cW^ + dW, - Y 
we have as a necessary condition of fitting 

ZivWO = 0 

Wlien the partial derivative of the same expression with respect 
to b is equated to zero, we have 

+ bW., 4- cW, + dW,) - )'] = 0 
or, making the same substitution as in the preceding case, 

livWi) = 0 

Repeating the operation with respect to c and d, we may show 
that 

SCwWa) = 0 

and 

XivWd = 0 

In summary: When the method of least squares is employed in 
determining the most probable values of certain unknown quan- 
tities, having as known coefficients the quantities Wi, W^j W 3 , 
W 4 J the following relations hold as a necessary condition of the 
least squares method : 

= 0 

XivWi) = 0 
XivWz) = 0 
Z{vW 4 ) = 0 

A knowledge of these relationships gives us a method of securing 
readily the value and the standard error of estimate. Assume 
that, by the method of least squares, we have determined the con- 
stants in an equation of the type 

)\ = aWi + bW2 + cWs -h dW4 
For each residual we have the relation 

= aWi + bW 2 4 - CW 3 + dW 4 -Y 


( 1 ) 
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Multiplying throughout by v, and summing, we have 
2(»*) - a2(wiri) + 6S((;Trj) + cS(pIFj) + d2(i;H^) - 2(re;). 
But 

2(t-W' ,) = 0 
2(yH-s) = 0 

2((dr,) = 0 

2(idF4) = 0 

therefore, 

2(r2) = - 2(1>) 


( 2 ) 


( 3 ) 


Multiplying each equation (1) throughout by 1^, and adding, 
we have 


X(Yv) = aJ:(WiY) + 62 ( 11 ^ 2 }') + ci:{W,Y) + 

-2(1'^) (4) 

Substituting in (3) the equivalent of 2(1'!;), we have 

X(v^) = 2(P) - a2(HM0 - bX(W2Y) - c2(ir3l') 

-d2(HM0 (5) 

This gives us a method of obtaining the value 2(!'-) without 
computing the separate residuals, a method that is applicable 
whenever the equation of the curve to be fitted is of the form, or 
may be reduced by the use of logarithms, reciprocals, or other 
manipulation to the form, 


Y = aWi + hW., + cW, + dW, 


In applying this to a particular case it is necessary only to replace 
Wij W 2 , W 3 , Wij etc., by the functions that actually appear as 
coefficients of the unknown quantities in the original equation. 
Thus in fitting a curve the equation to which is 

Y = a + bX-^cX^ + dX^ 


we find, as noted above, that 

Wi = 1 
IT2 = X 
Wz = X^ 

W, = X^ 

Making these substitutions in equation (5) above, we have 

2(!;2) » Z{Y^) - a2(K) - 62(Xr) - eZiX^Y) - dX{X^Y) 


( 6 ) 
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The standard error, is derived from the equation 


51* s= 
Oy X 


2(d2)* 

N 


where d is used to represent a deviation from a fitted curve. The 
deviation d, then, is but another term for the residual v. Accord- 
ingly, as a general expression for the standard error of F, with 
W\, Wzy IF3, and IF4 as independent variables, we have 

^ - aS(lFiF) - 62(TF2F) - c2(M^3F) - d2(lF4F) 

» ^ \*) 

As in the previous case, this may be applied to a particular 
problem by replacing IF2, IF3, IF4, etc., by the actual coeffi- 
cients of the unknown quantities. 

Checks on the Formation of the Normal Equations. There are 
so many possibilities of arithmetical error in the formation and 
solution of a set of normal equations that checks should be em- 
ployed wherever possible. A convenient check on the calculations 
leading to the normal equations is afforded by the introduction in 
each observation equation of an additional term, s, equal to the 
sum of all the known quantities in that equation. Thus, in the fol- 
lowing system of observation equations, formed in fitting a line 
to the points 1, 3; 2, 4; 3, 6; 4, 5; 5, 10; (i, 9; 7, 10; 8, 12; 9, 11, 
the values of s are as indicated : 

s 

3 = H" 16 5 

4 = a + 26 7 

6 = a + 36 10 

5 = a H- 46 10 

10 = o + 56 16 

9 = a 4- 66 16 

10 = a 4- 76 18 

1*2 = o 4- 86 21 

11 = 0 4-96 21 


(The coefficient of o in each case is 1, and this is added to the other 
known quantities.) 

• Since our object is to measure the actual “scatter” about the fitted curve, the formula 
S(d*) 2'd*) 

—I. - is used, rather than the formula tt rr (where N represents the number of ob- 

iV iV N c 

servations and Nt the number of constants in the equation to the fitted curve). 
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In fitting a curve described by the type equation 
. Y^aWi + hW2 + cWi + dW^ 

the following relations prevail between s and the other quantities 
computed. For each observation equation, 

F + PFi + TF2 + IFa 4- - 5 

For the normal equations, 

S(TFiF) + S(TFJ) + 2(TFJF,) + + i:(\VyW4) = ^(W,s) 

SCPFjF) + liW.W^) + S(H1) + Z(W,]V,) + SCir.ll^) = S(1F25) 

X(W^Y) + X(W^W,) + XiW^W,) + X{\Vl) + Xi\V,n\) - X(W,s) 

XiW^Y) + 2(PFi1F4) + X{W^W,) + S(lf3lF4) -h 2(]FJ) := Z{\V,8) 

This form is capable of application to any specific problem. In 
each case the s-equations are formed in precisely the same way as 
the corresponding normal equations. 

In applying these checks several additional columns are needed 
in the working tables, but the extra trouble is more than com- 
pensated by the opportunity to check the work at each stage. The 
application is illustrated in the following working table, showing 
the calculations involved in fitting a second degree curve of the 
form 


Y = a + bX + cX^ 


to the nine points 1, 2; 2, 6; 3, 7; 4, 8; 5, 10; 0, 11; 7, 11; 8, 10; 
9, 9. 


Y 

2 

6 

7 

8 
10 
11 
11 
10 
_9 
74 


TABLE A 

Illustrating the Use of Checks on the Formation of Normal Equations 



XY 

A*F 

8 

Xs 

Xh 

1 

2 

2 

i 

5 

5 

4 

12 

24 

13 

26 

52 

9 

21 

63 

20 

60 

180 

16 

32 

128 

29 

116 

464 

25 

50 

250 

41 

205 

1,025 

36 

66 

396 

54' 

324 

1,944 

49 

77 

539 

68 

476 

3,332 

64 

80 

640 

83 

664 

5,312 

81 

81 

729 

100 

900 

8,100 


421 

2,771 

413 

2,776 

20.414 


(Columns for and X* are omitted, as the values S(X*) and 2(.Y*) may be derived 
from prepared tables.) 
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Each of the values in the column headed s is secured from the 
corresponding observation equation. Thus, from the first observa- 
tion equation 

2 = \cL -f- 16 Ic 

we have 5 as the value of s (2, plus the coefficients of the three 
constants). These values of 8 are secured readily from the table 
by adding the figures in the columns headed Y, X, and X^, plus 1, 
the coefficient of the constant term a. 

Adding the various columns, the arithmetic work is verified by 
the following checks: 

S(y) + A + ^(X) + 2(X2) = S(s) 

74 + 0 + 45 + 285 = 413 

^(XY) + 2:(X) + X(X‘^) + X{X^) = 2(Xs) 

42] + 45 + 285 + 2,025 = 2,770 

l(X'^Y) -h S(X2) + 2(X3) + Z(X^) = X(X^s) 

2,771 + 285 + 2,025 + 15,333 = 20,414 

Further uses of a check of this kind are explained below, in dis- 
cussing the solution of tlie normal equations. 

Other tests. The possilnlity of checking the calculations in other 
ways has been suggested in the preceding sections. Thus, where 
the coefficients of the constants in the eejuation to the fitted curve 
are represented by ITi, ir2, IFs, 11^, we know that 

X(vW,) = 0 
= 0 

S(rir3) = 0 
X{v\V,) = 0 

If a curve of the type 

1' = a + bX + cX’ + dX« 

has been fitted, this means that 

X(v) = 0 
X(vX) = 0 
2:(rX2) = 0 
^(vX^) = 0 


The accuracy of the work may be tested by checking these re- 
lations. 
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Finally, we may test the accuracy of the work by computing the 
standard error of estimate in two different ways. We may com- 
pute the separate residuals by taking the difference between com- 
puted and actual values of the dependent variable, and from these 
values determine S. This may be compared with the results se- 
cured by applying the general formula for the standard error, as 
derived above. In the fitting of the second degree curve, the data 
of which w^ere used to illustrate the method of cheeking the normal 
equations, the equation derived was 

Y = - 0.92860 -f 3.52316X - 0.267316X‘^ 

From the residuals separately computed, we have 

s,., = .4941 

From the formula 

, S(n - axm - h^iXY) - cZiXn') 


we have 

Sj,.x = 0.4947 

This constitutes a final check upon the accuracy of tlie calculations. 

Simplification of Normal Equations in a Multiple Correlation 
Problem.2 In the discussion of multiple correlation procedure in 
(Chapter 18 the normal equations as first derived in the form 

I 2 (Xi) = Na -f bi 2 -l- bi 3 24 ^(X-j,) + 6 m 232 (X 4 ) 

II 2:(XiX 2) = aSCXa) -f 6 i 2 3..2(X1) + 6,3-24S(X,A^) 

+ 

III S(XiX3) = a^iXs) + 6,2 342(X2X3) -h 6,3 2 A^(Xl) 

+ 6,4 23^ (A 3A4) 

IV S(XiA’4) = aX{X,) -h 612 342(X2X4) + b^.i^MX^Xi) 

+ 6,4 232^('^4) 

were reduced in number and modified to facilitate their solution. 
Details of the method are here given. 

Letting Ai, A 2 , A 3 , and A^ represent the arithmetic means of 
the several variables, and x,, J2, ^4 represent deviations 

from the means, we may replace the variables Xi, X 2 , X 3 , and X 4 


» Adapted from H. R. ToUey and M. J. B Ezekiel “A Method of Handlmg MuIUpIe 
Correlation Problems, " Journal of the American Slaltatteal AMoetaixon, Vol. 18, 993- 


1003 . 
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by their equivalents Xi + Ai, X2 -f A2, Xz + At, X4 + Aa. The normal 
equations now become : 

I 2 )(X] + A\) = iVfl + 2(^2 + ^4.2) • 6 i 2.84 H" S(X3 + A3) • 618.24 
+ 2(a;4 + A4) • &14 23 

II 2[[(xi + Aj)(a:2 + A2)] = ^[_{x2 + A2) • cl 4- ^{x2 + A2)®J • hi2.84 
+ SQa;2 4- A2)(:C3 4- A3)] • 613.24 

+ S(X2 + A2)(X4 4 - A4) • 614 23 

III 2[](a;i 4" Ai)(iC3 4- A3)] = 2(0:3 4- A3) • a 

+ 2 [^(oj 3 4- ^3) (3^2 + A2)] • 612 34 4- 2(0:3 4" A3)® • 6]3,24 
+ 2^(o: 3 + As) (0:4 4- A4)] • 614.23 

IV 2^(o:i 4" A]) (0:4 + A4)] = 2(0:4 4- A4) • a 

4 - 2[^(o:4 4 - A4)(o:2 4- A2)] • 612 34 

+ 2[[(o'4 + >14) (0:3 + A3)] • 613.24 4 - 2(0:4 + A4)® • 614 23 

Since 2(o:i 4- Ai) = 2o:i 4- VAi, and since 2o:i = 0, 2(o:i + Ai) and 
all similar expressions may be replaced by A^Ai, iVA2, etc. 

If we expand 2(0:2 4- A 2)^ to 2(0? + 2A2o:2 4- A^), the middle 
term drops out, because 20:2 = 0, and the expression may be written 
2o;^ 4- NA\. The sums of all similar squares may be put in similar 
form. 

The product sum 2 (0:1 + A 0(0:2 4- A 2) * 2(0:10:2 4- A 10:2 + A20:] 4 
A1A2) = 20:10:2 4 VA1A2 since 2o:i = 0 and 20:2 == 0. Product sums 
of the same type may be similarly modified. The normal equations 
now take the form : 


I N Ai = Na -j- VA 2612.34 4 iVA36i3,24 4 VA 46]4 03 
II 2(xiX2) 4 VA, A 2 = NA^a 4 [2(x2)‘^ 4 NAl']b,2 za 

4 []2(x2X3) 4 N AiAz^biz 21 4 (]2(x2.T4) 4 A^A2A4]6]4.23 

III 2(xiX3) 4 VA 1 A 3 = N Azd 4 [^2(x 2X3) 4 A A2A3]6i2.34 

4 [^2(x3)® 4 N A 3 ] 6 i 3 24 4 []2(X3X4) 4 N A 3 AJ 614 23 

IV 2 (xiX 4 ) 4 VA] A 4 = N Aaq^ 4 [^ 2 (x 2 X 4 ) 4 A^A2A4]6i2.34 

4 ^2(x 3X4) 4 A/^ A3A4]6j3,24 4 j^2(x4)® 4 A A4]6i4 23 


' y* _ _ 

If we now divide through by V, and substitute pi 2 for s* 

2(x®i 

and similar symbols for other mean products and mean 
squares, the normal equations become 


I Ai *= a 4 A 2612.34 4 A 3613 24 4 A 46 U .23 
II P 12 4 A 1 A 2 = A 2 U 4 (s* 4 Al)bi2.zA 4 (P 23 4 A2A3)6i8.34 
4 (P 24 4 A2A4)6i4 23 
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III Pis 4 - AiAs « A^a + (paa + il2il8)6i2.s4 + (sj + 

+ (P 34 + i 48 - 44 ) 6 i 4.28 

IV Pl4 + A 1 A 4 = ^40 + (P24 -f A2A4)bi2,n -f- (p^i + 4)611. 84 

-f (sj + i4J)6i4.28 

These four simultaneous equations may now be reduced to three. 
We multiply equation I, throughout, by /I2, and subtract the result 
from equation II; we then multiply equation I by Ai, and subtract 
the result from equation III; we then multiply equation I by A 4 , 
and subtract the result from equation IV. All the terms containing 
A’s are thus eliminated and we obtain the three normal equations 

Pi 2 = sib 12 34 4" P'lzbli 24 4* P24614 23 
Pl3 = P 2 ibi 2 34 “1 “ ^»36i3 21 4" ^34614 ?3 

Pl4 = P'libn 34 ~l" P8 i 6]3 24 H" ^46] 4 23 

Inserting the observed values of the p’s and the if’s, these are solved 
for the coefficients b. The value a may then be obtained by insert- 
ing the values of the A ’s and the 6’s in the equation 

Ai = a -h A2612 34 4- A3613 24 4- A4614 23 

Solution of the Normal Equations: The Doolittle Method. The 

task of solving the normal equations is not a difficult one in most 
of the cases presented to the economic statistician. If there are 
only two or three unknowns the corresponding number of normal 
equations may be solved by .simple algebraic methods. lOven with 
three equations, however, it is advisable to employ a systematic 
procedure, and with more than three equations this is imperative. 
Several .systematic methods of .solving simultaneous etjuations have 
been developed. The Doolittle method, whicli is convenient for 
general usage, is demonstrated fielow. 

The coefficients of the unknowns in the normal ocpiations are 
always symmetrical with respect to the principal diagonal. Thus 
in securing the most probable values of the constants in the equa- 
tion 

Y B aW \ -f hW^ 4- cIVs + dW ^ 

we have the four normal equations 

al.{WX) 4* 6S(W,]F3) + cZiWxWz) -f d'LiW.W^) - SfW.K) * 0 

oLiWiW^) 4- 62(W2) + eSCIVaWa) + * 0 

aZ{WyWz) + 6 S(W 2 W 3 ) + cS(Hl) + dZ{W,\\\) - - 0 

aHyViW^) H- b'ZiW^W^) 4- cS( » 0 
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The symmetrical arrangement about the diagonal, when T-terms 
are neglected, is obvious. Starting with any term on the principal 
diagonal, we have the same coefficients directly above as to the 
left. Thus, above the diagonal term in which the coefficient S(TTJ) 
appears, we have the coefficients X(\¥ 2 W 3 ) and hiWiWz), The 
same coefficients are found to the left of the given diagonal term, 
and on the same line. For the purposes of solution, therefore, the 
terms to the left of each diagonal entry may be omitted, and we 
may put the remaining terms of the normal equations in the form 

aL{W\) 4- 62(IFi1F2) + cZ{WiW^) + dZiW^W,) - 2(lFiF) 

+ + cZiW^W,) + - 2 ( 1 ^ 27 ) 

+ cL{W\) + d2(W,W,) - XiW.Y) 
4-dS(lT5) - S(]F4F) 

The Doolittle method may be illustrated with reference to the 
following normal equations: 

8.3564a + 2.7906 + 2.932c + 47.967 = 0 
2.790a + 6.66456 + 2.063c + 62.039 = 0 
2.932a -f 2.0636 + 7.7893c 4- 47.519 = 0 

Putting these, for the purposes of the solution, in the abbreviated 
form given above, we have 

8.3564a + 2.7906 4- 2.932c +47.967 
+ 6.66456 + 2.063c + 62.039 
+ 7.7893c + 47.519 

Wo wish to solve these for the constants a, 6, and c. All the work of 
computation, with the necessary checks, is shown in the table on 
page 741. 

Explanation. The coefficients of the unknown quantities, a, 6, 
and c, are listed in the designated columns. The known term in 
each normal equation is listed in column (5). (The sign of this 
known term, it should be noted, is that which it would have wffien 
the entire expression, of which it is one term, is equated to zero.) 
Column s is employed as a check. The value in column s, in each of 
the lines I, II, and III, is the algebraic sum of the known values in 
(he given normal equation. In .securing this sum the coefficients 
to the left of the diagonal, which have been omitted from the table 
as it stands, must be included. 
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TABLE B 

Solution of Normal Equations by the Doolittle Method 


Line 

(1) 

Reciprocals 

(2) 

a 

(3) 

b 

(4) 

c 

(5) 

(6) 

s 

I 


8.3.564 

2.790 

2.932 

47.967 

62.0454 

II 



6.6645 

2 063 

62.039 

73.5565 

III 




7.7893 

47.519 

60.3033 

1 


8.35640 

2.790 

2 932 

47 967 

62.0454 

2 

— 0.11966876 

— 1.00000 

- 0.333876 

— 0.3.50869 

- 5 740151 

- 7.424896 chock 

3 



6 6645 

2 063 

62 039 

73.5565 

4 



— 0.931.514 

— 0 978924 

— 16.015030 

- 20.71.5470 

5 



5.732986 

1.084076 

46 023970 

52.841030 check 

6 

— 0.17442917 


— 1.000000 

— 0.189094 

- 8 027923 

~ 9.217017 chock 

7 




7 7893 

47 519 

60.3033 

8 




— 1 028748 

- 16.830133 

- 21.769807 

9 




- 0.204992 

— 8.702857 

- 9.991922 

10 




6..5.55560 

21.986010 

28.541571 check 

11 

- 0.15254227 



- 1 000000 

3.353796 

— 4.3.53796 check 



Hack Solution 


c 

b 

a 

— 3 353796 

— 8 027923 

- 5 740151 

— 3 3.53796 

f 0 634183 

+ 2 468592 

- 7..393740 

+ 1 176743 
-’2 094816 


a = - 2.094Sl(i 
b = - 7.393740 
c - - 3.353796 


Check : 

Equation I : 

8.3564a -h 2,7906 + 2.932r = - 47.967 

Substituting the given values, 

8.3564(- 2.094816) + 2.790(- 7.393740) 

+ 2.932(- 3.353796) = - 47.966985 


The following is a suininary of the proce^dure in solving the 
normal equations: 

1. In line (1) write normal equation I. 

2. In line (2), column (1), write the reciprocal of the value in line (1), 
column (2), with sign changed. (This is the reciprocal of the coefficient of o.) 
Multiply each item in line (1) by this reciprocal, entering the products in 
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the corresponding columns in line (2). [The algebraic sum of the items in 
(Columns (2), (3), (4), and (5) of line (2) should equal the value in column 
(6).] This operation has eliminated the unknown a, by expressing it in terms 
of 6 and c. [The — 1 in line (2), column (2), has been included only to 
facilitate the checking process. The same is true in lines (6) and (11).] 
A heavy line may be drawn across the table below line (2). 

3. Write normal equation II in line (3). 

4. Multiply by the coefficient of 6 in line (2) (i.e., — 0.333876) the 
items in columns (3), (4), (5), and (6) in line (1). Enter the products in 
the corresponding columns of line (4). 

5. Add lines (3) and (4), entering the sums in line (5). [The algebraic 
sum of the items in columns (3), (4), and (5) of line (5) should equal the 
value in column (6).] 

6. In column (1), line (6), enter the reciprocal of the value in column (3), 
line (5), reversing the sign. Multiply each term in line (5) by this reciprocal, 
entering the products in line (6). [The sum of the items in columns (3), 
(4), and (5) of line (6) should equal the value in column (6).] This operation 
has eliminated the unknown b, by expressing it in terms of c. A heavy line 
may be drawn across the table below line (6). 

7. Write normal equation III in line (7). 

8. Multiply by the coefficient of c in line (2) (i.e., - 0.350869) the items 
in columns (4), (5), and (6) of line (1) Enter the products in the correspond- 
ing columns of line (8). 

9. Multiply by the coefficient of c in line (6) (i.e., — 0.189094) the items 
in columns (4), (5), and (6) of line (5). Enter the products in the correspond- 
ing columns of line (9). 

10. Add lines (7), (8), and (9), entering the sums in line (10). [The 
algebraic; sum of the items in columns (4) and (5) of line (10) should equal 
the value in column (6).] 

11. In column (1), line (11), enter the reciprocal of the value in column 
(4) of line (10), reversing the sign. Multiply each term in line (10) by this 
reciprocal, entering the products in line (11). [The algebraic sum of the 
items in columns (4) and (5) of line (11) should equal the value in column 
(6).] This operation gives the value of c, which is found in column (5) of 
line (11). A heavy line may be drawn across the table below line (11). 


Were there additional unknowns, as d and e, this last operation 
would have given c as a function of d and e and it would be nec- 
essary to carry the process still further, repeating the steps taken 
above. The next operation would be to bring down the fourth 
normal equation, entering it in line (12). Then the coefficients of 
d in lines (2), (6), and (11) would be used to multiply the necessary 
items in lines (1), (5), and (10), the products being entered in lines 
(13), (14), and (15). The sum of the items in lines (12), (13), (14), 
and (15) would be entered in line (16) and checked by the item in 
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the 8 column. Multiplying through by the reciprocal of the coeffi- 
cient of d in line (16), with sign reversed, the value of d would be 
obtained in terms of e. The value of e would be derived in a similar 
fashion. 

The checks on these various operations have been indicated in 
the table. The testing of the results at each step reduces the pos- 
sibility of error to a minimum. 

The back solution presents no difficulties. We have, from line 

( 11 ), 

c = - 3.353796 

from line (6) 

b = - 0.189094c - 8.027923 

from line (2) 

a = - 0.333876b - 0.350869c ~ 5.740151 

[The items in column (6) are inserted merely as cliecks. The 
items - 1.000000 which appear in lines (2), (6), and (11) are in- 
serted to assist in the checking.] 

The computations involved in the back solution appear in the 
table. 

A final check is afforded by inserting the values secured by this 
process in one of the normal equations. This check, as carried out 
for equation I, is shown below the table. 



APPENDIX 


Derivation of Formulas for Mean 
and Standard Deviation of the 
Binomial Distribution' 


For convenience we put the binomial in the form {q + p)", where 
q = probability of a failure, p = probability of a success, and q + 
p = 1. Expanding tlie binomial, we have 


(q + p)« = + nq"- 'p' + 9’'~V 


1.2-3 ® ^ ^ 


+ V'' 


The terms of this expansion indicate, in order, the probable fre- 
quencies of no successes, 1 success, 2 successes, 3 successes, and so 
on, to n successes. A frequency table of the familiar type may be 
constructed from these materials. 

The items in column (2) of Table C constitute the terms of the 
binomial expansion. Their sum is thus equal to {q + p)", which is, 
by definition, equal to 1. The items in column (3), added in order, 
give 


^g(n-l)pl ^ _ l)^n-2p2 _|_ ^ q^-^p^ 


+ 


- 2K71_-^ 

i • 2 • 3 V P -1- 


+ np" 


* These derivations are adapt eil from the proof given l>y D C. .Jones in A First Course 
in Statistics, London, Bell A Sons, 1921, 14^1-145. 
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Since the factors n and p appear in each of these terms, this re- 
duces to 

+ (W - + 


1 • 2 • 3 


But the terms within brackets, following np, represent the ex- 
pansion of the binomial {q + p)"~b Since q p = 1, the sum of 
these terms is 1 . Accordingly the sum of the items in column (3) 
reduces to 

np(q -f p)"~' = np 
Kor the mean of this distribution we have 
M _ ^(/^) _ 


Adding the items in column (4) in order, we have 

tiq’' ' 'p* + 2n{n - I )q^ 'V' 4- — j 

4n( n - l)(n- 2)(n - 3) 

“ 1.2-3 ~ ^ ^ 

= wp^g'"~’ -f- 2(n - l)q”~^p^ 4- q”~^p^ 

4( n-l)(n-2)(n-3) _ _ 


1 • 2 • 3 


- q^‘ ’p=* 4- 


The terms within brackets may be broken into two groups, giving 

«p[ I 9"“' + (« - l)9'‘~*p' + ~ 1^/2 ~ 

^ (g-Zil - 3) g„-4p3 + . . . + pn-> \ 


1 ■ 2 • 3 




3(n - l)(n - 2)(n - 3) 
1 • 2 • 3 


g,»-4p3 ^ I j 


The terms within the first of these two groups constitute the ex- 
pansion of the binomial (q 4- p)”“^ These terms may be replaced 
by that liinomial; the second group of terms may be simplified, 
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since they contain the common factors n — 1 and p. These opera- 
tions give us 


p[(9 + P)’~' + (n- l)p I 9"-* + (ji - 2)g— »p‘ 


(n - 2)(n - 3) 


The second group of terms, thus simplified, is seen to be (n - l)p 
multiplied by the expansion of the binomial (q + Thus we 
have, as the sum of the items in column (4) of the preceding table, 

npliq + p)”~* + (n - l)p(g -f p)"-*] 

But since ^ + p = 1, + p)«-» = i and (q + » 1. Accord- 

ingly, the total of column (4) becomes 

np[\ + p(n ~ 1)] 

As a geiu^ral formula for the standard deviation, in squared form, 
we have 


where c is the difference between the mean of the distribution and 
the arbitrary origin. In the present instance, the origin is at 0, 
or “no successes,” and c is equal to the mean, or np. N is equal to 
2(/), or 1, in this case. Thus the standard deviation of the binomial 
distribution is given by 

<7- = 7ip[l + p(n - 1)] - n-p- 
= np[np 4- (1 - p)] - n^p" 

= n^p“ 4- ap(l — p) — n“P' 

= 7<p(l - p) 

= ripq 
<T = Vnpq 
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Derivation of the Standard Error 
of the Arithmetic Mean 


We have made n random, hence independent, observations on a 
given variable. The respective observations may be represented 
by Xi, X2, X3, . . . Representing the sum of the n observa- 
tions by VT, we have 

= + + + - . + ( 1 ) 

Additional samples are now taken until we have N values of Xi, 
N values of X2, etc., and hence N values of the sum W, We have 
N samples, therefore, of n observations each. Tlie mean values, 
which we may represent by barred letters, stand in the same re- 
lationship of equality: 

11 = Xi + X2 -h X3 + • • • + X„ (2) 

Using small letters (a;, Ji, X2, <^tc.) to define deviations of the actual 
observations from these mean values, we may write, for any given 
sample, or series of observations, 

w = + • -\-Xn ( 3 ) 

Squaring the two sides of this equation, we have 

wj- = + X2 + ^3 + ■ • • + 4 + 2x1X2 + 2x1X3 -f • • • 

-f 2xix„ + 2 x 2 X 3 -f • • • + 2 x2X,. 4- • • • 

+ 2x3X„ + • • • (4) 

Each term on the right-hand side of ( 3 ) will appear in squared 
form in ( 4 ), and there will also appear product terms of the form 
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2 x 1 X 2 corresponding to all possible pairings of the terms on the 
right-hand side. 

The next step involves the summation of the equations of type 
(4), derived from the N samples, and division throughout by N, 
Each product term, when thus summed and divided by N, will be 
of the form 

2^xi x, 

N 


This, with the modification introduced by the factor 2, resembles 
the familiar mean product, encountered in correlation pro- 
cedure. This mean product, we have seen, lias a value of zero when 
the variables x and y are uncorrelatcd. Hut, by hypothesis, the 
observations that have given us Xy, x^, etc., ar(‘ independent of 
one another, and hence these variables are uncorrelated. Accord- 
ingly, each of the product terms, derived when JV equations (‘or- 
responding to (4) above are summed and divided by A, is equal 
to zero. The process of summation and division gives us, therefore, 


^ _ S ?? . ^*2 . 2 . St ; 

N ” A' A" A ‘ ‘ A 


(5) 


or 

al = (Tl-h <r‘i + al-h ’ • • + (rl (()) 

If all the observations relate to the same universe (i.e., if the 
samples are all drawn from the same parent population), which 
is true, by hypothesis, the standard deviations appearing in the 
right-hand member of e(|uation (b) are etjual to one another and 
to the standard deviation of the population. Accordingly, using 
a to represent that standard dcviatif)n, we have 

al = na-^ (7) 

The next argument, that leads directly t() the desired measure- 
ment, follows precisely these steps, which have been given in the 
above form to indicate the reasoning involved. Tt starts, however, 
with a variant form of equation (3). Dividing that equation 
throughout by u, we have 


n ~ 71 n /* 



(8) 
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Working with the variables etc., just as we have done with 

Tl Tl 7t 

Wf Xif X 2 t etc,, we may go through the operations represented by 
equations (4), (5), and (6), above. The product terms disappear, 
as in passing from (4) to (5). In the process of squaring, the term 
w 

- is treated as an entity; the sum of the squared values is thus 



Numerator and denominator of each of the terms of type 


— are squared separately, however, and the sum is of the form 

• Division throughout by N' then gives the quantities appearing 
in equation (9), which corresponds to equation (6). 


<rl 




(9) 


Since all observations relate to the same universe, this reduces to 


From this 



( 10 ) 



(11) 


But w is the sum of 7i quantities drawn from a universe having 

IV 

a standard deviation of o', and — is the mean of these observations. 

n 

Hence, (r„, is the standard deviation of a distribution of arithmetic 

Tl 

means, corresponding to the familiar symbol (Jm. This is the desired 
expression for the standard error of the arithmetic mean, appro- 
priate for use when the (t of the population is known. 
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Illustrating the Measurement of 
Trend by a Modified Exponen- 
tial Curve, a Gompertz Curve, 
and a Logistic Curve 


The discussion in Chapter 10 of mathematical functions suitable 
for use in measuring the secular trends of time series dealt with 
types required in ordinary practice. We here discuss briefly three 
other types suited to the measurement of long-term movenxents 
in economic and business series. 


The Modified Exponential Curve 

An exponential curve, which plots as a straight line on ratio 
paper, is a suitable measure of trend for a series that is increasing 
or decreasing at a constant rate. The figures defining the successive 
trend values of a series of this type constitute a geometric pro- 
gression. The trends of certain economic series that depart from 
constancy of relative growth may be accurately defined by a simple 
modification of the exponential curve. This ifi the case when the 
observed values may be transformed, by the addition (or subtrac- 
tion) of a constant magnitude, to a series closely approximating 
such a geometric progression. 

If we represent by K the constant magnitude that is to be added 
(algebraically) to each observed value in effecting the desired 
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transformation, the task of fitting the trend line involves the follow- 
ing steps: 

Determination of K. 

Correction of observed values by K, to obtain the modified series. 

Fitting an exponential curve to the modified series, and computation of 
trend values of the modified series. 

Correction of trend values of the modified series by K to obtain trend 
values of original scries. 

If y represents the ordinates of trend of the original series and 
X represents time, the equation to the desired line of trend may be 
put in the form 

y = ah® - K 

where K is the correction factor noted above and a and h are con- 
stants to be determined by fitting an exponential curve to the 
modified series. The procedure may be illustrated with reference 
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and determining the mean of the observations for each period. 
We may designate these means, in chronological order, by Mi, M 2 , 
and M3. The desired value, K, is given by 

(Ml X M3)] ^ [(Ml + M,) - 2 M 2 ] 

If the observed series constitute a geometric progression the value 
of K will be zero; if the addition of a constant magnitude to the 
members of the original series will yield a series approximating a 
geometric progression, K will be positive; if the subtraction of a 
constant amount from the observed values will yield a series ap- 
proximating a geometric progression, K will be negative. (In prac- 
tice, K is given the sign obtained by the employment of the method 
described above, and then added algebraically' to the observed 
series.) 

In the present case we have 

K = [(176)2 - (49 X SS5)] - [(49 + 885) - (2 x 176)] - - 21.3 

Adding this amount to eacli of the values recorded in column (2) 
of Table D, we obtain the modihed series in column (4). In fitting 
an exponential curve to the modified series, it is desirable to use 
logarithms, that is, to solve the constants in an eciuation of the 
type log y = log a + (log h)x. This procedure was explained in 
Chapter 10, For log a of this curve we obtain 2.11845, and for log 
6, 0.26272. (The origin is at 1950.) The antilogarithms of the series 
of trend values thus obtained are given in column (5). These define 
the trend of the modified series. Subtracting K (algebraically) 
from these values we obtain the trend values of the original series, 
which appear in column (6). (In practice, the figures in column (6) 
would be rounded to tlie nearest digit, to accord with the original 
series. The first decimal is kept in this example, so that the pro- 
cedure may be clear.) 

The original series measuring shipments of room air conditioners 
and the modified exponential curve fitted to this series are shown 
graphically in Fig. A. The eejuation to the curve there plotted is 

y = 131.4(1.8311") - f-2l.3r) 

with reference to an origin at 1950. The fit is not bad. However, 
it will be understood that the time period covered is too short to 
warrant acceptance of the given function as a reliable measure of 
long-term trend. 
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It is essential that the three M^s used in the determination of K 
relate to equal numbers of observations and that the midpoints, 
in time, of the three periods be equidistant. In the above example 
the number of years included in the period is a multiple of three, 
and no difficulty arises. If the number of years included is not a 
multiple of three, intervals that overlap slightly may be employed. 
1600 

1400 
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^ 1000 
c 
= 

•S 800 

c 

s 

3 

^ 600 
400 

200 

0 

1946 1947 1948 1949 1950 1951 1952 1953 1954 
FIO. A. Manufacturers’ Shipments of Room Air Condi- 
tioners in the United States, 1946-1954, ^^ith Modified 
Exponential Curve. 

For example, if our series had run from 1942 to 1954, the three 
averages might have been derived from the five-year periods 1942- 
1946, 1940-1 950, 1950-1954. These would center, respectively, at 
1944, 1948, and 1952, and would thus be equidistant in time from 
one another. Alternatively, if monthly data are available, division 
of the total period into three equal parts may be facilitated by 
using a time-unit of 4 or 8 months, rather than 12 months. 

The Gompertz Curve 

The Gompertz curve, which has important uses in actuarial 
science, has had some application in the study of economic and 
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social trends. The term growth curve’' is applicable to it, since it 
portrays a process of cumulative expansion to a maximum value. 
This e^ansion proceeds by decreasing relative amounts from the 
beginning stages, but continues to the end without retrogression. It 
may not be assumed that this form of growth is typical of all in- 
dustrial development, but the curve has value as an empirical rep- 
resentation of certain trend movements. 

For the purpose of fitting, the equation to the curve is trans- 
formed from the natural form 

y = 

to the logarithmic form 

log 2 / = log a -f (log 

When fitted to an appropriate set of observations, measuring the 
expansion of an industry or the growth of an economic element, 
log a is the loga rithm of the maximum value — the ceilin g tlmt the 
curve approaches. The second ter m mea sures the ammint b y wh ich 
tTie trend value at a given time falls short of this maximu m, an 
a mount tha t diminishes, of course, with the passage of time. (The 
series for which this curve is an appropriate measure of trend will 
be expanding by decreasing relative amounts in the later stages 
of its life history, and c, derived in the manner indicated below, 
will have a value between zero and unity.) The origin on the j- 
scale (time) is taken at the year to which the first entry relates. 

The method employed in fitting this curve is an approximative 
one, since the least squares procedure in customary form is not 
applicable. Here, as in the preceding example, the series is broken 
into three equal portions. The sum of the logarithms of the ob- 
servations in each of these segments is obtained ; from these sums, 
and the differences between them, the necessary constants may be 
computed. The method is illustrated with reference to the domestic 
shipments of rayon filament yarns for the years 1922-1904, which 
appear in Table E. 

We may use n to define the number of terms entering into each 
of the three subtotals (in the present example rt = 11); the sub- 
totals are represented, in chronological order, by #Si, *S 2 , and *S*; 
the first differences ’ betw^een the subtotals are represented by d\ 

* The condition, previously noted, that the series to which the curve is to be fitted 
be one that is expanding by decreasing logarithmic increments in the later stages of tiie 
period covered, is met when ds is less than d\. 
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GREEK ALPHABET 


Letters 

Names 

A a 

Alpha 


Beta 

r7 

Gamma 

A8 

Delta 

Ee 

Epsilon 

z r 

Zeta 

Hi? 

Eta 


Theta 


Greek Alphabet 


Letters 

Names 

I i 

Iota 

K /c 

Kappa 

A X 

Lambda 

M fi. 

Mu 

N 1/ 

Nu 

s f 

Xi 

O 0 

Omicron 

n TT 

Pi 


LeUers 

Names 

PP 

Rho 

2 cr 

Sigma 

T T 

Tau 

T V 

Upsilon 


Phi 

xx 

Chi 


Psi 

O, <o 

Omega 



APPENDIX TABLE I 

Areas and Ordinates of the Normal Curve 
of Error in Terms of the Abscissa 


JC/ff 

Area bftwocn 
Tnaximum ordi- 
nate and ordinate 
at xja 

Ordinate 
at XI a 

x/c 

Area between 
muvmunn ordi- 
nate and ordinate 
at x/cr 

Ordinate 
at x/o- 

.00 

.00000 

.39894 

.50 

.19146 

.35207 

.01 

.00399 

.39892 

.51 

.19497 

.35029 

.02 

.00798 

.39886 

.52 

.19847- 

.34849 

.03 

.01197 

.39876 

.53 

.20194 

.34667 

.04 

.01595 

.39862 

.54 

.20540 

.34482 

.05 

.01994 

.39844 

.55 

.20884 

.34294 

.06 

.02392 

.39822 

.56 

.21226 

.34105 

.07 

.02790 

.39797 

.57 

.21566 

.33912 

.08 

.03188 

39767 

.58 

.21904 

.33718 

.09 

.03586 

.39733 

.59 

.22240 

.33521 

.10 

.03983 

.39695 

.60 

.22575 

.33322 

.11 

.04380 

.39654 

.61 

.22907 

.33121 

.12 

.04776 

.39608 

62 

.23237 

.32918 

.13 

.05172 

.39559 

.63 

.23565 

.32713 

.14 

.05567 

.39505 

.64 

.23891 

.32506 

.15 

.05962 

.39448 

65 

24215 

.32297 

.16 

.06356 

.39387 

.66 

24537 

.32086 

.17 

.06749 

.39322 

.67 

.24857 

.31874 

.18 

.07142 

.39253 

.68 

.25175 

31659 

.19 

.07535 

.39181 

.69 

.25490 

.31443 

.20 

.07926 

.39104 

.yo 

.25804 

.31225 

.21 

.08317 

.39024 

.71 

26115 

.31006 

.22 

.08706 

.38940 

.72 

.26424 

.30785 

.23 

.09095 

.38853 

73 

.26730 

,30563 

.24 

.09483 

.38762 

.74 

.27035 

.30339 

.25 

.09871 

.38667 

.75 

.27337 

.30114 

.26 

.10257 

.38568 

.76 

.27637 

.29887 

27 

.10642 

.38466 

77 

.27935 

.29659 

.28 

.11026 

.38361 

.78 

28230 

.29431 

.29 

.11409 

.38251 

.79 

.28524 

.29200 

.30 

.11791 

.38139 

80 

.28814 

.28969 

.31 

.12172 

.38023 

81 

29103 

.28737 

.32 

.12552 

.37903 

.82 

29389 

.28504 

.33 

.12930 

.37780 

.83 

.29673 

.28269 

.34 

.13307 

,37654 

.84 

.29955 

.28034 

.35 

.13683 

.37524 

.85 ' 

30234 

.27798 

.36 

.14058 

.37391 

86 

.30511 

.27562 

.37 

.14431 

.37255 

.87 

.30785 

.27324 

.38 

.14803 

.37115 

.88 

.31057 

.27086 

.39 

.15173 

.36973 

.89 

.31327 

.26848 

.40 

.15542 

.36827 

.90 

.31594 

.26609 

.41 

.15910 

.36678 

.91 

.3t859 

.26369 

.42 

.16276 

.36526 

.92 

.32121 

.26129 

.43 

.16640 

.36371 

.93 

32381 

.25888 

.44 

.17003 

.36213 

.94 

.32639 

.25647 

.45 

.17364 

.36053 

.95 

32894 

.25406 

.46 

.17724 

.35889 

•96 

.33147 

.25164 

.47 

.18082 

.35723 1 

.97 

.33398 

.24923 

.48 

.18439 

.35553 

.98 

.33646 

.24681 

.49 

.18793 

.35381 

.99 

.33891 

.24439 
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APPENDIX TABLE I— CbnUrnfMl 

Areas and Ordinates of the Normal Curve of Error in 
Terms of the Abscissa 


Area between 
1 maximum ordi- 
' nate and ordinate 
at x/ff 


Ordinate 
at x/» 


.43319 

.12952 

.43448 

.12758 

.43574 

.12566 

.43699 

.12376 

.43822 

.12188 

.43943 

.12001 

.44062 

.11816 

.44179 

.11632 

.44295 

.11450 

.44408 

.11270 

.44520 

.11092 

.44630 

.10915 

.44738 

.10741 

.44845 

.10567 

.44950 

.10396 

.45053 

.10226 

.45154 

.10059 

.45254 

.09893 

.45352 

.09728 

.45449 

.09566 

.45543 

.09405 

.45637 

.09246 

.45728 

.09089 

.45818 

.08933 

.45907 

.08780 

.45994 

.08628 

.46080 

.08478 

.46164 

.08329 

.46246 

.08183 

.46327 

.08038 

.46407 

.07895 

.46485 

.07754 

.46562 

.07614 

.46638 

.07477 

.46712 

.07341 

.46784 

.07206 

.46856 

.07074 

.46926 

.06943 

.46995 

.06814 

.47062 

.06687 

.47128 

.06562 

.47193 

.06438 

.47257 

•06316 

.47320 

.06195 

.47381 

.06077 

.47441 

.05959 

.47500 

.05844 

.47558 

.05730 

.47615 

.05618 

.47670 

.05508 















APFBNMX TABLE I - CotHnvd 7EJ 

Areas and Ordinates of the Normal Cvrve of Error in 
Terms of the Abscissa 


xiff 

Area between 
maximum ordi- 
nate and ordinate 
at x/a 

Ordinate 
at x/ff 

Xfff 

Area between 
maximum ordi- 
nate and ordinate 
at x/a 

Ordinate 
at x/«r 

2.00 

.47725 

.05399 

2.50 

.49379 

.01753 

2.01 

.47778 

.05292 

2.51 

.49396 

.01709 

2.02 

.47831 

.05186 

2.52 

.49413 

.01667 

2.03 

.47882 

.05082 

2.53 

.49430 

.01625 

2.04 

.47932 

.04980 

2.54 

.49446 

.01585 

2.05 

.47982 

.04879 

2.55 

.49461 

.01545 

2.06 

.48030 

.04780 

2.56 

.49477 

.01506 

2.07 

.48077 

.04682 

2.57 

.49492 

.01468 

2.08 

.48124 

.04586 

2.58 

.49506 

.01431 

2.09 

.48169 

.04491 

2.59 

.49520 

.01394 

2.10 

.48214 

.04398 

2.60 

.49534 

.01358 

2.11 

.48257 

.04307 

2.61 

.49547 

.01323 

2.12 

.48300 

.04217 

2.62 

.49560 

.01289 

2.13 

.48341 

.04128 

2.63 

.49573 

.01256 

2.14 

.48382 

.04041 

2.64 

.49585 

.01223 

2.15 

.48422 

.03955 

2 65 

.49598 

.01191 

2.16 

.48461 

.03871 

2.66 

.49609 

.01160 

2.17 

.48500 

.03788 

2.67 

.49621 

.01130 

2.18 

.48537 

.03706 

2.68 

.49632 

.01100 

2.19 

.48574 

.03626 

2.69 

.49643 

.01071 

2.20 

1.48610 

.03547 

2.70 

.49653 

.01042 

2.21 

.48645 

.03470 

2.71 

.49664 

.01014 

2.22 

.48679 

.03394 

2.72 

.49674 

.00987 

2.23 

.48713 

.03319 

2.73 

.49683 

.00961 

2.24 

.48745 

.03246 

2.74 

.49693 

. p 0935 

2.25 

.48778 

.03174 

2.75 

.49702 

.00909 

2.26 

.48809 

.03103 

2.76 

.49711 

.00885 

2.27 

.48840 

.03034 

2.77 

.49720 

.00861 

2.28 

.48870 

.02965 

2.78 

.49728 

.00837 

2.29 

.48899 

.02898 

2.79 

.49736 

.00814 

2.30 

.48928 

.02833 

2.80 

.49744 

.00792 

2.31 

.48956 

.02768 

2.81 

.49752 

.00770 

2.32 

.48983 

.02705 

2.82 

.49760 

.00748 

2.33 

.49010 

.02643 

2.83 

.49767 

.00727 

2.34 

.49036 

.02582 

2.84 

.49774 

.00707 

2.35 

.49061 

.02522 

2.85 

.49781 

.00687 

2.36 

.49086 

.02463 

2.86 

.49788 

.00668 

2.37 

.49111 

.02406 

2.87 

.49795 

.00649 

2.38 

.49134 

.02349 

2.88 

.49801 

.00631 

2.39 

.49158 

.02294 

2.89 

.49807 

.00613 

2.40 

.49180 

.02239 

2.90 

.49813 

.00595 

2.41 

.49202 

.02186 

2.91 

.49819 

.00578 

2.42 

.49224 

.02134 

2.92 

.49825 

.00562 

2.43 

.49245 

.02083 

2.93 

.49831 

.00545 

2.44 

.49266 

.02033 

2.94 

.49836 

.00530 

2.45 

.49286 

.01984 

2.95 

.49841 

.00514 

2.46 

.49305 

.01936 

2.96 

.49846 

.00499 

2.47 

.49324 

.01889 

2.97 

.49851 

.00485 

2.48 

.49343 

.01842 

2.98 

.49856 

.00471 

2.49 

.49361 

.01797 

2.99 

.49861 

.00457 
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Areas and Ordinates of the Normal Curve of Error in 
Terms of the Abscissa 


xf<r 

Area between 
maximum ordi- 
nate and ordinate 
at xjtT 

Ordinate 
at xfc 

x/<r 

Area between 
maximum ordi- 
nate and ordinate 
at x/a 

Ordinate 
at x/v 

3.00 

.49865 

.00443 

3.50 

.49977 

.00087 

3.01 

.49869 

.00430 

3.51 

.49978 

.00084 

3.02 

.49874 

.00417 

3.52 

.49978 

.00081 

3.03 

.49878 

.00405 

3.53 

.49979 

.00079 

3.04 

.49882 

.00393 

3.54 

.49980 

.00076 

3.05 

.49886 

.00381 

3.55 

.49981 

.00073 

3.06 

.49889 

.00370 

3.56 

.49981 

.00071 

3.07 

.49893 

.00358 

3.57 

.49982 

.00068 

3.08 

.49897 

.00348 

3.58 

.49983 

.00066 

3.09 

.49900 

.00337 

3.59 

.49983 

.00063 

3.10 

.49903 

.00327 

3.60 

.49984 

.00061 

3.11 

.49906 

.00317 

3.61 

.49985 

.00059 

3.12 

.49910 

.00307 

3.62 

.49985 

.00057 

3.13 

.49913 

.00298 

3.63 

.49986 

.00055 

3.14 

.49916 

.00288 

3.64 

.49986 

.00053 

3.15 

.49918 

.00279 

3.65 

.49987 

.00051 

3.16 

.49921 

.00271 

3.66 

.49987 

.00049 

3.17 

.49924 

.00262 

3.67 

.49988 

.00047 

3.18 

.49926 

.00254 

3.68 

.49988 

.00046 

3.19 

.49929 

.00246 

3.69 

.49989 

.00044 

3.20 

.49931 

.00238 

3.70 

.49989 

.00042 

3.21 

.49934 

.00231 

3.71 

.49990 

.00041 

3.22 

.49936 

.00224 

3.72 

.49990 

.00039 

3.23 

.49938 

.00216 

3.73 

.49990 

.00038 

3.24 

.49940 

.00210 

3.74 

.49991 

.00037 

3.25 

.49942 

.00203 

3.75 

.49991 

.00035 

3.26 

.49944 

.00196 

3.76 

.49992 

.00034 

3.27 

.49946 

.00190 

3.77 

.49992 

.00033 

3.28 

.49948 

.00184 

3.78 

.49992 

.00031 

3.29 

.49950 

.00178 

3.79 

.49992 

.00030 . 

3.30 

.49952 

.00172 

3.80 

.49993 

.00029 

3.31 

.49953 

.00167 

3.81 

.49993 

.00028 

3.32 

.49955 

.00161 

3.82 

.49993 

.00027 

3.33 

.49957 

.00156 

3.83 

.49994 

.00026 

3.34 

.49958 

.00151 

3.84 

.49994 

.00025 

3.35 

.49960 

.00146 

3.85 

.49994 

.00024 

3.36 

.49961 

.00141 

3.86 

.49994 

.00023 

3.37 

.49962 

.0*0136 

3.87 

.49995 

.00022 

3.38 

.49964 

.00132 

3.88 

.49995 

.00021 

3.39 

.49965 

.00127 

3.89 

.49995 

.00021 

3.40 

.49966 

.00123 

3.90 

.49995 

.00020 

3.41 

.49968 

.00119 

3.91 

.49995 

.00019 

3.42 

.49969 

.00115 

3.92 

.49996 

.00018 

3.43 

.49970 

.00111 

3.93 

.49996 

.00018 

3.44 

.49971 

.00107 

3.94 

.49996 

.00017 

3.45 

.49972 

.00104 

i 3.95 

.49996 

.00016 

3.46 

.49973 

.00100 

3.96 

.49996 

.00016 

3.47 

.49974 

.00097 

3.97 

.49996 

.00015 

3.48 

.49975 

.00094 

3.98 

.49997 

.00014 

3.49 

.49976 

.00090 

3.99 

.49997 

.00014 
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APPENDIX TABLE II 

Percentile Values of the Normal Distribution * 



Area to the 

7’t 

Area to the 

T\ 

left of T t 


left of T t 

.001 

— 3 0tK) 

.000 

+ .253 

.002 

— 2.878 

.700 

+ .524 

.000 

— 2.748 

.8(H) 

4- .812 

.004 

— 2 052 

.1»H) 

+ 1.282 

.005 

— 2 576 

910 

4 1.341 

.006 

-2 512 

920 

4 1.405 

.007 

— 2.457 

.930 

-4 1 476 

.008 

— 2 409 

.940 

+ 1.555 

.009 

— 2 306 

.950 

4- 1 045 

.010 

— 2.326 

.900 

4 1 751 

.020 

— 2.054 

.970 

4~ 1.881 

.030 

— 1 881 

980 

4- 2 054 

.040 

- 1 751 

.mx) 

4 2 326 

.050 

— I 645 

.991 

4 2 366 

.000 

— 1 .555 

.992 

4- 2.409 

.070 

~ 1 476 

.993 

4 2 457 

.080 

— 1 405 

.994 

-4 2.512 

090 

— 1.341 

995 

4- 2.576 

.100 

1.282 

.990 

4- 2.052 

.200 

— 842 

.997 

4- 2 748 

.300 

— .524 

998 

4 2 878 

.4(X) 

- .253 

999 

4- 3 090 

.5(K) 

.000 




* This table contains selected values from 'I'ahle I of Truman L IvelJev s 7Ac Kelleji 
Statistical Tables (Harvard University I’ross, 1918) 1 am indebted to I rofessor 

Kelley and the Harvard University IVess for permission to publihli tliese eveeipts. 
t T IS here used as a symbol for a normal deviate, i e , a di-viation from the nu'an of a 
normal distribution expressed m units of the standard deviation Ar(>as are expressed 
as proportionate piarts of the total area under a normal euive 
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APPENDIX TABLE III* 


n 

Table of t 

P - .05 

1 

12.706 

2 

4.303 

8 

3 182 

4 

2 776 

6 

2 571 

6 

2 447 

7 

2 365 

8 

2 306 

9 

2 262 

10 

2.228 

11 

2.201 

12 

2 179 

13 

2 160 

14 

2 145 

15 

2 131 

Id 

2 120 

17 

2 110 

18 

2 101 

19 

2 093 

20 

2 086 

21 

2 080 

22 

2 074 

23 

2 069 

24 

2 064 

25 

2 060 

26 

2 056 

27 

2 052 

28 

2 048 

29 

2 045 

30 

2 042 

00 

1 95996 



.02 

.01 

31.821 

63 657 

6.965 

9.925 

4 541 

5.841 

3 747 

4.604 

3 365 

4.032 

3 143 

3.707 

2 998 

3.499 

2 896 

3.355 

2 821 

3.250 

2.764 

3 169 

2 718 

3 106 

2 681 

3 055 

2 650 

3 012 

2 624 

2.977 

2 602 

2 947 

2 583 

2 921 

2 567 

2 898 

2 552 

2 878 

2 539 

2 861 

2.528 

2.845 

2 518 

2.831 

2 508 

2.819 

2 500 

2 807 

2 492 

2.797 

2 485 

2.787 

2 479 

2 779 

2 473 

2 771 

2 467 

2 763 

2 462 

2.756 

2.457 

2.750 

2.32634 

2 57582 


* Appendix Table III it» abridged from Table IV of R. A. Fisher, StcUiatical Methods for 
Research Workers, published by Oliver and Boyd, Ltd., of Edinburgh. The abridgment 
is published here by permission of the author and publishers. 
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AFPiNDIX TAKE IV* 

Values of the Correlation Coefficient for Different Levels of 
Significance 


n 

P - .05 

.02 

.01 

1 

.996917 

9995066 

.0998766 

2 

.95000 

.98000 

.990000 

3 

.8783 

.93433 

.95873 

4 

.8114 

.8822 

.91720 

5 

.7545 

.8329 

.8745 

6 

.7067 

.7887 

.8343 

7 

.6664 

.7498 

.7977 

8 

.6319 

.7155 

.7646 

9 

.6021 

.6851 

.7348 

10 

.5760 

.6581 

.7079 

11 

.5529 

6339 

6835 

12 

.5324 

.6120 

.6614 

13 

.5139 

.5923 

.6411 

14 

.4973 

.5742 

.6226 

15 

.4821 

5577 

.6055 

16 

.4683 

.5425 

.5897 

17 

.4555 

5285 

.5751 

18 

.4438 

.5155 

.5614 

19 

.4329 

5034 

.5487 

20 

.4227 

.4921 

.5368 

25 

.3809 

.4451 

.4869 

30 

.3494 

.4093 

.4487 

35 

.3246 

3810 

.4182 

40 

.3044 

.3578 

.3932 

45 

2875 

.3384 

.3721 

50 

2732 

.3218 

.3541 

60 

2500 

2948 

.3248 

70 

.2319 

2737 

.3017 

80 

2172 

2565 

.2830 

90 

2050 

2422 

2673 

100 

1946 

2301 

2540 


For a total correlation, n is 2 less than the number of pairs in the 
sample; for a partial correlation, the number of eliminated variates also 
should be subtracted. 


• Appendix Table IV is abridged from Table V-A of R. A. Fisher, StatisUcai Methods for 
Research Workers, published by Oliver and Royd, Ltd., of Edinburgh. The abridgment 
is published here by permission of the author and publishers. 
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Showing the Relations between r and z' for Values of z' from 0 to 5 * 


z' 

.00 

.01 

.02 

.03 

.04 

.05 

.06 

.07 

.08 

.09 

.0 

.0000 

.0100 

.0200 

.0300 

.0400 

0500 

.0599 

.0699 

.0798 

.0898 

.1 

.0997 

. 1096 

.1194 

.1293 

.1391 

.1489 

.1587 

.1684 

.1781 

.1878 

.2 

.1974 

.2070 

.2165 

.2260 

.2355 

.2449 

.2543 

.2636 

.2729 

.2821 

.3 

.2913 

3004 

.3095 

3185 

.3275 

.3364 

.3462 

.3540 

.3627 

.3714 

.4 

.3800 

.3885 

.3969 

.4063 

.4136 

4219 

.4301 

.4382 

.4462 

.4542 

.5 

.4621 

4700 

.4777 

.4854 

.4930 

5005 

.5080 

.6154 

.6227 

.5299 

.6 

.6370 

.6441 

.5511 

.6681 

.6649 

.6717 

.6784 

.6850 

.5916 

.5980 

.7 

.6044 

6107 

.6169 

.6231 

.6291 

.6352 

.6411 

.6469 

.6527 

.6584 

.8 

.6640 

6696 

6751 

.6805 

.6858 

.6911 

.6963 

.7014 

7064 

.7114 

.9 

.7163 

.7211 

7259 

.7306 

.7362 

7398 

.7443 

.7487 

.76:31 

.7574 

1 0 

7616 

.7658 

.7699 

7739 

.7779 

7818 

.7857 

.7895 

.7932 

.7969 

1.1 

.8005 

.8041 

8076 

8110 

.8144 

.8178 

8210 

.8243 

.8275 

.8306 

1 2 

8337 

.8367 

8397 

8426 

8455 

8483 

8511 

.86.38 

8565 

.8591 

1 3 

.8617 

.8643 

.8668 

.8693 

.8717 

8741 

.8764 

8787 

.8810 

.8832 

1 4 

8854 

.8875 

8896 

.8917 

.89.37 

.8957 

.8977 

.8996 

.9015 

.9033 

1.6 

9052 

9069 

.9087 

9104 

.9121 

.9138 

.9154 

.9170 

.9186 

.9202 

1.6 

. 9217 

. 9232 

.9246 

.9261 

.9275 

.9289 

.9302 

.9316 

. 9329 

9342 

1 7 

9354 

.9367 

9379 

.9391 

9402 

9414 

9425 

.94.36 

9447 

.9458 

1.8 

9468 

.9478 

,9498 

9488 

9508 

9518 

9527 

96.36 

.9545 

9554 

1 9 

.9562 

9671 

.9579 

9587 

9595 

9603 

9611 

9619 

.9626 

.9633 

2 0 

9640 

9647 

9654 

.9661 

9668 

9674 

.9680 

9687 

.9693 

9699 

2 1 

.9705 

9710 

9716 

9722 

.9727 

.9732 

.9738 

.9743 

.9748 

.9753 

2 2 

.9757 

9762 

.9767 

9771 

.9776 

.9780 

.9786 

9789 

.9793 

.9797 

2 3 

9801 

9806 

9809 

9812 

.9816 

9820 

.9823 

.9827 

9830 

9 m 

2 4 

9837 

9840 

9843 

9846 

9849 

.9852 

.9856 

.9858 

.9861 

.9863 

2 6 

.9866 

.9869 

9871 

.9874 

.9876 

9879 

.9881 

.9884 

. 9886 

.9888 

2 6 

.9890 

.9892 

9895 

.9897 

9899 

.9901 

9903 

. 9905 

.9906 

.9908 

2.7 

9910 

9912 

.9914 

9915 

.9917 

9919 

.9920 

9922 

.9923 

9925 

2.8 

.9926 

.9928 

. 9929 

.9931 

9932 

9933 

9935 

.9936 

.9937 

.9938 

2 9 

.9940 

.9941 

.9942 

.9943 

.9944 

.9945 

9946 

9947 

.9949 

.9950 


3.0 9951 

4.0 .9993 

6.0 .9999 

TIh* fiRures iii thw body of the table are values of r corresponding to 2 -values read 
from the scales on the left and top of the table. 
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APPENDIX TABLE VI* 

Selected Percentile Values of the x® 
Distribution * 


5t*01 



X'flo 



.000157 

.00393 

.455 

2 706 

3.841 

6.635 

.0201 

. 103 

1 386 

4 605 

5 991 

9.210 

. 1 15 

.352 

2 366 

6.251 

7.815 

11.341 

.297 

.711 

3.3.57 

7 779 

9 488 

13.277 

.554 

1.145 

4 351 

9 236 

11.070 

15.086 

.872 

1 635 

5 348 

10.645 

12 .592 

16.812 

1 239 

2 167 

6 346 

12 017 

14 067 

18.475 

1.646 

2.733 

7 .344 

13 362 

15.507 

20.090 

2.088 

3 325 

8 343 

14.684 

16.919 

21 666 

2.558 

3.940 

9 312 

15 987 

18.307 

23.209 

3 053 

4., 575 

10 .341 

17.275 

19.675 

24.725 

3.571 

5 226 

11 340 

18 549 

21 026 

26.217 

4 107 

5.892 

12 340 

19.812 

22.362 

27 688 

4.660 

6.571 

13 3.39 

21 (H>1 

23.68.5 

29 141 

5.229 

7 261 

11.339 

22 307 

24 996 

.30.578 

5.812 

7.962 

15 338 

23.512 

26 296 

32. (XK) 

6.408 

8 672 

16 .338 

24 769 

27.587 

33.409 

7.015 

9 390 

17 338 

25 989 

28 869 

.31.805 

7.633 

10 117 

18.338 

27.204 

30 144 

36.191 

8.260 

10.851 

19 337 

28 412 

31.410 

37., 506 

8 897 

11.591 

20.337 

29 615 

32.671 

38.9.32 

9.542 

12 338 

21 337 

30 813 

.33.924 

40.289 

10.196 

13 091 

22 3.37 

32 (K)7 

35 172 

41 638 

10.856 

13 848 

23 337 

33 196 

36 415 

42.980 

11 .524 

14 611 

24.337 

31 382 

37 652 

44.314 

12.198 

15 379 

25 336 

35 563 

38.885 

45 642 

12 879 

16 151 

26 336 

36 711 

40 113 

46 963 

13.565 

16 928 

27 336 

37 916 

41 .337 

48.278 

14.256 

17 708 

28 336 

39 087 

42 557 

49.588 

14.953 

18.493 

29 336 

40.2,56 

43 773 

50.892 



For larger values of n, the expression V2x® — ^2n 1 may he used as a iioriniil 

deviate with unit standard error. A deviate Itius iletermined is to he interpreU*d as in 
a one-tailed test. 

* Appendix Table VI is abridged from Table III of R. A. I'isher, Staliatical M ethodit for 
Research Workers, published by Oliver and Uoyd, Ltd , of Edinburgh 'I'he abridgment 
is published hero by permission of the authors and publishers 
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APPENDIX 

95fh and 99th Percmitlle 
95th Percentile in Light-Face Typei 
Hi = degrees of freedom 



n , 

1 

2 

3 

4 

6 

6 

7 

8 

0 

10 

11 

12 


1 

161 

4.058 

200 

4.999 

216 

6,408 

226 

6,688 

230 

6,764 

234 

6389 

237 

5,988 

230 

6,981 

241 

6,088 

242 

6,066 

243 

6,088 

244 

6,108 


2 

18 61 

98.45 

19 00 

99.01 

19 16 

09.17 

19 25 

99.88 

19 30 

99.80 

19.33 

99.88 

19 36 

9934 

19 37 

9939 

19 38 

99.88 

19 30 

99.40 

19 40 

98.41 

19.41 

99.48 


3 

10 13 

84.18 

9.55 

80.81 

9 28 

89.46 

9 12 

88.71 

9 01 

88.84 

894 

87.91 

8 88 

87.67 

8 84 

87.49 

8 81 

87.84 

8 78 

87.88 

8 76 

97.18 

8.74 

97.05 


4 

7 71 

81.80 

6 04 
18.00 

6 59 

16.69 

6 39 

16.98 

6 26 

18.88 

6.16 

16.81 

600 

14.98 

604 

14.80 

600 

14.66 

696 

14.54 

6.03 

14.45 

6.91 

1437 


6 

6 61 

15.86 

579 

18.87 

6 41 

18.06 

519 

11.89 

6 05 

10.97 

4 96 
10.67 

488 

10.48 

4 82 

10.87 

4 78 

10.16 

4 74 
10.06 

4 70 

9.96 

4 68 

0.89 



699 

18.74 

6 14 
10.98 

4 76 

9.78 

4 53 

9.16 

4 39 

6.75 

4.28 

8.47 

4 21 

8.86 

4.16 

8.10 

4 10 

7.9 B 

406 

7.87 

4 03 
7.79 

4.00 

7.79 


7 

6 69 

18.86 

4 74 

9.66 

4.36 

8.48 

4 12 

7.86 

3 97 

7.46 

3 87 
7.19 

3 79 

7.00 

3 73 

6. S 4 

3 08 

6.71 

363 

6.68 

360 

6.64 

3.67 

6.47 


8 

6.32 

11.86 

4 46 

8.66 

407 

7.69 

384 

7.01 

3 69 

6.63 

3 68 

637 

3 50 

6.19 

3 44 

6.08 

3 30 

6.91 

3 34 

6.88 

3 31 

6.74 

3 28 

6.67 

1 

9 

5.12 

10.66 

4 26 

8.08 

3 86 

6.99 

3 63 

6.48 

3 48 
6.06 

3 37 

5.80 

3 29 

6.68 

8 23 

6.47 

3 IS 

6.86 

3 13 

6.86 

310 

6.18 

3.07 

6.11 

1 

10 

4 96 
10.04 

4 10 

7.66 

3 71 

6.66 

3 48 

6.99 

.3.33 

6.64 

3 22 

6.89 

314 

6.81 

3 07 

6.06 

3 02 

4.96 

297 

4.86 

294 

4.78 

2.91 

4.71 

gl 

TJ 

11 

484 

9.66 

3 98 

7.80 

3 69 

6.22 

3 36 

6.67 

320 

6.38 

300 

6.0 T 

3 01 

4.88 

2 06 

4.74 

290 

4.68 

286 

4.64 

2.82 

4.46 

2 79 

4.40 

•2 

12 

4 75 

9.88 

3 88 

6.98 

3 49 

6.95 

3 20 

6.41 

3 11 
6.06 

300 

4.82 

2 92 

4.66 

286 

4.60 

280 

4.89 

2 76 

4.30 

2 72 

4.88 

2 69 

4.16 

1 

13 

4 67 

9.07 

380 

6.70 

3 41 

6.74 

318 

6.80 

3 02 

4.86 

2 02 

4.68 

284 

4.44 

2 77 

4.80 

2 72 

4.19 

2 07 

4.10 

263 

4.08 

260 

8.96 

1 

14 

4 60 

8.96 

3 74 

6.61 

3 34 

6.66 

3 11 

6.03 

206 

4.89 

285 

4.46 

2 77 

4.88 

2 70 

4.14 

2 66 

4.08 

200 

8.94 

266 

8.86 

253 

8.80 


16 

454 

8.68 

3 68 

6.86 

3 29 

648 

306 

4.89 

2 00 

4.66 

2 79 

4.38 

2 70 

4.14 

264 

4.00 

2 59 

8.89 

2 56 

3.80 

2 61 

6.78 

2 48 

8.67 

1 

10 

4 49 

8.68 

3.63 

6.28 

3 24 

6.89 

3 01 

4.77 

286 

4.44 

2 74 

4.80 

2 60 

4.03 

2 69 

8.89 

254 

8.78 

2 49 

8.69 

2 45 

8.61 

2 42 

8.66 

•S 

II 

£ 

17 

4 45 
8.40 

.3 60 
6.11 

3 20 

6.18 

296 

4.67 

2 81 

4.84 

2 70 

4.10 

2 02 

8^93 

2 66 

8.79 

2 .W 

8.68 

2 45 

S .69 

2 41 

8.68 

2 38 

8.46 

18 

4 41 
8.88 

3 65 

6.01 

3 16 

6.09 

2 93 

4.68 

2 77 

4.88 

2 66 

4.01 

2 68 

886 

2 61 
8.71 

2 46 
8.60 

2 41 
8.61 

2 37 

6.44 

2 34 

8.87 


19 

4 38 

8.18 

3 52 

6.98 

3 13 

6.01 

290 

4.60 

2 74 
4.17 

2 6.3 

8.94 

2 Sf > 

8.77 

2 48 

8.63 

2 43 

8 68 

2 38 

8.48 

2 34 

136 

2 31 

8.80 


20 

4.35 

8.10 

3 40 

6.86 

3 10 

4.94 

2 87 

448 

2 71 

4.10 

260 

8.87 

2 52 

8.71 

2 46 

8.66 

2 40 

846 

2 35 

8.87 

2 31 

8.80 

2 28 

8.88 


21 

4 3-2 

8.08 

3 47 

6.78 

3 07 

4.87 

2.84 

4.87 

2 68 

4.04 

2 67 

8.81 

2 49 

6.66 

2 42 

S .61 

2 37 

8.40 

2 32 

8.81 

2 28 

8.84 

2 25 

8.17 


22 

4 30 

7.94 

3 44 
6.78 

3 06 

4.83 

2 82 

4.81. 

208 

3.99 

2 66 

8.76 

2 47 

8.69 

2 40 

8.46 

2 35 

8.85 

2 30 

8.86 

226 

8.18 

2 23 

8.18 


23 

4 28 

7.88 

3 42 

6.66 

3 03 

4.76 

280 • 

4.86 

264 

8.94 

263 

8.71 

2 45 

8.64 

2 38 

8.41 

2 32 

8.80 

2 28 

8.81 

2 24 

8.14 

220 

8.07 


24 

4 26 

7.88 

340 

6.61 

3 01 

4.78 

2 78 

4.88 

2 62 

8 90 

2 51 

8.67 

2 43 

8.60 

2 36 

8.86 

2 30 

8.86 

226 

8.17 

2 22 

8.00 

2 18 

S .0 S 


26 

4 24 
7.77 

3 38 

6.67 

299 

4.66 

2 76 

4.18 

260 

8.86 

2 49 

8.68 

2 41 

8.46 

2 34 

8.68 

2 28 

831 

2 24 

8.18 

2.20 

8.08 

2 16 

8.99 


26 

4 22 

7.78 

3 37 

6.68 

2 98 

4.64 

2 74 

4.14 

2 69 

8.88 

2 47 

8.89 

2 39 

8.48 

2 32 

8.89 

2 27 

8.17 

2 22 

8.09 

2 18 

8.08 

2 15 

8.98 



m 


TAM.E VII 


Values of the F Distribution * 

99th Percentile in Bold-Face Type 
for numerator 



14 

16 

20 

24 

30 

40 

60 

76 

100 

200 

600 

B 

□ 

246 

246 

248 

249 

260 

251 

252 

253 

263 

264 

264 

fguffi 

B 


6,169 

6 J 08 

6 J 84 

6,808 

6.886 


6,888 

6,884 

8 J 68 

6,861 

LJlU 

B 

RTrl 

ETZHI 

19.44 

19 46 

19 46 

19 47 


19 48 

19 49 

19 49 

19 60 

WRi 

B 


99 .U 

99.46 

99.46 

99.47 

99 .U 


99.49 

99.49 

99.49 

M .80 


B 

8 71 

8 69 

8.66 

8 64 

8 62 

860 

8 58 

8 67 

866 

864 

864 



S 6.9 S 

86.88 

86.69 

86.60 

86.60 

86.41 

86.86 

86.87 

86.88 

86.18 

86.14 

liliJ 

B 

6 87 

684 

680 

6 77 

6 74 

6 71 

6 70 

668 

666 

665 

664 


R 

14.84 

14.16 

14.08 

18.98 

18.88 

18.74 

18.69 

18.61 

18.67 

18.68 

18.48 

18.46 


484 

460 

466 

4.63 

460 

446 

4 44 

4 42 

4 40 

4.38 

4 37 

4.36 

6 

8.77 

9.68 

9.68 

9.47 

9.88 

9.39 

9.84 

9.17 

9.18 

9.07 

9.04 

9.08 


396 

3.02 

3 87 

3 84 

3 81 

3 77 

3 76 

3 72 

3 71 

8 69 

3 68 

.3 67 

6 

7.40 

7.68 

7.89 

7.81 

7.88 

7.14 

7.09 

7.08 

6.99 

6.94 

6.90 

6.88 


8 62 

3 49 

344 

3 41 

3 38 

3 34 

3 32 

3 29 

3 28 

3 25 

3 24 

323 

7 

4 J 6 

6 J 7 

6.18 

6.07 

0.98 

0.90 

6.86 

8.78 

6.76 

6.70 

6.67 

0.66 


3 23 

320 

3 16 

312 

3 08 

3 06 

3 03 

300 

2 98 

296 

2 94 

2 9.3 

8 

B .06 

6.48 

6.86 

0.88 

0.80 

6.11 

8.06 

8.00 

4.96 

4.91 

4.88 

4.66 


3 02 


2 93 

2.00 

286 

2 82 

280 

2 77 

2.76 

2 73 

2 72 

2 71 

0 

8.00 

4.98 

4.80 

4.78 

4.64 

4.66 

4.01 

4.46 

4.41 

4.86 

4.88 

4.81 


286 

2 82 

2 77 

2 74 

2 70 

2 67 

264 

2 61 

2 60 

2.56 

266 

264 

10 

4.60 

4.68 

4.41 

4.88 

4.86 

4.17 

4.18 

4.06 

4.01 

8.96 

8.98 

8.91 


2 74 

2 70 

2 66 

2 61 

2 67 

2 53 

260 

2 47 

2 46 

2 42 

2 41 

2.40 

11 

4 J 9 

4.81 

4.10 

4.08 

8.94 

8.86 

8.80 

8.74 

8.70 

8.66 

8.68 

8.60 


264 

260 

254 

260 

2 46 

2 42 

2 40 

2.36 

2 35 

2 32 

2.31 

2.30 

12 

4.06 

8.98 

8.86 

8.78 

8.70 

8.61 

8.66 

8.49 

8.46 

8.41 

8.88 

8.86 


2.66 

2 61 

2 46 

2 42 

2 38 

2 34 

2 32 

228 

2 26 

2 24 

2 22 

2.21 

13 

8.66 

8.78 

8.67 

8.69 

8.61 

8.48 

8.87 

8.80 

8.87 

8.81 

8.18 

8.16 


2 48 

2 44 

2 39 

2 36 

2 31 

2 27 

2 24 

2 21 

2 19 

2 16 

2 14 

2.13 

14 

6.70 

8.68 

8.81 

8.48 

8.84 

8.86 

8.81 

8.14 

8.11 

8.06 

8.09 

8.00 


2 43 

2 39 

2 33 

2 29 

2 25 

2.21 

2 18 

2 15 

212 

2 10 

208 

207 

16 

8.66 

8.48 

8.86 

8.89 

8.80 

8.18 

8.07 

8 r 00 

8.97 

8.98 

8.89 

8.87 


2.37 

2 33 

2 28 

2 24 

220 

2 16 

213 

209 

207 

204 

202 

2 01 

16 

8.46 

8.87 

8.86 

8.18 

8.10 

8.01 

896 

8.89 

8.86 

8.60 

8.77 

8.76 


2 33 

2 29 

2 23 

2 19 

216 

211 

2 08 

204 

202 

1 99 

197 

196 

17 

8.86 

8.87 

8.16 

8.08 

8.00 

8.98 

8.86 

8.79 

8.76 

8.70 

8.67 

8.60 


2 20 

2 26 

2 10 

2 15 

2 11 

2 07 

204 


1 98 

1 96 

1.93 

1 92 

18 

8.87 

8.19 

8.07 

8.00 

3.91 

8.88 

8.76 

8.71 

8.68 

8.69 

8.59 

8.67 


2 26 

2 21 

2 16 

2 11 

2 07 

2 02 


196 

104 

1 91 

1 90 

1 88 

19 

8 dB 

8.18 

8.00 

8.98 

8.84 

8.76 

8.70 

8.68 

8.60 

8.64 

8.61 

8.49 


2 23 

2 18 

2.12 

2 08 

204 

■E3 

196 

192 

1.90 

187 

I 86 

184 

20 

8.18 

8.06 

8.94 

8.86 

8.77 

8.69 

8.68 

8.66 

8.68 

8.47 

9.44 

8.48 


2 20 

2 16 

209 

2 06 

■Hoi 

196 

193 

189 

187 

184 

1 82 

1 81 

21 

8.07 

8.99 

8.88 

8.80 

3.78 

8.68 

8.08 

8.61 

8.47 

8.48 

8.88 

S «86 


2 18 

2 1 .^ 

2 07 

2 03 

1 98 

■EH 

191 

187 

1 84 

1 81 

1 80 

1 78 

22 

8.08 

8.94 

8.88 

8.76 

8.67 

8.68 

8.58 

8.46 

8.48 

8.87 

8.88 

8 J 1 


2.14 

8.97 

2.10 

8.89 

204 

8.78 

200 

8.70 

196 

8.63 

191 

8.68 

188 

8.48 

1 84 

8.41 

1 82 

8.87 

1 79 

9.83 

177 

8. S 8 

176 

8 J 6 

23 

213 

8.98 

209 

8.86 

2 02 

8.74 

198 

8. G 6 

194 

8.68 

189 

8.49 

186 

8.44 

182 

8.86 

180 

8.88 

176 

8.87 

174 

8 .U 

173 

8.81 

24 

211 

8.89 

206 

8.81 


196 

8.68 

192 

8.64 

1.87 

8.48 

184 

8.40 

180 

8.88 

1.77 

8.89 

174 

8.88 

172 

8.19 

171 

8.17 

26 

210 

8.86 

206 

8.77 

199 

8.66 

196 

8.68 

190 

8.60 

186 

8.41 

1 82 

8.86 

178 

8.88 

176 

8.88 

1 72 

8.19 

170 

8.18 

1.69 

8.18 

26 


• Reproduced with the permission of author and pul^Usher, from StatisUcal Methods, 
4th ed., by George W, Snedecor, Iowa State College Press, 1946. 
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APPENDIX 

95th and 99th Percentile 
95th Percentile in Light-Face Type, 
ni = degrees of freedom 



n, 

1 

2 

3 

4 

5 

6 

7 

8 

9 

10 

11 

12 


27 

4.21 

7.68 

3 36 

6.49 

2 96 

4.60 

2 73 

4.11 

2 67 

8.79 

2 46 

8.66 

2 37 

8.89 

2 30 

8.66 

2 26 

8.14 

2 20 

8.06 

2 16 

8.98 

2 13 

8.98 


28 

4 20 

7.64 

3.34 

6.46 

2 96 

4.67 

2 71 
4.07 

256 

8.76 

2 44 

8.68 

2 36 

8.86 

2 20 

8.68 

2 24 
8.11 

2 19 

8.08 

2 16 

8.96 

2.12 

8.90 


20 

4 18 
7.60 

3.33 

6.46 

2 93 

4.64 

2 70 

4.04 

264 

8.78 

2 43 

8.60 

2 35 

8.83 

2 28 

8.60 

2 22 

8.08 

218 

3.00 

2 14 

8.98 

2.10 

6.87 


30 

4 17 

7.66 

3.32 

6.89 

2 92 

4.81 

2 69 

4.06 

2 53 

8.70 

2 42 

8.47 

2 34 

8.80 

2 27 

8.17 

2 21 

8.06 

2 16 

6.98 

2 12 

8.90 

209 

6.84 


32 

4 16 

7.60 

3 30 

6.64 

290 

4.46 

2 87 

8.97 

2 61 

8.66 

2 40 

3.42 

2 32 

8.86 

2 26 

8.16 

2 19 

8.01 

2 14 

6.94 

2 10 

8.86 

207 

6.80 


34 

4 13 

7.44 

3 28 

6.69 

2 88 

4.46 

2 66 

898 

2 49 

8.61 

2 38 

8.88 

2 30 

8.81 

2 23 

8.08 

2 17 

8.97 

2.12 

6.89 

2 08 

8.86 

2 06 

6.76 


36 

4 11 
7.69 

3 26 

6.66 

286 

4.88 

2 63 

8.89 

2 48 

8.68 

2 36 

8.85 

2 2R 

8.18 

2 21 

8.04 

2 16 

6.94 

210 

6.86 

206 

8.78 

2a3 

6.76 


38 

4 10 

7.66 

3 2.5 

6.61 

2 86 

4.84 

2 62 

8.86 

2 46 

8.64 

2 35 

8.32 

2 26 

8.16 

2 10 

8.08 

2 14 

6.91 

209 

8.86 

2 05 

6.76 

2 02 

6.69 

s 

ca 

40 

408 

7.61 

3 23 

6.18 

284 

4.81 

2 61 

8.88 

2 46 

8.61 

2.34 

8.29 

2 25 

3.18 

2 18 

6.99 

2 12 

688 

2 07 

6.80 

2 04 

6.78 

200 

6.66 


42 

4 07 

7.67 

3 22 

6.16 

2 83 

4.69 

2 59 

3.80 

244 

8.49 

2 32 

8.86 

2 24 
3.10 

2 17 

8 96 

2 11 

6.86 

206 

6.77 

2 02 

6.70 

199 

6.64 

s 

■o 

44 

406 

7.64 

3 21 

6.16 

2 82 

4.66 

268 

8.78 

2 43 

8.46 

2 31 
3.24 

2 23 

3.07 

2 16 

8.94 

2 10 

8.84 

2 06 

6.75 

2 01 

8.68 

198 

6.68 

£ 

46 

4 05 

7.61 

3 20 

8.10 

2 81 

4.64 

2 57 

8.76 

2 42 

8.44 

2 30 

3.88 

2 22 

8.06 

2 14 

8.96 

2 0^) 

6.86 

204 

8.78 

200 

8.66 

197 

6.60 

i 

48 

404 

7.19 

3 1!) 

6.08 

2 80 

4.66 

256 

8.74 

2 41 
8.46 

2.30 

8.20 

2 24 

8.04 

2 14 

8.90 

2 08 

8.80 

2 03 

8.71 

1 99 

6.64 

196 

8.68 

1 

60 

4 03 

7.17 

3 18 

6.06 

2 79 

4.60 

2.56 

3.76 

2 40 

8.41 

2 20 

8.18 

2 20 

306 

2 13 

8.88 

2 07 

8 78 

2 02 

6.70 

1 98 

6.68 

196 

8.66 

*© 

66 

4 02 

7.16 

3 17 
6.01 

2 78 

4.16 

2.54 

8.68 

2.18 

8 37 

2 27 

3.16 

2 IS 

8.98 

2 11 

8.86 

2 06 

6.76 

200 

8.6C 

1 97 

6.69 

1 93 

6.68 

1 

60 

400 

7.08 

3 15 

4.98 

2 76 

4.18 

2.52 

8.68 

2 37 

8.84 

2 25 

8.18 

2 17 

8.96 

2 10 

6.88 

2 04 

8.76 

199 

8.68 

1 96 

6.66 

192 

6.80 


66 

3 91 

7.04 

3 14 

4.96 

2 76 
4.10 

2.51 

8.66 

2 36 

3.81 

2 24 

3 09 

2 15 

6.93 

2 08 

8.79 

2 02 

6.70 

1 98 

8.61 

1 94 

6.64 

190 

6.47 

II 

£ 

70 

3 98 

7.01 

3 13 

4 96 

2 74 

4.08 

2 60 

360 

2 35 

8.89 

2 23 

8.07 

2 14 

6.91 

2 07 

6 77 

2 01 

6.67 

1 97 

8.69 

193 

8.61 

1 89 

6.46 

80 

3 96 

6.96 

3 11 

4.88 

2 72 

4.04 

2 48 

8.66 

2.33 

8.26 

2 21 

304 

2 12 

8.87 

2 05 

8.74 

1 m 

6.64 

1 96 

8 66 

1 91 

6.48 

1 88 

8.41 


100 

3 04 

6.90 

3 01) 

4.86 

2 70 

8.98 

2 46 

8.61 

2 30 

8 80 

2 19 

8 99 

2 10 

8.86 

2 03 

8.69 

1 97 

6 69 

1 92 

8.61 

1 88 

6.43 

186 

6.86 


126 

3 92 

6.84 

3 07 

4.78 

2 68 

3.94 

2 44 
8.47 

o .>9 

8.17 

2 17 

8.96 

2 OR 

8.79 

2 01 

6.66 

196 

8.66 

1 90 

6.47 

1 86 

6.40 

1 83 

6.88 


160 

3 01 

6.81 

306 

4.76 

2 67 

8.91 

2 43 

8.44 

2 27 

3.14 

2 16 

8 98 

2 07 

8.76 

200 

6 66 

194 

8 83 

1 89 

644 

1 86 

6.87 

182 

6.80 


200 

3 80 

6.76 

3 04 

4.71 

2 66 

8.88 

2^1 

3.41 

2 26 

8.11 

2 14 

6 90 

2 06 

8 78 

1 98 

6.60 

1 92 

8.60 

187 

6.41 

183 

6.84 

1 80 

6.68 


400 

3 86 

6.70 

3 02 

4.66 

2 62 

8.88 

2 39 

8.86 

2 23 

806 

2 12 

886 

2 03 

6.69 

1 ‘>6 

8.66 

1 ‘K) 

6.46 

185 

6.87 

1 81 

6.69 

178 

6.68 


1,000 

3 85 

6.66 

300 

4.66 

2 61 

8.80 

2.38 

8.84 

2.22 

8.04 

2 10 

6.88 

2 02 

6.66 

106 

8.63 

189 

6.48 

1.84 

8.84 

180 

6.66 

176 

8.60 


w 

3 84 

6.64 

299 

4.60 

260 

3.78 

2 37 

8.86 

2 21 

8.06 

209 

8.80 

2 01 

6.64 

1 94 

6.61 

1 88 

6.41 

1 83 

6.36 

179 

6.64 

176 

6.18 
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TABLE VII— ConUnumJ 

Values of the F Distribution (Continued) 
99th Percentile in Boid-Face Type 
for numerator 


14 

16 

20 

24 

30 

40 

50 

76 

100 

200 

500 

00 

n , 

208 

1.88 

2 03 

1.74 

197 

8.63 

1 93 

8 66 

1 88 

2.47 

1 84 

8.88 

1 80 

2.33 

1 76 

8.80 

174 

8.81 

171 

8.16 

168 

8.18 

167 

8.10 

27 

206 

1.80 

2 02 

1.71 

1 % 
2.60 

1 91 

2.68 

1 87 

8.44 

181 

2.36 

1 78 

8.30 

1 75 

8.88 

172 

8.18 

160 

8.18 

167 

8.09 

165 

8.06 

28 

2 05 
1.77 

200 

2.68 

1 94 

8.67 

1 <)0 

2.49 

1 85 

2.41 

1 80 

2.32 

177 

8.87 

173 

8 19 

171 

8.15 

1 68 
8.10 

1 65 

8.06 

164 

8.03 

29 

2 04 

1.74 

1 99 

1.66 

1 93 

8.66 

1 89 

8.47 

1 84 
2.88 

1 79 

2.29 

1 76 

8 84 

172 

8.16 

1 69 

9 .U 

1 66 

8.07 

164 

8.03 

1 62 

8.01 

30 

2 02 

1.70 

1 97 

8.62 

1 91 

8.61 

1 86 

8.42 

1 82 

2.34 

1 76 

2.26 

1 74 

2 20 

169 

8.12 

1 67 

8.08 

1 64 

8.08 

161 

1.98 

1 59 

1.96 

32 

200 

1.66 

1 95 

2.88 

1 89 

8 47 

1 84 

2.38 

1 80 

2.30 

174 

2.21 

171 

8.15 

1 67 

8 08 

164 

8.04 

1 61 

1.08 

1 .59 
1.94 

1 57 
1.01 

34 

1 98 

1.81 

1 93 

8.64 

1 87 

8.43 

1 82 

2.36 

1 78 

2.26 

1 72 
2.17 

1 69 

2.12 

165 

8.04 

162 

2.00 

1 59 

1.64 

1 .56 

1.90 

1 55 

1.87 

36 

1 06 

1.80 

1 92 

2 61 

1 8 !> 

8.40 

1 80 

2.32 

1 76 

2.22 

171 

2.14 

1 67 

808 

163 

8.00 

1 60 

1.97 

1 57 
1.90 

1 54 

1.86 

1 53 

1.84 

38 

1 95 

1.86 

1 90 

8.49 

1 H 4 
8.37 

179 

8 29 

1 74 

8 80 

1 69 

2.11 

1 66 

2.06 

1 61 
1.97 

1 59 

1.94 

1 55 

1.88 

1 53 

184 

1 51 
1.81 

40 

194 

1.54 

1 89 

2.46 

1 82 

8.86 

1 78 

2.26 

1 73 

2.17 

1 68 

2.08 

1 64 
2.02 

1 60 

1.94 

1 57 

1.91 

1 54 

1.86 

1 51 
1.80 

149 

1.78 

42 

192 

1.51 

1 88 

8.44 

1 81 

8 32 

176 

2 84 

1 72 

2.16 

160 

2.06 

163 

800 

1 58 
1.98 

1 56 

188 

1 52 

1.88 

1 50 
1.78 

148 

1.76 

44 

1 91 

1.80 

1 87 

2.42 

1 80 

8 30 

1 75 

8 22 

1 71 

8 18 

1 65 
2.04 

1 62 

1.98 

1 57 
1.00 

1 54 
1.86 

1 51 
1.80 

I 48 
1.76 

1 46 

1.78 

46 

1 90 

1.48 

1 86 

8.40 

1 79 

8 28 

1 74 

8.80 

1 70 

8.11 

1 64 
8.08 

161 

196 

1 56 
1.88 

1 53 

1.84 

1 50 

178 

1 47 
1.78 

1 45 
1.70 

48 

1 90 

1.46 

1 86 

1.89 

1 78 

8.26 

1 74 
8.18 

1 69 

2 10 

1 63 

8.00 

1 60 

1.94 

1 55 

1.86 

1 52 

1 88 

1 48 
1.76 

1 46 
1.71 

1 44 
1.68 

50 

1 88 

1.48 

1 83 

8.86 

1 76 

8.23 

1 72 
2.16 

1 67 

2.06 

1 61 

1 96 

1 58 

190 

1 52 

188 

1 5<1 
178 

1 46 
171 

1 43 

1.66 

1 41 

1.64 

55 

186 

1.40 

1 81 

1.82 

1 75 

8.20 

1 70 

2.12 

1 65 

8 03 

1 59 

198 

1 56 
1.87 

160 

1.79 

1 48 
1.74 

1 44 

168 

1 41 
163 

1 39 

1.60 

60 

1 85 

1.87 

1 80 

2.30 

1 7.3 

8.18 

1 68 

8.09 

1 63 

2.00 

1 57 

1.90 

1 54 

1.84 

1 49 
1.76 

1 46 
171 

1 42 
1.64 

1 39 

1.60 

1 37 

1.66 

66 

1 84 

1.85 

1 79 

8.88 

1 72 

8.16 

1 67 

2.07 

1 62 

1.98 

1 56 

1.88 

1 .53 

1 82 

1 47 
1.74 

1 45 

1.69 

1 40 

1.68 

1 37 

166 

1 35 

1.03 

70 

1 82 

1.81 

1 77 

8.84 

1 70 
8.11 

1 65 

2.08 

1 60 

1.94 

1 54 

1.84 

151 

178 

145 

1.70 

1 42 

166 

138 

1.07 

1 35 

1.68 

1 32 

1.49 

80 

179 

8.16 

175 

1.19 

1 68 

8.06 

1 63 

198 

1 57 

1.89 

1 51 
1.79 

1 48 
1.78 

1 42 
1.64 

1 39 

1.69 

1 34 
1.61 

1 30 

1.46 

1 28 

1.43 

100 

177 

1.18 

1 72 

1.16 

1 65 

2.03 

1 60 

1.94 

1 55 

1.86 

1 49 

1.76 

145 

1.68 

139 

1.09 

1 36 

1.04 

1,31 

1.46 

1 27 
1.40 

1 25 

1.37 

125 

1 76 

1.10 

171 

8.12 

1 64 
8.00 

1 59 
1.91 

1 54 

1.88 

1 47 
1.72 

1 44 
1.66 

137 

1.00 

1 34 

l.OI 

129 

1.48 

125 

1.87 

1 22 

1.83 

160 

174 

1.17 

169 

1.09 

1 62 

1.97 

1 57 

1.88 

1 52 

1.79 

1 45 

1.69 

142 

1.68 

135 

1.83 

1 32 

1.48 

1 26 

1.89 

122 

1.83 

1 19 

1.88 

200 

1 72 

1.11 

167 

1.04 

1 60 

1.98 

1 54 

1.84 

1 49 
1.74 

142 

1.64 

1 38 

1.87 

1 32 

1.47 

1 28 

1.48 

1 22 

1.88 

1 16 

1.84 

1 13 

1.19 

> 400 

1.70 

1.00 

1.65 

1.01 

1 58 

1.89 

1 S 3 

1.81 

147 

1.71 

141 

1.61 

136 

1.04 

130 

1.44 

126 

1.38 

1 10 
1.88' 

1 13 
1.19 

108 

1.11 

1,000 

1.69 

1.07 

164 

1.99 

1 57 
1.87 

152 

1.79 

1 46 

1.89 

140 

1.89 

135 

1.08 

128 

1.41 

124 

1.86 

117 

1.80 

1 11 
1.16 

100 

1.00 

00 


degrees of freedom fw 
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A7KNDIX TABLE VHI 

First Six Powers of the Natural Numbers from 1 to 50 
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APPENDIX TABLE X 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1 /n 

1 

1 

1 .000 0000 

1 .000 000 000 

2 

4 

1.414 2136 

0.500 000 000 

3 

9 

1.732 0508 

.333 333 333 

4 

16 

2.000 0000 

.250 000 000 

5 

25 

2.236 0680 

.200 000 000 

6 

36 

2.449 4897 

.166 666 667 

7 

49 

2.645 7513 

.142 857 143 

8 

64 

2.828 4271 

.125 000 000 

9 

81 

3.000 0000 

.111 111 111 

10 

1 00 

3.162 2777 

.100 000 000 

11 

1 21 

3.316 6248 

.090 909 091 

12 

1 44 

3.464 1016 

.083 333 333 

13 

1 69 

3.605 5513 

.076 923 077 

14 

1 96 

3.741 6574 

.071 428 571 

15 

2 25 

3.872 9833 

.066 666 667 

16 

2 56 

4.000 0000 

.062 500 000 

17 

2 89 

4.123 1056 

.058 823 529 

18 

3 24 

4.242 6407 

.055 555 556 

19 

3 61 

4.358 8989 

.052 631 579 

20 

4 00 

4.472 1360 

.050 000 000 

21 

4 41 

4.582 5757 

.047 619 048 

22 

4 84 

4.690 4158 

.045 454 545 

23 

5 29 

4.795 8315 

.043 478 261 

24 

5 76 

4.898 9795 

.041 666 667 

25 

6 25 

5.000 0000 

.040 000 000 

26 

6 76 

5.099 0195 

.038 461 538 

27 

7 29 

5.196 1524 

.037 037 037 

28 

7 84 

5.291 5026 

.035 714 286 

29 

8 41 

5.385 1648 

.034 482 759 

30 

9 00 

5.477 2256 

.033 333 333 

31 

9 61 

5.567 7644 

.032 258 065 

32 

10 24 

5.656 8542 

.031 250 000 

33 

10 89 

5.744 5626 

.030 303 030 

34 

11 56 

5.830 9519 

.029 411 765 

35 

12 25 

5.916 0798 

.028 571 429 

36 

12 96 

6.000 0000 

.027 777 778 

37 

13 69 

6.082 7625 

.027 027 027 

38 

14 44 

6.164 4140 

.026 315 789 

39 

15 21 

6.244 9980 

.025 641 026 

40 

16 00 

6.324 5553 

.025 000 000 

41 

16 81 

6.403 1242 

.024 390 244 

42 

17 64 

6.480 7407 

.023 809 524 

43 

18 49 

6.557 4385 

.023 255 814 

44 

19 36 

6.633 2496 

.022 727 273 

45 

20 25 

6.708 2039 

022 222 222 

46 

21 16 

6.782 3300 

.021 739 130 

47 

22 09 

6.855 6546 : 

.021 276 596 

48 

23 04 

6.928 2032 

.020 833 333 

49 

24 01 

7 000 0000 

.020 408 163 

50 

25 00 

7.071 0678 

.020 000 000 
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APPENDIX TABLE X - Coii#mu«d 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 


fl*/* 

l/n 

51 

26 01 

7.141 4284 

.019 607 843 

52 

27 04 

7.211 1026 

.019 230 769 

53 

28 09 

7.280 1099 

.018 867 925 

54 

29 16 

7.348 4692 

.018 518 519 

55 

30 25 

7.416 1985 

.018 181 818 

56 

31 36 

7.483 3148 

.017 857 143 

57 

32 49 

7.549 8344 

.017 543 860 

58 

33 64 

7.615 7731 

.017 241 379 

59 

34 81 

7.681 1457 

.016 949 153 

60 

36 00 

7.745 9667 

.016 666 667 

61 

37 21 

7.810 2497 

.016 393 443 

62 

38 44 

7.874 0079 

.016 129 032 

63 

39 69 

7.937 2539 

.015 873 016 

64 

40 96 

6.000 0000 

.015 625 000 

65 

42 25 

8.062 2577 

.015 384 615 

66 

43 56 

8.124 0364 

.015 151 515 

67 

44 89 

8.185 3528 

.014 925 373 

68 

46 24 

8 246 2113 

.014 705 682 

69 

47 61 

6.306 6239 

.014 492 754 

70 

49 00 

8 366 6003 

.014 265 714 

71 

50 41 

8.426 1498 

.014 084 507 

72 

51 84 

6 485 2814 

.013 888 889 

73 

53 29 

8.544 0037 

.013 698 630 

74 

54 76 

8.602 3253 

.013 513 514 

75 

56 25 

8.660 2540 

.013 333 333 

76 

57 76 

8.717 7979 

.013 157 895 

77 

59 29 

8.774 9644 

.012 987 013 

78 

60 84 

8.831 7609 

.012 820 513 

79 

62 41 

8.888 1944 

.012 658 228 

80 

64 00 

8.944 2719 

.012 500 000 

81 

65 61 

9.000 0000 

.012 345 679 

82 

67 24 

9.055 3851 

.012 195 122 

83 

68 89 

9.110 4336 

.012 046 193 

84 

70 56 

9.165 1514 

.01 1 904 762 

85 

72 25 

9.219 5445 

.01 1 764 706 

86 

73 96 

9.273 6185 

.01 1 627 907 

87 

75 69 

9.327 3791 

.011 494 253 

88 

77 44 

9.380 8315 

.01 1 363 636 

89 

79 21 

9.433 9611 

.01 1 235 955 

90 

81 00 

9.486 8330 

.011 111 111 

91 

82 81 

9.539 3920 

.010 989 011 

92 

84 64 

9.591 6630 

.piO 869 565 

93 

86 49 

9.643 6506 

.010 752 688 

94 

88 36 

9.695 3597 

.010 638 298 

95 

90 25 

9.746 7943 

.010 526 316 

96 

92 16 

9 797 9590 

.010 416 667 

97 

94 09 

9 848 8578 

.010 309 278 

98 

96 04 

9.899 4949 

.010 204 082 

99 

98 01 

9 949 8744 

.010 101 010 

100 

1 00 00 

10.000 0000 

.010 000 000 
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APPENDIX TABLE X — CoaHmmd 


Squares, Squore Roofs, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1 /n 

101 

1 02 01 

10.049 8756 

.009 900 990 

102 

1 04 04 

10.099 5049 

.009 803 922 

103 

1 06 09 

10.148 8916 

.009 708 738 

104 

1 08 16 

10.198 0390 

.009 615 385 

105 

1 10 25 

10.246 9508 

.009 523 810 

106 

1 12 36 

10.295 6301 

.009 433 962 

107 

1 14 49 

10.344 0804 

.009 345 794 

108 

1 16 64 

10.392 3048 

.009 259 259 

109 

1 18 81 

10.440 3065 

.009 174 312 

110 

1 21 00 

10.488 0885 

.009 090 909 

111 

1 23 21 

10.535 6538 

.009 009 009 

112 

1 25 44 

10.583 0052 

.008 928 571 

113 

1 27 69 

10.630 1458 

.008 849 558 

114 

1 29 96 

10.677 0783 

.008 771 930 

115 

1 32 25 

10.723 8053 

.008 695 652 

116 

1 34 56 

10.770 3296 

.008 620 690 

117 

1 36 89 

10.816 6538 

.008 547 009 

118 

1 39 24 

10.862 7805 

.008 474 576 

119 

1 41 61 

10.908 7121 

.008 403 361 

120 

1 44 00 

10.954 4512 

.008 333 333 

121 

1 46 41 

11.000 0000 

.008 264 463 

122 

1 48 84 

11.045 3610 

.008 196 721 

123 

1 51 29 

1 1 .090 5365 

.008 130 081 

124 

1 53 76 

11.135 5287 

.008 064 516 

125 

1 56 25 

11.180 3399 

.008 000 000 

126 

1 58 76 

1 1 .224 9722 

.007 936 508 

127 

1 61 29 

1 1 1 .269 4277 

.007 874 016 

128 

1 63 84 

11.313 7085 

.007 812 500 

129 

1 66 41 

11.357 8167 

.007 751 938 

130 

1 69 00 

11.401 7543 

.007 692 308 

131 

1 71 61 

11.445 5231 

.007 633 588 

132 

1 74 24 

11.489 1253 

.007 575 758 

133 

1 76 89 

11.532 5626 

.007 518 797 

134 

1 79 56 

11.575 8369 

.007 462 687 

135 

1 1 82 25 

11.618 9500 

.007 407 407 

136 

1 84 96 

11.661 9038 

.007 352 941 

137 

1 87 69 

1 1 .704 6999 

.007 299 270 

138 

1 90 44 

11.747 3401 

.007 246 377 

139 

1 93 21 

11.789 8261 

.007 194 245 

140 

1 96 00 

11.832 1596 

.007 142 857 

141 

1 98 81 

1 1 .874 3422 

.007 092 199 

142 

2 01 64 

11.916 3753 

.007 042 254 

143 

2 04 49 

1 1 .958 2607 

.006 993 007 

144 

2 07 36 

12.000 0000 

.006 944 444 

145 

2 10 25 

12.041 5946 

.006 896 552 

146 

2 13 16 

12.083 0460 

.006 849 315 

147 

2 1 6 09 

12.124 3557 

.006 802 721 

148 

1 2 19 04 

12.165 5251 

.006 756 757 

149 

2 22 01 

12.206 5556 

.006 711 409 

150 

2 25 00 

12.247 4487 

.006 666 667 




AI»FENDtX TABU X-CoflltoifMl 7$t 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

151 

2 28 01 

12.288 2057 

.006 622 517 

152 

2 31 04 

12.328 8280 

.006 578 947 

153 

2 34 09 

12.369 3169 

.006 535 948 

154 

2 37 16 

12.409 6736 

.006 493 506 

155 

2 40 25 

12.449 8996 

.006 451 613 

156 

2 43 36 

12.489 9960 

.006 410 256 

157 

2 46 49 

12.529 9641 

.006 369 427 

158 

2 49 64 

12.569 8051 

.006 329 114 

159 

2 52 81 

12.609 5202 

.006 289 308 

160 

2 56 00 

12.649 1106 

.006 250 000 

161 

2 59 21 

12.688 5775 

.006 211 180 

162 

2 62 44 

12.727 9221 

.006 172 640 

163 

2 65 69 

12.767 1453 

.006 1 34 969 

164 

2 68 96 

12.806 2485 

.006 097 561 

165 

2 72 25 

12 845 2326 

.006 060 606 

166 

2 75 56 

12.884 0987 

.006 024 096 

167 

2 78 89 

12.922 8480 

.005 988 024 

168 

2 82 24 

12.961 4814 

.005 952 381 

169 

2 85 61 

13 000 0000 

.005 917 160 

170 

2 89 00 

13 038 4048 

.005 882 353 

171 

2 92 41 

13.076 6968 

005 847 953 

172 

2 95 84 

13.114 8770 

.005 813 953 

173 

2 99 29 

13.152 9464 

.005 760 347 

174 

3 02 76 

13.190 9060 

005 747 126 

175 

3 06 25 

13 228 7566 

005 714 286 

176 

3 09 76 

13.266 4992 

005 681 818 

177 

3 13 29 

13 304 1347 

005 649 718 

178 

3 16 84 

13.341 6641 

.005 617 978 

179 

3 20 41 

13 379 0882 

.005 586 592 

180 

3 24 00 

13.416 4079 

005 555 556 

181 

3 27 61 

13.453 6240 

.005 524 862 

182 

3 31 24 

13.490 7376 

.005 494 505 

183 

3 34 89 

13.527 7493 

.005 464 481 

184 

3 38 56 

13.564 6600 

.005 434 783 

185 

3 42 25 

13.601 4705 

.005 405 405 

186 

3 45 96 

13 638 1817 

.005 376 344 

187 

3 49 69 

13 674 7943 

.005 347 594 

188 

3 53 44 

13.711 3092 

.005 319 149 

189 

3 57 21 

13.747 7271 

.005 291 005 

190 

3 61 00 

13.784 0488 

.005 263 158 

191 

3 64 81 

13.820 2750 

.005 235 602 

192 

3 68 64 

13 856 4065 

.005 208 333 

193 

3 72 49 

13.892 4440 

/ .005 181 347 

194 

3 76 36 

13.928 3883 

.005 154 639 

195 

3 80 25 

13.964 2400 

.005 126 205 

196 

197 

198 

3 84 16 

3 88 09 

3 92 04 

14.000 0000 
14.035 6688 
14.071 2473 

.005 102 041 
.005 076 142 
.005 050 505 

199 

3 96 01 

14.106 7360 

.005 025 126 

200 

4 00 00 

14.142 1356 

.005 000 000 




7B4 


APPENDIX TABLE X — ConimumJ 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

201 

4 04 01 

14.177 4469 

.004 975 124 

202 

4 08 04 

14.212 6704 

.004 950 495 

203 

4 12 09 

14.247 8068 

.004 926 108 

204 

4 16 16 

14.282 8569 

.004 901 961 

205 

4 20 25 

14.317 8211 

.004 878 049 

206 

4 24 36 

14.352 7001 

.004 854 369 

207 

4 28 49 

14.367 4946 

.004 830 918 

208 

4 32 64 

14.422 2051 

.004 807 692 

209 

4 36 81 

14.456 8323 

.004 784 689 

210 

4 41 00 

14.491 3767 

.004 761 905 

211 

4 45 21 

14.525 8390 

.004 739 336 

212 

4 49 44 

14.560 2198 

.004 716 981 

213 

4 53 69 

14.594 5195 

.004 694 836 

214 

4 57 96 

14.628 7388 

.004 672 897 

215 

4 62 25 

14.662 8783 

.004 651 163 

216 

4 66 56 

14.696 9385 

.004 629 630 

217 

4 70 89 

14.730 9199 

.004 608 295 

218 

4 75 24 

14.764 8231 

.004 587 156 

219 

4 79 61 

14.798 6486 

004 566 210 

220 

4 84 00 

14.832 3970 

.004 545 455 

221 

4 88 41 

14.866 0687 

.004 524 887 

222 

4 92 84 

14.899 6644 

.004 504 505 

223 

4 97 29 

14.933 1845 

.004 484 305 

224 

5 01 76 

14.966 6295 

.004 464 286 

225 

5 06 25 

15.000 0000 

.004 444 444 

226 

5 10 76 

15.033 2964 

.004 424 779 

227 

5 15 29 

15.066 5192 

.004 405 286 

228 

5 19 84 

15.099 6669 

.004 385 965 

229 

5 24 41 

15.132 7460 

.004 366 812 

230 

5 29 00 

15.165 7509 

.004 347 826 

231 

5 33 61 

15.198 6842 

.004 329 004 

232 

5 36 24 

15.231 5462 

.004 310 345 

233 

5 42 89 

15.264 3375 

.004 291 845 

234 

5 47 56 

15.297 0585 

.004 273 504 

235 

5 52 25 

15 329 7097 

.004 255 319 

236 

5 56 96 

15.362 2915 

.004 237 288 

237 

5 61 69 

15.394 8043 

.004 219 409 

238 

5 66 44 

15.427 2486 

.004 201 681 

239 

5 71 21 

15.459 6248 

.004 184 100 

240 

5 76 00 

15.491 9334 

.004 166 667 

241 

5 80 81 

15 524 1747 

.004 149 378 

242 

5 85 64 

15.556 3492 

.004 132 231 

243 

5 90 49 

15.588 4573 

.004 115 226 

244 

5 95 36 

15.620 4994 

.004 098 361 

245 

6 00 25 

15.652 4758 

.004 081 633 

246 

6 05 16 

15.684 3871 

.004 065 041 

247 

6 1 0 09 

15.716 2336 

.004 048 583 

248 

6 15 04 

15.748 0157 

.004 032 258 

249 

6 20 01 

15.779 7338 

.004 016 064 

250 

6 25 00 

15.811 3883 

.004 000 000 




APPENDIX TABLE X-- ConHnvd TBS 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

251 

6 30 01 

15.842 9795 

.003 984 064 

252 

6 35 04 

15.874 5079 

.003 968 254 

253 

6 40 09 

15.905 9737 

.003 952 569 

254 

6 45 16 

15.937 3775 

.003 937 008 

255 

6 50 25 

15.968 7194 

.003 921 569 

256 

6 55 36 

16.000 0000 

.003 906 250 

257 

6 60 49 

16.031 2195 

.003 891 051 

258 

6 65 64 

16.062 3784 

.003 875 969 

259 

6 70 81 

16.093 4769 

.003 861 004 

260 

6 76 00 

16.124 5155 

.003 846 154 

261 

6 81 21 

16.155 4944 

.003 831 418 

262 

6 86 44 

16.186 4141 

.003 816 794 

263 

6 91 69 

16.217 2747 

.003 802 281 

264 

6 96 96 

16.248 0768 

.003 787 879 

265 

7 02 25 

16.278 8206 

.003 773 585 

266 

7 07 56 

16.309 5064 

.003 759 398 

267 

7 12 69 

16.340 1346 

.003 745 318 

268 

7 18 24 

16.370 7055 

.003 731 343 

269 

7 23 61 

16.401 2195 

.003 717 472 

270 

7 29 00 

16.431 6767 

.003 703 704 

271 

7 34 41 

16.462 0776 

.003 690 037 

272 

7 39 84 

16.492 4225 

.003 676 471 

273 

7 45 29 

16.522 7116 

.003 663 004 

274 

7 50 76 

16.552 9454 

.003 649 635 

275 

7 56 25 

16.583 1240 

.003 636 364 

276 

7 61 76 

16 613 2477 

.003 623 188 

277 

7 67 29 

16 643 3170 

.003 610 108 

278 

7 72 84 

16.673 3320 

.003 597 122 

279 

7 78 41 

16 703 2931 

.003 584 229 

280 

7 84 00 

16.733 2005 

.003 571 429 

281 

7 89 61 

1 6 763 0546 

.003 558 719 

282 

7 95 24 

16 792 8556 

.003 546 099 

283 

8 00 89 

1 6 822 6038 

.003 533 569 

284 

8 06 56 

16.852 2995 

.003 521 127 

285 

8 12 25 

16.881 9430 

.003 508 772 

286 

8 17 96 

16.911 5345 

.003 496 503 

287 

8 23 69 

16.941 0743 

.003 484 321 

288 

8 29 44 

16.970 5627 

.003 472 222 

289 

8 35 21 

17.000 0000 

.003 460 208 

290 

8 41 00 

17.029 3864 

.003 448 276 

291 

8 46 81 

17.058 7221 

.003 436 426 

292 

8 52 64 

17.088 0075 

, .003 424 658 

293 

8 58 49 

17.117 2428 

.003 412 969 

294 

8 64 36 

17.146 4282 

.003 401 361 

295 

8 70 25 

17.175 5640 

.003 369 831 

296 

8 76 16 

1 7.204 6505 

.003 378 378 

297 

298 

299 

8 82 09 

8 88 04 

17.233 6879 
17.262 6765 

.003 367 003 
.003 355 705 

8 94 01 

17.291 6165 

.003 344 482 

300 

9 00 00 

17.320 5081 

.003 333 333 
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APPENDIX TABLE X — CouHmum^ 


Squares, Square Roots, and Reciprocals of Ifie 
Natural Numbers from 1 to 1,000 


n 



1/n 

301 

9 06 01 

17.349 3516 

.003 322 259 

302 

9 12 04 

17.378 1472 

.003 311 258 

303 

9 18 09 

17.406 8952 

.003 300 330 

304 

9 24 16 

17.435 5958 

.003 289 474 

305 

9 30 25 

17.464 2492 

.003 278 689 

306 

9 36 36 

17.492 8557 

.003 267 974 

307 

9 42 49 

17.521 4155 

.003 257 329 

308 

9 48 64 

17.549 9288 

.003 246 753 

309 

9 54 81 

17.578 3958 

.003 236 246 

310 

9 61 00 

17.606 8169 

.003 225 806 

311 

9 67 21 

17.635 1921 

.003 215 434 

312 

9 73 44 

17.663 5217 

.003 205 128 

313 

9 79 69 

17.691 8060 

.003 194 888 

314 

9 85 96 

17.720 0451 

.003 184 713 

315 

9 92 25 

17.748 2393 

.003 174 603 

316 

9 98 56 

17.776 3888 

.003 164 557 

317 

10 04 89 

17.804 4938 

.003 154 574 

318 

10 11 24 

17.832 5545 

.003 144 654 

319 

10 17 61 

17.860 5711 

.003 134 796 

320 

10 24 00 

17.888 5438 

.003 125 000 

321 

10 30 41 

17.916 4729 

.003 115 265 

322 

10 36 84 

17.944 3584 

.003 105 590 

323 

10 43 29 

17.972 2008 

.003 095 975 

324 

10 49 76 

18.000 0000 

.003 086 420 

325 

10 56 25 

18.027 7564 

.003 076 923 

326 

10 62 76 

18.055 4701 

.003 067 485 

327 

10 69 29 

18.083 1413 

.003 058 104 

328 

10 75 84 

18.110 7703 

.003 048 780 

329 

10 82 41 

18.138 3571 

.003 039 514 

330 

10 89 00 

18.165 9021 

.003 030 303 

331 

10 95 61 

18.193 4054 

.003 021 148 

332 

11 02 24 

18.220 8672 

.003 012 048 

333 

11 08 89 

18.248 2876 

.003 003 003 

334 

11 1 5 56 

18.275 6669 

.002 994 012 

335 

11 22 25 

18.303 0052 

.002 985 075 

336 

11 28 96 

18.330 3028 

.002 976 190 

337 

11 35 69 

18.357 5598 

.002 967 359 

338 

1 1 42 44 

18.384 7763 

.002 958 580 

339 

11 49 21 

18.411 9526 

.002 949 853 

340 

11 56 00 

18.439 0889 

.002 941 176 

341 

11 62 81 

18.466 1853 

.002 932 551 

342 

11 69 64 

18.493 2420 

.002 923 977 

343 

1 1 76 49 

18.520 2592 

.002 915 452 

344 

11 83 36 

18.547 2370 

.002 906 977 

345 

11 90 25 

18.574 1756 

.002 898 551 

346 

11 97 16 

18.601 0752 

.002 890 1 73 

347 

12 04 09 

18.627 9360 

.002 881 844 

348 

12 11 04 

18.654 7581 

.002 873 563 

349 

12 18 01 

18.681 5417 

.002 865 330 

350 

12 25 00 

18.708 2869 

.002 857 143 




AmNOfX TABLE X — 7 ^ 


Squares, Square Roots, ond Reciprocols of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

351 

12 32 01 

18.734 9940 

.002 849 003 

35Z 

12 39 04 

18.761 6630 

.002 840 909 

353 

1 2 46 09 

18.788 2942 

.002 832 861 

354 

12 53 16 

18.814 8677 

.002 824 859 

355 

1 2 60 25 

18.841 4437 

.002 816 901 

356 

12 67 36 

18.867 9623 

.002 808 989 

357 

12 74 49 

18.894 4436 

.002 801 120 

358 

12 81 64 

18.920 8879 

.002 793 296 

359 

12 88 81 

18.947 2953 

.002 785 515 

360 

12 96 00 

1 8 973 6660 

.002 777 778 

361 

13 03 21 

19.000 0000 

.002 770 083 

362 

13 10 44 

19.026 2976 

.002 762 431 

363 

13 17 69 

19.052 5589 

.002 754 821 

364 

1 3 24 96 

19.078 7840 

.002 747 253 

365 

13 32 25 

19.104 9732 

002 739 726 

366 

13 39 56 

19.131 1265 

.002 732 240 

367 

13 46 89 

19.157 2441 

.002 724 796 

368 

13 54 24 

19 163 3261 

.002 717 391 

369 

13 61 61 

19.209 3727 

.002 710 027 

370 

1 3 69 00 

19.235 3841 

.002 702 703 

371 

13 76 41 

19.261 3603 

.002 695 418 

372 

13 83 84 

19.287 3015 

.002 688 172 

373 

13 91 29 

19.313 2079 

002 680 965 

374 

13 98 76 

19.339 0796 

.002 673 797 

375 

14 06 25 

19.364 9167 

.002 666 667 

376 

14 13 76 

19.390 7194 

.002 659 574 

377 

14 21 29 

19.416 4678 

.002 652 520 

378 

14 28 84 

19.442 2221 

.002 645 503 

379 

14 36 41 

1 9 467 9223 

.002 638 522 

380 

14 44 00 

19 493 5887 

.002 631 579 

381 

14 51 61 

19.519 2213 

.002 624 672 

382 

14 59 24 

19 544 8203 

.002 617 801 

383 

14 66 89 

19.570 3858 

.002 610 966 

384 

14 74 56 

19.595 9179 

.002 604 167 

385 

14 82 25 

19.621 4169 

.002 597 403 

386 

14 89 96 

19.646 8827 

.002 590 674 

387 

14 97 69 

19.672 3156 

.002 583 979 

388 

15 05 44 

19 697 7156 

.002 577 320 

389 

15 13 21 

19.723 0829 

.002 570 694 

390 

15 21 00 

19.748 4177 

.002 564 103 

391 

15 28 81 

19.773 7199 

.002 557 545 

392 

15 36 64 

19.798 9899 

002 551 020 

393 

15 44 49 

19.824 2276 

^002 544 529 

394 

15 52 36 

19.849 4332 

.002 538 071 

395 

15 60 25 

19.874 6069 

.002 531 646 

396 

15 66 16 

19.899 7487 

.002 525 253 

397 

15 76 09 

19.924 8588 

.002 518 892 

398 

15 84 04 

19.949 9373 

002 512 563 

399 

15 92 01 

19.974 9844 

.002 506 266 

400 

1 6 00 00 

20.000 0000 

.002 500 000 




788 


APPENDIX TABLE X — Continumd 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

401 

16 08 01 

20.024 9844 

.002 493 766 

402 

16 16 04 

20.049 9377 

.002 487 562 

403 

16 24 09 

20.074 8599 

.002 481 390 

404 

1 6 32 16 

20.099 7512 

.002 475 248 

405 

16 40 25 

20.124 6118 

.002 469 136 

406 

16 48 36 

20.149 4417 

.002 463 054 

407 

16 56 49 

20.174 2410 

.002 457 002 

408 

16 64 64 

20.199 0099 

.002 450 980 

409 

16 72 81 

20.223 7484 

.002 444 988 

410 

16 81 00 

20.248 4567 

.002 439 024 

411 

16 89 21 

20.273 1349 

.002 433 090 

412 

1 6 97 44 

20.297 7831 

.002 427 184 

413 

1 7 05 69 

20.322 4014 

.002 421 308 

414 

17 13 96 

20.346 9899 

.002 415 459 

415 

1 7 22 25 

20.371 5488 

.002 409 639 

416 

17 30 56 

20.396 0781 

.002 403 846 

417 

17 38 89 

20.420 5779 

.002 398 082 

418 

17 47 24 

20.445 0483 

.002 392 344 

419 

17 55 61 

20.469 4895 

.002 386 635 

420 

1 7 64 00 

20.493 9015 

.002 380 952 

421 

17 72 41 

20.518 2845 

.002 375 297 

422 

17 80 84 

20.542 6386 

.002 369 668 

423 

17 89 29 

20.566 9638 

.002 364 066 

424 

17 97 76 

20.591 2603 

.002 358 491 

425 

18 06 25 

20.615 5281 

.002 352 941 

426 

18 14 76 

20.639 7674 

.002 347 418 

427 

1 8 23 29 

20.663 9763 

.002 341 920 

428 

18 31 84 

20.688 1609 

.002 336 449 

429 

18 40 41 

20.712 3152 

.002 331 002 

430 

1 8 49 00 

20.736 4414 

.002 325 581 

431 

18 57 61 

20.760 5395 

.002 320 186 

432 

18 66 24 

20.784 6097 

.002 314 815 

433 

18 74 89 

20.808 6520 

.002 309 469 

434 

18 83 56 

20.832 6667 

.002 304 147 

435 

18 92 25 

20.856 6536 

.002 298 851 

436 

1 9 00 96 

20.880 6130 

.002 293 578 

437 

19 09 69 

20 904 5450 

.002 288 330 

438 

19 1 8 44 

20.928 4495 

.002 283 105 

439 

19 27 21 

20.952 3268 

.002 277 904 

440 

19 36 00 

20.976 1770 

.002 272 727 

441 

19 44 81 

21.000 0000 

.002 267 574 

442 

19 53 64 

21.023 7960 

.002 262 443 

443 

19 62 49 

21.047 5652 

.002 257 336 

444 

19 71 36 

21.071 3075 

.002 252 252 

445 

19 80 25 

21.095 0231 

.002 247 191 

446 

19 89 16 

21.118 7121 

.002 242 152 

447 

1 9 98 09 

21.142 3745 

.002 237 136 

448 

20 07 04 

21.166 0105 

.002 232 143 

449 

20 16 01 

21.189 6201 

.002 227 171 

450 

20 25 00 

21.213 2034 

.002 222 222 




APPENDIX TABLE X^Coi^hvd 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


20 34 01 
20 43 04 
20 52 09 
20 61 16 
20 70 25 

20 79 36 
20 88 49 

20 97 64 

21 06 81 
21 16 00 

21 25 21 
21 34 44 
21 43 69 
21 52 96 
21 62 25 

21 71 56 
21 80 89 
21 90 24 

21 99 61 

22 09 00 

22 18 41 
22 27 84 
22 37 29 
22 46 76 
22 56 25 

22 65 76 
22 75 29 
22 84 84 

22 94 41 

23 04 00 

23 13 61 
23 23 24 
23 32 89 
23 42 56 
23 52 25 

23 61 96 
23 71 69 
23 81 44 

23 91 21 

24 01 00 

24 10 81 
24 20 64 
24 30 49 
24 40 36 
24 50 25 

24 60 16 
24 70 09 
24 80 04 

24 90 01 

25 00 00 


21.236 7606 
21.260 2916 
21.283 7967 
21.307 2758 
21.330 7290 

21.354 1565 
21.377 5583 
21.400 9346 
21.424 2853 
21.447 6106 

21.470 9106 
21.494 1853 
21.517 4348 
21 .540 6592 
21.563 8587 

21.587 0331 
21.610 1828 
21.633 3077 
21.656 4078 
21.679 4834 

21 .702 5344 
21.725 5610 
21.748 5632 
21.771 5411 
21 .794 4947 

21.817 4242 
21.840 3297 
21.863 2111 
21 .886 0686 
21.908 9023 

21.931 7122 
21.954 4984 
21.977 2610 
22.000 0000 
22.022 7155 

22 045 4077 
22 068 0765 
22.090 7220 
22.113 3444 
22.135 9436 

22.158 5198 
22.181 0730 
22.203 6033 
22.226 1108 
22.248 5955 

22.271 0575 
22 293 4968 
22 315 9136 
22 338 3079 
22 360 6798 


.002 217 295 
.002 212 389 
.002 207 506 
.002 202 643 
.002 197 802 

.002 192 982 
.002 188 184 
.002 183 406 
.002 178 649 
.002 173 913 

.002 169 197 
.002 164 502 
.002 159 827 
.002 155 172 
.002 150 538 

.002 145 923 
.002 141 328 
.002 136 752 
.002 132 196 
.002 127 660 

.002 123 142 
.002 118 644 
.002 1 14 165 
.002 109 705 
.002 105 263 

.002 100 840 
002 096 436 
.002 092 050 
.002 087 683 
.002 083 333 

.002 079 002 
.002 074 689 
.002 070 393 
002 066 116 
.002 061 856 

.002 057 613 
.002 053 388 
.002 049 180 
.002 044 990 
.002 040 816 

.002 036 660 
002 032 520 
'.002 028 398 
.002 024 291 
.002 020 202 

.002 016 129 
.002 012 072 
.002 008 032 
002 004 008 
.002 000 000 
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APPENDIX TAELE X — ConfNvW 


Squares, Square Roofs, and Reciprocals of Ihe 
Natural Numbers from 1 to 1,000 


n 


„i/i 

t/n 

501 

25 10 01 

22.383 0293 

.001 996 008 

502 

25 20 04 

22.405 3565 

.001 992 032 

503 

25 30 09 

22.427 6615 

.001 988 072 

504 

25 40 16 

22 449 9443 

.001 984 127 

505 

25 50 25 

22.472 2051 

.001 980 198 

506 

25 60 36 

22.494 4438 

.001 976 285 

507 

25 70 49 

22.516 6605 

.001 972 387 

508 

25 80 64 

22.538 8553 

.001 968 504 

509 

25 90 81 

22 561 0283 

.001 964 637 

510 

26 01 00 

22.583 1796 

.001 960 784 

51 1 

26 1 1 21 

22.605 3091 

.001 956 947 

512 

26 21 44 

22 627 4170 

.001 953 125 

513 

26 31 69 

22.649 5033 

.001 949 318 

514 

26 41 96 

22.671 5681 

.001 945 525 

515 

26 52 25 

22.693 6114 

.001 941 748 

516 

26 62 56 

22.715 6334 

.001 937 984 

517 

26 72 89 

22 737 6340 

.001 934 236 

518 

26 83 24 

22 759 6134 

.001 930 502 

519 

26 93 61 

22 781 5715 

.001 926 782 

520 

27 04 00 

22 803 5085 

.001 923 077 

521 

27 14 41 

22 825 4244 

.001 919 386 

522 

27 24 84 

22 847 3193 

.001 915 709 

523 

27 35 29 

22.869 1933 

.001 912 046 

524 

27 45 76 

22.891 0463 

.001 908 397 

525 

27 56 25 

22.912 8785 

.001 904 762 

526 

27 66 76 

22.934 6899 

.001 901 141 

527 

27 77 29 

22 956 4806 

[ .001 897 533 

528 

27 87 64 

22.978 2506 

.001 893 939 

529 

27 98 41 

23.000 0000 

.001 890 359 

530 

28 09 00 

23 021 7289 

.001 886 792 

531 

28 19 61 

23.043 4372 

.001 883 239 

532 

28 30 24 

23.065 1252 

.001 879 699 

533 

28 40 89 

23 086 7928 

.001 876 173 

534 

28 51 56 

23.108 4400 

.001 872 659 

535 

28 62 25 

23.130 0670 

.001 869 159 

536 

28 72 96 

23 151 6738 

.001 865 672 

537 

28 83 69 

23.173 2605 

.001 862 197 

538 

28 94 44 

23.194 8270 

.001 858 736 

539 

29 05 21 

23.216 3735 

.001 855 288 

540 

29 1 6 00 

23.237 9001 

.001 851 852 

541 

29 26 81 

23 259 4067 

.001 848 429 

542 

29 37 64 

23.280 8935 

.001 845 018 

543 

29 48 49 

23.302 3604 

.001 841 621 

544 

29 59 36 

23.323 8076 

.001 838 235 

545 

29 70 25 

23.345 2351 

.001 834 862 

546 

29 81 16 

23.366 6429 

.001 831 502 

547 

29 92 09 

23.388 031 1 

.001 828 154 

548 

30 03 04 

23.409 3998 

.001 824 818 

549 

30 14 01 

23.430 7490 

.001 821 494 

550 

30 25 00 

23.452 0788 

.001 818 182 




APPENDIX TAILE 7t1 


Squores, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

551 

30 36 01 

23.473 3892 

.001 014 882 

552 

30 47 04 

23.494 6802 

.001 811 594 

553 

30 58 09 

23.515 9520 

.001 808 318 

554 

30 69 16 

23.537 2046 

.001 805 054 

555 

30 80 25 

23.558 4380 

.001 801 802 

556 

30 91 36 

23.579 6522 

.001 798 561 

557 

31 02 49 

23 600 8474 

.001 795 332 

558 

31 13 64 

23 622 0236 

.001 792 1 15 

559 

31 24 81 

23.643 1808 

.001 788 909 

560 

31 36 00 

23.664 3191 

.001 785 714 

561 

31 47 21 

23.685 4386 

.001 782 531 

562 

31 53 44 

23.706 5392 

.001 779 359 

563 

31 69 69 

23.727 6210 

.001 776 199 

564 

31 80 96 

23 748 6842 

.001 773 050 

565 

31 92 25 

23 769 7286 

001 769 912 

566 

32 03 56 

23.790 7545 

001 766 784 

567 

32 14 69 

23 811 7618 

.001 763 668 

568 

32 26 24 

23 832 7506 

.001 760 563 

569 

32 37 61 

23.853 7209 

.001 757 469 

570 

32 49 00 

23.874 6728 

001 754 386 

571 

32 60 41 

23 895 6063 

001 751 313 

572 

32 71 84 

23 916 0304 

001 748 252 

573 

32 83 29 

23.937 4184 

.001 745 201 

574 

32 94 76 

23.958 2971 

.001 742 160 

575 

33 06 25 

23.979 1576 

.001 739 130 

576 

33 17 76 

24.000 0000 

.001 736 111 

577 

33 29 29 

24.020 8243 

.001 733 102 

578 

33 40 84 

24 041 6306 

.001 730 104 

579 

33 52 41 

24.062 4188 

.001 727 116 

580 

33 64 00 

24.083 1891 

001 724 138 

581 

33 75 61 

24 103 9416 

.001 721 170 

582 

33 87 24 

24.124 6762 

.001 718 213 

583 

33 98 69 

24 145 3929 

.001 715 266 

584 

34 10 56 

24.166 0919 

.001 712 329 

585 

34 22 25 

24.186 7732 

.001 709 402 

586 

34 33 96 

24.207 4369 

.001 706 485 

587 

34 45 69 

24.228 0829 

.001 703 578 

588 

34 57 44 

24.248 7113 

.001 700 680 

589 

34 69 21 

24 269 3222 

.001 697 793 

590 

34 81 00 

24.289 9156 

.001 694 915 

591 

34 92 81 

24.310 4916 

.001 692 047 

592 

35 04 64 

24.331 0501 

.001 689 189 

593 

35 16 49 

24.351 5913 

'.001 686 341 

594 

35 28 36 

24.372 1152 

.001 683 502 

595 

35 40 25 

24.392 6210 

.001 680 672 

596 

35 52 16 

24.413 1112 

.001 677 852 

597 

35 64 09 

24.433 5834 

.001 675 042 

598 

35 76 04 

24.454 0385 

.001 672 241 

599 

35 88 01 

24.474 4765 

.001 669 449 

600 

36 00 00 

24.494 8974 

.001 666 667 




792 


APPENDIX TABLE X— Coiifjhv«</ 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

601 

36 12 01 

24.515 3013 

.001 663 894 

602 

36 24 04 

24.535 6883 

.001 661 130 

603 

36 36 09 

24.556 0583 

.001 658 375 

604 

36 48 16 

24.576 4115 

.001 655 629 

605 

36 60 25 

24.596 7478 

.001 652 893 

606 

36 72 36 

24.617 0673 

.001 650 165 

607 

36 84 49 

24.637 3700 

.001 647 446 

608 

36 96 64 

24.657 6560 

.001 644 737 

609 

37 08 81 

24.677 9254 

.001 642 036 

610 

37 21 00 

24 698 1781 

.001 639 344 

611 

37 33 21 

24 718 4142 

.001 636 661 

612 

37 45 44 

24.738 6338 

.001 633 987 

613 

37 57 69 

24 758 8368 

.001 631 321 

614 

37 69 96 

24 779 0234 

.001 628 664 

615 

37 82 25 

24.799 1935 

.001 626 016 

616 

37 94 56 

24 819 3473 

.001 623 377 

617 

38 06 89 

24 839 4847 

.001 620 746 

618 

38 19 24 

24 859 6058 

.001 618 123 

619 

38 31 61 

24 879 7106 

.001 615 509 

620 

38 44 00 

24 899 7992 

.001 612 903 

621 

38 56 41 

24 919 8716 

.001 610 306 

622 

38 68 84 

24.939 9278 

.001 607 717 

623 

38 81 29 

24 959 9679 

.001 605 136 

624 

38 93 76 

24 979 9920 

.001 602 564 

625 

39 06 25 

25.000 0000 

.001 600 000 

626 

39 18 76 

25 019 9920 

.001 597 444 

627 

39 31 29 

25.039 9681 

.001 594 896 

628 

39 43 84 

25 059 9282 

.001 592 357 

629 

39 56 41 

25.079 8724 

.001 589 825 

630 

39 69 00 

25 099 8008 

.001 587 302 

631 

39 81 61 

25 119 7134 

.001 584 786 

632 

39 94 24 

25.139 6102 

.001 582 278 

633 

40 06 89 

25.159 4913 

.001 579 779 

634 

40 19 56 

25 179 3566 

.001 577 287 

635 

40 32 25 

25.199 2063 

.001 574 803 

636 

40 44 96 

25 219 0404 

.001 572 327 

637 

40 57 69 

25.238 8589 

.001 569 859 

638 

40 70 44 

25.258 6619 

.001 567 398 

639 

40 83 21 

25 278 4493 

.001 564 945 

640 

40 96 00 

25.298 2213 

.001 562 500 

641 

41 08 81 

25 317 9778 

.001 560 062 

642 

41 21 64 

25.337 7189 

.001 557 632 

643 

41 34 49 

25.357 4447 

.001 555 210 

644 

41 47 36 

25.377 1551 

.001 552 795 

645 

41 60 25 

25.396 8502 

.001 550 388 

646 

41 73 16 

25 416 5301 

.001 547 988 

647 

41 86 09 

25.436 1947 

.001 545 595 

648 

41 99 04 

25 455 8441 

.001 543 210 

649 

42 12 01 

25 475 4784 

.001 540 832 

650 

42 25 00 

25.495 0976 

.001 538 462 




APPENDIX TABLE X— Contihu^cf 

Squares, Square Roofs, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 

n* 

71*/^ 


651 

42 38 01 

25.514 7016 


652 

42 51 04 

25 534 2907 


653 

42 64 09 

25 553 8647 


654 

42 77 16 

25.573 4237 


655 

42 90 25 

25.592 9678 


656 

43 03 36 

25.612 4969 


657 

43 16 49 

25.632 0112 


658 

43 29 64 

25.651 5107 


659 

43 42 81 

25.670 9953 


660 

43 56 00 

25.690 4652 


661 

43 69 21 

25.709 9203 


662 

43 82 44 

25.729 3607 


663 

43 95 69 

25 748 7864 


664 

44 08 96 

25 768 1975 


665 

44 22 25 

25.787 5939 


666 

44 35 56 

25.806 9758 


667 

44 48 89 

25 826 3431 


668 

44 62 24 

25 845 6960 


669 

44 75 61 

25 865 0343 


670 

44 89 00 

25.884 3582 


671 

45 02 41 

25 903 6677 


672 

45 15 84 

25 922 9628 


673 

45 29 29 

25 942 2435 


674 

45 42 76 

25 961 5100 


675 

45 56 25 

25.980 7621 


676 

45 69 76 

26 000 0000 


677 

45 83 29 

26.019 2237 


678 

45 96 84 

26 038 4331 


679 

46 10 41 

26 057 6284 


680 

46 24 00 

26 076 8096 


681 

46 37 61 

26.095 9767 


682 

46 51 24 

26.115 1297 


683 

46 64 89 

26.134 2687 


684 

46 76 56 

26.153 3937 


685 

46 92 25 

26.172 5047 


686 

47 05 96 

26 191 6017 


687 

47 19 69 

26 210 6848 


688 

47 33 44 

26.229 7541 


689 

47 47 21 

26.248 8095 


690 

47 61 00 

26.267 8511 


691 

47 74 81 

26 286 8789 


692 

47 88 64 

26.305 8929 


693 

48 02 49 

26.324 8932 


694 

48 16 36 

26.343 8797 


695 

48 30 25 

26.362 8527 


696 

48 44 16 

26.381 8119 


697 

48 58 09 

26 400 7576 


698 

48 72 04 

26.419 6896 


699 

48 86 01 

26.438 6081 


700 

49 00 00 

26.457 5131 



1/n 


.001 536 098 
.001 533 742 
.001 531 394 
.001 529 052 
.001 526 718 

.001 524 390 
.001 522 070 
.001 519 757 
.001 517 451 
.001 515 152 

.001 512 859 
.001 510 574 
.001 508 296 
.001 506 024 
.001 503 759 

.001 501 502 
.001 499 250 
001 497 006 
.001 494 768 
.001 492 537 

.001 490 313 
.001 488 095 
.001 485 884 
.001 483 680 
.001 481 481 

.001 479 290 
.001 477 105 
.001 474 926 
.001 472 754 
.001 470 588 

001 468 429 
001 466 276 
.001 464 129 
.001 461 988 
.001 459 854 

.001 457 726 
.001 455 604 
.001 453 488 
.001 451 379 
.001 449 275 

.001 447 178 
, .001 445 087 
.001 443 001 
.001 440 922 
.001 438 849 

.001 436 782 
.001 434 720 
.001 432 665 
.001 430 615 
.001 428 571 


7n 
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APPENDIX TABLE X— CoHUiiumd 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 

n* 


1/n 

701 

49 14 01 

26.476 4046 

.001 426 534 

702 

49 28 04 

26.495 2826 

.001 424 501 

703 

49 42 09 

26.514 1472 

.001 422 475 

704 

49 56 16 

26.532 9983 

.001 420 455 

705 

49 70 25 

26.551 8361 

.001 418 440 

706 

49 64 36 

26.570 6605 

.001 416 431 

707 

49 98 49 

26.589 4716 

.001 414 427 

706 

50 12 64 

26.608 2694 

.001 412 429 

709 

SO 26 81 

26.627 0539 

.001 410 437 

710 

50 41 00 

26.645 8252 

.001 408 451 

711 

50 55 21 

26.664 5833 

.001 406 470 

712 

50 69 44 

26.683 3281 

.001 404 494 

713 

SO 83 69 

26.702 0598 

.001 402 525 

714 

50 97 96 

26.720 7784 

.001 400 560 

715 

51 12 25 

26 739 4839 

.001 398 601 

716 

51 26 56 

26.758 1763 

.001 396 648 

717 

51 40 89 

26.776 8557 

.001 394 700 

718 

51 55 24 

26.795 5220 

001 392 758 

719 

51 69 61 

26.814 1754 

.001 390 821 

720 

51 84 00 

26.832 8157 

.001 388 889 

721 

51 98 41 

26.851 4432 

.001 386 963 

722 

52 12 84 

26.870 0577 

.001 385 042 

723 

52 27 29 

26.888 6593 

.001 383 126 

724 

52 41 76 

26.907 2481 

.001 381 215 

725 

52 56 25 

26.925 8240 

.001 379 310 

726 

52 70 76 

26 944 3872 

.001 377 410 

727 

52 85 29 

26.962 9375 

.001 375 516 

728 

52 99 64 

26.981 4751 

.001 373 626 

729 

53 14 41 

27.000 0000 

001 371 742 

730 

53 29 00 

27.018 5122 

.001 369 863 

731 

53 43 61 

27.037 0117 

.001 367 989 

732 

53 58 24 

27.055 4985 

.001 366 120 

733 

53 72 89 

27.073 9727 

.001 364 256 

734 

53 87 56 

27.092 4344 

.001 362 398 

735 

54 02 25 

27.110 8834 

.001 360 544 

736 

54 16 96 

27.129 3199 

.001 358 696 

737 

54 31 69 

27.147 7439 

.001 356 852 

738 

54 46 44 

27.166 1554 

.001 355 014 

739 

54 61 21 

27.184 5544 

.001 353 180 

740 

54 76 00 

27.202 9410 

.001 351 351 

741 

54 90 81 

27.221 3152 

.001 349 528 

742 

55 05 64 

27.239 6769 

.001 347 709 

743 

55 20 49 

27.258 0263 

.001 345 895 

744 

55 35 36 

27.276 3634 

.001 344 086 

745 

55 50 25 

27.294 6881 

.001 342 282 

746 

55 65 16 

27.313 0006 

.001 340 483 

747 

55 80 09 

27.331 3007 

.001 338 688 

748 

55 95 04 

27.349 5887 

.001 336 898 

749 

56 10 01 

27.367 8644 

.001 335 113 

750 

56 25 00 

27.386 1279 

.001 333 333 






AFFENDIX TABU X— ComHmtmd 


Squares, Square Roots, and Redprocals of the 
Natural Numbers from 1 to 1,000 


n 


„t/i 


751 

752 

753 

754 

755 


56 40 01 
56 55 04 
56 70 09 

56 85 16 

57 00 25 


27.404 3792 
27 422 6184 
27.440 8455 
27 459 0604 
27 477 2633 


.001 331 558 
.001 329 787 
.001 328 021 
.001 326 266 
.001 324 503 


756 

757 

758 

759 

760 


57 15 36 
57 30 49 
57 45 64 
57 60 81 
57 76 00 


27 495 4542 
27 513 6330 
27 531 7998 
27 549 9546 
27.568 0975 


.001 322 751 
.001 321 004 
.001 319 261 
.001 317 523 
.001 315 789 


761 

762 

763 
7S4 
765 


57 91 21 

58 06 44 
58 21 69 
58 36 96 
58 52 25 


27.586 2284 
27.604 3475 
27.622 4546 
27 640 5499 
27 658 6334 


.001 314 060 
.001 312 336 
.001 310 616 
.001 308 901 
001 307 190 


766 

767 

768 

769 

770 


58 67 56 
58 82 89 

58 98 24 

59 13 61 
59 29 00 


27 676 7050 
27 694 7648 
27.712 8129 
27.730 8492 
27 748 8739 


.001 305 483 
.001 303 781 
.001 302 083 
.001 300 390 
.001 298 701 


771 

772 

773 

774 

775 


59 44 41 
59 59 84 
59 75 29 

59 90 76 

60 06 25 


27 766 8868 
27 784 8880 
27.802 6775 
27 820 8555 
27 838 8218 


.001 297 017 
.001 295 337 
.001 293 661 
.001 291 990 
.001 290 323 


776 

777 

778 

779 

780 


60 21 76 
60 37 29 
60 52 84 
60 68 41 
60 84 00 


27 856 7766 
27 '874 7197 
27 892 6514 
27 910 5715 
27 928 4801 


.001 288 660 
.001 287 001 
.001 285 347 
001 283 697 
001 282 051 


781 

782 

783 

784 

785 


60 99 61 

61 15 24 
61 30 89 
61 46 56 
61 62 25 


27 946 3772 
27 964 2629 

27 982 1372 

28 000 0000 
28 017 8515 


.001 280 410 
.001 278 772 
.001 277 139 
.001 275 510 
.001 273 885 


786 

787 

788 

789 

790 


61 77 96 

61 93 69 

62 09 44 
62 25 21 
62 41 00 


28 035 6915 
28 053 5203 
28 071 3377 
28 089 1438 
28.106 9386 


001 272 265 
001 270 648 
001 269 036 
.001 267 427 
.001 265 823 


791 

792 

793 

794 

795 


62 56 81 
62 72 64 

62 88 49 

63 04 36 
63 20 25 


28 124 7222 
28.142 4946 
28 160 2557 
28 178 0056 
28.195 7444 


001 264 223 
001 262 626 
/ 001 261 034 
.001 259 446 
.001 257 862 


796 

797 

798 

799 


63 36 16 
63 52 09 
63 68 04 

63 84 01 

64 00 00 


28.213 4720 
28 231 1884 
28.248 8938 
28 266 5881 
28.284 2712 


.001 256 281 
.001 254 705 
.001 253 133 
.001 251 564 
.001 250 000 
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APPENDIX TABLE ConHnumd 


Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



1/n 

801 

64 16 01 

28.301 9434 

.001 248 439 

802 

64 32 04 

28.319 6045 

.001 246 883 

803 

64 48 09 

28.337 2546 

.001 245 330 

804 

64 64 16 

28.354 8938 

.001 243 781 

805 

64 80 25 

28.372 5219 

.001 242 236 

806 

64 96 36 

28.390 1391 

.001 240 695 

807 

65 12 49 

28.407 7454 

.001 239 157 

808 

65 28 64 

28.425 3408 

.001 237 624 

809 

65 44 81 

28.442 9253 

.001 236 094 

810 

65 61 00 

28.460 4989 

.001 234 568 

811 

65 77 21 

26.478 0617 

.001 233 046 

812 

65 93 44 

28.495 6137 

.001 231 527 

813 

66 09 69 

28.513 1549 

.001 230 012 

814 

66 25 96 

28.530 6852 

.001 228 501 

815 

66 42 25 

28.548 2048 

.001 226 994 

816 

66 58 56 

28.565 7137 

.001 225 490 

817 

66 74 89 

28.583 2119 

.001 223 990 

818 

66 91 24 

28.600 6993 

.001 222 494 

819 

67 07 61 

28.618 1760 

.001 221 001 

820 

67 24 00 

28.635 6421 

.001 219 512 

821 

67 40 41 

28.653 0976 

.001 218 027 

822 

67 56 84 

28.670 5424 

.001 216 545 

823 

67 73 29 

28.687 9766 

.001 215 067 

624 

67 89 76 

28.705 4002 

.001 213 592 

825 

68 06 25 

28.722 8132 

.001 212 121 

826 

68 22 76 

28.740 2157 

.001 210 654 

827 

68 39 29 

28.757 6077 

.001 209 190 

828 

66 55 84 

28.774 9891 

.001 207 729 

829 

68 72 41 

28.792 3601 

.001 206 273 

830 

68 89 00 

28 809 7206 

.001 204 819 

831 

69 05 61 

28.827 0706 

.001 203 369 

832 

69 22 24 

28.844 4102 

.001 201 923 

833 

69 38 89 

28.861 7394 

,001 200 480 

834 

69 55 56 

28.879 0582 

.001 199 041 

835 

69 72 25 

28.896 3666 

.001 197 605 

836 

69 88 96 

28.913 6646 

.001 196 172 

837 

70 05 69 

28.930 9523 

.001 194 743 

838 

70 22 44 

28.948 2297 

.001 193 317 

839 

70 39 21 

28.965 4967 

.001 191 895 

840 

70 56 00 

28.982 7535 

.001 190 476 

841 

70 72 81 

29.000 0000 

.001 189 061 

842 

70 89 64 

29.017 2363 

.001 187 648 

843 

71 06 49 

29.034 4623 

.001 186 240 

844 

71 23 36 

29.051 6761 

001 184 834 

845 

71 40 25 

29.066 8837 

.001 183 432 

846 

71 57 16 

29.086 0791 

.001 182 033 

647 

71 74 09 

29.103 2644 

.001 180 638 

848 

71 91 04 

29.120 4396 

.001 179 245 

849 

72 08 01 

29.137 6046 

.001 177 856 

850 

72 25 00 

29.154 7595 

.001 176 471 
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APPENDIX TAEW CouHnyd 


Squares, Square Roots, and Reciprocals of the 
Notural Numbers from 1 to 1,000 


n 



1/n 

851 

72 42 01 

29.171 9043 

.001 175 088 

852 

72 59 04 

29.189 0390 

.001 173 709 

853 

72 76 09 

29 206 1637 

.001 172 333 

854 

72 93 16 

29.223 2784 

.001 170 960 

855 

73 10 25 

29.240 3830 

.001 169 591 

856 

73 27 36 

29.257 4777 

.001 168 224 

857 

73 44 49 

29.274 5623 

.001 166 861 

858 

73 61 64 

29.291 6370 

.001 165 501 

859 

73 78 81 

29.308 7018 

.001 164 144 

860 

73 96 00 

29.325 7566 

.001 162 791 

861 

74 13 21 

29 342 8015 

.001 161 440 

862 

74 30 44 

29 359 8365 

.001 160 093 

663 

74 47 69 

29.376 8616 

.001 158 749 

864 

74 64 96 

29.393 8769 

.001 157 407 

865 

74 82 25 

29.410 8823 

.001 156 069 

866 

74 99 56 

29.427 8779 

.001 154 734 

867 

75 16 89 

29.444 8637 

.001 153 403 

868 

75 34 24 

29.461 8397 

.001 152 074 

869 

75 51 61 

29.478 8059 

.001 150 748 

870 

75 69 00 

29.495 7624 

.001 149 425 

871 

75 86 41 

29.512 7091 

.001 148 106 

872 

76 03 84 

29 529 6461 

.001 146 789 

873 

76 21 29 

29.546 5734 

.001 145 475 

874 

76 38 76 

29.563 4910 

.001 144 165 

875 

76 56 25 

29.580 3989 

.001 142 857 

676 

76 73 76 

29 597 2972 

.001 141 553 

877 

76 91 29 

29.614 1858 

.001 140 251 

878 

77 08 84 

29.631 0648 

.001 138 952 

879 

77 26 41 

29.647 9342 

.001 137 656 

880 

77 44 00 

29.664 7939 

.001 136 364 

881 

77 61 61 

29 681 6442 

.001 135 074 

882 

77 79 24 

29 698 4848 

.001 133 787 

683 

77 96 89 

29.715 3159 

.001 132 503 

884 

78 14 56 

29.732 1375 

.001 131 222 

885 

78 32 25 

29.748 9496 

.001 129 944 

886 

78 49 96 

29.765 7521 

.001 128 668 

867 

78 67 69 

29.782 5452 

.001 127 396 

888 

78 85 44 

29.799 3289 

.001 126 126 

889 

79 03 21 

29.816 1030 

.001 124 859 

890 

79 21 00 

29.832 8678 

.001 123 596 

891 

79 38 81 

29.849 6231 

.001 122 334 

892 

79 56 64 

29 866 3690 

.001 121 076 

693 

79 74 49 

29 883 1056 

' .001 1 19 821 

894 

79 92 36 

29 899 8328 

.001 118 568 

895 

80 10 25 

29.916 5506 

.001 117 318 

896 

80 28 16 

29.932 2591 

.001 116 071 

897 

80 46 09 

29.949 9583 

.001 1 14 827 

898 

80 64 04 

29.966 6481 

.001 113 586 

899 

80 82 01 

29.983 3287 

.001 112 347 

900 

81 00 00 

30.000 0000 

.001 111 111 
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APPENDIX TADU X— CoaHmtmd 


Squares/ Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



l/n 

901 

81 18 0! 

30.016 6620 

.001 109 878 

902 

81 36 04 

30.033 3148 

.001 108 647 

903 

81 54 09 

30.049 9584 

.001 107 420 

904 

81 72 16 

30.066 5928 

.001 106 195 

90S 

61 90 25 

30.083 2179 

.001 104 972 

9oe 

82 08 36 

30.099 8339 

.001 103 753 

907 

82 26 49 

30.116 4407 

.001 102 536 

908 

82 44 64 

30.133 0383 

.001 101 322 

909 

82 62 81 

30.149 6269 

.001 100 110 

910 

82 81 00 

30.166 2063 

.001 098 901 

911 

82 99 21 

30.182 7765 

.001 097 695 

912 

83 17 44 

30.199 3377 

.001 096 491 

913 

83 35 69 

30.215 8899 

.001 095 290 

914 

83 53 96 

30.232 4329 

.001 094 092 

915 

83 72 25 

30.248 9669 

.001 092 896 

916 

83 90 56 

30.265 4919 

.001 091 703 

917 

84 08 89 

30.262 0079 

.001 090 513 

918 

84 27 24 

30.298 5148 

.001 089 325 

919 

84 45 61 

30.315 0128 

.001 088 139 

920 

64 64 00 

30.331 5018 

.001 086 957 

921 

84 82 41 

30.347 9818 

.001 085 776 

922 

85 00 84 

30 364 4529 

.001 084 599 

923 

85 19 29 

30.380 9151 

.001 083 424 

924 

85 37 76 

30 397 3683 

.001 082 251 

925 

85 56 25 

30.413 8127 

.001 081 081 

926 

85 74 76 

30.430 2481 

.001 079 914 

927 

85 93 29 

30.446 6747 

.001 078 749 

928 

86 11 84 

30.463 0924 

.001 077 586 

929 

86 30 41 

30.479 5013 

.001 076 426 

930 

66 49 00 

30.495 9014 

.001 075 269 

931 

86 67 61 

30.512 2926 

.001 074 114 

932 

66 86 24 

30.526 6750 

.001 072 961 

933 

87 04 89 

30.545 0487 

.001 071 811 

934 

87 23 56 

30.561 4136 

.001 070 664 

935 

87 42 25 

30.577 7697 

.001 069 519 

936 

67 60 96 

30.594 1171 

.001 068 376 

937 

87 79 69 

30.610 4557 

.001 067 236 

938 

87 98 44 

, 30.626 7857 

.001 066 098 

939 

68 17 21 

30.643 1069 

.001 064 963 

940 

88 36 00 

30.659 4194 

.001 063 830 

941 

88 54 81 

30.675 7233 

.001 062 699 

942 

88 73 64 

30.692 0185 

.001 061 571 

943 

88 92 49 

30.708 3051 

.001 060 445 

944 

69 1 1 36 

30.724 5830 

.001 059 322 

945 

89 30 25 

30.740 8523 

.001 058 201 

946 

89 49 16 

30.757 1130 

.001 057 082 

947 

89 68 09 

30.773 3651 

.001 055 966 

948 

89 87 04 

30.789 6086 

.001 054 852 

949 

90 06 01 

30.805 8436 

.001 053 741 

950 

90 25 00 

30.622 0700 

.001 052 632 




APPENDIX TABLE X— CotOimnti PfD 

Squares, Square Roots, and Reciprocals of the 
Natural Numbers from 1 to 1,000 


n 



l/n 

951 

90 44 01 

30.838 2879 

.001 051 528 

952 

90 63 04 

30.854 4972 

.001 050 420 

953 

90 62 09 

30.870 6981 

.001 049 318 

954 

91 01 16 

30.886 8904 

.001 048 218 

955 

91 20 25 

30.903 0743 

.001 047 120 

956 

91 39 36 

30.919 2497 

.001 046 029 

957 

91 58 49 

30.935 4166 

.001 044 932 

958 

91 77 64 

30.951 5751 

.001 043 841 

959 

91 96 81 

30.967 7251 

.001 042 753 

960 

92 1 6 00 

30.983 8666 

.001 041 667 

961 

92 35 21 

31.000 0000 

.001 040 583 

962 

92 54 44 

31.016 1246 

.001 039 501 

963 

92 73 69 

31.032 2413 

.001 038 422 

964 

92 92 96 

31.048 3494 

.001 037 344 

965 

93 12 25 

31.064 4491 

.001 036 269 

966 

93 31 56 

31 .080 5405 

.001 035 197 

967 

93 50 89 

31.096 6236 

.001 034 126 

966 

93 70 24 

31.112 6984 

.001 033 058 

969 

93 69 61 

31.128 7648 

.001 031 992 

970 

94 09 00 

31.144 8230 

.001 030 928 

971 

94 28 41 

31.160 8729 

.001 029 866 

972 

94 47 84 

31.176 9145 

.001 028 807 

973 

94 67 29 

31.192 9479 

.001 027 749 

974 

94 86 76 

31.208 9731 

.001 026 694 

975 

95 06 25 

31 .224 9900 

.001 025 641 

976 

95 25 76 

31.240 9987 

.001 024 590 

977 

95 45 29 

31.256 9992 

.001 023 541 

978 

95 64 84 

31.272 9915 

.001 022 495 

979 

95 64 41 

31.288 9757 

.001 021 450 

980 

96 04 00 

31.304 9517 

.001 020 408 

961 

96 23 61 

31.320 9195 

.001 019 368 

962 

96 43 24 

31.336 8792 

.001 018 330 

983 

96 62 89 

31.352 8308 

.001 017 294 

984 

96 82 56 

31.368 7743 

.001 016 260 

985 

97 02 25 

31 .384 7097 

.001 015 228 

986 

97 21 96 i 

31 .400 6369 

.001 014 199 

987 

97 41 69 

31.416 5561 

.001 013 171 

988 

97 61 44 

31.432 4673 

.001 012 146 

989 

97 81 21 

31.448 3704 

.001 oil 122 

990 

98 01 00 

31.464 2654 

.001 010 101 

991 

98 20 81 

31.480 1525 

.001 009 082 

992 

98 40 64 

31.496 0315 

, .001 008 065 

993 

98 60 49 

31.511 9025 

.001 007 049 

994 

98 80 36 

31.527 7655 

.001 006 036 

995 

99 00 25 

31 .543 6206 

.001 005 025 

996 

99 20 16 

31.559 4677 

.001 004 016 

907 

99 40 09 

31.575 3068 

.001 003 009 

998 

99 60 04 

31.591 1380 

.001 002 004 

999 

99 80 01 

31.606 9613 

.001 001 001 

1000 

1 00 00 00 

31.622 7766 

.001 000 000 




APPENDIX TABLE XI* 


Random Numbers 


Line 

(1) 

(2) 

(3) 

(4) 

(5) 

(6) 

(7) 

(8) 

1 

78894 

36244 

02673 

25476 

84953 

61793 

50243 

63423 

2 

04909 

68485 

70686 

039.30 

34880 

73059 

06823 

80257 

3 

46682 

73570 

33004 

51795 

86477 

46736 

60460 

70345 

4 

26242 

89792 

88634 

60285 

07190 

07795 

27011 

85941 

b 

68104 

81330 

97090 

20001 

78940 

20228 

22803 

96070 

6 

17166 

02182 

82.504 

19880 

93747 

80010 

78260 

251.36 

7 

60711 

94789 

07171 

02103 

99a57 

98775 

.37997 

18325 

8 

39449 

52409 

75095 

77720 

.39729 

03205 

09313 

4.3545 

9 

76629 

82729 

76916 

72657 

.58992 

.32756 

01154 

84890 

10 

01020 

55151 

36132 

61971 

.321.55 

60735 

64867 

3,5424 

11 

08337 

89989 

24260 

08618 

66798 

25889 

52860 

57375 

12 

76829 

47229 

19706 

.30094 

694.30 

92399 

98749 

22081 

13 

39708 

30641 

21267 

56501 

95182 

72442 

21445 

17276 

14 

89836 

55817 

56747 

75195 

06818 

8.3043 

47403 

.58266 

16 

26903 

61370 

66081 

54076 

67442 

52964 

2.3823 

02718 

10 

71345 

03422 

01015 

08025 

19703 

77313 

045.55 

83425 

17 

61454 

92263 

14647 

0847.3 

34124 

10740 

40&39 

0.5620 

18 

80376 

08909 

30470 

40200 

46.5.58 

61742 

11643 

92121 

10 

45144 

64373 

05505 

90074 

24783 

86209 

20900 

15144 

20 

12191 

88527 

58852 

51175 

11.5.34 

87218 

04876 

85584 

21 

62936 

69120 

73957 

36969 

21.598 

47287 

39394 

08778 

22 

31688 

96798 

43668 

12611 

01714 

77266 

55079 

24690 

23 

20787 

06048 

84726 

17512 

.394.50 

43618 

30629 

24.356 

24 

45603 

00745 

84635 

43079 

52724 

14262 

057.50 

89.373 

26 

31606 

64782 

34027 

56734 

09365 

20008 

93559 

78.384 

26 

10452 

33074 

76718 

99556 

16026 

00013 

78411 

95107 

27 

37016 

64633 

67301 

50949 

91298 

74968 

7.3631 

57397 

28 

66725 

97865 

25409 

37498 

00816 

99262 

14471 

102.32 

29 

07380 

74438 

82120 

17890 

40963 

5.57.57 

13492 

08294 

30 

71621 

57688 

,58256 

47702 

74724 

89119 

08025 

68519 

31 

03466 

13263 

23917 

20417 

11315 

52805 

3.1072 

07723 

32 

12692 

32931 

97387 

34822 

.53775 

91674 

76549 

.376.15 

33 

52192 

30941 

44998 

1783.3 

94.563 

2.3062 

95725 

38463 

34 

'56691 

72529 

66063 

73570 

86860 

68125 

40436 

31.303 

35 

74052 

43041 

58869 

15677 

78598 

43520 

97521 

83248 

36 

18752 

43693 

32867 

.5.3017 

22661 

39610 

03796 

02622 

37 

61691 

04944 

43111 

28325 

82319 

65589 

66048 

98498 

38 

49197 

63948 

.38947 

60207 

70667 

39843 

60007 

15328 

30 

19436 

87291 

71684 

748.59 

76.501 

034.56 

9.5714 

92518 

40 

39143 

64893 

14606 

13.54.3 

09621 

68301 

69817 

52140 

41 

82244 

67549 

76491 

09761 

74494 

91307 

64222 

66592 

42 

65847 

56155 

42878 

, 23708 

97990 

40131 

52360 

90390 

43 

04095 

95970 

07826 

25991 

37.584 

569GG 

68623 

83454 

44 

11751 

60469 

25521 

44097 

07.511 

88976 

30122 

67542 

45^ 

69902 

08995 

27821 

11758 

64989 

61902 

32121 

28165 

46 

21850 

25352 

25556 

92161 

23592 

4.3294 

10479 

37879 

47 

76850 

46992 

25165 

5.5906 

623.39 

88958 

91717 

15756 

48 

20648 

22086 

42581 

85677 

20251 

39641 

65786 

80689 

40 

82740 

28443 

42734 

2.5518 

82827 

3.5825 

90288 

32911 

60 

36842 

42002 

52075 

83926 

42875 

71500 

69216 

01350 


* A portion of page 5 of Table of 103,000 Random Decimal Digits constructed by H. Burke 
Horton and R. Tynes Smith III, for the Bureau of Transport Economics and Sta- 
tistics, Interstate Commerce Commission. Reproduced here with the permission of 
W. H. S. Stevens, Director of that Bureau. 
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APPENDIX TABLE XII 

Common Logarithms (Five-Place) of the Natural Numbers 1 to 10,000 


Log N Log N 


Log N Log 















































APPENDIX TABLE XII ~ ContibiiMf $Ol 

Common Logarithms (Five-Place) of the Natural Numbers 1 to 10,000 


Prop. Parts 


260 39 794 8ii 

251 39 967 985 

252 40 140 157 

253 40312 329 

254 40 483 500 

255 40654 671 

256 40 824 841 

257 40993 *010 

258 41 162 179 

41 330 _347. 

260 41 497 _5I4 l 

261 41 664 681 

262 41 830 847 

263 41 996 *012 

264 42 160 177 

265 42 325 341 

266 42 488 504 

267 42 651 667 

268 42 813 830 

269 42 975 _99]. 
276 43 136 Iti2 
T7r 43297 313 

272 43 457 473 

273 43616 632 

274 43 775 791 

275 43 933 949 

276 44091 107 

277 44248 264 

278 44 404 420 

279 44 576 

280 4^4 716 731 

281 44871 886 

282 45 025 040 

283 45 179 194 

284 45 332 347 

285 45 484 500 

286 45 637 652 

287 45 7«8 803 

288 45 939 954 

289 46 090 10 5 

46 240 _25^ 

291 46389 404 

292 46 538 553 

293 46687 702 

294 46835 850 

295 46 982 997 

296 47 129 144 

297 47 276 290 

298 47 422 436 

J90 ^7,567 _582_ 

800 47 712 727 


Prop. Parts 


2 

3 

4 

6 

6 

FT ' 

s 

829 

846 

863 

881 

898 

' 9 *™ 

933 

*002 

*019 

*037 

*054 

*071 

•088 

*io(t 

*75 

192 

209 

226 

243 

261 

278 

346 

364 

381 

398 

4*5 

432 

449 

518 

535 

552 

569 

586 

603 

620 

688 

705 

722 

739 

756 

773 

790 

858 

875 

892 

909 

926 

943 

960 

*027 

*044 

*061 

*078 

*095 

•ill 

•128 

196 

212 

229 

246 

263 

280 

296 

363 

380 

397 

„ 4 J+_ 

430 

447 

464 

53 * 

547 



..597 

614 

63* 

( h )7 

714 

73 * 

'747 

794 

780 

797 

863 

880 

896 

9*3 

929 

946 

963 

•029 

*045 

*062 

•078 

*095 

•i 1 1 

•127 

193 

210 

226 

243 

259 

275 

292 

357 

374 

390 

406 

423 

439 

455 

521 

537 

553 

570 

586 

602 

619 

684 

700 

716 

732 

749 

7^>5 

78* 

846 

862 

878 

894 

911 

927 

943 

♦o(»8 

*024 

*040 

*056 

*072 

•0K8 

*104 

169 

*«5 

201 

217 

233 

249 

265 

329 

345 

361 

377 

393 

409 

425 

489 

505 

521 

537 

553 

569 

5«4 

648 

664 

680 

696 

7*2 

727 

743 

807 

823 

838 

«54 

870 

886 

902 

965 

981 j 

996 

*012 

*028 

•044 

*059 

122 

138 

*54 

170 

i «5 

201 

217 

279 

295 

3 ** 

326 

342 

35 « 

375 

436 

45 * i 

467 

483 

498 

5*4 

529 

592 

607 

623 

638 

„ IH 

669 

685 

747 

762 

. 771 

793 

809 

824 

840 

902 

9”* 7 

932 

948 

963 

979 

994 

056 

071 

086 

102 

117 

*33 

148 

209 

225 

240 

255 

271 

286 

30* 

362 

378 

393 

408 

423 

439 

454 

515 

530 

545 

5 f>* 

576 

59 * 

606 

667 

682 i 

697 

7*2 

728 

743 

758 

818 

834 

849 

864 

879 

894 

909 

969 

984 1 

*000 

•015 

*030 

*045 

•060 

120 

*35 

250 

_*A'> 

180 

*95 

210 

270 

285 

30 £ 


_ 330 

345 

359 

419 

434 

449 

464 

479 

494 

50 *^ 

568 

583 

598 

<i *3 

627 

642 

657 

716 

73 * 

746 

761 

776 

790 

805 

864 

879 

894 

909 

923 

938 

953 

*012 

*026 

•041 

*056 

*070 

•085 

•100 

159 

*73 1 

188 

202 

217 

232 

246 

305 

3*9 

334 

349 

363 

378 

392 

45 * 

465 

480 

494 

509 j 

524 

538 

596 

61 1 

625 

640 

654 

669 

683 

741 

756 

770 

784 

799 1 

813 

828' 

a 8 

1 « 6 6 

1 T 8 






806 APPENDIX TABLE XII — ConHmimd 


Common Logarithms (Five-Place) of the Natural Numbers 1 to 10,000 


N 

0 

1 

2 ' 

3 

4 

6 

6 

7 

S 

9 

Prop. PirtB 

300 

47 712 

727 

741 

756 

770 

784 

799 

813 

828 

842 



301 

47 857 

871 

885 

900 

914 

929 

943 

958 

972 

986 



302 

48 001 

015 

029 

044 

058 

073 

087 

lOI 

116 

130 



303 

48 144 

159 

173 

187 

202 

216 

230 

244 

259 

273 



304 

48 287 

302 

316 

330 

344 

359 

373 

387 

401 

416 


If 

305 

48430 

444 

458 

473 

487 

501 

515 

530 

544 

558 

I 

1.5 

306 

48 572 

586 

601 

615 

629 

643 

657 

671 

686 

700 

2 

3.0 

307 

48 714 

728 

742 

756 

770 

785 

799 

813 

827 

841 

4 

6 0 

308 

48 855 

869 

883 

897 

911 

926 

940 

954 

968 

982 

5 

7.5 

309 

48 ifqh 

*010 

•024 

*038 

•052 

•066 

*080 

*094 

•108 

•122 


9.0 

pTi 

49 136 

150 

164 

178 

192 

206 

220 

234 

248 

262 

8 

13.0 


49 276 

290 

3«4 

318 

332 

346 

360 

374 

388 

402 

9 

13-5 

Br 

49415 

429 

443 

457 

471 

485 

499 

513 

527 

541 




49 554 

568 

582 

596 

610 

624 

638 

651 

665 

679 



314 

49693 

707 

721 

734 

748 

762 

776 

790 

803 

817 



315 

49 831 

845 

859 

872 

886 

900 

914 

927 

941 

955 



316 

49 969 

982 

996 

•010 

*024 

*037 

*051 

*065 

♦079 

*092 


14 

317 

50 106 

120 

133 

147 

161 

174 

188 

202 

215 

229 

2 

* 4 

3 8 

318 

50 243 

256 

270 

284 

297 

311 

325 

338 

352 

365 

3 

4 2 

319 

50 379 

393 

406 

420 

433 

447 

461 

474 

488 

501 

4 

S 6 

820 

50 515 

529 

542 

556 

569 

583 

596 

610 

623 

637 

5 

6 

7 0 

8.4 

321 

50 651 

664 

678 

691 

705 

718 

732 

745 

759 

772 

7 

98 

322 

50 786 

799 

813 

826 

840 

853 

866 

880 

893 

907 

8 

II .3 

323 

50 920 

934 

947 

961 

974 

987 

•001 

*014 

*028 

*041 



324 

51 055 

06H 

081 

095 

108 

121 

135 

148 

162 

175 



325 

51 188 

202 

215 

228 

242 

255 

268 

282 

295 

308 



326 

5 T 322 

335 

348 

362 

375 

388 

402 

415 

428 

441 



327 

51 455 

468 

481 

495 

508 

521 

534 

548 

561 

574 


IS 

328 

5 J 587 

601 

614 

627 

640 

654 

667 

680 

693 

706 

I 

13 '" 

329 

51 720 

733 

746 

..759 

.772 

786 

__ 79_9 

812 

_ 125 _ 

838 

2 

3 6 

330 

851. 

865 

878 


904 

917 

.939 

943 

957 

970 

3 

3 9 

331 

51 983 

996 

*009 

"‘022 

*035 

*048 

*061 ! 

*075 

•088 

•lOI 

4 

5 

5.3 

6 S 

332 

52 1 14 

127 

140 

153 

166 

179 

192 

205 

218 

23 * 

6 

78 

333 

52 244 

257 

270 

284 

297 

310 

323 

336 

349 

362 

7 

8 


334 

52 375 

388 

401 

414 

427 

440 

453 

466 

479 

492 

9 


335 

52 504 

517 

530 

543 

556 

569 

582 

595 

608 

621 



336 

52 634 

647 

660 

673 

686 

699 

711 

724 

737 

750 



337 

52 763 

776 

789 

802 

815 

827 

840 

853 

866 

879 



338 

52 892 

905 

917 

930 

943 

956 

969 

982 

994 

*007 



339 

53 020 

033. 

046 

058 


084 

097 

110 

122 

135 



840 

53 

161 

J 73 ^ 


_J 99 ^ 

212 

.■ 2?4 

_ 237 _ 

250 

263 

I 


34 'l 

53 275 

288 

301 

314 

326 

339 

352 

364 

377 

390 

3 


342 

53 403 

415 

428 

441 

453 

466 

479 

491 

504 

517 

4 


343 

53 529 

542 

555 

567 

580 

593 

605 

618 

631 

643 

5 


344 

53 656 

668 

681 

6 q 4 

706 

719 

732 

744 

757 

769 

6 

7 


345 

53 782 

794 

807 

820 

832 

845 

857 

870 

882 

895 

8 


346 

53 908 

920 

933 

945 

958 

970 

983 

995 

*008 

*020 

9 


347 

54 033 

045 

058 

070 

083 

095 

108 

120 

133 

145 



348 

54 158 

170 

183 

195 

208 

220 

233 

245 

258 

270 



349 

54 283 

295 

307 

320 

332 

345 

357 

1 370 

382 

394 



360 

54 407 

419 

432 

444 

456 

469 

481 

1 494 

506 

518 



N 

0 

1 

a 

8 

4 

6 

6 

7 

8 

0 

Prop. Puts 1 












808 APPENDIX TABLE XII — Continumd 


G>mmon Logarithms (Five-Place) of h>e Natural Numbers 1 to 10,000 


N 

0 

1 

2 

8 

* 

6 

6 

1 7 

8 

9 

Prop. Parts 

400 

6o 2 o6 

217 

228 

239 

249 

260 

271 

282 

293 

304 



401 

60314 

325 

336 

347 

358 

369 

379 

390 

401 

412 



402 

60423 

433 

444 

455 

466 

477 

487 

498 

509 

520 



403 

60531 

541 

552 

563 

574 

584 

595 

606 

617 

627 



404 

60 638 

649 

660 

670 

681 

692 

703 

713 

724 

735 



405 

60 746 

756 

767 

778 

788 

799 

810 

821 

831 

842 



406 

60853 

863 

874 

885 

895 

906 

917 

927 

938 

949 



407 

60959 

970 

981 

991 

*002 

*013 

*023 

*034 

*045 

*055 


11 

408 

61 066 

077 

087 

098 

109 

119 

130 

140 

151 

162 

I 

1. 1 

409 

61 172 

183 

194 

204 

215 

225 

236 

247 

257 

268 

a 

2 2 

410 

61 278 

289 

300 

310 

321 

331 

342 

352 

363 

374 

3 

4 

3 - 3 

4 - 4 

411 

61 384 

395 

405 

41b 

426 

437 

448 

458 

469 

479 

5 

5 5 

412 

61 490 

500 

51 1 

521 

532 

542 

553 

563 

574 

584 



413 

61 595 

606 

616 

627 

637 

648 

658 

669 

679 

690 

8 

il 

414 

61 700 

711 

721 

731 

742 

752 

763 

773 

784 

794 

9 

9 9 

415 

6 1 805 

815 

826 

836 

847 

857 

868 

878 

888 

899 



416 

61 909 

920 

930 

941 

951 

962 

972 

982 

993 

*003 



417 

62 014 

024 

034 

045 

055 

066 

076 

086 

097 

107 



418 

62 118 

128 

138 

149 

159 

170 

180 

190 

201 

211 



419 

62 221 

232 

242 

252 

263 

273 

284 

294 

304 

315 



420 

62 325 

335 

346 

356 

366 

377 

387 

397 

408 

418 



421 

62 428 

439 

449 

459 

469 

480 

490 

500 

51 1 

521 



422 

62 531 

542 

552 

562 

572 

583 

593 

603 

613 

624 


10 

423 

62 634 

644 

655 

665 

675 

685 

696 

706 

716 

726 

I 

1 0 

424 

62 737 

747 

757 

767 

778 

788 

798 

808 

818 

829 

3 

3 0 

425 

62 839 

849 

859 

870 

880 

890 

900 

910 

921 

931 

4 

40 

426 

62 94 T 

951 

961 

972 

982 

992 

*002 

*012 

*022 

*033 

5 

6 

5 0 

6.0 

427 

63 043 

053 

063 

073 

083 

094 

104 

114 

124 

134 

7 

7 0 

428 

63 144 

155 

165 

175 

185 

195 

205 

215 

225 

236 

8 

9 

8 0 

9 9 

429 

63 246 

256 

266 

.? 7 ^ 

286 

296 

306 

317 

_Ji? 7 _ 

337 _ 



430 

63 347 

357 

367 

377 

387 

_? 97 _ 

407 

417 

428 

438 



431 

63 448 

458 

468 

478 

488 

498 

508 

518 

■528 ^ 

538 



432 

63 548 

558 

568 

579 

589 

599 

609 

619 

629 

639 



433 

63 649 

659 

669 

679 

689 

699 

709 

719 

729 

739 



434 

63 749 

759 

769 

779 

789 

799 

809 

819 

829 

839 



435 

63 849 

859 

869 

879 

889 

899 

909 

919 

929 

939 



436 

63 949 

959 

969 

979 

988 

998 

*008 

*018 

*028 

•038 


9 

437 

64 048 

058 

068 

078 

088 

098 

108 

118 

128 

137 

I 

0 5 

438 

64 147 

157 

167 

177 

187- 

197 

207 

217 

227 

237 

2 

I 8 

439 

64 246 

256 

266 

276 

286- 

296 

306 

316 

326 

..335 

4 

3 6 

440 

64345 

_..:vs 5 _ 

365. . 

^375 

‘385 

395 

404 

_4H_ 

4 ? 4 L 

434 

5 

4.5 

441 

64 444 

454 

464 

473 

483 

493 

503 

513 

523 

532 

6 

5-4 

6.3 

442 

64 543 

552 

562 

572 

582 

591 

601 

61 1 

621 

631 

8 

7 2 

443 

64 640 

650 

660 

670 

680 

689 

699 

709 

719 

729 

9 

8.1 

444 

64 738 

748 

758 

768 

777 

787 

797 

807 

816 

826 



445 

64 836 

846 

856 

865 

875 

885 

895 

904 

914 

924 



446 

64 933 

943 

953 

963 

972 

982 

992 

•002 

*011 

•021 



447 

65031 

040 

050 

060 

070 

079 

089 

099 

108 

118 



448 

65 128 

137 

147 

157 

167 

176 

186 

196 

205 

215 



449 

65 2^ 

234 

344 


263 

273 

?i 3 

292 

302 

312 




65 321 

331 

341 

350 

360 

369 

379 

389 

398 

408 



m 

0 

1 

2 

8 

4 

6 

6 

7 

8 

9 

Prop. Parts | 






APPENDIX TABLE XU’^ConthwJ 

Common Logarithms (Five-Place) of the Natural Numbers 1 to 10,000 
Prop. Parts 1 N | 0 I 1 2 Tl 4 5 eH 7 8 


S 1 

4 

6 

6 

7 

8 

e 

.350 

360 

369 

-379 

389 

.39_^. 

408 

447 

456 

466 

475 

485 

495 

“504 

543 

552 

562 

57* 

58* 

59* 

600 


453 65 610 619 629 639 648 658 667 

454 65706 715 725 734 744 753 7^3 

455 65801 81 1 820 830 839 849 858 

456 65 896 906 916 925 935 944 954 

457 65992 *001 *011 *020 *030 *039 *049 ' 

458 66087 096 106 115 124 134 ^43 

459 66181 191 200 210 219 229 23H 

460 66 276 285 295 304 314 323 332 

461 66370 380 389 39H 408 417 427 

462 66464 474 483 492 502 51 1 521 

463 66558 567 577 586 596 605 614 

464 66 652 661 671 680 689 699 7f*^ 

465 66745 755 764 773 783 792 801 

466 66839 848 857 867 876 885 894 

467 66 932 941 950 060 969 978 987 

468 67025 034 043 052 062 071 080 

469 67 n7 127 136 145 .154 ><^4 .*73 

470 67210 219 228 237 247 256 265 

47 f 67302 311 '32* 330 339 348 357 

472 67 394 403 4*3 422 431 440 449 

473 67 486 495 504 514 523 532 54 « 

474 67578 587 596 605 614 (>2\ 633 

475 67669 679 688 697 706 715 724 

476 67 7^>* 770 779 7«8 797 806 815 

477 67 852 861 870 879 888 897 9<>^> 

478 67 943 952 961 970 979 988 997 

47^ 68 034 043_052 06 1 070 079 08R 

480 68 124 _I33. J.42 151 ^'69 _17«_ 

481 68 215 224 233 242 251 260 269 

482 68305 314 323 332 341 350 359 

483 68395 404 4*3 422 431 44« 449 

484 68485 494 502 51 1 520 529 538 

485 68 574 583 592 601 610 619 628 

486 68664 673 681 6t)o 699 708 7*7 

487 68 753 7<>2 77* 78o 789 797 806 

488 68 842 851 860 869 878 886 89s 

489 689^1 JJ40__949 958 966 97_5 984 

490 69^20 028 037 36 o 55 ___ o 64 . 973 

49T 69108 117 126 135 144 *52 1 61 

492 (19 197 205 214 223 232 241 249 

493 69285 294 302 3** 320 329 338 

494 69373 381 390 399 408 4>7 4*5 

495 69461 469 478 487 496 504 5*3 

496 69 548 557 566 574 5^3 592 601 j 

497 69636 644 653 662 671 679 688 

498 169 723 732 74® 749 758 767 773 


498 69723 732 

4^ 

600 


772 782 
868 877 

963 973 

‘058 *068 ♦ 
*53 *62 

247 257. _ 

342 35 *_ 

436 445 

530 539 

624 633 

7*7 727 

811 820 

904 913 

997 *006 * 
089 099 

182 191 

274 284 

367 376 

459 468 

550 5^>o 

642 65 1 

733 742 

825 834 

9*6 925 

*006 *015 * 
of^7 106 
187 196 

278 287 

368 377 

458 467 

547 556 

637 646 

726 735 

815 824 

904 9*3 

993 *002 
082 0(>t> 

170 179 

258 267 

346 355 

434 443 

522 531 
609 618 

697 705 
784 793 


Ri6 8a 854 862 
















ArrB«DIX TABU xn — Cmttmd BIT 


Common Logoriltwns (Five-Place) of the Noturo) Numbers 1 to 10,000 


Prop. Parts 

N 

0 

1 

2 

8 

4 

6 

6 

7 

8 

8 



660 

74 036 


052 

060 

068 

076 

084 

092 

099 

107 




74 1 15 

123 

13 1 

*39 

*47 

ik 

162 

170 

178 

186 




74 194 

202 

210 

218 

225 

233 

241 

249 

257 

265 



553 

74 273 

280 

288 

296 

304 

3*2 

320 

327 

335 

343 



554 

74 351 

359 

367 

374 

382 

390 

398 

406 

4*4 

421 



555 

74 429 

437 

445 

4.53 

461 

468 

476 

484 

492 

500 



556 

74 507 

515 

523 

53 * 

539 

547 

554 

562 

570 

578 



557 

74 586 

593 

601 

609 

617 

624 

632 

640 

648 

656 



558 

74 663 

671 

679 

687 

695 

702 

710 

7*8 

726 

733 



559 

74 741 

749 

757 

764 

772 

780 

788 

796 

803 

811 



660 

74 «I 9 

827 

834 

842 

850 

858 

86 s 

**73 

881 

889 



561 

74 8()6 

904 

912 

920 

927 

935 

943 

950 

958 

966 


s 

562 

74 974 

981 

989 

997 

*o <^5 

*012 

•020 

•028 

•f >35 

*043 

I 

0.8 

563 

75 05 • 

059 

066 

074 

082 

089 

097 

105 

**3 

120 

3 

a .4 

564 

75 12H 

1.36 

*43 

* 5 * 

*59 

166 

*74 

182 

189 

*97 

4 

3 a 

565 

75 205 

213 

220 

228 

236 

243 

^! 5 « 

259 

266 

274 

5 

6 

4.0 

4.8 

566 

75 282 

289 

297 

.305 

312 

320 

328 

335 

343 

35 * 

7 

5.6 

567 

75 358 

366 

374 

381 

.389 

397 

404 

4*2 

420 

427 

8 

6.4 

568 

75 435 

442 

4.50 

458 

465 

47.3 

481 

488 

496 

564 

91 


569 

75 5 >i 

519 

526 

.534 

.542 

549 

557 

565 

.572 

580 



670 

75 587 

595 

<)(>^ 

610 

618 

626 

6U 

6^1 

648 

636 



571 

75 664 

671 

679 

686 

694 

702 

709 

7*7 

724 

732 



572 

75 74 « 

747 

755 

762 

770 

77 « 

785 

793 

800 

808 



573 

75 815 

823 

8 . 3 * 

838 

846 

8.53 

861 

868 

876 

884 



574 

75 891 

899 

906 

9*4 

921 

929 

037 

944 

9.52 

959 



575 

75 967 

974 

982 

989 

997 

*005 

*012 

*020 

*027 

•035 



576 

76 042 

050 

057 

065 

072 

080 

0H7 

095 

103 

no 



577 

76 118 

T 25 

*33 

140 

148 

*55 

*63 

170 

178 

*85 



578 

7 f> 193 

200 

208 

215 

223 

230 

23H 

245 

2.53 

260 



579 

76268 

275 

283 

290 

298 

305 

3*3 

320 


335 



680 

76 343 


_ 35 JL 

365 

373 

380 

388 

.\9A_ 

403 . 

410 


7 

581 

76 41H 

425 

433 

440 

448 

"455 

462 

476 

477 

485 



582 

76 4(;2 

500 

.507 

5*5 

522 

530 

.537 

1 545 

5.52 

5.50 

a 

0.7 

1.4 

583 

76 567 

574 

582 

589 

.597 

fx )4 

612 

: 619 

626 

634 

3 

a 1 

584 

76 641 

649 

656 

664 

671 

678 

686 

693 

701 

708 

4 

5 

a 8 

3.5 

585 

76716 

723 

730 

738 

745 

753 

76(1 

76H 

775 

782 

6 

4.2 

586 

76 790 

797 

805 

812 

819 

827 

834 

842 

849 

8.56 

7 

8 

4.9 

5.6 

587 

76 864 

871 

879 

886 

893 

901 

90S 

916 

923 

930 

9 


588 

76 93 « 

945 

9.53 

960 1 

967 

975 

982 

989 

997 

•004 



589 

77 012 

019 

026 

634 1 

041 

048 

056 

063 

070 

078 



690 

77 «85 

093 

100 

107 1 

**.‘'_ 

122 


*JZ__ 

_ M4 

* 5 * 



591 

77 i 59 

“166 

*73 

181 

’ 188 

*95 

203 

210 

217 

225 



592 

77 232 

240 

247 

2.54 

262 

269 

276 

283 

291 

298 



593 

77 3<>5 

3*3 

320 

.327 

1 335 

342 

340 

5.57 

364 

37 * 



594 

77 .379 

386 

393 

401 

408 

4*5 

422 

430 

437 

444 



595 

77 452 

459 

466 

474 

, 48* 

488 

495 

503 

5*6 

5*7 



596 

77 525 

532 

539 

546 

1 554 

56* 

568 

576 

583 

590 



597 

77 597 

605 

612 

619 

i 627 

634 

641 

648 

656 

663 



598 

77 670 

677 

685 

692 

1 699 

706 

7*4 

721 

728 

735 



599 

77 743 

7.50 

757 

764 

1 772 

779 

786 

_Z 93 . 

801 

808 



600 

77 815 

822 

830 

837 

■ 844 

8S* 

8 .S 9 

1 866 

873 

880 

Prop. Parts 

N 


Oj 

2 

8 

4 

6 

6 

‘ 7 

8 

9 




812 


APPENDIX TABLE XII ~ Ccnttnumd 


Common Logarithms (Five-Place) of the Natural Numbers 1 to 10,000 


N 

0 

1 

2 

3 

4 

6 

6 

1 ^ 

8 

9 

1 Prop. Parts 

600 

77 

822 

830 

837 

» 44 _ 

851 

859 

866 

«73 

880 



601 

77 887 

895 

902 

909 

916 

924 

931 

938 

945 

952 



602 

77960 

967 

974 

981 

988 

996 

*003 

*010 

*017 

*025 



603 

78032 

039 

046 

053 

061 

068 

075 

082 

089 

097 



604 

78 104 

III 

118 

125 

132 

140 

*47 

*54 

161 

168 



1 ^ 

78 176 

183 

190 

197 

204 

211 

219 

226 

233 

240 



606 

78 247 

254 

262 

269 

276 

283 

290 

297 

305 

3*2 



607 

78319 

326 

333 

340 

347 

355 

362 

369 

376 

383 


8 

608 

78390 

398 

405 

412 

419 

426 

433 

440 

447 

455 

I 

08 

609 

78 462 

469 

476 

483 

490 

497 

504 

5*2 

5*9 

526 


1 6 

610 

78 533 

540 

547 

554 

561 

569 

576 

583 

590 

597 

4 

3.3 

611 

78 604 

61 I 

618 

6251 

633 

640 

647 

654 

661 

668 

5 

4 0 

612 

78 675 

682 

689 

696 

704 

71 1 

718 

725 

732 

739 

7 

5-6 

613 

78 746 

753 

760 

767 

774 

781 

789 

796 

803 

810 

8 

6.4 

6U 

78817 

824 

831 

838 

845 

852 

859 

866 

873 

880 

9 

7.3 

615 

78 888 

895 

902 

909 

916 

923 

930 

937 

944 

95 * 



616 

78 958 

965 

972 

979 

986 

993 

*000 

*007 

*014 

*021 



617 

79 029 

036 

043 

050 

057 

064 

071 

078 

085 

092 



618 

79 099 

106 

113 

120 

127 

134 

141 

148 

155 

162 



619 

79 

176 

183 

190 

.?97 

204 

211 

218 

225 

232 



620 

79 239 

246 

253 

260 

267 

274 

281 

288 

295 

302 



621 

79 309 

316 

323 

330 

337 

344 

351 

358 

365 

372 



622 

79 379 

386 

393 

400 

407 

414 

421 

428 

435 

442 



623 

79 449 

456 

463 

470 

477 

484 

491 

498 

505 

51* 

2 

14 

624 

79 518 

525 

532 

539 

546 

553 

560 

567 

574 

581 

3 

3.1 

625 

79 588 

595 

602 

609 

616 

623 

630 

637 

644 

650 

5 


626 

79 657 

664 

671 

678 

685 

692 

699 

706 

7*3 

720 

6 

4 a 

627 

79 727 

734 

741 

748 

754 

761 

768 

775 

782 

789 

7 

8 

49 

5.6 

628 

79 796 

80 

810 

817 

824 

831 

837 

844 

85* 

8 58 

9 

63 

629 

79 865 

872 

879 

8J^ 

893 

900 

906 

9*3 

Q20 

927 



630 

79 _ 9.34 

L_ 94 I._ 

948 

955 

962 

969 

975 

982 

989 

_9^t)6 



631 

80 003 

mo 

017 

024 

030 

037 

044 

05* 

058 

065 



632 

80 072 

079 

085 

092 

OQt) 

106 

**3 

120 

127 

*34 



633 

80 140 

M 7 

154 

161 

168 

175 

182 

188 

*95 

202 



634 

80 209 

216 

223 

229 

236 

243 

250 

257 

264 

271 



635 

80 277 

284 

291 

298 

305 

312 

3*8 

325 

332 

339 



636 

80 346 

353 

359 

366 

373 

380 

387 

393 

400 

407 


8 

637 

80 414 

421 

428 

434 

441 

448 

455 

462 

468 

475 

I 

0 6 

638 

80 482 

489 

496 

502 

509 

5*6 

523 

530 

536 

543 

3 

3 

1.3 

I 8 

639 

80 550 


. 564 _ 

570 

577 * 

_ 584 _ 

59 * 

598 

604 

61 1 

4 

2 4 

640 

8(7618 

625 


638 

^H 5 _. 

_6.'>?_ 

659 

665 

672 

_679 

5 

3 0 

641 

Ho 686 

693 

699 

706 

713 

720 

726 

733 

740 

747 

6 

7 

3 6 

4.3 

642 

80 754 

760 

767 

774 

781 

787 

794 

801 

808 

814 

8 

4.8 

643 

80 821 

828 

835 

841 

848 

855 

862 

868 

875 

882 

9 

5 4 

644 

80 889 

895 

902 

9 W) 

916 

922 

929 

936 

943 

949 



645 

80 956 

963 

969 

976 

983 

990 

996 

*003 

*010 

*017 



646 

81 023 

030 

037 

043 

050 

057 

064 

070 

077 

084 



647 

81 090 

097 

104 

1 1 1 

1*7 

124 

* 3 * 

*37 

*44 

* 5 * 



648 

81 158 

164 

171 

178 

184 

191 

19H 

204 

211 

218 



649 

81 224 


-2.3.? 

245 

251 

=.58 

265 

271 

_278 . 

285 



660 

81 201 

208 

30 s 

31 1 

318 

325 

331 

338 

345 

35 * 



N 

0 

1 1 

2 

D 

D 

6 

6 1 

1 7 

8 

9 

Prop. 

. Parts 







APPBWIX TABU XH— CHMwarf 113 

Commen logaririuns (Rve-Place) of the Natural Numben 1 to 10,000 
Prop. Parts Fn I 0 T"! 2 S I 4 6 6 I 7 8 T] 


N 

0 

650 

81 291 

651 

8l 358 

652 

81 425 

653 

81 491 

654 

81 558 

655 

81 624 

656 

81 690 

657 

81 757 

658 

81 823 

659 

81 889 

660 

81 954 


662 82086 I 

663 82 151 , 

664 82 217 I 

665 82 282 

666 82 347 

667 82 413 

668 82478 

669 82 543 

670 82 607 

671 82672 

672 82737 


675 82 930 

676 82 995 


678 83 123 

679 83 18 7 


682 83 37» 

683 83 442 

684 83 506 

685 83 569 

686 83 632 

687 83696 

688 83759 

689 83 822 


692 84011 

693 84073 

694 84136 

695 84 19S 

696 84 261 

697 84323 

698 84386 


365 

371 

378 

385 

391 

398 

405 

411 

418 

431 

438 

445 

451 

458 

465 

47* 

478 

485 

498 

505 

511 

518 

525 

531 

538 

544 

55* 

564 

571 

578 

584 

591 

598 

604 

61 1 

617 

631 

637 

644 

651 

657 

664 

67* 

677 

684 

697 

704 

710 

717 

723 

730 

737 

743 

750 

763 

770 

776 

703 

790 

79^1 

803 

8ot) 

816 

829 

836 

842 

849 

856 

862 

869 

875 

882 

895 

902 

908 

915 

921 

928 

935 

_.91*, 

948 

961 

968 

921 

981 

987 

994 

*000 

*007 

*014 

027 

033 

040 

046 

053 

060 

066 

073 

079 

092 

099 

105 

112 

119 

*25 

132 

*38 

*45 

158 

164 

171 

178 

184 

191 

197 

204 

210 

223 

230 

236 

243 

249 

256 

263 

269 

276 

2H9 

295 

302 

308 

3*5 

321 

328 

334 

341 

354 

360 

367 

373 

380 

387 

393 

400 

406 

419 

426 

432 

439 

445 

452 

458 

465 

47* 

484 

491 

497 

504 

5>o 

5*7 

523 

530 

536 

-349 

556 

562 



582 

_^588_ 

.„595. 

601 

614 

620 

627 


640 

646 


659 

666 


679 

685 

692 

698 

705 

7*1 

718 

724 

730 

743 

750 

756 

763 

769 

776 

782 

789 

795 

808 

814 

821 

827 

834 

840 

847 

853 

860 

872 

879 

885 

892 

898 

905 

9*1 

9*8 

924 

937 

943 

950 

956 

963 

969 

975 

982 

9B8 

*001 

*008 

♦014 

*020 

*027 

*033 

*040 

•046 

*052 

065 

072 

078 

085 

091 

097 

104 

1 10 

1*7 

129 

*36 

*42 

149 

*55 

161 

168 

*74 

181 

*93 

200 

206 

213 

219 

225 

232 

238 

_?1S 

257 

264 

270 

276 


289 

296 

302 

^308 

321 

327 

334 

340 

347 

35 ^ 

359 

366 

372 

385 

39 * 

398 

404 

410 

4*7 

423 

429 

436 

448 

455 

461 

467 

474 

4H0 

487 

493 

490 

5*2 

5*8 

525 

53 * 

537 

544 

550 

556 

563 

575 

582 

588 

594 

601 

607 

613 

620 

626 

639 

645 

*> 5 * 

658 

664 

670 

677 

683 

689 

702 

708 

7*5 

72* 

727 

734 

740 

746 

75,3 

765 

77 * 

778 

784 

790 

797 

803 

809 

816 

828 

835 

841 

847 

853 

860 

866 

._ 872 .. 

Ho 

891 

897 

904 

910 

916 

923 

_ 921 . 

935 

_912 

954 

960 

967 

973 


985 

992 

998 

*004 

017 

023 

029 

036 

042 

048 

055 

061 

067 

080 

086 

092 

098 

*05^ 

1 II 

1*7 

123 

*30 

142 

148 

*55 

161 

167 

*73 

180 

186 

192 

205 

211 

2*7 

223 

230 

236 

242 

248 

255 

267 

273 

tBo 

286 

292 

298 

395 

3 ** 

3*7 

330 

336 

342 

348 

354 

361 

367 

373 

379 

392 

398 

404 

41U 

4*7 

423 

429 

435 

442 

_l‘’l- 

^16 

460 
~ 522 

466 

“528 

-473 

1 33? 

.179 

5-** 

4^J 

5-17 

^49*. 

533 

497 

5.5*^ 

, <*>91 


Prop. Parts 



AmNIHX TAtLE XII— CoaUmmJ 
Comiiofi iogcirilhim (Rv»-Ptoce} of tho Natural Numban 1 to 10/X)0 


5 541 547 



721 85 794 800 

722 85 854 860 

723 85 914 920 

724 85 974 980 

725 86 034 040 

726 86094 100 

727 86 153 159 

728 86213 2ig 

729 ^6273^ 279 
^ 333 338 

86 392 398 

86 451 457 

86 510 516 

86 570 576 

86 629 635 

86 688 694 

86 747 753 

86806 812 

86 864 870 
86 923 929 

86 982 988 

87 040 046 

87 099 105 

44 87 157 163 

45 87 216 221 

46 87 274 280 

47 87 332 338 

48 ^ 390 396 
87,448 
87 506 512 


806 812 

866 872 
926 932 

986 992 
046 052 

106 112 

165 17 I 
223 231 

285 29 1 

344 350 

404 410 

463 469 
522 528 
581 587 

641 646 

700 705 

759 764 

817 823 

876 882 

935 941 

994 999 

032 058 

III i 16 

169 175 
227 233 

286 391 

344 349 

402 408 


818 824 

878 884 

938 944 

998 *004 
058 064 
I 18 ' 124 

177 183 
237 243 
297 303 
356 362 
415 421 

475 481 

534 540 

593 599 

652 658 

711 717 
770 776 
829 835 

888 894 

947 953 

•003 *011 
064 070 

122 128 

181 186 

239 245 
297 303 

355 361 


830 836 

890 896 

950 956 
*010 *016 
070 076 

130 136 

189 195 

249 25s 

308 314 

368 374 

427 433 

487 493 

546 552 

605 61 1 

664 670 

723 729 

782 788 

84T 847 

900 906 

958 964 

*017 *023 
075 081 

134 140 

192 198 

251 256 

309 315 

367 373 

425 431 


842 848 

902 908 

962 968 

*022 *028 
082 0R8 

I4I 147 
201 207 

261 267 

320 326 
380 386 

439 445 

499 504 

558 564 

617 623 

676 682 

735 741 

794 800 
853 859 

911 917 
970 976 

•029 *035 
087 093 

146 151 
204 210 

262 268 
320 326 

379 384 

437 ‘442 



541 I 547 552 558 


6 I 7 8 9 I 



Prop. Parts 












AmNDIX TABLE Xtl CMfiNi^ 
Common Logarithms (Five-Place) of the Naturol Numbers 1 
Prop. Pert! | N | 0 1 2~ S 4 6 6 

jso^ 87_5 o6 I 512 518 523 529 535 541 I 

751 87564 570 576 581 587 593 599 

752 87622 628 653 639 645 651 656 

753 87679 685 691 697 703 708 714 

754 87737 743 749 754 760 766 772 

755 87 795 800 806 812 818 823 829 

756 87852 858 864 869 875 881 8H7 

87 910 915 921 927 933 938 944 

87 967 973 978 984 990 996 *001 

_230 036 041 047 0 53 058 

760 88 0 81 087 093 oq8 104 no 116 

761 88 138 T44 150 156 161 167 173 

I 6 762 88 195 201 207 213 218 224 230 



to 10^0 

T « ■ 1 


604 610 616 
662 668' 674 

720 786 731 

777 783 789 
835 841 846 

892 8^ 904 

950 955 961 

•007 *013 *018 
064 070 07 6 

>27 133 

178 184 190 

235 241 247 


258 

264 

270 

275 

281 

287 

292 

298 

304 

315 

321 

326 

332 

33 « 

343 

349 

355 

360 

372 

377 

383 

389 

395 

400 

406 

412 

4*7 

429 

434 

440 

446 

451 

457 

463 

468 

474 

485 

491 

497 

502 

508 

513 

519 

525 

530 

542 

547 

553 

559 

564 

570 

57 ^* 

581 

5«7 

598 

604 

6iO 

615 

621 

627 

632 

638 


655 

660 

666 

672 

677 

685 

689 

694 

700 

7II 

717 

722 

728 

734 

739 

745 

750 

756 

767 

773 

779 

784 

790 

795 

801 

807 

812 

824 

829 

835 

840 

846 

852 

857 

863 

868 

880 

885 

891 j 

897 

902 

908 

913 

919 

925 

936 

941 

947 

953 

958 

964 

969 

975 

981 

992 

997 

♦003 

*009 

*014 

*020 

*025 

•031 

•037 

048 

053 

059 

064 

070 

076 

081 

087 

992 

104 

109 

1 15 

120 

126 

I 3 i 

>37 

‘43 

148 

159 

165 

170 

176 

182 

187 

193 

198 204 

215 

221 

226 

232 

237 


248 

254 

260 

271 

276 

282 

287 

293 

298 

304 

310 

315 

326 

332 

337 

343 

348 

354 1 

360 

365 

371 

382 

387 

393 

398 

404 

409 

4»5 

421 

426 

437 

443 

448 

454 

459 

465 

470 

476 

481 

492 

498 

504 

509 

5 J 5 

520 

526 

531 

537 

548 

553 

559 

564 

570 

575 

581 

586 

592 

603 

609 

614 

620 

625 

631 

636 

642 

647 

658 

664 

669 

675 

680 

686 

691 

697 

702 

713 

719 


■■130 .755 . 

_ 74 > 

746 

_I 52 _ 

..157 

768 

774 

779 

785 

790 

7<)6 

801 

807 

812 

823 

829 

834 

840 

845 

851 

”856 

862 

867 

878 

883 

889 

894 

900 

905 

911 

916 

922 

933 

938 

944 

949 

955 

960 

966 

971 

977 

988 

993 

998 

*004 

*009 

•015 

•020 

•026 

*03* 

042 

048 

053 

059 

064 

069 

075 

080 

086 

097 

102 

108 

113 

119 

124 

129 

>35 

140 

151 

157 

162 

168 

173 

179 

184 

189 

‘95 

206 

211 

217 

222 

227 

233 

238 

244 

249 

260 

266 

271 

276 

282 

287 

293 

298 

394 

314 

320 

325 

33 > 

336 

342 

347 

352 



Prop. Parte 








816 APPENDIX TABLE XII— 

Common Logarithms (Five-Place) of the Natural Numbers 1 to 10,000 


Prop. Perta 


90 363 
90417 
90 472 
90 526 

805 90 580 

806 90634 

807 90 687 

808 90 741 

809 90 795 

90 849 
90 902 

90 956 

91 009 
91 062 
91 H6 
91 169 
91 222 
91 275 
91 32» 
91 

91 434 
91 487 
9 * 54 « 


9t 75* 

91 803 

91 855 

91 908 

831 91 960 

832 92 012 

833 92 063 

834 92 1 17 

835 92 1 69 

836 92 221 

837 92 273 

838 92324 

839 92 37O 

92 428 

841 192 480 

842 92 531 

843 1 92 583 
92 634 
92 686 
92 737 
92 788 
92 840 
92 891 
92 942 


1 314 320 325 1 

369 

374 

380 

423 

428 

434 

477 

482 

488 

53 * 

536 

542 

583 

590 

596 

639 

644 

650 

693 

698 

703 

747 

752 

757 

800 

806 

811 

854 

859 

865 

907 

9*3 

918 

961 

966 

972 

014 

020 

025 

068 

073 

078 

121 

126 

*32 

*74 

180 

185 

228 

233 

238 

281 

286 

291 

334 

339 

344 

387 

392 

397 

440 

445 

450 

492 

498 

503 

545 

55 * 

556 

598 

603 

609 

651 

656 

661 

703 

709 

714 

75O 

761 

766 

808 

814 

8ig 

86 T 

866 

PJl 

9*3 

918 

924 

965 

“971 

976 

018 

023 

028 

070 

075 

080 

122 

127 

132 

*74 

*79 

184 

226 

231 

236 

278 

283 

288 

330 

335 

340 

381 

387 

392 

433 


443 ^ 

485 

490 

495 

536 

542 

547 

588 

593 

598 

639 

645 

650 

691 

696 

701 

742 

747 

752 

793 

799 

804 

845 

850 

855 

8q6 

901 

906 

947 

952 

957 


709 714 

763 768 

816 822 

870 875 
924 929 
977 982 
030 036 


407 412 

461 466 

515 520 

569 574 

623 628 

677 682 

730 736 
784 789 
8 38 843 

891 897 

945 950 

998 *004 
052 057 

105 110 


*37 

142 

148 

*53 

158 

190 

196 

201 

206 

212 

243 

249 

254 

259 

265 

297 

302 

307 

3*2 

3*8 

350 

355 

360 

365 

37 * 

403 

408 

4*3 

418 

424 

455 

461 

466 

47 * 

477 

508 

5*4 

5*9 

524 

529 

561 

566 

572 

577 

582 

614 

619 

624 

630 

635 

666 

672 

677 

682 

687 

719 

724 

730 

735 

740 

772 

777 

782 

787 

793 

824 

829 

834 

840 

845 

876 

_88^ 

887 

892 

_ 897 . 

_ 9 ? 9 _ 

934 

939 

944 

_ 9 . 52 . 

981 

986 

99 * 

997 

*002 

033 

038 

044 

1 049 

054 

085 

091 

096 

lOI 

106 

*37 

*43 

148 

*53 

158 

189 

*95 

200 

205 

210 

241 

247 

252 

257 

262 

293 

298 

304 

309 

3*4 

345 

350 

355 

361 

366 

397 

402 

407 

412 

418 

449 

454 

459 

464 . 

469 

500 

505 

51* 

5*6 

521 

552 

557 

562 

567 

572 


603 609 614 

655 660 665 


619 624 629 

670 675 681 

722 727 732 

773 778 783 

824 829 834 

875 881 886 

927 932 937 

978 983 988 


E 


Prop. Put! 











APKHDIX TAtU XII- C orthiwrf tlZ 


Common Logarithms (Rvn-Plocn) of the Natural Numbnrs 1 to 10,000 


Prop. Parts 

N 

0 

1 

2 

s 

4 

6 

6 

rr 

8 

9 



860 

92942 

947 

952 

957 

962 

967 

973 

978 981 

988 



851 

92993 

998 

*003 

*008 

•013 

•018 

•024 

*029 

•034 

•039 



852 

93 044 

049 

054 

059 

064 

069 

075 

080 

08.5 

090 



853 

93095 

100 

105 

110 

115 

120 

*25 

*3* 

*36 

141 



854 

93 146 

151 

156 

161 

166 

* 7 * 

176 

181 

186 

192 



855 

93 197 

202 

207 

212 

217 

222 

227 

232 

237 

242 



856 

93 247 

252 

258 

263 

268 

273 

278 

283 

288 

293 


€ 

857 

93 298 

303 

308 

313 

318 

323 

328 

334 

339 

344 


0.6 

858 

93 349 

3.54 

3.59 

364 

369 

374 

379 

384 

389 

394 

3 

1^8 

859 

93 399 

404 

409 

414 

420 

425 

430 

435 

440 

445 

4 

a 4 

860 

93 450 

4 . 55 _ 

460 

465 

470 

475 480 

485 

490 

495 

i 

3.0 

861 

93 500 

505 

510 

515 

520 

526 

. 53 * 

536 

. 54 * 

.546 

7 

4-3 

862 

93 551 

5.56 

.561 

566 

. 57 * 

576 

.581 

586 

. 59 * 

596 

e 

48 

863 

93601 

606 

61 1 

616 

621 

626 

631 

636 

641 

646 

9 

5-4 

864 

93 651 

656 

661 

666 

671 

676 

682 

687 

692 

697 



865 

93 702 

707 

712 

717 

722 

727 

732 

737 

742 

747 



866 

93 752 

757 

762 

767 

772 

777 

782 

787 

792 

797 



867 

93 802 

807 

812 

817 

822 

827 

832 

837 

842 

847 



868 

93 852 

857 

862 

867 

872 

877 

882 

887 

892 

897 



869 

93 902 

907 

912 

917 

922 

927 

932 

937 

942 

_947 



870 

93952 

_ 957 „ 

962 


972 _ 

_J 977 , 

982 

987 

992 

.^7 



8;i 

94 002 

007 

012 

017 

022 

027 

032 

037 

042 

047 



872 

94 052 

057 

062 

067 

072 

077 

082 

086 

091 

ch}6 

2 

0.5 

I.O 

873 

94 1 01 

106 

III 

116 

121 

126 

* 3 * 

*36 

* 4 * 

146 

3 

1 5 

874 

94 151 

156 

I6I 

166 

*71 

*76 

181 

186 

*91 

196 

4 

2 0 

875 

94 201 

206 

2 II 

216 

221 

226 

231 

236 

240 

245 

6 

3.0 

876 

94 250 

2.55 

260 

265 

270 

275 

280 

28.5 

290 

295 

7 

g 

3-5 

877 

94 300 

305 

310 

3*5 

320 

325 

330 

335 

.340 

345 

9 

4-5 

878 

94 349 

3.54 

3.59 

364 

369 

374 

379 

3«4 

389 

.394 



879 

94 399 

^P 4 _ 

409 

._ 4*4 

4*9 

424 429 

._ 433 _ 

. 4 . 38 _ 

.443 



880 

M 4 # 

4.53 

458 

463 

468 

473 

478 

. 48.3,^ 

488 




881 

94498 

503 

.507 

“512 

5*7 

522 

.527 

.5.32 

537 

.542 



882 

94 547 

552 

.557 

562 

567 

. 57 * 

576 

.581 

586 

. 59 * 



883 

94 596 

601 

606 

61 1 

616 

621 

626 

630 

635 

640 



884 

94 645 

650 

655 

660 

665 

670 

675 

680 

68.5 

689 



885 

94 694 

699 

704 

709 

7*4 

7*9 

724 

729 

7.34 

738 


4 

886 

94 743 

748 

753 

7.58 

763 

768 

77.3 

778 

783 

787 

I 

0.4 

887 

94 792 

797 

802 

807 j 

812 

8*7 

822 

827 

832 

836 

2 

o 8 

888 

94 841 

846 

851 

856 1 

861 

866 

871 

876 

880 

88.5 

3 

1.3 

1 .6 

889 

94 890 

895 

900 

905 ! 

910 

915 

9*9 


929 

._934 

Ji 

2.0 

890 

94 939 

944 

949 

__ 9 .'i 4 

9.59 

963 

968 

97.3 

, 97 ^ 1 . 


6 

3-4 

891 

94 988 

993 

998 

*002 

*007 

*012 

*017 

*022 

*027 

*0.32 

7 

8 

3-3 

892 

95 036 

041 

046 

05* 

056 

061 

066 

071 

075 

080 

9 

3.6 

893 

95 085 

090 

095 

100 

*05 

109 

*14 

119 

124 

129 



894 

95 1.34 

139 

143 

148 

* 5.3 

158 

*63 

168 

*73 

*77 



895 

95 »82 

187 

192 

197 

202 

207 

211 

216 

221 

226 



896 

95 231 

236 

240 

245 

250 

255 

260 

265 

270 

274 



897 

95 279 

284 

289 

294 

299 

303 

308 

3*3 

. 3*8 

323 



898 

95 328 

3.32 

.337 

342 

347 

352 

357 

36* 

366 

37 * 



899 

95 376 

381 

386 

390 

.395 

400 

405 

410 

. 4*5 





95 424 

429 

434 

4.39 

444 

44 * , 


458 

463 

468 

Prop. Parts 

Z1 

0 

s 

a 

8 

4 

6 

6 

7 

8 

0 
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Common Logarithms (Fiv«-Place) of the Natural Numbers 1 to 10,000 


2 8 


95 47 * 

477 

482 

487 

492 

497 

501 

506 

5*1 

5*6 

95 5*1 

525 

530 

535 

540 

545 

550 

554 

559 

564 

95 569 

574 

578 

583 

588 

593 

598 

602 

607 

612 

95 617 

622 

626 

631 

636 

641 

646 

650 

655 

660 

95 665 

670 

674 

679 

684 

689 

694 

698 

703 

708 

95713 

718 

722 

727 

732 

737 

742 

746 

75 * 

756 

95 761 

766 

770 

775 

780 

785 

789 

794 

799 

804 

95 809 

813 

81H 

823 

828 

832 

837 

842 

847 

852 

95 856 

861 

866 

871 

875 

880 

885 

890 

895 

899 

95904 

909 

914 

018 

923 

928 

933 

938 

942 

947 

95 952 

957 

961 

966 

971 

976 

980 

985 

990 

995 

95 999 

•004 

*009 

*014 

•019 

♦023 

•028 

*033 

•038 

*042 

96 047 

052 

057 

061 

066 

071 

076 

080 

085 

090 

96 095 

099 

104 

109 

114 

118 

123 

128 

*33 

*37 

96 142 

147 

152 


161 

166 

I71 

*75 

180 

*85 

96 190 

194 

199 

204 

209 

213 

218 

223 

227 

232 

96 237 

242 

246 

251 

256 

261 

265 

270 

275 

280 

96 284 

289 

294 

298 

303 

308 

313 

3*7 

322 

327 

96 332 

336 

34 * 

346 

_i 5 ® 

355 

360 

365 

369 

374 

96 379 

384 

388 

393 

398 

402 

407 

4*2 

4*7 

421 

96 426 

431 

435 

44 » 

445 

450 

454 

459 

464 

468 

96473 

478 

483 

4«7 

492 

497 

50 * 

506 

5 ** 

515 

96 520 

525 

530 

534 

539 

544 

548 

553 

558 

562 

96 567 

572 

577 

5 «* 

586 

591 

595 

600 

605 

609 

96 614 

619 

624 

628 

633 

638 

642 

647 

652 

656 

96 661 

666 

670 

675 

680 

685 

689 

694 

699 

703 

96 708 

713 

717 

722 

727 

731 

736 

74 * 

745 

750 

96 755 

759 

764 

769 

774 

778 

783 

788 

792 

797 

96 802 

806 

811 

8t6 

820 

825 

830 

834 

839 

844 

96 848 

_ 1 S 3 _ 

858 

~862 

867 

872 

876 

881 

886 

890 

96 895 

900 

904 

909 1 

914 

918 

923 

928 

932 

937 

96 942 

946 

951 

956 

960 

965 

970 

974 

979 

984 

96 988 

993 

997 

*002 

*007 

•on 

•016 

•021 

•023 

*030 

97 035 

039 

044 

049 

053 

058 

063 

067 

072 

077 

97 081 

086 

090 

095 

100 

104 

109 

**4 

118 

123 

97 I 2 « 

132 

137 

142 

146 

151 

155 

160 

*65 

169 

97 174 

179 

183 

188 

192 

197 

202 

206 

211 

216 

97 220 

225 

230 

234 

239 

243 

248 

253 

257 

262 

97 267 

*71 

276 

280 

28,<i 

290 

294 

299 

304 

308 

97 313 

_ 3 JL 7 _ 

322 

327 

331 

33 f» 

340 

345 

350 

354 

97 359 

364 

368 

373 

377 

382 

3«7 

391 

396 

400 

97 405 

410 

414 

419 

424 

428 

433 

437 

442 

447 

97 45 * 

456 

460 

465 

470 

474 

479 

483 

488 

493 

97 497 

502 

506 

511 

516 

520 

525 

529 

534 

539 

97 543 

548 

552 

557 

562 

566 

57 * 

575 

580 

585 

97 589 

594 

598 

603 

607 

612 

617 

631 

626 

630 

97 635 

640 

644 

649 

653 

658 

663 

667 

672 

676 

97 681 

685 

690 

695 

699 

704 

708 

7*3 

7*7 

722 

97 727 

73 J 


740 

745 

749 

. 754 ^ 

1 759 

763 

768 

97 772 

777 

782 

786 

791 

795 

800 

1 804 

809 

8*3 

0 i 

1 

s 

8 

4 6 6 

7 8 9 1 
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Common Logari thms (Five-Plac«) of fh« Natural Numbers I to 10,000 


Prop. Parts 

N 

0 

r"i 

2 

3 

4 

6 

6 

7 

8 

'V] 



950 

97 772 

777 

782 

786 

70 * 795 

800 1 8oji 

809 

8I3J 



951 

97 8i8 

823 

827 

832 

836 

841 

845 

830 

855 

859 



952 

97 864 

868 

873 

877 

882 

886 

891 

896 

900 

905 



953 

97 909 

914 

918 

923 

928 

932 

937 

941 

946 

950 



954 

97 955 

959 

964 

968 

973 

978 

982 

987 

991 

996 



955 

98 000 

005 

009 

014 

019 

023 

028 

032 

037 

041 



956 

98 046 

050 

«55 

«59 

064 

068 

073 

078 

082 

087 



957 

98 091 

CH)6 

100 

*05 

109 

1*4 

118 

123 

*27 

*32 



958 

98 137 

141 

146 

1.50 

155 

159 

164 

168 

*73 

*77 



959 

98 182 

186 

191 

*95 

200 

204 

209 

214 

218 

223 



960 

98 227 

232 

236 

24* 

245 

250 254 

259 

263 

268 



961 

98 272 

277 

281 

286 

290 

295 

299 

304 

308 

3*3 


s 

962 

98 3 i 8 

322 

327 

33 * 

336 

34 ‘> 

345 

349 

354 

3.58 

I 

0.5 

963 

98 393 

367 

372 

376 

38* 

385 

39 ‘> 

394 

399 

403 

3 

l-S 

964 

98 408 

412 

417 

421 

426 

430 

435 

439 

444 

448 

4 

a 0 

965 

98 4.53 

457 

462 

466 

47 * 

475 

480 

484 

489 

493 

5 

6 

as 

966 

98 498 

502 

507 

5 ** 

5*6 

520 

.525 

529 

534 

53H 

7 

3 S 

967 

98 543 

547 

552 

556 

561 

565 

570 

574 

579 

583 

8 

4.0 

968 

98 588 

.592 

597 

6ot 

605 

610 

614 

619 

623 

628 

9 

45 

969 

98 632 

637 

641 

646 

650 


639 

(>64 

668 

-.<^ 13 . 



970 

98 677 

682 

686 


695 

700 

704 

709 

7*3 

7_i2„ 



971 

98 722 

726 

731 

735 

740 

744 

749 

753 

7.58 

762 



972 

98 767 

771 

776 

780 

784 

789 

793 

798 

802 

807 



973 

98 81 1 

816 

820 

825 

829 

834 

838 

«43 

847 

85* 



974 

98 856 

86<i 

865 

86<) 

874 

878 

883 

887 

892 

8c>6 



975 

98 900 

905 

909 

9*4 

918 

923 

927 

932 

936 

94 * 



976 

98 945 

949 

954 

95H 

963 

967 

972 

976 

981 

985 



977 

98 989 

994 

998 

*003 

*007 

*012 

*016 

*021 

*023 

•029 



978 

9<) 034 

038 

«43 

‘>47 

052 

036 

1)6 1 

063 

069 

074 



979 

99078 

083 

087 

092 

096 

100 

If )3 

109 


*18 



980 

W 123 

'£ 7 _ 

*31 

*36 

140 

*45 

149 

* 54 ^ 


Ui2 



981 

99 

171 

176 

180 

1 85' 

189 

*93 

198 

202 

‘2of 


* 

982 

99 211 

216 

220 

224 

229 

23.3 

23 « 

242 

247 

25* 

1 

2 

o 4 
o 8 

983 

99 255 

260 

264 

269 

273 

277 

2H2 

286 

291 

295 

3 

I. a 

984 

99 300 

304 

308 

3*3 

3*7 

322 

326 

3.30 

.335 

339 

4 

5 

1.6 

a.o 

985 

99 344 

348 

3,52 

357 

.361 

366 

370 

374 

379 

3«3 

6 

3.4 

986 

99 388 

392 

396 

401 

405 

410 

4*4 

4*9 

423 

427 

7 

g 

a. 8 

987 

99 432 

436 

44 * 

445 

449 

454 

45H 

463 

467 

471 

9 

36 

988 

99 476 

480 

484 

489 

493 

498 

302 

306 

5 ** 

5*5 



989 

99 520 

524 

,528 

53.3 

537 

.542 

.546 

53 ‘> 

555 , 

. 53 ‘i, 



990 

99 5 ^H 

568 

572 

_5Z7 

58 * 

. 585 . 

39 ‘> 

594 

599 

603 



991 

99 607 

612 

616 

621 

623 

629 

634 

638 

642 

647 



992 

99 651 

656 

660 

664 

669 

673 

677 

682 

686 

691 



993 

99 695 

699 

704 

708 

712 

7*7 

721 

726 

7.30 

7.34 



994 

99 739 

743 

747 

752 

1 7.56 

760 

763 

769 

774 

778 



995 

99 782 

787 

791 

795 

800 

804 

808 

813 

8*7 

822 



996 

99 826 

830 

835 

839 

843 

848 

852 

1 836 

861 

863 



997 

99 870 

874 

878 

883 

887 

891 

896 

(;oo 

904 

909 



998 

99913 

917 

922 

926 

930 

933 

939 

944 

948 

952 



999 

99 957 

961 

965 

970 

974 


_983 

9 « 7 _ 

- 99 JL. 




1000 

00 00<3 

004 

009 

013 ' 

017 

022 

026 1 

030 

035 

0.39 

Prop. Parts 

N 

0 

1 

2 

» 1 

4 

5 

« 1 

7 

8 
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Index 


Abscissa, 6 

Acceptance region, 209ff. 

Accuracy of measurements and cal- 
culations, 719-23 

Accuracy of observations, and class 
limits, 48-9 

Aggregates, in statistical view of 
nature, 2-3; used in index num- 
bers, 438-40, 447, 450fr. 
Agriculture, production, 494; pro- 
ductivity, 510; prices, 474-8 
Alfalfa yield, correlation with irriga- 
tion, 580ff. 

Allen, R. G. D., 472 
Allocation in stratified sampling, 
679-82 

American Society of Mechani(!al Kn- 
gineers, 38 

American Society for Testing Ma- 
terials, 71 

American Telephone and 'rdegraph 
Co., 161; index of industrial ac- 
tivity, 498-501 

Analysis of variance, Variance 
Anderson, O., 139 
Antilogarithm, 18 
Area sampling, 690-1 
Areas under the normal curve, 157- 
60; tables, 765-9 

Arithmetic mean, 89ff.; sampling 
distribution of, 194-6; significance 
of, 213-17; significance of, small 
samples, 234-5 ; standard error of, 
180, 187-97; derivation of stand- 
ard error of, 748-50; variance of, 
for simple sample from finite 
population, 668; variance of, for 
stratified sample, 685-6 
Arithmetic series, 12 
Arnold, S., see Smart, bibl. 

Array, 42-3 

Artillery observations, 77-8 


Astronomical observations, 76-7 
As3nnmetry, see Skewness 
Average, moving, see Moving average 
Average relationship between vari- 
ables, see Regression 
Averages, 74fT., relations among, 
110; use of, 106-7, lia-12 
Bancroft, T. A., sec Anderson, bibl. 
Bar charts, 32-5 
Barlow’s tables, 109 
Base period, in making of index 
numbers, 429-33, 463-7, 470-1, 
475-8, 491, 495-6 
Bean, L. H., 655 
Bessel’s formula, 194 
Beta coefficients, 643-5 
Bias, in index number formulas, 
447-8, 454-61; m point estima- 
tion, 181, 184-5; in statistical 
tests, 2 1 1 

Binomial distribution, 1471T. ; deri- 
vation of formula.s for mean and 
standard deviation of, 744-47; 
formula for, 149 
Binomial expansion, 1441T. 

Birgc, R. T., 227; sec also Deming, 
bibl. 

Blankenship, A B., 706 
Bowley, A. L., 457; measure of 
skewness, 132 
Brown, J. A C., 743 
Burke, C. J , see Lewis, D , bibl. 
Burns, A. F., 334 -5, 376, 389, 390-1, 
417, 422, 424, 569 
Business cycles, chronology, Great 
Britain, 392; chronology, U.S. 
334-5; definition of, 376; dura- 
tion, 376, 392-3; National Bureau 
method of analysis, 390ff.; Per- 
sons’ method of analysis, 377ff. 
Calculations, statistical, 712-26; see 
also Checking of calculations 


(The index and the list of references are complementary. In general, the index does not 
include references to books named in the bibhography, unless the references are to speci&o 
sections of these books.) 
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Carli, G. R., 434 

Census Bureau, 295, 693if . ; and pop- 
ulation survey, 693-701 
Central limit theorem, 196 
Central tendency, see Averages 
Chain indexes of prices, 466ff. 
Characteristic, logarithmic, 18 
Charlier check, 122 
Charts, construction of, 6ff. 
Checking of calculations, 122, 717- 
19, 734-7, 740-3 

Chi-square, addition of values, 538- 
9; calculation, 514-5, 530-3; de- 
grees of freedom in determination, 
520-1, 531^, 538; distribution, 
5 1 6-18, 522-5 ; graphic representa- 
tion, 525, 527 ; as measure of dis- 
crepancies between observed and 
theoretical frequencies, 514-8; 
tables, 522, 526, 773; Yates’ cor- 
rection, 535-7 

Chi-square test, general, 525-9, 537- 
8; of goodness of fit, 532-5; of 
homogeneity, 529-32; of inde- 
pendence, 512-19 

Circular test for index numbers, 459-61 
Clague, E., 90 

Classification, principles of, 45-50; 

see also Organization of data 
Class-interval, 43-50 
Class limits, location, 47-9 
Class mark, 46 
Cluster sampling, 688-91 
Cochran, W. G., 179, 571-2, 677, 
682, 692 

Coefficient of correlation, see Corre- 
lation coefficient 

Coefficient of multiple correlation, 
see Correlation, multiple 
Coefficient of regression, see Regres- 
sion 

Coefficient of variation, see Varia- 
tion, coefficient of 
Cohen, J. B., sec Fowler, bihl. 
Column diagram, 51-3 
Committee on Standards for Graphic 
Presentation, 38 
Component parts, charts, 33-6 


Confidence coefficient, 189, 193, 214 
Confidence intervals, 186ff., 214r-6; 

small samples, 235-40 
Confidence limits, see Confidence in- 
tervals 

Conformity indexes, cyclical, 404-11 
Consumer price index, 471-4 
Contingency table, 512 
Continuous variable, see Variables 
Cook, S. W, 706 
Coordinate geometry, 6-16 
Coordinates, 6-9 

Correlation, coefficient, 262-5, 271, 
272ff.; sampling distribution of, 
297-9; standard error of, 298-9, 
302-3; table showing relation to 
z\ 772; test of null hypothesis, 
299, 304-5; transformation of, 
299-302, 305-9; values of, for 
different levels of significance, 771 
Correlation coefficients, averaging 
of, 308-9 

Correlation index, 584-9, 603-4 
Correlation, linear, 246ff . ; nonlinear, 
580ff. 

Correlation, multiple, 612ff.; coeffi- 
cient of, 625ff . ; correction for 
number of constants, 626-7 ;' limi- 
tations of procedure, 655-6; 
standard error of, 627; test of 
significance of coefficient, 627-9 
Correlation, partial, 63 Iff.; compu- 
tation of coefficients, 632-42; rela- 
tion to simple correlation, 631-3 
Correlation procedure, least squares 
method, 258-72, 291 ; product- 
moment method, 272-83, 292-4 
Correlation, rank, 311-17 
Correlation ratio, 605-8 
Correlation, serial, 610 
Correlation table, 277-81 
Correlation, tested through variance 
analysis, 589-605 
Correlation of time series, 608-10 
Correlogram, 610 
Cost of living index, 471-2 
Council of Economic Advisors, 71 
Covariance, 274 
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Covariation, aee Correlation 
Cowden, D. J., see Croxton, hibl. 
Cramer, H., 142, 166, 179, 196, 202 
Ciiteria of curve type, 170^3 
Critical region, see Rejet^tion region 
Cropsey, J., see Fowler, hthl. 
Cumulative charts, 33-6, 65-71 
Cumulative distributions, 65-7 1 , see 
Ogive 

Curve type, criteria of, 170-3 
Cycle, as unit of observation, 397, 423 
Cycle base, 397 

“ Cycles ” derived from residuals, 379ff . 
Cyclical changes, interstage, 402-4, 
415-16 

Cyclical fluctuations, 3761T. ; meas- 
urement of, 379ff. 

Cyclical pattern, test of, in variance 
analysis, 564-70 
Cyclical phases, 396-9 
Cyclical stages, 397ff., 412 
Davenport, D. H., 712 
David, F. N, 299, 301 
Deciles, 125 

Deduction and induction, 1341T. 
Deflation by price index numliers, 
478-83 

l>egr^H of freedom, 117-8; in de- 
termination of chi-squarc, 531-4, 
538; in variance analysis, 543, 
545, 549, 561-2 
Doming, W. E., 227, 658 
De Moivre, A., 152, 156 
Dennis, W., 706 
Descartes, R., 6 

'^Determination,'' incremental, 648- 
52; multiple, 645-53; separate, 
646-8; simple, 265-9 
Deutsch, M., 706 
Deviate, normal, 158 
Dewey, John, 1 

Difference between correlation co- 
efficients, test of, 306-^ 
Difference between means, standard 
error of, 217ff.; significance of, 
am fill samples, 240-2 
Difference between proportions, 
standard error of, 223-5 


Difference between standard devia- 
tions, standard error of, 22 Iff., see 
also Variance analysis 
Discrete variable, see Variables 
Dispersion, see Variation 
Distribution, frequency, see Fre- 
quency distribution 
Dixon, W. J., 232 

Domain of study, in sampling, 678 
Doolittle method in solution of 
normal equations, 739-43 
Douty, II. M., 90 

Edgeworth, F.Y., 147, 461-2,489,495 
Edgeworth formula for index num- 
bers, 461-2, 489, 495 
Elderton, W. P.. 166. 171, 522 
Electric light atul power, productiv- 
ity, 510 

P^lectronic computations in seasonal 
analysis, 374-5 

Ecpiation of average relationship, 
see Regression 

Error, normal curve of. see Normal 
distribution; sampling, see Stand- 
ard errors; Type 1, 208ff. ; Type 
II, 208ff. 

Error variance, in test of multiple 
correlation coefficient, 628; in 
variaiuje analysis, 566, 569' 70, 
591-3, 596, see also Experimental 
errors 

Errors of grouping, sec Sheppard’s 
corrections 

Estimate, consistent, 181; efficient, 
182; sufficient, 182; unbiased, 118, 
181, 184 

Estimates from simple random 
samples, 666-78 

Estimation, 137-8, 175ff.; interval 
estimation, 186ff.; point estima- 
tion, 180ff.; small samples, 235ff. 
Expansion factor, 667 
Experimental errors, in variance 
analysis, 552, 559-^62, 506, 571-3 
Expomiiitial curve, mollified, as 
measure of trend, 499, 751-4 
Exponential function, 15 
Elxtrapolation, 357-8 
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Ezekiel, M., 624, 655 
F-distribution, 95th and 99th per- 
centile values, 774-7 
F, ratio, in comparison of variances, 
544ff . ; relation to t, 577 
Factor reversal test for index num- 
bers, 454-8, 490 

Family expenditures and income, 
correlation of, 256ff. 

Farm price indexes, 474-8 
Federal Reserve index of industrial 
production, 49 Iff. 

Federal Reserve System, Board of 
Governors, 39, 47, 72, 234, 324, 
360, 375, 491ff., 513, 701 
Finite multiplier, 667-8 ; when used, 
672 

Finite population correction, see 
Finite multiplier 

Fisher, Irving, 434, 438, 445, 451, 
454, 457 

Fisher, Sir Ronald (R.A.), 137, 181, 
183, 207, 226-8, 230, 240, 242, 
299, 303-5, 309, 351, 523, 526, 
528, 541, 543, 544, 641, 726 
Frame, 660 
Frequency curve, 55ff. 

Frequency distribution, general, 
40ff., 74ff. ; logarithmic, 106ff.; 
moments of, 166ff. 

Frequency polygon, 53-4 
Frequency of price change, 64 
Frequency ratio, as a probability, 
142 

PVequency tables, 42ff. 

Frickey, E., 424 

PVisbee, I. N., see Riggleman, btbl. 
Frisch, R., 472 
P'unctional relationship, 9 
Galton, F., 284 
Gauss, C. F., 153, 156 
Geometric mean, 103ff. 

Geometric series, 14 
Gilbert, M., 710 

Glover, J. W., 351, 378, 715, 725 
Gompertz curve, 352; as measure of 
trend, 754 9 
Goode, W. ,1., 705-6 


Goodness of fit, test of, 532-5 
Gosset, W. S., see ‘‘Student” 
Graphic presentation, 6-39 
Greek alphabet, 764; as symbols for 
parameters, 41 

Greenwald, W. I., see Fowler, btbl. 
Griffin, J. I., see Fowler, bM 
Growth curves, Gompertz and lo- 
gistic, in trend measurement, 754- 
63 

Haberler, G., 472 
Ilald, H., 425 
Hansen, W. N., 672 
Harmonic mean, 108ff. 

Hartley, PL O., see Pearson, E. S., 
bibl 

Hartree, D. R., 743 

Hastay, M. W., see p]isenhart, bibl. 

Hatt, ‘P. K., 705-6 

Hauser, P. M., 658, 706 

Height distribution, 75-6 

Helmert, F. R., 227 

Henderson, J. L., 5 

Hicks, J. R., 472 

High contact, of frequency distri- 
butions, 121, 169 
Histogram, see Column diagram 
Homogeneity of sample variances, 
test of, 574-7 
Horton, H. B., 665, 800 
Hotelling, H., 226 
Houthakker, H. S., 743 
Hurwitz, W. N., 672 
Hyperbolic function, 13-4 
Hypotheses, predesignation of, 243; 
requirement of rational bases, 244; 
in variance analysis, 558, 561-4; 
see also Tests of hypotheses 
Hypothesis, statistical, 206-7 
Ideal index, 457ff., 480-1, 489ff., 496 
Implicit deflator of gross national 
product, 434, 480-2 
Income distribution, statistics of, 
55-60; 96-7 

Independence, tests of, 518-22, 529 
Index of correlation, see Correlation 
index 

Index numbers, prices, 427ff.; na- 



ture of, 426-7; production, 485fif.; 
productivity, 50 Iff. 

Indexes of seasonal variation, 360ff. 
Induction, statistical, see Inference 
Inductive reasoning, qualities of, 
136-7 

Industrial activity, index of, 498-501 
Industrial production, indexes, 49 Iff. 
Inference, statistical, 137ff., 175ff. 
Interaction, in variance anabasis, 5.)8, 
560-4; as error variance, 509-70 
Interpolation, 55, 715-17 
Irrigation, correlated with alfalfa 
yield, 580ff. 

J-shaped distribution, 01 -2 
Jahoda, M., 706 
Jenkinson, B. L., 713 
Jevons, W. S., 434 
Jones, D. C., 744 
Joy, A., 375 
Juliber, G. S., 389 
Kafka, F., see Simpson, hihl. 
Karsten, K. G., 358 
Kelley, Truman L., 201, 769 
Kellogg, L. S., 371 
Kelvin, Lord, 421 

Kendall, M. G., 48, 153, 160, 190, 
312-3, 315-7, 424, 538, 571 
Kendall’s coefficient of rank correla- 
tion, 312-15; in test of seasonal 
shift, 373-4; test of significajice of, 
316-17, 373-4 
King, W. I., 50 
Knauth, Oswald, 56 
Knibbs, Sir George, 404 
Koffsky, N. M., see Stauber, hihl. 
Konus, A. A., 472 
Koopmans, T., 359, 425 
Kurtosis, see Peakedness 
Kurtz, Edwin, 65 
Kuznets, S., 434 

Labor force, monthly report,, on, 693-701 
Labor requirements, indexes of, see 
Productivity indexes 
Labor Statistics, IJ.S, Bureau of, 90, 
221, 241, 256-7, 312-3, 430, 435, 
450, 461-2, 466, 468-9, 471-2, 
474-5, 510, 556 


Laplace, P. S., 153 
Ijaspeyres formula for price index 
numbers, 450ff., 480-1; for pro- 
duction index numbers, 489ff. 
Ijeast squares, method of, 1 83,249-54, 
727-43; in deOning trend, 337ff. 
Least squares method in correlation 
analysis, 256-71, 291 
Leonard, W. R., 706 
Likert, R., 706 

Linear correlation, see Correlation, 
linear 

Linear equation, 10-12, 247-59, see 
also Regression, linear 
Linearity, test, sec Regression, line- 
arity test 

Link relatives, 466 
Logarithmic equations, 20- 1 ; charts, 
21-3; in trend measurement, 317- 
52 

Logarithms, common, 17-20; in 
curve fitting, 347ff., 751-8; table 
of, 801 ff. 

Logistic curve, as measure of triMid, 
352-3, 759-63 
Long, C., 706 
Lorenz curve, 71-3 
Macaulay, F. R., 56, 336 
Madow, 'W. G., 672 
Mahalanobis, P. C., 703 
Mantissa, 18 
Marschak, J., 173 
Marshall, A , 461-2 
Massey, J., Jr., 232 
Mathematical functions, as meas- 
ures of trend, 336ff. ; as “ laws’’ of 
growth, 33(>-7, 754-63 
Maximum likelihood, method of, 
183ff. 

Maxwell, Clerk, 2; Maxwell’s de- 
mon, 324 

Mean, arithihetic, see Arithmetic 
mean; geometric, see Geometric 
mean; harmonic, see Harmonic 
mean 

Mean deviation, 123ff. 

Mean product, 273-5 
Mean-square deviation, see Variance 



Measures of akewness, 131-2, 172 
Median, 94flF. 

Merrington, Maxine, 545 
Merz, J. T., 5 
Middleton, K. A., 373 
Mills, F. C., 5, 64, 302, 609, 706 
Miner, J. R., 638 
Mining, produetivnty, 510 
Mitchell, W. C., 80, 125, 334-5, 376, 
390-1, 409-10, 417-8, 422, 430-1, 
569 

Modal divergence, 172 
Mode, 98fT., 172 

Modified exponential curve, as 
raemsure of trend, 751-4 
Moment, 166; see also Frequency 
distribution, moments of 
Moments, method of, 183 
Mood, A. M., 166, 209, 290 
Moore, G. H., 418 
Moore, H. L., 609 
Morgensteni, O., 710 
Moving averages, in measurement 
of seasonal fluctuations, 362ff. ; 
as measures of trend, 326-36 
Mudgett, Bnice D., 447, 461, 465- 
6, 490 

Multiple correlation, see Correlation, 
multiple 

National Bureau of Economic Re- 
■ search, 360, 373, 388, 495, 565; 

method of cyclical analysis, 390ff. 
Net correlation, see Correlation, 
partial 

New Yorker, 357 
Neyman, J., 184, 207, 211 
Nonlinear correlation, sec Correla- 
tion, nonlinear 

Nonpararnetric tests, 311-17, 537 
Nonresponse in sample surveys, 698 
Normal curve, areas under, 157ft’.; 
fitting of, 160ff.; tables of areas 
under, 765-9; see also Normal dis- 
tribution 

Normal deviate, 158 
Normal distribution, 84, 152ff.; for- 
mula for, 153-4; properties of, 
155ff. ; table of areas and ordinates 


of normal curve, 765-8; table of 
percentile values, 769 
Normal distribution function, 155 
Normal equations, in general least 
squares fit, 728fl. ; for linear rela- 
tionships, 249-52, 258-9; in multi- 
variate relations, 620-3, 737^3 
Normal frequency function, 154-5 
Notation, see Symbols 
Null hypothesis, 213; see Tests of 
hypotheses 

Observation, direct, as source of 
data, 657ff., 704-6 
Occam’s razor, 345 
Ogive, 67-71 

One-tailed test, 215; in comparison 
of standard deviations, 544; com- 
parison of variances, 552-3, 577 
Ordinate, 6-7 
Organization of data, 40ff. 

Origin, arbitrary, 91-3, 118-20, 
167-70 

Orthogonal polynomials, 351 
Paas(^he formula, for price index 
numbers^ 451ff., 480-1; for pro- 
duction index numbers, 489ff. 
Parabolic function, 13 
Parameter, 41, 137 
Pareto, Vilfredo, law of income dis- 
tribution, 108 

Parity index for farmers, 474-8 
Partial correlation, see Correlation, 
partial 

Peakedness, 86; measurement of, 
172-3 

Pearl, Raymond, 352, 724 
Pearl-Reed curve, see Logistic curve 
Pearson, E. S., 207, 211, 301 
Pearson, Karl, 131, 153, 166, 171, 

1 72, 183, 207, 343, 514, 522, 525, 715 
Peirce, C. S., 140 

Percentages, difference between, and 
significance of, sec Proportions 
Percentiles, 125 
Periodic function, 16 
Persons, W. M., 377 
Pig iron production, cyclical analy- 
sis of, 378ff. 
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Pigou, A. C., 457 
Polynomial function, 15 
Population, finite, 660; statistical, 
2, 59-60, 137, 175, 178ff., 206ff., 
660 

Population structure, charts, 36-7 
Population survey, current, 693-701 
Positional means, in computing sea- 
sonal indexes, 369-70 
Powers, sums of, for natural num- 
bers, 779; formulas for, 723-5 
Powers of natural numbers, 778 
Praia, S. J., 743 

Precision of estimates from samples, 
671 ; and sample size, 671-8 
Price index numbers, comparison 
base for, 470-1 ; coverage of, 468- 
70; deflation by, 478-83; simple, 
438-48; weighted, 448-63 
Price relatives, frequency distribu- 
tions of, 429-33 

Price indexes, comparison base, 470- 
1; formulas used, 438ff ; number 
of commodities included, 468-9; 
purposes served by, 433-6 
Prices, as weights in production in- 
dex numbers, 492-3 
Primary source, 708-1 1 
Probabilities, a priori and empirical, 
147 

Probability, coefficient, 187ff. ; dis- 
tribution, 177-8; elementary the- 
orems, 141ff. 

Probability coefficient, 189, 193, 214 
Probability sample, see Sample, ran- 
dom 

Probable error, 126-7 
Production, measurement of, 485-6, 
491-3 

Production indexes, 485ff. ; compari- 
son base for, 495-6; meaning of, 
487-8; seasonally adjusted, 496- 
8; types of, 488-9; weights for, 
487-8, 490 

Productivity, meaning of, 501-3 
Productivity changes, current meas- 
ures, 506-11 

Productivity indexes, 50 Iff.; de- 


W 

rived, 505-6; directly defined, 
503-5 

Product-moment method, in cor- 
relation analysis, 272-90, 292-4 
Projection, of trend values, 357-4i 
Proportion, estimate of, 670; from 
stratified random sample, 684; 
variance of estimate, stratified 
sample, 687 

Proportionality of friKiuenoios, in 
variance analysis, 573-4 
Proportions, standard error of, 
199fF.; test of difference between, 
223-5; variance of, for sample 
from finite population, 670, 687 
Quart ile devial ion, 1 25 -6 
Quantiles, J24ff. ; standard errors of, 
198-9 

Railroad freight ton-miles, cyclical 
analysis of. 392ff 
Rjindall, (\ K., see Staul>er, hibl. 
Ibindom fluctuations in time series, 
322-3, 387-8 

Random numbers, 664-6; table of, 
665, 800 

Random sample, see Sample, random 
Random sampling, 657-9, 663-(), 
678-9 

Randomness, means of achieving. 
663-6 

Range, 115-16 

Rank correlation, coefficients of, 
31 Iff. 

Ratio, chart, 26-31 
Ratios to trend, in computing sea- 
sonal indexes, 370 
Reciprocals, table of, 780ff. 
Reddaway, W. B., see Carter, fnhi. 
tleed, L. J., 352 

Reference cycle patterns, 392ff., 
414-15 

Reference cycle relatives, 397 
Reference cycles, 391—411; in indi- 
vidual series, 390, 392ff. 
Referencedates, reference framework, 
see Business cycles, chronology 
Regimen changes and the making of 
index numbers, 463ff., 504 
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Regresyion, coefficient of, 284 ; curvi- 
linear, test of, 598-^1, 603-5; 
equations, 258ff., 283-9; linear, 
253-62, 272-4, 283-90; linearity, 
test of, 593-8, 602-3, 608; lines of, 
283-90; multiple relations, 6l8fT.; 
use of multiple regression equa- 
tion, 630; net correlation of, 619, 
643-5; nonlinear, 580ff. 

Regression coefficient, standard er- 
ror of, 309-10 
Rejection region, 209ff. 

Relative price, 427-33 
Relative variation, measurement 
of, 129-30 

Residuals as “cycles,” 377-90 
Rolph, E. R., 710 

Root-mean-square deviation, see 
Standard deviation 
Ross, F. A., 723 
Royce, Josiah, 5 
Russell, Lord (Bertrand), 244 
Ruth, Babe, 243 

Sample, random, 176-7,202-3, 657ff. 
Sample size for stated precision, 671- 
8 ; effect of non-normality on, 677 
Sample surveys, 657ff. 

Sampling, area, 690-1 ; cluster, 688- 
91; double, 691-2; field problems, 
657ff. ; multiphase, 691-2; multi- 
stage, 688-91 ; systematic, 692-3 
Sampling distributions, 178ff , 202 
Sampling error, relative, 672-8 
Sampling errors, finite population, 
196-7, 667-71, 684-7; in simple 
random sampling, 667-78; in 
stratified random sampling, 684- 
8, 699-700; sen also Standard 
errors 

Sampling fraction, 667 ; uniform, 
679-80 

Sampling plan, 660 
Sampling, simple random, 203, 
663ff. ; conditions of, 658-9, 663- 
4; estimates in, 666-78 
Sampling, stratified random, 678- 
88; allocation in, 679-82; esti- 
mates in, 682-8 


Sampling unit, 660; elementary, 
659; primary, 688-9, 695-7 
Sasuly, M., 726 
Scarborough, J. B., 716, 743 
Scatter diagram, 256, 290, 296 
Schumpter, J. A., 319 
Schurr, S. H., 511 
Seasonal -adjustment, in cyclical 
analysis, 378-81, 388-9, 396; of 
production indexes, 496-8 
Seasonal fluctuations, 360ff . ; re- 
movlil by moving averages, 362ff. 
Seasonal patterns, 26; changes in, 
371-4; test of change in, 373^ 
Seasonal variation, indexes of, 360ff. 
Seasonals and cycles, relation be- 
tween, 387-9 
Secondary source, 708-11 
Secular trends, 319ff.; adjustmen;. 
for in index of industrial activity, 
499-501 ; mathematical functions 
as measures of, 336ff., 751-63; 
moving averages as measures of, 
326-36; nature of, 321-2, 336-7, 
389; treatment of in National 
Bureau cycle analysis, 421-2 
Semi-interquartile range, 125-6 
Semilogarithmic chart, see Ratio 
chart 

Serial correlation in cycle analysis, 
424 

Sethur, F., 39; sec also Fowler, bihl. 
Sheppard, W. F., 121 
Sheppard’s corrections, 121-2, 162, 
169-70 

Shewhart, W. A., 176, 179, 191, 228- 
9, 236ff. 

Shiskin, J., 375' 

Significance level, 209 
Significance, tests of, 213ff., 234ff.; 

see also Standard error 
Significant figures, 201, 719-23 
Simultaneous equations, solution, 
see Normal equations 
Sine curve, 16-17 
Skewness, 86, 130ff., 172 
Small samples, inference from, 226ff. 
Smart, L. E., 38 



Smith, J. H., 371 
Smith, R. T., Ill, 665, 800 
Smoothing, of frequency curves, 
54-60 

Snedecor, G. W., 544, 775 
Snedecor, table of 774-7 
Sources of data, direct observation, 
657ff., 704-6 ; primary and second- 
ary, 708-11; list of sources for 
social, economic, and business 
data, 707-8 

Spearman's coefficient of rank cor- 
relation, 311-12; standard error 
of, 315-16 

Specific-cycle patterns, 412ff. 

Specific cycles, 411-21; amplitude, 
419-20; duration, 416-19; tim- 
ing, 416-18 
Spending unit, 72 
Bpurr, W. A., 371 

Squares and square roots, table of, 
780ff. 

Staehle, H, 472 

Standard deviation, llOff.; sam- 
pling distribution of, 1 97-8 ; stand- 
ard error of, 197-8; sampling 
distribution of, small samples, 
228-30; test of difTcrerice be- 
tween, 541-4 

Standard deviation of order n, 642-3 
Standard error of estimate, 2r)lM)2, 
270, 277; and least squares fit, 
731^; in multiple correlation 
analysis, 623-5 

Standard errors, explanation of, in 
terms of arithmetic mean, 180, 
187-97; of various measures, 
197ff.; see also under entries for 
individual measures 
Standard industrial classification, 
494 

Statistic, 41, 137 

Statistical data, 3-4, 657-9, 703-11 
Statistical tests as proof, 243-4 
Statistics, as a mode of inquiry, 1-5 
Steam railroads, productivity, 510 
Steinberg, J., 694 
Stevens, W. H. S., 665, 800 


Stone, R., see Carter, bihl. 

Straight line, fitting of, 249-54; see 
also Regression, linear 
Stratification, insampling, 678-88 ; in 
current population survey, 695-6 
Stratified sampling, see Sampling, 
stratified random 

“Student,” 207, 226-30, 2:18, 240, 
309 

“Student’s” distribution, see <-dis- 
tribution 

Sturges, H. A., 46 
Survey Research Center (Michigan), 
72, 512, 701 

Symbols, 41. 88-9, 115, 140-1, 177, 
207, 254-5, 437-8, 486, 515, 554, 
580. 613-4, 660-2 
Systematic sampling, 692-3 
t, relation to F, 577 
/-distribution, 2271T.; formula for, 
230; table of, 233, 770: uses of, 
2316 ; use in ti^sting r, 361; use in 
testing regression c(H*fficient, 309- 
10 

Tabulation of data, 421T, 
TchebychclT’s ineijiiality, 160 
'rendency, central ; see Averages 
Tenns of exchange, 435- (), 478 -9 
Test, factor reversal, for index num- 
bers, 454-8, 490; one-tailed, 214- 
15; power of, 211; time reversal, 
for index numbers, 444 8, 454, 
457, 460, two-tailed, 211 15; un- 
biased, 211; uniformly most 
powerful, 212 

Tests of hypotheses, 139, 206IT., 
2426, 518 -22, 529- :^9, 547-53, 
556-70 

Tests of significance, see 4'(‘sts of 
hypotheses 

Tests, statistical, theory of, 2076. 
Thomas, W., .*^75 
Thompson, C. M., 545 
Thorp, Willard, :i89 
Time reversal test, for index num- 
bers, 444-8, 454, 457, 460 
Time series, charts, 25-30, 325-6; 
decomposition of, 323, 387;-90^ 





moex 


393, 421-5; forces affecting, 319- 
24; smoothing of, 326ff. 

Tintner, G., ^5 
Tippett, L. H. C., 654 ■ 

Tolley, H. R., 737, 743 
Total, estimation of, from simple 
random sample, 669-70 ; variance 
of estimate, for sample from finite 
population, 669 ; estimation of, from 
stratified random sample, 683; 
variance of estimate, for stratihed 
sample, 686-7 

Transformations, use of in variance 
analysis, 572-3 

Trend, linear, 338ff . ; defined by 
Gompertz curve, 754-9; defined 
by logistic curve, 759-63; defined 
by a polynomial, 342ff . ; exponen- 
tial, 348ff. ; modified exponential, 
751-4 

Trend adjustment in cyclical analy- 
sis, 378ff. 

Trend function, selection of, 354-9 
Trend values, monthly, 353^; as 
“normal,’* 357 

Trends and cycles, relation between, 
387-9 

Two-taUed test, 215; in comparison 
of standard deviations, 543-*! 
Type bias in index numbers, 447-8 
Ulmer, M. J., 472 
Unbiased estimate, see Estimate 
Uniformity in nature, as assumption 
in statistical inference, 138-9 
United Nations Statistical Oflfice, 
488, 490, 494-5, 660 
Units, statistical, 709-10 
Unweighted index numbers of prices, 
4;i8-48 

U-shaped distribution, 63-4 
Utility weights, for index numbers, 
487 

Van Voorhis, W. R., see Peters, bibl 
Variable, historical, see Time series 
Variables, continuous, 60-3 ; discrete, 
60-3 ; independent and dependent, 
9-10; historical, see Time series; 
random, 175-6, 179 


Variance, as measure of dispexMii^ > 
116ff.; relative, 672-8 
Variance analyw, 541ff., 589-665; 
basic assumptions in, 571-4; com^ 
putations, 542, 548^-50, 55^; 
of cyclical pattern, 564-76; in 
measurement of relationship, 589^ 
605; in multiple correlation, 653- 
5; in test of multiple correlation 
coefficient, 627-9; standard form, 
simple classification, 555; testa of 
hypotheses, 561-4; with two-way 
classification, 556ff. 

Variances, test of homogeneity, 574-7 
Variation, 86, 113ff.; coefficient of, 
129-30, 672 
Verhulst, P. F., 352 
Vining, R., 425 
Wald, A., 140, 472 
Wallis, W. A., see Eisenhart, bibl. 
Walsh, C. M., 106-7, 457 
Watkins, G. P., 709 
Weight bias in index numbers, 451-2 
Weighted average, 91, 448ff. 
Weighted index numbers of prices, 
448-63 

Weldon, W. F. R., 147, 213, 215, 
516, 519, 521-2 
Wendt, Paul F., 216-7, 223-4 
Wholesale price indexes, 461-2, 468- 
71 

Wold, H., 424 
Work sheet, 712-3 
{/-intercept, 11 

Yates, F., 351, 535, 537, 702, 726 
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